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ɇаɭɤɨвиɣ ɠɭɪɧаɥ «Раɞіɨɟɥɟɤɬɪɨɧіɤа, іɧɮɨɪɦаɬиɤа, ɭɩɪавɥіɧɧя» (ɫɤɨɪɨɱɟɧа ɧаɡва – РІУ) виɞаєɬьɫя Заɩɨɪіɡьɤиɦ ɧаɰіɨ-ɧаɥьɧиɦ 
ɬɟɯɧіɱɧиɦ ɭɧівɟɪɫиɬɟɬɨɦ (ЗНТУ) ɡ 1999 ɪ. ɩɟɪіɨɞиɱɧіɫɬɸ ɱɨɬиɪи ɧɨɦɟɪи ɧа ɪіɤ. 

Заɪɟєɫɬɪɨваɧиɣ Дɟɪɠавɧиɦ ɤɨɦіɬɟɬɨɦ іɧɮɨɪɦаɰіɣɧɨʀ ɩɨɥіɬиɤи, ɬɟɥɟɛаɱɟɧɧя ɬа ɪаɞіɨɦɨвɥɟɧɧя 29.01.2003 ɪ. ɋвіɞɨɰɬвɨ ɩɪɨ ɞɟɪɠавɧɭ 
ɪɟєɫɬɪаɰіɸ ɞɪɭɤɨваɧɨɝɨ ɡаɫɨɛɭ ɦаɫɨвɨʀ іɧɮɨɪɦаɰіʀ ɫɟɪія КВ №6904. 

ISSN 1607-3274 (ɞɪɭɤɨваɧиɣ), ISSN 2313-688X (ɟɥɟɤɬɪɨɧɧиɣ). 
Наɤаɡɨɦ Міɧіɫɬɟɪɫɬва ɨɫвіɬи і ɧаɭɤи Уɤɪаʀɧи № 1328 віɞ 21.12.2015 ɪ. «ɉɪɨ ɡаɬвɟɪɞɠɟɧɧя ɪішɟɧь Аɬɟɫɬаɰіɣɧɨʀ ɤɨɥɟɝіʀ Міɧіɫɬɟɪɫɬва 

ɳɨɞɨ ɞіяɥьɧɨɫɬі ɫɩɟɰіаɥіɡɨваɧиɯ вɱɟɧиɯ ɪаɞ віɞ 15 ɝɪɭɞɧя 2015 ɪɨɤɭ» ɠɭɪɧаɥ вɤɥючɟɧиɣ ɞɨ ɩɟɪɟɥіɤɭ ɧаɭɤɨвих ɮахɨвих виɞаɧь 
ɍɤɪаʀɧи, в яɤиɯ ɦɨɠɭɬь ɩɭɛɥіɤɭваɬиɫя ɪɟɡɭɥьɬаɬи ɞиɫɟɪɬаɰіɣɧиɯ ɪɨɛіɬ ɧа ɡɞɨɛɭɬɬя ɧаɭɤɨвиɯ ɫɬɭɩɟɧів ɞɨɤɬɨɪа і ɤаɧɞиɞаɬа ɮіɡиɤɨ-
ɦаɬɟɦаɬиɱɧиɯ ɬа ɬɟɯɧіɱɧиɯ ɧаɭɤ. 

В ɠɭɪɧаɥі ɛɟɡɤɨшɬɨвɧɨ ɩɭɛɥіɤɭɸɬьɫя ɧаɭɤɨві ɫɬаɬɬі аɧɝɥіɣɫьɤɨɸ, ɪɨɫіɣɫьɤɨɸ ɬа ɭɤɪаʀɧɫьɤɨɸ ɦɨваɦи. 
ɉɪавиɥа ɨɮɨɪɦɥɟɧɧя ɫɬаɬɟɣ ɩɨɞаɧɨ ɧа ɫаɣɬі: http://ric.zntu.edu.ua/information/authors. 
ɀɭɪɧаɥ ɡаɛɟɡɩɟɱɭє ɛɟзɤɨшɬɨвɧиɣ віɞɤɪиɬиɣ ɨɧ-ɥаɣɧ ɞɨɫɬɭɩ ɞɨ ɩɨвɧɨɬɟɤɫɬɨвиɯ ɩɭɛɥіɤаɰіɣ. 
ɀɭɪɧаɥ ɞɨɡвɨɥяє авɬɨɪаɦ ɦаɬи авɬɨɪɫьɤі ɩɪава і ɡɛɟɪіɝаɬи ɩɪава ɧа виɞаɧɧя ɛɟɡ ɨɛɦɟɠɟɧь. ɀɭɪɧаɥ ɞɨɡвɨɥяє ɤɨɪиɫɬɭваɱаɦ ɱиɬаɬи, 

ɡаваɧɬаɠɭваɬи, ɤɨɩіɸваɬи, ɩɨшиɪɸваɬи, ɞɪɭɤɭваɬи, шɭɤаɬи аɛɨ ɩɨɫиɥаɬиɫя ɧа ɩɨвɧі ɬɟɤɫɬи ɫвɨʀɯ ɫɬаɬɟɣ. ɀɭɪɧаɥ ɞɨɡвɨ-ɥяє ɩɨвɬɨɪɧɟ 
виɤɨɪиɫɬаɧɧя ɣɨɝɨ вɦіɫɬɭ ɭ віɞɩɨвіɞɧɨɫɬі ɡ CC ɥіɰɟɧɡієɸ ɋɋ-BY. 

Ɉɩɭɛɥіɤɨваɧиɦи ɫɬаɬɬяɦ ɩɪиɫвɨɸєɬьɫя ɭɧіɤаɥьɧиɣ іɞɟɧɬиɮіɤаɬɨɪ ɰиɮɪɨвɨɝɨ ɨɛ’єɤɬа DOI. 
ɀɭɪɧаɥ вхɨɞиɬь ɞɨ ɧаɭɤɨɦɟɬɪичɧɨʀ ɛази Web of Scienɫe. 
ɀɭɪɧаɥ ɪɟɮɟɪɭєɬьɫя ɬа іɧɞɟɤɫɭєɬьɫя ɭ ɩɪɨвіɞɧиɯ ɦіɠɧаɪɨɞɧиɯ ɬа ɧаɰіɨɧаɥьɧиɯ ɪɟɮɟɪаɬивɧиɯ ɠɭɪɧаɥаɯ і ɧаɭɤɨɦɟɬɪиɱɧиɯ ɛаɡаɯ 

ɞаɧиɯ, а ɬаɤɨɠ ɪɨɡɦіɳɭєɬьɫя ɭ ɰиɮɪɨвиɯ аɪɯіваɯ ɬа ɛіɛɥіɨɬɟɤаɯ ɡ ɛɟɡɤɨшɬɨвɧиɦ ɞɨɫɬɭɩɨɦ ɭ ɪɟɠиɦі on-line (ɭ ɬ. ɱ. DOAJ, DOI, CrossRef, EBSCO, eLibrary.ru / РИНЦ, Google Scholar, Index Copernicus, INSPEC, ISSN, Ulrich’s Periodicals Directory, WorldCat, ВІНІТІ, Дɠɟɪɟɥɨ), 
ɩɨвɧиɣ ɩɟɪɟɥіɤ яɤиɯ ɩɨɞаɧɨ ɧа ɫаɣɬі: http://ric.zntu.edu.ua/about/editorialPolicies#custom-0. 

ɀɭɪɧаɥ ɪɨзɩɨвɫюɞɠɭєɬьɫя ɡа Каɬаɥɨɝɨɦ ɩɟɪіɨɞиɱɧиɯ виɞаɧь Уɤɪаʀɧи (ɩɟɪɟɞɩɥаɬɧиɣ іɧɞɟɤɫ – 22914). 
Ɍɟɦаɬиɤа ɠɭɪɧаɥɭ ɦіɫɬиɬь: ɪаɞіɨɮіɡиɤɭ, ɦіɤɪɨ-, ɧаɧɨ- і ɪаɞіɨɟɥɟɤɬɪɨɧіɤɭ, аɩаɪаɬɧɟ і ɩɪɨɝɪаɦɧɟ ɡаɛɟɡɩɟɱɟɧɧя ɤɨɦɩ’ɸɬɟɪɧɨʀ 

ɬɟɯɧіɤи, ɤɨɦɩ’ɸɬɟɪɧі ɦɟɪɟɠі і ɬɟɥɟɤɨɦɭɧіɤаɰіʀ, ɬɟɨɪіɸ аɥɝɨɪиɬɦів і ɩɪɨɝɪаɦɭваɧɧя, ɨɩɬиɦіɡаɰіɸ і ɞɨɫɥіɞɠɟɧɧя ɨɩɟɪаɰіɣ, ɦіɠɦашиɧɧɭ і 
ɥɸɞиɧɨ-ɦашиɧɧɭ вɡаєɦɨɞіɸ, ɦаɬɟɦаɬиɱɧɟ і ɤɨɦɩ’ɸɬɟɪɧɟ ɦɨɞɟɥɸваɧɧя, ɨɛɪɨɛɤɭ ɞаɧиɯ і ɫиɝɧаɥів, ɭɩɪавɥіɧɧя в ɬɟɯɧіɱɧиɯ ɫиɫɬɟɦаɯ, 
шɬɭɱɧиɣ іɧɬɟɥɟɤɬ, вɤɥɸɱаɸɱи ɫиɫɬɟɦи, ɡаɫɧɨваɧі ɧа ɡɧаɧɧяɯ, і ɟɤɫɩɟɪɬɧі ɫиɫɬɟɦи, іɧɬɟɥɟɤɬɭаɥьɧиɣ аɧаɥіɡ ɞаɧиɯ, ɪɨɡɩіɡɧаваɧɧя ɨɛɪаɡів, 
шɬɭɱɧі ɧɟɣɪɨɧɧі і ɧɟɣɪɨ-ɧɟɱіɬɤі ɦɟɪɟɠі, ɧɟɱіɬɤɭ ɥɨɝіɤɭ, ɤɨɥɟɤɬивɧиɣ іɧɬɟɥɟɤɬ і ɦɭɥьɬиаɝɟɧɬɧі ɫиɫɬɟɦи, ɝіɛɪиɞɧі ɫиɫɬɟɦи. 

Уɫі ɫɬаɬɬі, ɩɪɨɩɨɧɨваɧі ɞɨ ɩɭɛɥіɤаɰіʀ, ɨɞɟɪɠɭɸɬь ɨɛ’єɤɬивɧиɣ ɪɨзɝɥяɞ, ɳɨ ɨɰіɧɸєɬьɫя ɡа ɫɭɬɬɸ ɛɟɡ ɭɪаɯɭваɧɧя ɪаɫи, ɫɬаɬі, 
віɪɨɫɩɨвіɞаɧɧя, ɟɬɧіɱɧɨɝɨ ɩɨɯɨɞɠɟɧɧя, ɝɪɨɦаɞяɧɫɬва аɛɨ ɩɨɥіɬиɱɧɨʀ ɮіɥɨɫɨɮіʀ авɬɨɪа(ів). 

Уɫі ɫɬаɬɬі ɩɪɨɯɨɞяɬь ɞвɨɫɬɭɩіɧɱаɫɬɟ ɡаɤɪиɬɟ (аɧɨɧіɦɧɟ ɞɥя авɬɨɪа) ɪɟзɟɧзɭваɧɧя шɬаɬɧиɦи ɪɟɞаɤɬɨɪаɦи і ɧɟɡаɥɟɠɧиɦи 
ɪɟɰɟɧɡɟɧɬаɦи – ɩɪɨвіɞɧиɦи вɱɟɧиɦи ɡа ɩɪɨɮіɥɟɦ ɠɭɪɧаɥɭ. 

РЕȾАɄɐІɃɇА ɄОɅЕГІə 
Гɨɥɨвɧиɣ ɪɟɞаɤɬɨɪ – ɋɭɛɛɨɬіɧ ɋ. Ɉ., ɞ-ɪ. ɬɟɯɧ. ɧаɭɤ, Уɤɪаʀɧа 
Ɂаɫɬ. ɝɨɥɨвɧɨɝɨ ɪɟɞаɤɬɨɪа – ɉіɡа Д. М., ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, Уɤɪаʀɧа 
Чɥɟɧи ɪɟɞɤɨɥɟɝіʀ: 

Аɧɞɪɨɭɥіɞаɤіɫ Ƀ., ɞ-ɪ ɮіɥɨɫɨɮіʀ, Ƚɪɟɰія 
Бɟɡɪɭɤ В. М., ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, Уɤɪаʀɧа 
Бɨɞяɧɫьɤиɣ Є. В., ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, Уɤɪаʀɧа, ɪɟɞаɤɬɨɪ ɪɨɡɞіɥɭ ɡ ɭɩɪавɥіɧɧя 
Ваɫиɥьєв ɋ. М., ɞ-ɪ ɮіɡ.-ɦаɬ. ɧаɭɤ, аɤаɞɟɦіɤ РАН, Рɨɫія 
Ƚіɦɩіɥɟвиɱ Ю. Б., ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, Уɤɪаʀɧа 
Ƚɨɪɛаɧь Ɉ. М., ɞ-ɪ ɮiɡ.-ɦаɬ. ɧаɭɤ, Вɟɥиɤɨɛɪиɬаɧія 
Дɪɨɛаɯіɧ Ɉ. Ɉ., ɞ-ɪ ɮiɡ.-ɦаɬ. ɧаɭɤ, Уɤɪаʀɧа 
Заɣɰɟва Ɉ. М., ɤаɧɞ. ɮіɡ.-ɦаɬ. ɧаɭɤ, ɋɥɨваɱɱиɧа 
Каɦɟяɦа М., ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, əɩɨɧія 
Каɪɩɭɤɨв Л. M., ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, Уɤɪаʀɧа 
Кɨɪɧіɱ Ƚ. В., ɞ-ɪ ɮiɡ.-ɦаɬ. ɧаɭɤ, Уɤɪаʀɧа, ɪɟɞаɤɬɨɪ ɪɨɡɞіɥɭ ɡ ɪаɞіɨɮіɡиɤи 
Кɭɥіɤ А. ɋ., ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, Уɤɪаʀɧа 
Лɟɛɟɞєв Д. В., ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, Уɤɪаʀɧа, ɪɟɞаɤɬɨɪ ɪɨɡɞіɥɭ ɡ ɭɩɪавɥіɧɧя 
Лɟвашɟɧɤɨ В. Ƚ., ɤаɧɞ. ɮіɡ.-ɦаɬ. ɧаɭɤ, ɋɥɨваɱɱиɧа 
Лиɫɧяɧɫьɤиɣ А., ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, Іɡɪаʀɥь 
Маɪɤɨвɫьɤа-Каɱɦаɪ У., ɞ-ɪ ɧаɭɤ, ɉɨɥьɳа 
Ɉɥɟɳɭɤ В. Ɉ., ɤаɧɞ. ɮіɡ.-ɦаɬ. ɧаɭɤ, Нɨɪвɟɝія, ɪɟɞаɤɬɨɪ ɪɨɡɞіɥɭ ɡ ɪаɞіɨɟɥɟɤɬɪɨɧіɤи 
Ɉɧɭɮɪiєɧɤɨ В. М., ɞ-ɪ ɮiɡ.-ɦаɬ. ɧаɭɤ, Уɤɪаʀɧа 
ɉаɩшиɰьɤиɣ М., ɞ-ɪ ɮіɥɨɫɨɮіʀ, ɉɨɥьɳа 
ɉɨɝɨɫɨв В. В., ɞ-ɪ ɮiɡ.-ɦаɬ. ɧаɭɤ, Уɤɪаʀɧа 
Рɭɛɟɥь Ɉ. В., ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, Каɧаɞа 
Хаɯаɧɨв В. І., ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, Уɤɪаʀɧа, ɪɟɞаɤɬɨɪ ɪɨɡɞіɥɭ ɡ іɧɮɨɪɦаɬиɤи 
Шаɪɩаɧɫьɤиɯ Ɉ. А., ɞ-ɪ ɮіɥɨɫɨɮіʀ, Ніɞɟɪɥаɧɞи, ɪɟɞаɤɬɨɪ ɪɨɡɞіɥɭ ɡ іɧɮɨɪɦаɬиɤи 

Рɟɤɨɦɟɧɞɨваɧɨ ɞɨ виɞаɧɧя вɱɟɧɨɸ ɪаɞɨɸ ЗНТУ, ɩɪɨɬɨɤɨɥ № 10 віɞ 03.06.2019. 
ɀɭɪɧаɥ ɡвɟɪɫɬаɧиɣ ɪɟɞаɤɰіɣɧɨ-виɞавɧиɱиɦ віɞɞіɥɨɦ ЗНТУ. 
Вɟɛ-ɫаɣɬ ɠɭɪɧаɥɭ: http://ric.zntu.edu.ua. 
Аɞɪɟɫа ɪɟɞаɤціʀ: Рɟɞаɤɰія ɠɭɪɧаɥɭ «РІУ», Заɩɨɪіɡьɤиɣ ɧаɰіɨɧаɥьɧиɣ ɬɟɯɧіɱɧиɣ ɭɧівɟɪɫиɬɟɬ, вɭɥ. ɀɭɤɨвɫьɤɨɝɨ, 64, 
ɦ. Заɩɨɪіɠɠя, 69063, Уɤɪаʀɧа. 
Тɟɥ: (061) 769-82-96 – ɪɟɞаɤɰіɣɧɨ-виɞавɧиɱиɣ віɞɞіɥ 
Фаɤɫ: (061) 764-46-62                 © Заɩɨɪіɡьɤиɣ ɧаɰіɨɧаɥьɧиɣ ɬɟɯɧіɱɧиɣ ɭɧівɟɪɫиɬɟɬ, 2019 E-mail: rvv@zntu.edu.ua 
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ɆЕРЕɀІ ɆОȻІɅЬɇОГО ɁВ’əɁɄɍ 
 
Сɭɥіɦа С. В. – аɫиɫɬɟɧɬ ɤаɮɟɞɪи іɧɮɨɪɦаɰіɣɧɨ-ɬɟɥɟɤɨɦɭɧіɤаɰіɣɧиɯ ɦɟɪɟɠ Наɰіɨɧаɥьɧɨɝɨ ɬɟɯɧіɱɧɨɝɨ ɭɧі-

вɟɪɫиɬɟɬɭ Уɤɪаʀɧи «Киʀвɫьɤиɣ ɩɨɥіɬɟɯɧіɱɧиɣ іɧɫɬиɬɭɬ іɦɟɧі Іɝɨɪя ɋіɤɨɪɫьɤɨɝɨ», Киʀв, Уɤɪаʀɧа.  
АɇОɌАɐІə 

Аɤɬɭаɥьɧіɫɬь. Зі ɡɪɨɫɬаɧɧяɦ ɨɛ’єɦɭ ɬɪаɮіɤɭ ɦɨɛіɥьɧиɯ ɞаɧиɯ ɬа ɱиɫɥа ɫɟɪвіɫів, яɤі ɧаɞаɸɬьɫя ɦɨɛіɥьɧɨɸ ɦɟɪɟɠɟɸ, 
ɡɪɨɫɬаɸɬь і ɩɨɬɨɤи ɫɥɭɠɛɨвɨɝɨ ɧаваɧɬаɠɟɧɧя, ɳɨ виɤɥиɤає ɩɨɬɪɟɛɭ ɭ ɡɦіɧі ɩɪиɧɰиɩів, ɦɨɞɟɥɟɣ ɬа ɦɟɬɨɞів ɨɪɝаɧіɡаɰіʀ ɨɛ-
ɫɥɭɝɨвɭваɧɧя ɬɟɥɟɤɨɦɭɧіɤаɰіɣɧиɯ ɩɨɬɨɤів ɡ ɦɟɬɨɸ ɡаɛɟɡɩɟɱɟɧɧя ɡаɞаɧɨʀ яɤɨɫɬі ɧаɞаɧɧя шиɪɨɤɨɝɨ ɤɨɥа ɩɨɫɥɭɝ ɝɧɭɱɤиɦ ɬа 
ɟɤɨɧɨɦіɱɧɨ ɟɮɟɤɬивɧиɦ ɫɩɨɫɨɛɨɦ. ɉɟɪɟваɝ ɦаɫшɬаɛɨваɧɨɫɬі ɬа ɟɥаɫɬиɱɧɨɫɬі ɡ ɩіɞɬɪиɦɤɨɸ виɫɨɤɨɝɨ ɩɨɤаɡɧиɤа ɤɨɟɮіɰієɧɬа 
виɤɨɪиɫɬаɧɧя ɬɟɯɧіɱɧиɯ ɪɟɫɭɪɫів ɦɟɪɟɠі ɦɨɠɧа ɞɨɫяɝɬи ɡ виɤɨɪиɫɬаɧɧяɦ ɬɟɯɧɨɥɨɝіɣ віɪɬɭаɥіɡаɰіʀ ɬа ɤɨɧɰɟɩɰіʀ ɦɟɪɟɠɟвɨɝɨ 
ɫɥаɣɫиɧɝɭ, ɳɨ ɞɨɡвɨɥяє ɪɨɡɝɨɪɬаɬи виɞіɥɟɧі ɦɟɪɟɠі ɧа ɨɫɧɨві ɫɟɪвіɫів, ɡаɫɬɨɫɨвɭɸɱи ɦɟɬɨɞи віɪɬɭаɥіɡаɰіʀ ɦɟɪɟɠɟвиɯ ɮɭɧɤ-
ɰіɣ. У ɰьɨɦɭ ɤɨɧɬɟɤɫɬі ɨɫɧɨвɧиɦ ɡаɥишаєɬьɫя ɩиɬаɧɧя, яɤа ɤіɥьɤіɫɬь ɦɟɪɟɠɟвиɯ ɫɥаɣɫів ɛɭɞɟ ɞɨɰіɥьɧɨɸ ɡ ɬɨɱɤи ɡɨɪɭ ɡаɬɪаɬ 
ɧа ɤɟɪɭваɧɧя ɫɥаɣɫаɦи і ɡаɛɟɡɩɟɱɟɧɧя ɩɨɬɪіɛɧɨʀ ɮɭɧɤɰіɨɧаɥьɧɨɫɬі. 

Ɇɟɬа. ɉіɞвиɳɟɧɧя ɟɮɟɤɬивɧɨɫɬі ɪɨɛɨɬи ɦɨɛіɥьɧɨʀ ɦɟɪɟɠі ɡа ɞɨɩɨɦɨɝɨɸ ɨɩɬиɦаɥьɧɨɝɨ ɮɨɪɦɭваɧɧя ɫɥаɣɫів ɦɭɥьɬɫɟɪві-
ɫɧɨʀ ɦɟɪɟɠі ɡв’яɡɤɭ. 

Ɇɟɬɨɞ. Аɧаɥіɡ ɩɭɛɥіɤаɰіɣ, ɩɪиɫвяɱɟɧиɯ віɪɬɭаɥіɡаɰіʀ ɦɟɪɟɠɟвиɯ ɮɭɧɤɰіɣ, ɞав ɡɦɨɝɭ виявиɬи ɩіɞɯіɞ ɞɨ ɨɪɝаɧіɡаɰіʀ виɤɨ-
ɪиɫɬаɧɧя ɪɟɫɭɪɫів ɦɭɥьɬиɫɟɪвіɫɧɨʀ ɦɨɛіɥьɧɨʀ ɦɟɪɟɠі, а ɬаɤɨɠ ɩɨɤаɡав ɧɟɞɨɫɬаɬɧɸ ɟɮɟɤɬивɧіɫɬь іɫɧɭɸɱиɯ ɪішɟɧь ɳɨɞɨ ваɠ-
ɥивиɯ ɩиɬаɧь ɰьɨɝɨ ɩɪɨɰɟɫɭ (ɩɪɨɞɭɤɬивɧɨɫɬі аɥɝɨɪиɬɦɭ ɮɨɪɦɭваɧɧя ɫɥаɣɫів, ɪівɧя ɮɭɧɤɰіɨɧаɥьɧиɯ виɬɪаɬ). 

Рɟзɭɥьɬаɬи. ɉɪɨɩɨɧɭєɬьɫя ɦɟɬɨɞ ɦɨɞɟɥɸваɧɧя ɫиɫɬɟɦи ɪɨɡɩɨɞіɥɭ ɪɟɫɭɪɫів ɦɟɪɟɠі, ɳɨ ɩɟɪɟɞɛаɱає ɮɨɪɦɭваɧɧя ɦɟɪɟɠɟ-
виɯ виɞіɥɟɧиɯ ɫɥаɣɫів, яɤі ɨɛɫɥɭɝɨвɭɸɬь виɡɧаɱɟɧі виɞи ɫɟɪвіɫів ɧɟɡаɥɟɠɧɨ ɧа ɫɩіɥьɧіɣ іɧɮɪаɫɬɪɭɤɬɭɪі. 

Виɫɧɨвɤи. У ɫɬаɬɬі виɪішɟɧɨ ɡавɞаɧɧя ɩɨɛɭɞɨви ɦɟɬɨɞɭ ɮɨɪɦɭваɧɧя ɫɥаɣɫів ɦɭɥьɬɫɟɪвіɫɧɨʀ ɛаɡɨвɨʀ ɦɟɪɟɠі ɦɨɛіɥьɧɨɝɨ 
ɡв’яɡɤɭ, яɤиɣ ɡавɞяɤи ɟɮɟɤɬивɧɨɦɭ ɞиɧаɦіɱɧɨɦɭ ɧаɥашɬɭваɧɧɸ ɤɨɧɮіɝɭɪаɰіʀ ɪɨɛɨɬи ɫиɫɬɟɦи, ɞɨɡвɨɥяє ɡаɛɟɡɩɟɱиɬи ɧаɞаɧɧя 
шиɪɨɤɨɝɨ ɤɨɥа ɫɟɪвіɫів ɡ ɡаɞаɧиɦи ɩɨɤаɡɧиɤаɦи яɤɨɫɬі. ɉɨɛɭɞɨваɧɨ ɦɨɞɟɥь ɫиɫɬɟɦи ɨɪɝаɧіɡаɰіʀ ɪɟɫɭɪɫів, ɡа ɞɨɩɨɦɨɝɨɸ яɤɨʀ 
ɩɪɟɞɫɬавɥɟɧɨ ɦɟɬɨɞ, яɤиɣ вɪаɯɨвɭє виɬɪаɬи, ɩɨв’яɡаɧі ɡ ɧаɞɦіɪɧиɦ виɞіɥɟɧɧяɦ ɪɟɫɭɪɫів, а ɬаɤɨɠ ɡɦɟɧшɭє ɤіɥьɤіɫɬь ɩɟɪɟɪа-
ɯɭɧɤів ɤɨɧɮіɝɭɪаɰіʀ ɦɟɪɟɠі, ɳɨ ɞɨɡвɨɥяє ɞɨɫяɝаɬи ɪаɰіɨɧаɥьɧɨɝɨ ɫɩіввіɞɧɨшɟɧɧя ɡаɬɪаɬ ɧа ɭɩɪавɥіɧɧя ɬа ɩіɞɫɭɦɤɨвɨɝɨ ɡɧа-
ɱɟɧɧя яɤɨɫɬі ɨɛɫɥɭɝɨвɭваɧɧя. 

ɄɅЮЧОВІ СɅОВА: Network Functions Virtualization, ɭɩɪавɥіɧɧя ɪɟɫɭɪɫаɦи, ɦɟɪɟɠɟвиɣ ɫɥаɣɫиɧɝ, виɞіɥɟɧа ɦɟɪɟɠа, Evolved Packet Core. 
 

АȻȻРЕВІАɌɍРɂ CAPEX – Capital Expenditure; eNB – Evolved Node B; EPC – Evolved Packet Core; HSPA – High Speed Packet Access; HSS – Home Subscriber Server; LTE – Long-Term Evolution; M2M – Machine-to-Machine; MME – Mobility Management Entity; NFV – Network Functions Virtualization; NGMN – Next Generation Mobile Networks Alliance; OPEX – Operating Expense; PGW – Public data network Gateway; SDN – Software-Defined Networking; SGW – Serving Gateway; SMF – Service-slice Mapping Function; UE – User Equipment. 
 

ɇОɆЕɇɄɅАɌɍРА 
pNS

k – ɫиɫɬɟɦɧа ɩɪɨɞɭɤɬивɧіɫɬь ɫɥаɣɫɭ k; 
pS

j – виɦɨɝи ɩɪɨɞɭɤɬивɧɨɫɬі ɫɟɪвіɫɭ j; 
rth – ɩɨɪɨɝɨвɟ ɡɧаɱɟɧɧя віɞɧɨɫɧиɯ ɮɭɧɤɰіɨɧаɥьɧиɯ 

виɬɪаɬ; 
rwk – віɞɧɨɫɧі ɮɭɧɤɰіɨɧаɥьɧі виɬɪаɬи ɫɥаɣɫɭ k; 
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sk – ɧаɛіɪ ɫɟɪвіɫів ɫɥаɣɫɭ k; 
th – ɩɨɪɨɝɨвɟ ɡɧаɱɟɧɧя ɮɭɧɤɰіɨɧаɥьɧиɯ виɬɪаɬ; 
wk – ɮɭɧɤɰіɨɧаɥьɧі виɬɪаɬи ɫɥаɣɫɭ k. 

 
ВСɌɍɉ 

У ɦɟɪɟɠаɯ ɦɨɛіɥьɧɨɝɨ ɡв’яɡɤɭ ɫɩɨɫɬɟɪіɝаєɬьɫя 
ɡɧаɱɧɟ ɡɪɨɫɬаɧɧя ɬɪаɮіɤɭ, ɳɨ ɩɨв’яɡаɧɨ ɡі ɡɛіɥьшɟɧ-
ɧяɦ виɤɨɪиɫɬаɧɧя ɫɦаɪɬɮɨɧів, ɞиɮɟɪɟɧɰіɣɨваɧɨɫɬі 
ɩɨɫɥɭɝ ɬа іɧшиɦи ɮаɤɬɨɪаɦи. ɋɭɱаɫɧі ɬɟɥɟɤɨɦɭɧіɤа-
ɰіɣɧі ɫиɫɬɟɦи ɛɭɞɭɸɬьɫя яɤ ɫɤɥаɞɧі ɦɟɪɟɠі, яɤі ɨɯɨɩ-
ɥɸɸɬь ɪіɡɧі ɬиɩи ɩɪиɫɬɪɨʀв, ɨɛ’єɞɧаɧиɯ в єɞиɧиɣ 
ɤɨɦɩɥɟɤɫ, ɩɪаɰɸɸɬь в ɭɦɨваɯ вɟɥиɤиɯ ɩɨɬɨɤів ɧаваɧ-
ɬаɠɟɧɧя ɬа вɟɥиɤɨʀ ɤіɥьɤɨɫɬі ɡ’єɞɧаɧь [1]. Кɪіɦ ɬɨɝɨ, 
ɫɟɪɟɞɧя виɦɨɝа ɫиɝɧаɥіɡаɰіʀ ɧа ɨɞɧɨɝɨ аɛɨɧɟɧɬа ɞɨ 42% виɳɟ ɭ LTE, ɩɨɪівɧɸɸɱи ɡі ɫɬаɧɞаɪɬɨɦ ɡв’яɡɤɭ HSPA [2]. 
əɤ ɩɨɤаɡаɧɨ ɧа ɪиɫ. 1, ɪіɡɧɨɦаɧіɬɧі ɫɟɪвіɫи ɛɭɞɭɬь 

ɧаɞаваɬиɫя ɛɟɡɩɪɨвіɞɧиɦи ɦɟɪɟɠаɦи [3]. Ɉɫɬаɧɧі ɧɨ-
вɨввɟɞɟɧɧя в ɦɨɛіɥьɧиɯ ɬɟɥɟɤɨɦɭɧіɤаɰіɣɧиɯ ɬɟɯɧɨɥɨ-
ɝіяɯ ɬа ɦɨɛіɥьɧиɯ ɬɟɪɦіɧаɥаɯ ɫɬиɦɭɥɸɸɬь ɪɨɡɩɨвɫɸ-
ɞɠɟɧɧя ɪіɡɧиɯ ɫɟɪвіɫів іɡ шиɪɨɤиɦ ɞіаɩаɡɨɧɨɦ виɦɨɝ 
ɳɨɞɨ ɡаɬɪиɦɤи, ɦɨɛіɥьɧɨɫɬі ɬа ɧаɞіɣɧɨɫɬі ɫɟɪɟɞ іɧ-
шиɯ [4]. 
В ɞаɧиɣ ɱаɫ ɦɨɛіɥьɧі ɦɟɪɟɠі ɧаɞаɸɬь в ɨɫɧɨвɧɨɦɭ 

ɩɨɫɥɭɝи ɝɨɥɨɫɭ ɬа ɩɟɪɟɞаɱі ɞаɧиɯ ɱɟɪɟɡ аɪɯіɬɟɤɬɭɪɭ Evolved Packet Core (EPC). EPC – ɰɟ аɪɯіɬɟɤɬɭɪа ɩɨ-
вɧіɫɬɸ IP ɦɟɪɟɠі, яɤа ɨɛɫɥɭɝɨвɭє вɫі ɫɟɪвіɫи ɬа ɪіɡɧі 
ɬиɩи ɤɨɪиɫɬɭваɥьɧиɰьɤɨɝɨ ɨɛɥаɞɧаɧɧя (UE), ɬаɤі яɤ 
ɫɦаɪɬɮɨɧи ɬа ɩɪиɫɬɪɨʀ ɦіɠɦашиɧɧɨʀ вɡаєɦɨɞіʀ M2M.  
На ɫьɨɝɨɞɧішɧіɣ ɞɟɧь виɧиɤає ɧɟɨɛɯіɞɧіɫɬь ɭ ɪɨɡ-

ɪɨɛɰі ɧɨвиɯ ɩіɞɯɨɞів ɞɨ ɨɪɝаɧіɡаɰіʀ ɧаɞаɧɧя ɫɟɪвіɫів, 
яɤі ɛɭɞɭɬь ɡаɛɟɡɩɟɱɭваɬи ɩɪɨɝɪаɦɨваɧіɫɬь віɞɩɨвіɞɧɨ 
ɞɨ виɦɨɝ ɤіɧɰɟвиɯ ɤɨɪиɫɬɭваɱів ɬа ɬиɩів ɫɟɪвіɫів. 
Оɛ’єɤɬɨɦ ɞɨɫɥіɞɠɟɧɧя є ɩɪɨɰɟɫ ɩɨɛɭɞɨви ɤɨɧɮі-

ɝɭɪаɰіʀ ɦɟɪɟɠі. 
ɉɪɟɞɦɟɬɨɦ ɞɨɫɥіɞɠɟɧɧя є ɦɨɞɟɥі ɬа ɦɟɬɨɞи ɮɨɪ-

ɦɭваɧɧя ɫɥаɣɫів шɥяɯɨɦ ɝɪɭɩɭваɧɧя ɫɟɪвіɫів ɡ ɩɨɞіɛ-
ɧиɦи ɯаɪаɤɬɟɪиɫɬиɤаɦи. 
Ɇɟɬɨю ɪɨɛɨɬи є ɩіɞвиɳɟɧɧя ɟɮɟɤɬивɧɨɫɬі ɪɨɛɨɬи 

ɦɨɛіɥьɧɨʀ ɦɟɪɟɠі ɡа ɞɨɩɨɦɨɝɨɸ ɨɩɬиɦаɥьɧɨɝɨ ɮɨɪɦɭ-
ваɧɧя ɫɥаɣɫів ɦɭɥьɬɫɟɪвіɫɧɨʀ ɦɟɪɟɠі ɡв’яɡɤɭ.  

1 ɉОСɌАɇОВɄА ɁАȾАЧІ EPC ɪɨɡɪɨɛɥɟɧɨ ɡ виɤɨɪиɫɬаɧɧяɦ аɪɯіɬɟɤɬɭɪɧɨɝɨ 
ɩіɞɯɨɞɭ «ɞɥя ɛɭɞь-яɤɨɝɨ виɩаɞɤɭ» ɞɥя ɩіɞɬɪиɦɤи вɫіɯ 

ɬиɩів ɬɪаɮіɤɭ, яɤі ɨɛɪɨɛɥяɸɬьɫя аɧаɥɨɝіɱɧɨ ɟɥɟɦɟɧ-
ɬаɦи ɛаɡɨвɨʀ ɦɟɪɟɠі, ɬаɤиɦи яɤ SGW ɬа PGW [4]. 
Цɟɧɬɪаɥіɡɨваɧа ɮіɤɫɨваɧа аɪɯіɬɟɤɬɭɪа, ɫɤɥаɞɧіɫɬь, 
ɫɬаɬиɱɧіɫɬь є ɮаɤɬɨɪаɦи, яɤі ɫɬɪиɦɭɸɬь ɪɨɡвиɬɨɤ ɦɨ-
ɛіɥьɧиɯ ɦɟɪɟɠ. Кɪіɦ ɬɨɝɨ, ɫиɬɭаɰіɸ ɭɫɤɥаɞɧɸє ɧаɞɦі-
ɪɧіɫɬь ɮɭɧɤɰіɨɧаɥьɧɨɫɬі. Наɩɪиɤɥаɞ, MME виɤɨɪиɫ-
ɬɨвɭєɬьɫя в ɫиɫɬɟɦі ɞɥя ɭɩɪавɥіɧɧя ɦɨɛіɥьɧіɫɬɸ ɤɨɪи-
ɫɬɭваɱа в EPC, ɨɞɧаɤ ɧɟ вɫɟ ɨɛɥаɞɧаɧɧя ɤɨɪиɫɬɭваɱа (UE) ɩɨɬɪɟɛɭє ɩіɞɬɪиɦɤи ɦɨɛіɥьɧɨɫɬі (ɧаɩɪиɤɥаɞ, 
ɫɟɧɫɨɪи ɦіɠɦашиɧɧɨʀ вɡаєɦɨɞіʀ M2M ɦаɸɬь ɮіɤɫɨва-
ɧɟ ɝɟɨɝɪаɮіɱɧɟ ɩɨɥɨɠɟɧɧя ɩɪɨɬяɝɨɦ ɟɤɫɩɥɭаɬаɰіɣɧɨɝɨ 
ɬɟɪɦіɧɭ). ɉɪи ɰьɨɦɭ виɦɨɝи ɪɨɡвиɬɤɭ ɞиɤɬɭɸɬь ɧɟɨɛ-
ɯіɞɧіɫɬь ɭ швиɞɤɨɦɭ ɬа ɝɧɭɱɤɨɦɭ ɪɨɡɝɨɪɬаɧɧі ɧɨвиɯ 
ɪіɡɧɨɦаɧіɬɧиɯ ɫɟɪвіɫів. Кɪіɦ ɬɨɝɨ, ɩɪɨɬяɝɨɦ ɞɧя ɧава-
ɧɬаɠɟɧɧя ɧа ɦɟɪɟɠɭ ɡɦіɧɸєɬьɫя. Тɨɦɭ віɞɩɨвіɞɧɨ ɞɨ 
ɞɨɫɥіɞɠɟɧь [5] ɞɨ 80% ɨɛɱиɫɥɸваɥьɧɨʀ ɩɨɬɭɠɧɨɫɬі 
ɛаɡɨвиɯ ɫɬаɧɰіɣ і ɞɨ ɩɨɥɨвиɧи ɩɨɬɭɠɧɨɫɬі ɛаɡɨвɨʀ 
ɦɟɪɟɠі є ɧɟвиɤɨɪиɫɬаɧиɦи. Цɟ ɩɪиɡвɨɞиɬь ɞɨ ɧиɡьɤɨ-
ɝɨ виɤɨɪиɫɬаɧɧя ɪɟɫɭɪɫів, а ɬаɤɨɠ ɞɨ виɫɨɤɨɝɨ ɪівɧя 
ɫɩɨɠиваɧɧя ɟɧɟɪɝіʀ, ɳɨ ɡɧиɠɭɸɬь ɟɤɨɧɨɦіɱɧɭ ɟɮɟɤ-
ɬивɧіɫɬь ɦɟɪɟɠі ɞɥя ɨɩɟɪаɬɨɪів ɡв’яɡɤɭ. 
Таɤиɦ ɱиɧɨɦ, ɩɨɫɬає ɡаɞаɱа ɩɨɛɭɞɨви ɦɨɛіɥьɧɨʀ 

ɦɟɪɟɠі ɡі ɡɞаɬɧіɫɬɸ ɩіɞɬɪиɦɭваɬи ɪіɡɧɨɦаɧіɬɧі ɫɟɪві-
ɫи ɡ ɡаɛɟɡɩɟɱɟɧɧяɦ ɡаɞаɧиɯ виɦɨɝ ɞɨ ɨɛɫɥɭɝɨвɭваɧɧя, 
ɟɮɟɤɬивɧɨ виɤɨɪиɫɬɨвɭɸɱи ɬɟɯɧіɱɧі ɪɟɫɭɪɫи ɨɩɟɪа-
ɬɨɪа ɡв’яɡɤɭ. Виɯіɞɧиɦи ɞаɧиɦи ɛɭɞɭɬь виɫɬɭɩаɬи 
виɦɨɝи ɞɨ ɩɪɨɞɭɤɬивɧɨɫɬі ɫɟɪвіɫɭ j, яɤі ɡаɞаɸɬьɫя яɤ 
pS

j=[pS
j,1, pS

j,2,…, pS
j,l], ɞɟ l ɩɪɟɞɫɬавɥяє ɫɨɛɨɸ ɤіɥьɤіɫɬь 

ɫиɫɬɟɦɧиɯ ɩаɪаɦɟɬɪів ɩɪɨɞɭɤɬивɧɨɫɬі. В ɪɟɡɭɥьɬаɬі 
ɩɨɬɪіɛɧɨ ɨɬɪиɦаɬи ɤіɥьɤіɫɬь виɞіɥɟɧиɯ ɦɟɪɟɠ |k| ɬа l 
ɩаɪаɦɟɬɪів ɤɨɠɧɨʀ ɡ ɧиɯ ɬаɤ, ɳɨɛ ɦіɧіɦіɡɭваɬи вɬɪаɬи 
ɪɟɫɭɪɫів ɨɩɟɪаɬɨɪа ɬа ɟɤɫɩɥɭаɬаɰіɣɧі виɬɪаɬи. 

 
2 ОГɅəȾ ɅІɌЕРАɌɍРɂ 

Нɟɞɨɥіɤи ɩɨɬɨɱɧɨʀ ȿРɋ ɦɨɠɧа ɩіɞɫɭɦɭваɬи ɧаɫɬɭ-
ɩɧиɦ ɱиɧɨɦ [4]: 1) Аɪɯіɬɟɤɬɭɪа ɫиɫɬɟɦи. 
Вɨɧа ɧɟ є ɧі ɡɞаɬɧɨɸ, ɧі ɟɮɟɤɬивɧɨɸ ɞɥя ɩіɞɬɪиɦ-

ɤи вɟɥиɤɨɝɨ ɪіɡɧɨɦаɧіɬɬя ɫɟɪвіɫів (ɨɫɨɛɥивɨ ɡ ɫɭвɨ-
ɪиɦи виɦɨɝаɦи) ɱɟɪɟɡ ɧɟɝɧɭɱɤіɫɬь. 2) Ɉɛɪɨɛɤа ɩаɤɟɬів. 
ɉаɤɟɬи ɞаɧиɯ ɧɟɞɨɰіɥьɧɨ ɨɛɪɨɛɥяɸɬьɫя ɛаɝаɬьɦа 

ɟɥɟɦɟɧɬаɦи ɦɟɪɟɠі, ɳɨ ɩɪɨɫɬяɝаɸɬьɫя в ɦɨɛіɥьɧіɣ 
ɦɟɪɟɠі (віɞ eNB, SGW ɞɨ PGW). Баɝаɬɨ ɡ ɰиɯ ɩɪɨɰɟ-
ɫів ɞɭɛɥɸɸɬьɫя в ɪіɡɧиɯ ɮɭɧɤɰіɨɧаɥьɧиɯ ɟɥɟɦɟɧɬаɯ.  

ɏɦаɪɧі ɨɛчиɫɥɟɧɧя 
ɉіɞɬɪиɦɤа ɭɫьɨɝɨ ɪіɡɧɨɦаɧіɬɬя ɫɟɪвіɫів 

Мɨɧіɬɨɪиɧɝ/ɡɛіɪ 
іɧɮɨɪɦаɰіʀ ɬа ɤɟɪɭваɧɧя 
ɫенɫɨрɢ; рɨзɭɦнɢɣ ɞіɦ … 

Тɪаɞиɰіɣɧі ɩɨɫɥɭɝи 
ɦɨɛіɥьɧɨɝɨ ɡв’яɡɤɭ 
теɥеɮɨнія; SMS … Виɫɨɤɨвиɦɨɝɥивиɣ 

ɤɨɧɬɟɧɬ 
ɜіɞɞаɥена хірɭрɝія; 

ɞɨпɨɜнена реаɥьніɫть …  
Риɫɭɧɨɤ 1 – ɋɟɪвіɫи в ɟɩɨɯɭ ɦɟɪɟɠ ɦаɣɛɭɬɧіɯ ɩɨɤɨɥіɧь  

8
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3) ɋɬаɧ аɛɨɧɟɧɬа. 
Ɉɞɧі ɣ ɬі ɫаɦі ɫɬаɧи ɤɨɪиɫɬɭваɱів ɩіɞɬɪиɦɭɸɬьɫя в 

ɤіɥьɤɨɯ ɦɟɪɟɠɟвиɯ ɟɥɟɦɟɧɬаɯ. 4) Чаɫ ɞɥя виɯɨɞɭ ɧа ɪиɧɨɤ. 
Тɪаɞиɰіɣɧа ɦɟɪɟɠа EPC ɦає ɞɨвɝиɣ ɱаɫ ɪɨɡɝɨɪ-

ɬаɧɧя ɱɟɪɟɡ ɰиɤɥ ɪɨɡɝɨɪɬаɧɧя ɨɛɥаɞɧаɧɧя. 5) Ваɪɬіɫɬь. 
Виɫɨɤі ɤаɩіɬаɥьɧі ɬа ɨɩɟɪаɰіɣɧі виɬɪаɬи (CAPEX і OPEX). 
Дɥя виɪішɟɧɧя ɰиɯ ɩɪɨɛɥɟɦ ɩɪɨɩɨɧɭєɬьɫя ɡаɫɬɨ-

ɫɨвɭваɬи ɬɟɯɧɨɥɨɝіʀ віɪɬɭаɥіɡаɰіʀ [6]. 
Віɪɬɭаɥіɡаɰія Мɟɪɟɠɟвиɯ Фɭɧɤɰіɣ NFV ɨɩиɫɭєɬь-

ɫя в ɪаɦɤаɯ ɫɩɟɰиɮіɤаɰіɣ Євɪɨɩɟɣɫьɤɨɝɨ іɧɫɬиɬɭɬɭ 
ɫɬаɧɞаɪɬів ɬɟɥɟɤɨɦɭɧіɤаɰіɣ (ETSI). ɉɪиɧɰиɩ NFV [7], 
ɫɩɪяɦɨваɧиɣ ɧа ɩɟɪɟɬвɨɪɟɧɧя ɦɟɪɟɠɟвиɯ аɪɯіɬɟɤɬɭɪ 
шɥяɯɨɦ вɩɪɨваɞɠɟɧɧя ɦɟɪɟɠɟвиɯ ɮɭɧɤɰіɣ в ɩɪɨɝɪа-
ɦɧɨɦɭ ɡаɛɟɡɩɟɱɟɧɧі, ɳɨ ɦɨɠɟ ɩɪаɰɸваɬи ɧа ɫɬаɧɞаɪ-
ɬɧіɣ аɩаɪаɬɧіɣ ɩɥаɬɮɨɪɦі. Мɟɪɟɠɟва ɮɭɧɤɰія є ɮɭɧɤ-
ɰіɨɧаɥьɧиɦ ɛɥɨɤɨɦ в ɦɟɠаɯ ɦɟɪɟɠɟвɨʀ іɧɮɪаɫɬɪɭɤɬɭ-
ɪи, яɤа ɦає ɱіɬɤɨ виɡɧаɱɟɧі ɡɨвɧішɧі іɧɬɟɪɮɟɣɫи і ɱіɬ-
ɤɨ виɡɧаɱɟɧɭ ɮɭɧɤɰіɨɧаɥьɧɭ ɩɨвɟɞіɧɤɭ. ɉɪиɤɥаɞаɦи 
ɦɟɪɟɠɟвиɯ ɮɭɧɤɰіɣ є ɟɥɟɦɟɧɬи в ɦɟɪɟɠі яɞɪа LTE EPC, ɧаɩɪиɤɥаɞ MME, HSS і ɬ.ɞ. Таɤиɦ ɱиɧɨɦ, віɪɬɭ-
аɥіɡɨваɧа ɦɟɪɟɠɟва ɮɭɧɤɰія є ɪɟаɥіɡаɰієɸ ɦɟɪɟɠɟвɨʀ 
ɮɭɧɤɰіʀ, яɤа ɪɨɡɝɨɪɧɭɬа ɧа віɪɬɭаɥьɧиɯ ɪɟɫɭɪɫаɯ, ɬа-
ɤиɯ яɤ віɪɬɭаɥьɧиɣ ɩɪɨɰɟɫɨɪ ɬа ɩаɦ’яɬь віɪɬɭаɥьɧɨʀ 
ɦашиɧи. NFV ɬіɫɧɨ ɩɨв’яɡаɧа ɡ іɧшиɦи ɧɨвиɦи ɬɟɯɧɨɥɨɝія-
ɦи, ɬаɤиɦи яɤ SDN [8]. SDN – ɰɟ ɦɟɪɟɠɟва ɬɟɯɧɨɥɨ-
ɝія, яɤа віɞɨɤɪɟɦɥɸє ɩɥɨɳиɧɭ ɭɩɪавɥіɧɧя віɞ ɧиɠɱɟ-
ɪɨɡɬашɨваɧɨʀ ɩɥɨɳиɧи ɞаɧиɯ і ɨɛ’єɞɧɭє ɮɭɧɤɰіʀ 
ɭɩɪавɥіɧɧя в ɥɨɝіɱɧɨ ɰɟɧɬɪаɥіɡɨваɧɨɦɭ ɤɨɧɬɪɨɥɟɪі. 
З ɦɟɬɨɸ ɡаɞɨвɨɥɟɧɧя шиɪɨɤɨɝɨ ɫɩɟɤɬɪɭ виɦɨɝ в 

ɟɩɨɯɭ 5G, ɪіɡɧі ɬɟɥɟɤɨɦɭɧіɤаɰіɣɧі ɨɪɝаɧіɡаɰіʀ ɩɪаɰɸ-
ɸɬь ɧаɞ виɳɟɡɝаɞаɧиɦи ɩиɬаɧɧяɦи. Наɩɪиɤɥаɞ, NGMN виɤɨɪиɫɬɨвɭє ɩɨɧяɬɬя «ɦɟɪɟɠɟвиɯ ɫɥаɣɫів», 

яɤі вɫɬаɧɨвɥɸɸɬь виɞіɥɟɧі віɪɬɭаɥьɧі ɦɟɪɟɠі ɧа ɨɫɧɨ-
ві ɫɟɪвіɫів, ɡаɫɬɨɫɨвɭɸɱи ɦɟɬɨɞи віɪɬɭаɥіɡаɰіʀ ɦɟɪɟ-
ɠɟвиɯ ɮɭɧɤɰіɣ NFV ɡ виɤɨɪиɫɬаɧɧяɦ ɫɥаɣɫів ɬа SDN (ɪиɫ. 2) [9]. 
ɋɥаɣɫиɧɝ ɦɟɪɟɠі ɞɨɡвɨɥяє ɩɨɛɭɞɭваɬи (ɡавɞяɤи 

ɦɟɪɟɠɟвіɣ аɪɯіɬɟɤɬɭɪі) ɦаɣɛɭɬɧі ɦɟɪɟɠі 5G, ɳɨ ɨɯɨɩ-
ɥɸɸɬь ɧɟɨɛɯіɞɧі ɯаɪаɤɬɟɪиɫɬиɤи ɦаɫшɬаɛɨваɧɨɫɬі ɬа 
ɝɧɭɱɤɨɫɬі, ɬаɤиɦ ɱиɧɨɦ, ɩіɞɬɪиɦɭɸɱи ɪіɡɧɨɦаɧіɬɧі 
ɫɰɟɧаɪіʀ ɨɛɫɥɭɝɨвɭваɧɧя ɬа ɩɨɫɥɭɝи. Мɟɪɟɠɟвиɣ ɫɥаɣɫ 
ɦɨɠɟ ɛɭɬи виɡɧаɱɟɧиɣ яɤ ɥɨɝіɱɧɨ іɡɨɥьɨваɧа ɦɟɪɟɠа, 
яɤа вɤɥɸɱає в ɫɟɛɟ ɩɪиɫɬɪɨʀ 5G, а ɬаɤɨɠ ɦɟɪɟɠɟві 
ɮɭɧɤɰіʀ ɞɨɫɬɭɩɭ, ɬɪаɧɫɩɨɪɬɭваɧɧя ɬа яɞɪа [10]. 
Кɨɧɰɟɩɰія ɫɥаɣɫиɧɝɭ ɦɨɠɟ ɛɭɬи ɨɞɧієɸ ɡ ɤɥɸɱɨ-

виɯ ɯаɪаɤɬɟɪиɫɬиɤ ɦɟɪɟɠі 5G; ɨɞɧаɤ, ɪɟɫɭɪɫи ɮɭɧɤɰі-
ɨɧаɥьɧиɯ ɫɭɬɧɨɫɬɟɣ, ɳɨ виɞіɥяɸɬьɫя ɤɨɠɧɨɦɭ ɫɥаɣɫɭ, 
є ɟɤɫɤɥɸɡивɧиɦи ɬа іɡɨɥьɨваɧиɦи. Таɤиɦ ɱиɧɨɦ, аɪ-
ɯіɬɟɤɬɭɪа «ɫɥаɣɫ-ɧа-ɫɟɪвіɫ», яɤа виɞіɥяє ɪɟɫɭɪɫи ɫɥаɣ-
ɫів ɤɨɠɧɨɦɭ ɫɟɪвіɫɭ ɞɥя ɡаɛɟɡɩɟɱɟɧɧя виɦɨɝ ɞɨ ɩɪɨ-
ɞɭɤɬивɧɨɫɬі, ɩɪиɡвɟɞɟ ɞɨ вɬɪаɬи виɝɪашɭ ɦɭɥьɬиɩɥɟ-
ɤɫɭваɧɧя. Кɪіɦ ɬɨɝɨ, ɨɩɟɪаɬɨɪи ɩɨвиɧɧі ɫɬвɨɪɸваɬи 
ɬа ɤɟɪɭваɬи вɟɥиɱɟɡɧɨɸ ɤіɥьɤіɫɬɸ ɫɥаɣɫів ɞɥя ɪіɡɧиɯ 
ɫɟɪвіɫів, ɬɨɦɭ ɟɤɫɩɥɭаɬаɰіɣɧі виɬɪаɬи ɡɛіɥьшаɬьɫя. 
ȿɮɟɤɬивɧиɦ ɫɩɨɫɨɛɨɦ ɡɦɟɧшɟɧɧя ɬаɤиɯ ɟɤɫɩɥɭаɬа-
ɰіɣɧиɯ виɬɪаɬ є ɫɬвɨɪɟɧɧя ɫɥаɣɫів, ɞɟ ɧа ɤɨɠɧɨɦɭ 
ɫɥаɣɫі ɪɨɡɦіɳɭєɬьɫя ɝɪɭɩа ɡі ɫɯɨɠиɦи ɦɟɪɟɠɟвиɦи 
виɦɨɝаɦи, ɬиɦ ɫаɦиɦ ɡɦɟɧшɭєɬьɫя ɡаɝаɥьɧа ɤіɥьɤіɫɬь 
ɫɥаɣɫів [9]. Таɤиɦ ɱиɧɨɦ, ɨɫɧɨвɧиɦ ɡаɥишаєɬьɫя ɩи-
ɬаɧɧя, яɤɨɸ ɛɭɞɟ ɪɨɡɭɦɧа аɛɨ ɨɩɬиɦаɥьɧа ɤіɥьɤіɫɬь 
ɦɟɪɟɠɟвиɯ ɫɥаɣɫів. Хɨɱа ɛіɥьша ʀɯ ɤіɥьɤіɫɬь ɦɨɠɟ 
ɩɪиɡвɟɫɬи ɞɨ вɟɥиɱɟɡɧиɯ ɡаɬɪаɬ ɧа ɤɟɪɭваɧɧя ɬа ɨɛ-
ɫɥɭɝɨвɭваɧɧя ɫɥаɣɫів, ɡ іɧшɨɝɨ ɛɨɤɭ, ɨɛɦɟɠɟɧɧя ɤіɥь-
ɤɨɫɬі ɬаɤɨɠ ɦɨɠɟ ɫɬвɨɪиɬи вɭɡьɤɟ ɦіɫɰɟ ɡ ɬɨɱɤи ɡɨɪɭ 
ɮɭɧɤɰіɨɧаɥьɧɨɫɬі [4]. 

ǬȖșȚțȗ 
WiMAX 

  ǬȖșȚțȗ 
2G/3G/4G/5G 

  ǹțȗțȚ-
ȕȐȒȖȊȐȑ 
ȌȖșȚțȗ xDSL/ 

ȒȈȉȍȓьȕȐȑ 
ȌȖșȚțȗ  ǪțȏȖȓ ȌȖșȚțȗț 

ǪțȏȖȓ ȚȘȈȕșȗȖȘȚț/ȈȋȘȍȋȈȞȭȮ 
ǪțȏȖȓ яȌȘȈ 

ǫȘȈȕȐȟȕȈ 
ȝȔȈȘȈ 

  ǩȈȏȖȊȈ 
ȝȔȈȘȈ 

   
Риɫɭɧɨɤ 2 – Мɟɪɟɠɟві ɫɥаɣɫи 5G, ɳɨ ɩɪаɰɸɸɬь ɧа ɫɩіɥьɧіɣ ɦɭɥьɬи-вɟɧɞɨɪɧіɣ ɦɟɪɟɠі. Кɨɠɟɧ ɫɥаɣɫ ɤɟɪɭєɬьɫя ɧɟɡаɥɟɠɧɨ ɬа 

віɞɩɨвіɞає ɤɨɧɤɪɟɬɧіɣ ɡаɞаɱі [11] 
9



e-ISSN 1607-3274   Раɞіɨɟɥɟɤɬɪɨɧіɤа, іɧɮɨɪɦаɬиɤа, ɭɩɪавɥіɧɧя. 2019. № 2 p-ISSN 2313-688X  Radio Electronics, Computer Science, Control. 2019. № 2   

© ɋɭɥіɦа ɋ. В., 2019 DOI 10.15588/1607-3274-2019-2-1 
У ɞаɧіɣ ɪɨɛɨɬі ɭɞɨɫɤɨɧаɥɟɧɨ ɩіɞɯіɞ «ɫɥаɣɫ-ɧа-

ɝɪɭɩɭ» ɬа ɦɟɬɨɞ ɮɨɪɦɭваɧɧя ɫɟɪвіɫів ɭ ɫɥаɣɫи. ɉɪɨ-
ɬɨɬиɩɨɦ ɡаɩɪɨɩɨɧɨваɧɨɝɨ ɦɟɬɨɞɭ виɫɬɭɩаɸɬь ɩɪиɧ-
ɰиɩи, ɨɩиɫаɧі ɭ [9], ɨɞɧаɤ ɭɞɨɫɤɨɧаɥɟɧиɣ ɦɟɯаɧіɡɦ 
вɪаɯɭваɧɧя виɬɪаɬ ɩɪɨɞɭɤɬивɧɨɫɬі ɞɨɡвɨɥив ɡɦɟɧши-
ɬи ɤіɥьɤіɫɬь ɩɟɪɟɪаɯɭɧɤів ɨɩɬиɦаɥьɧɨʀ ɤіɥьɤɨɫɬі ɦɟ-
ɪɟɠɟвиɯ ɫɥаɣɫів ɬа ɡɦɟɧшиɬи виɬɪаɬи ɪɟɫɭɪɫів. 3 ɆАɌЕРІАɅɂ І ɆЕɌОȾɂ 

ɉɪɨɩɨɧɨваɧиɣ ɦɟɬɨɞ віɞɨɛɪаɠɟɧɧя ɫɟɪвіɫів ɧа 
ɫɥаɣɫи, ɩɨɤаɡаɧиɣ ɧа ɪиɫ. 3. 
Мɟɬɨɞ ɫɤɥаɞаєɬьɫя ɡ ɧаɫɬɭɩɧиɯ ɱɨɬиɪьɨɯ ɤɪɨɤів. 1. ɉɟɪɟвіɪяєɬьɫя ɱи ɫɟɪвіɫ ɩɨɬɪɟɛɭє іɡɨɥьɨваɧɨɝɨ 

ɫɥаɣɫɭ. əɤɳɨ ɰɟ ɬаɤ, ɝɨɬɭєɬьɫя виɞіɥɟɧиɣ ɫɥаɣɫ.  
ǷȖȟȈȚȖȒ 

ǷȘȖȍȒȚțȊȈȕȕя șȍȘȊȭș-ȗȘȖȊȈȑȌȍȘȈ 
• ǸȭȊȍȕь ȊȐȔȖȋ ȗȘȖȌțȒȚȐȊȕȖșȚȭ șȍȘȊȭșț (ȏȈȚȘȐȔȒȈ, ȗȘȖȗțșȒȕȈ ȏȌȈȚȕȭșȚь, ȚȖȡȖ) 
• SLA (ȒȭȓьȒȭșȚь ȒȖȘȐșȚțȊȈȟȭȊ, ȗȘȖȋȕȖȏ ȚȘȈȜȭȒț, ȚȖȡȖ) 

ǷȖȚȘȭȉȍȕ ȕȍȏȈȓȍȎȕȐȑ 
șȓȈȑș?

1. ǪȭȌȗȖȊȭȌȕȖ ȌȖ ȊȐȔȖȋ șȍȘȊȭșț ȘȖȏȘȈȝțȊȈȚȐ ȜțȕȒȞȭȖȕȈȓьȕȭ 
ȊȚȘȈȚȐ Ȍȓя k șȓȈȑșȭȊ 
2. ǪȭȌșȖȘȚțȊȈȚȐ șȓȈȑșȐ ȊȭȌȗȖȊȭȌȕȖ ȌȖ ȜțȕȒȞȭȖȕȈȓьȕȐȝ ȊȚȘȈȚ 

ФțȕȒȞ.ȊȚȘȈȚȐ șȓȈȑșț j 
ȔȍȕȠȍ ȗȖȘȖȋț th? j=1

j=j+1

ǹȚȊȖȘȐȚȐ 
ȕȖȊȐȑ șȓȈȑș 
Ȍȓя șȍȘȊȭșț ФȈȏȈ ȘȖȏȠȐȘȍȕȕя 

ȘȍșțȘșȭȊ 
ǪȐȒȖȕțєȚьșя 

ȊȭȌȗȖȊȭȌȕȖ ȌȖ SLA

КȭȕȍȞь ǸȖȏȘȈȝțȊȈȚȐ ȊȭȌȕȖșȕȭ ȊȚȘȈȚȐ șȓȈȑșț j

ǪȭȌȕȖșȕȭ ȊȚȘȈȚȐ șȓȈȑșț j 
ȔȍȕȠȭ ȗȖȘȖȋț r th? ǷȘȐȏȕȈȟȐȚȐ 

șȍȘȊȭșț șȓȈȑș j 
j>k

ǺȈȒ

ǺȈȒ 
ǺȈȒ

Нȭ

Нȭ

ǺȈȒ

Нȭ 
Нȭ  

Риɫɭɧɨɤ 3 – Віɞɨɛɪаɠɟɧɧя ɫɟɪвіɫів ɧа ɫɥаɣɫи    
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2. əɤɳɨ ɫɟɪвіɫ ɞɨɡвɨɥяє ɨɛ’єɞɧаɧɧя ɡ іɧшиɦи ɫɟɪ-

віɫаɦи, ɨɛɱиɫɥɸɸɬьɫя «ɮɭɧɤɰіɨɧаɥьɧі вɬɪаɬи» (wk) 
ɤɨɠɧɨɝɨ ɫɥаɣɫɭ. Кɨɠɟɧ ɫɥаɣɫ ɦɨɞɟɥɸєɬьɫя яɤ 
Nk(sk,pNS

k)(k=1,2… n), sk явɥяє ɫɨɛɨɸ ɧаɛіɪ mk⊂M ɫɟɪ-
віɫів, ɳɨ ɪɨɡɦіɳɭɸɬьɫя ɭ ɫɥаɣɫі k (ɧаɩɪиɤɥаɞ, 
M={ɩɨвɫɸɞɧɟ віɞɟɨ, ɟɥɟɤɬɪɨɧɧа ɨɯɨɪɨɧа ɡɞɨ-
ɪɨв’я,...}). pNS

k ɩɪɟɞɫɬавɥяє ɫиɫɬɟɦɧɭ ɩɪɨɞɭɤɬивɧіɫɬь 
ɫɥаɣɫɭ, ɳɨ ɫɤɥаɞаєɬьɫя ɡ ɞɟɤіɥьɤɨɯ ɩаɪаɦɟɬɪів (ɧа-
ɩɪиɤɥаɞ, ɡаɬɪиɦɤи, ɩɪɨɩɭɫɤɧɨʀ ɡɞаɬɧɨɫɬі ɬа ɳіɥьɧɨɫɬі UE). Ɉɬɠɟ, pNS

k=[pNS
k,1, pNS

k,2,…, pNS
k,l] а l ɩɪɟɞɫɬавɥяє 

ɫɨɛɨɸ ɤіɥьɤіɫɬь ɫиɫɬɟɦɧиɯ ɩаɪаɦɟɬɪів 
ɩɪɨɞɭɤɬивɧɨɫɬі. У ɫɥаɣɫі виɦɨɝи ɩɪɨɞɭɤɬивɧɨɫɬі 
ɫɟɪвіɫɭ j ɡаɞаɸɬьɫя яɤ pS

j=[pS
j,1, pS

j,2,…, pS
j,l]. 

Аɥɝɨɪиɬɦ ɮɭɧɤɰіʀ віɞɨɛɪаɠɟɧɧя ɫɟɪвіɫів ɧа ɫɥаɣɫи (Service-slice Mapping Function – SMF) ɨɛɱиɫɥɸє wk ɧа 
ɤɨɠɧɨɦɭ ɫɥаɣɫі яɤ  

∑ == l
i ikk ww 1 , , (1)

S
jk

NS
ikik ppw ,,, −= . (2) 

əɤɳɨ ɩɪɨɞɭɤɬивɧіɫɬь ɫɥаɣɫɭ віɞɪіɡɧяєɬьɫя віɞ ви-
ɦɨɝ ɞɨ ɩɪɨɞɭɤɬивɧɨɫɬі ɫɟɪвіɫɭ, SMF ɨɛɱиɫɥɸє ɪіɡɧи-
ɰɸ ɦіɠ ɤɨɠɧиɦ ɩаɪаɦɟɬɪɨɦ яɤ «ɫɭɛ-ɮɭɧɤɰіɨɧаɥьɧі 
вɬɪаɬи wk,i». 3. Зɧаɱɟɧɧя wk вɫіɯ ɫɥаɣɫів ɫɨɪɬɭɸɬьɫя. Тɨɞі ɦіɧі-
ɦаɥьɧɟ wk ɩɨɪівɧɸєɬьɫя ɡ ɡаɞаɧиɦ ɩɨɪɨɝɨɦ th. əɤɳɨ 
вɨɧɨ ɩɟɪɟвиɳɭє th, SMF ɫɬвɨɪɸє ɧɨвиɣ ɫɥаɣɫ ɞɥя 
ɫɟɪвіɫɭ; в іɧшɨɦɭ виɩаɞɤɭ, ɨɛɱиɫɥɸɸɬьɫя віɞɧɨɫɧі 
вɬɪаɬи rwk, ɩɪиɩɭɫɤаɸɱи, ɳɨ SMF ɪɨɡɦіɳає ɫɟɪвіɫ в 
ɫɥаɣɫі k.  

∑ == l
i ikk rwrw 1 , , (3)

S
ig

NS
ik

g
ik pprw ,,, max −= . (4) 4. rwk ɩɨɪівɧɸєɬьɫя ɡ ɡаɡɞаɥɟɝіɞь виɡɧаɱɟɧиɦ ɩɨ-

ɪɨɝɨɦ rth. əɤɳɨ вɨɧɨ ɩɟɪɟвиɳɭє rth, SMF ɩɨвɬɨɪɸє 
ɤɪɨɤ 3 ɞɥя ɧаɫɬɭɩɧɨɝɨ ɫɥаɣɫɭ ɭ віɞɫɨɪɬɨваɧɨɦɭ ɧаɛɨ-
ɪі; в іɧшɨɦɭ виɩаɞɤɭ, SMF ɪɨɡɦіɳає ɫɟɪвіɫ в ɫɥаɣɫі k. 
əɤɳɨ ɠɨɞɟɧ іɡ ɫɥаɣɫів ɧɟ ɡаɞɨвɨɥьɧяє ɝɪаɧиɰɸ th аɛɨ 
rth, ɫɬвɨɪɸєɬьɫя ɧɨвиɣ ɫɥаɣɫ. 
əɤɳɨ SMF ɧɟ ɫɬвɨɪɸє ɧɨвиɣ ɫɥаɣɫ ɞɥя ɫɟɪвіɫɭ, ɩі-

ɫɥя ɬɨɝɨ, яɤ виɛɪаɧɨ віɞɩɨвіɞɧиɣ ɫɥаɣɫ ɞɥя ɫɟɪвіɫɭ, SMF ɨɛɱиɫɥɸє ɧɟɨɛɯіɞɧɭ ɤіɥьɤіɫɬь ɞɨɞаɬɤɨвиɯ ɪɟɫɭɪ-
ɫів ɧа ɨɫɧɨві іɧɮɨɪɦаɰіʀ ɩɪɨ ɬɪаɮіɤ ɫɟɪвіɫɭ, ɤіɥьɤɨɫɬі 
аɛɨɧɟɧɬів, шаɛɥɨɧɭ ɬɪаɮіɤɭ ɫɟɪвіɫɭ і виɝɪашɭ ɫɬаɬиɫ-
ɬиɱɧɨɝɨ ɦɭɥьɬиɩɥɟɤɫɭваɧɧя ɫɥаɣɫɭ. ɉɨɬіɦ SMF ɧаɤа-
ɡɭє ɫиɫɬɟɦі ɤɟɪɭваɧɧя ɬа ɨɪɤɟɫɬɪɨвɤи ɡɛіɥьшиɬи ɪɟ-
ɫɭɪɫи ɫɥаɣɫɭ віɞɩɨвіɞɧɨ ɞɨ ɪɟɡɭɥьɬаɬɭ ɪɨɡɪаɯɭɧɤɭ. 
əɤɳɨ EPC ɦає th ɪівɧиɣ ɧɟɫɤіɧɱɟɧɧɨɫɬі, ɬɨ вɫі 

ɫɟɪвіɫи ɦɭɥьɬиɩɥɟɤɫɭɸɬьɫя в ɨɞиɧ ɫɥаɣɫ і ɡɛіɥьшɭ-
ɸɬьɫя ɮɭɧɤɰіɨɧаɥьɧі вɬɪаɬи, ɬɨɞі яɤ аɪɯіɬɟɤɬɭɪа 
ɫɥаɣɫ-ɧа-ɫɟɪвіɫ, яɤа виɞіɥяє ɨɤɪɟɦиɣ ɫɥаɣɫ ɞɥя ɤɨɠ-
ɧɨɝɨ ɫɟɪвіɫɭ, ɦає th ɪівɧиɣ ɧɭɥɸ. 

Мɟɬɨɞ ɝаɪаɧɬɭє, ɳɨ, яɤɳɨ ɩɪɨɞɭɤɬивɧіɫɬь ɫɥаɣɫɭ 
ɡɛіɥьшɭєɬьɫя, ɮɭɧɤɰіɨɧаɥьɧі вɬɪаɬи ɫɟɪвіɫів ɧɟ ɩɟɪɟ-
виɳаɬь ɩɨɪɨɝɨві ɡɧаɱɟɧɧя. 
Дɥя ɬɨɝɨ, ɳɨɛ ɡɧаɣɬи ɨɩɬиɦаɥьɧɭ ɨɪɝаɧіɡаɰіɸ 

ɫɥаɣɫів ɞɨɰіɥьɧɨ ɩɪɨвɟɫɬи ɨɛɱиɫɥɟɧɧя аɥɝɨɪиɬɦɭ ɞɥя 
ɤіɥьɤɨɯ ɪіɡɧиɯ ɩɨɪɨɝɨвиɯ ɡɧаɱɟɧь ɮɭɧɤɰіɨɧаɥьɧиɯ 
вɬɪаɬ ɬа ɩɨɪівɧяɬи ɡ ɨɬɪиɦɭваɧиɦ виɝɪашɟɦ ɩɨ 
ɨɛ’єɞɧаɧɧɸ ɫɟɪвіɫів ɭ ɝɪɭɩи ɬа ɟɤɫɩɥɭаɬаɰіɣɧиɦ ви-
ɬɪаɬаɦ. ɉіɫɥя ɱɨɝɨ ɩɨɪівɧяɬи ɦɨɠɥиві ваɪіаɧɬи ɮɨɪ-
ɦɭваɧɧя ɫɥаɣɫів і ɨɛɪаɬи ɧаɣɛіɥьш ɟɮɟɤɬивɧиɣ. Фɭɧ-
ɤɰія виɝɪашɭ ɦɭɥьɬиɩɥɟɤɫɭваɧɧя f1(mk) виɤɨɪиɫɬɨвɭ-
єɬьɫя ɞɥя ɤіɥьɤіɫɧɨʀ ɨɰіɧɤи ɝɪɭɩɭваɧɧя ɫɟɪвіɫів. ȿɤɫ-
ɩɥɭаɬаɰіɣɧі виɬɪаɬи явɥяɸɬь ɫɨɛɨɸ ɮɭɧɤɰіɸ f2(n) 
ɤаɩіɬаɥьɧиɯ ɬа ɨɩɟɪаɰіɣɧиɯ виɬɪаɬ. Таɤиɦ ɱиɧɨɦ, ɞɥя 
ɪіɡɧиɯ th ɨɛɱиɫɥɸєɬьɫя ɡɝɨɪɬɤа, ɧаɩɪиɤɥаɞ аɞиɬивɧа ɡ 
ваɝɨвиɦи ɤɨɟɮіɰієɧɬаɦи u1, u2, u3:  

U=u1wk+ u2f1(mk)+u3f2(n),  
ɬа ɨɛиɪаєɬьɫя ɨɩɬиɦаɥьɧиɣ ваɪіаɧɬ ɨɪɝаɧіɡаɰіʀ ɫиɫɬɟ-
ɦи ɫɥаɣɫів. 
ɉіɫɥя ɬɨɝɨ, яɤ ɫɥаɣɫи ɫɮɨɪɦɨваɧі віɞɛɭваєɬьɫя 

ɟɬаɩ ɨɩɬиɦаɥьɧɨʀ ɩɨɛɭɞɨви ɬа віɞɨɛɪаɠɟɧɧя віɪɬɭаɥі-
ɡɨваɧиɯ ɦɟɪɟɠɟвиɯ ɫɥаɣɫів ɧа ɧиɠɱɟɪɨɡɬашɨваɧɭ ɮі-
ɡиɱɧɭ іɧɮɪаɫɬɪɭɤɬɭɪɭ ɡ ɭɪаɯɭваɧɧяɦ ɞɨɫɬɭɩɧɨɫɬі ɪɟ-
ɫɭɪɫів, іɧɬɟɧɫивɧɨɫɬі ɧаваɧɬаɠɟɧɧя ɬа виɦɨɝ яɤɨɫɬі.  

4 ЕɄСɉЕРɂɆЕɇɌɂ 
ɉɪɨɩɨɧɨваɧиɣ аɥɝɨɪиɬɦ віɞɨɛɪаɠɟɧɧя ɫɟɪвіɫів ɧа 

ɫɥаɣɫи ɛɭɥɨ ɡɦɨɞɟɥьɨваɧɨ ɬа ɨɰіɧɟɧɨ ɭ ɩɪɨɝɪаɦɧɨɦɭ 
ɩаɤɟɬі Mathcad, а ɬаɤɨɠ виɡɧаɱɟɧɨ вɡаєɦɨɡв’яɡɨɤ ɦіɠ 
ɩɨɪɨɝɨвиɦи ɡɧаɱɟɧɧяɦи ɬа ɮɭɧɤɰіɨɧаɥьɧиɦи вɬɪаɬа-
ɦи ɞɥя 24 ɫɟɪвіɫів ɡ ɱɨɬиɪɦа ɩаɪаɦɟɬɪаɦи виɦɨɝ ɞɨ 
ɩɪɨɞɭɤɬивɧɨɫɬі ɫиɫɬɟɦи. ɉаɪаɦɟɬɪи ɫɟɪвіɫів ɝɟɧɟɪɭ-
ваɥиɫь виɩаɞɤɨвиɦ ɱиɧɨɦ ɪівɧɨɦіɪɧɨ ɪɨɡɩɨɞіɥɟɧиɦи 
ɱиɫɥаɦи. 
Бɭɥи виɤɨɪиɫɬаɧі ɬɪи ɩɨɪɨɝɨвиɯ ɡɧаɱɟɧɧя: ɨɞиɧ, 

ɞва, і ɬɪи. Дɥя ɩɨɪівɧяɧɧя ɩɪɨɩɨɧɨваɧɨɝɨ ɦɟɬɨɞɭ ві-
ɞɨɛɪаɠɟɧɧя ɫɟɪвіɫів ɧа ɫɥаɣɫи ɛɭɥи ɨɰіɧɟɧі ɡвиɱаɣ-
ɧиɣ ɦɟɬɨɞ EPC (ɭ виɩаɞɤɭ ɧɟɫɤіɧɱɟɧɧɨɝɨ ɩɨɪɨɝа, ɬɨɛ-
ɬɨ ɛɭɞь-яɤиɣ ɬиɩ ɫɟɪвіɫів ɦɨɠɟ ɛɭɬи ɪɨɡɦіɳɟɧиɣ ɭ 
ɫɥаɣɫі EPC) ɬа аɪɯіɬɟɤɬɭɪа ɫɟɪвіɫ-ɧа-ɫɥаɣɫ (ɭ виɩаɞɤɭ 
ɩɨɪɨɝа ɪівɧɨɝɨ ɧɭɥɸ, ɬɨɛɬɨ ɥишɟ ɨɞиɧ ɬиɩ ɫɟɪвіɫів 
ɦɨɠɟ ɛɭɬи ɪɨɡɦіɳɟɧиɣ ɭ ɨɞɧɨɦɭ ɫɥаɣɫі), а ɬаɤɨɠ ɦɟ-
ɬɨɞ [9]. 

 
5 РЕɁɍɅЬɌАɌɂ 

Кіɥьɤіɫɬь ɫɥаɣɫів і ɮɭɧɤɰіɨɧаɥьɧі вɬɪаɬи ɩɨ віɞ-
ɧɨшɟɧɧɸ ɞɨ ɪіɡɧиɯ ɩɨɪɨɝɨвиɯ ɡɧаɱɟɧь ɧавɟɞɟɧɨ ɧа 
ɪиɫ. 4. əɤ ɩɨɤаɡаɧɨ ɧа ɪиɫɭɧɤɭ, ɩɪи ɡɪɨɫɬаɧɧі ɩɨɪɨɝɨ-
вɨɝɨ ɡɧаɱɟɧɧя ɡаɩɪɨɩɨɧɨваɧиɣ аɥɝɨɪиɬɦ ɡɦɟɧшɭє 
ɤіɥьɤіɫɬь ɫɥаɣɫів. З іɧшɨɝɨ ɛɨɤɭ, ɨɛɫяɝ ɮɭɧɤɰіɨɧаɥь-
ɧиɯ вɬɪаɬ ɡɛіɥьшɭєɬьɫя ɡі ɡɛіɥьшɟɧɧяɦ ɩɨɪɨɝɨвɨɝɨ 
ɡɧаɱɟɧɧя. 
Бɭɥɨ ɡɞіɣɫɧɟɧɨ ɨɰіɧɤɭ ɪɨɛɨɬи ɦɟɬɨɞɭ ɩɨɪівɧяɧɨ ɡ 

ɦɟɬɨɞɨɦ [9], ɪɟɡɭɥьɬаɬи ɟɤɫɩɟɪиɦɟɧɬів ɧавɟɞɟɧɨ в 
ɬаɛɥ. 1. 
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Ряд2

Кіɥьɤіɫɬь ɫɥаɣɫіɜ 
Фɭɧɤɰ. ɜɢɬраɬɢ

Пɨрɨɝɨɜе ɡɧаɱеɧɧя    
Риɫɭɧɨɤ 4 – Рɟɡɭɥьɬаɬи ɦɨɞɟɥɸваɧɧя ɫиɫɬɟɦи ɮɨɪɦɭваɧɧя ɫɥаɣɫів. Кіɥьɤіɫɬь ɫɥаɣɫів ɬа ɮɭɧɤɰіɨɧаɥьɧі виɬɪаɬи в ɡаɥɟɠ-

ɧɨɫɬі віɞ ɩɨɪɨɝɨвɨɝɨ ɡɧаɱɟɧɧя th  
Таɛɥиɰя 1 – Рɟɡɭɥьɬаɬи ɟɤɫɩɟɪиɦɟɧɬів   Ɇɟɬɨɞ [9] ɍɞɨɫɤɨɧаɥɟɧиɣ ɦɟɬɨɞ 

ɉɨɪіɝ Кіɥьɤіɫɬь ɫɥаɣɫів Фɭɧɤɰ. виɬɪаɬи Кіɥьɤіɫɬь ɫɥаɣɫів Фɭɧɤɰ.виɬɪаɬи 0 24 0 24 0 1 8 12,2 11 10,1 2 4 24,2 6 23,8 3 1 42,5 3 33,3 24 1 42,5 1 42,5  
6 ОȻГОВОРЕɇɇə 

Рɟɡɭɥьɬаɬи ɦɨɞɟɥɸваɧɧя вɤаɡɭɸɬь ɧа ɬɟ, ɳɨ іɫɧɭє 
ɤɨɦɩɪɨɦіɫ ɦіɠ ɤіɥьɤіɫɬɸ ɫɥаɣɫів і ɮɭɧɤɰіɨɧаɥьɧиɦи 
вɬɪаɬаɦи. Віɞɩɨвіɞɧɨ, ɡаɩɪɨɩɨɧɨваɧиɣ аɥɝɨɪиɬɦ ɧа-
ɞає ɨɩɟɪаɬɨɪɭ ɦɟɪɟɠі ɡаɫіɛ виɛɨɪɭ віɞɩɨвіɞɧɨɝɨ ɩɨɪɨ-
ɝа, яɤиɣ вɪівɧɨваɠɭє ɤіɥьɤіɫɬь ɫɥаɣɫів (а ɫаɦɟ, ɡаɞɨ-
вɨɥьɧяє виɦɨɝи ɞɨ ɩɪɨɞɭɤɬивɧɨɫɬі ɫɟɪвіɫів) ɬа виɬɪа-
ɬи ɪɟɫɭɪɫів. 
Мɟɬɨɞ ɛɭɥɨ ɩɨɪівɧяɧɨ ɡ аɧаɥɨɝіɱɧиɦ ɦɟɬɨɞɨɦ, ɡа-

ɩɪɨɩɨɧɨваɧиɦ ɭ [9], ɳɨ ɩɨɤаɡаɥɨ ɦɨɠɥивіɫɬь ɡɦɟɧ-
шиɬи ɮɭɧɤɰіɨɧаɥьɧі вɬɪаɬи в ɫɟɪɟɞɧьɨɦɭ ɧа 13%, ɬа 
ɩɪиɫɤɨɪиɬи ɩɪɨɰɟɫ ɡɧаɯɨɞɠɟɧɧя ɪішɟɧɧя ɞɨ 8%. 

 
ВɂСɇОВɄɂ 

Аɧаɥіɡ ɩɪиɧɰиɩів ɩɨɛɭɞɨви ɦɟɪɟɠ ɦɨɛіɥьɧɨɝɨ 
ɡв’яɡɤɭ ɞɨɡвɨɥив виявиɬи ɨɫɧɨвɧі ɬɟɧɞɟɧɰіʀ ɪɨɡвиɬɤɭ 
ɬɟɥɟɤɨɦɭɧіɤаɰіɣɧиɯ ɫиɫɬɟɦ ɬа ɩɪɨɛɥɟɦи, ɳɨ ɫɬɨяɬь ɧа 
ʀɯ шɥяɯɭ. Віɧ ɩɨɤаɡав, ɳɨ ɤɥɸɱɨвиɦи ɛɭɞɭɬь ɬɟɯɧɨ-
ɥɨɝіʀ ɩɨɛɭɞɨви виɞіɥɟɧиɯ віɪɬɭаɥіɡɨваɧиɯ ɦɟɪɟɠ, яɤі 
ɛɭɞɭɬь ɦаɬи ɡɞаɬɧіɫɬь ɨɛɫɥɭɝɨвɭваɬи ɞиɧаɦіɱɧиɣ 
ɬɪаɮіɤ ɪіɡɧɨɦаɧіɬɧиɯ ɫɟɪвіɫів, ɩіɞɬɪиɦɭɸɱи ɡаɞаɧі 
ɩɨɤаɡɧиɤи виɦɨɝ ɞɨ ɨɛɫɥɭɝɨвɭваɧɧя ɟɤɨɧɨɦіɱɧɨ ɟɮɟ-
ɤɬивɧиɦ ɫɩɨɫɨɛɨɦ. Заɛɟɡɩɟɱɭɸɱи ɪɨɛɨɬɭ ɬаɤиɯ ɫиɫ-
ɬɟɦ, ɫɥіɞ ɪɟɬɟɥьɧɨ ɨɪɝаɧіɡɭваɬи ɤɨɧɮіɝɭɪаɰіɸ ɬаɤɨɝɨ 
ɤɨɦɭɧіɤаɰіɣɧɨ-ɨɛɱиɫɥɸваɥьɧɨɝɨ ɫɟɪɟɞɨвиɳа. 
У ɫɬаɬɬі ɨɛɝɨвɨɪɸваɥɨɫь ɬɟ, ɳɨ ɩɨɬɪіɛɧі ɦɟɬɨɞи 

ɮɨɪɦɭваɧɧя «ɦɟɪɟɠɟвиɯ ɫɥаɣɫів», яɤі ɛɭɞɭɬь вɫɬаɧɨ-
вɥɸваɬи виɞіɥɟɧі віɪɬɭаɥьɧі ɦɟɪɟɠі ɧа ɨɫɧɨві ɫɟɪвіɫів, 
ɳɨ ɝɪɭɩɭɸɬьɫя віɞɩɨвіɞɧɨ ɞɨ ʀɯ ɮɭɧɤɰіɨɧаɥьɧɨʀ ɛɥи-
ɡьɤɨɫɬі. Дɥя виɪішɟɧɧя ɡавɞаɧɧя ɮɨɪɦɭваɧɧя ɫɥаɣɫів 
ɦɭɥьɬɫɟɪвіɫɧɨʀ ɛаɡɨвɨʀ ɦɟɪɟɠі ɦɨɛіɥьɧɨɝɨ ɡв’яɡɤɭ 
ɩɪɟɞɫɬавɥɟɧɨ ɭɞɨɫɤɨɧаɥɟɧиɣ ɦɟɬɨɞ, яɤиɣ ɧа ɨɫɧɨві 
ɦɨɞɟɥі ɫиɫɬɟɦи ɨɪɝаɧіɡаɰіʀ ɪɟɫɭɪɫів, вɪаɯɨвɭє виɬɪа-
ɬи, ɩɨв’яɡаɧі ɡ ɧаɞɦіɪɧиɦ виɞіɥɟɧɧяɦ ɪɟɫɭɪɫів, а ɬа-
ɤɨɠ ɡɦɟɧшɭє ɤіɥьɤіɫɬь ɩɟɪɟɪаɯɭɧɤів ɤɨɧɮіɝɭɪаɰіʀ ɦɟ-
ɪɟɠі, ɳɨ ɞɨɡвɨɥяє ɞɨɫяɝаɬи ɪаɰіɨɧаɥьɧɨɝɨ ɫɩіввіɞɧɨ-
шɟɧɧя ɡаɬɪаɬ ɧа ɭɩɪавɥіɧɧя ɬа ɩіɞɫɭɦɤɨвɨɝɨ ɡɧаɱɟɧɧя 
яɤɨɫɬі ɨɛɫɥɭɝɨвɭваɧɧя ɦɟɪɟɠɧиɯ ɫɟɪвіɫів. 

ɉɪɨвɟɞɟɧɨ ɨɰіɧɤɭ ɦɟɬɨɞɭ ɡ виɤɨɪиɫɬаɧɧяɦ ɦɨɞɟ-
ɥɸваɧɧя в ɫиɫɬɟɦі Mathcad. Рɟɡɭɥьɬаɬи ɩɨɤаɡаɥи, ɦɨ-
ɠɥивɨ ɪаɰіɨɧаɥьɧɨ ɪɨɡɩɨɞіɥяɬи ɪɟɫɭɪɫи ɫиɫɬɟɦи, ɨɫɨ-
ɛɥивɨ ɩɪи ɩɨɪівɧяɧɧі ɡ аɧаɥɨɝіɱɧиɦ ɩіɞɯɨɞɨɦ, ɮɭɧɤ-
ɰіɨɧаɥьɧі вɬɪаɬи вɞаɥɨɫя ɡɦɟɧшиɬи в ɫɟɪɟɞɧьɨɦɭ ɧа 13%. 
Мɟɬɨɞ ɦɨɠɟ ɡаɫɬɨɫɨвɭваɬиɫь ɞɥя ɤɟɪɭваɧɧя ɪɨɡɝɨ-

ɪɬаɧɧяɦ віɪɬɭаɥіɡɨваɧиɯ ɦɭɥьɬɦиɫɟɪвіɫɧиɯ ɦɟɪɟɠ ɧа 
ɧиɠɱɟ ɪɨɡɬашɨваɧіɣ ɮіɡиɱɧіɣ ɦɟɪɟɠі ɞɥя ɦіɧіɦіɡаɰіʀ 
виɬɪаɬ ɨɩɟɪаɬɨɪа ɡв’яɡɤɭ ɬа ɩɨɤɪаɳɟɧɧя яɤɨɫɬі ɨɛɫɥɭ-
ɝɨвɭваɧɧя аɛɨɧɟɧɬів. 
ɉɨɞаɥьші ɞɨɫɥіɞɠɟɧɧя ɫɩɪяɦɨваɧі ɧа ɪɨɡɪɨɛɤɭ 

ɦɟɬɨɞɭ віɞɨɛɪаɠɟɧɧя ɫɮɨɪɦɨваɧиɯ ɫɥаɣɫів ɧа ɮіɡиɱɧɭ 
іɧɮɪаɫɬɪɭɤɬɭɪɭ.  
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AɇɇОɌАɐɂə 
Аɤɬɭаɥьɧɨɫɬь. ɋ ɪɨɫɬɨɦ ɨɛɴɟɦа ɬɪаɮиɤа ɦɨɛиɥьɧɵɯ ɞаɧɧɵɯ и ɱиɫɥа ɫɟɪвиɫɨв, ɩɪɟɞɨɫɬавɥяɟɦɵɯ ɦɨɛиɥьɧɨɣ ɫɟɬьɸ, ɪа-

ɫɬɭɬ и ɩɨɬɨɤи ɫɥɭɠɟɛɧɨɣ ɧаɝɪɭɡɤи, ɱɬɨ вɵɡɵваɟɬ ɩɨɬɪɟɛɧɨɫɬь в иɡɦɟɧɟɧии ɩɪиɧɰиɩɨв, ɦɨɞɟɥɟɣ и ɦɟɬɨɞɨв ɨɪɝаɧиɡаɰии ɨɛ-
ɫɥɭɠиваɧия ɬɟɥɟɤɨɦɦɭɧиɤаɰиɨɧɧɵɯ ɩɨɬɨɤɨв ɫ ɰɟɥьɸ ɨɛɟɫɩɟɱɟɧия ɡаɞаɧɧɨɝɨ ɤаɱɟɫɬва ɩɪɟɞɨɫɬавɥɟɧия шиɪɨɤɨɝɨ ɫɩɟɤɬɪа 
ɭɫɥɭɝ ɝиɛɤиɦ и ɷɤɨɧɨɦиɱɟɫɤи ɷɮɮɟɤɬивɧɵɦ ɫɩɨɫɨɛɨɦ. ɉɪɟиɦɭɳɟɫɬв ɦаɫшɬаɛиɪɭɟɦɨɫɬи и ɷɥаɫɬиɱɧɨɫɬи ɫ ɩɨɞɞɟɪɠɤɨɣ вɵ-
ɫɨɤɨɝɨ ɩɨɤаɡаɬɟɥя ɤɨɷɮɮиɰиɟɧɬа иɫɩɨɥьɡɨваɧия ɬɟɯɧиɱɟɫɤиɯ ɪɟɫɭɪɫɨв ɫɟɬи ɦɨɠɧɨ ɞɨɫɬиɱь ɫ иɫɩɨɥьɡɨваɧиɟɦ ɬɟɯɧɨɥɨɝиɣ 
виɪɬɭаɥиɡаɰии и ɤɨɧɰɟɩɰии ɫɟɬɟвɨɝɨ ɫɥаɣɫиɧɝа, ɱɬɨ ɩɨɡвɨɥяɟɬ ɪаɡвɨɪаɱиваɬь вɵɞɟɥɟɧɧɵɟ виɪɬɭаɥьɧɵɟ ɫɟɬи ɧа ɨɫɧɨвɟ ɫɟɪ-
виɫɨв, ɩɪиɦɟɧяя ɦɟɬɨɞɵ виɪɬɭаɥиɡаɰии ɫɟɬɟвɵɯ ɮɭɧɤɰиɣ. В ɷɬɨɦ ɤɨɧɬɟɤɫɬɟ ɨɫɧɨвɧɵɦ ɨɫɬаɟɬɫя вɨɩɪɨɫ, ɤаɤɨɟ ɤɨɥиɱɟɫɬвɨ 
ɫɟɬɟвɵɯ ɫɥаɣɫɨв ɛɭɞɟɬ ɰɟɥɟɫɨɨɛɪаɡɧɵɦ ɫ ɬɨɱɤи ɡɪɟɧия ɡаɬɪаɬ ɧа ɭɩɪавɥɟɧиɟ ɫɥаɣɫаɦи и ɨɛɟɫɩɟɱɟɧия ɧɭɠɧɨɣ ɮɭɧɤɰиɨɧаɥь-
ɧɨɫɬи. 

ɐɟɥь. ɉɨвɵшɟɧиɟ ɷɮɮɟɤɬивɧɨɫɬи ɪаɛɨɬɵ ɦɨɛиɥьɧɨɣ ɫɟɬи ɫ ɩɨɦɨɳьɸ ɨɩɬиɦаɥьɧɨɝɨ ɮɨɪɦиɪɨваɧия ɫɥаɣɫɨв ɦɭɥьɬɫɟɪ-
виɫɧɨɣ ɫɟɬи ɫвяɡи. 

Ɇɟɬɨɞ. Аɧаɥиɡ ɩɭɛɥиɤаɰиɣ, ɩɨɫвяɳɟɧɧɵɯ виɪɬɭаɥиɡаɰии ɫɟɬɟвɵɯ ɮɭɧɤɰиɣ, ɩɨɡвɨɥиɥ вɵявиɬь ɩɨɞɯɨɞ ɤ ɨɪɝаɧиɡаɰии 
иɫɩɨɥьɡɨваɧия ɪɟɫɭɪɫɨв ɦɭɥьɬиɫɟɪвиɫɧɨɣ ɦɨɛиɥьɧɨɣ ɫɟɬи, а ɬаɤɠɟ ɩɨɤаɡаɥ ɧɟɞɨɫɬаɬɨɱɧɭɸ ɷɮɮɟɤɬивɧɨɫɬь ɫɭɳɟɫɬвɭɸɳиɯ 
ɪɟшɟɧиɣ ɩɨ ваɠɧɵɦ вɨɩɪɨɫаɦ ɷɬɨɝɨ ɩɪɨɰɟɫɫа (ɩɪɨиɡвɨɞиɬɟɥьɧɨɫɬи аɥɝɨɪиɬɦа ɮɨɪɦиɪɨваɧия ɫɥаɣɫɨв, ɭɪɨвɧя ɮɭɧɤɰиɨɧа-
ɥьɧɵɯ ɪаɫɯɨɞɨв). 

Рɟзɭɥьɬаɬɵ. ɉɪɟɞɥаɝаɟɬɫя ɦɟɬɨɞ ɦɨɞɟɥиɪɨваɧия ɫиɫɬɟɦɵ ɪаɫɩɪɟɞɟɥɟɧия ɪɟɫɭɪɫɨв ɫɟɬи, ɩɪɟɞɭɫɦаɬɪиваɸɳиɣ ɮɨɪɦиɪɨ-
ваɧиɟ ɫɟɬɟвɵɯ вɵɞɟɥɟɧɧɵɯ ɫɥаɣɫɨв, ɤɨɬɨɪɵɟ ɨɛɫɥɭɠиваɸɬ ɨɩɪɟɞɟɥɟɧɧɵɟ виɞɵ ɫɟɪвиɫɨв ɧɟɡавиɫиɦɨ ɧа ɫɨвɦɟɫɬɧɨɣ иɧɮɪаɫ-
ɬɪɭɤɬɭɪɟ. 

Вɵвɨɞɵ. В ɫɬаɬьɟ ɪɟшɟɧа ɡаɞаɱа ɩɨɫɬɪɨɟɧия ɦɟɬɨɞа ɮɨɪɦиɪɨваɧия ɫɥаɣɫɨв ɦɭɥьɬɫɟɪвиɫɧɨɣ ɛаɡɨвɨɣ ɫɟɬи ɦɨɛиɥьɧɨɣ 
ɫвяɡи, ɤɨɬɨɪɵɣ ɛɥаɝɨɞаɪя ɷɮɮɟɤɬивɧɨɣ ɞиɧаɦиɱɟɫɤɨɣ ɧаɫɬɪɨɣɤɟ ɤɨɧɮиɝɭɪаɰии ɪаɛɨɬɵ ɫиɫɬɟɦɵ, ɩɨɡвɨɥяɟɬ ɨɛɟɫɩɟɱиɬь ɩɪɟ-
ɞɨɫɬавɥɟɧиɟ шиɪɨɤɨɝɨ ɤɪɭɝа ɫɟɪвиɫɨв ɫ ɡаɞаɧɧɵɦи ɩɨɤаɡаɬɟɥяɦи ɤаɱɟɫɬва. ɉɨɫɬɪɨɟɧɨ ɦɨɞɟɥь ɫиɫɬɟɦɵ ɨɪɝаɧиɡаɰии ɪɟɫɭɪ-
ɫɨв, ɫ ɩɨɦɨɳьɸ ɤɨɬɨɪɨɣ ɩɪɟɞɫɬавɥɟɧ ɦɟɬɨɞ, ɭɱиɬɵваɸɳиɣ ɡаɬɪаɬɵ, ɫвяɡаɧɧɵɟ ɫ иɡɛɵɬɨɱɧɵɦ вɵɞɟɥɟɧиɟɦ ɪɟɫɭɪɫɨв, а ɬаɤɠɟ 
ɭɦɟɧьшаɸɳиɦ ɤɨɥиɱɟɫɬвɨ ɩɟɪɟɪаɫɱɟɬɨв ɤɨɧɮиɝɭɪаɰии ɫɟɬи, ɱɬɨ ɩɨɡвɨɥяɟɬ ɞɨɫɬиɝаɬь ɨɩɬиɦаɥьɧɨɝɨ ɫɨɨɬɧɨшɟɧия ɡаɬɪаɬ ɧа 
ɭɩɪавɥɟɧиɟ и иɬɨɝɨвɨɟ ɡɧаɱɟɧиɟ ɤаɱɟɫɬва ɨɛɫɥɭɠиваɧия. 

ɄɅЮЧЕВЫЕ СɅОВА: Network Functions Virtualization, ɭɩɪавɥɟɧиɟ ɪɟɫɭɪɫаɦи, ɫɟɬɟвɨɣ ɫɥаɣɫиɧɝ, вɵɞɟɥɟɧɧая ɫɟɬь, Evolved Packet Core.           
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METHOD FOR FORMING OF MULTISERVICE CORE MOBILE COMMUNICATION NETWORK SLICES 
 

Sulima S. V. – Assistant of Department of Information and Telecommunication Networks, National University of Ukraine “Igor Sikorsky Kyiv Polytechnic Institute”, Kyiv, Ukraine. 
 

ABSTRACT 
Context. With the growth in the volume of mobile data traffic and the number of services provided by the mobile network, service load flows are also increasing, which necessitates changing the principles, models and methods of telecommunication flows serving in order to ensure the given quality of providing a wide range of services in flexible and cost-effective way. Advantages of scalability and elasticity with the support of a high rate of network technical resources utilization can be achieved using virtualization technologies and the concept of network slicing, that allows deploying dedicated virtual networks based on services, using the methods of network functions virtualization. In this context, the main question remains what number of network slices will be feasible in terms of the cost of slice managing and providing the required functionality. 
Objective. To improve the efficiency of mobile network through optimal slice forming in multiservice telecommunication network. 
Method. Analysis of the publications devoted to network functions virtualization has shown the organization approach of using the multiservice mobile network resources, and also showed insufficient efficiency of existing solutions on important issues of this process (the performance of the slices formation algorithm, the level of functional costs). 
Results. A method to model network resource allocation system, which forms dedicated network slices that serve certain types of services independently on the common infrastructure. 
Conclusions. The article solves the problem of constructing a method for forming multiservice core mobile communication network slices, which, due to the effective dynamic configuration of the system, allows providing a wide range of services with a given quality indicators. A model of resource management system is constructed, which is used to present a method that takes into account costs associated with excessive resource allocation, and also reduces the number of network configuration recalculations, which allows achieving a rational ratio of management costs and Quality of Service. 
KEYWORDS: Network Functions Virtualization, resource provisioning, network slicing, dedicated network, Evolved Packet Core.  
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ɆОȾЕɅɂРОВАɇɂЕ ОГРАɇɂЧЕɇɂə ɌОɄА В ɎОɌОɗɅЕɄɌРɂЧЕ-
СɄɂɏ СɂСɌЕɆАɏ СОɅɇЕЧɇЫɏ ȻАɌАРЕɃ С ɂСɉОɅЬɁОВАɇɂЕɆ 

САɆОВОССɌАɇАВɅɂВАЮЩɂɏСə ɉРЕȾОɏРАɇɂɌЕɅЕɃ 
«POLYSWITCH» 

 
Ɍɨɧɤɨшɤɭɪ А. С. – ɞ-ɪ ɮиɡ.-ɦаɬ. ɧаɭɤ, ɩɪɨɮɟɫɫɨɪ, ɩɪɨɮɟɫɫɨɪ ɤаɮɟɞɪɵ ɷɥɟɤɬɪɨɧɧɵɯ вɵɱиɫɥиɬɟɥьɧɵɯ ɦа-

шиɧ, Дɧɟɩɪɨвɫɤиɣ ɧаɰиɨɧаɥьɧɵɣ ɭɧивɟɪɫиɬɟɬ иɦɟɧи Ɉɥɟɫя Ƚɨɧɱаɪа, Уɤɪаиɧа. 
ɇаɤашиɞзɟ Ʌ. В. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɫɬаɪш. ɧаɭɱɧ. ɫɨɬɪ., ɞиɪɟɤɬɨɪ НИИ ɷɧɟɪɝɟɬиɤи Дɧɟɩɪɨвɫɤиɣ ɧаɰиɨ-

ɧаɥьɧɵɣ ɭɧивɟɪɫиɬɟɬ иɦɟɧи Ɉɥɟɫя Ƚɨɧɱаɪа, Уɤɪаиɧа.  
АɇɇОɌАɐɂə 

Аɤɬɭаɥьɧɨɫɬь. Рɟшɟɧиɟ ɡаɞаɱи ɩɨвɵшɟɧия ɧаɞɟɠɧɨɫɬи ɫɨɥɧɟɱɧɵɯ ɛаɬаɪɟɣ, вɤɥɸɱая ɭɫɬɪаɧɟɧиɟ ɧɟшɬаɬɧɵɯ (ɩɨɠаɪɨ-
ɨɩаɫɧɵɯ) ɫиɬɭаɰиɣ ɧа ɨɫɧɨвɟ ɪаɡɪаɛɨɬɤи ɦɟɬɨɞɨв и ɫɪɟɞɫɬв ɩɪɟɞɨɬвɪаɳɟɧия ɬɨɤɨвɵɯ ɩɟɪɟɝɪɭɡɨɤ в иɯ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ 
ɫиɫɬɟɦаɯ. 

ɐɟɥь. Иɡɭɱɟɧиɟ ɩɟɪɫɩɟɤɬивɵ ɦиɧиɦиɡаɰии ɬɨɤɨвɵɯ ɩɟɪɟɝɪɭɡɨɤ в ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ ɫиɫɬɟɦаɯ ɫɨɥɧɟɱɧɵɯ ɛаɬаɪɟɣ ɩɭ-
ɬɟɦ ɩɪиɦɟɧɟɧия ɧɟɞɨɪɨɝɨɫɬɨяɳиɯ ɷɥɟɦɟɧɬɨв ɮɭɧɤɰиɨɧаɥьɧɨɣ ɷɥɟɤɬɪɨɧиɤи, в ɱаɫɬɧɨɫɬи, ɨɬɧɨɫиɬɟɥьɧɨ ɧɨвɵɯ и, ɩɨɥɭɱив-
шиɯ шиɪɨɤɨɟ ɪаɫɩɪɨɫɬɪаɧɟɧиɟ, ɫаɦɨвɨɫɫɬаɧавɥиваɸɳиɯɫя ɩɪɟɞɨɯɪаɧиɬɟɥɟɣ ɬиɩа «Polyswith». 

Ɇɟɬɨɞ. ɉɪɟɞɥɨɠɟɧɨ ɫɯɟɦɧɨɟ ɪɟшɟɧиɟ и ɦɟɬɨɞɨɦ ɦɨɞɟɥиɪɨваɧия ɨɛɨɫɧɨваɧɵ вɨɡɦɨɠɧɨɫɬи иɫɩɨɥьɡɨваɧия ɩɪɟɞɨɯɪаɧи-
ɬɟɥɟɣ ɬиɩа Polyswitch ɞɥя ɩɪɟɞɨɬвɪаɳɟɧия и ɦиɧиɦиɡаɰии ɬɨɤɨвɵɯ ɩɟɪɟɝɪɭɡɨɤ в ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ ɫиɫɬɟɦаɯ ɫɨɥɧɟɱɧɵɯ 
ɛаɬаɪɟɣ.  

Рɟзɭɥьɬаɬɵ. ɉɪɨаɧаɥиɡиɪɨваɧɨ вɥияɧиɟ вɟɥиɱиɧɵ ɫɨɩɪɨɬивɥɟɧия в ɩɪɨвɨɞяɳɟɦ ɫɨɫɬɨяɧии и ɬɨɤа ɫɪаɛаɬɵваɧия ɩɪɟɞɨ-
ɯɪаɧиɬɟɥɟɣ ɧа вɨɥьɬ-аɦɩɟɪɧɵɟ и вɨɥьɬ-ваɬɬɧɵɟ ɯаɪаɤɬɟɪиɫɬиɤи ɩаɪаɥɥɟɥьɧɵɯ ɫɨɟɞиɧɟɧиɣ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ ɩɪɟɨɛɪаɡɨва-
ɬɟɥɟɣ и иɯ ɦɨɞɭɥɟɣ. 

Вɵвɨɞɵ. ɉɨɤаɡаɧɨ, ɱɬɨ ɷɮɮɟɤɬивɧɨɟ ɨɝɪаɧиɱɟɧиɟ ɬɨɤа ɩɪи ɧаɥиɱии ɤɨɪɨɬɤɨɝɨ ɡаɦɵɤаɧия ɩɪи ɬаɤɨɦ ɫɨɟɞиɧɟɧии ɮɨɬɨ-
ɷɥɟɤɬɪиɱɟɫɤиɯ ɤɨɦɩɨɧɟɧɬ ɦɨɠɟɬ ɛɵɬь ɪɟаɥиɡɨваɧɨ ɩɪи вɵɩɨɥɧɟɧии ɫɥɟɞɭɸɳиɯ ɭɫɥɨвиɣ: – ɫɨɩɪɨɬивɥɟɧиɟ ɩɪɟɞɨɯɪаɧиɬɟɥя в ɩɪɨвɨɞяɳɟɦ ɫɨɫɬɨяɧии ɡɧаɱиɬɟɥьɧɨ ɦɟɧьшɟ ɩаɪаɥɥɟɥьɧɨɝɨ ɫɨɟɞиɧɟɧия ɩɨɫɥɟɞɨва-
ɬɟɥьɧɵɯ ɫɨɩɪɨɬивɥɟɧиɣ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ ɤɨɦɩɨɧɟɧɬ; – ɬɨɤ ɫɪаɛаɬɵваɧия ɩɪɟɞɨɯɪаɧиɬɟɥя ɞɨɥɠɟɧ ɛɵɬь ɛɨɥьшɟ ɬɨɤа ɤɨɪɨɬɤɨɝɨ ɡаɦɵɤаɧия ɨɬɞɟɥьɧɨɝɨ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤɨɝɨ 
ɤɨɦɩɨɧɟɧɬа  и ɦɟɧьшɟ ɬɨɤа иɯ ɩаɪаɥɥɟɥьɧɨɝɨ ɫɨɟɞиɧɟɧия. 

ɄɅЮЧЕВЫЕ СɅОВА: ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɣ ɩɪɟɨɛɪаɡɨваɬɟɥь, ɬɨɤɨвɵɟ ɩɟɪɟɝɪɭɡɤи, ɫаɦɨвɨɫɫɬаɧавɥиваɸɳиɟɫя ɩɪɟɞɨ-
ɯɪаɧиɬɟɥи, вɨɥьɬ-аɦɩɟɪɧɵɟ ɯаɪаɤɬɟɪиɫɬиɤи, вɨɥьɬ-ваɬɬɧɵɟ ɯаɪаɤɬɟɪиɫɬиɤи, ɦɨɞɟɥиɪɨваɧиɟ.   

АȻȻРЕВɂАɌɍРЫ 
ВАХ – вɨɥьɬ-аɦɩɟɪɧɵɟ ɯаɪаɤɬɟɪиɫɬиɤи; 
ВВХ – вɨɥьɬ-ваɬɬɧɵɟ ɯаɪаɤɬɟɪиɫɬиɤи; 
ɋВɉ – ɫаɦɨвɨɫɫɬаɧавɥиваɸɳиɟɫя ɩɪɟɞɨɯɪаɧиɬɟ-

ɥи; 
ФЭМ – ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɣ ɦɨɞɭɥь; 
ФЭɉ – ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɣ ɩɪɟɨɛɪаɡɨваɬɟɥь.  

ɇОɆЕɇɄɅАɌɍРА 
A – ɞиɨɞɧɵɣ ɤɨɷɮɮиɰиɟɧɬ; 
Fu – ɫаɦɨвɨɫɫɬаɧавɥиваɸɳиɣɫя ɩɪɟɞɨɯɪаɧиɬɟɥь; 
I – ɬɨɤ, ɨɬɞаваɟɦɵɣ вɨ вɧɟшɧɸɸ ɷɥɟɤɬɪиɱɟɫɤɭɸ 

ɰɟɩь; 
i0 – ɨɛɪаɬɧɵɣ ɬɨɤ ɞиɨɞа; 
IFu – ɬɨɤ ɋВɉ в ɩɪɨвɨɞяɳɟɦ ɫɨɫɬɨяɧии; 
IL – ɬɨɤ ɪɟɡиɫɬɨɪа ɧаɝɪɭɡɤи; 
iph – вɟɥиɱиɧа ɮɨɬɨɬɨɤа ФЭɉ; 
isc – ɬɨɤ ɤɨɪɨɬɤɨɝɨ ɡаɦɵɤаɧия ФЭɉ; 
Isc – ɬɨɤ ɤɨɪɨɬɤɨɝɨ ɡаɦɵɤаɧия ФЭМ; 
Itrip – ɬɨɤ ɫɪаɛаɬɵваɧия (ɩɟɪɟɯɨɞа в иɡɨɥиɪɭɸɳɟɟ – ɫɨɫɬɨяɧиɟ) ɋВɉ; 
k – ɩɨɫɬɨяɧɧая Бɨɥьɰɦаɧа; 
m – ɱиɫɥɨ ɩɨɫɥɟɞɨваɬɟɥьɧɨ ɫɨɟɞиɧɟɧɧɵɯ ФЭɉ в 

ɦɨɞɭɥɟ; n – ɱиɫɥɨ ɩаɪаɥɥɟɥьɧɨ ɫɨɟɞиɧɟɧɧɵɯ ФЭМ в ɮɨɬɨ-
ɷɥɟɤɬɪиɱɟɫɤɨɣ ɫиɫɬɟɦɟ; 

PV – ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɣ ɤɨɦɩɨɧɟɧɬ; 
q – ɡаɪяɞ ɷɥɟɤɬɪɨɧа; 
R1max – ɦиɧиɦаɥьɧɨɟ ɫɨɩɪɨɬивɥɟɧиɟ ɋВɉ ɩɨɫɥɟ 

ɨɞɧɨɝɨ ɱаɫа вɨɫɫɬаɧɨвɥɟɧия ɩɪи ɡаɞаɧɧɨɣ ɬɟɦɩɟɪаɬɭ-
ɪɟ ɨɤɪɭɠаɸɳɟɝɨ вɨɡɞɭɯа; 

RFu – ɫɨɩɪɨɬивɥɟɧиɟ ɋВɉ в ɩɪɨвɨɞяɳɟɦ ɫɨɫɬɨя-
ɧии; 

rL – ɫɨɩɪɨɬивɥɟɧиɟ ɧаɝɪɭɡɤи; 
RL – ɪɟɡиɫɬɨɪ ɧаɝɪɭɡɤи; Rmin – ɦаɤɫиɦаɥьɧɨ вɨɡɦɨɠɧɨɟ ɦиɧиɦаɥьɧɨɟ ɧа-

ɱаɥьɧɨɟ ɫɨɩɪɨɬивɥɟɧиɟ ɋВɉ; 
rs – ɩɨɫɥɟɞɨваɬɟɥьɧɨɟ ɫɨɩɪɨɬивɥɟɧиɟ ФЭɉ; 
Rs – ɷɤвиваɥɟɧɬɧɨɟ ɩɨɫɥɟɞɨваɬɟɥьɧɨɟ ɫɨɩɪɨɬивɥɟ-

ɧиɟ ФЭМ; 
rsh – шɭɧɬɨвɨɟ ɫɨɩɪɨɬивɥɟɧиɟ ФЭɉ; 
UT  – ɷɤвиваɥɟɧɬɧɨɟ ɬɟɪɦаɥьɧɨɟ ɧаɩɪяɠɟɧиɟ; 
V – вɵɯɨɞɧɨɟ ɧаɩɪяɠɟɧиɟ; 
Voc – ɧаɩɪяɠɟɧиɟ ɯɨɥɨɫɬɨɝɨ ɯɨɞа; 
Т – аɛɫɨɥɸɬɧая ɬɟɦɩɟɪаɬɭɪа; 
v – вɵɯɨɞɧɨɟ ɧаɩɪяɠɟɧиɟ ФЭɉ.    
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ВВЕȾЕɇɂЕ 

Ɉɞɧиɦ иɡ ɧаиɛɨɥɟɟ ɧɟɠɟɥаɬɟɥьɧɵɯ иɫɬɨɱɧиɤɨв 
ɧɟɧаɞɟɠɧɨɫɬи ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ ɤɨɦɩɨɧɟɧɬɨв ɫɨɥ-
ɧɟɱɧɵɯ ɛаɬаɪɟɣ явɥяɸɬɫя ɬɨɤɨвɵɟ ɩɟɪɟɝɪɭɡɤи и вɨɡ-
ɧиɤɧɨвɟɧиɟ ɩɟɪɟɝɪɟвɨв, вɤɥɸɱая ɡаɦɵɤаɧия ɧɟɩɨ-
ɫɪɟɞɫɬвɟɧɧɨ в ɧиɯ, а ɬаɤɠɟ ɤɨɪɨɬɤиɟ ɡаɦɵɤаɧия ɦɟɠ-
ɞɭ иɯ ɫɨɟɞиɧиɬɟɥьɧɵɦи ɤɨɧɬаɤɬаɦи [1–3]. Фиɡиɱɟ-
ɫɤиɦи ɩɪиɱиɧаɦи ɬаɤиɯ ɫиɬɭаɰиɣ ɦɨɝɭɬ ɛɵɬь ɩɨвɪɟ-
ɠɞɟɧия ɤɨɪɪɨɡиɟɣ в ɩɪɨɰɟɫɫɟ ɷɤɫɩɥɭаɬаɰии ɫɨɫɬав-
ɥяɸɳиɯ иɯ ɷɥɟɦɟɧɬɨв, «ɫɤɪɵɬɵɟ» ɩɪɨиɡвɨɞɫɬвɟɧɧɵɟ 
ɞɟɮɟɤɬɵ, ɧɟиɫɩɪавɧɵɟ ɛɥɨɤиɪɭɸɳиɟ и ɨɛвɨɞɧɵɟ 
ɞиɨɞɵ иɥи ɪɟɡɭɥьɬаɬɵ ɞɟɝɪаɞаɰии иɡɨɥяɰии ɩɨɞ ɞɟɣ-
ɫɬвиɟɦ ɨɤɪɭɠаɸɳɟɣ ɫɪɟɞɵ [2]. 
Ɉɫɨɛɨɟ ɡɧаɱɟɧиɟ ɷɬɨ иɦɟɟɬ ɞɥя ФЭМ ɧа ɨɫɧɨвɟ 

ɬɨɧɤɨɩɥɟɧɨɱɧɨɝɨ ɤɪɟɦɧия, ɝɞɟ иɦɟɟɬ ɦɟɫɬɨ ɨɛɪаɡɨва-
ɧиɟ шɭɧɬɨв ɤаɤ «ɫɤɪɵɬɵɯ» ɞɟɮɟɤɬɨв ɩɪи ɩɪɨиɡвɨɞɫɬвɟ, 
ɬаɤ и иɡ-ɡа ɨɛɪаɬɧɨɝɨ ɫɦɟɳɟɧия яɱɟɟɤ, вɵɡваɧɧɨɝɨ ɡа-
ɬɟɧɟɧиɟɦ ɦɨɞɭɥɟɣ иɥи ɨɬɞɟɥьɧɵɯ ФЭɉ ɫɨɥɧɟɱɧɨɣ ɛа-
ɬаɪɟи в ɩɪɨɰɟɫɫɟ ɟɟ ɷɤɫɩɥɭаɬаɰии. Эɬɨ ɭɫɭɝɭɛɥяɟɬɫя 
ɬɟɦ, ɱɬɨ ɞɥя ɬɨɧɤɨɩɥɟɧɨɱɧɵɯ ɦɨɞɭɥɟɣ ɩɪɟвɟɧɬивɧɵɟ 
ɦɟɪɵ ɫ иɫɩɨɥьɡɨваɧиɟɦ ɨɛвɨɞɧɵɯ ɞиɨɞɨв ɦɨɝɭɬ ɛɵɬь 
ɧɟвɨɡɦɨɠɧɵɦи ɞɥя ɨɝɪаɧиɱɟɧия ɨɛɪаɬɧɨɝɨ ɧаɩɪяɠɟ-
ɧия ɧа ɧɟаɤɬивɧɵɯ ФЭɉ [1]. 
Наиɛɨɥɟɟ ɧɟɛɥаɝɨɩɪияɬɧɵɟ ɩɨɫɥɟɞɫɬвия вɨɡɧиɤ-

ɧɨвɟɧия ɭɤаɡаɧɧɵɯ ɤɨɪɨɬɤиɯ ɡаɦɵɤаɧиɣ иɦɟɸɬ ɦɟɫɬɨ 
в ɩаɪаɥɥɟɥьɧɵɯ ɫɨɟɞиɧɟɧияɯ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ ɷɥɟ-
ɦɟɧɬɨв. В ɷɬɨɦ ɫɥɭɱаɟ ɨɧи ɩɪивɨɞяɬ ɤ вɵɯɨɞɭ иɡ 
ɫɬɪɨя вɫɟɝɨ ɫɨɟɞиɧɟɧия и вɨɡɧиɤɧɨвɟɧиɸ ɫɭɳɟɫɬвɟɧ-
ɧɵɯ ɩɟɪɟɝɪɟвɨв иɡ-ɡа ɡɧаɱиɬɟɥьɧɵɯ ɬɨɤɨв, ɫɨɡɞаваɟ-
ɦɵɯ ɫɭɦɦиɪɨваɧиɟɦ ɬɨɤɨв ɨɬɞɟɥьɧɵɯ ɬаɤиɯ ɷɥɟɦɟɧ-
ɬɨв. В иɬɨɝɟ ɷɬɨ ɦɨɠɟɬ ɩɪивɟɫɬи ɤ ɧɟшɬаɬɧɵɦ (ɩɨɠа-
ɪɨɨɩаɫɧɵɦ) ɫиɬɭаɰияɦ. Уɫɬɪаɧɟɧиɟ иɥи ɦиɧиɦиɡаɰия 
вɥияɧия ɭɤаɡаɧɧɨɝɨ ɮаɤɬɨɪа ɧа ɪаɛɨɬɭ ɫɨɥɧɟɱɧɵɯ 
ɛаɬаɪɟɣ ɩɪɟɞɫɬавɥяɟɬɫя ɧаиɛɨɥɟɟ ɧɟɨɛɯɨɞиɦɵɦ ɭɫɥɨ-
виɟɦ ɞɥя ɛɨɥɟɟ шиɪɨɤɨɝɨ иɫɩɨɥьɡɨваɧия ɩаɪаɥɥɟɥь-
ɧɵɯ ɫɨɟɞиɧɟɧиɣ ɩɪи ɮɨɪɦиɪɨваɧии ɦɨɞɭɥɟɣ и ɩаɧɟ-
ɥɟɣ ɫɨɥɧɟɱɧɵɯ ɛаɬаɪɟɣ. 
ɋɥɟɞɭɟɬ ɨɬɦɟɬиɬь, ɱɬɨ в ɧаɫɬɨяɳɟɟ вɪɟɦя ɪаɡɪа-

ɛɨɬɤɟ ɦɟɬɨɞɨв и ɫɪɟɞɫɬв ɩɪɟɞɨɬвɪаɳɟɧия ɩɨявɥɟɧия 
ɥɨɤаɥьɧɵɯ ɩɟɪɟɝɪɟвɨв («ɝɨɪяɱиɯ ɩяɬɟɧ») в ɮɨɬɨɷɥɟɤ-
ɬɪиɱɟɫɤиɯ ɤɨɦɩɨɧɟɧɬаɯ ɫɨɥɧɟɱɧɵɯ ɛаɬаɪɟɣ ɭɞɟɥяɟɬɫя 
ɡɧаɱиɬɟɥьɧɨɟ вɧиɦаɧиɟ. В ɱаɫɬɧɨɫɬи, иɡвɟɫɬɧɵ ɪɟшɟ-
ɧия ɬаɤɨɣ ɡаɞаɱи ɤаɤ: иɫɩɨɥьɡɨваɧиɟ ФЭɉ ɫ ɧиɡɤиɦи 
ɧаɩɪяɠɟɧияɦи ɨɛɪаɬɧɨɝɨ ɩɪɨɛɨя [4]; вɤɥɸɱɟɧиɟ в 
ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤɭɸ ɫиɫɬɟɦɭ ɞɨɩɨɥɧиɬɟɥьɧɵɯ ɷɥɟɦɟɧ-
ɬɨв: ɨɛвɨɞɧɵɯ ɞиɨɞɨв и аɤɬивɧɵɯ ɨɛвɨɞɧɵɯ ɩɟɪɟɤɥɸ-
ɱаɬɟɥɟɣ [3, 5–7]; ɦɟɬɨɞɵ и ɬɟɯɧиɱɟɫɤиɟ ɫɪɟɞɫɬва, ɨɫ-
ɧɨваɧɧɵɟ ɧа ɨɛɧаɪɭɠɟɧии «ɝɨɪяɱɟɝɨ ɩяɬɧа» ɧа ɨɫɧɨвɟ 
иɡɦɟɪɟɧиɣ ɷɥɟɤɬɪиɱɟɫɤиɯ ɩаɪаɦɟɬɪɨв ɫɨɥɧɟɱɧɵɯ ɩа-
ɧɟɥɟɣ в ɫɨɱɟɬаɧии ɫ аɤɬивɧɨɣ ɡаɳиɬɨɣ ɩɨ ɫɩɨɫɨɛɭ 
ɪаɡɨɦɤɧɭɬɨɝɨ ɤɨɧɬɭɪа [8, 9]. 
Тɟɦ ɧɟ ɦɟɧɟɟ, ɨɧи ɧɟ явɥяɸɬɫя ɭɧивɟɪɫаɥьɧɵɦи. 

Иɫɩɨɥьɡɨваɧиɟ ФЭɉ ɫ ɧиɡɤиɦ ɧаɩɪяɠɟɧиɟɦ ɨɛɪаɬɧɨ-
ɝɨ ɩɪɨɛɨя ɨɝɪаɧиɱиваɟɬ ɦɨɳɧɨɫɬь, ɪаɫɫɟиваɟɦɭɸ вɨ 
вɪɟɦя ɪаɡɨɝɪɟва ɟɝɨ ɥɨɤаɥьɧɵɯ ɨɛɥаɫɬɟɣ, ɧɨ ɦɨɠɟɬ 
ɛɵɬь ɷɮɮɟɤɬивɧɵɦ ɫɩɨɫɨɛɨɦ ɩɪɟɞɨɬвɪаɳɟɧия «ɝɨɪя-
ɱɟɝɨ ɩяɬɧа», ɟɫɥи вɟɥиɱиɧа ɪаɫɫɟиваɟɦɨɣ ɦɨɳɧɨɫɬи 
ɧɟɞɨɫɬаɬɨɱɧа ɞɥя ɩɨвɪɟɠɞɟɧия ФЭɉ. 

Иɦɟɸɳиɟɫя ɧа ɧаɫɬɨяɳиɣ ɦɨɦɟɧɬ ɪɟɡɭɥьɬаɬɵ ɦɨ-
ɞɟɥиɪɨваɧия и ɷɤɫɩɟɪиɦɟɧɬаɥьɧɵɟ ɞаɧɧɵɟ ɫвиɞɟɬɟɥь-
ɫɬвɭɸɬ, ɱɬɨ ɨɛвɨɞɧɵɟ ɞиɨɞɵ в ɩɨɞɩаɧɟɥьɧɵɯ ɫɬɪɨɤаɯ 
ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ ɷɥɟɦɟɧɬɨв ɧɟ ɩɨɥɧɨɫɬьɸ ɡаɳи-
ɳаɸɬ ɨɬ ɩɨявɥɟɧия «ɝɨɪяɱиɯ ɩяɬɟɧ». Ɉɛвɨɞɧɵɟ ɞиɨ-
ɞɵ ɛɨɥɟɟ ɷɮɮɟɤɬивɧɵ ɞɥя ɩɪɟɞɨɬвɪаɳɟɧия «ɝɨɪяɱиɯ 
ɩяɬɟɧ» ɩɪи ɨɱɟɧь ɤɨɪɨɬɤиɯ ɞɥиɧаɯ ɫɬɪɨɤ ФЭɉ, ɱɬɨ ɧɟ 
ɩɪиɦɟɧяɟɬɫя в ɫɨвɪɟɦɟɧɧɨɣ ɤɨɧɫɬɪɭɤɰии ɩаɧɟɥɟɣ иɡ 
ɷɤɨɧɨɦиɱɟɫɤиɯ ɫɨɨɛɪаɠɟɧиɣ. Аɤɬивɧɵɟ ɨɛвɨɞɧɵɟ 
ɩɟɪɟɤɥɸɱаɬɟɥи, ɤаɤ и ɬɟɯɧиɱɟɫɤиɟ ɫɪɟɞɫɬва, ɨɫɧɨваɧ-
ɧɵɟ ɧа ɨɛɧаɪɭɠɟɧии «ɝɨɪяɱиɯ ɩяɬɟɧ», явɥяɸɬɫя 
ɭɥɭɱшɟɧиɟɦ ɩɨ ɫɪавɧɟɧиɸ ɫ ɨɛвɨɞɧɵɦ ɞиɨɞɨɦ, ɧɨ 
ɬɪɟɛɭɸɬ ɭɫɥɨɠɧɟɧия ɫɯɟɦɧɵɯ ɪɟшɟɧиɣ и ɡаɬɪаɬ [5].  

1 ɉОСɌАɇОВɄА ɁАȾАЧɂ 
Ɉɞɧиɦ иɡ ɩɟɪɫɩɟɤɬивɧɵɯ ɧаɩɪавɥɟɧиɣ ɪɟшɟɧия 

ɪаɫɫɦаɬɪиваɟɦɨɣ ɡаɞаɱи явɥяɟɬɫя ɩɪиɦɟɧɟɧиɟ ɞɥя иɡɨ-
ɥяɰии ɧɟаɤɬивɧɵɯ (ɡаɬɟɧɟɧɧɵɯ иɥи ɞɟɮɟɤɬɧɵɯ) ɨɛɥаɫ-
ɬɟɣ ɤаɤ ɨɬɞɟɥьɧɵɯ ФЭɉ, ɬаɤ и иɯ ɦɨɞɭɥɟɣ, ɦɟɧɟɟ ɞɨɪɨ-
ɝɨɫɬɨяɳиɯ ɷɥɟɦɟɧɬɨв ɮɭɧɤɰиɨɧаɥьɧɨɣ ɷɥɟɤɬɪɨɧиɤи, в 
ɱаɫɬɧɨɫɬи, ɨɬɧɨɫиɬɟɥьɧɨ ɧɨвɵɯ и, ɩɨɥɭɱившиɯ шиɪɨ-
ɤɨɟ ɪаɫɩɪɨɫɬɪаɧɟɧиɟ, ɋВɉ ɬиɩа «Polyswith» [3, 10]. Эɬи ɷɥɟɦɟɧɬɵ ɷɥɟɤɬɪиɱɟɫɤɨɣ и ɬɟɩɥɨвɨɣ ɡаɳи-
ɬɵ ɭɠɟ ɧашɥи ɩɪиɦɟɧɟɧиɟ в аɤɤɭɦɭɥяɬɨɪаɯ и ɝаɥьва-
ɧиɱɟɫɤиɯ иɫɬɨɱɧиɤаɯ ɩиɬаɧия [11–14]. Нɟɨɛɯɨɞиɦɵɦ 
ɷɬаɩɨɦ ɷɬɨɝɨ ɩɪɟɞɫɬавɥяɟɬɫя ɪаɡɪаɛɨɬɤа и ɦɨɞɟɥиɪɨва-
ɧиɟ ɮɭɧɤɰиɨɧиɪɨваɧия ɫɯɟɦɧɵɯ ɪɟшɟɧиɣ ɞɥя ɮɨɬɨ-
ɷɥɟɤɬɪиɱɟɫɤиɯ ɤɨɦɩɨɧɟɧɬɨв, иɫɩɨɥьɡɭɸɳиɯ ɭɤаɡаɧɧɵɟ 
ɫаɦɨвɨɫɫɬаɧавɥиваɸɳиɟɫя ɩɪɟɞɨɯɪаɧиɬɟɥи. 
В ɞаɧɧɨɣ ɪаɛɨɬɟ ɩɪɟɞɥɨɠɟɧа ɦɨɞɟɥь и ɩɪɨаɧаɥи-

ɡиɪɨваɧɵ вɨɡɦɨɠɧɨɫɬи иɫɩɨɥьɡɨваɧия ɫаɦɨвɨɫɫɬа-
ɧавɥиваɸɳиɯɫя ɩɪɟɞɨɯɪаɧиɬɟɥɟɣ ɬиɩа Polyswitch ɞɥя 
ɩɪɟɞɨɬвɪаɳɟɧия и ɦиɧиɦиɡаɰии ɬɨɤɨвɵɯ ɩɟɪɟɝɪɭɡɨɤ 
в ɩаɪаɥɥɟɥьɧɵɯ ɫɨɟɞиɧɟɧияɯ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ ɩɪɟ-
ɨɛɪаɡɨваɬɟɥɟɣ и иɯ ɦɨɞɭɥɟɣ.  

 
2 ОȻɁОР ɅɂɌЕРАɌɍРЫ 

Каɤ ɭɠɟ ɭɤаɡɵваɥɨɫь, ɤɨɪɨɬɤиɟ ɡаɦɵɤаɧия явɥя-
ɸɬɫя ɧаиɛɨɥɟɟ ɧɟɠɟɥаɬɟɥьɧɵɦи в ɩаɪаɥɥɟɥьɧɵɯ ɫɨ-
ɟɞиɧɟɧияɯ ɤаɤ ФЭɉ ɬа иɯ ɩɨɫɥɟɞɨваɬɟɥьɧɵɯ ɫɨɟɞиɧɟ-
ɧиɣ ФЭМ. Иɡ ɪиɫ. 1 виɞɧɨ, ɱɬɨ ɤɨɪɨɬɤɨɟ ɡаɦɵɤаɧиɟ 
ɨɞɧɨɝɨ ɤɨɦɩɨɧɟɧɬа PVn в ɨɬɫɭɬɫɬвиɟ ɋВɉ вɟɞɟɬ ɤ ɩɨ-
ɬɟɪɟ вɫɟɣ ɩаɪаɥɥɟɥьɧɨɣ ɰɟɩи, ɫɨɞɟɪɠаɳɟɣ ɞɪɭɝиɟ 
иɫɩɪавɧɵɟ ɤɨɦɩɨɧɟɧɬɵ. 
Наɥиɱиɟ ɫаɦɨвɨɫɫɬаɧавɥиваɸɳиɯɫя ɩɪɟɞɨɯɪаɧиɬɟ-

ɥɟɣ Fui, ɫɨɟɞиɧɟɧɧɵɯ ɩɨɫɥɟɞɨваɬɟɥьɧɨ ɫ ɤаɠɞɵɦ ɮɨɬɨ-
ɝɟɧɟɪиɪɭɸɳиɦ ɤɨɦɩɨɧɟɧɬɨɦ PVi, ɩɨɡвɨɥяɟɬ ɫɨɯɪаɧиɬь и 
ɷɤɫɩɥɭаɬиɪɨваɬь иɫɩɪавɧɵɟ ɩɪи ɧаɥиɱии ɤɨɪɨɬɤɨɝɨ ɡа-
ɦɵɤаɧия в ɨɞɧɨɦ иɡ ɧиɯ. Маɬɟɦаɬиɱɟɫɤая ɦɨɞɟɥь, ɩɨ-
ɡвɨɥяɸɳая ɩɪɨаɧаɥиɡиɪɨваɬь ɪаɫɫɦаɬɪиваɟɦɵɣ ɷɮɮɟɤɬ 
ɨɝɪаɧиɱɟɧия ɬɨɤа ɩɪи ɤɨɪɨɬɤɨɦ ɡаɦɵɤаɧии и ɨɩɪɟɞɟ-
ɥиɬь ɧаиɛɨɥɟɟ ɷɮɮɟɤɬивɧɵɟ ɪɟɠиɦɵ ɬаɤɨɣ ɡаɳиɬɵ, 
вɤɥɸɱаɟɬ в ɫɟɛя ɪɟшɟɧиɟ ɡаɞаɱи вɵɛɨɪа ɷɤвиваɥɟɧɬɧɵɯ 
ɫɯɟɦ, ɨɩиɫɵваɸɳиɯ ФЭɉ и ФЭМ, аɩɩɪɨɤɫиɦаɰии ɩɨɥɟ-
вɨɣ ɡавиɫиɦɨɫɬи ɷɥɟɤɬɪиɱɟɫɤɨɝɨ ɫɨɩɪɨɬивɥɟɧия ɋВɉ, а 
ɬаɤɠɟ ɮɨɪɦɭɥиɪɨвɤɭ и ɪɟшɟɧиɟ ɨɫɧɨвɧɵɯ ɭɪавɧɟɧиɣ 
ɪаɫɫɦаɬɪиваɟɦɨɣ ɦɨɞɟɥи ɞɥя ɨɩɪɟɞɟɥɟɧия иɯ вɨɥьɬ-
аɦɩɟɪɧɵɯ и вɨɥьɬ-ваɬɬɧɵɯ ɯаɪаɤɬɟɪиɫɬиɤ. 
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IL, IFu и I – ɬɨɤ ɪɟɡиɫɬɨɪа ɧаɝɪɭɡɤи RL, ɬɨɤ ɤɨɪɨɬɤɨ ɡаɦɤɧɭɬɨɝɨ ɤɨɦɩɨ-
ɧɟɧɬа и ɬɨɤи, ɝɟɧɟɪиɪɭɟɦɵɟ PVi. 

Риɫɭɧɨɤ 1 – Уɩɪɨɳɟɧɧая ɫɯɟɦа, иɥɥɸɫɬɪиɪɭɸɳая ɡаɳиɬɭ 
ɨɬ ɤɨɪɨɬɤɨɝɨ ɡаɦɵɤаɧия в ɩаɪаɥɥɟɥьɧɨɦ ɫɨɟɞиɧɟɧии ɮɨɬɨ-
ɷɥɟɤɬɪиɱɟɫɤиɯ ɤɨɦɩɨɧɟɧɬɨв PVi (i=1, 2, … n–1) ɫ иɫɩɨɥьɡɨ-
ваɧиɟɦ ɫаɦɨвɨɫɫɬаɧавɥиваɸɳиɯɫя ɩɪɟɞɨɯɪаɧиɬɟɥɟɣ Fui (i=1, 2, … n)  
ФЭɉ ɨɛɥаɞаɸɬ ɧɟɥиɧɟɣɧɵɦи вɨɥьɬ-аɦɩɟɪɧɵɦи ɯа-

ɪаɤɬɟɪиɫɬиɤаɦи, ɤɨɬɨɪɵɟ ɡавиɫяɬ ɨɬ ɭɪɨвɧя ɫɨɥɧɟɱɧɨɣ 
ɪаɞиаɰии, ɬɟɦɩɟɪаɬɭɪɵ ɨɤɪɭɠаɸɳɟɣ ɫɪɟɞɵ и ɨɫɨɛɟɧɧɨ-
ɫɬɟɣ ɫаɦɨɣ яɱɟɣɤи. 
В ɧаɫɬɨяɳɟɟ вɪɟɦя иɡвɟɫɬɧɨ ɧɟɫɤɨɥьɤɨ ɨɫɧɨвɧɵɯ 

ɫɯɟɦ ɡаɦɟɳɟɧия ФЭɉ, ɦаɬɟɦаɬиɱɟɫɤɨɟ ɨɩиɫаɧиɟ ɤɨ-
ɬɨɪɵɯ иɫɩɨɥьɡɭɟɬɫя в ɫɨвɪɟɦɟɧɧɨɦ ɦɨɞɟɥиɪɨваɧии [15–17]. Наиɛɨɥɟɟ иɡвɟɫɬɧая иɡ ɧиɯ, ɫɨɞɟɪɠиɬ иɫɬɨɱ-
ɧиɤ ɮɨɬɨɬɨɤа (iph), ɩаɪаɥɥɟɥьɧɨ вɤɥɸɱɟɧɧɵɣ ɞиɨɞ (D), 
ɤɨɬɨɪɵɣ ɦɨɞɟɥиɪɭɟɬ ɪ-n-ɩɟɪɟɯɨɞ, шɭɧɬɨвɨɟ ɫɨɩɪɨ-
ɬивɥɟɧиɟ (rsh), ɦɨɞɟɥиɪɭɸɳɟɟ ɬɨɤи ɭɬɟɱɤи, и ɩɨɫɥɟɞɨ-
ваɬɟɥьɧɨɟ ɫɨɩɪɨɬивɥɟɧиɟ (rs), ɤɨɬɨɪɨɟ ɯаɪаɤɬɟɪиɡɭɟɬ 
вɧɭɬɪɟɧɧɟɟ ɫɨɩɪɨɬивɥɟɧиɟ ɷɥɟɦɟɧɬа и ɤɨɧɬаɤɬɨв. 
В ɪаɛɨɱɟɦ ɪɟɠиɦɟ ФЭɉ (ɩɪяɦɨɫɦɟɳɟɧɧɵɣ ɮɨɬɨɞиɨɞ) 
ɬɨɤɨɦ ɭɬɟɱɤи ɩɪɟɧɟɛɪɟɝаɸɬ, ɬ.ɟ. ɩɪиɧиɦаɸɬ, ɱɬɨ rsh 
ɫɬɪɟɦиɬɫя ɤ ɛɟɫɤɨɧɟɱɧɨɫɬи и ɷɤвиваɥɟɧɬɧая ɫɯɟɦа 
ɡаɦɟɳɟɧия ФЭɉ иɦɟɟɬ виɞ, ɩɨɤаɡаɧɧɵɣ ɧа ɪиɫ. 2. 
В ɫɨɨɬвɟɬɫɬвии ɫ ɷɬɨɣ ɫɯɟɦɨɣ ɡаɦɟɳɟɧия вɵɯɨɞɧɨɣ 

ɬɨɤ ɮɨɬɨɷɥɟɦɟɧɬа i ɦɨɠɟɬ ɛɵɬь ɨɩɪɟɞɟɥɟɧ [15, 16] иɡ 
вɵɪаɠɟɧия  0 ( )exp 1 ,s

ph
q v+ir

i = i i
AkT

⎧ ⎫⎡ ⎤− −⎨ ⎬⎢ ⎥⎣ ⎦⎩ ⎭
 (1) 

ɝɞɟ A – ɤɨɷɮɮиɰиɟɧɬ, ɡавиɫяɳиɣ ɨɬ ɮиɡиɱɟɫɤиɯ ɫвɨɣɫɬв 
ɦаɬɟɪиаɥɨв и ɩаɪаɦɟɬɪɨв ɪ-n-ɩɟɪɟɯɨɞа (ɞɥя ɤɪɟɦɧия 
ɩɪиɧиɦаɟɬɫя ɪавɧɵɦ 1,2…1,8 ɫɨɨɬвɟɬɫɬвɟɧɧɨ ɫ [15, 18]).   

Риɫɭɧɨɤ 2 – Уɩɪɨɳɟɧɧая ɷɤвиваɥɟɧɬɧая ɫɯɟɦа  
ɡаɦɟɳɟɧия ФЭɉ 

Каɤ ɭɠɟ ɝɨвɨɪиɥɨɫь вɵшɟ, ɩɪи ɩɨɫɥɟɞɨваɬɟɥьɧɨɦ, 
ɩаɪаɥɥɟɥьɧɨɦ иɥи ɤɨɦɛиɧиɪɨваɧɧɨɦ ɫɨɟɞиɧɟɧии ɮɨɬɨ-
ɷɥɟɤɬɪиɱɟɫɤиɯ ɷɥɟɦɟɧɬɨв ɨɛɪаɡɭɸɬɫя ФЭМ. Дɥя ɨɩɪɟ-
ɞɟɥɟɧия ɷɤвиваɥɟɧɬɧɵɯ ВАХ ɬаɤиɯ ɫɨɟɞиɧɟɧиɣ иɫɩɨɥь-
ɡɭɸɬɫя ɪаɡɥиɱɧɵɟ ɮɨɪɦɵ иɯ ɩɪɟɞɫɬавɥɟɧия [15, 19–23]. 
Дɥя ɩɨɫɬɪɨɟɧия ɪаɫɫɦаɬɪиваɟɦɨɣ ɦɨɞɟɥи, ɫɨɨɬвɟɬɫɬ-

вɭɸɳɟɣ ɩаɪаɥɥɟɥьɧɨɦɭ ɫɨɟɞиɧɟɧиɸ n ФЭМ (ɤаɠɞɵɣ иɡ 
ɤɨɬɨɪɵɯ явɥяɟɬɫя ɩɨɫɥɟɞɨваɬɟɥьɧɨɟ ɫɨɟɞиɧɟɧиɟɦ m 
ФЭɉ) ɩɪɟɞɫɬавɥяɟɬɫя ɧаиɛɨɥɟɟ ɩɨɞɯɨɞяɳиɦ иɡвɟɫɬɧɨɟ 
вɵɪаɠɟɧиɟ, ɧɟɩɨɫɪɟɞɫɬвɟɧɧɨ ɛаɡиɪɭɸɳɟɟɫя ɧа ɮɨɪɦɭɥɟ (1) [15, 20–22] ,exp1
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ɝɞɟ Isc = n · isc – ɬɨɤ ɤɨɪɨɬɤɨɝɨ ɡаɦɵɤаɧия ɮɨɬɨɷɥɟɤ-
ɬɪиɱɟɫɤɨɝɨ ɦɨɞɭɥя; isc = i (v = 0) = iph – ɬɨɤ ɤɨɪɨɬɤɨɝɨ 
ɡаɦɵɤаɧия ФЭɉ (ɧаиɛɨɥьшиɣ ɬɨɤ, ɩɪɨиɡвɨɞиɦɵɣ 
ФЭɉ ɩɪи ɭɫɥɨвии ɡаɦɵɤаɧия ɟɝɨ ɤɨɧɬаɤɬɨв); 
UT = (AkT/q) · m – ɷɤвиваɥɟɧɬɧɨɟ ɬɟɪɦаɥьɧɨɟ ɧаɩɪяɠɟ-
ɧиɟ ɦɨɞɭɥя; Voc = m · voc – ɧаɩɪяɠɟɧиɟ ɯɨɥɨɫɬɨɝɨ ɯɨɞа 
ɦɨɞɭɥя, voc = v(i = 0) = (AkT/q) ln[(iph

 + i0)/i0] – ɧаɩɪя-
ɠɟɧиɟ ɯɨɥɨɫɬɨɝɨ ɯɨɞа ФЭɉ (ɩаɞɟɧиɟ ɧаɩɪяɠɟɧия ɧа 
ɪ-n-ɩɟɪɟɯɨɞɟ, ɤɨɬɨɪɨɟ ɫɨɡɞаɟɬ ɮɨɬɨɬɨɤɨɦ (iph), ɟɫɥи 
ɬɨɤ вɨ вɧɟшɧɟɣ ɰɟɩи (i) ɪавɟɧ ɧɭɥɸ; Rs = rs · m/n – ɷɤвиваɥɟɧɬɧɨɟ ɩɨɫɥɟɞɨваɬɟɥьɧɨɟ ɫɨɩɪɨɬивɥɟɧиɟ ɦɨ-
ɞɭɥя. 
ɋаɦɨвɨɫɫɬаɧавɥиваɸɳиɟɫя ɩɪɟɞɨɯɪаɧиɬɟɥи «Polyswith» иɦɟɸɬ ɬɟɦɩɟɪаɬɭɪɧɭɸ ɡавиɫиɦɨɫɬь ɫɨɩ-

ɪɨɬивɥɟɧия RFu, вɨɡɪаɫɬаɸɳɭɸ ɫ ɪɨɫɬɨɦ ɬɟɦɩɟɪаɬɭɪɵ, 
ɤɨɬɨɪая иɦɟɟɬ ɬɪи ɯаɪаɤɬɟɪɧɵɯ ɭɱаɫɬɤа. ɉɪи 
ɨɬɧɨɫиɬɟɥьɧɨ ɧɟɛɨɥьшиɯ ɡɧаɱɟɧияɯ ɬɟɦɩɟɪаɬɭɪɵ (ɭɱаɫɬɨɤ 1) иɦɟɟɬ ɦɟɫɬɨ ɩɥавɧɨɟ ɩɨвɵшɟɧиɟ иɯ 
ɫɨɩɪɨɬивɥɟɧия ɨɬ ɬɟɦɩɟɪаɬɭɪɵ. В ɭɡɤɨɦ ɞиаɩаɡɨɧɟ 
ɬɟɦɩɟɪаɬɭɪɵ ɨɤɨɥɨ 125ºɋ ɧаɛɥɸɞаɟɬɫя ɪɟɡɤиɣ ɪɨɫɬ (ɧа 
ɧɟɫɤɨɥьɤɨ ɩɨɪяɞɤɨв) ɫɨɩɪɨɬивɥɟɧия ɋВɉ (ɭɱаɫɬɨɤ 2). 
ɉɪи ɞаɥьɧɟɣшɟɦ ɭвɟɥиɱɟɧии ɬɟɦɩɟɪаɬɭɪɵ ɡавиɫиɦɨɫɬь 
ɫɨɩɪɨɬивɥɟɧия ɷɬиɯ ɭɫɬɪɨɣɫɬв ɨɬ ɬɟɦɩɟɪаɬɭɪɵ ɬаɤɠɟ 
иɦɟɟɬ ɩɥавɧɵɣ вɨɡɪаɫɬаɸɳиɣ ɯаɪаɤɬɟɪ (ɭɱаɫɬɨɤ 3) [11]. 
Фиɡиɱɟɫɤиɣ ɦɟɯаɧиɡɦ ɩɪиɱиɧɵ ɬаɤɨɣ ɫɤаɱ-

ɤɨɨɛɪаɡɧɨɣ ɡавиɫиɦɨɫɬи ɨɩɪɟɞɟɥяɟɬɫя ɫɬɪɭɤɬɭɪɧɵɦи 
ɨɫɨɛɟɧɧɨɫɬяɦи ɨɫɧɨвɧɨɝɨ ɮɭɧɤɰиɨɧаɥьɧɨɝɨ ɦаɬɟ-
ɪиаɥа ɋВɉ, ɤɨɬɨɪɵɣ ɩɪɟɞɫɬавɥяɟɬ ɫɨɛɨɣ ɧаɧɨ-
ɤɨɦɩɨɡиɬ ɫ ɧɟɩɪɨвɨɞяɳɟɣ ɩɨɥиɦɟɪɧɨɣ ɦаɬɪиɰɟɣ и 
вɵɫɨɤɨɩɪɨвɨɞяɳиɦ ɧаɧɨɭɝɥɟɪɨɞɧɵɦ ɧаɩɨɥɧиɬɟɥɟɦ. 
Бɥаɝɨɞаɪя ɭɝɥɟɪɨɞɧɵɦ ɤаɧаɥаɦ в ɧɟɪаɡɨɝɪɟɬɨɦ 
ɫɨɫɬɨяɧии (ɭɱаɫɬɨɤ 1) ɧаɧɨɤɨɦɩɨɡиɬ явɥяɟɬɫя 
ɩɪɨвɨɞɧиɤɨɦ ɫ ɧиɡɤиɦ ɫɨɛɫɬвɟɧɧɵɦ ɫɨɩɪɨɬивɥɟɧиɟɦ. 
ɉɪи ɪаɡɨɝɪɟвɟ вɵшɟ ɨɩɪɟɞɟɥɟɧɧɨɣ ɬɟɦɩɟɪаɬɭɪɵ (ɬɟɦɩɟɪаɬɭɪɵ ɩɟɪɟɯɨɞа) ɭɝɥɟɪɨɞɧɵɟ ɤаɧаɥɵ ɪаɡ-

ɪɵваɸɬɫя ɡа ɫɱɟɬ ɨɛɴɟɦɧɨɝɨ ɪаɫшиɪɟɧия ɩɨɥиɦɟɪɧɨɣ 
ɦаɬɪиɰɵ и/иɥи ɬɪаɧɫɮɨɪɦаɰии ɤɪиɫɬаɥɥиɱɟɫɤɨɣ 
ɫɬɪɭɤɬɭɪɵ ɦаɬɪиɰɵ в аɦɨɪɮɧɭɸ и ɷɥɟɤɬɪиɱɟɫɤɨɟ 
ɫɨɩɪɨɬивɥɟɧиɟ ɧаɧɨɤɨɦɩɨɡиɬа ɪɟɡɤɨ вɨɡɪаɫɬаɟɬ (ɭɱаɫɬɨɤ 2) [11–12]. На вɵɫɨɤɨ-ɬɟɦɩɟɪаɬɭɪɧɨɦ 
ɭɱаɫɬɤɟ 3 ɫɬɪɭɤɬɭɪа ɩɪɨвɨɞяɳиɯ ɤаɧаɥɨв ɩɨɥɧɨɫɬьɸ 
ɪаɡɪɭшɟɧа и ɫɨɩɪɨɬивɥɟɧиɟ ɋВɉ ɞɨɫɬиɝаɟɬ 
ɦаɤɫиɦаɥьɧɨɣ вɟɥиɱиɧɵ. 
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Тɟɯɧиɱɟɫɤɨɟ ɩɪиɦɟɧɟɧиɟ иɦɟɸɬ ɭɱаɫɬɨɤ 1 (вɵɫɨɤɨɩɪɨвɨɞяɳɟɟ ɫɨɫɬɨяɧиɟ) и 2 (ɫɤаɱɤɨɨɛɪаɡɧɵɣ  

ɩɟɪɟɯɨɞ ɤ ɧиɡɤɨɩɪɨвɨɞяɳɟɦɭ ɫɨɫɬɨяɧиɸ). 
В ɤаɱɟɫɬвɟ ɨɫɧɨвɧɵɯ ɩаɪаɦɟɬɪɨв, ваɠɧɵɯ ɞɥя иɯ 

ɩɪиɦɟɧɟɧия в ɫɯɟɦɟ ɪиɫ. 1, ɫɥɟɞɭɟɬ ɩɪиɧяɬь: 
RFu0 – ɫɨɩɪɨɬивɥɟɧиɟ ɋВɉ в ɩɪɨвɨɞяɳɟɦ ɫɨɫ-

ɬɨяɧии (ɨɩɪɟɞɟɥяɟɬɫя ɩаɫɩɨɪɬɧɵɦи вɟɥиɱиɧаɦи Rmin – ɦаɤɫиɦаɥьɧɨɟ ɦиɧиɦаɥьɧɨɟ ɧаɱаɥьɧɨɟ ɫɨɩ-
ɪɨɬивɥɟɧиɟ иɥи R1max, – ɦиɧиɦаɥьɧɨɟ ɫɨɩɪɨɬивɥɟɧиɟ 
ɩɨɫɥɟ ɨɞɧɨɝɨ ɱаɫа вɨɫɫɬаɧɨвɥɟɧия ɩɪи ɡаɞаɧɧɨɣ ɬɟɦ-
ɩɟɪаɬɭɪɟ ɨɤɪɭɠаɸɳɟɝɨ вɨɡɞɭɯа); Itrip – ɬɨɤ ɫɪаɛаɬɵва-
ɧия ɋВɉ, ɬ.ɟ. ɦиɧиɦаɥьɧɵɣ ɬɨɤ ɱɟɪɟɡ ɋВɉ, ɩɪи ɤɨɬɨ-
ɪɨɦ ɩɪɨиɫɯɨɞиɬ ɩɟɪɟɯɨɞ ɨɬ ɩɪɨвɨɞяɳɟɝɨ ɫɨɫɬɨяɧия ɤ 
ɧɟɩɪɨвɨɞяɳɟɦɭ. 
Заɳиɬа ɩаɪаɥɥɟɥьɧɨɝɨ ɫɨɟɞиɧɟɧия ɮɨɬɨɷɥɟɤɬ-

ɪиɱɟɫɤиɯ ɤɨɦɩɨɧɟɧɬɨв ɫɨɥɧɟɱɧɵɯ ɛаɬаɪɟɣ (ɪиɫ. 1) 
ɦɨɠɟɬ ɛɵɬь ɪɟаɥиɡɨваɧа ɩɪи вɵɩɨɥɧɟɧии ɫɥɟɞɭɸɳиɯ 
ɭɫɥɨвиɣ 

RFu0=Rmin (иɥи R1max)<<m R*
s  (3)

ɝɞɟ ss r=R∗  иɥи ss R=R∗  в ɩɨɫɥɟɞɨваɬɟɥьɧɨɦ ɫɨɟɞи-
ɧɟɧии m яɱɟɟɤ иɥи ɦɨɞɭɥɟɣ, ɫɨɨɬвɟɬɫɬвɟɧɧɨ. 
Тɨ ɟɫɬь ɧаɥиɱиɟ ɬаɤиɯ ɩɪɟɞɨɯɪаɧиɬɟɥɟɣ в ɷɥɟɤɬɪи-

ɱɟɫɤɨɣ ɰɟɩи ɧɟ ɞɨɥɠɧɨ вɥияɬь ɧа ɧɨɪɦаɥьɧɭɸ ɪаɛɨɬɭ 
ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ ɤɨɦɩɨɧɟɧɬɨв. 
Вɬɨɪɨɟ ɭɫɥɨвиɟ: 

( ) ∗∗⋅− SCirip I>I>In 1 ,  (4)
ɝɞɟ i=I ∗ , SCSC i=I ∗  иɥи I=I ∗ , SCSC I=I ∗  в ɩɨɫɥɟ-
ɞɨваɬɟɥьɧɨɦ ɫɨɟɞиɧɟɧии m яɱɟɟɤ иɥи ɦɨɞɭɥɟɣ, ɫɨɨɬ-
вɟɬɫɬвɟɧɧɨ. 
Т.ɟ. ɬɨɤ ɫɪаɛаɬɵваɧия ɩɪɟɞɨɯɪаɧиɬɟɥя PPTC 

ɞɨɥɠɟɧ ɛɵɬь ɛɨɥьшɟ ɬɨɤа ɤɨɪɨɬɤɨɝɨ ɡаɦɵɤаɧия 
ɨɬɞɟɥьɧɨɝɨ ɤɨɦɩɨɧɟɧɬа (ɨɬɞɟɥьɧɨɝɨ ɮɨɬɨɷɥɟɤɬ-
ɪиɱɟɫɤɨɝɨ ɦɨɞɭɥя иɥи ɮɨɬɨɷɥɟɦɟɧɬа) и ɦɟɧьшɟ, ɱɟɦ 
ɬɨɤ иɯ ɩаɪаɥɥɟɥьɧɨɝɨ ɫɨɟɞиɧɟɧия в ɪаɛɨɱɟɦ ɪɟɠиɦɟ (n–1) · I*, ɝɞɟ (n–1) – ɱиɫɥɨ иɫɩɪавɧɵɯ ФЭМ иɥи ФЭɉ. 
Уɱиɬɵвая ɯаɪаɤɬɟɪɧɨɟ ɞɥя ɋВɉ ɭɦɟɧьшɟɧиɟ ɬɨɤа 
ɫɪаɛаɬɵваɧия ɫ ɪɨɫɬɨɦ ɬɟɦɩɟɪаɬɭɪɵ, ɫɥɟɞɭɟɬ ɨɬɦɟɬиɬь, 
ɱɬɨ ɩɟɪвɨɟ иɡ ɭɤаɡаɧɧɵɯ ɬɪɟɛɨваɧиɣ ɞɨɥɠɧɨ ɛɵɬь 
вɵɩɨɥɧɟɧɨ ɩɪи ɦаɤɫиɦаɥьɧɨ вɨɡɦɨɠɧɨɣ ɬɟɦɩɟɪаɬɭɪɟ 
ɮɭɧɤɰиɨɧиɪɨваɧия ФЭɉ (~60…80°ɋ [10]). 

 
3 ɆАɌЕРɂАɅЫ ɂ ɆЕɌОȾЫ 

Ɉɩɪɟɞɟɥɟɧиɟ аɧаɥиɬиɱɟɫɤиɯ вɵɪаɠɟɧиɣ ɦɨɞɟɥи ɦɨ-
ɠɟɬ ɛɵɬь ɩɪɨиɡвɟɞɟɧɨ ɧа ɨɫɧɨвɟ ɭɪавɧɟɧиɣ Киɪɯɝɨɮа и 
иɡвɟɫɬɧɵɯ ɦаɬɟɦаɬиɱɟɫɤиɯ ɨɩиɫаɧияɯ ɞɥя ВАХ ɪаɫ-
ɫɦаɬɪиваɟɦɵɯ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ ɫиɫɬɟɦ и ɷɥɟɤɬɪиɱɟ-
ɫɤиɯ ɯаɪаɤɬɟɪиɫɬиɤ иɫɩɨɥьɡɭɟɦɵɯ ɷɥɟɤɬɪɨɧɧɵɯ ɩɪиɛɨ-
ɪɨв. В ɱаɫɬɧɨɫɬи, ɭɱɟɬ ɩɪиɫɭɬɫɬвия ɋВɉ (ɪиɫ. 1) ɦɨ-
ɠɟɬ ɛɵɬь ɩɪɨиɡвɟɞɟɧ ɡаɦɟɧɨɣ в ɫɨɨɬвɟɬɫɬвɭɸɳɟɣ ɷɤ-
виваɥɟɧɬɧɨɣ ɫɯɟɦɟ и ɮɨɪɦɭɥɟ ɩɨɫɥɟɞɨваɬɟɥьɧɨɝɨ ɫɨ-
ɩɪɨɬивɥɟɧия rs ɧа ɟɝɨ ɫɭɦɦɭ ɫ ɱаɫɬьɸ ɫɨɩɪɨɬивɥɟɧия 
RFu, ɩɪиɯɨɞяɳɟɣɫя ɧа ɤаɠɞɵɣ ФЭɉ в ɩɨɫɥɟɞɨваɬɟɥь-
ɧɨɦ иɯ ɫɨɟɞиɧɟɧии, ɬ.ɟ. ( )Fus R+R∗ . 
ɋɥɟɞɭɟɬ ɨɬɦɟɬиɬь, ɱɬɨ в ɫɨɨɬвɟɬɫɬвии ɫ ɛаɡɨвɵɦ 

ɩɪиɧɰиɩɨɦ иɫɩɨɥьɡɨваɧия ɋВɉ [10] иɯ ɫɨɩɪɨɬивɥɟ-
ɧия ɞɨ ɫɪаɛаɬɵваɧия ɩɪи ɩɨвɵшɟɧии ɬɟɦɩɟɪаɬɭɪɵ 

ɩɪɟɧɟɛɪɟɠиɦɨ ɦаɥɵ в ɫɪавɧɟɧии ɫ ɩɨɫɥɟɞɨваɬɟɥьɧɵɦ 
ɫɨɩɪɨɬивɥɟɧиɟɦ ɨɬɞɟɥьɧɨɝɨ ФЭМ , и ɬаɤиɦ ɨɛɪаɡɨɦ в 
ɧɨɪɦаɥьɧɨɦ ɪɟɠиɦɟ ɦɨɠɧɨ ɩɪиɧяɬь RFu0<<R*

s. 
Наɥиɱиɟ ɤɨɪɨɬɤɨɝɨ ɡаɦɵɤаɧия ɨɞɧɨɝɨ ɮɨɬɨɷɥɟɤ-

ɬɪиɱɟɫɤɨɝɨ ɤɨɦɩɨɧɟɧɬа в ɫɨɨɬвɟɬɫɬвии ɫɨ ɫɯɟɦɨɣ 
ɪиɫ. 1 ɦɨɠɟɬ ɪаɫɫɦаɬɪиваɬьɫя ɤаɤ ɩаɪаɥɥɟɥьɧɨɟ ɫɨ-
ɟɞиɧɟɧиɟ ɫɨɩɪɨɬивɥɟɧия ɧаɝɪɭɡɤи RL и ɫɨɩɪɨɬивɥɟɧия 
ɩɪɟɞɨɯɪаɧиɬɟɥя RFu

 (IFu), ɡавиɫяɳɟɝɨ ɨɬ вɟɥиɱиɧɵ 
ɩɪɨɬɟɤаɸɳɟɝɨ ɱɟɪɟɡ ɧɟɝɨ ɬɨɤа IFu. ɋɥɟɞɭɟɬ ɨɬɦɟɬиɬь, 
ɱɬɨ ɫɨɩɪɨɬивɥɟɧиɟ ɧаɝɪɭɡɤи RL ɞɥя ɭɩɪɨɳɟɧия ɪаɫɱɟ-
ɬɨв ɩɪиɧиɦаɥɨɫь аɤɬивɧɵɦ, ɯɨɬя ɨɧɨ ɦɨɠɟɬ ɛɵɬь и 
ɪɟаɤɬивɧɵɦ (ɧаɩɪиɦɟɪ, ɟɦɤɨɫɬɧɵɦ) иɥи, в ɨɛɳɟɦ 
ɫɥɭɱаɟ, ɤɨɦɩɥɟɤɫɧɵɦ. 
ɉɪиɦɟɦ вɨ вɧиɦаɧиɟ, ɱɬɨ:  

== ),( LFu RIVV  ))( )(),(
LFuFu

LFuFu
LFu RIR

RIRRII
+

= , (5) 
ɝɞɟ I (IFu,RL) = IFu+IL – вɟɥиɱиɧа ɫɭɦɦаɪɧɨɝɨ ɬɨɤа ɱɟ-
ɪɟɡ ɤɨɪɨɬɤɨɡаɦɤɧɭɬɵɣ ɷɥɟɦɟɧɬ ɰɟɩи и ɫɨɩɪɨɬивɥɟɧиɟ 
ɧаɝɪɭɡɤи. C ɭɱɟɬɨɦ (5) ɭɪавɧɟɧиɟ ɞɥя ɪаɫɱɟɬа ВАХ ɪаɫɫɦаɬɪи-
ваɟɦɨɣ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤɨɣ ɫиɫɬɟɦɵ (ɩɪи ɧаɥиɱии ɤɨ-
ɪɨɬɤɨ ɡаɦɤɧɭɬɨɝɨ ɨɞɧɨɝɨ иɡ ɟɟ ɦɨɞɭɥɟɣ) ɦɨɠɧɨ ɩɨɥɭ-
ɱиɬь ɧа ɨɫɧɨвɟ (2), ɤɨɬɨɪɨɟ ɩɨɫɥɟ ɩɪɟɨɛɪаɡɨваɧия (ɪаɡ-
ɪɟшɟɧия ɨɬɧɨɫиɬɟɥьɧɨ V) ɛɭɞɟɬ иɦɟɬь ɫɥɟɞɭɸɳиɣ виɞ:  ( , )Fu L TV I R U= −⎥
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⎤
⎢
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.  
ɉɪи ɨɩɪɟɞɟɥɟɧии ɩаɪаɦɟɬɪɨв UT, ISC, VOC, и RS ɧа-

ɞɨ ɡаɦɟɧиɬь вɟɥиɱиɧɭ m (ɱиɫɥɨ ФЭМ ɫɨɟɞиɧɟɧɧɵɯ 
ɩаɪаɥɥɟɥьɧɨ ɧа ɫɯɟɦɟ ɪиɫ. 1) ɧа (m–1). 
ВАХ ɫаɦɨвɨɫɫɬаɧавɥиваɸɳɟɝɨɫя ɩɪɟɞɨɯɪаɧиɬɟɥя, 

ɤаɤ и ɥɸɛɨɝɨ ɩɨɡиɫɬɨɪɧɨɝɨ ɷɥɟɦɟɧɬа ɩɪɟɞɫɬавɥяɟɬɫя 
N-ɨɛɪаɡɧɨɣ ɡавиɫиɦɨɫɬьɸ и ɦɨɠɟɬ ɛɵɬь ɨɩɪɟɞɟɥɟɧа в 
ɩаɪаɦɟɬɪиɱɟɫɤɨɣ ɮɨɪɦɟ, ɝɞɟ в ɤаɱɟɫɬвɟ ɬаɤɨɝɨ ɩаɪа-
ɦɟɬɪа иɫɩɨɥьɡɭɟɬɫя ɬɟɦɩɟɪаɬɭɪа ɟɝɨ ɧаɝɪɟва [24, 25]. 
Ɉɞɧаɤɨ, иɫɩɨɥьɡɨваɧиɟ ɬаɤиɯ ɩɪɟɞɫɬавɥɟɧиɣ ɫɭɳɟɫɬ-
вɟɧɧɨ ɭɫɥɨɠɧяɟɬ ɪаɫɫɦаɬɪиваɟɦɭɸ ɡаɞаɱɭ. Дɥя ɟɟ 
ɭɩɪɨɳɟɧия, ɞɨɩɭɫɤаɸɳɟɝɨ ɩɨɥɭɱɟɧиɟ ɩɨɧяɬɧɨɝɨ аɞɟ-
ɤваɬɧɨɝɨ ɪɟɡɭɥьɬаɬа, ɩɪɟɞɫɬавɥяɟɬɫя вɨɡɦɨɠɧɵɦ иɫ-
ɩɨɥьɡɨваɬь ɩɪɟɞɫɬавɥɟɧия ɨ ɫɤаɱɤɨɨɛɪаɡɧɨɦ иɡɦɟɧɟ-
ɧии ɫɨɩɪɨɬивɥɟɧия ɪаɫɫɦаɬɪиваɟɦɵɯ ɋВɉ в ɨɛɥаɫɬи 
ɬɨɤɨв в ɨɤɪɟɫɬɧɨɫɬи ɬɨɤа ɫɪаɛаɬɵваɧия Itrip. Таɤиɦ 
ɨɛɪаɡɨɦ, ɦɨɠɧɨ ɩɪиɧяɬь, ɱɬɨ ɡавиɫиɦɨɫɬь RFu(IFu) 
иɦɟɟɬ виɞ ɩɟɪɟɤɥɸɱаɬɟɥьɧɨɣ ɮɭɧɤɰии, ɤɨɬɨɪɭɸ ɦɨɠ-
ɧɨ аɩɩɪɨɤɫиɦиɪɨваɬь ɮɭɧɤɰиɟɣ виɞа: 

18
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ɝɞɟ RFu0 = Rmin (иɥи R1max); IFu = Itrip. 
 

4 ɗɄСɉЕРɂɆЕɇɌЫ 
Каɤ ɭɠɟ ɨɬɦɟɱаɥɨɫь, ɩаɪаɦɟɬɪаɦи, ɨɩɪɟɞɟɥяɸɳи-

ɦи ɷɮɮɟɤɬивɧɨɫɬь иɫɩɨɥьɡɨваɧия ɋВɉ ɞɥя ɡаɳиɬɵ 
ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ ɫиɫɬɟɦ ɨɬ ɤɨɪɨɬɤиɯ ɡаɦɵɤаɧиɣ, 
явɥяɸɬɫя ɫɨɩɪɨɬивɥɟɧиɟ ɩɪɟɞɨɯɪаɧиɬɟɥя в ɩɪɨвɨɞя-
ɳɟɦ ɫɨɫɬɨяɧии RFu и ɬɨɤ ɟɝɨ ɫɪаɛаɬɵваɧия IFu0.   
Таɛɥиɰа 1 – ɉаɪаɦɟɬɪɵ ɷɥɟɦɟɧɬɨв ɦɨɞɟɥи ɮɨɬɨɷɥɟɤɬɪиɱɟ-

ɫɤɨɣ ɫиɫɬɟɦɵ 
Кɨɦɩɨɧɟɧɬ ɉаɪаɦɟɬɪɵ ɉɪиɧяɬɵɟ 

ɡɧаɱɟɧия 
i0 1 ɦɤА 
iph 0,039 А 
rS 2 Ɉɦ ФЭɉ [18] 
A 1,8 

RFu0 0,1–1 Ɉɦ ɋМɉ (иɡ ɫɟɪии RXEF) [26] IFu0 0,3–1 А 
Чиɫɥɨ ФЭɉ в иɯ ɩɨɫɥɟɞɨваɬɟɥь-
ɧɨɦ ɫɨɟɞиɧɟɧии (в ФЭМ)  m 36 
Чиɫɥɨ ɩаɪаɥɥɟɥьɧɵɯ ɫɨɟɞиɧɟɧиɣ 
ФЭМ n 36 
Дɥя иɫɫɥɟɞɨваɧия ɮɭɧɤɰиɨɧиɪɨваɧия ɪаɫɫɦаɬɪи-

ваɟɦɵɯ ɬɟɯɧиɱɟɫɤиɯ ɫɪɟɞɫɬв ɡаɳиɬɵ ɛɵɥи ɩɪɨвɟɞɟɧɵ 
ɱиɫɥɟɧɧɵɟ ɷɤɫɩɟɪиɦɟɧɬɵ ɧа ɨɫɧɨвɟ ɮɨɬɨɷɥɟɤɬɪиɱɟ-
ɫɤɨɣ ɫиɫɬɟɦɵ (ɪиɫ. 1) ɫ ɤɨɦɩɨɧɟɧɬаɦи ɧа ɨɫɧɨвɟ ɷɥɟ-
ɦɟɧɬɨв ɫ ɬиɩɨвɵɦи ɩаɪаɦɟɬɪаɦи, ɩɪивɟɞɟɧɧɵɦи в 
ɬаɛɥ. 1. 
ɉаɪаɦɟɬɪ α в ɮɨɪɦɭɥɟ (7) ɩɪиɧиɦаɥɫя ɪавɧɵɦ 25.  

5 РЕɁɍɅЬɌАɌЫ 
Вɥияɧиɟ вɟɥиɱиɧɵ ɫɨɩɪɨɬивɥɟɧия RFu0 ɧа вɨɥьɬ-

аɦɩɟɪɧɵɟ и вɨɥьɬ-ваɬɬɧɵɟ ɯаɪаɤɬɟɪиɫɬиɤи иɫɫɥɟɞɭɟ-
ɦɨɣ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤɨɣ ɫиɫɬɟɦɵ ɩɨɤаɡаɧɨ ɧа ɪиɫ. 3 и 
ɪиɫ. 4.   

Риɫɭɧɨɤ 3 – Вɨɥьɬ-аɦɩɟɪɧɵɟ ɯаɪаɤɬɟɪиɫɬиɤи IL(V) (ɤɪи-
вɵɟ 1–4) и ɡавиɫиɦɨɫɬи ɬɨɤа ɱɟɪɟɡ ɋВɉ Fun IFu(V) (1′–3′) 
ɦɨɞɟɥиɪɭɟɦɨɣ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤɨɣ ɫиɫɬɟɦɵ ɩɪи ɧаɥиɱии 

ɤɨɪɨɬɤɨɝɨ ɡаɦɵɤаɧия ɨɞɧɨɝɨ иɡ ɟɟ ɤɨɦɩɨɧɟɧɬɨв 
ɉаɪаɦɟɬɪɵ ɋВɉ IFu0 = 0,3 А и RFu0, Ɉɦ: 1 – 0,1; 2 – 0,4; 3 – 1. 
Кɪивɵɟ 4 ɫɨɨɬвɟɬɫɬвɭɟɬ ɨɬɫɭɬɫɬвиɸ ɤɨɪɨɬɤɨɝɨ ɡаɦɵɤаɧия 

 
Риɫɭɧɨɤ 4 – Вɨɥьɬ-ваɬɬɧɵɟ ɯаɪаɤɬɟɪиɫɬиɤи PL(V) ɦɨɞɟ-

ɥиɪɭɟɦɨɣ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤɨɣ ɫиɫɬɟɦɵ ɩɪи ɧаɥиɱии ɤɨɪɨɬ-
ɤɨɝɨ ɡаɦɵɤаɧия ɨɞɧɨɝɨ иɡ ɟɟ ɤɨɦɩɨɧɟɧɬɨв. ɉаɪаɦɟɬɪɵ и 

ɨɛɨɡɧаɱɟɧия ɫɨɨɬвɟɬɫɬвɭɸɬ ɩɪиɧяɬɵɦ ɧа ɪиɫ. 3 
 
Вɥияɧиɟ вɟɥиɱиɧɵ ɬɨɤа ɫɪаɛаɬɵваɧия ɋВɉ ɧа 

аɧаɥɨɝиɱɧɵɟ ɯаɪаɤɬɟɪиɫɬиɤи ɪаɫɫɦаɬɪиваɟɦɨɣ ɮɨɬɨ-
ɷɥɟɤɬɪиɱɟɫɤɨɣ ɫиɫɬɟɦɵ ɩɪивɟɞɟɧɵ ɧа ɪиɫ. 5.  

а 
 

ɛ 
ɉаɪаɦɟɬɪɵ ɋВɉ RFu0 = 0,4 Ɉɦ и IFu0, А: 1 – 0,3; 2 – 0,5; 3 – 0,7. Кɪивɵɟ 4 ɫɨɨɬвɟɬɫɬвɭɟɬ ɨɬɫɭɬɫɬвиɸ ɤɨ-

ɪɨɬɤɨɝɨ ɡаɦɵɤаɧия 
Риɫɭɧɨɤ 5 – Вɨɥьɬ-аɦɩɟɪɧɵɟ (а) и вɨɥьɬ-ваɬɬɧɵɟ (ɛ) ɯа-

ɪаɤɬɟɪиɫɬиɤи ɦɨɞɟɥиɪɭɟɦɨɣ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤɨɣ ɫиɫɬɟɦɵ 
ɩɪи ɤɨɪɨɬɤɨɦ ɡаɦɵɤаɧия ɨɞɧɨɝɨ иɡ ɟɟ ɤɨɦɩɨɧɟɧɬɨв 

 
6 ОȻСɍɀȾЕɇɂЕ 

Каɤ виɞɧɨ иɡ ɪиɫ. 3, вɥияɧиɟ ɫɨɩɪɨɬивɥɟɧия ɋВɉ в 
ɩɪɨвɨɞяɳɟɦ ɫɨɫɬɨяɧии RFu0 иɦɟɟɬ ɦɟɫɬɨ в ɞиаɩаɡɨɧɟ 
ɨɱɟɧь ɦаɥɵɯ ɧаɩɪяɠɟɧиɣ V. Ɉɧɨ ɨɝɪаɧиɱиваɟɬ ɟɝɨ 
ɧаɱаɥьɧɵɣ ɭɱаɫɬɨɤ, ɝɞɟ ɫɨɩɪɨɬивɥɟɧиɟ ɧаɝɪɭɡɤи RL 
ɦɟɧьшɟ RFu0 и ɩɪаɤɬиɱɟɫɤи ɨɬɫɭɬɫɬвɭɟɬ ɨɬɛɨɪ ɬɨɤа ɫ 
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ɧаɝɪɭɡɤи ɧа ɩɪɟɞɨɯɪаɧиɬɟɥь. ɋ ɭɦɟɧьшɟɧиɟɦ ɫɨɩɪɨ-
ɬивɥɟɧия RFu0 ɷɬɨɬ ɭɱаɫɬɨɤ ɫɨɤɪаɳаɟɬɫя. 
ɉɪи ɛɨɥɟɟ вɵɫɨɤиɯ ɡɧаɱɟɧияɯ RL ɬɨɤ ɱɟɪɟɡ ɋВɉ 

ɭвɟɥиɱиваɟɬɫя, ɱɬɨ ɩɪивɨɞиɬ в иɬɨɝɟ ɤ ɟɝɨ ɫɪаɛаɬɵва-
ɧиɸ, ɩɨɫɥɟ ɱɟɝɨ ɩɨɥɭɱаɟɬɫя ɬиɩɨвая ɞɥя ɮɨɬɨɷɥɟɤɬɪи-
ɱɟɫɤиɯ ɫиɫɬɟɦ ɡавиɫиɦɨɫɬь IL(V), ɧɨ ɫɨ ɡɧаɱɟɧиɟɦ ɬɨ-
ɤа ɤɨɪɨɬɤɨɝɨ ɡаɦɵɤаɧия ɭɦɟɧьшɟɧɧɵɦ ɧа вɟɥиɱиɧɭ, 
ɤɨɬɨɪая ɩɪɟɞɫɬавɥяɟɬ ɫɨɛɨɣ ɫɭɦɦɭ ɬɨɤɨв ɨɬɤɥɸɱɟɧ-
ɧɨɝɨ (ɤɨɪɨɬɤɨɡаɦɤɧɭɬɨɝɨ) ɩɨɫɥɟɞɨваɬɟɥьɧɨɝɨ ɫɨɟɞи-
ɧɟɧия ФЭɉ (PVn) и ɬɨɤа ɫɪаɛаɬɵваɧия ɩɪɟɞɨɯɪаɧиɬɟ-
ɥя Fun. 
Наɥиɱиɟ ɋВɉ ɩɪивɨɞиɬ ɬɨɥьɤɨ ɤ ɨɩɪɟɞɟɥɟɧɧɨɦɭ 

ɫɧиɠɟɧиɸ ɩɪɨиɡвɨɞиɦɨɣ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤɨɣ ɫиɫɬɟ-
ɦɨɣ ɷɥɟɤɬɪиɱɟɫɤɨɣ ɦɨɳɧɨɫɬи, а ɧɟ ɩɨɥɧɨɦɭ ɟɟ вɵɯɨ-
ɞɭ иɡ ɫɬɪɨя (ɪиɫ. 4). Иɡɦɟɧɟɧиɟ ɫɨɩɪɨɬивɥɟɧия ɩɪɟɞɨ-
ɯɪаɧиɬɟɥя в ɩɪɨвɨɞяɳɟɦ ɫɨɫɬɨяɧии ɩɪаɤɬиɱɟɫɤи ɧɟ 
вɥияɟɬ ɧа ВВХ 
Каɤ ɫвиɞɟɬɟɥьɫɬвɭɸɬ ɷɬи ɞаɧɧɵɟ ɪиɫ. 5а и ɪиɫ. 5ɛ, 

иɡɦɟɧɟɧия вɟɥиɱиɧɵ ɬɨɤа ɫɪаɛаɬɵваɧия ɩɪɟɞɨɯɪаɧи-
ɬɟɥя ɨɩɪɟɞɟɥяɸɬ иɡɦɟɧɟɧия ɦаɤɫиɦаɥьɧɨɝɨ ɬɨɤа и 
ɩɪɨиɡвɨɞиɦɨɣ ɷɥɟɤɬɪиɱɟɫɤɨɣ ɦɨɳɧɨɫɬи в ɪаɛɨɱɟɦ 
ɞиаɩаɡɨɧɟ, ɝɞɟ ɪɟаɥиɡɭɟɬɫя ɡаɳиɬа ɨɬ ɤɨɪɨɬɤɨɝɨ ɡа-
ɦɵɤаɧия, ɬ.ɟ. ɋВɉ ɧаɯɨɞиɬɫя в ɫɨɫɬɨяɧии ɫ вɵɫɨɤиɦ 
ɡɧаɱɟɧиɟɦ ɫɨɩɪɨɬивɥɟɧия. Уɦɟɧьшɟɧиɟ вɟɥиɱиɧɵ IFu0 
ɫɧиɠаɟɬ ɷɧɟɪɝɟɬиɱɟɫɤиɟ ɡаɬɪаɬɵ ɧа ɩɨɞɞɟɪɠаɧиɟ ɩɪɟ-
ɞɨɯɪаɧиɬɟɥя в ɧиɡɤɨɩɪɨвɨɞяɳɟɦ ɫɨɫɬɨяɧии, ɛɥɨɤи-
ɪɭɸɳɟɦ ɤɨɪɨɬɤɨɟ ɡаɦɵɤаɧиɟ ɤɨɦɩɨɧɟɧɬа ɩаɪаɥɥɟɥь-
ɧɨɣ ɰɟɩи. В иɬɨɝɟ, ɷɬɨ ɩɪивɨɞиɬ ɤ ɪɨɫɬɭ ɬɨɤа ɧаɝɪɭɡɤи 
IL и ɦɨɳɧɨɫɬи PL, ɬ. ɟ. ɩɨвɵшɟɧиɸ ɷɮɮɟɤɬивɧɨɫɬи 
ɪаɛɨɬɵ вɫɟɣ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤɨɣ ɫиɫɬɟɦɵ. Ɉɫɧɨвɧɵɦ 
ɨɝɪаɧиɱɟɧиɟɦ ɫɧиɡɭ ɩɪи ɨɩɪɟɞɟɥɟɧии ɬɨɤа ɫɪаɛаɬɵ-
ваɧия ɋВɉ явɥяɟɬɫя ɬɪɟɛɨваɧиɟ ɨɬɫɭɬɫɬвия ɤаɤɨɝɨ-
ɥиɛɨ вɥияɧия ɩɪɟɞɨɯɪаɧиɬɟɥя ɧа ɧɨɪɦаɥьɧɨ ɮɭɧɤ-
ɰиɨɧиɪɭɸɳиɣ (в ɨɬɫɭɬɫɬвии ɟɝɨ ɤɨɪɨɬɤиɯ ɡаɦɵɤаɧиɣ 
ɪаɫɫɦаɬɪиваɟɦɨɝɨ виɞа) ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɣ ɤɨɦɩɨ-
ɧɟɧɬ (ФЭМ иɥи ФЭɉ), ɬ.ɟ. IFu0>ISC. 
ɋɥɟɞɭɟɬ ɬаɤɠɟ ɨɬɦɟɬиɬь, ɱɬɨ ɩɨɬɟɪи ɩɪɨиɡвɨɞиɦɨɣ 

ɷɥɟɤɬɪиɱɟɫɤɨɣ ɷɧɟɪɝии ɧа ɪаɛɨɬɭ ɩɪɟɞɨɯɪаɧиɬɟɥя в 
ɪаɫɫɦаɬɪиваɟɦɨɣ ɫиɬɭаɰии ɤɨɪɨɬɤɨɝɨ ɡаɦɵɤаɧия ɨɞ-
ɧɨɝɨ иɡ ɩаɪаɥɥɟɥьɧɨ ɫɨɟɞиɧɟɧɧɵɯ ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ 
ɤɨɦɩɨɧɟɧɬɨв ɦɨɝɭɬ ɛɵɬь и ɦɟɧьшиɦи, ɱɟɦ ɩɨɥɭɱɟɧɵ 
в ɪаɦɤаɯ ɪаɫɫɦаɬɪиваɟɦɨɣ ɦɨɞɟɥи, ɛаɡиɪɭɸɳɟɣɫя ɧа 
аɩɩɪɨɤɫиɦаɰии ɯаɪаɤɬɟɪиɫɬиɤи ɋВɉ ɩɟɪɟɤɥɸɱаɬɟɥь-
ɧɨɣ ɮɭɧɤɰиɟɣ, ɤɨɬɨɪая ɧɟ ɭɱиɬɵваɟɬ, ɱɬɨ ɩɪи ɭвɟɥи-
ɱɟɧии ɩаɞɟɧия ɧаɩɪяɠɟɧия ɧа ɩɪɟɞɨɯɪаɧиɬɟɥɟ ɟɝɨ ɬɨɤ 
ɦɨɠɟɬ ɭɦɟɧьшаɟɬɫя.  

ВЫВОȾЫ 
ɉɪɟɞɥɨɠɟɧɨ ɫɯɟɦɧɨɟ ɪɟшɟɧиɟ ɨɝɪаɧиɱɟɧия ɬɨɤа в 

ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ ɫиɫɬɟɦаɯ ɫɨɥɧɟɱɧɵɯ ɛаɬаɪɟɣ ɫ 
иɫɩɨɥьɡɨваɧиɟɦ ɫаɦɨвɨɫɫɬаɧавɥиваɸɳиɯɫя ɩɪɟɞɨ-
ɯɪаɧиɬɟɥɟɣ «Polyswitch». 
Раɡɪаɛɨɬаɧа ɦаɬɟɦаɬиɱɟɫɤая ɦɨɞɟɥь ɫɯɟɦɧɨɝɨ ɪɟ-

шɟɧия и ɩɪɨвɟɞɟɧɨ ɦɨɞɟɥиɪɨваɧиɟ ɟɝɨ ɨɫɧɨвɧɵɯ ɯа-
ɪаɤɬɟɪиɫɬиɤ ɩɪи иɫɩɨɥьɡɨваɧии ɬиɩиɱɧɵɯ ɩаɪаɦɟɬɪɨв 
ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ ɩɪɟɨɛɪаɡɨваɬɟɥɟɣ ɧа ɨɫɧɨвɟ ɦɨ-
ɧɨɤɪиɫɬаɥɥиɱɟɫɤɨɝɨ ɤɪɟɦɧия и ɤɨɦɦɟɪɱɟɫɤиɯ ɫаɦɨ-
вɨɫɫɬаɧавɥиваɸɳиɯɫя ɩɪɟɞɨɯɪаɧиɬɟɥɟɣ. ɉɪɨаɧаɥиɡи-
ɪɨваɧɨ вɥияɧиɟ вɟɥиɱиɧɵ ɫɨɩɪɨɬивɥɟɧия в ɩɪɨвɨɞя-

ɳɟɦ ɫɨɫɬɨяɧии и ɬɨɤа ɫɪаɛаɬɵваɧия ɋВɉ ɧа ВАХ и 
ВВХ ɩаɪаɥɥɟɥьɧɨɝɨ ɫɨɟɞиɧɟɧия ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ 
ɤɨɦɩɨɧɟɧɬɨв ɫɨɥɧɟɱɧɵɯ ɛаɬаɪɟɣ. 
ɉɨɤаɡаɧɨ, ɱɬɨ ɷɮɮɟɤɬивɧɨɟ ɨɝɪаɧиɱɟɧиɟ ɬɨɤа ɩɪи 

ɧаɥиɱии ɤɨɪɨɬɤɨɝɨ ɡаɦɵɤаɧия в ɩаɪаɥɥɟɥьɧɨɦ 
ɫɨɟɞиɧɟɧии ɮɨɬɨɷɥɟɤɬɪиɱɟɫɤиɯ ɤɨɦɩɨɧɟɧɬ ɦɨɠɟɬ 
ɛɵɬь ɪɟаɥиɡɨваɧɨ ɩɪи вɵɩɨɥɧɟɧии ɫɥɟɞɭɸɳиɯ 
ɭɫɥɨвиɣ: – ɫɨɩɪɨɬивɥɟɧиɟ ɩɪɟɞɨɯɪаɧиɬɟɥя в ɩɪɨвɨɞяɳɟɦ 
ɫɨɫɬɨяɧии ɡɧаɱиɬɟɥьɧɨ ɦɟɧьшɟ ɩаɪаɥɥɟɥьɧɨɝɨ ɫɨɟɞи-
ɧɟɧия ɩɨɫɥɟɞɨваɬɟɥьɧɵɯ ɫɨɩɪɨɬивɥɟɧиɣ ɮɨɬɨɷɥɟɤ-
ɬɪиɱɟɫɤиɯ ɤɨɦɩɨɧɟɧɬ; – ɬɨɤ ɫɪаɛаɬɵваɧия ɩɪɟɞɨɯɪаɧиɬɟɥя ɞɨɥɠɟɧ ɛɵɬь 
ɛɨɥьшɟ ɬɨɤа ɤɨɪɨɬɤɨɝɨ ɡаɦɵɤаɧия ɨɬɞɟɥьɧɨɝɨ ɮɨɬɨ-
ɷɥɟɤɬɪиɱɟɫɤɨɝɨ ɤɨɦɩɨɧɟɧɬа и ɦɟɧьшɟ ɬɨɤа иɯ ɩаɪаɥ-
ɥɟɥьɧɨɝɨ ɫɨɟɞиɧɟɧия. 
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ɆОȾЕɅЮВАɇɇə ОȻɆЕɀЕɇɇə СɌРɍɆɍ В ɎОɌОЕɅЕɄɌРɂЧɇɂɏ СɂСɌЕɆАɏ СОɇəЧɇɂɏ ȻАɌАРЕɃ  

Ɂ ВɂɄОРɂСɌАɇɇəɆ САɆОВІȾɇОВɅЮВАɇОГО ɁАɉОȻІɀɇɂɄА «POLYSWITCH» 
Ɍɨɧɤɨшɤɭɪ О. С. – ɞ-ɪ ɮіɡ-ɦаɬ. ɧаɭɤ. ɩɪɨɮɟɫɨɪ, ɩɪɨɮɟɫɨɪ ɤаɮɟɞɪи ɟɥɟɤɬɪɨɧɧиɯ ɨɛɱиɫɥɸваɥьɧиɯ ɦашиɧ, Дɧіɩɪɨвɫьɤиɣ 

ɧаɰіɨɧаɥьɧиɣ ɭɧівɟɪɫиɬɟɬ іɦɟɧі Ɉɥɟɫя Ƚɨɧɱаɪа, Уɤɪаʀɧа. 
ɇаɤашиɞзɟ Ʌ. В. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɫɬаɪш. ɧаɭɤ. ɫɩівɪ., ɞиɪɟɤɬɨɪ НДІ ɟɧɟɪɝɟɬиɤи Дɧіɩɪɨвɫьɤиɣ ɧаɰіɨɧаɥьɧиɣ 

ɭɧівɟɪɫиɬɟɬ іɦɟɧі Ɉɥɟɫя Ƚɨɧɱаɪа, Уɤɪаʀɧа. 
АɇОɌАɐІə 

Аɤɬɭаɥьɧіɫɬь. Рішɟɧɧя ɡавɞаɧɧя ɩіɞвиɳɟɧɧя ɧаɞіɣɧɨɫɬі ɫɨɧяɱɧиɯ ɛаɬаɪɟɣ, вɤɥɸɱаɸɱи ɭɫɭɧɟɧɧя ɧɟшɬаɬɧиɯ (ɩɨɠɟɠɨ-
ɧɟɛɟɡɩɟɱɧиɯ) ɫиɬɭаɰіɣ, ɧа ɨɫɧɨві ɪɨɡɪɨɛɤи ɦɟɬɨɞів і ɡаɫɨɛів ɡаɩɨɛіɝаɧɧя ɫɬɪɭɦɨвиɯ ɩɟɪɟваɧɬаɠɟɧь в ʀɯ ɮɨɬɨɟɥɟɤɬɪиɱɧиɯ 
ɫиɫɬɟɦаɯ. 

Ɇɟɬа. Вивɱɟɧɧя ɩɟɪɫɩɟɤɬиви ɦіɧіɦіɡаɰіʀ ɫɬɪɭɦɨвиɯ ɩɟɪɟваɧɬаɠɟɧь ɭ ɮɨɬɨɟɥɟɤɬɪиɱɧиɯ ɫиɫɬɟɦаɯ ɫɨɧяɱɧиɯ ɛаɬаɪɟɣ шɥя-
ɯɨɦ ɡаɫɬɨɫɭваɧɧя ɧɟɞɨɪɨɝиɯ ɟɥɟɦɟɧɬів ɮɭɧɤɰіɨɧаɥьɧɨʀ ɟɥɟɤɬɪɨɧіɤи, ɡɨɤɪɟɦа віɞɧɨɫɧɨ ɧɨвиɯ і ɬиɯ, ɳɨ ɧаɛɭɥи шиɪɨɤɨɝɨ 
ɩɨшиɪɟɧɧя, ɫаɦɨвіɞɧɨвɥɸваɧиɯ ɡаɩɨɛіɠɧиɤів ɬиɩɭ «Polyswith». 

Ɇɟɬɨɞ. Заɩɪɨɩɨɧɨваɧɨ ɫɯɟɦɧɟ ɪішɟɧɧя і ɦɟɬɨɞɨɦ ɦɨɞɟɥɸваɧɧя ɨɛґɪɭɧɬɨваɧі ɦɨɠɥивɨɫɬі виɤɨɪиɫɬаɧɧя ɡаɩɨɛіɠɧиɤів 
ɬиɩɭ Polyswitch ɞɥя ɡаɩɨɛіɝаɧɧя ɬа ɦіɧіɦіɡаɰіʀ ɫɬɪɭɦɨвиɯ ɩɟɪɟваɧɬаɠɟɧь ɭ ɮɨɬɨɟɥɟɤɬɪиɱɧиɯ ɫиɫɬɟɦаɯ ɫɨɧяɱɧиɯ ɛаɬаɪɟɣ. 

Рɟзɭɥьɬаɬи. ɉɪɨаɧаɥіɡɨваɧɨ вɩɥив вɟɥиɱиɧи ɨɩɨɪɭ в ɩɪɨвіɞɧɨɦɭ ɫɬаɧі ɬа ɫɬɪɭɦɭ ɫɩɪаɰьɨвɭваɧɧя ɡаɩɨɛіɠɧиɤів ɧа 
вɨɥьɬ-аɦɩɟɪɧі ɬа вɨɥьɬ-ваɬɧі ɯаɪаɤɬɟɪиɫɬиɤи ɩаɪаɥɟɥьɧиɯ ɡ’єɞɧаɧь ɮɨɬɨɟɥɟɤɬɪиɱɧиɯ ɩɟɪɟɬвɨɪɸваɱів і ʀɯ ɦɨɞɭɥів. 

Виɫɧɨвɤи. ɉɨɤаɡаɧɨ, ɳɨ ɟɮɟɤɬивɧɟ ɨɛɦɟɠɟɧɧя ɫɬɪɭɦɭ ɡа ɧаявɧɨɫɬі ɤɨɪɨɬɤɨɝɨ ɡаɦиɤаɧɧя ɩɪи ɬаɤɨɦɭ ɡ’єɞɧаɧɧі ɮɨɬɨ-
ɟɥɟɤɬɪиɱɧиɯ ɤɨɦɩɨɧɟɧɬ ɦɨɠɟ ɛɭɬи ɪɟаɥіɡɨваɧɨ ɩɪи виɤɨɧаɧɧі ɬаɤиɯ ɭɦɨв: – ɨɩіɪ ɡаɩɨɛіɠɧиɤа в ɩɪɨвіɞɧɨɦɭ ɫɬаɧі ɡɧаɱɧɨ ɦɟɧшɟ ɩɨɫɥіɞɨвɧɨɝɨ ɨɩɨɪɭ ɮɨɬɨɟɥɟɤɬɪиɱɧɨɝɨ ɤɨɦɩɨɧɟɧɬа; – ɫɬɪɭɦ ɫɩɪаɰьɨвɭваɧɧя ɡаɩɨɛіɠɧиɤа ɩɨвиɧɟɧ ɛɭɬи ɛіɥьшиɦ ɫɬɪɭɦɭ ɤɨɪɨɬɤɨɝɨ ɡаɦиɤаɧɧя ɨɤɪɟɦɨɝɨ ɮɨɬɨɟɥɟɤɬɪиɱɧɨɝɨ 
ɤɨɦɩɨɧɟɧɬа і ɦɟɧшиɦ ɫɬɪɭɦɭ ʀɯ ɩаɪаɥɟɥьɧɨɝɨ ɡ’єɞɧаɧɧя. 

ɄɅЮЧОВІ СɅОВА: ɮɨɬɨɟɥɟɤɬɪиɱɧиɣ ɩɟɪɟɬвɨɪɸваɱ, ɫɬɪɭɦɨві ɩɟɪɟваɧɬаɠɟɧɧя, ɫаɦɨвіɞɧɨвɥɸваɧиɣ ɡаɩɨɛіɠɧиɤ, 
вɨɥьɬ-аɦɩɟɪɧі ɯаɪаɤɬɟɪиɫɬиɤи, вɨɥьɬ-ваɬɧі ɯаɪаɤɬɟɪиɫɬиɤи, ɦɨɞɟɥɸваɧɧя. 
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ABSTRACT 

Context. Solving the problem of increasing the reliability of solar cells, including the elimination of abnormal (fire hazardous) situations based on the development of methods and means to prevent current overloads in their photovoltaic systems. 
Objective. The study of the prospects of minimizing current overloads in photovoltaic systems of solar cells through the use of low-cost elements of functional electronics in particular rather new and widely used self-healing fuses of the type “Polyswith”. 
Method. A circuit design is proposed and the modeling method makes it possible to use Polyswitch-type fuses to prevent and minimize current overloads in photovoltaic solar panels. 
Results. The influence of the magnitude of the resistance in the conducting state and the current of operation of the fuses on the current-voltage and voltage-watt characteristics of parallel connections of photoelectric converters and their modules is analyzed. 
Conclusions. It is shown that an effective current limitation in the presence of short-circuits with such a connection of photo-voltaic components can be realized under the following conditions: – the resistance of the fuse in the conducting state is much less than the consistent resistance of the photoelectric component; – the current of the fuse should be greater current of short circuit of a separate photoelectric component and less current of their parallel connection. 
KEYWORDS: photoelectric converter, overcurrent, self-resetting fuses, current-voltage characteristics, voltage-watt characteris-tics, simulation. 
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INVESTIGATION OF A HYBRID REDUNDANCY IN THE FAULT-
TOLERANT SYSTEMS  

Tyurin S. F. – Dr. Sc., Professor, Professor of the Automation and Telemechanic Department, Perm National Research Polytechnic University, Perm, Russia; Professor of the Software Computing Systems Department, Perm State National Research University, Perm, Russia.  
ABSTRACT 

Context. Structural redundancy is one of the main ways to create highly reliable devices and systems for critical applications.  The object of the study was hybrid redundancy in the Fault-Tolerant Systems, for example in aerospace hardware exposed to radiation. 
Objective. The goal of the work is the calculation of the complexity and probability of failure-free operation of digital circuits with hybrid redundancy combining tripling, deep tripling, and quadding. The comparison shows that tripling is not always better than a circuit without redundancy over a sufficiently large time interval. Good results are obtained by tripling with three majority voters and deep tripling, but the latter significantly increases the time delay of the signal. The greatest gain in reliability provides quadding at the transistors level, but it is not always possible due to the restrictions of Mead-Conway, in addition, the delay at least is doubled. The article describes proposed method of the combined redundancy taking into account the necessary hardware costs and time delay.    
Method. Determining the complexity in the units of the conditional number of transistors and maximum signal path from the input to the output in the number of transistors, as well as using the Weibull distribution to estimate the probability of failure-free operation. Simulation of proposed hybrid redundancy in the system NI Multisim by National Instruments Electronics Workbench Group. The failure-free operation probability estimation in the computer mathematics system MathCad. 
Results. Expressions are obtained for the estimates of complexity, time delay and probability of failure-free operation of redundant digital circuits; curves are built in the Mathcad. Simulation confirms the performance of the proposed redundancy options. 
Conclusions. The conducted studies allowed us to establish the effectiveness of hybrid redundancy to improve the reliability and the radiation resistance of the digital circuits. 
KEYWORDS: Redundancy, Triple Modular Redundancy, Quadding Redundancy, Failure-Free Operation Probability.  

ABBREVIATIONS TMR is a Triple Modular Redundancy; QR is a Quadding Redundancy; RBD is a Reliability Block Diagram; DT is a Deep Triple Modular Redundancy; HR is a Hybrid Redundancy; DNF is a Disjunctive Normal Form; CNF is a Conjunctive Normal Form.  
NOMENCLATURE 

λ  is a failure rate of one transistor (1 / hour); 
t is an operation time in hours; 
α  is a Weibull distribution coefficient; 

αte−λ⋅  is a failure-free operation probability of the circuit without redundancy; 
EMP  is a failure-free operation probability of the circuit with exist redundancy; 

n is a common amount of the transistors in device without redundancy; 
EMn  is a common amount of the transistors in device with exist redundancy; 
HRn  is a common amount of the transistors in device with proposed redundancy; 
τEM  is a conditional time delay of the device with exist redundancy; 
τHR  is a conditional time delay of the device with proposed redundancy; HRP  is a failure-free operation probability of the circuit with proposed redundancy; 

r is a share of the transistors for QR; 
e is an amount of the parryable faults; 
k is an amount of the DT layers.  

INTRODUCTION Fault-Tolerance Theory is the relatively young Theory was formed from the Von Neumann works [1] to Avizenis А. [2] and further to modern researchers [3–6]. Fault-Tolerance Systems are very important in aerospace, medical, nuclear power plant, military hardware [2, 3]. Under the radiation in Integrated Circuits, two types of failures are observed [7]: some occur because of accumulation of a dose of radiation, others occur because of hitting a single particle. The first type of failure includes, for example, an increase in delays inside the Integrated Circuits or a change in logic levels. The second type of failure is called single events. Such events include, for example, the Single Event Latch. Next is Single Event Gate Rupture, Single Event Transient, Short-term state change of the logic output. Single Event Upset reversibly changes the state of the memory register, RAM, or flip-flop. Single Event Hard Error irreversibly changes the state of the memory register, RAM, or flip-flop and others. In Radiation Hardened by Design [8–10] device are used special circuit and technological methods to increase radiation resistance for example Passive Fault-Tolerant and Active fault-tolerance technique [11]. For example, 
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Passive Fault-Tolerant Systems uses Triple Modular Redundancy, Deep Triple Modular Redundancy, Quadding Redundancy. Similar technologies are currently being applied at the FPGA level and provides radiation protection too [12,13]. 

The object of study is the Passive Fault-Tolerant Systems based on RHBD Radiation Hardened by Design CMOS circuits or pass transistors circuits.  
The subject of study is the Triple Modular Redundancy, Deep Triple Modular Redundancy and Quadding Redundancy methods for parrying radiation faults (single events) by Hybrid Redundancy.  The known sampling methods [4–6, 12–16] not uses hybrid types of the Triple Modular Redundancy, Deep Triple Modular Redundancy / Quadding Redundancy. 
The purpose of the work is to establish Hybrid Redundancy capabilities at the CMOS transistor level.   

1 PROBLEM STATEMENT Given: , , τEM EM EMP n  according existing methods of Fault-Tolerant Systems, Radiation Hardened by Design Systems: Triple Modular Redundancy (TMR), Deep Triple Modular Redundancy (DT), or Quadding Redundancy (QR). In the literature [1–16], the problems of Hybrid Redundancy (HR) are not fully covered. It is required: investigate the effectiveness of HR in the sense of complexing TMR, DT, QR and obtain ,HRP  ,HRn  τ ,HR  δ ,EM HRn n n= −  αλ

δ

t
HRP e

n

− ⋅−
Ψ =  according proposed HR.  

 
2 REVIEW OF THE LITERATURE The Radiation Hardened by Design methods [8–10] for parrying IC radiation faults (single events), are divided into  parrying methods to reversibly changes and parrying methods to irreversibly changes.   Radiation resistance is the property of equipment, component elements and materials to perform their functions and maintain parameters within the established standards during or after ionizing radiation. To create radiation-resistant microcircuits, commercial technologies are used, for example, Silicon-on-insulator, which excludes thyristor effects. Well proven technology silicon on sapphire. The Radiation Hardened by Design methods includes parrying Single Event Upset cells of static random access memory SRAM by means of special duplication – Dual Interlocked Storage Cell [14]. For parrying faults, it is used TMR [13], NN-Transistor Structure for Defect-Tolerance at the Nanoscale [15], for example QR. TMR for the A, B, C one bit channels [3] shows Fig. 1.   

   
  a b  c  Figure 1 – TMR: a – Tripled Circuit (Channels A, B, C); b – Conditional CMOS Mirror Majority Vote Circuit (Decision Circuit); c – Conditional TMR RBD with three Majority Voter  Channels A, B, C (Fig. 1 a, c) can be single output circuits. If there are several outputs, then each requires its own Majority Vote. CMOS Mirror Majority Vote Circuit (Decision Circuit) has three A, B, C p-type transistors in the part of the circuit connected to the power supply Vdd, and three transistors of n-type in the part of the circuit connected to the Ground. Conditional TMR RBD shows logic OR of the A, B, C, bur real logic functions V (NOT V) of the Majority Vote Circuit (for the p-type transistors) are as follows:  ( ) ,( )( )( )( ) ( )( )( ).V ABC AB AC BC

V ABC AB AC BC

AB AC BC A B A C B C

AB AC BC

= ∨ ∨

= ∨ ∨ =

= ∨ ∨ ∨ =

= ∨ ∨

 (1) Thus, any error (radiation faults) in one of the channels A, B, C (Figure 1a, formulas 1) will not lead to an incorrect result if there is no radiation fault in the Majority Voter. In order to take into account the possibility of failure of Majority Voter, it also mast be triple (Figure 1b). In this case, the failure of one channel and one Majority Voter is allowed. This TMR is more than 300% redundancy, since Majority Voters, three more power sources and tripling of communication lines are needed. It increases reliability in a logical sense. However, it is required a quantitative assessment of reliability in the sense of probability theory Weibull distribution [3] is most suitable for describing the reliability of circuits under conditions of radiation exposure. Let “12” is a complexity of the Majority Vote Circuit in amount of the transistors (Fig.1–b); 1 2≤ α ≤ . Formula (2) describes failure-free operation probability of the TMR system (Fig. 1 a). 
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α α α2 ( ) 3 ( ) (12)(3 e 2 e )e .n t n t t

tmrP − ⋅ ⋅λ⋅ − ⋅ ⋅λ⋅ − ⋅λ⋅= ⋅ − ⋅  (2) With the Majority Voters tripling (Fig. 1 c), we get formula (3)  
α α

α α

2 ( ) 3 ( )3 2 (12) 3 (12)(3 e 2 e )(3 e 2 e ).n t n t
tmr

t t

P − ⋅ ⋅λ⋅ − ⋅ ⋅λ⋅

− ⋅ ⋅λ⋅ − ⋅ ⋅λ⋅

= ⋅ − ⋅ ×

× ⋅ − ⋅
 (3) Comparison of (3) and (2) shows great efficiency, of course at the expense of high costs. Thus, TMR can parry only one (2) or two (3) radiation failures in one channel or in one Majority Voters. TMR delay increases due to Majority Vote Circuit delay (two transistors delay of the CMOS Mirror Majority Vote Fig. 1b + additional one transistor delay of the CMOS NOT). The analysis shows that the probability (2), (3) of increases with a larger number of parried failures and decrease failure rate of the channels A,B,C. This approach is implemented in Deep Triple Modular Redundancy (DT) DT (k-layer tripling) shows Fig. 2 and is described by formula (4)  

α α

α α

2 32 12 312[3 2 ][3 2 ] ,n t n t kk kdt
t t k

Р e e

e e

λ λ
− −

− ⋅ λ − ⋅ λ

= − ×

× −

 (4) 
nλ – the failure rate of the entire channel.  With such DT (k-layer) redundancy (Fig. 2), radiation failures is parried in each k layer of the generalized channels A,B,C and in each generalized Majority Vote. This further increases costs and the time delay in the circuit due to k Majority Vote. However, the effectiveness of (4) is much higher than (2) and (3). In common case it is parrying e radiation fault from 2e+1, where e – number of the failures (errors), we get formula (5).   

[ ] ( )α α(2 1)2 10( , , ,α) 1 .e ie i ti t
e

i
P t e C e e− + − ⋅λ⋅ −λ⋅

+
=

⎧ ⎫⎪ ⎪λ = ⋅ −⎨ ⎬
⎪ ⎪⎩ ⎭

∑  (5) Limit of the triple redundancy depth at the present technology level – is one element (gate, flip-flop or SRAM cell), transistors cannot be tripled. However, they can be quadded [15]: A,B,C,D – four copies of one transistor for 
e=1 (Fig. 3). We see (Fig. 3) that with any radiation failure (=1,= 0, NOT) of one transistor (value A=B=C=D), the logic function does not change.  QR on transistors level does not required Majority Voters because it is implemented implicitly by connecting transistors. Therefore, we get parrying any fault of one transistors from four transistors for the each transistors in circuit unlike (2)–(5) – expression 6.  

α α α4 3( ) [ 4 (1 )] .t t t n
qrP t e e e− ⋅λ⋅ − ⋅λ⋅ −λ⋅= + ⋅ −  (6) However, redundancy increases even more – up to 400% percent with e=1.    a  b Figure 2 – DT (k-layer) a – Real RBD; b – Real CMOS Mirror Majority Vote Circuit  
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  a b Figure 3 – QR circuits: a – DNF option; b – CNF option  In common, case parrying any faults, one of the e transistors from 2( 1)e +  we get formula (7).  2 α α2 2 [( 1) ]( ) ( 1) ( 1)0( ) { (1 ) }.e

i e i t t i
e from e ei

P t C e e− + − ⋅λ⋅ −λ⋅
+ +

=
= ⋅ −∑  (7) At e=2 we get 900% redundancy. At e=3 we get 1600% redundancy. Moreover, there are restrictions on the number of series-connected transistors. This is a lack of  QR. Therefore, we restrict ourselves to e = 1. Besides quadding circuit time delay increases more than 2( 1)e

e
+   times compared to the original circuit (Fig. 3, expression 6, 7). Thus, each method has its advantages and disadvantages. It is advisable to determine the conditions for their effective combination. Based on the above, an hybridization of known methods of introducing redundancy is proposed (Hybrid Redundancy, HR).   

3 MATERIALS AND METHODS Hybrid Redundancy estimates we are obtained by possible modifying the formulas (1)–(7). First, it is necessary to determine the circuit complexity, time delay and possibly other estimates for the proposed HR. To do this, we will perform modeling of typical CMOS circuits and circuits used in the FPGA, which characterize the basic set of digital elements. Simulation of the QR, TMR, HR is performed in the system NI Multisim by National Instruments Electronics Workbench Group.  Then it is necessary to determine failure-free operation probability of the different proposed and experimentally confirmed HR variants.  The first variant of combining redundancy 34tmrP  is proposed: only Majority Voter (12 transistors, with additional inverter not specified in Fig. 2b) is quadded – formula (8):  
α α

α α α

2 ( ) 3 ( )344 3 12(3 e 2 e )[ 4 (1 )] ,n t n t
tmr

t t t

P

e e e

− ⋅ ⋅λ⋅ − ⋅ ⋅λ⋅

− ⋅λ⋅ − ⋅λ⋅ −λ⋅

= ⋅ − ⋅ ×

× + ⋅ −
 (8)In expression (8) part α α2 ( ) 3 ( )(3 e 2 e )n t n t− ⋅ ⋅λ⋅ − ⋅ ⋅λ⋅⋅ − ⋅  is tripled system including n transistors ( λ  is the failure rate of one transistor, 1/hour) in each A, B, C channels (Fig. 1a). Part α α α4 3 12[ 4 (1 )]t t te e e− ⋅λ⋅ − ⋅λ⋅ −λ⋅+ ⋅ −  presents quadded Majority Voter (Fig. 2 a). The second variant 34tmr gP : Quadding of the Majority Voter transistors and r-part of the n transistors; tripling of the gates with n-rn transistors is – formula (9):  

2 ( ) 3 ( )34 4 3 12(3 e 2 e )[ 4 (1 )] .n rn t n rn t
tmr g

t t t rn

P

e e e

α α

α α α

− ⋅ − ⋅λ⋅ − ⋅ − ⋅λ⋅

− ⋅λ⋅ − ⋅λ⋅ −λ⋅ +

= ⋅ − ⋅ ×

× + ⋅ −
  (9) Take into account that rn transistors are quadded so rn is added to the number of transistors in the Majority Voter (12 + rn). The same value rn is deducted from the total number n in tripled part. This option does not take into account the requirements of the Mead-Conway [17]. It is assumed that they are respected. The third variant dtqrР uses deep tripling at k(1–r) levels and nr quadding, Majority Voters are quadded: 

α α

α α

α α α

2 32 12 3124 3[3 2 ][3 2 ][ 4 (1 )] .n t n t k krk k
dtqr

t t k kr

t t t nr

Р e e

e e

e e e

λ λ

λ λ

λ λ λ

− − −

− ⋅ − ⋅ −

− ⋅ ⋅ − ⋅ ⋅ − ⋅

= − ⋅

⋅ − ⋅

⋅ + ⋅ −

  (10)In formula (10) subexpression 
α α2 3[3 2 ]n t n t k krk ke e

λ λ
− − −−  is the failure-free operation probability of the DT part of the system, 

α α212 312[3 2 ]t t k kre e− ⋅ λ − ⋅ λ −−  is failure-free operation probability of the k(1–r) Majority Voters according (4).  The fours variant is tripling of the quadded circuit ( )tq tP  
α α α4 3

α
α

α α α4 3
α

α α α

ln([ 4 (1 )]2 [ )]( ) ln([ 4 (1 )]-3 [ ]4 3 12(3 e2 e )[ 4 (1 )] ,t t t n

t t t n

e e e t
ttq t

e e e t
t

t t t

P

e e e
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− ⋅λ⋅ − ⋅λ⋅ −λ⋅

α

+ ⋅ −
− ⋅ − ⋅

+ ⋅ −
⋅ − ⋅

− ⋅λ⋅ − ⋅λ⋅ −λ⋅

= ⋅ −

− ⋅ ×
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 (11)Note α α α4 3
α

ln([ 4 (1 )]t t t ne e e
t

− ⋅λ⋅ − ⋅λ⋅ −λ⋅+ ⋅ −
−  is the failure rate of the quadded part. Therefore, the expression (11) is not simplified. Second element of the (11) is equal the second element of the (8).   The next variant 34tmr gtP  – part of the gates with n transistors is quadding (gates with rn transistors); tripling of the gates with n-rn transistors + Majority Voter is quadding – formula 12. 
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α α α4 3
α

α α α
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e e en rn t
t

t t t

P

e e e

− ⋅λ⋅ − ⋅λ⋅ −λ⋅

− ⋅λ⋅ − ⋅λ⋅ −λ⋅

+ ⋅ −
− ⋅ − ⋅λ− ⋅

+ ⋅ −
− ⋅ − ⋅λ− ⋅

− ⋅λ⋅ − ⋅λ⋅ −λ⋅

= ⋅ −

− ⋅ ×

× + ⋅ −

(12)So formula (12) is combined expression (9) and (11). Failure-free operation probability according existing and proposed expressions is estimated in the computer mathematics system MathCad. Hardware conditional costs in number of the transistors, conditional time delay are corrected  taking into account experimental resalts. 
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4 EXPERIMENTS Let us perform simulation of the base CMOS logic gates with QR. For example simplest CMOS NOT QR (CNF option) gate static simulation shows Fig. 4.   a                                       b  

ɫ  d  Figure 4 – QR of the CMOS NOT Gate static simulation: a –  
x=1; F(x)=0; b – x=0; F(x)=1; c – defaults B, D ; d – default CMOS NOT at defaults B, B , D . 

Fig. 4 corresponds to QR DNF option (Fig. 3 a). QR parry any single radiation defect in A,B,C,D or/and A,B,C,D  (Fig. 4 c). The number of transistors quadruples from two to eight and the delay in the number of transistors in the path from Power supply twice.     a                 b  c Figure 5 – QR CMOS NOT Gate dynamic simulation: a – Quad NOT normal waveform; b – Single Fault – Quad NOT correct waveform; c – Two Faults – Quad NOT defect waveform  
27



e-ISSN 1607-3274   Раɞіɨɟɥɟɤɬɪɨɧіɤа, іɧɮɨɪɦаɬиɤа, ɭɩɪавɥіɧɧя. 2019. № 2 p-ISSN 2313-688X  Radio Electronics, Computer Science, Control. 2019. № 2   

© Tyurin S. F., 2019 DOI 10.15588/1607-3274-2019-2-3 
Since the NOT Gate have a single transistor in each of the two parts of the circuit, the QR  leads to a twofold increase of the time delay so the Mead-Conway constraints [15] are performed.  It is easy to see that the QR in the logical gate 2NAND (2NOR) will lead to a path of a maximum of four transistors. These restrictions allow for a series of no more than four transistors. As a rule, we are talking even about three transistors. For example, in FPGA, after every three transistors, a signal-level restorer is installed. Four transistors in a row are present, for example, in 4NAND (4NOR). It is clear that the direct QR of 3NAND (3NOR) is unacceptable, the decomposition by 2NAND (2NOR) is required. Fig. 5 shows dynamic simulation results of the QR NOT gate without faults – a; with single fault, (e=1) – b; with two faults, (e=2) – c. Fig. 5 b, c confirms that with one fault (for example – default B, D  Fig.4 c) the circuit functions correctly, the circuit is not operational if two transistors fail in one part of the circuit (for example – default A,B Fig.4).  At the same time, the Majority Voter (Fig. 2 b) performs NOT function of the three channels with the same time delay, but the cost is ten transistor. LUT FPGA – is the universal logical module or functional generator or multiplexer 2 1n → , for example at n=1: SRAM0 is the F(0), SRAM1is the F(1). A comparison QR with TMR shows the preference QR for energy consumption, for example as shown Fig. 6 for the TMR and QR LUT FPGA (n=1).  Fig. 6 a, b does not take into account additional inverters for the output and inputs, which are taken into account in the Fig. 6 c. Simulation of the LUT-2 and the measuring of the power consumption of the LUTs shows Fig. 7. Similarly, was performed the simulation and investigation of the redundancy SRAM cell, D-flip-flop, 3-state buffer.  Then let us build Failure-free operation probability curves in the computer mathematics system MathCad based on the results of circuits simulation.    

5 RESULTS The simulation results of the TMR and/or QR FPGA’s basic elements confirmed the possibility of the proposed combined redundancy. As it turned out, the QR gives a gain in power consumption (Fig. 7 b). Comparative curves of the original CMOS NOT circuit failure-free operation probability and TMR, TMR3, QR shows Fig. 8 – a, b. Fig. 8 – c, n=20, – d, n=100 graphically illustrates the QR advantage with increasing number of transistors n.  Increasing of the failure-free operation probability by using hybrid redundancy demonstrates Fig. 8 – e, n=50; 
r=0.5; k=10; – f, n=100; r=0.4; k=7. The unit specific probability (Formula 13) is obtained taking into account the costs in number of the transistors (Table 1).  

α

ξ

λ
ξ .
δ

n t

P
P e

n

− ⋅−
Ψ =  (13)  Charts are shown on Fig. 8 – g, t=50; r=0.7; k=10; – h, t=10; r=0.5; k=7.   a   b    c  Figure 6 – Experiment with LUT FPGA (n=1): a – LUT-1;  b – QR LUT-1 and c – LUT-1 TMR   
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 a  b  Figure 7 – LUT-2 simulation: a – XOR waveform; b – a comparison power consumption of the LUTs at 0,3 V Power Supply  Table 1 – The hardware and time costs of the QR/TMR and HR 

№ Failure-free 
operation 

probability 
symbol  

Hardware conditional 
 costs in number  of the 

transistors 

Conditional time delay Note 

1 tmrP  3 12n +  τ 2n +  
TMR, Excluding additional power supplies; 

nτ – time delay of the circuit with n transistors; 2– time delay of the Majority Voter 
2 3tmrP  3 36n +  τ 2n +  TMR3, Majority Voters tripling 
3 

dtP  3 36n k+  τ 2n k+  DT, Majority Voters tripling 
4 qrP  4n  2τn  QR, Without taking into account the decomposition 
5 34tmrP  3 48n+  τ 4n +  HR (TMR+QR) Majority Voter  
6 34tmr gP  3 (1 ) 4 48n r nr− + +  (1 )τ 2τ 4n r nr− + +  HR (TMR+QR) Majority Voter 
7 

dtqrР  3 (1 ) 4 48n r nr k− + +  (1 )τ 2τ 4n r nr k− + +  HR (DT+QR) 
8 ( )tq tP  12 48n+  2τ 2n +  HR (TMR+QR) 
9 34tmr gtP  12 (1 ) 4 48n r nr− + +  (1 )2τ 2τ 4n r nr− + +  HR (TMR+QR)  

6 DISCUSSION As it evident from the Fig. 8 – a,b with a small “n”, the TMR tmrP  is worse than the non-redundant circuit. TMR 3tmrP wins only to probability 0.99 (n=2, t=60), and then it becomes lower than the non-redundant circuit. At the same time, QR qrP  is better any TMR. However, and G falls below after a probability of about 0.6 (t about 800). With an increase in n (20, 100) QR wins over the entire time interval (Fig. 8 – c, d). The direct introduction of QR into logical elements with е = 1 is possible only for two-seat operations, and for the implementation of the others logic gates decomposition is necessary, which increases the complexity and delay. ( )tq tP allows to achieve maximum reliability (Fig. 8 – e, f), but this requires a very large redundancy (Table 1). Quadding “not more expensive” than CMOS tripling (Table 1) in case a large number of outputs  m, since each  
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 0 20 40 60 80 1000.950.9550.960.9650.970.9750.980.9850.990.9951e 2( )− λ⋅ tα⋅Ptmr t( )Pqr t( )Ptmr3 t( ) t  0 500 1 103×

0.20.280.360.440.520.60.680.760.840.921e 2( )− λ⋅ tα⋅Ptmr t( )Pqr t( )Ptmr3 t( ) t  a b 0 500 1 103×
00.10.20.30.40.50.60.70.80.91e n( )− λ⋅ tα⋅Ptmr t( )Pqr t( )Ptmr3 t( ) t  0 100 200 300 400 50000.10.20.30.40.50.60.70.80.91e n( )− λ⋅ tα⋅Ptmr t( )Pqr t( )Ptmr3 t( ) t  c  d  100 200 3000.50.550.60.650.70.750.80.850.90.951Ptmr t( )Pqr t( )Ptmr3 t( )Ptmr34 t( )Ptmr34g t( )Ptmr34gt t( )Ptq t( )Pdtqr t( ) t  100 200 3000.10.190.280.370.460.550.640.730.820.911Ptmr t( )Pqr t( )Ptmr3 t( )Ptmr34 t( )Ptmr34g t( )Ptmr34gt t( )Ptq t( )Pdtqr t( ) t  e  f   500 1 103× 1.5 103× 2 103×
1 10 5−×

1.39 10 4−×

2.68 10 4−×

3.97 10 4−×

5.26 10 4−×

6.55 10 4−×

7.84 10 4−×

9.13 10 4−×

1.042 10 3−×

1.171 10 3−×

1.3 10 3−×

Ψtmr n( )
Ψqr n( )
Ψtmr3 n( )
Ψtmr34 n( )
Ψtmr34g n( )
Ψtmr34gt n( )
Ψtq n( )
Ψdtqr n( ) n  2 103× 4 103× 6 103×

1 10 5−×

2.3 10 5−×

3.6 10 5−×

4.9 10 5−×

6.2 10 5−×

7.5 10 5−×

8.8 10 5−×

1.01 10 4−×

1.14 10 4−×

1.27 10 4−×

1.4 10 4−×

Ψtmr n( )
Ψqr n( )
Ψtmr3 n( )
Ψtmr34 n( )
Ψtmr34g n( )
Ψtmr34gt n( )
Ψtq n( )
Ψdtqr n( ) n  g  h    Figure 8 – Failure-free operation probability of the TMR, QR, HR: a – n=2, t=0…100; b – n=2; t=0…1000; c – n=20; d – n=100; e – n=50 r=0,5; k=10 ; f – n=100; r=0,4; k=7; g – t=50; r=0,7; k=10;  h – t=10; r=0.5; k=7; 510 ,α 1.5−λ = =    
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of them must has TMR Voter (12 transistors), that determined by the formula (8):  4 3 12 1 12 .mn n m

n
≤ + ⇒ ≤  (14) For example 2NOR (2NAND) gate has n=four, so we get 16 transistors (QR) against 24 (TMR). In addition, time delay TMR 2NOR (2NAND) in amount of the transistors is five, time delay QR 2NOR (2NAND) is equal four. That is, with a small n there is an advantage in terms of complexity and delay even at m=1! However, TMR, unlike QR, takes into account the failure of one of the three power sources. However, it can be shown that K has the ability to connect a backup power source. It is easy to see that redundancy at the circuit level and even more so at the channel level is worse than redundancy at the level of individual transistors. Failure-free operation probability of quadding channel requires specific CMOS voter circuit (for example Fig. 4).  Quadding transistors (6) better than quadding circuits (15) and channels (16):   

α α α4 34( ) [ 4 (1 )].n t n t n t
circuitP t e e e− ⋅ λ⋅ − ⋅ λ⋅ − λ⋅

− = + ⋅ −   (15) 
α α α

α α α

4 34 4 3( ) [ 4 (1 )][ 4 (1 )].n t n t n t
channel

t t t

P t e e e

e e e

− ⋅ λ⋅ − ⋅ λ⋅ − λ⋅
−

− ⋅λ⋅ − ⋅λ⋅ −λ⋅

= + ⋅ − ×

× + ⋅ −
(16) Option (15) for time delay is equivalent to (6), although it is possible that this option (15) is preferable technologically, this requires further study of the corresponding sizes of the crystals areas. At the same time, (15) requires compliance with the Mead-Conway restrictions, and (16) does not.  However, channel quadded-structure (16) much worse than quadded-transistor (6) and tripling (2), (3), (4). Taking into account the restrictions of Mead-Conway, DT with partial QR dtqrР  (Fig. 8 – e, f) is most preferable compared to clean redundancy (Fig. 8 – c, d). The specific unit probability of the dtqrР  is most preferable too (Fig. 8 – g, h). However, dtqrР  requires a significant increase of the latency “input-output” which may be unacceptable in some cases.  Therefore useful TMR-QR 34tmr gP (Fig. 8 – g, h) in the case of strict limitations in the time delay.  

CONCLUSIONS The problem of creating Passive Fault-Tolerant Systems with Hybrid Redundancy is urgent, as known types of redundancy in some cases do not allow achieving the required reliability in radiation conditions. 
The scientific novelty of obtained results is that the proposed method uses a combination of Triple Modular 

Redundancy, Deep Triple Modular Redundancy, Quadding Redundancy, taking into account the necessary hardware costs and time delay. The resulting estimates and expressions allow finding the desired and optimal option in specific conditions. 
The practical significance of obtained results lies in the fact that the simulation of the proposed options for redundancy confirmed their effectiveness, which allows you to create systems with a new level of reliability and radiation resistance  
Prospects for further research are to study the problem of optimal Quadding Redundancy decomposition for the satisfaction of the Mid-Conway restrictions in the modern FPGA’s LUTs [18].   
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УДК 004.93  
ȾОСɅІȾɀЕɇɇə ГІȻРɂȾɇІ ɇАȾɅɂɒɄОВОСɌІ В ВɂȾɆОВОСɌОɃɄɂɏ СɂСɌЕɆАɏ 

Ɍюɪіɧ С. Ɏ. – Заɫɥɭɠɟɧиɣ виɧаɯіɞɧиɤ Рɨɫіɣɫьɤɨʀ Фɟɞɟɪаɰіʀ, ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɨɪ, ɩɪɨɮɟɫɨɪ ɤаɮɟɞɪи авɬɨɦаɬиɤи і 
ɬɟɥɟɦɟɯаɧіɤи ɉɟɪɦɫьɤɨɝɨ ɧаɰіɨɧаɥьɧɨɝɨ ɞɨɫɥіɞɧиɰьɤɨɝɨ ɩɨɥіɬɟɯɧіɱɧɨɝɨ ɭɧівɟɪɫиɬɟɬɭ, ɉɟɪɦь, Рɨɫія; ɩɪɨɮɟɫɨɪ ɤаɮɟɞɪи 
ɦаɬɟɦаɬиɱɧɨɝɨ ɡаɛɟɡɩɟɱɟɧɧя ɨɛɱиɫɥɸваɥьɧиɯ ɫиɫɬɟɦ ɉɟɪɦɫьɤɨɝɨ ɞɟɪɠавɧɨɝɨ ɧаɰіɨɧаɥьɧɨɝɨ ɞɨɫɥіɞɧиɰьɤɨɝɨ ɭɧівɟɪɫиɬɟɬɭ, 
ɉɟɪɦь, Рɨɫія. 

AɇɇОɌАɐІə 
Аɤɬɭаɥьɧіɫɬь. ɋɬɪɭɤɬɭɪɧɟ ɪɟɡɟɪвɭваɧɧя є ɨɞɧиɦ ɡ ɨɫɧɨвɧиɯ ɫɩɨɫɨɛів ɫɬвɨɪɟɧɧя виɫɨɤɨɧаɞіɣɧиɯ ɩɪиɫɬɪɨʀв ɬа ɫиɫɬɟɦ 

ɞɥя ɤɪиɬиɱɧɨ ваɠɥивиɯ ɞɨɞаɬɤів. Ɉɛ’єɤɬɨɦ ɞɨɫɥіɞɠɟɧɧя ɛɭɥа ɝіɛɪиɞɧа ɧаɞɦіɪɧіɫɬь в віɞɦɨвɨɫɬіɣɤиɯ ɫиɫɬɟɦаɯ, ɧаɩɪиɤɥаɞ, в 
аɟɪɨɤɨɫɦіɱɧɨɦɭ ɨɛɥаɞɧаɧɧі, яɤɟ ɡɧаɯɨɞиɬьɫя ɩіɞ вɩɥивɨɦ ɪаɞіаɰіʀ. 

Ɂавɞаɧɧя. Мɟɬɨɸ ɞаɧɨʀ ɪɨɛɨɬи є ɪɨɡɪаɯɭɧɨɤ ɫɤɥаɞɧɨɫɬі і ɣɦɨвіɪɧɨɫɬі ɛɟɡвіɞɦɨвɧɨʀ ɪɨɛɨɬи ɰиɮɪɨвиɯ ɫɯɟɦ ɡ ɝіɛɪиɞɧиɦ 
ɪɟɡɟɪвɭваɧɧяɦ, ɳɨ ɩɨєɞɧɭɸɬь ɬɪɨʀɪɭваɧɧя (ɦаɠɨɪиɬɭваɧɧя), ɝɥиɛɨɤɟ ɦаɠɨɪиɬɭваɧɧя і ɪɨɡɱɟɬвɟɪɭваɧɧя. ɉɨɪівɧяɧɧя 
ɩɨɤаɡɭє, ɳɨ ɬɪɨʀɪɭваɧɧя ɧɟ ɡавɠɞи ɤɪаɳɟ, ɧіɠ ɫɯɟɦа ɛɟɡ ɧаɞɦіɪɧɨɫɬі в ɤіɧɰі ɱиɦаɥɨɝɨ іɧɬɟɪваɥɭ ɱаɫɭ. Хɨɪɨші ɪɟɡɭɥьɬаɬи 
ɞɨɫяɝаɸɬьɫя шɥяɯɨɦ ɬɪɨʀɪɭваɧɧя ɡ ɬɪьɨɦа ɦаɠɨɪиɬɭваɧɧяɦи і ɝɥиɛɨɤɟ ɦаɠɨɪиɬɭваɧɧя, аɥɟ ɨɫɬаɧɧє ɡɧаɱɧɨ ɡɛіɥьшɭє ɱаɫɨвɭ 
ɡаɬɪиɦɤɭ ɫиɝɧаɥɭ. Наɣɛіɥьшиɣ виɝɪаш в ɧаɞіɣɧɨɫɬі ɞɨɫяɝаєɬьɫя ɡа ɪаɯɭɧɨɤ ɪɨɡɱɟɬвɟɪɭваɧɧя ɧа ɪівɧі ɬɪаɧɡиɫɬɨɪів, аɥɟ ɰɟ ɧɟ 
ɡавɠɞи ɦɨɠɥивɨ ɱɟɪɟɡ ɨɛɦɟɠɟɧɧя Міɞа-Кɨɧвɟɣ, ɤɪіɦ ɬɨɝɨ, ɡаɬɪиɦɤа яɤ ɦіɧіɦɭɦ ɩɨɞвɨɸєɬьɫя. У ɫɬаɬɬі ɨɩиɫаɧиɣ 
ɡаɩɪɨɩɨɧɨваɧиɣ ɦɟɬɨɞ ɤɨɦɛіɧɨваɧɨɝɨ ɪɟɡɟɪвɭваɧɧя ɡ ɭɪаɯɭваɧɧяɦ ɧɟɨɛɯіɞɧиɯ аɩаɪаɬɧиɯ виɬɪаɬ і ɱаɫɭ ɡаɬɪиɦɤи.  

Ɇɟɬɨɞ. Виɡɧаɱɟɧɧя ɫɤɥаɞɧɨɫɬі в ɨɞиɧиɰяɯ ɭɦɨвɧɨɝɨ ɱиɫɥа ɬɪаɧɡиɫɬɨɪів і ɦаɤɫиɦаɥьɧɨɝɨ шɥяɯɭ ɩɪɨɯɨɞɠɟɧɧя ɫиɝɧаɥɭ 
віɞ вɯɨɞɭ ɞɨ виɯɨɞɭ ɡа ɤіɥьɤіɫɬɸ ɬɪаɧɡиɫɬɨɪів, а ɬаɤɨɠ виɤɨɪиɫɬаɧɧя ɪɨɡɩɨɞіɥɭ Вɟɣɛɭɥɥа ɞɥя ɨɰіɧɤи ɣɦɨвіɪɧɨɫɬі 
ɛɟɡвіɞɦɨвɧɨʀ ɪɨɛɨɬи. Мɨɞɟɥɸваɧɧя ɩɟɪɟɞɛаɱɭваɧɨʀ ɝіɛɪиɞɧɨʀ ɧаɞɦіɪɧɨɫɬі в ɫиɫɬɟɦі NI Multisim віɞ National Instruments Electronics Workbench Group. Ɉɰіɧɤа ɣɦɨвіɪɧɨɫɬі ɛɟɡвіɞɦɨвɧɨʀ ɪɨɛɨɬи в ɫиɫɬɟɦі ɤɨɦɩ’ɸɬɟɪɧɨʀ ɦаɬɟɦаɬиɤи MathCad. 

Рɟзɭɥьɬаɬи. Ɉɬɪиɦаɧі виɪаɡи ɞɥя ɨɰіɧɤи ɫɤɥаɞɧɨɫɬі, ɡ ɧɟвɟɥиɤɨɸ ɡаɬɪиɦɤɨɸ і ɣɦɨвіɪɧіɫɬɸ ɛɟɡвіɞɦɨвɧɨʀ ɪɨɛɨɬи 
ɪɟɡɟɪвɨваɧиɯ ɰиɮɪɨвиɯ ɫɯɟɦ; ɝɪаɮіɤи ɛɭɞɭɸɬьɫя в Mathcad. Мɨɞɟɥɸваɧɧя ɩіɞɬвɟɪɞɠɭє ɟɮɟɤɬивɧіɫɬь ɡаɩɪɨɩɨɧɨваɧиɯ 
ваɪіаɧɬів ɪɟɡɟɪвɭваɧɧя. 

Виɫɧɨвɤи. ɉɪɨвɟɞɟɧі ɞɨɫɥіɞɠɟɧɧя ɞɨɡвɨɥиɥи вɫɬаɧɨвиɬи ɟɮɟɤɬивɧіɫɬь ɝіɛɪиɞɧɨɝɨ ɪɟɡɟɪвɭваɧɧя ɞɥя ɩіɞвиɳɟɧɧя 
ɧаɞіɣɧɨɫɬі і ɪаɞіаɰіɣɧɨʀ ɫɬіɣɤɨɫɬі ɰиɮɪɨвиɯ ɫɯɟɦ.  

ɄɅЮЧОВІ СɅОВА: ɧаɞɥишɤɨвіɫɬь, ɬɪɨʀɪɭваɧɧя, ɪɨɡɱɟɬвɟɪɭваɧɧя, ɣɦɨвіɪɧіɫɬь ɛɟɡвіɞɦɨвɧɨʀ ɪɨɛɨɬи.  
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иɫɫɥɟɞɨваɬɟɥьɫɤɨɝɨ ɩɨɥиɬɟɯɧиɱɟɫɤɨɝɨ ɭɧивɟɪɫиɬɟɬа, ɉɟɪɦь, Рɨɫɫия; ɩɪɨɮɟɫɫɨɪ ɤаɮɟɞɪɵ ɦаɬɟɦаɬиɱɟɫɤɨɝɨ ɨɛɟɫɩɟɱɟɧия 
вɵɱиɫɥиɬɟɥьɧɵɯ ɫиɫɬɟɦ ɉɟɪɦɫɤɨɝɨ ɝɨɫɭɞаɪɫɬвɟɧɧɨɝɨ ɧаɰиɨɧаɥьɧɨɝɨ иɫɫɥɟɞɨваɬɟɥьɫɤɨɝɨ ɭɧивɟɪɫиɬɟɬа, ɉɟɪɦь, Рɨɫɫия.  
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AɇɇОɌАɐɂə 

Аɤɬɭаɥьɧɨɫɬь. ɋɬɪɭɤɬɭɪɧɨɟ ɪɟɡɟɪвиɪɨваɧиɟ явɥяɟɬɫя ɨɞɧиɦ иɡ ɨɫɧɨвɧɵɯ ɫɩɨɫɨɛɨв ɫɨɡɞаɧия вɵɫɨɤɨɧаɞɟɠɧɵɯ 
ɭɫɬɪɨɣɫɬв и ɫиɫɬɟɦ ɞɥя ɤɪиɬиɱɟɫɤи ваɠɧɵɯ ɩɪиɥɨɠɟɧиɣ. Ɉɛɴɟɤɬɨɦ иɫɫɥɟɞɨваɧия ɛɵɥа ɝиɛɪиɞɧая иɡɛɵɬɨɱɧɨɫɬь в 
ɨɬɤаɡɨɭɫɬɨɣɱивɵɯ ɫиɫɬɟɦаɯ, ɧаɩɪиɦɟɪ, в аɷɪɨɤɨɫɦиɱɟɫɤɨɦ ɨɛɨɪɭɞɨваɧии, ɩɨɞвɟɪɠɟɧɧɨɦ вɨɡɞɟɣɫɬвиɸ ɪаɞиаɰии.  

Ɂаɞача. Цɟɥьɸ ɞаɧɧɨɣ ɪаɛɨɬɵ явɥяɟɬɫя ɪаɫɱɟɬ ɫɥɨɠɧɨɫɬи и вɟɪɨяɬɧɨɫɬи ɛɟɡɨɬɤаɡɧɨɣ ɪаɛɨɬɵ ɰиɮɪɨвɵɯ ɫɯɟɦ ɫ 
ɝиɛɪиɞɧɵɦ ɪɟɡɟɪвиɪɨваɧиɟɦ, ɫɨɱɟɬаɸɳиɯ ɬɪɨиɪɨваɧиɟ (ɦаɠɨɪиɬиɪɨваɧиɟ), ɝɥɭɛɨɤɨɟ ɦаɠɨɪиɬиɪɨваɧиɟ и ɪаɫɱɟɬвɟɪɟɧиɟ. 
ɋɪавɧɟɧиɟ ɩɨɤаɡɵваɟɬ, ɱɬɨ ɬɪɨиɪɨваɧиɟ ɧɟ вɫɟɝɞа ɥɭɱшɟ, ɱɟɦ ɫɯɟɦа ɛɟɡ иɡɛɵɬɨɱɧɨɫɬи в ɤɨɧɰɟ ɞɨɫɬаɬɨɱɧɨ ɛɨɥьшɨɝɨ 
иɧɬɟɪваɥа вɪɟɦɟɧи. Хɨɪɨшиɟ ɪɟɡɭɥьɬаɬɵ ɞɨɫɬиɝаɸɬɫя ɩɭɬɟɦ ɬɪɨиɪɨваɧия ɫ ɬɪɟɦя ɦаɠɨɪиɬаɪаɦи  и ɝɥɭɛɨɤɨɟ 
ɦаɠɨɪиɬиɪɨваɧиɟ, ɧɨ ɩɨɫɥɟɞɧɟɟ ɡɧаɱиɬɟɥьɧɨ ɭвɟɥиɱиваɟɬ вɪɟɦɟɧɧɭɸ ɡаɞɟɪɠɤɭ ɫиɝɧаɥа. Наиɛɨɥьшиɣ вɵиɝɪɵш в 
ɧаɞɟɠɧɨɫɬи ɞɨɫɬиɝаɟɬɫя ɡа ɫɱɟɬ ɪаɫɱɟɬвɟɪɟɧия ɧа ɭɪɨвɧɟ ɬɪаɧɡиɫɬɨɪɨв, ɧɨ ɷɬɨ ɧɟ вɫɟɝɞа вɨɡɦɨɠɧɨ иɡ-ɡа ɨɝɪаɧиɱɟɧиɣ Миɞа-
Кɨɧвɟɣ, ɤɪɨɦɟ ɬɨɝɨ, ɡаɞɟɪɠɤа, ɤаɤ ɦиɧиɦɭɦ, ɭɞваиваɟɬɫя. В ɫɬаɬьɟ ɨɩиɫаɧ ɩɪɟɞɥɨɠɟɧɧɵɣ ɦɟɬɨɞ ɤɨɦɛиɧиɪɨваɧɧɨɝɨ 
ɪɟɡɟɪвиɪɨваɧия ɫ ɭɱɟɬɨɦ ɧɟɨɛɯɨɞиɦɵɯ аɩɩаɪаɬɧɵɯ ɡаɬɪаɬ и вɪɟɦɟɧи ɡаɞɟɪɠɤи.  

Ɇɟɬɨɞ. Ɉɩɪɟɞɟɥɟɧиɟ ɫɥɨɠɧɨɫɬи в ɟɞиɧиɰаɯ ɭɫɥɨвɧɨɝɨ ɱиɫɥа ɬɪаɧɡиɫɬɨɪɨв и ɦаɤɫиɦаɥьɧɨɝɨ ɩɭɬи ɩɪɨɯɨɠɞɟɧия ɫиɝɧаɥа 
ɨɬ вɯɨɞа ɤ вɵɯɨɞɭ ɩɨ ɤɨɥиɱɟɫɬвɭ ɬɪаɧɡиɫɬɨɪɨв, а ɬаɤɠɟ иɫɩɨɥьɡɨваɧиɟ ɪаɫɩɪɟɞɟɥɟɧия Вɟɣɛɭɥɥа ɞɥя ɨɰɟɧɤи вɟɪɨяɬɧɨɫɬи 
ɛɟɡɨɬɤаɡɧɨɣ ɪаɛɨɬɵ. Мɨɞɟɥиɪɨваɧиɟ ɩɪɟɞɩɨɥаɝаɟɦɨɣ ɝиɛɪиɞɧɨɣ иɡɛɵɬɨɱɧɨɫɬи в ɫиɫɬɟɦɟ NI Multisim ɨɬ National Instruments Electronics Workbench Group. Ɉɰɟɧɤа вɟɪɨяɬɧɨɫɬи ɛɟɡɨɬɤаɡɧɨɣ ɪаɛɨɬɵ в ɫиɫɬɟɦɟ ɤɨɦɩьɸɬɟɪɧɨɣ ɦаɬɟɦаɬиɤи MathCad. 

Рɟзɭɥьɬаɬɵ. ɉɨɥɭɱɟɧɵ вɵɪаɠɟɧия ɞɥя ɨɰɟɧɤи ɫɥɨɠɧɨɫɬи, вɪɟɦɟɧɧɨɣ ɡаɞɟɪɠɤи и вɟɪɨяɬɧɨɫɬи ɛɟɡɨɬɤаɡɧɨɣ ɪаɛɨɬɵ 
ɪɟɡɟɪвиɪɨваɧɧɵɯ ɰиɮɪɨвɵɯ ɫɯɟɦ; ɝɪаɮиɤи ɫɬɪɨяɬɫя в Mathcad. Мɨɞɟɥиɪɨваɧиɟ ɩɨɞɬвɟɪɠɞаɟɬ ɷɮɮɟɤɬивɧɨɫɬь 
ɩɪɟɞɥɨɠɟɧɧɵɯ ваɪиаɧɬɨв ɪɟɡɟɪвиɪɨваɧия.  

Вɵвɨɞɵ. ɉɪɨвɟɞɟɧɧɵɟ иɫɫɥɟɞɨваɧия ɩɨɡвɨɥиɥи ɭɫɬаɧɨвиɬь ɷɮɮɟɤɬивɧɨɫɬь ɝиɛɪиɞɧɨɝɨ ɪɟɡɟɪвиɪɨваɧия ɞɥя ɩɨвɵшɟɧия 
ɧаɞɟɠɧɨɫɬи и ɪаɞиаɰиɨɧɧɨɣ ɫɬɨɣɤɨɫɬи ɰиɮɪɨвɵɯ ɫɯɟɦ. 
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ɅІɌЕРАɌɍРА / ɅɂɌЕРАɌɍРА 1. Shannon, Claude E. Von Neumann’s contributions to automata theory. [Electronic resource]. – Access mode:     https://pdfs.semanticscholar.org/3903/d10dfccfe2c3e5bee9603644c9ef2a45b9e7.pdf 2. Avizienis А. Fault-Tolerance Systems / А. Avizienis // IEEE Transactions on computers. – 1976. –Vol. 25, № 12. – P. 1304 – 1312. ISSN: 0018-9340 3. Daniel P. Siewiorek. Reliable computer systems: design and evaluation / Daniel P. Siewiorek, Robert S. Swarz. –Published by Digital Press, 1992. – P. 908.  eBook ISBN: 9781483297439 4. A Hybrid Fault-Tolerant Architecture for Highly Reliable Processing Cores / [I. Wali, A. Virazel, A. Bosio et al.] // Journal of Electronic Testing: Theory and Applications (JETTA). – 2016. – № 32. – P. 147–161.  DOI: 10.1007/s10836-016-5578-0 5. A Hybrid Method of Redundancy System Reliability Analysis Based on AADL Models / [Y. Lu, Y. Dong, X. Wei  et al.] // IEEE 18th International Conference on Software Quality, Reliability, and Security Companion, QRS-C 2018, 16–20 July 2018: proceedings. – Lisbon :  IEEE, 2018. – P. 294–300. DOI: 10.1109/QRS-C.2018.00060 6. Wali I. Design space exploration and optimization of a Hybrid Fault-Tolerant Architecture / [I. Wali, A. Virazel, A. Bosio et al.] // 21st IEEE International On-Line Testing Symposium, July 6–8, 2015: proceedings. – Halkidiki, Greece : IEEE, 2015. – P. 89–94. DOI:10.1109/IOLTS.2015.7229838 7. Howard J. W. Spacecraft Environments Interactions / J. W. Howard, Jr., D. M. Hardage // Space Radiation and Its Effects on Electronic Systems [Electronic resource]. – Access mode:    https://ntrs.nasa.gov/archive/nasa/casi.ntrs.nasa.gov/19990116210.pdf 8. Fa-Xin Yu Overview of Radiation Hardening Techniques for IC Design / [Fa-Xin Yu, Jia-Rui Liu, Zheng-Liang Huang et al.]. – [Electronic resource]. – Access mode:     https://scialert.net/fulltext/?doi=itj.2010.1068.1080   9. Steven Redant, Emmanuel Liégeon. Radiation Hardening by Design. Low Power, Radiation Tolerant Microelectronics Design Techniques / Steven Redant, Emmanuel Liégeon. –[Electronic resource]. – Access mode: http://microelectronics.esa.int/mpd2004/DARE-ESA-MPD2004.pdf     

10. Radiation-hardened space electronics enter the multi-core era. Military & Aerospace Electronics [Electronic resource]. – Access mode: https://www.militaryaerospace.com/articles/print/volume-28/issue-6/technology-focus/radiation-hardened-space-electronics-enter-the-multi-core-era.html   11. Error Detection or Correction of the Data by Redundancy in Hardware (epo) Patents (Class 714/E11.054) [Electronic resource]. – Access mode: https://patents.justia.com/patents-by-us-classification/714/E11.054        12. A Radiation Hardened Reconfigurable FPGA  / [Shankarnarayanan Ramaswamy, Leonard Rockett, Dinu Patel et al.]. – [Electronic resource]. – Access mode:  https://pdfs.semanticscholar.org/57f8/ff540360eadceafc062797b7a01065f6f9cc.pdf       13. Carl Carmichael. Triple Module Redundancy Design Techniques for Virtex FPGAs [Electronic resource]. – Access mode: https://www.xilinx.com/support/documentation/application_notes/xapp197.pdf   14. On board electronic devices safety provided by DICE-based Muller C-element. Acta Astronautica [Electronic resource] / [I. A. Danilov, M. S. Gorbunov, A. I. Shnaider et al.]  – Access mode: http://isiarticles.com/bundles/Article/pre/pdf/141698.pdf 15. Aiman H. El-Maleh Transistor-Level Defect Tolerant Digital System Design at the Nanoscale. Research Proposal Submitted to Internal Track Research Grant Programs / Aiman H. El-Maleh, Ahmad Al-Yamani and Bashir M. Al-Hashimi. – [Electronic resource] – Access mode: http://citeseerx.ist.psu.edu/viewdoc/download?doi=10.1.1.474.3844&rep=rep1&type=pdf        16. A Determinate Radiation Hardened Technique for Safety-Critical CMOS Designs / [Huang R.H.-M., Hsu D.K.-H. et al.] // Journal of Electronic Testing: Theory and Applications (JETTA). – 2015. – № 31. – P. 181–192. DOI: 10.1007/s10836-015-5517-5 17. Carver A. Mead. Introduction to VLSI Systems / Carver A. Mead, Lynn Conway. – [Electronic resource]. – Access mode:   https://www.researchgate.net/publication/234388249_Introduction_to_VLSI_systems 18. Tyurin S. F. Study of the multy input LUT complexity / S. F. Tyurin, A. V. Grekov // Radio Electronics, Computer Science, Control. – 2018. – № 1. – P. 14–21. DOI: 10.15588/1607-3274-2018-1-2   
33



e-ISSN 1607-3274   Раɞіɨɟɥɟɤɬɪɨɧіɤа, іɧɮɨɪɦаɬиɤа, ɭɩɪавɥіɧɧя. 2019. № 2 p-ISSN 2313-688X  Radio Electronics, Computer Science, Control. 2019. № 2   

© Zhadnov V. V., Kulygin V. N., Zotov A. N., 2019 DOI 10.15588/1607-3274-2019-2-4 
УДК 621.396.6, 621.8.019.8  

METHOD FOR PREDICTING THE DURABILITY OF ELECTRONIC 
EQUIPMENT 

 
Zhadnov V. V. – PhD, Associate Professor, Professor of Department of Electronic Engineering, National Research university “Higher іchool of economics”, Moscow, Russia. 
Kulygin V. N. – Master of Engineering and Technology, Post-graduate Student of the Moscow Institute of Electron-ics and Mathematics A. N. Tikhonov National Research University “Higher School of Economics”, Moscow, Russia. 
Zotov A. N. – Master of Engineering and Technology, post-graduate student of the Moscow institute of electronics and mathematics A. N. Tikhonov National Research University “Higher School of Economics”, Moscow, Russia.  

ABSTRACT 
Context. Constant growth of spacecraft operating life requirements leads to creating equipment which fits these requirements. From this point of view, specifically durability prediction allows to evaluate the potential of creating equipment with a long operating life. On early stages of equipment’s development analytical methods of durability prediction are used. Obviously, the more precise the estimation is, the more likely that the practical test will confirm the durability predictions. Therefore, improving the engineering techniques of the durability prediction is a relevant problem.  
Objective. The objective of this research is to improve the quality of design work by enhancing the engineering techniques of the durability prediction, which raise the authenticity of the evaluations. 
Method. Life of the equipment are calculated using the statistical modelling method (Monte-Carlo method). This method takes into consideration probabilistic characteristics of constituent elements’ life. 
Results. As a result, the problem of predicting operating life of electronic equipment using the reference data on early stages of development is solved. An analysis of standardized method of durability prediction was performed which revealed existing limita-tions for using this method when predicting operating life of electronic equipment. An alternate, statistical method of predicting op-erating life of electronic equipment was suggested and a software implementation was created. Developed software was tested and verified. Analytical experiments were performed to show the authenticity of the suggested method and to compare it to the standard-ized one. 
Conclusions. Thus, results of the performed research show that the standardized method is applicable only for calculating the minimum operating time. Also, it was concluded that the truncation parameter of element’s life distribution, variation coefficient of life and some specific qualities of dependability prediction scheme have to be taken into consideration when predicting durability of electronic equipment. 
KEYWORDS: electronic equipment, dependability, durability, life, design automation, simulation.  

NOMENCLATURE EE – electronic equipment; 
ТT – technical task; DM – durability measure; EC – electronic component; DS – data sheet; LS – limiting state; m – mean; g – group; ASONIKA-K-D – software for calculating durability indicators of electronic equipment; PK ASONIKA-K – software complex for calculating dependability indicators of electronic equipment; 
Tр.γ – gamma-percentile life; 
Tн.ɦ – minimum operating time; 
P – probability; 1рТ  – life vector of electronic components; 2рТ  – life vector of the electronic components that reached the limit state; 
χγ – quantile of the normal distribution; 
γ – probability for which the life is calculated, ex-pressed as a percentage; 
tр – life; 
m(tр) – mathematical expectation of life; σ(tр) – standard deviation of life; 

ν – variation coefficient of life; 
Тр.m – mean life; 
νm – mean variation coefficient of life; 
νn – variation coefficient of life of the n-th electronic component; 
N – number of electronic components in electronic equipment; 
m(tр)n – mathematical expectation of life of the n-th electronic component; 
σ(tр)n – standard deviation of life of the n-th electronic component; 
Тр.γn – gamma-percentile life of the n-th electronic component; 
γn – probability for which the life of the n-th electronic component is calculated, expressed as a percentage; . nН МT  – minimum operating time of the n-th elec-tronic component; 
КLS – limiting state criterion of electronic equipment; 
k – number; 

kрt�  – k-th life realization; 
EEрt�  – life realization of electronic equipment; 
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nрt�  – life realization of the n-th electronic compo-nent; 

l – number; 
lрt�  – l-th life realization; 

γЭМ – probability for which the life of electronic equipment is calculated, expressed as a percentage; 
M – number of simulation experiments; . EEрТ γ  – gamma-percentile life of electronic equip-ment; 
xn – n-th realization of random variable; 

gLSК  – limiting state criterion of reserved group; 
gрt�  – life realization of reserved group; 

Ng – number of electronic components in reserved group.  
INTRODUCTION Level of quality of renewable and modifiable elec-tronic equipment largely depends on quality and effec-tiveness of engineering such equipment. This is a big fac-tor in competitiveness on global and local markets. More-over, this applies to modern on-board equipment of spacecraft which has complex operating algorithms, heightened dependability, noise immunity and persistence against external influences. Besides, in addition to growing complexity of equip-ment and more strict requirements, time allotted for de-signing machinery is shortened. First stages of engineer-ing are usually hindered by countless revisions and modi-fication targeted not to raise the quality of equipment, but to eliminate flaws, defects and failures. This happens due to a number of shortcomings of traditional engineering process, mostly from insufficient integration of math modeling into modern information technology. Main difficulties of using math modeling methods in engineering process come from two reasons. Firstly, methods of selecting and analyzing engineering decisions are not developed enough. In addition, malfunctions mod-eling and dependability-oriented engineering are often neglected. Secondly, there aren’t many software packages to choose from, and their capabilities are limited. Modern reliability calculation software packages (ASRN, “ARBITR”, “Nadejnost” module of KOK com-plex, “Reliabilty” modules of CAD-systems, RAM Commander, WQS, BlockSim and others) focus mostly on reliability prediction, leaving durability out. However, these factors do matter a lot for spacecraft with its long lifespan, and for competitiveness on the market too. It is known that durability is established with design, implemented with manufacturing and kept with mainte-nance. Better accuracy of durability characteristics evaluation on early stages of designing means more chances to construct durable equipment. This makes im-proving methods of durability characteristics calculation for equipment with heightened operating life a relevant problem. 

This research examines standard procedure of equip-ment’s life prediction and also methods, models and algo-rithms used for equipment durability analysis. The objective of this research is to heighten equipment engineering quality by improving durability calculation method with durability probability characteristics of equipment’s composite elements usage.  
1 PROBLEM STATEMENT Durability characteristics of equipment’s components is the initial data for equipment operating life prediction. These characteristics are «minimum operating time» and «gamma-percentile life». Result of the calculations is the gamma-percentile life of electronic equipment which in-dicates the time during which equipment won’t reach it’s limiting state with gamma-probability. Limiting state cri-terion of electronic equipment is decided by a predeter-mined percentage of equipment’s components reaching their life expectancy (in the worst-case scenario – of any component). Based on this, mathematical problem of equipment’s operating life prediction comes to calculating equation (1) for . EEрТ γ :  

( )1 2. . ,100 EE EEр р р рP Т Т Т Тγ γ≤
γ

≥=  (1) for worst-case scenario equation (1) becomes:  
( )1 . .100 EEр рP Т Т γ

γ
≥=  (2) 

2 REVIEW OF THE LITERATURE Many publications are devoted to the problems of equipment’s operating life evaluation. They review three main methods of operating life prediction – experimental, analytical and experimental-analytical. Experimental methods rely on operational life testing (usually, acceler-ated testing) [1]. experimental-analytical methods assume that dependability tests are performed for a part of equip-ment’s composing elements (usually in place developed elements), and the technical equipment’s operating life itself is calculated. Since there is no equipment to test on early stages of engineering and the equipment consists of elements with known durability characteristics, these methods won’t be reviewed. The most widespread dura-bility assessment methods are the methods of calculating mechanical equipment’s operating life under cyclic stress-ing, mechanical wear and other fatiguing stresses. These methods are used in calculating operating life of separate elements of equipment’s carcass [2], which is a separate problem and it will not be reviewed here. There are also operating life prediction methods based on using prob-ability-physical failure patterns [3, 4]. But using these methods also requires experimental tests of the compo-nent base, so they haven’t found much use in engineering routine. 
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Perhaps, the only document which regulates durability prediction on the stages of development is the standard [5], which is used ether directly (for example, [6]) or serves as a base for creating factory-local standards (for example, [7–9]). Initial data for durability prediction using methods of this standard are the element’s durability characteristics which are detailed and systematized in the handbook [10]. The handbook is an official publication and it gives a list of such experimentally obtained element’s durability characteristics: – gamma-percentile life; – minimum operating time. Fig. 1 shows a fragment of a Hand Book’s table of re-sistor’s durability characteristics. However, minimum operating time values are detailed only for elements which have been produced under mod-ern requirements. If an element is missing from the refer-ence book, it has to be calculated using standard’s [5] formula:  1. .1 0,15 .1 0,15н ɦ рТ Т γ

γ

γ

− ⋅χ
= ⋅

− ⋅χ
 (3) As implied by (3) methods of standard [5] assume that life of an element is a normally distributed random value:  

( ) ( )

( )( )
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2221 .2 р р

р

t m t

t
р р
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f t e dt

t

−
−+∞

⋅σ

−∞

= ⋅
σ ⋅ ⋅π ∫  (4) Clearly, the number 0.15 in formula (3) represents variation coefficient of life:  

( )
( )

.р

р

t

m t

σ
ν =  (5) It should be noted that in the document [7] value of ν is 0.25, and in the document [8] – 0.21. On top of that each of those documents assumes that the value of ν stays the same for every element when cal-culating durability characteristics. Therefore, if one ele-ments has the same γ value as some another element, but one of the elements has greater Тр.γ value, other durability characteristics (Тр.m и Tн.ɦ) will also be greater.     Figure 1 – Hand Book “Nadyozhnost EhRI”: part of a table with resistors’ durability characteristics 
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Calculation of variation coefficient for different types of elements shows that ν values lie in the range of 0.1÷0.25. As example, Fig. 2 shows distribution of the variation coefficient for the “Receiving and converting cathode-ray tubes” class.  Figure 2 – Distribution of the variation coefficient diagram  So, if variation coefficients of life differ between ele-ments, it can happen that one element has Тр.m greater than another, and Тр.γ, in contrast, lesser. To combat this, in [11] it has been suggested to use mean value of variation coefficient of life:  1 .N

n
n

m N
=
ν

ν =
∑  (6) But neither documents [7, 8] nor monograph [11] de-tail evaluation of error, which is based on assumption of 

νn values equality. Thus, one of the ways to increase durability prediction of equipment is using not determinate, but probabilistic characteristics of elements life.  
3 MATERIALS AND METHODS In order to resolve this problem a method of statistical modeling was used. This method is “a universal method of calculation for objects of any structure, for any distri-butions of operating time between failures and restoration times, for any strategies and methods of restoration and preventive maintenance…” [12]. In this case statistical modeling included following stages: – Calculating parameters of the life distribution (m(tр)n 

и σ(tр)n) using values of Тр.γn, γ, Tн.ɦn and γ1 = 99.9% for each element (using normal distribution law). – Performing simulation modeling: – Calculating life realization for each element (using Box-Muller transform); – Calculating life realization for equipment using lim-iting state criterion (КLS). The limiting state criterion in standard [5] is interpreted as reaching operating life limit by a defined percentage of total count of equipment. Us-
ing this limiting state criterion for equipment’s life realiza-tion means life realization’s vector is aligned in ascending order. A value with number k is chosen from this vector:  ,EE kр рt t=� �  (7) where k is     

( )int 1.100LSКk N⎡ ⎤= ⋅ +⎢ ⎥⎣ ⎦
 (8) Obviously, if the limiting state criterion is formulated as “reaching lifespan by any element”, then, with this limiting state criterion:  

( )1 21,min , ,..., .EE Nр р
n

р р
N

t t t t
=

=� � � �  (9) – Carrying out simulation experiment and forming a vector of life realizations of electronic equipment – Calculating γ-percentile life of electronic equipment. Aligning the vector of life realizations in descending or-der and selecting a value with number l from it:  . ,lEE ррT tγ = �  (10) where l is   1 .100l Mγ⎛ ⎞= − ⋅⎜ ⎟
⎝ ⎠

 (11) This method was implemented and included in ASONIKA-K-D system of ASONIKA-K software pack-age [13]. Fig. 3 shows results of modeling operating life of Р1-1 resistor, which has Tн.ɦ = 25 thousand of hours, Тр.γ = 50 thousand of hours (γ = 95%), amount of simulation ex-periments – 106.  Figure 3 – Results of P1-1 resistor life modeling 
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As seen in Fig. 3, statistically modelled value of resis-tor’s 95% operating life (49.956 thousands of hours) al-most coincides with predetermined one.  

4 EXPERIMENTS To evaluate the influence of variation coefficient of life a number of calculations inside ASONIKA-K-D sys-tem was carried out. Case 1. Equipment contains 5 elements with Тр.m = 50 thousands of hours (ν = 0.25) and 5 elements with 
Тр.m = 40 thousands of hours (ν = 0.1), КLS = 0%. Case 2. Equipment contains 5 elements with Тр.m = 50 thousands of hours and 5 elements with with Тр.m = 40 thousands of hours, КLS = 0%. The variation coefficient for each element equals νm, which is calculated using for-mula (6). Case 3. Equipment contains 10 “P1-1” resistors (de-picted in Fig. 1), КLS = 0%.  To evaluate the accuracy of calculations using a method described in standard [5], a 95% operating life calculation example was chosen. The equipment consists of 101 resistors, 34 non-electrolytic capacitors, 28 electrolytic capacitors, 22 sili-con diodes, 14 low-powered silicon transistors, 5 high-powered transistors, 37 microchips with low degree of integration, black and white kinescope and 2 low-frequency transformers. limiting state criterion: “No more than 20% of ele-ments should have their operating life used up”. Since standard [5] does not include types of elements, they were chosen match standard’s [5] example. That means choosing elements in a way that makes the count of elements with 95% life’s value to fit with the stan-dard’s [5] example. Formed data is summarized in Ta-ble 1.    

5 RESULTS Results of calculating 95% life’s value for case 1 are shown in Fig. 4a. Calculations were performed using ASONIKA-K-D system with a number of simulation ex-periments M = 106. Fig. 4 b shows Results of calculating 95% life’s value for case 2. Results of calculating 95% life’s value for case 1 are shown in Fig. 5. Calculations were performed with a number of simulation experiments M = 106. Fig. 6a illustrates results of calculating 95% life’s value calculated using ASONIKA-K-D system with a number of simulation experiments M = 106 for КLS = 20%. Fig. 6b shows results of calculating equipment’s 95% life’s value for КLS = 0%.   Table 1 – Initial data for calculating 95% life of equipment Data [1] 
№ Type products Tɧ,ɦ, in thousand hours Тр,γ (γ = 95%), in thousand hours Number of pieces All pieces Тр,γ (γ = 95%) Total percent-age 1 2 3 4 5 6 7 8 Ceramic capacitors for rated voltage 1600 V and higher 1 К15-15 2 5 24 Monochrome picture tubes 2 2ЛК1Б 2 9 (γ = 90%) 1 25 before 10000 100 Electrolytic capacitors 3 К50-20 10 13 1 Thermoresistors 4 КМТ-1 10 15 (γ = 90%) 25 26 “15000 89.6 Volumetric-porous capacitors 5 К52-2 10 15 27 Ceramic capacitors for rated voltage 1600 V and higher 6 К15-14в 7.5 15 10 37 “20000 79 Resistors, constant, metal-dielectric 7 ɋ2-6 15 25 35 Low-voltage power transformers 8 ТАН 12 27.5 2 37 “30000 63.9 Integrated microcircuits 9 Hybrid 25 50 37 Low-power silicon transistors 10 2Т317А 25 50 14 Silicon rectifier diodes 11 Д214 25 50 22 Powerful silicon transistors 12 2Т808А 25 50 5 Resistors, constant, metal-dielectric 13 Р1-12 25 40 17 95 “50000 48.8 Resistors, constant, metal-dielectric 14 Р1-4 30 60 24 24 “60000 9.9 Total: 244  
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  a b Figure 4 – Simulation modeling results:  a – for values ν1–5 = 0.1 and ν6–10 = 0.25; b – for values ν1–10 = νm = 0.175   Figure 5 – Simulation modeling results for a unit with 10 resistors    a b Figure 6 – Simulation modeling results:  a – for КLS = 20%; b – for КLS = 0%   
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6 DISCUSSION To determine the cause of discrepancy between results of statistical modeling and standard’s [5] example a test example was calculated (Fig. 4) As Fig. 4a illustrates, the value of 95% life is equal to 18,788 thousands of hours. For comparison, Fig. 4b shows the value of 95% life of the same equipment with ν for each element equal to νm, which is calculated using formula (6). As shown in Fig. 4b, the value of 95% life (23,834 thousands of hours) differs from the one with using different ν values as shown in Fig. 6a However the calculated values are substantially lower than the value of 95% life calculated using standard’s [5] method (33.42 thousands of hours) A calculation of a test example was performed to iden-tify the reason behind such results of statistical modeling (see Fig. 5). As illustrated in Fig. 5, the value of 95% life is equal to 34.068 thousands of hours, but standard’s [5] result is 50 thousands of hours. Since the νn values in this case are same for all ele-ments, this discrepancy is due to different elements’ life values being independent random values. When modeling independent random values (ele-ments’ lifes), for each element a random value is gener-ated (x1, x2,…, xN) and it’s used to calculate the life’s value (tɪ1, tɪ2, …,tɪN) as shown in Fig. 7.   Figure 7 – Modeling of elements’ lifes  Removing discrepancy between results of statistical modeling and standard’s [5] method can be achieved by not only making νn values equal, but also creating func-tional relation between elements of different types. That means if the first element’s life realization equals to tр1 for a random value equal to x, then values of life realizations of other elements (tр1, tр2, …,tрN) must be the same (illus-trated in Fig. 8). However, this is impossible in practice. It is hard to imagine skipping one type of element life verification but checking all of the others when building equipment. Spe-cifically it has to be verification of elements life which would guarantee the element’s life with probability close to 1. Thus, if elements life are independent values, the probability of equipment’s life being no lower than a cer-tain value would decrease with increasing equipment’s elements count. 

 Figure 8 – Functional relation implemented by modeling ele-ments’ lifes realizations  This can lead to calculated value of 95% equipment’s life being lower than the gamma-percentile life calculated using standard’s [5] method. Minimum operating time would be lower too. It should be noted that the value γ = 99.9% in formula (3) should be considered as an approximate one. Such value is recommended in standard [5] for calculating Tн.ɦ of elements with no Tн.ɦ values given in Data Sheet. By definition, minimum operating time is a time period (life) during which limiting state of an element won’t happen with a probability of 1. Which means it should be consid-ered as a shift parameter for life distribution function (Fig. 9).    Figure 9 – Life distribution function  To confirm this, let’s find χγ1 value using formula (3). In accordance with requirements of current standards, 95% element’s life should be no lower than it’s doubled minimum operating time. Let’s assume Тр.γ = 2�Tн.ɦ. In this case, formula (3) will take the following form:  1. .1 0,15 2 .1 0,15 1,645н ɦ н ɦТ Тγ− ⋅χ
= ⋅ ⋅

− ⋅
 (12) Solving (12) for χγ1 gives χγ1 = 4,1568. For this value the probability is almost equal to 1 (at χ = 4.265  

γ = 99.999%). Based on this, it should be assumed that the element’s life distribution function is shifted by Tн.ɦ value. In this 
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case, statistical modeling of element’s life realization should be performed using formula:  .. .   , . ,,  n

n n

n n n
n

n n

р р р
р

р р

Н М

Н М Н М

t t T

T T

t
t

t t

⎧ = ≥⎪= ⎨
= <⎪⎩

� � �
�

� �
 (13) With taking into account all of the correction, statisti-cal modeling was performed for standard’s [5] example. As illustrated in Fig. 6 a, 95% equipment’s life is no lower than 17.827 thousands of hours, which is 1.4 times greater than the one calculated using standard’s method (13 thousands of hours). Besides, Fig. 6b shows results of calculating 95% equipment’s life for КLS = 0%. Fig. 7 b shows that 95% equipment’s life is no lower than 2.457 thousands of hours, which is 2 times less than the one calculated using standard’s [5] method (5 thousands of hours). It should be noted that existence of reserved elements (reserving using additional (reserve) elements) should be taken into consideration when modeling equipment’s life realizations. For example, limiting state criterion for constantly loaded reservation is formulated as “Expending operating life of 100% of elements included in reserved group”. КLS value for such reserved group will be equal to:  100%

gLSК = .  Calculating realizations of reserved group for such КLS value is performed using following formula:  
( )1 21,max , ,..., .g Ng

gn N
р р р рt t t t

=
=� � � �  (14) 

CONCLUSIONS Thus, performed studies and analytical experiments al-low us to draw the following conclusions: – value of minimum operating time as a minimum of integral element’s minimum operating time can be used for “lowest” estimation of gamma-percentile life of non-reserved equipment; – standard’s [5] method of calculating equipment’s durability is applicable for calculating gamma-percentile life only if it’s proven that lifes of integral elements have strong correlative connection and equal variation coeffi-cients; – statistical modeling is the most reasonable way of analytical gamma-percentile life calculation only if life of integral elements are independent random values with different parameters of their distributions; – laws of life distribution with shift parameters equal to the minimal operating time should be used for model-ing element’s life realizations; – existence of reserved elements (reserving using ad-ditional (reserve) elements) should be taken into consid-eration when modeling equipment’s life realizations. 
– specialized software should be used to calculate gamma-percentile life of equipment (like ASONIKA-K-D). In conclusion, it should be noted that aforementioned method of statistical modeling does not take into consid-eration elements’ life dependence from equipment’s op-eration model. Particularities of predicting life of ele-ments whose total flow of failures consists of independent failure flows of its components. These problems are re-viewed in detail in [11] and [14]. Their suggested models will be implemented with ASONIKA-K-D further devel-opment.  
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ɆЕɌОȾ ɉРОГɇОɁɍВАɇɇə ɉОɄАɁɇɂɄІВ ȾОВГОВІЧɇОСɌІ ЕɅЕɄɌРОɇɇɂɏ ɁАСОȻІВ 
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ɭɧівɟɪɫиɬɟɬɭ «Виɳа шɤɨɥа ɟɤɨɧɨɦіɤи», Мɨɫɤва, Рɨɫія. 
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ɞɨɫɥіɞɧиɰьɤɨɝɨ ɭɧівɟɪɫиɬɟɬɭ «Виɳа шɤɨɥа ɟɤɨɧɨɦіɤи», Мɨɫɤва, Рɨɫія. 
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ɞɨɫɥіɞɧиɰьɤɨɝɨ ɭɧівɟɪɫиɬɟɬɭ «Виɳа шɤɨɥа ɟɤɨɧɨɦіɤи», Мɨɫɤва, Рɨɫія.  
АɇОɌАɐІə 

Аɤɬɭаɥьɧіɫɬь. ɉɨɫɬіɣɧɟ ɩіɞвиɳɟɧɧя виɦɨɝ ɞɨ ɫɬɪɨɤів аɤɬивɧɨɝɨ іɫɧɭваɧɧя ɤɨɫɦіɱɧиɯ аɩаɪаɬів виɦаɝає ɫɬвɨɪɟɧɧя ɟɥɟɤ-
ɬɪɨɧɧиɯ ɡаɫɨɛів, ɳɨ віɞɩɨвіɞаɸɬь ɰиɦ виɦɨɝаɦ. З ɰієʀ ɬɨɱɤи ɡɨɪɭ ɫаɦɟ ɩɨɤаɡɧиɤи ɞɨвɝɨвіɱɧɨɫɬі ɞɨɡвɨɥяɸɬь ɨɰіɧиɬи ɩɪиɧ-
ɰиɩɨвɭ ɦɨɠɥивіɫɬь ɫɬвɨɪɟɧɧя ɟɥɟɤɬɪɨɧɧиɯ ɡаɫɨɛів ɬɪиваɥɨɝɨ ɮɭɧɤɰіɨɧɭваɧɧя. На ɪаɧɧіɯ ɟɬаɩаɯ ɩɪɨɟɤɬɭваɧɧя ɞɥя ɨɰіɧɤи 
ɩɨɤаɡɧиɤів ɞɨвɝɨвіɱɧɨɫɬі ɡаɫɬɨɫɨвɭɸɬьɫя ɪɨɡɪаɯɭɧɤɨві ɦɟɬɨɞи. Ɉɱɟвиɞɧɨ, ɳɨ ɱиɦ ɬɨɱɧішɟ ɨɰіɧɤа, ɬиɦ ɛіɥьша ɣɦɨвіɪɧіɫɬь 
ɬɨɝɨ, ɳɨ ɩɪи виɩɪɨɛɭваɧɧяɯ ɡɪаɡɤів ɩɨɤаɡɧиɤи ɞɨвɝɨвіɱɧɨɫɬі ɛɭɞɭɬь ɩіɞɬвɟɪɞɠɟɧі. Тɨɦɭ вɞɨɫɤɨɧаɥɟɧɧя іɧɠɟɧɟɪɧиɯ ɦɟɬɨ-
ɞиɤ ɨɰіɧɤи ɩɨɤаɡɧиɤів ɞɨвɝɨвіɱɧɨɫɬі ɟɥɟɤɬɪɨɧɧиɯ ɡаɫɨɛів є аɤɬɭаɥьɧиɦ ɡавɞаɧɧяɦ. 

Ɇɟɬа ɪɨɛɨɬи. ɉіɞвиɳɟɧɧя яɤɨɫɬі ɩɪɨɟɤɬɧиɯ ɪɨɛіɬ ɡа ɪаɯɭɧɨɤ вɞɨɫɤɨɧаɥɟɧɧя іɧɠɟɧɟɪɧиɯ ɦɟɬɨɞиɤ ɪɨɡɪаɯɭɧɤɭ ɪɟɫɭɪɫɭ 
ɟɥɟɤɬɪɨɧɧиɯ ɡаɫɨɛів, ɳɨ ɞɨɡвɨɥяɸɬь ɩіɞвиɳиɬи ɬɨɱɧіɫɬь і ɞɨɫɬɨвіɪɧіɫɬь ɣɨɝɨ ɨɰіɧɤи. 

Ɇɟɬɨɞ. Дɥя ɪɨɡɪаɯɭɧɤɭ ɪɟɫɭɪɫɭ ɟɥɟɤɬɪɨɧɧиɯ ɡаɫɨɛів ɡаɫɬɨɫɨваɧиɣ ɦɟɬɨɞ ɫɬаɬиɫɬиɱɧɨɝɨ ɦɨɞɟɥɸваɧɧя (ɦɟɬɨɞ Мɨɧɬɟ-
Каɪɥɨ), ɳɨ ɞɨɡвɨɥяє вɪаɯɨвɭваɬи іɦɨвіɪɧіɫɧі ɯаɪаɤɬɟɪиɫɬиɤи ɪɟɫɭɪɫɭ ɤɨɦɩɥɟɤɬɭɸɱиɯ ɟɥɟɦɟɧɬів. 

Рɟзɭɥьɬаɬи. Рɨɡв’яɡаɧа ɡаɞаɱа ɩɪɨɝɧɨɡɭваɧɧя ɪɟɫɭɪɫɭ ɟɥɟɤɬɪɨɧɧиɯ ɡаɫɨɛів ɧа ɨɫɧɨві ɞɨвіɞɤɨвиɯ ɞаɧиɯ ɩɪɨ ɯаɪаɤɬɟɪи-
ɫɬиɤаɯ ɞɨвɝɨвіɱɧɨɫɬі ɟɥɟɦɟɧɬів ɧа ɪаɧɧіɯ ɟɬаɩаɯ ɩɪɨɟɤɬɭваɧɧя. ɉɪɨвɟɞɟɧɨ аɧаɥіɡ ɫɬаɧɞаɪɬиɡɨваɧɨɝɨ ɦɟɬɨɞɭ ɪɨɡɪаɯɭɧɤɭ 
ɩɨɤаɡɧиɤів ɞɨвɝɨвіɱɧɨɫɬі і виявɥɟɧɧя іɫɬɨɬɧі ɨɛɦɟɠɟɧɧя ɰьɨɝɨ ɦɟɬɨɞɭ ɩɪи ɩɪɨɝɧɨɡɭваɧɧі ɪɟɫɭɪɫɭ ɟɥɟɤɬɪɨɧɧиɯ ɦɨɞɭɥів. 
Заɩɪɨɩɨɧɨваɧɨ аɥьɬɟɪɧаɬивɧиɣ ɦɟɬɨɞ ɩɪɨɝɧɨɡɭваɧɧя ɪɟɫɭɪɫɭ ɟɥɟɤɬɪɨɧɧиɯ ɦɨɞɭɥів, ɡаɫɧɨваɧиɣ ɧа ɫɬаɬиɱɧɨɦɭ ɦɨɞɟɥɸваɧ-
ɧі, і ɫɬвɨɪɟɧа ɣɨɝɨ ɩɪɨɝɪаɦɧа ɪɟаɥіɡаɰія. ɉɪɨвɟɞɟɧɨ ɬɟɫɬɭваɧɧя ɪɨɡɪɨɛɥɟɧɨɝɨ ɩɪɨɝɪаɦɧɨɝɨ ɡаɛɟɡɩɟɱɟɧɧя. ɉɪɨвɟɞɟɧɨ 
ɨɛɱиɫɥɸваɥьɧі ɟɤɫɩɟɪиɦɟɧɬи ɡ ɞɨɫɥіɞɠɟɧɧя ɞɨɫɬɨвіɪɧɨɫɬі ɡаɩɪɨɩɨɧɨваɧɨɝɨ ɦɟɬɨɞɭ і ɣɨɝɨ ɩɨɪівɧяɧɧя іɡ ɫɬаɧɞаɪɬиɡɨваɧиɦ 
ɦɟɬɨɞɨɦ. 

Виɫɧɨвɤи. За ɪɟɡɭɥьɬаɬаɦи ɩɪɨвɟɞɟɧиɯ ɟɤɫɩɟɪиɦɟɧɬів ɩɨɤаɡаɧɨ, ɳɨ ɫɬаɧɞаɪɬиɡɨваɧиɣ ɦɟɬɨɞ ɦɨɠɧа ɡаɫɬɨɫɨвɭваɬи 
ɬіɥьɤи ɞɥя ɪɨɡɪаɯɭɧɤɭ ɦіɧіɦаɥьɧɨɝɨ ɧаɩɪаɰɸваɧɧя і ɡɪɨɛɥɟɧɨ виɫɧɨвɨɤ ɩɪɨ ɧɟɨɛɯіɞɧіɫɬь вɪаɯɭваɧɧя ɩаɪаɦɟɬɪа ɭɫіɱɟɧɧя 
ɪɨɡɩɨɞіɥɭ ɪɟɫɭɪɫɭ ɟɥɟɦɟɧɬів і ɤɨɟɮіɰієɧɬа ваɪіаɰіʀ ɪɟɫɭɪɫɭ, а ɬаɤɨɠ ɨɫɨɛɥивɨɫɬɟɣ ɫɯɟɦи ɪɨɡɪаɯɭɧɤɭ ɧаɞіɣɧɨɫɬі ɩɪи ɩɪɨɝɧɨ-
ɡɭваɧɧя ɩɨɤаɡɧиɤів ɞɨвɝɨвіɱɧɨɫɬі ɟɥɟɤɬɪɨɧɧиɯ ɡаɫɨɛів. 

ɄɅЮЧОВІ СɅОВА: ɟɥɟɤɬɪɨɧɧиɣ ɡаɫіɛ, ɧаɞіɣɧіɫɬь, ɞɨвɝɨвіɱɧіɫɬь, ɪɟɫɭɪɫ, авɬɨɦаɬиɡаɰія ɩɪɨɟɤɬɭваɧɧя, іɦіɬаɰіɣɧɟ ɦɨ-
ɞɟɥɸваɧɧя.  
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ɆЕɌОȾ ɉРОГɇОɁɂРОВАɇɂə ɉОɄАɁАɌЕɅЕɃ ȾОɅГОВЕЧɇОСɌɂ ɗɅЕɄɌРОɇɇЫɏ СРЕȾСɌВ  
ɀаɞɧɨв В. В. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɞɨɰɟɧɬ, ɩɪɨɮɟɫɫɨɪ Дɟɩаɪɬаɦɟɧɬа ɷɥɟɤɬɪɨɧɧɨɣ иɧɠɟɧɟɪии Наɰиɨɧаɥьɧɨɝɨ иɫɫɥɟɞɨва-

ɬɟɥьɫɤɨɝɨ ɭɧивɟɪɫиɬɟɬа «Вɵɫшая шɤɨɥа ɷɤɨɧɨɦиɤи», Мɨɫɤва, Рɨɫɫия. 
Ʉɭɥɵɝиɧ В. ɇ. – ɦаɝиɫɬɪ ɬɟɯɧиɤи и ɬɟɯɧɨɥɨɝиɣ, аɫɩиɪаɧɬ Аɫɩиɪаɧɬɫɤɨɣ шɤɨɥɵ ɩɨ ɬɟɯɧиɱɟɫɤиɦ ɧаɭɤаɦ Наɰиɨɧаɥьɧɨɝɨ 

иɫɫɥɟɞɨваɬɟɥьɫɤɨɝɨ ɭɧивɟɪɫиɬɟɬа «Вɵɫшая шɤɨɥа ɷɤɨɧɨɦиɤи», Мɨɫɤва, Рɨɫɫия. 
Ɂɨɬɨв А. ɇ. – ɦаɝиɫɬɪ ɬɟɯɧиɤи и ɬɟɯɧɨɥɨɝиɣ, аɫɩиɪаɧɬ Аɫɩиɪаɧɬɫɤɨɣ шɤɨɥɵ ɩɨ ɬɟɯɧиɱɟɫɤиɦ ɧаɭɤаɦ Наɰиɨɧаɥьɧɨɝɨ иɫ-

ɫɥɟɞɨваɬɟɥьɫɤɨɝɨ ɭɧивɟɪɫиɬɟɬа «Вɵɫшая шɤɨɥа ɷɤɨɧɨɦиɤи», Мɨɫɤва, Рɨɫɫия.  
АɇɇОɌАɐɂə 

Аɤɬɭаɥьɧɨɫɬь. ɉɨɫɬɨяɧɧɨɟ ɩɨвɵшɟɧиɟ ɬɪɟɛɨваɧиɣ ɤ ɫɪɨɤаɦ аɤɬивɧɨɝɨ ɫɭɳɟɫɬвɨваɧия ɤɨɫɦиɱɟɫɤиɯ аɩɩаɪаɬɨв ɬɪɟɛɭɟɬ 
ɫɨɡɞаɧия ɷɥɟɤɬɪɨɧɧɵɯ ɫɪɟɞɫɬв, ɨɬвɟɱаɸɳиɯ ɷɬиɦ ɬɪɟɛɨваɧияɦ. ɋ ɷɬɨɣ ɬɨɱɤи ɡɪɟɧия иɦɟɧɧɨ ɩɨɤаɡаɬɟɥи ɞɨɥɝɨвɟɱɧɨɫɬи ɩɨ-
ɡвɨɥяɸɬ ɨɰɟɧиɬь ɩɪиɧɰиɩиаɥьɧɭɸ вɨɡɦɨɠɧɨɫɬь ɫɨɡɞаɧия ɷɥɟɤɬɪɨɧɧɵɯ ɫɪɟɞɫɬв ɞɥиɬɟɥьɧɨɝɨ ɮɭɧɤɰиɨɧиɪɨваɧия. На ɪаɧɧиɯ 
ɷɬаɩаɯ ɩɪɨɟɤɬиɪɨваɧия ɞɥя ɨɰɟɧɤи ɩɨɤаɡаɬɟɥɟɣ ɞɨɥɝɨвɟɱɧɨɫɬи ɩɪиɦɟɧяɸɬɫя ɪаɫɱɟɬɧɵɟ ɦɟɬɨɞɵ. Ɉɱɟвиɞɧɨ, ɱɬɨ ɱɟɦ ɬɨɱɧɟɟ 
ɨɰɟɧɤа, ɬɟɦ ɛɨɥьшɟ вɟɪɨяɬɧɨɫɬь ɬɨɝɨ, ɱɬɨ ɩɪи иɫɩɵɬаɧияɯ ɨɛɪаɡɰɨв ɩɨɤаɡаɬɟɥи ɞɨɥɝɨвɟɱɧɨɫɬи ɛɭɞɭɬ ɩɨɞɬвɟɪɠɞɟɧɵ. ɉɨ-
ɷɬɨɦɭ ɫɨвɟɪшɟɧɫɬвɨваɧиɟ иɧɠɟɧɟɪɧɵɯ ɦɟɬɨɞиɤ ɨɰɟɧɤи ɩɨɤаɡаɬɟɥɟɣ ɞɨɥɝɨвɟɱɧɨɫɬи ɷɥɟɤɬɪɨɧɧɵɯ ɫɪɟɞɫɬв явɥяɟɬɫя аɤɬɭаɥь-
ɧɨɣ ɡаɞаɱɟɣ. 

ɐɟɥь. ɉɨвɵшɟɧиɟ ɤаɱɟɫɬва ɩɪɨɟɤɬɧɵɯ ɪаɛɨɬ ɡа ɫɱɟɬ ɫɨвɟɪшɟɧɫɬвɨваɧиɟ иɧɠɟɧɟɪɧɵɯ ɦɟɬɨɞиɤ ɪаɫɱɟɬа ɪɟɫɭɪɫа ɷɥɟɤ-
ɬɪɨɧɧɵɯ ɫɪɟɞɫɬв, ɩɨɡвɨɥяɸɳиɯ ɩɨвɵɫиɬь ɬɨɱɧɨɫɬь и ɞɨɫɬɨвɟɪɧɨɫɬь ɟɝɨ ɨɰɟɧɤи. 
42
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Ɇɟɬɨɞ. Дɥя ɪаɫɱɟɬа ɪɟɫɭɪɫа ɷɥɟɤɬɪɨɧɧɵɯ ɫɪɟɞɫɬв ɩɪиɦɟɧɟɧ ɦɟɬɨɞ ɫɬаɬиɫɬиɱɟɫɤɨɝɨ ɦɨɞɟɥиɪɨваɧия (ɦɟɬɨɞ Мɨɧɬɟ-

Каɪɥɨ), ɩɨɡвɨɥяɸɳиɣ ɭɱиɬɵваɬь вɟɪɨяɬɧɨɫɬɧɵɟ ɯаɪаɤɬɟɪиɫɬиɤи ɪɟɫɭɪɫа ɤɨɦɩɥɟɤɬɭɸɳиɯ ɷɥɟɦɟɧɬɨв. 
Рɟзɭɥьɬаɬɵ. Рɟшɟɧа ɡаɞаɱа ɩɪɨɝɧɨɡиɪɨваɧия ɪɟɫɭɪɫа ɷɥɟɤɬɪɨɧɧɵɯ ɫɪɟɞɫɬв ɧа ɨɫɧɨвɟ ɫɩɪавɨɱɧɵɯ ɞаɧɧɵɯ ɨ ɯаɪаɤɬɟɪи-

ɫɬиɤаɯ ɞɨɥɝɨвɟɱɧɨɫɬи ɷɥɟɦɟɧɬɨв ɧа ɪаɧɧиɯ ɷɬаɩаɯ ɩɪɨɟɤɬиɪɨваɧия. ɉɪɨвɟɞɟɧ аɧаɥиɡ ɫɬаɧɞаɪɬиɡɨваɧɧɨɝɨ ɦɟɬɨɞа ɪаɫɱɟɬа 
ɩɨɤаɡаɬɟɥɟɣ ɞɨɥɝɨвɟɱɧɨɫɬи и вɵявɥɟɧɧɵɟ ɫɭɳɟɫɬвɟɧɧɵɟ ɨɝɪаɧиɱɟɧия ɷɬɨɝɨ ɦɟɬɨɞа ɩɪи ɩɪɨɝɧɨɡиɪɨваɧии ɪɟɫɭɪɫа ɷɥɟɤɬɪɨɧ-
ɧɵɯ ɦɨɞɭɥɟɣ. ɉɪɟɞɥɨɠɟɧ аɥьɬɟɪɧаɬивɧɵɣ ɦɟɬɨɞ ɩɪɨɝɧɨɡиɪɨваɧия ɪɟɫɭɪɫа ɷɥɟɤɬɪɨɧɧɵɯ ɦɨɞɭɥɟɣ, ɨɫɧɨваɧɧɵɣ ɧа ɫɬаɬиɱɟ-
ɫɤɨɦ ɦɨɞɟɥиɪɨваɧии и ɫɨɡɞаɧа ɟɝɨ ɩɪɨɝɪаɦɦɧая ɪɟаɥиɡаɰия. ɉɪɨвɟɞɟɧɨ ɬɟɫɬиɪɨваɧиɟ ɪаɡɪаɛɨɬаɧɧɨɝɨ ɩɪɨɝɪаɦɦɧɨɝɨ ɨɛɟɫ-
ɩɟɱɟɧия. ɉɪɨвɟɞɟɧɵ вɵɱиɫɥиɬɟɥьɧɵɟ ɷɤɫɩɟɪиɦɟɧɬɵ ɩɨ иɫɫɥɟɞɨваɧиɸ ɞɨɫɬɨвɟɪɧɨɫɬи ɩɪɟɞɥɨɠɟɧɧɨɝɨ ɦɟɬɨɞа и ɟɝɨ ɫɪавɧɟ-
ɧиɟ ɫɨ ɫɬаɧɞаɪɬиɡɨваɧɧɵɦ ɦɟɬɨɞɨɦ. 

Вɵвɨɞɵ. ɉɨ ɪɟɡɭɥьɬаɬаɦ ɩɪɨвɟɞɟɧɧɵɯ ɷɤɫɩɟɪиɦɟɧɬɨв ɩɨɤаɡаɧɨ, ɱɬɨ ɫɬаɧɞаɪɬиɡɨваɧɧɵɣ ɦɟɬɨɞ ɩɪиɦɟɧиɦ ɬɨɥьɤɨ ɞɥя 
ɪаɫɱɟɬа ɦиɧиɦаɥьɧɨɣ ɧаɪаɛɨɬɤи и ɫɞɟɥаɧ вɵвɨɞ ɨ ɧɟɨɛɯɨɞиɦɨɫɬи ɭɱɟɬа ɩаɪаɦɟɬɪа ɭɫɟɱɟɧия ɪаɫɩɪɟɞɟɥɟɧия ɪɟɫɭɪɫа ɷɥɟɦɟɧ-
ɬɨв и ɤɨɷɮɮиɰиɟɧɬа ваɪиаɰии ɪɟɫɭɪɫа, а ɬаɤɠɟ ɨɫɨɛɟɧɧɨɫɬɟɣ ɫɯɟɦɵ ɪаɫɱɟɬа ɧаɞɟɠɧɨɫɬи ɩɪи ɩɪɨɝɧɨɡиɪɨваɧия ɩɨɤаɡаɬɟɥɟɣ 
ɞɨɥɝɨвɟɱɧɨɫɬи ɷɥɟɤɬɪɨɧɧɵɯ ɫɪɟɞɫɬв. 

ɄɅЮЧЕВЫЕ СɅОВА: ɷɥɟɤɬɪɨɧɧɨɟ ɫɪɟɞɫɬвɨ, ɧаɞɟɠɧɨɫɬь, ɞɨɥɝɨвɟɱɧɨɫɬь, ɪɟɫɭɪɫ, авɬɨɦаɬиɡаɰия ɩɪɨɟɤɬиɪɨваɧия, 
иɦиɬаɰиɨɧɧɨɟ ɦɨɞɟɥиɪɨваɧиɟ.   
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ABSTRACT 
Context. We consider a Kolmogorov-Wiener filter for fractal random processes, which, for example, may take place in modern information-telecommunication systems and in control of complex technological processes. The weight function of the considered filter may be applied to data forecast in the corresponding systems. 
Objective. As is known, in the continuous case the Kolmogorov-Wiener filter weight function obeys the Fredholm integral equation of the first kind. The aim of the work is to obtain the Kolmogorov-Wiener filter weight function as an approximate solution of the corresponding integral equation. 
Method. The truncated orthogonal polynomial expansion method for approximate solution of the Fredholm integral equation of the first kind is used. A set of orthonormal polynomials is used. 
Results. We obtained approximate results for the Kolmogorov-Wiener weight function for fractal processes with a power-law structure function. The weight function is found as an approximate solution of the Fredholm integral equation of the first kind the kernel of which is the correlation function of the corresponding fractal random process. Analytical results for the one-, two-, three-, four- and five-polynomial approximations are obtained. A numerical comparison of the left-hand and right-hand sides of the integral equation for the obtained weight functions is given for different values of the parameters. The corresponding numerical investigation is made up to the 18-polynomial approximation on the basis of the Wolfram Mathematica package. The applicability of the obtained solutions is discussed. 
Conclusions. The Kolmogorov-Wiener weight function for fractal processes is obtained approximately in the form of a truncated orthogonal polynomial series. The validity of the obtained weight functions is discussed. The obtained results may be applied to the data forecast in a wide variety of different systems where fractal random processes take place. 
KEYWORDS: Kolmogorov-Wiener filter weight function, truncated orthogonal polynomial expansion, Fredholm integral equation of the first kind, approximate solution. 
 

NOMENCLATURE 
T  – time interval along which the input data are observed 
k  – time interval for which the forecast should be made ( )h t  – Kolmogorov-Wiener filter weight function 
H  – Hurst exponent  ( )nS t –  set of orthonormal polynomials in [0, ]t T∈ . ( )R t  correlation function of the random fractal process 2σ  process variance 

 
 

INTRODUCTION Nowadays fractal processes take place in a huge variety of different systems (see, for example, [1–4] and various references in [4]). This paper is devoted to the obtaining of the Kolmogorov–Wiener filter weight function for continuous fractal processes. The structure function of the corresponding random fractal process is supposed to be a power-law one. Such a model is widely used for description of different systems in different fields of knowledge; see, for example, [5] and references therein.  
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In paper [4] the problem of data forecast for fractal processes in telecommunication systems was considered on the basis of Kolmogorov-Wiener filter. The results of paper [4] were refined in [5], but the Volterra integral equation was considered in [4, 5] rather than the Fredholm one. As is known [6], in the general case for such a problem the Fredholm integral equation of the first kind should be used. The exact analytical solution for such equation meets difficulties, so an approximate solution of the corresponding integral equation is obtained in this paper. 
The object of study is the Kolmogorov-Wiener filter for continuous fractal processes. 
The subject of study is the weight function of the corresponding filter. 
The aim of the work is to obtain the corresponding weight function as an approximate solution of the Fredholm integral equation of the first kind. 

 
1 PROBLEM STATEMENT We consider the Kolmogorov-Wiener filter for continuous fractal processes. As is known, the weight function of the considered filter obeys the following integral equation    where T  is the time interval along which the input data are observed, k T�  the time interval for which the forecast should be made, ( )h τ  is the Kolmogorov-Wiener filter weight function and ( )R t is the correlation function of the corresponding fractal process, the noiseless case is considered. Here we consider a random fractal process with the power-law structure function which leads to the following correlation function [5]   where 2σ  is the process variance, α  is a constant and 

H is the Hurst exponent. The statement of the problem is to obtain the weight function ( )h τ  as an approximate solution to the integral equation (1). 
 

2 REVIEW OF THE LITERATURE Nowadays fractal processes are used for the description of a huge variety of different systems, and a model with a power-law structure function is a popular model of the fractal process, (see, for example, [1–5] and references therein). In paper [4] the Kolmogorov-Wiener filter is proposed in order to make the forecast for the fractal traffic which takes place in some telecommunication systems. Such a 
traffic is rather data-intensive, that is why for convenience it is described as a continuous process in [4]. But in [4] the Volterra integral equation of the first kind is used rather than the Fredholm one. In [4] the method of solution of the corresponding Volterra integral equation is described and finally an exact analytical solution of this equation was obtained in [5]. It should be stressed that the Volterra integral equation is not so complicated as the Fredholm one and it admits an exact analytical solution. Maybe, in some cases the use of the Volterra equation instead of the Fredholm one is a reasonable simplification. But definitely in the general case one should use the  Fredholm integral equation of the first kind rather than the Volterra one, see, for example, [6]. So the aim of the paper is to solve the corresponding Fredholm equation. But the exact analytical solution of the Fredholm integral equation (1) meets difficulties, so here we restrict ourselves only to a search for an approximate solution of (1).  It should be stressed that Fredholm integral equations of the first kind take place in various fields of knowledge. One of the most popular methods of their approximate solution, which is used in this paper, is the expansion of the unknown function into a truncated orthogonal polynomial series, see the corresponding solution of the kinetic equation in the framework of statistical physics [7, 8]. In fact, this method is a special case of the Galerkin’s method described in [9].   

3 MATERIALS AND METHODS The solution of eq, (1) is sought as the orthogonal polynomials series   
( ) ( )n n

n

h t g S t=∑   (3)  where ( )nS t  a set of polynomials which are orthonormal in [0, ]t T∈  and ng  are unknown coefficients.  The polynomials ( )nS t  are constructed as follows. As is known [10], the polynomials ( )nS t′  orthogonal in [0, ]t T∈  can be constructed as follows:  
( )

0 1 21 2 3 11 1 2 12 ,1 n

n

n

n n n n
n

S
+

− + −

μ μ μ μ
μ μ μ μ

′ τ =
μ μ μ μ

τ τ τ

"
"

# # # % #
"

"

 
[ ]0,Tτ∈  (4) where   10 1T n

n
n

T
x dx

n

+
μ = =

+∫ . (5)  ( ) ( ) ( )0 ,T

d h R t R t kτ τ − τ = +∫  (1) 
( ) 22 ,2 HR t t

α
= σ −  (2) 
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The numerical values of ( )nS t′  for t T≈  may be rather large, that is why the use of the orthonormal polynomials ( )nS t  may be convenient:  

( ) ( )

( )( )20 n
n

T

n

S
S

dt S t

′ τ
τ =

′∫

, (6)  the polynomials (6) obey the property   
( ) ( )0T n m mndtS t S t = δ∫  (7)  where mnδ  is the Kronecker delta.  By a straightforward calculation on the basis of (4)–(6) one can obtain explicit expressions for the first 5 polynomials:    

( )0 1
S t

T
= , ( )1 3 2 1S t t

TT

⎛ ⎞= −⎜ ⎟
⎝ ⎠

, 
( ) 22 1 2 25 6 6 1S t t t

TT T

⎛ ⎞
= − +⎜ ⎟

⎝ ⎠
, 

( )3 2 22 3 31 12 30 2017 ,S t t t t
T T TT

⎛ ⎞
= ⎜ +

⎝
− − ⎟

⎠
+  

( ) 2 34 32 41 2 420 9013 140 70
S t t t t t

T T TT T

⎛ ⎞
= + − +⎜

⎝
− ⎟

⎠
.   (8) On the basis of (3) one can rewrite (1) as  

( ) ( ) ( )0Tn n
n

g d S R t R t kτ τ − τ = +∑ ∫ .  (9)  After multiplying (9) by ( )mS t  and integrating one can obtain   ,n mn m
n

g G b=∑   (10)  where   
( ) ( ) ( )0 0T T

mn n mG dt d S S t R t= τ τ − τ∫ ∫ ,  
( ) ( )0Tm mb dtS t R t k= +∫ , (11)  the quantities mnG  are called the integral brackets. The obtained set of linear equations (10) is infinite, and 

solving (10) meets difficulties. So one should artificially truncate (10):   10l

n mn m
n

g G b
−

=
=∑ , 0, 1m l= − . (12)  The set (12) is finite, and one can obtain the coefficients ng  as the solution of the set (12). The corresponding approximate solution of the integral equation (1)   

( ) ( )
10l

n n
n

h g S
−

=
τ = τ∑  (13)  is called the solution in the l -polynomial approximation. In matrix form (12) can be rewritten as   

Gg b=  (14)  where   00 10 001 11 10 1 j

j

j j j j
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⎝ ⎠
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, 01
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⎛ ⎞
⎜ ⎟
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⎝ ⎠

#
, (15)  so the coefficients ng  can the obtained in matrix form as   1g G b−= . (16)  Now let us consider the properties of the matrix G . First of all,  

( ) ( ) ( ) { }0 0T T

mn n mG dt d S S t R t t= τ τ − τ = ↔ τ =∫ ∫  
( ) ( ) ( )0 0T T

n md dtS t S R t= τ τ τ −∫ ∫ .  (17) The correlation function is an even one:  
( ) ( )R t R tτ − = − τ , (18) and on the basis of (17) we have  

( ) ( ) ( )0 0T T

mn m n nmG d dtS S t R t G= τ τ τ − =∫ ∫ . (19)  
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Also the polynomials (6) obey the property   , 222 ,2n

n

n

T
S t n

T
S t

T
S t n

⎛ ⎞−⎜ ⎟
⎝ ⎠⎛ ⎞+ =⎜ ⎟

⎝ ⎠ ⎛ ⎞− −⎜ ⎟
⎝ ⎠

#

#2⎧
⎪⎪
⎨
⎪
⎪⎩

, 0, 2Tt
⎡ ⎤∈ ⎢ ⎥⎣ ⎦

. (20)  Let us consider the quantity nmG  where m and n  are of different evenness. On the basis of (11) and (18) we have  
( ) ( ) ( )0 0T T

mn m nG dt d S t S R t= τ τ − τ =∫ ∫  ,2 2T T
x t y

⎧ ⎫= = − = − τ =⎨ ⎬
⎩ ⎭
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T T
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⎛ ⎞ ⎛ ⎞= − − − =⎜ ⎟ ⎜ ⎟
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( )
2 22 2 2 2T T

m n
T T

T T
dx dyS x S y R y x

− −

⎛ ⎞ ⎛ ⎞= + + −⎜ ⎟ ⎜ ⎟
⎝ ⎠ ⎝ ⎠∫ ∫ , (21)  here the fact that the correlation function is even is used. On the basis of (20) and the fact that m  and n  are of different evenness, we have  2 2 2 2m n m n

T T T T
S x S y S x S y

⎛ ⎞ ⎛ ⎞ ⎛ ⎞ ⎛ ⎞+ + = − − −⎜ ⎟ ⎜ ⎟ ⎜ ⎟ ⎜ ⎟
⎝ ⎠ ⎝ ⎠ ⎝ ⎠ ⎝ ⎠

 (22)  and with account for (21) we have  
( )

2 22 2 2 2T T

mn m n
T T

T T
G dx dyS x S y R y x

− −

⎛ ⎞ ⎛ ⎞= − − − =⎜ ⎟ ⎜ ⎟
⎝ ⎠ ⎝ ⎠∫ ∫  0mn mnG G= − ⇒ = . (23)  So the matrix G  obeys the following properties: 1. G  is a symmetrical matrix: mn nmG G=  2. 0mnG =  if m and n  are of different evenness. These properties allow one not to calculate all the matrix G  by a straightforward calculation. It is enough to calculate by straightforward calculation only those components mnG  for which m n≥  and m and n  are of the same evenness. By a straightforward calculation on the basis of (8) and (11) one can obtain the components of the matrix G  up to 44G :  
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=
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+−α
=

+ + + +
. (24)  On the basis of (11) and 8 the coefficients mb  are calculated up to 4b : 20 11 21 2b T J

T

α⎛ ⎞= σ −⎜ ⎟
⎝ ⎠

, 
( )( )1 2 13 23 2 22b J k T J

T

α
= − − + , 

( )2 3 25 25 6 12 62b J k T J
T

α
= − − + +⎡⎣  

( )2 2 16 6k kT T J ⎤+ + + ⎦ , 
( )3 27 1323 2 12 30 22 07

b T T k k k
T

T J
α ⎡= − +− + + +⎣  

( ) ( )2 2 2 3 412 5 30 205 2JT kT k T Jk J+ − + ⎤+ + + ⎦ , 
( 24 9 24 312 2 903 02b J T kT k T

T
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) ( 323 4 2 2714 00 220 9 1Jk T k kT k TT+ + +− + +  
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( ) 4 5140 72 0T J Jk− ++ ⎤⎦ , 
( )2 22 H n H n
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T k k
J

H n

+ ++ −
=

+
. (25)  On the basis of (15), (16) and the above-mentioned properties of the matrix G  one can obtain the following results:  
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( ) ( )[1] [1]0 0h t g S t= , [1] [2] 00 0 00b

g g
G

= = , 
( ) ( ) ( )[2] [1] [2]0 0 1 1h t g S t g S t= + ,  [2] [3] 11 1 11b

g g
G

= = , 
( ) ( ) ( ) ( )[3] [3] [3] [3]0 0 1 1 2 2h t g S t g S t g S t= + + , [3] [4] 0 22 2 200 0 200 22 20b G b G

g g
G G G

−
= =

−
, [3] [4] 0 20 2 002 2 220 00 22b G b G

g g
G G G

−
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−
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( ) ( ) ( ) ( )[4] [4] [4] [4]0 0 1 1 2 2h t g S t g S t g S t= + + +  

( )[4]3 3g S t+ , [4] [5] 1 33 3 311 1 211 33 31b G b G
g g

G G G

−
= =

−
, [4] [5] 1 31 3 113 3 231 11 33b G b G

g g
G G G

−
= =

−
, 

( ) ( ) ( ) ( )[5] [4] [4] [4]0 0 1 1 2 2h t g S t g S t g S t= + + +  

( ) ( )[4] [5]3 3 4 4g S t g S t+ + , [5]4g
ξ

=
η

, 
( ) ( )22 40 20 42 0 40 00 4G G G G b G G bξ = − − −  
( ) ( )2 40 20 4 20 40 00 42b G G b G G G G− − − , 
( ) ( )222 40 20 42 40 00 44G G G G G G Gη = − − −  

( ) ( )20 40 00 42 42 40 20 44G G G G G G G G− − − , 
( ) [5]40 2 20 4 40 42 20 44 4[5]2 40 22 20 42G b G b G G G G g

g
G G G G

− − −
=

−
, [5] [5] [5]4 42 440 2 440 40 40b G G

g g g
G G G

= − − , (26) 
 where explicit expressions for mnG , mb and ( )nS t  are given in (24), (25) and (8), respectively, and the superscript [ ]n denotes that the corresponding quantity is taken in the n -polynomial approximation. The approximations of a larger number of polynomials are investigated in this paper only numerically because the corresponding analytical expressions are too cumbersome.   

4 EXPERIMENTS As is known, the above-mentioned method of truncated polynomial expansion is convergent if the kernel of the corresponding integral equation is positively defined function (see, for example, a similar discussion for the solution of kinetic equations in electron-phonon systems in [11]). The kernel of the integral equation (1) is the correlation function (2), which is not a positively defined function, so the proposed method is not necessarily convergent for all the parameters. So the obtained solutions should be checked at different numerical values of the parameters, and the aim of this 
section is to answer the question for which parameters the proposed method is reliable.  Let us take the following parameters:  100T = , 3k = , 1.2σ = , 0.8H = , 2α = π  (27)  and compare numerically the left-hand and right-hand sides of eq. (1) for the obtained weight functions (26). The corresponding numerical calculation is made in Wolfram Mathematica 11 package. The corresponding graphs for one-, two-, three-, four- and five-polynomial approximations are given in Fig. 1, Fig. 2, Fig. 3, Fig. 4 and Fig. 5, respectively:   Figure 1 – Comparison the left-hand and right-hand sides of eq. (1) for parameters (27) for the one-polynomial approximation   Figure 2 – Comparison the left-hand and right-hand sides of eq. (1) for parameters (27) for the two-polynomial approximation   Figure 3 – Comparison the left-hand and right-hand sides of eq. (1) for parameters (27) for the three-polynomial approximation 
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 Figure 4 – Comparison the left-hand and right-hand sides of eq. (1) for parameters (27) for the three-polynomial approximation   Figure 5 – Comparison the left-hand and right-hand sides of eq. (1) for parameters (27) for the three-polynomial approximation  It should be stressed that the left-hand side of (1) is calculated numerically on the basis of Wolfram Mathematica as  

( ) ( ) ( ) 220 0 2T T
H

d h R t d h t
α⎛ ⎞τ τ − τ = τ τ σ − − τ =⎜ ⎟

⎝ ⎠∫ ∫  

( ) ( )220 2t
H

d h t
α⎛ ⎞= τ τ σ − − τ +⎜ ⎟

⎝ ⎠∫  

( ) ( )22 2T
H

t

d h t
α⎛ ⎞+ τ τ σ − τ −⎜ ⎟

⎝ ⎠∫ . (28)  As can be seen from the figures, the one-polynomial approximation is not quite accurate, but the accuracy of the obtained solution increases with the number of polynomials, and the three-polynomial approximation is already rather accurate. For the five-polynomial approximation the obtained curves are very close to each other. Approximations of a larger number of polynomials are made numerically in Wolfram Mathematica up to the 18-polynomial approximation. It should be stressed that Mathematica is not able to calculate the approximation of higher-than-18 polynomials adequately due to machine errors (the corresponding «ripple» can be seen on the graphs). A rather strange behavior of n -polynomial approximation solutions is obtained: for 1 8n≤ ≤  the accuracy increases, and for 7n =  and 8n =  the curves are in fact ideally identical. For 9 15n≤ ≤  the method fails – the left-hand and right-hand sides of (1) are totally different. But for 16 18n≤ ≤  the method is again very 
good and the curves are in fact ideally identical. Such a strange behavior can hardly be explained. Maybe the reason is that the kernel of the integral equation (1) is not a positively defined function and the convergence of the method is not guaranteed. But nevertheless it should be stressed that for parameters (27) and for 3 8n≤ ≤  the method works really good and the obtained solutions for the weight function give the good coincidence of the left-hand and right-hand sides of eq. (1). Then let us change the parameters. The most interesting change is the change of the parameter T  because this parameter may vary most significantly in real systems. So let us take the parameters  10T = , 3k = , 1.2σ = , 0.8H = , 2α = π . (29)  For parameters (29) the corresponding investigation is also made up to the 18-polynomial approximation, and it seems that for parameters (29) the method is really convergent. The accuracy increases with the number of polynomials, the three-polynomial approximation is already rather accurate, for the five-polynomial approximation the obtained curves are very close to each other and starting from 8n =  the curves are in fact ideally identical.  Another set of parameters which is investigated in the paper is the following:  1000T = , 3k = , 1.2σ = , 0.8H = , 2α = π . (30)  For this set of parameters the method is not convergent. For  1 4n≤ ≤  the accuracy increases and for 3n =  and 4n =  the coincidence of the curves is rather good. But starting from 5n =  the method begins to fail, and the accuracy decreases with the number of polynomials for 5n ≥ . The corresponding comparisons of the left-hand and right-hand sides of (1) for the four- and five-polynomial approximation are given in Fig. 6 and Fig. 7, respectively. But, as can be seen, the four-polynomial approximation gives a really good coincidence of the curves. So, although the method is not convergent for parameters (30), the four-polynomial approximation gives a good approximate solution for the weight function.   Figure 6 – Comparison the left-hand and right-hand sides of eq. (1) for parameters (30) for the four-polynomial approximation  
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 Figure 7 – Comparison the left-hand and right-hand sides of eq. (1) for parameters (30) for the five-polynomial approximation  It should be stressed that, strictly speaking, the correlation function should obey the property   

( ) ( )0R t R≤ , (31)  so the considered parameters may not be physical. But if, for example, we change the parameter α  in such a way that ( )R t  obeys (31), the situation does not change significantly; anyway, the situation does not become better. If, for example, we take 33 10−α = ⋅  rather than / 2α = π  in (27), we have the following behavior of n -polynomial approximations. The one-polynomial approximation is not accurate, for the two-polynomial approximation the curves on the corresponding graphs are very close to each other. The three and four-polynomial approximation give approximately the same pictures. They are worse than the two-polynomial approximation, but better than the one-polynomial approximation. But the five-polynomial approximation gives almost identical curves, and for 5 18n≤ ≤  the qualitative behavior of the solutions is the same as for parameters (27). If, for example, we take 110−α =  rather than / 2α = π  in (29), we have the following behavior of n -polynomial approximations. The one-polynomial approximation is not accurate, the two-polynomial approximation is much better than the one-polynomial one, and for 2 6n≤ ≤  the accuracy slowly increases with the number of polynomials. The accuracy of the 7-polynomial approximation is lower than that of 6-polynomial approximation, but for 7 10n≤ ≤  the accuracy slowly increases with the number of polynomials. For 11 17n≤ ≤  the accuracy increases with the number of polynomials and the curves on the corresponding graphs are very close to each other. Mathematica is not able to calculate the approximations of more than 17 polynomials adequately due to machine errors (the corresponding «ripple» can be seen on the graphs). If, for example, we take 58 10−α = ⋅  rather than / 2α = π  in (30), we have the following behavior of n -polynomial approximations.  The one-polynomial approximation is not accurate, but the two-polynomial approximation is rather accurate: the curves in the 
corresponding graphs are very close to each other. For 3n ≥  the accuracy of the result decreases with the number of polynomials, starting from 5n =  the curves are far from each other.    

5 RESULTS The method of truncated orthogonal polynomial expansion is proposed in order to solve the integral equation (1). Analytical expressions for a one-, two-, three-, four- and five-polynomial approximation solutions are obtained. The kernel of this integral equation is not a positively defined function, so the method may not be convergent, in other words, the accuracy of the obtained solution may not increase with the number of polynomials. But in a rather wide range of parameters the approximations of rather small number of polynomials are rather accurate and may be applied to the following investigation of the data forecast.  Moreover, for some parameters the method is convergent.  
6 DISCUSSION We propose the method of truncated orthogonal polynomial expansion in order to obtain the Kolmogorov–Wiener filter weight function on the basis of the Fredholm integral equation of the first kind (1). A set of polynomials orthogonal for [ ]0,t T∈  is built (6), and this set is convenient because of the above-mentioned properties of the integral brackets. The analytical expressions for the approximate solutions for the integral equation (1) are obtained in the one-, two-, three-, four- and five-polynomial approximation. The kernel of the integral equation (1) is not a positively defined function, so the proposed method is not necessarily convergent for all the parameters. The sets of parameters (27), (29), (30) are chosen to check the convergence and the accuracy of the proposed method. The investigation is numerically made up to the 18-polynomial approximation.  For rather small T  ( 10T = ) the method is convergent, and starting from the three-polynomial approximation the left-hand and the right-hand sides of (1) are rather close, starting from the eight-polynomial approximation they are almost ideally identical. For 100T =  a rather strange behavior of n -polynomial approximations is seen. The accuracy increases up to the eight-polynomial approximation, starting from the three-polynomial approximation the left-hand and the right-hand sides of (1) are rather close, for the seven- and eight-polynomial approximation they are almost ideally identical. The corresponding graphs for the one-, two-, three-, four and five-polynomial approximations are given. Then for 9 15n≤ ≤  the method fails, and for 16 18n≤ ≤  the method again works very well. Such behavior can hardly be explained. But it should be stressed that the approximation of 3–8 polynomials works well, and the corresponding obtained 
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weight functions may be applied to a further investigation of the data forecast. For 1000T =  the method is not convergent, the five-polynomial approximation is not good, and  the accuracy decreases with the number n  of  polynomials for 5n ≥ . But for 1, 2, 3, 4n =  the accuracy of the obtained solutions increases, and three- and four-polynomial approximations are rather accurate. To summarize the above-mentioned, we should stress that the proposed method is not necessarily convergent for all the parameters. It works well for rather small values of the parameter T , but for high values of this parameter the method may not be convergent. Nevertheless, the approximation of rather small number of polynomials may be rather accurate in a wide range of parameters. But it should be stressed that generally speaking, each of the approximations obtained by the proposed method should be checked numerically before it is applied in further investigation of data forecast.   

CONCLUSIONS Approximate solutions for the Kolmogorov-Wiener filter weight function for fractal processes are obtained and the applicability of the proposed method is discussed. 
The scientific novelty of the obtained results is that the approximate solutions for the weight function in the problem under consideration are obtained on the basis of the truncated orthogonal polynomial expansion method. The applicability of the proposed solutions is discussed. 
The practical significance is that the obtained results may be applied to further investigation of data forecast for continuous fractal processes.  
Prospects for further research are to apply the obtained results to the corresponding investigation of data forecast.   REFERENCES 1. Korniienko V., Маtsyuɤ S., Udovik I., Alekseyev A. Method and algorithms of nonlinear dynamic processes identification, 
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ɉОɅІɇОɆɇІ РОɁВ’əɁɄɂ ȾɅə ВАГОВОȲ ɎɍɇɄɐІȲ ɎІɅЬɌРА ɄОɅɆОГОРОВА-ВІɇЕРА ȾɅə ɎРАɄɌАɅЬɇɂɏ 
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AɇОɌАɐІə 

Аɤɬɭаɥьɧіɫɬь. Ми ɪɨɡɝɥяɞаєɦɨ ɮіɥьɬɪ Кɨɥɦɨɝɨɪɨва-Віɧɟɪа ɞɥя виɩаɞɤɨвиɯ ɮɪаɤɬаɥьɧиɯ ɩɪɨɰɟɫів, яɤі, ɧаɩɪиɤɥаɞ, 
ɦɨɠɭɬь ɦаɬи ɦіɫɰɟ в ɫɭɱаɫɧиɯ іɧɮɨɪɦаɰіɣɧɨ-ɬɟɥɟɤɨɦɭɧіɤɰіɣɧиɯ ɫиɫɬɟɦаɯ ɬа ɭ ɤɟɪɭваɧɧі ɫɤɥаɞɧиɦи ɬɟɯɧɨɥɨɝіɱɧиɦи 
ɩɪɨɰɟɫаɦи. Ваɝɨва ɮɭɧɤɰія ɮіɥьɬɪɭ, ɳɨ ɪɨɡɝɥяɞаєɬьɫя, ɦɨɠɟ ɛɭɬи ɡаɫɬɨɫɨваɧа ɞɨ ɩɪɨɝɧɨɡɭ ɞаɧиɯ ɭ віɞɩɨвіɞɧиɯ ɫиɫɬɟɦаɯ. 

Ɇɟɬа ɪɨɛɨɬи. əɤ віɞɨɦɨ, ɭ ɧɟɩɟɪɟɪвɧɨɦɭ виɩаɞɤɭ ɪівɧяɧɧя ɧа ваɝɨвɭ ɮɭɧɤɰіɸ ɮіɥьɬɪа Кɨɥɦɨɝɨɪɨва-Віɧɟɪа є ɪівɧяɧɧяɦ 
Фɪɟɞɝɨɥьɦа ɩɟɪшɨɝɨ ɪɨɞɭ. Мɟɬɨɸ ɪɨɛɨɬи є ɨɬɪиɦаɬи ваɝɨвɭ ɮɭɧɤɰіɸ ɮіɥьɬɪа Кɨɥɦɨɝɨɪɨва-Віɧɟɪа яɤ ɧаɛɥиɠɟɧиɣ 
ɪɨɡв’яɡɨɤ віɞɩɨвіɞɧɨɝɨ іɧɬɟɝɪаɥьɧɨɝɨ ɪівɧяɧɧя. 

Ɇɟɬɨɞ. Виɤɨɪиɫɬаɧɨ ɦɟɬɨɞ ɨɛіɪваɧɨɝɨ ɪɨɡвиɧɟɧɧя ɡа ɨɪɬɨɝɨɧаɥьɧиɦи ɩɨɥіɧɨɦаɦи ɞɥя ɧаɛɥиɠɟɧɨɝɨ ɪɨɡв’яɡаɧɧя 
іɧɬɟɝɪаɥьɧɨɝɨ ɪівɧяɧɧя Фɪɟɞɝɨɥьɦа ɩɟɪшɨɝɨ ɪɨɞɭ. Виɤɨɪиɫɬаɧɨ ɫиɫɬɟɦɭ ɨɪɬɨɧɨɪɦɨваɧиɯ ɩɨɥіɧɨɦів. 

Рɟзɭɥьɬаɬи. Наɦи ɨɬɪиɦаɧɨ ɧаɛɥиɠɟɧі ɪɟɡɭɥьɬаɬи ɞɥя ваɝɨвɨʀ ɮɭɧɤɰіʀ ɮіɥьɬɪɭ Кɨɥɦɨɝɨɪɨва-Віɧɟɪа ɞɥя ɮɪаɤɬаɥьɧиɯ 
ɩɪɨɰɟɫів ɡ ɫɬɟɩɟɧɟвɨɸ ɫɬɪɭɤɬɭɪɧɨɸ ɮɭɧɤɰієɸ. Ваɝɨвɭ ɮɭɧɤɰіɸ ɡɧаɣɞɟɧɨ яɤ ɧаɛɥиɠɟɧиɣ ɪɨɡв’яɡɨɤ іɧɬɟɝɪаɥьɧɨɝɨ ɪівɧяɧɧя 
Фɪɟɞɝɨɥьɦа ɩɟɪшɨɝɨ ɪɨɞɭ, яɞɪɨɦ яɤɨɝɨ є ɤɨɪɟɥяɰіɣɧа ɮɭɧɤɰія віɞɩɨвіɞɧɨɝɨ виɩаɞɤɨвɨɝɨ ɮɪаɤɬаɥьɧɨɝɨ ɩɪɨɰɟɫɭ. Аɧаɥіɬиɱɧі 
ɪɟɡɭɥьɬаɬи ɨɬɪиɦаɧɨ ɞɥя ɧаɛɥиɠɟɧь ɨɞɧɨɝɨ, ɞвɨɯ, ɬɪьɨɯ, ɱɨɬиɪьɨɯ ɬа ɩ’яɬи ɩɨɥіɧɨɦів. Дɥя ɪіɡɧиɯ ɡɧаɱɟɧь ɩаɪаɦɟɬɪів 
ɡɪɨɛɥɟɧɟ ɱиɫɟɥьɧɟ ɩɨɪівɧяɧɧя ɥівɨʀ ɬа ɩɪавɨʀ ɱаɫɬиɧ іɧɬɟɝɪаɥьɧɨɝɨ ɪівɧяɧɧя ɞɥя ɨɬɪиɦаɧиɯ ваɝɨвиɯ ɮɭɧɤɰіɣ. Віɞɩɨвіɞɧɟ 
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ɱиɫɟɥьɧɟ ɞɨɫɥіɞɠɟɧɧя ɡɪɨɛɥɟɧɟ ɭ ɦаɬɟɦаɬиɱɧɨɦɭ ɩаɤɟɬі Wolfram Mathematica ɞɨ ɧаɛɥиɠɟɧɧя 18 ɩɨɥіɧɨɦів вɤɥɸɱɧɨ. 
Ɉɛɝɨвɨɪɸєɬьɫя ɡаɫɬɨɫɨвɧіɫɬь ɨɬɪиɦаɧиɯ ɪɟɡɭɥьɬаɬів. 

Виɫɧɨвɤи. Наɛɥиɠɟɧɨ ɨɬɪиɦаɧɨ ваɝɨвɭ ɮɭɧɤɰіɸ ɮіɥьɬɪа Кɨɥɦɨɝɨɪɨва-Віɧɟɪа ɞɥя ɮɪаɤɬаɥьɧиɯ ɩɪɨɰɟɫів ɭ виɝɥяɞі 
ɨɛіɪваɧɨɝɨ ɪяɞɭ ɡа ɨɪɬɨɝɨɧаɥьɧиɦи ɩɨɥіɧɨɦаɦи. Ɉɛɝɨвɨɪɟɧɨ ɡаɫɬɨɫɨвɧіɫɬь ɨɬɪиɦаɧиɯ ваɝɨвиɯ ɮɭɧɤɰіɣ. Ɉɬɪиɦаɧі 
ɪɟɡɭɥьɬаɬи ɦɨɠɭɬь ɛɭɬи ɡаɫɬɨɫɨвɧиɦи ɞɨ ɩɪɨɝɧɨɡɭваɧɧя ɞаɧɧиɯ ɞɥя ɛаɝаɬьɨɯ ɪіɡɧиɯ ɫиɫɬɟɦ, ɞɟ ɦаɸɬь ɦіɫɰɟ ɮɪаɤɬаɥьɧі 
ɩɪɨɰɟɫи. 

ɄɅЮЧОВІ СɅОВА: ваɝɨва ɮɭɧɤɰія ɮіɥьɬɪɭ Кɨɥɦɨɝɨɪɨва-Віɧɟɪа, ɨɛіɪваɧɟ ɪɨɡвиɧɟɧɧя ɡа ɨɪɬɨɝɨɧаɥьɧиɦи 
ɩɨɥіɧɨɦаɦи, іɧɬɟɝɪаɥьɧɟ ɪівɧяɧɧя Фɪɟɞɝɨɥьɦа ɩɟɪшɨɝɨ ɪɨɞɭ, ɧаɛɥиɠɟɧиɣ ɪɨɡв’яɡɨɤ.  
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ɉОɅɂɇОɆɇЫЕ РЕɒЕɇɂə ȾɅə ВЕСОВОɃ ɎɍɇɄɐɂɂ ɎɂɅЬɌРА ɄОɅɆОГОРОВА-ВɂɇЕРА ȾɅə 
ɎРАɄɌАɅЬɇЫɏ ɉРОɐЕССОВ 

Гɨɪɟв В. ɇ. – ɤаɧɞ. ɮиɡ.-ɦаɬ. ɧаɭɤ, аɫɫиɫɬɟɧɬ ɤаɮɟɞɪɵ ɛɟɡɨɩаɫɧɨɫɬи иɧɮɨɪɦаɰии и ɬɟɥɟɤɨɦɦɭɧиɤаɰиɣ, Наɰиɨɧаɥьɧɵɣ 
ɬɟɯɧиɱɟɫɤиɣ ɭɧивɟɪɫиɬɟɬ Дɧɟɩɪɨвɫɤая ɉɨɥиɬɟɯɧиɤа, Дɧɟɩɪ, Уɤɪаиɧа. 

Гɭɫɟв А. Ю. – ɤаɧɞ. ɮиɡ.-ɦаɬ. ɧаɭɤ, ɞɨɰɟɧɬ, ɩɪɨɮɟɫɫɨɪ ɤаɮɟɞɪɵ ɛɟɡɨɩаɫɧɨɫɬи иɧɮɨɪɦаɰии и ɬɟɥɟɤɨɦɦɭɧиɤаɰиɣ, 
Наɰиɨɧаɥьɧɵɣ ɬɟɯɧиɱɟɫɤиɣ ɭɧивɟɪɫиɬɟɬ Дɧɟɩɪɨвɫɤая ɉɨɥиɬɟɯɧиɤа, Дɧɟɩɪ, Уɤɪаиɧа. 

Ʉɨɪɧиɟɧɤɨ В. ɂ. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɫɨɪ, ɡавɟɞɭɸɳиɣ ɤаɮɟɞɪɵ ɛɟɡɨɩаɫɧɨɫɬи иɧɮɨɪɦаɰии и ɬɟɥɟɤɨɦɦɭɧиɤаɰиɣ, 
Наɰиɨɧаɥьɧɵɣ ɬɟɯɧиɱɟɫɤиɣ ɭɧивɟɪɫиɬɟɬ Дɧɟɩɪɨвɫɤая ɉɨɥиɬɟɯɧиɤа, Дɧɟɩɪ, Уɤɪаиɧа. 

AɇɇОɌАɐɂə 
Аɤɬɭаɥьɧɨɫɬь. Мɵ ɪаɫɫɦаɬɪиваɟɦ ɮиɥьɬɪ Кɨɥɦɨɝɨɪɨва-Виɧɟɪа ɞɥя ɮɪаɤɬаɥьɧɵɯ ɩɪɨɰɟɫɫɨв, ɤɨɬɨɪɵɟ, ɧаɩɪиɦɟɪ, ɦɨɝɭɬ 

иɦɟɬь ɦɟɫɬɨ в ɫɨвɪɟɦɟɧɧɵɯ иɧɮɨɪɦаɰиɨɧɧɨ-ɬɟɥɟɤɨɦɦɭɧиɤаɰиɨɧɧɵɯ ɫиɫɬɟɦаɯ и в ɭɩɪавɥɟɧии ɫɥɨɠɧɵɦи 
ɬɟɯɧɨɥɨɝиɱɟɫɤиɦи ɩɪɨɰɟɫɫаɦи. Вɟɫɨвая ɮɭɧɤɰия ɪаɫɫɦаɬɪиваɟɦɨɝɨ ɮиɥьɬɪа ɦɨɠɟɬ ɛɵɬь ɩɪиɦɟɧɟɧа ɞɥя ɩɪɨɝɧɨɡа ɞаɧɧɵɯ в 
ɫɨɨɬвɟɬɫɬвɭɸɳиɯ ɫиɫɬɟɦаɯ. 

ɐɟɥь ɪаɛɨɬɵ. Каɤ иɡвɟɫɬɧɨ, в ɧɟɩɪɟɪɵвɧɨɦ ɫɥɭɱаɟ ɭɪавɧɟɧиɟ ɧа вɟɫɨвɭɸ ɮɭɧɤɰиɸ ɮиɥьɬɪа Кɨɥɦɨɝɨɪɨва–Виɧɟɪа ɟɫɬь 
иɧɬɟɝɪаɥьɧɵɦ ɭɪавɧɟɧиɟɦ Фɪɟɞɝɨɥьɦа ɩɟɪвɨɝɨ ɪɨɞа. Цɟɥь ɪаɛɨɬɵ – ɩɨɥɭɱиɬь вɟɫɨвɭɸ ɮɭɧɤɰиɸ ɮиɥьɬɪа Кɨɥɦɨɝɨɪɨва–
Виɧɟɪа ɤаɤ ɩɪиɛɥиɠɟɧɧɨɟ ɪɟшɟɧиɟ ɫɨɨɬвɟɬɫɬвɭɸɳɟɝɨ иɧɬɟɝɪаɥьɧɨɝɨ ɭɪавɧɟɧия. 

Ɇɟɬɨɞ. Иɫɩɨɥьɡɨваɧ ɦɟɬɨɞ ɨɛɨɪваɧɧɨɝɨ ɪаɡɥɨɠɟɧия ɩɨ ɨɪɬɨɝɨɧаɥьɧɵɦ ɩɨɥиɧɨɦаɦ ɞɥя ɩɨɥɭɱɟɧия ɩɪиɛɥиɠɟɧɧɨɝɨ 
ɪɟшɟɧия иɧɬɟɝɪаɥьɧɨɝɨ ɭɪавɧɟɧия Фɪɟɞɝɨɥьɦа ɩɟɪвɨɝɨ ɪɨɞа. Иɫɩɨɥьɡɨваɥаɫь ɫиɫɬɟɦа ɨɪɬɨɧɨɪɦиɪɨваɧɧɵɯ ɩɨɥиɧɨɦɨв. 

Рɟзɭɥьɬаɬɵ. Наɦи ɩɨɥɭɱɟɧɵ ɩɪиɛɥиɠɟɧɧɵɟ ɪɟɡɭɥьɬаɬɵ ɞɥя вɟɫɨвɨɣ ɮɭɧɤɰии ɮиɥьɬɪа Кɨɥɦɨɝɨɪɨва-Виɧɟɪа ɞɥя 
ɮɪаɤɬаɥьɧɵɯ ɩɪɨɰɟɫɫɨв, ɫɬɪɭɤɬɭɪɧая ɮɭɧɤɰия ɤɨɬɨɪɵɯ ɟɫɬь ɫɬɟɩɟɧɧɨɣ ɮɭɧɤɰиɟɣ. Вɟɫɨвая ɮɭɧɤɰия ɧаɣɞɟɧа ɤаɤ 
ɩɪиɛɥиɠɟɧɧɨɟ ɪɟшɟɧиɟ иɧɬɟɝɪаɥьɧɨɝɨ ɭɪавɧɟɧия Фɪɟɞɝɨɥьɦа ɩɟɪвɨɝɨ ɪɨɞа, яɞɪɨɦ ɤɨɬɨɪɨɝɨ ɟɫɬь ɤɨɪɪɟɥяɰиɨɧɧая ɮɭɧɤɰия 
ɫɨɨɬвɟɬɫɬвɭɸɳɟɝɨ ɮɪаɤɬаɥьɧɨɝɨ ɩɪɨɰɟɫɫа. Аɧаɥиɬиɱɟɫɤиɟ ɪɟɡɭɥьɬаɬɵ ɩɨɥɭɱɟɧɵ ɞɥя ɩɪиɛɥиɠɟɧиɣ ɨɞɧɨɝɨ, ɞвɭɯ, ɬɪɟɯ, 
ɱɟɬɵɪɟɯ и ɩяɬи ɩɨɥиɧɨɦɨв. Дɥя ɪаɡɧɵɯ ɡɧаɱɟɧиɣ ɩаɪаɦɟɬɪɨв ɫɞɟɥаɧɨ ɱиɫɥɟɧɧɨɟ ɫɪавɧɟɧиɟ ɥɟвɨɣ и ɩɪавɨɣ ɱаɫɬɟɣ 
иɧɬɟɝɪаɥьɧɨɝɨ ɭɪавɧɟɧия ɞɥя ɩɨɥɭɱɟɧɧɵɯ вɟɫɨвɵɯ ɮɭɧɤɰиɣ. ɋɨɨɬвɟɬɫɬвɭɸɳɟɟ ɱиɫɥɟɧɧɨɟ иɫɫɥɟɞɨваɧиɟ ɩɪɨвɨɞиɥɨɫь ɫ 
ɩɨɦɨɳьɸ ɦаɬɟɦаɬиɱɟɫɤɨɝɨ ɩаɤɟɬа Wolfram Mathematica вɩɥɨɬь ɞɨ ɩɪиɛɥиɠɟɧия 18 ɩɨɥиɧɨɦɨв. Ɉɛɝɨваɪиваɟɬɫя 
ɩɪиɦɟɧиɦɨɫɬь ɩɨɥɭɱɟɧɧɵɯ ɪɟшɟɧиɣ. 

Вɵвɨɞɵ. Вɟɫɨвая ɮɭɧɤɰия ɮиɥьɬɪа Кɨɥɦɨɝɨɪɨва-Виɧɟɪа ɞɥя ɮɪаɤɬаɥьɧɵɯ ɩɪɨɰɟɫɫɨв ɩɪиɛɥиɠɟɧɧɨ ɩɨɥɭɱɟɧа в виɞɟ 
ɨɛɨɪваɧɧɨɝɨ ɪяɞа ɩɨ ɨɪɬɨɝɨɧаɥьɧɵɦ ɩɨɥиɧɨɦаɦ. Ɉɛɫɭɠɞаɟɬɫя ɩɪиɦɟɧиɦɨɫɬь ɩɨɥɭɱɟɧɧɵɯ вɟɫɨвɵɯ ɮɭɧɤɰиɣ. ɉɨɥɭɱɟɧɧɵɟ 
ɪɟɡɭɥьɬаɬɵ ɦɨɝɭɬ ɛɵɬь ɩɪиɦɟɧɟɧɵ ɤ ɩɪɨɝɧɨɡиɪɨваɧиɸ ɞаɧɧɵɯ в шиɪɨɤɨɦ ɪаɡɧɨɨɛɪаɡии ɪаɡɥиɱɧɵɯ ɫиɫɬɟɦ, в ɤɨɬɨɪɵɯ 
иɦɟɸɬ ɦɟɫɬɨ ɫɥɭɱаɣɧɵɟ ɮɪаɤɬаɥьɧɵɟ ɩɪɨɰɟɫɫɵ.  

ɄɅЮЧЕВЫЕ СɅОВА: вɟɫɨвая ɮɭɧɤɰия ɮиɥьɬɪа Кɨɥɦɨɝɨɪɨва-Виɧɟɪа, ɨɛɨɪваɧɧɨɟ ɪаɡɥɨɠɟɧиɟ ɩɨ ɨɪɬɨɝɨɧаɥьɧɵɦ 
ɩɨɥиɧɨɦаɦ, иɧɬɟɝɪаɥьɧɨɟ ɭɪавɧɟɧиɟ Фɪɟɞɝɨɥьɦа ɩɟɪвɨɝɨ ɪɨɞа, ɩɪиɛɥиɠɟɧɧɨɟ ɪɟшɟɧиɟ. 
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ɂССɅЕȾОВАɇɂЕ ɆɇОɀЕСɌВА ɉɅАɇОВ ɆɇОГОɎАɄɌОРɇЫɏ 
ɗɄСɉЕРɂɆЕɇɌОВ С ɆɂɇɂɆАɅЬɇЫɆ ЧɂСɅОɆ ɉЕРЕɏОȾОВ  

ɍРОВɇЕɃ ɎАɄɌОРОВ  
Ʉɨшɟвɨɣ ɇ. Ⱦ. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɫɨɪ, ɡавɟɞɭɸɳиɣ ɤаɮɟɞɪɨɣ авиаɰиɨɧɧɵɯ ɩɪиɛɨɪɨв и иɡɦɟɪɟɧиɣ, 

Наɰиɨɧаɥьɧɵɣ аɷɪɨɤɨɫɦиɱɟɫɤиɣ ɭɧивɟɪɫиɬɟɬ иɦ. Н. ȿ. ɀɭɤɨвɫɤɨɝɨ «ХАИ», Хаɪьɤɨв, Уɤɪаиɧа. 
Ʉɨɫɬɟɧɤɨ Е. Ɇ. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɞɨɰɟɧɬ, ɞɨɰɟɧɬ ɤаɮɟɞɪɵ ɬɟɯɧɨɥɨɝиɣ и ɨɛɨɪɭɞɨваɧия ɩɟɪɟɪаɛаɬɵваɸɳиɯ и 

ɩиɳɟвɵɯ ɩɪɨиɡвɨɞɫɬв, ɉɨɥɬавɫɤая ɝɨɫɭɞаɪɫɬвɟɧɧая аɝɪаɪɧая аɤаɞɟɦия, ɉɨɥɬава, Уɤɪаиɧа. 
ɉавɥиɤ А. В. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɞɨɰɟɧɬ, ɞɨɰɟɧɬ ɤаɮɟɞɪɵ авиаɰиɨɧɧɵɯ ɩɪиɛɨɪɨв и иɡɦɟɪɟɧиɣ, Наɰиɨɧаɥь-

ɧɵɣ аɷɪɨɤɨɫɦиɱɟɫɤиɣ ɭɧивɟɪɫиɬɟɬ иɦ. Н. ȿ. ɀɭɤɨвɫɤɨɝɨ «ХАИ», Хаɪьɤɨв, Уɤɪаиɧа. 
Ʉɨшɟвая ɂ. ɂ. – аɫɩиɪаɧɬ ɤаɮɟɞɪɵ авиаɰиɨɧɧɵɯ ɩɪиɛɨɪɨв и иɡɦɟɪɟɧиɣ, Наɰиɨɧаɥьɧɵɣ аɷɪɨɤɨɫɦиɱɟɫɤиɣ 

ɭɧивɟɪɫиɬɟɬ иɦ. Н. ȿ. ɀɭɤɨвɫɤɨɝɨ «ХАИ», Хаɪьɤɨв, Уɤɪаиɧа.  
Рɨɠɧɨва Ɍ. Г. –  ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɫɬ. ɩɪɟɩɨɞаваɬɟɥь ɤаɮɟɞɪɵ авɬɨɦаɬиɡаɰии ɩɪɨɟɤɬиɪɨваɧия вɵɱиɫɥиɬɟɥь-

ɧɨɣ ɬɟɯɧиɤи, Хаɪьɤɨвɫɤиɣ ɧаɰиɨɧаɥьɧɵɣ ɭɧивɟɪɫиɬɟɬ ɪаɞиɨɷɥɟɤɬɪɨɧиɤи, Хаɪьɤɨв, Уɤɪаиɧа.  
АɇɇОɌАɐɂə 

Аɤɬɭаɥьɧɨɫɬь. Рɟшɟɧа аɤɬɭаɥьɧая ɡаɞаɱа ɫɨɤɪаɳɟɧия ɦɧɨɠɟɫɬва ɩɥаɧɨв ɦɧɨɝɨɮаɤɬɨɪɧɵɯ ɷɤɫɩɟɪиɦɟɧɬɨв ɩɪи ɩɨиɫɤɟ 
ɨɩɬиɦаɥьɧɨɝɨ ɩɨ ɫɬɨиɦɨɫɬɧɵɦ ɡаɬɪаɬаɦ. 

ɐɟɥь ɪаɛɨɬɵ – ɫиɧɬɟɡ и иɫɫɥɟɞɨваɧиɟ ɦɧɨɠɟɫɬва ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа ɫ ɦиɧиɦаɥьɧɵɦ ɱиɫɥɨɦ ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤ-
ɬɨɪɨв. 

Ɇɟɬɨɞ. ɉɪиɦɟɧɟɧиɟ ɦɟɬɨɞɨв ɩɥаɧиɪɨваɧия ɷɤɫɩɟɪиɦɟɧɬа ɩɨɡвɨɥяɟɬ ɫɨɤɪаɬиɬь ɫɬɨиɦɨɫɬɧɵɟ и вɪɟɦɟɧɧɵɟ ɡаɬɪаɬɵ ɩɪи 
иɫɫɥɟɞɨваɧии ɪаɡɥиɱɧɵɯ ɬɟɯɧɨɥɨɝиɱɟɫɤиɯ ɩɪɨɰɟɫɫɨв, ɩɪиɛɨɪɨв и ɫиɫɬɟɦ. 

Миɧиɦиɡаɰия ɤɨɥиɱɟɫɬва ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв в ɩɥаɧɟ ɷɤɫɩɟɪиɦɟɧɬа, в ɫвɨɸ ɨɱɟɪɟɞь, ɩɪивɨɞиɬ ɤ ɭɦɟɧьшɟɧиɸ 
ɫɬɨиɦɨɫɬи (вɪɟɦɟɧи) ɟɝɨ ɪɟаɥиɡаɰии. Ɉɞɧиɦ иɡ ɦɟɬɨɞɨв ɭɦɟɧьшɟɧия ɤɨɥиɱɟɫɬва ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв явɥяɟɬɫя 
ɩɪиɦɟɧɟɧиɟ ɤɨɞа Ƚɪɟя ɩɪи ɩɨɫɬɪɨɟɧии ɩɥаɧа ɷɤɫɩɟɪиɦɟɧɬа. 

ɉɨɤаɡаɧɨ, ɱɬɨ ɩɥаɧɵ ɦɧɨɝɨɮаɤɬɨɪɧиɯ ɷɤɫɩɟɪиɦɟɧɬɨв, ɩɨɫɬɪɨɟɧɧɵɟ ɫ иɫɩɨɥьɡɨваɧиɟɦ ɤɨɞа Ƚɪɟя, иɦɟɸɬ ɦиɧиɦаɥьɧɨɟ 
ɤɨɥиɱɟɫɬвɨ ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв, ɧɨ ɧɟ вɫɟɝɞа ɨɩɬиɦаɥьɧɵ ɩɨ ɫɬɨиɦɨɫɬи (вɪɟɦɟɧи) ɪɟаɥиɡаɰии ɷɤɫɩɟɪиɦɟɧɬа.  

Дɥя ɫиɧɬɟɡа ɦɧɨɠɟɫɬва ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа ɫ ɦиɧиɦаɥьɧɵɦ ɱиɫɥɨɦ ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв ɩɪи ɩɨиɫɤɟ ɨɩɬи-
ɦаɥьɧɨɝɨ ɩɥаɧа ɩɨ ɫɬɨиɦɨɫɬɧɵɦ (вɪɟɦɟɧɧɵɦ) ɡаɬɪаɬаɦ ɩɪɟɞɥɨɠɟɧ ɦɟɬɨɞ, в ɨɫɧɨвɟ ɤɨɬɨɪɨɝɨ ɥɟɠиɬ ɝɟɧɟɪаɰия ваɪиаɧɬɨв 
ɞвɨиɱɧɵɯ ɤɨɞɨв, аɧаɥиɡ иɯ ɯаɪаɤɬɟɪиɫɬиɤ и вɵɛɨɪ ɩɨɫɥɟɞɨваɬɟɥьɧɨɫɬɟɣ, ɨɬвɟɱаɸɳиɯ ɡаɞаɧɧɵɦ ɬɪɟɛɨваɧияɦ. Фɨɪɦиɪɨва-
ɧиɟ ɬиɩɨвɵɯ ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа ɨɫɭɳɟɫɬвɥяɟɬɫя ɩɨ ɦɟɬɨɞɭ, в ɨɫɧɨвɟ ɤɨɬɨɪɨɝɨ ɥɟɠиɬ ɝɟɧɟɪаɰия ваɪиаɧɬɨв ɩɨɫɬɪɨɟɧия 
ɩɥаɧɨв, ɨɩɪɟɞɟɥɟɧиɟ ɤɥаɫɫɨв ɷɤвиваɥɟɧɬɧɨɫɬи ɨɬɧɨɫиɬɟɥьɧɨ ɡаɞаɧɧɨɣ ɝɪɭɩɩɵ Р ɩɪɟɨɛɪаɡɨваɧиɣ и ɮɨɪɦиɪɨваɧиɟ ɦɧɨɠɟɫɬва 
ɬиɩɨвɵɯ ɩɪɟɞɫɬавиɬɟɥɟɣ ɞɥя вɵɞɟɥɟɧɧɵɯ ɤɥаɫɫɨв ɷɤвиваɥɟɧɬɧɨɫɬи. 

Рɟзɭɥьɬаɬɵ. Раɡɪаɛɨɬаɧɨ ɩɪɨɝɪаɦɦɧɨɟ ɨɛɟɫɩɟɱɟɧиɟ, ɪɟаɥиɡɭɸɳɟɟ ɩɪɟɞɥɨɠɟɧɧɵɟ ɦɟɬɨɞɵ, ɤɨɬɨɪɨɟ иɫɩɨɥьɡɨваɧɨ ɩɪи 
ɩɨɫɬɪɨɟɧии ɦɧɨɠɟɫɬва ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬɨв ɞɥя ɤɨɥиɱɟɫɬва ɮаɤɬɨɪɨв k=3 ɫ ɦиɧиɦаɥьɧɵɦ ɱиɫɥɨɦ ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ. 

Вɵвɨɞɵ. ɉɪɨвɟɞɟɧɧɵɟ ɷɤɫɩɟɪиɦɟɧɬɵ ɩɨɞɬвɟɪɞиɥи ɪаɛɨɬɨɫɩɨɫɨɛɧɨɫɬь ɩɪɟɞɥɨɠɟɧɧɵɯ ɦɟɬɨɞɨв и ɪɟаɥиɡɭɸɳɟɝɨ иɯ ɩɪɨ-
ɝɪаɦɦɧɨɝɨ ɨɛɟɫɩɟɱɟɧия, ɤɨɬɨɪɨɟ ɩɨɡвɨɥяɟɬ ɫɨɤɪаɬиɬь ɦɧɨɠɟɫɬвɨ ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа ɞɥя ɩɨиɫɤа ɨɩɬиɦаɥьɧɨɝɨ. Наɭɱɧɭɸ 
ɧɨвиɡɧɭ ɪаɛɨɬɵ ɩɪɟɞɫɬавɥяɸɬ ɦɟɬɨɞɵ, ɤɨɬɨɪɵɟ ɩɨɡвɨɥяɸɬ ɫиɧɬɟɡиɪɨваɬь ɦɧɨɠɟɫɬвɨ ɩɥаɧɨв ɦɧɨɝɨɮаɤɬɨɪɧɵɯ ɷɤɫɩɟɪиɦɟɧ-
ɬɨв, ɫɨɤɪаɳаɸɳиɯ ɩɨиɫɤ ɨɩɬиɦаɥьɧɵɯ ɩɨ ɫɬɨиɦɨɫɬɧɵɦ (вɪɟɦɟɧɧɵɦ) ɡаɬɪаɬаɦ ɩɥаɧɨв. ɉɪаɤɬиɱɟɫɤая ɡɧаɱиɦɨɫɬь ɪɟɡɭɥьɬа-
ɬɨв ɪаɛɨɬɵ в ɬɨɦ, ɱɬɨ ɪаɡɪаɛɨɬаɧɧɨɟ ɩɪɨɝɪаɦɦɧɨɟ ɨɛɟɫɩɟɱɟɧиɟ, ɪɟаɥиɡɭɸɳɟɟ ɩɪɟɞɥɨɠɟɧɧɵɟ ɦɟɬɨɞɵ, ɦɨɠɟɬ ɧаɣɬи шиɪɨɤɨɟ 
ɩɪиɦɟɧɟɧиɟ ɩɪи иɫɫɥɟɞɨваɧии ɬɟɯɧɨɥɨɝиɱɟɫɤиɯ ɩɪɨɰɟɫɫɨв, ɩɪиɛɨɪɨв и ɫиɫɬɟɦ, ɧа ɤɨɬɨɪɵɯ вɨɡɦɨɠɧа ɪɟаɥиɡаɰия аɤɬивɧɨɝɨ 
ɷɤɫɩɟɪиɦɟɧɬа. 

ɄɅЮЧЕВЫЕ СɅОВА: ɦɟɬɨɞɵ, ɨɩɬиɦаɥьɧɵɣ ɩɥаɧ ɷɤɫɩɟɪиɦɟɧɬа, ɦɧɨɠɟɫɬвɨ, ɩɪɨɝɪаɦɦɧɨɟ ɨɛɟɫɩɟɱɟɧиɟ, ɫɬɨиɦɨɫɬь.  
ɇОɆЕɇɄɅАɌɍРА 

k – ɤɨɥиɱɟɫɬвɨ ɮаɤɬɨɪɨв; 
Хi – i-ɣ ɮаɤɬɨɪ; 
Хmin n – ɦɧɨɠɟɫɬвɨ ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа ɫ ɦиɧи-

ɦаɥьɧɵɦ ɱиɫɥɨɦ ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв; 
Хɨɩɬ nn – ɩɥаɧɵ, ɩɨɥɭɱɟɧɧɵɟ ɦɟɬɨɞɨɦ ɩɨɥɧɨɝɨ ɩɟ-

ɪɟɛɨɪа; 
Хɨɩɬ Ƚ – ɩɥаɧɵ, ɩɨɫɬɪɨɟɧɧɵɟ ɫ иɫɩɨɥьɡɨваɧиɟɦ ɤɨɞа 

Ƚɪɟя. 
ВВЕȾЕɇɂЕ 

Дɥя ɩɨвɵшɟɧия ɷɮɮɟɤɬивɧɨɫɬи ɷɤɫɩɟɪиɦɟɧɬаɥь-
ɧɵɯ иɫɫɥɟɞɨваɧиɣ, ɧаɩɪавɥɟɧɧɵɯ ɧа ɩɨɫɬɪɨɟɧиɟ ɦа-
ɬɟɦаɬиɱɟɫɤиɯ ɦɨɞɟɥɟɣ ɨɛɴɟɤɬɨв, ɰɟɥɟɫɨɨɛɪаɡɧɨ ɩɪи-
ɦɟɧяɬь ɦɟɬɨɞɵ ɩɥаɧиɪɨваɧия ɷɤɫɩɟɪиɦɟɧɬа. ɉɪи ɷɬɨɦ 
иɡɦɟɧɟɧиɟ ɩɨɪяɞɤа ɩɪɨвɟɞɟɧия ɨɩɵɬɨв ɩɥаɧа ɷɤɫɩɟ-
ɪиɦɟɧɬа ɫɭɳɟɫɬвɟɧɧɨ вɥияɟɬ ɧа ɫɬɨиɦɨɫɬь (вɪɟɦя) ɪɟаɥиɡаɰии ɷɤɫɩɟɪиɦɟɧɬа, ɬаɤ ɤаɤ ɩɟɪɟɯɨɞ ɨɬ ɨɞɧɨɝɨ 

ɨɩɵɬа ɤ ɞɪɭɝɨɦɭ ɧɟ ɪавɧɨɡаɬɪаɬɟɧ. 
Хаɪаɤɬɟɪɧɨ, ɱɬɨ ɩɪи ɫɬɪɟɦɥɟɧии ɤ ɦиɧиɦаɥьɧɨɦɭ 
ɤɨɥиɱɟɫɬвɭ ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв ɛɭɞɟɦ ɬаɤɠɟ 
ɩɪиɛɥиɠаɬьɫя ɤ ɦиɧиɦиɡаɰии ɫɬɨиɦɨɫɬи (вɪɟɦɟɧи) 
ɪɟаɥиɡаɰии ɷɤɫɩɟɪиɦɟɧɬа. Миɧиɦаɥьɧɨɟ ɤɨɥиɱɟɫɬвɨ 
ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв иɦɟɸɬ ɩɥаɧɵ ɷɤɫɩɟɪи-
ɦɟɧɬɨв, ɩɨɫɬɪɨɟɧɧɵɟ ɫ ɩɪиɦɟɧɟɧиɟɦ ɤɨɞа Ƚɪɟя [1]. 
Ɉɞɧаɤɨ ɫɭɳɟɫɬвɭɟɬ ɦɧɨɠɟɫɬвɨ ɩɥаɧɨв ɫ ɦиɧиɦаɥь-
ɧɵɦ ɱиɫɥɨɦ ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв, ɤɨɬɨɪɨɟ 
ɧɟɨɛɯɨɞиɦɨ иɫɫɥɟɞɨваɬь ɩɨ ɤɪиɬɟɪиɸ ɫɬɨиɦɨɫɬи (вɪɟɦɟɧи) иɯ ɪɟаɥиɡаɰии. 
Оɛɴɟɤɬ иɫɫɥɟɞɨваɧия: ɩɪɨɰɟɫɫɵ ɨɩɬиɦиɡаɰии ɩɨ 

ɫɬɨиɦɨɫɬɧɵɦ ɡаɬɪаɬаɦ ɩɥаɧɨв ɦɧɨɝɨɮаɤɬɨɪɧɵɯ ɷɤɫ-
ɩɟɪиɦɟɧɬɨв. 
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ɉɪɟɞɦɟɬ иɫɫɥɟɞɨваɧия: ɦɧɨɠɟɫɬва ɩɥаɧɨв ɦɧɨ-

ɝɨɮаɤɬɨɪɧɵɯ  ɷɤɫɩɟɪиɦɟɧɬɨв ɫ ɦиɧиɦаɥьɧɵɦ ɱиɫɥɨɦ 
ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв. 
ɐɟɥь иɫɫɥɟɞɨваɧия: ɫиɧɬɟɡ и иɫɫɥɟɞɨваɧиɟ ɦɧɨ-

ɠɟɫɬва ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа ɫ ɦиɧиɦаɥьɧɵɦ ɱиɫɥɨɦ 
ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв.   

1 ɉОСɌАɇОВɄА ɁАȾАЧɂ 
Дɥя ɞɨɫɬиɠɟɧия ɩɨɫɬавɥɟɧɧɨɣ ɰɟɥи ɧɟɨɛɯɨɞиɦɨ 

ɪɟшиɬь ɫɥɟɞɭɸɳиɟ ɡаɞаɱи: – ɩɨɤаɡаɬь, ɱɬɨ ɩɥаɧɵ ɦɧɨɝɨɮаɤɬɨɪɧɵɯ ɷɤɫɩɟɪи-
ɦɟɧɬɨв Хɨɩɬ Ƚ, ɩɨɫɬɪɨɟɧɧɵɟ ɫ иɫɩɨɥьɡɨваɧиɟɦ ɤɨɞа 
Ƚɪɟя, иɦɟɸɬ ɦиɧиɦаɥьɧɨɟ ɤɨɥиɱɟɫɬвɨ ɩɟɪɟɯɨɞɨв 
ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв, ɧɨ ɧɟ вɫɟɝɞа ɨɩɬиɦаɥьɧɵ ɩɨ ɫɬɨи-
ɦɨɫɬɧɵɦ (вɪɟɦɟɧɧɵɦ) ɡаɬɪаɬаɦ ɧа иɯ ɪɟаɥиɡаɰиɸ; – ɪаɡɪаɛɨɬаɬь ɩɪɨɝɪаɦɦɧɨɟ ɨɛɟɫɩɟɱɟɧиɟ ɞɥя ɫиɧ-
ɬɟɡа ɦɧɨɠɟɫɬва ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа Хmin n ɫ ɦиɧи-
ɦаɥьɧɵɦ ɱиɫɥɨɦ ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв; – ɞɥя ɤɨɥиɱɟɫɬва ɮаɤɬɨɪɨв k =3 ɫ ɩɨɦɨɳьɸ ɪаɡɪа-
ɛɨɬаɧɧɨɝɨ ɩɪɨɝɪаɦɦɧɨɝɨ ɨɛɟɫɩɟɱɟɧия ɫиɧɬɟɡиɪɨваɬь 
и иɫɫɥɟɞɨваɬь ɩɥаɧɵ ɷɤɫɩɟɪиɦɟɧɬа Хmin n ɫ ɦиɧиɦаɥь-
ɧɵɦ ɱиɫɥɨɦ ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв; – ɩɨɤаɡаɬь, ɱɬɨ ɨɩɬиɦаɥьɧɵɟ ɩɥаɧɵ, ɩɨɥɭɱɟɧɧɵɟ 
ɦɟɬɨɞɨɦ ɩɨɥɧɨɝɨ ɩɟɪɟɛɨɪа Хɨɩɬ nn и ɫ ɩɪиɦɟɧɟɧиɟɦ 
ɤɨɞа Ƚɪɟя Хɨɩɬ Г вɯɨɞяɬ в ɦɧɨɠɟɫɬвɨ ɩɥаɧɨв Хmin n, ɬ.ɟ. 
Хɨɩɬ nn∈Хmin n;  Хɨɩɬ Г∈Хmin n.  

2 ОȻɁОР ɅɂɌЕРАɌɍРЫ 
Дɥя ɩɨɫɬɪɨɟɧия ɨɩɬиɦаɥьɧɵɯ ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧ-

ɬɨв ɦɨɠɧɨ ɩɪиɦɟɧяɬь ɦɟɬɨɞɵ ɤɨɦɛиɧаɬɨɪɧɨɣ ɨɩɬи-
ɦиɡаɰии [2–18]. Эɬи ɦɟɬɨɞɵ иɦɟɸɬ ɫвɨи ɩɪɟиɦɭɳɟɫɬ-
ва и ɧɟɞɨɫɬаɬɤи. ɋɭɳɟɫɬвɟɧɧɵɦи ɧɟɞɨɫɬаɬɤаɦи ɩɪи 
иɯ ɩɪиɦɟɧɟɧии явɥяɸɬɫя: ɧиɡɤɨɟ ɛɵɫɬɪɨɞɟɣɫɬвиɟ, ɧɟ 
вɫɟɝɞа ɧаɯɨɞиɬɫя ɬɨɱɧɨɟ ɪɟшɟɧиɟ, а ɭɞаɟɬɫя ɧаɣɬи 
ɪɟшɟɧиɟ ɥишь ɛɥиɡɤɨɟ ɤ ɨɩɬиɦаɥьɧɨɦɭ. 
Иɡвɟɫɬɧɵ ɩɪиɦɟɪɵ [1] ɩɨɫɬɪɨɟɧия ɦɟɬɨɞаɦи, ɨɫ-

ɧɨваɧɧɵɦи ɧа иɫɩɨɥьɡɨваɧии ɤɨɞа Ƚɪɟя, ɨɩɬиɦаɥь-
ɧɵɯ ɩɨ ɫɬɨиɦɨɫɬɧɵɦ (вɪɟɦɟɧɧɵɦ) ɡаɬɪаɬаɦ ɩɥаɧɨв 
ɦɧɨɝɨɮаɤɬɨɪɧɵɯ ɷɤɫɩɟɪиɦɟɧɬɨв. 
Ɉɞɧаɤɨ ɩɥаɧɵ, ɫиɧɬɟɡиɪɨваɧɧɵɟ ɷɬиɦи ɦɟɬɨɞаɦи, 

иɦɟɸɬ ɦиɧиɦаɥьɧɨɟ ɤɨɥиɱɟɫɬвɨ ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ 
ɮаɤɬɨɪɨв, ɧɨ ɧɟ вɫɟɝɞа ɨɩɬиɦаɥьɧɵ ɩɨ ɫɬɨиɦɨɫɬи (вɪɟɦɟɧи) ɪɟаɥиɡаɰии ɷɤɫɩɟɪиɦɟɧɬа. 
Ɉɩɬиɦиɡаɰиɸ ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа ɩɨ ɫɬɨиɦɨɫɬ-

ɧɵɦ (вɪɟɦɟɧɧɵɦ) ɡаɬɪаɬаɦ ɦɟɬɨɞɨɦ ɩɨɥɧɨɝɨ ɩɟɪɟɛɨɪа 
ɩɪи ɫɨвɪɟɦɟɧɧɨɦ ɭɪɨвɧɟ ɪаɡвиɬия вɵɱиɫɥиɬɟɥьɧɨɣ 
ɬɟɯɧиɤи ɦɨɠɧɨ ɪɟшиɬь ɬɨɥьɤɨ ɞɥя ɤɨɥиɱɟɫɬва ɮаɤɬɨ-
ɪɨв k ≤ 3. 
ɋɥɟɞɨваɬɟɥьɧɨ вɨɡɧиɤаɟɬ ɩɪɨɛɥɟɦа ɫɨɤɪаɳɟɧия 

ɦɧɨɠɟɫɬва ɩɥаɧɨв ɦɧɨɝɨɮаɤɬɨɪɧɨɝɨ ɷɤɫɩɟɪиɦɟɧɬа ɫ 
ɦиɧиɦаɥьɧɵɦ ɱиɫɥɨɦ ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв 
ɞɥя ɩɨиɫɤа ɨɩɬиɦаɥьɧɵɯ ɩɨ ɫɬɨиɦɨɫɬɧɵɦ (вɪɟɦɟɧ-
ɧɵɦ) ɡаɬɪаɬаɦ ɧа ɟɝɨ ɪɟаɥиɡаɰиɸ.  

3 ɆАɌЕРɂАɅЫ ɂ ɆЕɌОȾЫ 
В ɪаɛɨɬɟ [6] ɞɥя иɫɫɥɟɞɨваɧия ɫɥɟɞяɳɟɣ ɫиɫɬɟɦɵ 

ɩɪивɟɞɟɧɵ иɫɯɨɞɧɵɣ ɩɥаɧ ɩɨɥɧɨɝɨ ɮаɤɬɨɪɧɨɝɨ ɷɤɫ-
ɩɟɪиɦɟɧɬа (ɬаɛɥ. 1) и ɫɬɨиɦɨɫɬи иɡɦɟɧɟɧия ɡɧаɱɟɧиɣ 
ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв (ɬаɛɥ. 2).   

Таɛɥиɰа 1 – Иɫɯɨɞɧɵɣ и ɨɩɬиɦаɥьɧɵɣ ɩɥаɧɵ  
ɷɤɫɩɟɪиɦɟɧɬа 

Иɫɯɨɞɧɵɣ ɩɥаɧ ɉɨɥɭɱɟɧɧɵɣ ɦɟɬɨɞɨɦ  
ɩɨɥɧɨɝɨ ɩɟɪɟɛɨɪа 

Нɨɦɟɪ 
ɨɩɵɬа Х1 Х2 Х3 Х1 Х2 Х3 1 –1 –1 –1 +1 +1 –1 2 +1 –1 –1 +1 +1 +1 3 –1 +1 –1 +1 –1 +1 4 +1 +1 –1 +1 –1 –1 5 –1 –1 +1 –1 –1 –1 6 +1 –1 +1 –1 –1 +1 7 –1 +1 +1 –1 +1 +1 8 +1 +1 +1 –1 +1 –1  
Таɛɥиɰа 2 – ɋɬɨиɦɨɫɬи иɡɦɟɧɟɧия ɡɧаɱɟɧиɣ ɭɪɨвɧɟɣ  

ɮаɤɬɨɪɨв 
Ɉɛɨɡɧаɱɟɧия ɮаɤɬɨɪɨв ɋɬɨиɦɨɫɬи иɡɦɟɧɟɧиɣ ɡɧаɱɟ-

ɧиɣ ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв X1 X2 X3 
иɡ «–1» в «+1», ɭɫɥ. ɟɞ. 8,0 2,0 1,0 
иɡ «+1» в «–1», ɭɫɥ. ɟɞ. 4,0 2,4 1,6  
Ɉɩɬиɦиɡаɰия иɫɯɨɞɧɨɝɨ ɩɥаɧа ɷɤɫɩɟɪиɦɟɧɬа ɩɨ 

ɫɬɨиɦɨɫɬɧɵɦ ɡаɬɪаɬаɦ ɧа ɟɝɨ ɪɟаɥиɡаɰиɸ ɨɫɭɳɟɫɬв-
ɥяɥаɫь ɦɟɬɨɞɨɦ ɩɨɥɧɨɝɨ ɩɟɪɟɛɨɪа. ɉɪи ɷɬɨɦ ɫɬɨи-
ɦɨɫɬь ɪɟаɥиɡаɰии ɷɤɫɩɟɪиɦɟɧɬа ɩɨ ɨɩɬиɦаɥьɧɨɦɭ 
ɩɥаɧɭ (ɫɦ. ɬаɛɥ. 1) ɫɨɫɬавɥяɟɬ 13,6 ɭɫɥ. ɟɞ. 
В ɞаɧɧɨɣ ɫɬаɬьɟ ɨɩɬиɦиɡаɰия ɩɥаɧа ɩɨɥɧɨɝɨ ɮаɤ-

ɬɨɪɧɨɝɨ ɷɤɫɩɟɪиɦɟɧɬа ɞɥя иɫɫɥɟɞɨваɧия ɫɥɟɞяɳɟɣ 
ɫиɫɬɟɦɵ ɨɫɭɳɟɫɬвɥяɥаɫь ɦɟɬɨɞɨɦ, ɨɫɧɨваɧɧɵɦ ɧа 
ɩɪиɦɟɧɟɧии ɤɨɞа Ƚɪɟя [1]. 
Дɥя ɫиɧɬɟɡа ɦɧɨɠɟɫɬва ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа ɫ 

ɦиɧиɦаɥьɧɵɦ ɱиɫɥɨɦ ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв 
ɩɪи ɩɨиɫɤɟ ɨɩɬиɦаɥьɧɨɝɨ ɩɨ ɫɬɨиɦɨɫɬи (вɪɟɦɟɧи) 
ɪɟаɥиɡаɰии ɩɥаɧа ɩɪɟɞɥɨɠɟɧ ɦɟɬɨɞ, в ɨɫɧɨвɟ ɤɨɬɨɪɨ-
ɝɨ ɥɟɠиɬ ɝɟɧɟɪаɰия ваɪиаɧɬɨв ɞвɨиɱɧɵɯ ɤɨɞɨв, аɧа-
ɥиɡ иɯ ɯаɪаɤɬɟɪиɫɬиɤ и вɵɛɨɪ ɩɨɫɥɟɞɨваɬɟɥьɧɨɫɬɟɣ, 
ɨɬвɟɱаɸɳиɯ ɡаɞаɧɧɵɦ ɬɪɟɛɨваɧияɦ. Фɨɪɦиɪɨваɧиɟ 
ɬиɩɨвɵɯ ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа ɨɫɭɳɟɫɬвɥяɟɬɫя ɩɨ ɦɟ-
ɬɨɞɭ, в ɨɫɧɨвɟ ɤɨɬɨɪɨɝɨ ɥɟɠиɬ ɝɟɧɟɪаɰия ваɪиаɧɬɨв 
ɩɨɫɬɪɨɟɧия ɩɥаɧɨв, ɨɩɪɟɞɟɥɟɧия ɤɥаɫɫɨв ɷɤвиваɥɟɧɬ-
ɧɨɫɬи ɨɬɧɨɫиɬɟɥьɧɨ ɡаɞаɧɧɨɣ ɝɪɭɩɩɵ Р ɩɪɟɨɛɪаɡɨва-
ɧиɣ и ɮɨɪɦиɪɨваɧиɟ ɦɧɨɠɟɫɬва ɬиɩɨвɵɯ ɩɪɟɞɫɬави-
ɬɟɥɟɣ ɞɥя вɵɞɟɥɟɧɧɵɯ ɤɥаɫɫɨв ɷɤвиваɥɟɧɬɧɨɫɬи.  

4 ɗɄСɉЕРɂɆЕɇɌЫ 
ɉɪи ɨɩɬиɦиɡаɰии ɩɥаɧа ɩɨɥɧɨɝɨ ɮаɤɬɨɪɧɨɝɨ ɷɤɫ-

ɩɟɪиɦɟɧɬа ɦɟɬɨɞɨɦ, ɨɫɧɨваɧɧɵɦ ɧа ɩɪиɦɟɧɟɧии ɤɨɞа 
Ƚɪɟя, ɩɨɥɭɱɟɧ ваɪиаɧɬ, ɩɪивɟɞɟɧɧɵɣ в ɬаɛɥ. 3. 
ɋɬɨиɦɨɫɬь ɪɟаɥиɡаɰии ɷɬɨɝɨ ɩɥаɧа ɫɨɫɬавɥяɟɬ 17,6 

ɭɫɥ. ɟɞ. Таɤиɦ ɨɛɪаɡɨɦ, ɩɥаɧ, ɩɨɥɭɱɟɧɧɵɣ ɦɟɬɨɞɨɦ, 
ɨɫɧɨваɧɧɵɦ ɧа ɩɪиɦɟɧɟɧии ɤɨɞа Ƚɪɟя, ɨɩɬиɦаɥьɧɵɣ 
ɩɨ ɱиɫɥɭ ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв, ɧɨ ɧɟ ɨɩɬи-
ɦаɥьɧɵɣ ɩɨ ɫɬɨиɦɨɫɬи ɪɟаɥиɡаɰии ɷɤɫɩɟɪиɦɟɧɬа. 
ɋɥɟɞɨваɬɟɥьɧɨ, вɨɡɧиɤаɟɬ ɡаɞаɱа ɫиɧɬɟɡа ɦɧɨɠɟ-

ɫɬва ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа ɫ ɦиɧиɦаɥьɧɵɦ ɱиɫɥɨɦ 
ɩɟɪɟɯɨɞɨɦ ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв ɞɥя ɩɨиɫɤа ɨɩɬиɦаɥьɧɨ-
ɝɨ ɩɥаɧа ɩɨ ɫɬɨиɦɨɫɬɧɵɦ (вɪɟɦɟɧɧɵɦ) ɡаɬɪаɬаɦ. 
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Таɛɥиɰа 3 – ɉɥаɧ ɷɤɫɩɟɪиɦɟɧɬа, ɩɨɥɭɱɟɧɧɵɣ ɦɟɬɨɞɨɦ ɧа 

ɨɫɧɨвɟ ɤɨɞа Ƚɪɟя 
Нɨɦɟɪ ɨɩɵɬа X1 X2 X3 1 –1 –1 –1 2 –1 –1 +1 3 –1 +1 +1 4 –1 +1 –1 5 +1 +1 –1 6 +1 +1 +1 7 +1 –1 +1 8 +1 –1 –1  
Дɥя ɪɟшɟɧия ɷɬɨɣ ɡаɞаɱи авɬɨɪаɦи ɪаɡɪаɛɨɬаɧа 

ɤɨɦɩьɸɬɟɪɧая ɩɪɨɝɪаɦɦа ɮɨɪɦиɪɨваɧия ваɪиаɧɬɨв 
ɤɨɞɨв ɫ ɦиɧиɦаɥьɧɵɦи иɡɦɟɧɟɧияɦи [19], в ɨɫɧɨвɟ 
ɤɨɬɨɪɨɣ ɥɟɠиɬ ɝɟɧɟɪаɰия ваɪиаɧɬɨв ɞвɨиɱɧɵɯ ɤɨɞɨв, 
аɧаɥиɡ иɯ ɯаɪаɤɬɟɪиɫɬиɤ и вɵɛɨɪ ɩɨɫɥɟɞɨваɬɟɥьɧɨ-
ɫɬɟɣ, ɤɨɬɨɪɵɟ ɨɬвɟɱаɸɬ ɡаɞаɧɧɵɦ ɬɪɟɛɨваɧияɦ. 
В ɩɪɨɝɪаɦɦɟ вɨɡɦɨɠɧɨ ɡаɞаɧиɟ ɦиɧиɦаɥьɧɨɝɨ и 

ɦаɤɫиɦаɥьɧɨɝɨ ɤɨɥиɱɟɫɬва иɡɦɟɧɟɧиɣ. 
Авɬɨɪаɦи ɬаɤɠɟ ɪаɡɪаɛɨɬаɧа ɤɨɦɩьɸɬɟɪɧая ɩɪɨ-

ɝɪаɦɦа ɮɨɪɦиɪɨваɧия ɬиɩɨвɵɯ ɩɥаɧɨв ɦɧɨɝɨɮаɤɬɨɪ- ɧɨɝɨ ɷɤɫɩɟɪиɦɟɧɬа [20], в ɨɫɧɨвɟ ɪаɛɨɬɵ ɤɨɬɨɪɨɣ ɥɟ-
ɠиɬ ɝɟɧɟɪаɰия ваɪиаɧɬɨв ɩɨɫɬɪɨɟɧия ɩɥаɧɨв, ɨɩɪɟɞɟ-
ɥɟɧиɟ ɤɥаɫɫɨв ɷɤвиваɥɟɧɬɧɨɫɬи ɨɬɧɨɫиɬɟɥьɧɨ ɡаɞаɧ-
ɧɨɣ ɝɪɭɩɩɵ Р ɩɪɟɨɛɪаɡɨваɧиɣ и ɮɨɪɦиɪɨваɧиɟ ɦɧɨ-
ɠɟɫɬва ɬиɩɨвɵɯ ɩɪɟɞɫɬавиɬɟɥɟɣ ɞɥя вɵɞɟɥɟɧɧɵɯ 
ɤɥаɫɫɨв ɷɤвиваɥɟɧɬɧɨɫɬи. 
Раɡɪаɛɨɬаɧɧɨɟ ɩɪɨɝɪаɦɦɧɨɟ ɨɛɟɫɩɟɱɟɧиɟ ɪɟаɥиɡɨ-

ваɧɨ ɧа яɡɵɤɟ «TURBO PASCAL», ɩɨɫɬɪɨɟɧɨ ɩɨ ɦɨ-
ɞɭɥьɧɨɦɭ ɩɪиɧɰиɩɭ и ɨɛɟɫɩɟɱиваɟɬ ɝиɛɤɭɸ аɞаɩɬа-
ɰиɸ ɞɥя ɪɟшɟɧия ɛɨɥɟɟ шиɪɨɤɨɝɨ ɤɥаɫɫа ɡаɞаɱ. 
Раɛɨɬа ɫ ЭВМ ɨɫɭɳɟɫɬвɥяɟɬɫя в ɪɟɠиɦɟ ɞиаɥɨɝа. 

ɉɪɨɫɱɟɬɵ вɵɩɨɥɧяɥиɫь ɧа ɤɨɦɩьɸɬɟɪɟ ɫ ɩɪɨɰɟɫɫɨɪɨɦ Intel Pentium G20 c ɱаɫɬɨɬɨɣ 2,60 ȽȽɰ.  
5 РЕɁɍɅЬɌАɌЫ 

ɋ ɩɨɦɨɳьɸ ɩɪɨɝɪаɦɦɵ [19] ɞɥя k = 3, ɝɞɟ k – ɤɨ-
ɥиɱɟɫɬвɨ ɮаɤɬɨɪɨв, ɛɵɥи ɩɨɫɬɪɨɟɧɵ 144 ɩɥаɧа ɷɤɫɩɟ-
ɪиɦɟɧɬа (ɞвɨиɱɧɵɟ ɤɨɞɵ) ɫ ɦиɧиɦаɥьɧɵɦ ɤɨɥиɱɟɫɬ-
вɨɦ иɡɦɟɧɟɧиɣ (2k–1). Фɪаɝɦɟɧɬ ɷɬɨɝɨ ɦɧɨɠɟɫɬва 
ɩɪɟɞɫɬавɥɟɧ в ɬаɛɥ. 4 и вɤɥɸɱаɟɬ ɬаɤɠɟ ɩɥаɧ (Nom = 137), ɩɨɫɬɪɨɟɧɧɵɣ ɦɟɬɨɞɨɦ ɧа ɨɫɧɨвɟ ɤɨɞа Ƚɪɟя и 
ɩɥаɧ (Nom = 57) ɩɨɥɧɨɝɨ ɩɟɪɟɛɨɪа.  

Таɛɥиɰа 4 – Двɨиɱɧɵɟ ɤɨɞɵ ɫ ɦиɧиɦаɥьɧɵɦ ɤɨɥиɱɟɫɬвɨɦ иɡɦɟɧɟɧиɣ (2k–1) ɞɥя k = 3 
57 58 59 60 61 62 63 64 65 66 67 +1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 –1 –1 –1 –1 –1 –1 +1 –1 +1 +1 –1 +1 –1 +1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 –1 –1 –1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 –1 +1 –1 +1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 –1 –1 –1 –1 –1 –1 +1 –1 +1 +1 +1 +1 –1 +1 +1 +1 +1 –1 +1 –1 –1 +1 –1 +1 +1 –1 +1 –1 –1 –1 –1 +1 –1 –1 +1 +1 –1 +1 +1 +1 –1 +1 +1 –1 –1 +1 +1 –1 +1 +1 –1 –1 –1 –1 –1 –1 +1 –1 +1 +1 –1 +1 +1 +1 –1 +1 +1 –1 +1 –1 –1 –1 –1 –1 –1 +1 +1 –1 +1 +1 –1 –1 –1 +1 –1 +1 +1 –1 +1 +1 +1 –1 +1 +1 –1 –1 +1 +1 –1 +1 +1 –1 –1 –1 –1 –1 –1 –1 –1 –1 +1 –1 +1 +1 –1 +1 +1 +1 –1 +1 +1 –1 –1 +1 +1 –1 +1 +1 –1 –1 +1 +1 –1 –1 +1 –1 –1 +1 +1 +1 +1 +1 +1 –1 +1 +1 –1 –1 –1 –1 –1 –1 –1 +1 +1 +1 –1 –1 +1 –1 –1 +1 +1 +1 +1 +1 +1 –1 +1 –1 –1 +1 –1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 –1 –1 –1 –1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 –1 +1 +1 –1 –1 
68 69 70 71 72 73 74 75 76 77 78 –1 –1 –1 –1 –1 +1 –1 +1 +1 –1 +1 –1 +1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 –1 –1 –1 +1 –1 +1 +1 –1 +1 –1 +1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 –1 –1 –1 –1 –1 +1 +1 –1 –1 +1 –1 –1 –1 –1 +1 –1 +1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 –1 –1 +1 +1 –1 +1 –1 +1 +1 –1 +1 +1 +1 +1 –1 +1 –1 –1 +1 –1 –1 –1 +1 –1 –1 –1 +1 +1 –1 +1 –1 +1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 –1 –1 –1 –1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 –1 –1 –1 –1 +1 +1 –1 +1 +1 –1 –1 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 +1 –1 +1 +1 –1 –1 –1 –1 –1 +1 +1 +1 +1 +1 –1 +1 –1 –1 +1 –1 +1 –1 –1 +1 –1 +1 +1 –1 +1 –1 –1 –1 –1 +1 +1 +1 +1 +1 –1 +1 –1 –1 +1 –1 +1 –1 –1 +1 –1 –1 –1 –1 +1 –1 –1 +1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 –1 –1 +1 –1 –1 +1 –1 +1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 +1 –1 +1 –1 –1 –1 –1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 +1 –1 +1 
79 80 81 82 83 84 120 121 122 123 124 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 –1 –1 –1 +1 –1 –1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 –1 +1 –1 –1 –1 –1 +1 –1 +1 +1 –1 +1 –1 –1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 +1 –1 +1 +1 –1 +1 –1 –1 –1 –1 –1 –1 –1 +1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 +1 –1 +1 +1 –1 +1 –1 –1 +1 –1 +1 –1 –1 +1 –1 –1 –1 –1 +1 +1 +1 +1 +1 +1 +1 –1 +1 –1 –1 +1 –1 +1 –1 –1 +1 –1 –1 –1 –1 +1 –1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 –1 –1 +1 –1 –1 +1 –1 +1 –1 –1 –1 –1 –1 +1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 +1 –1 +1 +1 –1 +1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 –1 –1 –1 +1 –1 –1 –1 –1 +1 +1 –1 +1 +1 +1 +1 +1 +1 –1 +1 –1 –1 –1 –1 –1 –1 +1 –1 –1 +1 +1 +1 –1 +1 +1 +1 +1 +1 +1 –1 +1 –1 –1 –1 –1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 +1 –1 +1 +1 +1 +1 +1 +1 –1 +1 –1 –1 –1 –1 –1 –1 –1 +1 –1 +1 +1 –1 +1 –1 
125 126 127 128 129 130 131 132 133 134 135 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 –1 +1 –1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 –1 –1 –1 +1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 +1 –1 –1 –1 –1 +1 –1 –1 +1 +1 –1 –1 –1 +1 +1 –1 +1 +1 –1 –1 –1 –1 –1 –1 +1 –1 –1 +1 +1 +1 +1 +1 +1 +1 –1 +1 –1 +1 +1 –1 –1 –1 –1 –1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 +1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 –1 –1 –1 –1 –1 –1 +1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 +1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 –1 –1 –1 –1 +1 –1 +1 +1 +1 –1 –1 –1 –1 –1 –1 –1 +1 +1 –1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 –1 –1 –1 +1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 –1 –1 –1 +1 –1 –1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 +1 –1 +1 +1 –1 +1 –1 –1 –1 –1 –1 –1 –1 +1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 +1 –1 +1 +1 –1 
136 137 138 139 140 141 142 143 144 +1 –1 –1 +1 –1 +1 +1 +1 +1 –1 +1 +1 –1 –1 +1 –1 –1 –1 –1 +1 –1 +1 +1 –1 –1 –1 –1 +1 –1 –1 +1 –1 +1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 +1 –1 –1 +1 –1 +1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 –1 –1 +1 –1 –1 +1 –1 +1 –1 –1 +1 –1 –1 –1 –1 +1 –1 –1 +1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 –1 –1 +1 –1 –1 +1 –1 +1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 +1 –1 +1 –1 –1 –1 –1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 +1 –1 +1 +1 +1 +1 +1 +1 –1 –1 +1 +1 –1 –1 +1 –1 –1 –1 +1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 –1 +1 –1 +1 +1 –1 +1 –1 –1 –1 –1 +1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 –1 –1 –1 +1 –1 –1 +1 –1 +1 +1 +1 +1 +1 +1 –1 

55



e-ISSN 1607-3274   Раɞіɨɟɥɟɤɬɪɨɧіɤа, іɧɮɨɪɦаɬиɤа, ɭɩɪавɥіɧɧя. 2019. № 2 p-ISSN 2313-688X  Radio Electronics, Computer Science, Control. 2019. № 2  

© Кɨшɟвɨɣ Н. Д., Кɨɫɬɟɧɤɨ ȿ. М., ɉавɥиɤ А. В., Кɨшɟвая И. И., Рɨɠɧɨва Т. Ƚ., 2019 DOI 10.15588/1607-3274-2019-2-6 
ɉɪи иɫɩɨɥьɡɨваɧии ɦɟɬɨɞа ɩɨɥɧɨɝɨ ɩɟɪɟɛɨɪа ɞɥя 

ɷɬɨɝɨ ɫɥɭɱая аɧаɥиɡиɪɭɟɬɫя  40320 ваɪиаɧɬɨв. 
ɉɪɨɝɪаɦɦа [19] ɞɥя k = 3 ɩɨɡвɨɥиɥа ɩɨɫɬɪɨиɬь ɛа-

ɡɭ ɞаɧɧɵɯ ɬиɩɨвɵɯ ɤɨɞɨв ɫ ɦиɧиɦаɥьɧɵɦи иɡɦɟɧɟ-
ɧияɦи (ɬаɛɥ. 5), в ɤɨɬɨɪɭɸ ɬаɤɠɟ вɨшɥи ɩɥаɧɵ ɷɤɫɩɟ-
ɪиɦɟɧɬа, ɩɨɥɭɱɟɧɧɵɟ ɦɟɬɨɞаɦи ɧа ɨɫɧɨвɟ ɤɨɞа Ƚɪɟя (№3) и ɩɨɥɧɨɝɨ ɩɟɪɟɛɨɪа (№ 20).  6 ОȻСɍɀȾЕɇɂЕ 

ɉɪи ɫиɧɬɟɡɟ ɩɥаɧɨв ɞɥя иɫɫɥɟɞɨваɧия ɫɥɟɞяɳɟɣ 
ɫиɫɬɟɦɵ ɩɨɤаɡаɧɨ, ɱɬɨ ɩɥаɧɵ ɦɧɨɝɨɮаɤɬɨɪɧɨɝɨ ɷɤɫ-
ɩɟɪиɦɟɧɬа, ɩɨɫɬɪɨɟɧɧɵɟ ɫ иɫɩɨɥьɡɨваɧиɟɦ ɤɨɞа Ƚɪɟя, 
иɦɟɸɬ ɦиɧиɦаɥьɧɨɟ ɤɨɥиɱɟɫɬвɨ ɩɟɪɟɯɨɞɨв ɭɪɨвɧɟɣ 
ɮаɤɬɨɪɨв, ɧɨ ɧɟ вɫɟɝɞа ɨɩɬиɦаɥьɧɵ ɩɨ ɫɬɨиɦɨɫɬи ɪɟа-
ɥиɡаɰии ɷɤɫɩɟɪиɦɟɧɬа.  

Таɛɥиɰа 5 – Мɧɨɠɟɫɬвɨ ɬиɩɨвɵɯ ɩɪɟɞɫɬавиɬɟɥɟɣ ɩɥаɧɨв ɫ ɦиɧиɦаɥьɧɵɦи иɡɦɟɧɟɧияɦи 
Нɨɦɟɪ ɨɩɵɬа Нɨɦɟɪ ɨɩɵɬа 

№ 1 2 3 4 5 6 7 8 № 1 2 3 4 5 6 7 8 –1 +1 +1 –1 –1 –1 +1 +1 –1 +1 +1 –1 –1 –1 +1 +1 –1 –1 –1 –1 +1 +1 +1 +1 –1 –1 –1 –1 +1 +1 +1 +1 1 –1 –1 +1 +1 +1 –1 –1 +1 2 +1 +1 –1 –1 –1 +1 +1 –1 –1 –1 –1 –1 +1 +1 +1 +1 –1 +1 +1 +1 +1 –1 –1 –1 –1 –1 +1 +1 +1 +1 –1 –1 –1 –1 –1 +1 +1 +1 +1 –1 3 –1 +1 +1 –1 –1 +1 +1 –1 4 +1 +1 –1 –1 +1 +1 –1 –1 –1 –1 –1 –1 +1 +1 +1 +1 –1 –1 +1 +1 +1 –1 –1 +1 +1 +1 –1 –1 –1 +1 +1 –1 +1 –1 –1 +1 +1 +1 –1 –1 5 +1 –1 –1 +1 +1 +1 –1 –1 6 +1 +1 +1 +1 –1 –1 –1 –1 –1 –1 +1 +1 +1 +1 –1 –1 –1 –1 –1 +1 +1 +1 +1 –1 +1 +1 +1 +1 –1 –1 –1 –1 +1 +1 –1 –1 +1 +1 –1 –1 7 +1 –1 –1 +1 +1 –1 –1 +1 8 +1 –1 –1 –1 –1 +1 +1 +1 –1 –1 –1 –1 +1 +1 +1 +1 –1 –1 –1 +1 +1 +1 +1 –1 –1 +1 +1 –1 –1 +1 +1 –1 +1 –1 –1 –1 –1 +1 +1 +1 9 +1 +1 –1 –1 –1 –1 +1 +1 10 –1 –1 +1 +1 –1 –1 +1 +1 +1 –1 –1 –1 –1 +1 +1 +1 –1 –1 –1 –1 +1 +1 +1 +1 –1 –1 +1 +1 –1 –1 +1 +1 +1 –1 –1 +1 +1 –1 –1 +1 11 +1 +1 +1 –1 –1 –1 –1 +1 12 +1 +1 –1 –1 –1 –1 +1 +1 –1 +1 +1 +1 +1 –1 –1 –1 –1 –1 –1 –1 +1 +1 +1 +1 –1 –1 +1 +1 –1 –1 +1 +1 –1 –1 +1 +1 +1 +1 –1 –1 13 +1 +1 +1 –1 –1 –1 –1 +1 14 +1 –1 –1 +1 +1 –1 –1 +1 –1 –1 –1 –1 +1 +1 +1 +1 –1 +1 +1 –1 –1 –1 +1 +1 –1 –1 +1 +1 +1 –1 –1 +1 –1 –1 +1 +1 +1 –1 –1 +1 15 +1 –1 –1 +1 +1 +1 –1 –1 16 +1 +1 +1 +1 –1 –1 –1 –1 –1 –1 +1 +1 +1 +1 –1 –1 –1 +1 +1 +1 +1 –1 –1 –1 –1 +1 +1 –1 –1 +1 +1 –1 –1 –1 –1 +1 +1 +1 +1 –1 17 +1 +1 +1 +1 –1 –1 –1 –1 18 –1 –1 +1 +1 –1 –1 +1 +1 –1 +1 +1 –1 –1 –1 +1 +1 –1 +1 +1 –1 –1 +1 +1 –1 +1 +1 –1 –1 –1 +1 +1 –1 +1 +1 +1 +1 –1 –1 –1 –1 19 +1 +1 +1 +1 –1 –1 –1 –1 20 +1 +1 –1 –1 –1 –1 +1 +1 –1 +1 +1 +1 +1 –1 –1 –1 +1 +1 –1 –1 –1 +1 +1 –1 +1 +1 –1 –1 +1 +1 –1 –1 +1 –1 –1 +1 +1 +1 –1 –1 21 +1 +1 +1 –1 –1 –1 –1 +1 22 +1 +1 +1 +1 –1 –1 –1 –1 +1 +1 +1 +1 –1 –1 –1 –1 +1 +1 –1 –1 +1 +1 –1 –1 +1 –1 –1 +1 +1 –1 –1 +1 +1 –1 –1 –1 –1 +1 +1 +1 23 +1 +1 –1 –1 –1 –1 +1 +1 24 +1 +1 +1 –1 –1 –1 –1 +1   
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В ɪɟɡɭɥьɬаɬɟ аɧаɥиɡа ɦɧɨɠɟɫɬв ɩɥаɧɨв ɷɤɫɩɟɪи-

ɦɟɧɬа (ɫɦ. ɬаɛɥ. 4 и 5), ɩɨɥɭɱɟɧɧɵɯ ɫ ɩɨɦɨɳьɸ ɪаɡɪа-
ɛɨɬаɧɧɨɝɨ ɩɪɨɝɪаɦɦɧɨɝɨ ɨɛɟɫɩɟɱɟɧия, виɞɧɨ, ɱɬɨ ɫɭ-
ɳɟɫɬвɟɧɧɨ ɫɨɤɪаɳаɟɬɫя ɦɧɨɠɟɫɬвɨ ɩɥаɧɨв ɷɤɫɩɟɪи-
ɦɟɧɬа ɞɥя ɩɨиɫɤа ɨɩɬиɦаɥьɧɨɝɨ ɩɨ ɫɬɨиɦɨɫɬɧɵɦ (вɪɟɦɟɧɧɵɦ) ɡаɬɪаɬаɦ, ɩɨɫɤɨɥьɤɭ ɩɨɥɭɱɟɧɧая ɛаɡа 
ɞаɧɧɵɯ ( ɫɦ. ɬаɛɥ. 5) вɤɥɸɱаɟɬ вɫɟɝɨ 24 ɩɥаɧа, а ɩɪи 
иɫɩɨɥьɡɨваɧии ɦɟɬɨɞа ɩɨɥɧɨɝɨ ɩɟɪɟɛɨɪа аɧаɥиɡиɪɭ-
ɟɬɫя 40320 ваɪиаɧɬɨв.  

ВЫВОȾЫ 1. В ɪаɛɨɬɟ ɪɟшɟɧа аɤɬɭаɥьɧая ɩɪɨɛɥɟɦа ɩɨ ɫɨ-
ɤɪаɳɟɧиɸ ɦɧɨɠɟɫɬва ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа ɞɥя ɩɨиɫ-
ɤа ɨɩɬиɦаɥьɧɨɝɨ ɩɨ ɫɬɨиɦɨɫɬɧɵɦ (вɪɟɦɟɧɧɵɦ) ɡаɬɪа-
ɬаɦ. 2. ɉɨɤаɡаɧɨ, ɱɬɨ ɦɟɬɨɞɵ ɫиɧɬɟɡа ɩɥаɧɨв ɦɧɨɝɨ-
ɮаɤɬɨɪɧɵɯ ɷɤɫɩɟɪиɦɟɧɬɨв, ɨɫɧɨваɧɧɵɟ ɧа ɩɪиɦɟɧɟ-
ɧии ɤɨɞа Ƚɪɟя, ɧɟ вɫɟɝɞа ɞаɸɬ ɨɩɬиɦаɥьɧɵɣ ɩɨ ɫɬɨи-
ɦɨɫɬи (вɪɟɦɟɧи) ɪɟаɥиɡаɰии ɩɥаɧ. 3. Раɡɪаɛɨɬаɧɵ ɤɨɦɩьɸɬɟɪɧɵɟ ɩɪɨɝɪаɦɦɵ, ɤɨɬɨ-
ɪɵɟ ɮɨɪɦиɪɭɸɬ ɛаɡɵ ɞаɧɧɵɯ и ɡɧаɱиɬɟɥьɧɨ ɫɨɤɪа-
ɳаɸɬ ɦɧɨɠɟɫɬвɨ ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа ɞɥя ɩɨиɫɤа 
ɨɩɬиɦаɥьɧɨɝɨ ɩɨ ɫɬɨиɦɨɫɬɧɵɦ (вɪɟɦɟɧɧɵɦ) ɡаɬɪаɬаɦ 
ɧа ɟɝɨ ɪɟаɥиɡаɰиɸ. Дɥя k = 3 ɦɧɨɠɟɫɬвɨ вɤɥɸɱаɟɬ 24 
ɩɥаɧа ɷɤɫɩɟɪиɦɟɧɬа вɦɟɫɬɨ 40320 ваɪиаɧɬɨв ɩɪи ɩɨɥ-
ɧɨɦ ɩɟɪɟɛɨɪɟ. 4. ɇаɭчɧая ɧɨвизɧа ɪаɛɨɬɵ: – вɩɟɪвɵɟ ɩɪɟɞɥɨɠɟɧ ɦɟɬɨɞ ɫиɧɬɟɡа ɦɧɨɠɟɫɬва 
ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа ɫ ɦиɧиɦаɥьɧɵɦ ɱиɫɥɨɦ ɩɟɪɟɯɨ-
ɞɨв ɭɪɨвɧɟɣ ɮаɤɬɨɪɨв, в ɨɫɧɨвɟ ɤɨɬɨɪɨɝɨ ɥɟɠиɬ ɝɟɧɟ-
ɪаɰия ваɪиаɧɬɨв ɞвɨиɱɧɵɯ ɤɨɞɨв, аɧаɥиɡ иɯ ɯаɪаɤɬɟ-
ɪиɫɬиɤ и вɵɛɨɪ ɩɨɫɥɟɞɨваɬɟɥьɧɨɫɬɟɣ, ɨɬвɟɱаɸɳиɯ 
ɡаɞаɧɧɵɦ ɬɪɟɛɨваɧияɦ, ɩɨɡвɨɥяɸɳиɣ ɫɨɤɪаɬиɬь 
ɦɧɨɠɟɫɬвɨ ɞɥя ɩɨиɫɤа ɨɩɬиɦаɥьɧɵɯ ɩɨ ɫɬɨиɦɨɫɬɧɵɦ (вɪɟɦɟɧɧɵɦ) ɡаɬɪаɬаɦ ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа; – вɩɟɪвɵɟ ɩɪɟɞɥɨɠɟɧ ɦɟɬɨɞ ɮɨɪɦиɪɨваɧия ɬиɩɨ-
вɵɯ ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа, в ɨɫɧɨвɟ ɤɨɬɨɪɨɝɨ ɥɟɠиɬ 
ɝɟɧɟɪаɰия ваɪиаɧɬɨв ɩɨɫɬɪɨɟɧия ɩɥаɧɨв, ɨɩɪɟɞɟɥɟɧия 
ɤɥаɫɫɨв ɷɤвиваɥɟɧɬɧɨɫɬи ɨɬɧɨɫиɬɟɥьɧɨ ɡаɞаɧɧɨɣ 
ɝɪɭɩɩɵ Р ɩɪɟɨɛɪаɡɨваɧиɣ и ɮɨɪɦиɪɨваɧиɟ ɦɧɨɠɟɫɬва 
ɬиɩɨвɵɯ ɩɪɟɞɫɬавиɬɟɥɟɣ ɞɥя вɵɞɟɥɟɧɧɵɯ ɤɥаɫɫɨв 
ɷɤвиваɥɟɧɬɧɨɫɬи, ɩɨɡвɨɥяɸɳиɣ ɡɧаɱиɬɟɥьɧɨ ɫɨɤɪа-
ɬиɬь ɦɧɨɠɟɫɬвɨ ɞɥя ɩɨиɫɤа ɨɩɬиɦаɥьɧɵɯ ɩɨ ɫɬɨиɦɨ-
ɫɬɧɵɦ (вɪɟɦɟɧɧɵɦ) ɡаɬɪаɬаɦ ɩɥаɧɨв ɷɤɫɩɟɪиɦɟɧɬа. 5. ɉɪаɤɬичɟɫɤая ɡɧаɱиɦɨɫɬь ɪɟɡɭɥьɬаɬɨв ɪаɛɨɬɵ 
в ɬɨɦ, ɱɬɨ ɪаɡɪаɛɨɬаɧɧɨɟ ɩɪɨɝɪаɦɦɧɨɟ ɨɛɟɫɩɟɱɟɧиɟ, 
ɪɟаɥиɡɭɸɳɟɟ ɩɪɟɞɥɨɠɟɧɧɵɟ ɦɟɬɨɞɵ, ɦɨɠɟɬ ɧаɣɬи 
шиɪɨɤɨɟ ɩɪиɦɟɧɟɧиɟ ɩɪи иɫɫɥɟɞɨваɧии ɬɟɯɧɨɥɨɝиɱɟ-
ɫɤиɯ ɩɪɨɰɟɫɫɨв, ɩɪиɛɨɪɨв и ɫиɫɬɟɦ, ɧа ɤɨɬɨɪɵɯ вɨɡ-
ɦɨɠɧа ɪɟаɥиɡаɰия аɤɬивɧɨɝɨ ɷɤɫɩɟɪиɦɟɧɬа, ɧаɩɪи-
ɦɟɪ, аɩɩаɪаɬɧɨ-ɩɪɨɝɪаɦɦɧɵɣ ɤɨɦɩɥɟɤɫ ɷɤɫɩɟɪиɦɟɧ-
ɬаɥьɧɨɣ ɨɬɪаɛɨɬɤи ɩɪɨɰɟɫɫɨв [21]. 6. ɉɟɪɫɩɟɤɬивɵ ɞаɥьɧɟɣших иɫɫɥɟɞɨваɧиɣ ɫɨ-
ɫɬɨяɬ в ɩɪиɦɟɧɟɧии ɪаɡɪаɛɨɬаɧɧɨɝɨ ɩɪɨɝɪаɦɦɧɨɝɨ 
ɨɛɟɫɩɟɱɟɧия ɞɥя иɫɫɥɟɞɨваɧия ɬɪɟɯɭɪɨвɧɟвɵɯ ɩɥаɧɨв 
и ɤɨɦɩɨɡиɰиɨɧɧɵɯ ɩɥаɧɨв вɬɨɪɨɝɨ ɩɨɪяɞɤа.    
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АɇОɌАɐІə 
Аɤɬɭаɥьɧіɫɬь. Виɪішɟɧɨ аɤɬɭаɥьɧɭ ɡаɞаɱɭ ɫɤɨɪɨɱɟɧɧя ɦɧɨɠиɧи ɩɥаɧів ɛаɝаɬɨɮаɤɬɨɪɧиɯ ɟɤɫɩɟɪиɦɟɧɬів ɞɥя ɩɨшɭɤɭ ɨɩ-

ɬиɦаɥьɧɨɝɨ ɡа ваɪɬіɫɧиɦи виɬɪаɬаɦи. 
Ɇɟɬа ɪɨɛɨɬи – ɫиɧɬɟɡ ɬа ɞɨɫɥіɞɠɟɧɧя  ɦɧɨɠиɧи ɩɥаɧів ɟɤɫɩɟɪиɦɟɧɬɭ ɡ ɦіɧіɦаɥьɧиɦ ɱиɫɥɨɦ ɩɟɪɟɯɨɞів ɪівɧів ɮаɤɬɨɪів. 
Ɇɟɬɨɞи. Заɫɬɨɫɭваɧɧя ɦɟɬɨɞів ɩɥаɧɭваɧɧя ɟɤɫɩɟɪиɦɟɧɬɭ ɞɨɡвɨɥяє ɡɦɟɧшиɬи ваɪɬіɫɧі ɬа ɱаɫɨві виɬɪаɬи ɩɪи ɞɨɫɥіɞɠɟɧɧі 

ɪіɡɧиɯ ɬɟɯɧɨɥɨɝіɱɧиɯ ɩɪɨɰɟɫів, ɩɪиɥаɞів і ɫиɫɬɟɦ. 
Міɧіɦіɡаɰія ɤіɥьɤɨɫɬі ɩɟɪɟɯɨɞів ɪівɧів ɮаɤɬɨɪів ɭ ɩɥаɧі ɟɤɫɩɟɪиɦɟɧɬɭ, в ɫвɨɸ ɱɟɪɝɭ, ɩɪиɡвɨɞиɬь ɞɨ ɡɦɟɧшɟɧɧя ваɪɬɨɫɬі (ɱаɫɭ) ɣɨɝɨ ɪɟаɥіɡаɰіʀ. Ɉɞɧиɦ іɡ ɦɟɬɨɞів ɡɦɟɧшɟɧɧя ɤіɥьɤɨɫɬі ɩɟɪɟɯɨɞів ɪівɧів ɮаɤɬɨɪів є ɡаɫɬɨɫɭваɧɧя ɤɨɞɭ Ƚɪɟя ɞɥя ɩɨɛɭ-

ɞɨви ɩɥаɧɭ ɟɤɫɩɟɪиɦɟɧɬɭ. 
ɉіɞɬвɟɪɞɠɭєɬьɫя, ɳɨ ɩɥаɧи ɛаɝаɬɨɮаɤɬɨɪɧиɯ ɟɤɫɩɟɪиɦɟɧɬів, ɩɨɛɭɞɨваɧі ɡ виɤɨɪиɫɬаɧɧяɦ ɤɨɞɭ Ƚɪɟя, ɦаɸɬь ɦіɧіɦаɥьɧɭ ɤіɥь-

ɤіɫɬь ɩɟɪɟɯɨɞів ɪівɧів ɮаɤɬɨɪів, аɥɟ ɧɟ ɡавɠɞи ɨɩɬиɦаɥьɧі ɡа ваɪɬіɫɬɸ (ɱаɫɨɦ) ɪɟаɥіɡаɰіʀ ɟɤɫɩɟɪиɦɟɧɬɭ.  
Дɥя ɫиɧɬɟɡɭ ɦɧɨɠиɧи ɩɥаɧів ɟɤɫɩɟɪиɦɟɧɬɭ ɡ ɦіɧіɦаɥьɧиɦ ɱиɫɥɨɦ ɩɟɪɟɯɨɞів ɪівɧів ɮаɤɬɨɪів ɞɥя ɩɨшɭɤɭ ɨɩɬиɦаɥьɧɨɝɨ 

ɩɥаɧɭ ɡа ваɪɬіɫɧиɦи (ɱаɫɨвиɦи) виɬɪаɬаɦи ɡаɩɪɨɩɨɧɨваɧɨ ɦɟɬɨɞ, в ɨɫɧɨві яɤɨɝɨ ɥɟɠиɬь ɝɟɧɟɪаɰія ваɪіаɧɬів ɞвіɣɤɨвиɯ ɤɨɞів, 
аɧаɥіɡ ʀɯ ɯаɪаɤɬɟɪиɫɬиɤ ɬа виɛіɪ ɩɨɫɥіɞɨвɧɨɫɬɟɣ, ɳɨ віɞɩɨвіɞаɸɬь  ɡаɞаɧиɦ виɦɨɝаɦ. Фɨɪɦɭваɧɧя ɬиɩɨвиɯ ɩɥаɧів ɟɤɫɩɟɪи-
ɦɟɧɬɭ виɤɨɧɭєɬьɫя ɩɨ ɦɟɬɨɞɭ, в ɨɫɧɨві яɤɨɝɨ ɥɟɠиɬь ɝɟɧɟɪаɰія ваɪіаɧɬів ɩɨɛɭɞɨви ɩɥаɧів, виɡɧаɱɟɧɧя ɤɥаɫів ɟɤвіваɥɟɧɬɧɨɫɬі 
віɞɧɨɫɧɨ ɡаɞаɧɨʀ ɝɪɭɩи Р ɩɟɪɟɬвɨɪɟɧь ɬа ɮɨɪɦɭваɧɧя ɦɧɨɠиɧи ɬиɩɨвиɯ ɩɪɟɞɫɬавɧиɤів ɞɥя виɞіɥɟɧиɯ ɤɥаɫів ɟɤвіваɥɟɧɬɧɨɫɬі. 

Рɟзɭɥьɬаɬи. Рɨɡɪɨɛɥɟɧɨ ɩɪɨɝɪаɦɧɟ ɡаɛɟɡɩɟɱɟɧɧя, ɳɨ ɪɟаɥіɡɭє ɡаɩɪɨɩɨɧɨваɧі ɦɟɬɨɞи, яɤɟ виɤɨɪиɫɬɨвɭєɬьɫя ɞɥя ɩɨɛɭɞɨ-
ви ɦɧɨɠиɧи ɩɥаɧів ɟɤɫɩɟɪиɦɟɧɬів ɞɥя ɤіɥьɤɨɫɬі ɮаɤɬɨɪів k=3 ɡ ɦіɧіɦаɥьɧиɦ ɱиɫɥɨɦ ɩɟɪɟɯɨɞів ɪівɧів. 

Виɫɧɨвɤи. ɉɪɨвɟɞɟɧі ɟɤɫɩɟɪиɦɟɧɬи ɩіɞɬвɟɪɞиɥи ɩɪаɰɟɡɞаɬɧіɫɬь ɡаɩɪɨɩɨɧɨваɧиɯ ɦɟɬɨɞів ɬа ɪɟаɥіɡɭɸɱɨɝɨ ʀɯ ɩɪɨɝɪаɦɧɨ-
ɝɨ ɡаɛɟɡɩɟɱɟɧɧя, яɤі ɞɨɡвɨɥяɸɬь ɫɤɨɪɨɬиɬи ɦɧɨɠиɧɭ ɩɥаɧів ɟɤɫɩɟɪиɦɟɧɬɭ ɞɥя ɩɨшɭɤɭ ɨɩɬиɦаɥьɧɨɝɨ. Наɭɤɨвɭ ɧɨвиɡɧɭ ɪɨ-
ɛɨɬи ɫɬаɧɨвɥяɬь ɦɟɬɨɞи, яɤі ɞɨɡвɨɥяɸɬь ɫиɧɬɟɡɭваɬи ɦɧɨɠиɧɭ ɩɥаɧів ɛаɝаɬɨɮаɤɬɨɪɧиɯ ɟɤɫɩɟɪиɦɟɧɬів, ɳɨ ɫɤɨɪɨɱɭɸɬь ɩɨ-
шɭɤ ɨɩɬиɦаɥьɧиɯ ɡа ваɪɬіɫɧиɦи (ɱаɫɨвиɦи) виɬɪаɬаɦи ɩɥаɧів. ɉɪаɤɬиɱɧа ɡɧаɱиɦіɫɬь ɪɟɡɭɥьɬаɬів ɪɨɛɨɬи в ɬɨɦɭ, ɳɨ ɪɨɡɪɨɛ-
ɥɟɧɟ ɩɪɨɝɪаɦɧɟ ɡаɛɟɡɩɟɱɟɧɧя, яɤɟ ɪɟаɥіɡɭє ɡаɩɪɨɩɨɧɨваɧі ɦɟɬɨɞи, ɦɨɠɟ ɡɧаɣɬи шиɪɨɤɟ ɡаɫɬɨɫɭваɧɧя ɞɥя ɞɨɫɥіɞɠɟɧɧя ɬɟɯ-
ɧɨɥɨɝіɱɧиɯ ɩɪɨɰɟɫів, ɩɪиɥаɞів ɬа ɫиɫɬɟɦ, ɧа яɤиɯ ɦɨɠɥива ɪɟаɥіɡаɰія аɤɬивɧɨɝɨ ɟɤɫɩɟɪиɦɟɧɬɭ. 

ɄɅЮЧОВІ СɅОВА: ɦɟɬɨɞи, ɨɩɬиɦаɥьɧиɣ ɩɥаɧ ɟɤɫɩɟɪиɦɟɧɬɭ, ɦɧɨɠиɧа, ɩɪɨɝɪаɦɧɟ ɡаɛɟɡɩɟɱɟɧɧя, ваɪɬіɫɬь.   UDC 519.24 
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ABSTRACT 

Contex. The actual problem of reducing the set of plans for multivariate experiments in searching for the best in price costs has been solved. 
Objective is the synthesis and study of a variety of experimental plans with a minimum number of transitions of factor levels. 
Methods. The use of experimental design methods allows reducing the price and time costs in the study of various technological processes, devices and systems. Minimizing the number of transitions of levels of factors in terms of the experiment, in turn, leads to a decrease in the cost (time) of its implementation. One of the methods for reducing the number of transitions of levels of factors is the use of the Gray code when constructing a plan of an experiment. It is shown that multi-factor experiments plans constructed using the Gray code have a minimum number of transitions of factor levels, but are not always optimal in terms of the cost (time) of the experiment. For the synthesis of many experimental plans with a minimum number of transitions of levels of factors in searching for the op-timal plan for cost (time) costs, a method based on the generation of binary code variants is proposed. Analysis of their characteris-tics and the choice of sequences that meet specified requirements were conducted. The formation of test plans for an experiment is carried out according to the method based on the generation of variants for constructing plans, determining equivalence classes with respect to a given group P of transformations and forming a set of typical representatives for the selected equivalence classes. 
Results. Software that implements the proposed methods, which is used in the construction of a set of experimental plans for the number of factors K = 3 with the minimum number of level transitions was developed. 
Conclusions. The experiments, which were carried out, confirmed the efficiency of the proposed methods and the software im-plementing them makes it possible to reduce the set of experiment plans for finding the optimal one. The scientific originality of the research is presented by the methods which allow to synthesize many plans of multifactor experiments to reduce the search for opti-mal plans in price (time) cost. The practical significance of the research results is in the developed software which implements the proposed methods. It can be widely used in the study of technological processes, devices and systems, on which the implementation of an active experiment is possible. 
KEYWORDS: ɦethods, optimal experiment plan, set, software, cost.  
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IMPROVING THE QUALITY OF CREDIT ACTIVITY BY USING  
SCORING MODEL  
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ABSTRACT 
Context. The problem of credit assessment of a client is considered. It is a simultaneous processing of lender’s data of different nature with further definition of the credit rating. The object of this study was the process of lending to individuals by credit institu-tions. 
Objective. The purpose of the work is to study the process of improving the quality of lending through the development and use of a scorecard model. 
Method. An analytical review of the domain area was conducted. A business process model for assessing clients’ creditworthi-ness in the form of an IDEF0 diagram is developed. Dedicated groups of indicators characterizing a potential lender from different directions. Selected sets of values for each indicator of credit separately. The methods of solving the problem of clients’ creditwor-thiness are analyzed. Selected Bayesian naive classifier as a method for solving the problem of classification of potential lenders. The existing information systems for assessing the creditworthiness of clients are analyzed. A scoring model for assessing credit ratings by the client in the form of an algorithm is developed. The list of functional requirements of the information system, which is pre-sented in the form of a use case diagram is determined. Three-level architecture for the information system is proposed. A database model has been developed to preserve customer information. An information system was developed for determining the credit rating of a client based on the developed scoring model. Numerous studies have been conducted to determine the class of a potential credi-tor. The process of determining the quality of credit activity is analyzed. Quality indicators for assessing the creditworthiness of cli-ents are selected. The method of calculating the quality of credit activity is offered. 
Results. The scoring model was developed, which was used in solving the credit assessment of clients through the help of the proposed information system. The process of improving the quality of credit rating is investigated. 
Conclusions. The conducted experiments have confirmed the proposed scoring model and allow recommending it for use in practice for assessment process of client creditworthiness. Scientific novelty is to improve the process of credit activity by automat-ing the use of naïve Bayes classifier, which reduces the human factor in decision-making. 
KEYWORDS: scoring model, classification task, naive Bayesian classifier, credit score assessment, lending, lender, borrower, and creditworthiness.  

ABBREVIATIONS NBC – Naive Bayes classifier; IS – information system; 
ІТ – information technologies.  

NOMENCLATURE 
K  – set of clients; 
Q  – set of output classes; 

lq  – l -th output class, element of the set Q ; 
lkq  – l -th output class of the k -th client, k K∈ ; 
lK  – set of clients from l -th output class; 

I  – set of client’s characteristics; ,iJ i I∈  – set of i -th characteristic meaning; 
ijf  – j -th value of i -th characteristics, ,ij J i I∈ ∈ ; 
k

ijf  – j -th value of i -th characteristics from k -th client, , ,ij J i I k K∈ ∈ ∈ ; 
l
ijx  – number of j -th value of i -th characteristics l -th output class; 
ly  – number of l -th output class from set of clients 

lK ; ( )ij lP f q  – conditional probability of occurrence j -th value of i -th characteristic ijf  from output class lq ; ( )lP q  – probability of assignment to a client output class lq ; 1( { })k
l ijP q f +  – conditional probability of assign-ment to a client l -th output class based on conditionals 1{ }k

ijf + ; ( )lR q  – probability of assignment to a 1k + -th client output class lq ; 
P  – precision of NBC; 
R  – recall of NBC; 
a  – the number of clients of a particular class that has been allocated IS and which are really related to this class; 
b  – the number of clients who were mistakenly at-tributed to a particular group; 
c  – the number of customers who mistakenly was not in a certain class.  

INTRODUCTION Lending is the main activity of credit institutions, banks and credit unions. It provides almost 50% of the 
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profitability of these institutions [1]. The basic concepts in the process of lending are a loan, a creditor and a bor-rower. The credit is the relationship between two subjects of credit relations the creditor and the borrower, in which the creditor transfers the borrower’s money, and the bor-rower undertakes to return the same amount of money within a certain period [2, 3]. In the process of conducting credit operations, the in-stitution works with a credit risk. It is the risk of non-payment by the borrower of the amount of principal and interests. Non-repayment of loans, especially large ones, can lead to a bankruptcy of a credit institution, and this may be the cause of bankruptcy of other enterprises, banks and individuals associated with this bank or credit union. Therefore, credit risk management is an indispensable part of the strategy and tactics of survival and develop-ment of any bank or credit institution. Risk reduction in the implementation of loan operations can be achieved on the basis of a comprehensive examination of the credit-worthiness of the bank’s clients. Credibility of a client is the ability of a person to complete and to pay off in time for his debt obligations [3, 4]. This topic is of great interest for the research of not only Ukrainian but also foreign economists [2–8]. The scientific literature focuses on lending to enterprises and legal entities. In this case, there are many financial indica-tors of the company’s work, which allow to assess the degree of credit risk. However, there is no effective method for determining the individual’s creditworthiness, therefore, a great inter-est is the increase in the quality of the credit assessment process when working with the people. When it comes to lending to the population, an important role in determin-ing the creditworthiness is not so much the ability to re-pay the borrower’s debt, but the willingness to pay the loan and pay interest on time. Readiness for this is differ-ent one; it depends on the personal characteristics of each person. These characteristics may include education, age, social class, gender, family status, etc. [7–9]. To analyze personal and financial indicators of an individual is a complex process for a financial consultant, which will result in the adoption of sound financial decisions. In or-der to minimize the subjectivity of a financial consultant and reducing the time to take decisions on lending to in-dividuals use scoring [10, 11]. Scoring is a way to quickly evaluate a potential client. The result of it a client score. The received score can be used to solve various financial issues. Scoring model of credit assessment is a mathematical model of the borrower’s behavior based on the accumu-lated statistics. The result of the using is integral assess-ment of the risk in the view of the probability of repay-ment of the loan. Therefore, the actual task is to develop a scoring mod-el for assessing the creditworthiness of individuals, which will increase the speed of analysis of information about the client, reduce the time for approval of the decision on 

the loan and reduce the subjectivity of the assessment. And all of this will increase the quality of credit activity. 
The object of study is the process of lending to indi-viduals by credit institutions. 
The subject of the study is the theoretical and meth-odological tool for assessing the client’s creditworthiness by the use of a scorecard model. 
The purpose of the work is to improve the quality of lending through the development and use of a scoring model that will satisfy the interests of the lending institu-tion associated with the risk of non-repayment of credit.  

1 PROBLEM STATEMENT The problem of the assessment of creditworthiness is the task of classification, where the classes are customers from the database, which need to be classified according to their indicators into two groups: reliable clients, that is, the borrowers are creditworthy and unreliable when bor-rowers are uncreditworthy. The formal formulation of the task of classifying cli-ents can be presented in the following way. Let X  is a set of clients of the bank, at the same time 1{ ,... }mX x x= . Let Y  is a set of classes that need to be broken up by cli-ents, that is 1{ ,... }kY y y= . The task of classification is a reproduction of one set in another, in which each element of the first set becomes unambiguous with the particular element of the second set :a X Y→ . To solve the problem of assessing the creditworthiness of a client it is necessary: – to allocate a set of characteristics of the client – in-formation about the borrower, which will be taken from the application form and documents provided by the bor-rower; – to choose a method that will allow to determine the dependence between the characteristics of the client and the level of his creditworthiness; – define the client class.  
2 REVIEW OF THE LITERATURE At the present time almost all credit institutions use IT in solving many financial problems, including lending. Using IT can improve the quality of the results. An over-view of IT used to assess the creditworthiness of indi-viduals allows to emphases following IS: 1. The Ukrainian Bureau of Credit Histories (UBCI) [12] is an IS that provides such services: collection, proc-essing, analysis, keeping of information, which is a credit history; providing legal and individual person with advi-sory services; providing credit reports 2. Mobile app “Credit History” is app from the Google Play service [13]. Functional abilities of IS: calculate a credit rating; see your credit history online and find out how to improve it; receive reminders for next payments; analyze personal finances and make informed financial decisions. 3. Online-banking Privat24 [14] is the IS for assess-ment creditworthiness of clients. To calculate the credit rating you need to go to the menu item “My accounts” → “Credit rating” and fill in the necessary information. 
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An analysis of existing IS for assessing creditworthi-ness in Ukraine shows that the main disadvantage is the secrecy of methods used by credit institutions to calculate credit score. Also, systems do not allow to change the indicators for the calculation of the rating credit assess-ment. Therefore, the results indicate the relevance of this study. There are many methods to determine the credit rat-ing, which have their advantages and disadvantages. All methods can be divided into two main groups: expert me-thods and scorecard models that use mathematical meth-ods for processing information, such as Data Mining [15–19]. Expert methods are use only the experience and know-ledge of a financial advisor, so this approach is character-ized by a high degree of subjectivity and a high probabil-ity of error in deciding about issue a loan. The second group of methods is scoring. The scoring procedure using a scorecard model includes: information gathering, the construction of a mathematical model (the choice of the classification method and the definition of criteria for risk categories) and the distribution of creditors by risk cate-gory. Among the main advantages of scoring systems, one can distinguish: – lowering the loan non-repayment level; – increasing speed and impartiality in decision mak-ing; – possibility of effective management of a loan portfo-lio; – absence of long-term training of the employee. The main disadvantages of a scoring system for as-sessment of client’s creditworthiness: – high cost of adaptation of the used model under the current situation; – the probability of a model error in determining the creditworthiness of a potential borrower is due to the sub-jective opinion of a specialist. The methods and approaches in the scoring systems are quite diverse, they can be use both individually and in different combinations. An analytical review of the main known and currently used methods for assessing credit-worthiness is presented in Table 1. Comparing the methods of assessing the creditworthi-ness of the clients presented in the table above, one can conclude that the “Naïve” Bayesian classifier is a good classifier in the scoring model for processing information about a potential lender.  Table 1 – Review of methods for assessing creditworthiness Method  Advantages Disadvantages Expert method 1. Experience and knowledge gained by credit experts. 2. Possibility of obtaining quantitative estimates in cases when there is no statistical information. 3. The speed of obtaining results due to the lack of complex mathematical calculations. 1. Big probability of model error in determining the credit-worthiness of a potential borrower is due to the subjective opinion of a specialist. 2. Necessity of long-term training of the employee. "Naive" clas-sifier Bayes 1. Good results of classification.  2. Simple calculations. 3. Adaptation to new data. 4. High speed. 5. Modest memory requirements. 6. Small amount of training data. 7. Effectively works with categorical data. 1. Requires a sample containing all possible combinations of variables. 2. Assumptions for the independence of variables. 3. The need to convert different types of data to a category. Discriminant analysis 1. Finding the strongest differences between classes – predictors. 2. Ability to restore missed values. 3. Possibility of solving the problem of classification of new data using past learning. 1. Works with interval data or with a scale of relationships. 2. There is a rather rough method for scoring of the assump-tions of the linearity of the discriminatory function. Logistic regression 1. Ability to choose the number of classes. 2. Ability to find an assessment of the likelihood of non-return of the loan. 1. Complex calculations for obtaining weight coefficients, so it needs a more powerful computer base and advanced computer security. 2. Sensitivity to correlation between characteristics. 3. Low resistance to errors. 4. Dependency on the data set. Cluster analy-sis 1. Ability to classify multidimensional observations. 2. Ability to work with indicators that may have non-numeric character. 3. Ability to work on small sample sizes. 4. Possibility of calculations in the conditions of non-fulfillment of normal distribution of random variables. 1. The problem of choosing the distance metric in the space between the centers of the classes. 2. The problem of checking the adequacy of the results. Decision trees 1. Simple to understand and interpret. 2. Does not require thorough preparation of data. 3. Ability to work both with categorical and interval variables. 4. Allows you to work with a large amount of information with-out special training procedures. 1. The problem of obtaining an optimal decision tree is NP-task. 2. The problem of retraining is the problem of creating too complex structures that do not sufficiently represent the data. Neural Net-works 1. Good results of classification. 2. Ability to change the structure of the network for new obser-vations. 3. Ability to explain the rather complicated relationship between the values of risk factors and their level. 1. Great statistics for network learning are required. 2. The problem of choosing a network architecture is exist. 3. The difficulty of choosing a learning method is exist. 4 The complexity of calculations of weight coefficients between separate layers during training of a network is exist.  
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3 MATERIALS AND METHODS The first step of assessing the client’s creditworthiness with the help of the NBC is the choice of customer char-acteristics. Consider the most significant indicators that characterize the creditworthiness of clients, and their pos-sible meaning: – personal indicators; – indicators on labor activity; – financial indicators.  Personal indicators of client creditworthiness: 1) Sex = {Man, Woman}  2) Age = {< 25, 25–30, 30–35, 35–45, 45–50, 50–55, >55} 3) Family status = {Unmarried, Married} 4) Number of dependents = {0, 1, ≥ 2} 5) Education = {Secondary, Specialized Secondary, Higher} 6) Period of residence in the region = {< 1 year, 1–3, 3–5, 5–7, 7–10, 10–15, ≥ 15 years} 7) Location = {Center, Region} Indicators on labor activity of client creditworthiness: 1) Branch of the company = {Banking and financial activity, Information Technology, Non-state medical ser-vices, Industry, Construction, Service, Transport and communications, Science or education or culture, State and social organizations, Policy, Agriculture, Other} 2) Enterprise class = {Small, Medium, Great} 3) Professional experience = {< 3, 3–5, 5–10, 10–15, > 15 years} 4) Experience in an enterprise = {<1, 1–3, 3–5, 5–7, 7–10, >10 years} 5) Position at an enterprise = {Manager, not a man-ager} Financial indicators of client creditworthiness: 1) Own land = {Have, Have not} 2) Own country house = {Have, Have not} 3) Private property = {Have, Have not} 4) Garage = {Have, Have not} 5) Car = {Domestic, Foreign, Have not} 6) An apartment = {Have, Have not} 7) The area of the apartment = { Have not, from 18 to 25 square meters, 25–32, 32–50, 50–70, ≥ 70}  8) How did obtain an apartment = {Have not, Pur-chase, Gift} The second stage of solving the problem of assessing the creditworthiness of a client with the help of NBC is the development of a scoring model. To do this, first of all, it is necessary to build a model of the business process of assessing the creditworthiness of the client. The nota-tion IDEF0 was chosen for modeling process. It let to create the context level of the business process (Fig. 1). The input for the client’s creditworthiness assessment process is a questionnaire. It contains general information about the client, financial and social. With the help of a scorecard model, a certain class of creditworthiness is assigned to the client. After IS make a decision to issue a loan. This process is a step-by-step process, therefore, for the implementation of this business process, are needed a 

loan expert and a financial advisor who is responsible for part of the procedures.  Figure1 – Context level of assessment of client creditworthiness  The list of procedures for evaluating the client’s cred-itworthiness is presented at the next level of detail of the business process (Fig. 2).  The customer credit assessment process consists of four steps: – an interview: at this stage, the financial consultant conducts a preliminary selection of clients by clarifying all conditions of credit; – validation and verification of the questionnaire: at this stage, a credit expert with the help of the IS checks the correctness of filling in the questionnaire, and then the correspondence of the personal data to the real informa-tion of the client;  – scoring of the questionnaire: the result of this proc-ess is the assessment of the client’s creditworthiness, which is calculated using a scoring model based on the Bayesian Classifier; – decision on granting a loan: the final decision on the issue of a loan is taken at this stage. A business process model for creditworthiness as-sessment is the basis for developing a scorecard model [15, 16, 20–22]. The NBC is a probabilistic classifier that uses the Bayesian theorem to determine the probability of belong-ing to the sample element to one of the classes assuming the independence of the variables. The Bayesian Classi-fier can be applied to any data set that can be represented as categorical data or list of features. A feature is any property that may be present or absent from the sample. The NBC is often very effective when working with the data despite assumptions about the independence of the features. Another important feature of the NBC is that classifier can be built on a new sample with missing val-ues. The reason of it the assumption that the presence or absence of values of variables is completely random. In practice, the NBC, regardless of a number of shortcom-ings, has proved itself to be quite good due to the high speed of operation, simplicity, scalability and moderate memory requirements. Examples of using are: – data classification in real time [19, 20];  – classification of texts, for example, spam filtering: Google Analytics and Yandex metrics confirm that Baye-sian approach to classification has proven to be very good when it detects spam emails [23];  
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 Figure 2 – Assessment process of client creditworthiness  – analysis of the tonality of the text: analysis of social media, identification of positive and negative clients; this approach, in conjunction with collaborative filtering, is implemented in advisory systems [24]. Let consider more detailed using of the NBC for cal-culating the credit rating. The algorithm of using the Bayesian Classifier to determine the client’s creditworthi-ness consists of two steps: 1) training of the NBC – based on data of clients who have already been issued loans, and who in fact make a monthly contribution; 2) using of the NBC – credit rating is calculated for potential lenders. Each new potential lender should be classified into one of two classes { }, 1, 2lQ q l= = : the first class 1q  includes those customers who can give a loan, the second one 2q  includes all other customers. Taking into account the introduced notation, the cus-tomer classification algorithm using the Bayesian Classi-fier consists of the following steps. 1. Stage of training of the NBC: I Select set of indicators I . Define set of each i -th characteristic meaning ,iJ i I∈ . Find value for 21, ,k
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IX Define output class of 1k + -th client 1 1,2arg max ( )l l

l
k R qq

=
+ = . For the automation of the calculating process of the credit rating is using a scoring model. The following IS functionality is proposed, which is presented in the form of a use-case diagram (Fig. 3). This diagram shows the user of the IS and all the actions that he can perform. Consider these options for use in more detail way. In order to work with customer data: to view, to edit, to enter new data, the option “Management client’s data” is provided. By analogy, the option “Management indica-tors” allows to work with the characteristics used in the scoring model. The main task of the IS is to assess the creditworthi-ness of a client. The use case “Calculate creditworthiness” is responsible for it. This functionality involves the use of a scorecard model and the generation of a relevant report on the creditworthiness assessment of clients. The report can be saved to file or can be showed on the screen. The use cases “Use Scoring Model”, “Generate Report”, “Save to File”, “Display to Screen” are responsible for these functionality accordingly. The use case “Get some help” is showing information about the program and FAQ.  The classical three-level architecture is proposed for IS. Each element of architecture is at its own level and responsible for the implementation of a limited set of functions. IS architecture is shown in Fig. 4 in the form of a deployment diagram where it is possible to separate 3 main nodes presented by devices of different purposes. The client part is presented with the graphical inter-face of the web application. For efficient operation of IS, customer information is stored in a database that should be located on one of the servers of the credit institution. Also this database can has information about authorizing and accessing the database as a separate entities in the database. In order to access the databases, it is necessary to make requests from client part, which is presented as a web application. The web server retrieves the requests to database. The results of the request (sampling and proc-essing) the web server will return to the client part. The following model of the database is proposed for storing information on existing and potential lenders  (Fig. 5).  Figure 3 – Use case diagram   Figure 4 – Deployment diagram 
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 Figure 5 – Database model  The structure of Database model is consist of 6-th en-tities (Table 2): – the entity of “Client” corresponds to the main data about clients of a credit institution; – the entity “FeatureType” describes a group of indi-cators used to assess the creditworthiness of clients; – the entity “Features” is a vocabulary for the indica-tors used for the scorecard model; – the entity “Values” describes all possible values of all indicators; – the associative entity “Features_Values” describes the relationship between the entities «Features» and «Values»; – the associative entity “Client_Features_Values” cre-ates an interconnection between the entities “Client” and “Features_Values”.  Table 2 – Description of client database model  Attribute Attribute description Entity “Client” Id_client  Client’s Id FirstName Client’s name LastName Surname MiddleName Third name PassportData Passport IdentificationCode Code of Physical Entity PhoneNumber Phone Number Email Email Entity “FeatureType” Id_featureType  Id of Feature Group  Name Group name Entity “Features” Id_feature Id of Feature FeatureTypeId_featureType  Type of feature Entity “Values” Id_value Id of feature value Value Value of feature Entity “Features_Values” FeaturesId_feature  Id of Feature ValuesId_value  Id of feature value Entity “Client_Features_Values” ClientId_client Client’s Id Features_ValuesFeaturesId_feature Id of Feature Features_ValuesValuesId_value Id of feature value  

So, a scorecard model based on NBC and IS was pro-posed, which automates the process of solving the client’s creditworthiness assessment task.  
4 EXPERIMENTS For the training of the Bayesian Classifier the data was used for 113 clients who have already been issued a loan or have been denied. Granting a loan was the case if the last line received the value of “1”. An example of in-put data is presented in Table 3.   Table 3 – Fragment of set with training data   Set 1 Set  2 .... Set  113 Loan amount 7000 7500 .... 10000 Loan term 6 6 .... 12 Sex woman man ... woman Age 37 38 ... 41 Family status Unmarried Unmarried .... Married  Number of de-pendents 2 2 .... 2 Education Higher Secondary .... Secondary Period of resi-dence in the re-gion 22 12 .... 21 Location Region Center .... Center Branch of the company Industry Service  Other Enterprise class Medium Small .... Medium Professional ex-perience 5 8 .... 5 Experience in an enterprise >10 >10 .... 9 Position at an enterprise not a man-ager not a manager .... not a manager Own land Have not Have not .... Have Own country house Have Have .... Have not Private property Have not Have .... Have not Garage Have Have not .... Have not Car Domestic Foreign .... Domestic An apartment Have not Have .... Have The area of the apartment 37 29 .... 38 How did obtain an apartment Have not Have not .... Have not To give a loan 1 1 .... 0  
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All information from the Table 3 was divided into three types of indicators: personal indicators, indicators on labor activity, and financial indicators. After that each indicator obtained appropriate meaning.   

5 RESULTS The calculation of the creditworthiness of clients is based on the trained Bayesian classifier. Using the NBC was conducted on the example of three clients, one of them was denied in the loan, for the second and third one scoring model calculated the value of the credit assess-ment, which corresponds to the economic expediency of the loan. Example of calculated results and client’s infor-mation according to table 3 are presented below. Client  143 = {25500; 12; man; 25 – 30; unmarried; 0; higher; 1 – 3; Center; Service; Medium; < 3; <1; not a manager; Have not; Have not; Have not; Have not; Have not; Have not; Have not; Have not; 0} Client  97 = {14500; 12; man; >55; married; 1; higher; 
≥ 15 years; Center; Banking and financial activity; Great; > 15 years; 7 – 10; Manager; Have; Have; Have; Have; Foreign; Have not; 32 – 50; Have not; 1} Client  136 = {17000; 24; man; 30–35; married; 1; higher; ≥ 15 years; Center; Information Technology; Me-dium; 5 – 10; 3 – 5; Manager; Have not; Have not; Have; Have; Foreign; Have; 18 – 25; Gift; 1} Clients  97 and 136 have a good credit assessment, so they can obtain the loan. Another one doesn’t have any financial support, so his credit value is very small for is-suing the loan. The issuance of money to the client, which the scoring model has calculated the positive value of the credit as-sessment, occurs after signing by the bank and the client of the loan agreement and other agreements (mortgages, guarantees of commercial pledge, etc.).  

6 DISCUSSION To use the developed IS in real conditions, it is neces-sary to overcome the adequacy of the scoring model. To do this, it is necessary to check the quality of the proposed classifier, which is the basis for making decisions in the credit activity. For the checking NBC we used client’s data, which did not use in the training classifier. The quality of credit activity is an integral characteris-tic of a process that shows the degree of suitability of a process for achieving certain goals. To assess the quality of the classifier, we can use the following quality indica-tors: precision, recall, measure of Van Risbergen [25, 26]. Precision is a criterion that shows the proportion of clients that really belong to a particular class with respect to all clients that IS has identified about this class: 
aP

a b
=

+
. The more precision, the fewer the number of false alarms. Recall is a quality metric that shows the proportion of clients that really belong to a particular class with respect to all clients from this class: aR

a c
=

+
. The more recall 

of the data obtained from the IS, the greater the benefit of the received information. A good metric for a joint assessment of precision and recall is the F-measure or measure of Van Risbergen, which is defined as the weighted harmonic average of precision and recall: 2PRF
P R

=
+

. To check the quality of the work of the NBC 61 cli-ents were taken, which were not used in the training. A series of experiments were carried out with different con-ditions. Firstly, the NBC obtained 61 cards for verifica-tion, then some of these cards were used for training, and the remainder was again checked for the definition of customer classes. The process was repeated until all data was used. The results of the experiments are shown in table 4. We can also evaluate the client class definition error: a cError
number of clients

+
= .  Table 4 – Result of checking NBC  

№ a b c Num-ber of clients P R F Error 1 33 5 3 61 0,87 0,92 0,89 0,13 2 25 4 2 52 0,86 0,93 0,89 0,12 3 23 2 2 43 0,92 0,92 0,92 0,09 4 23 2 1 37 0,92 0,96 0,94 0,08 5 15 1 1 20 0,94 0,94 0,94 0,10 6 10 1 0 16 0,91 1,00 0,95 0,06  As can be seen from Table 4, as the training pattern increases the Van Riesbergen measure increases (Fig. 6). The error in determining the client’s credit rating decreases.   Figure 6 – Quality metrics  The IS considered earlier [12–14] are characterized by the closeness of the scoring model used for decision mak-ing. This restriction does not allow doing many experi-ments to test the performance of these IS. The conducted studies and the obtained results show the feasibility of using the proposed scoring model and the developed IS in real conditions.  
CONCLUSIONS In the course of this research, the task of assessing the creditworthiness of a potential creditor was solved. To do this, an analytical review of the main methods for assess-ing creditworthiness was conducted. Result of it is the method of scoring-analysis based on Data Mining tech-
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nology. A scorecard model for calculating the credit rat-ing based on the use of the NBC was developed. A design stage of IS was conducted, during which a diagram of activity was developed for a clear presentation of the work of the classification algorithm, a use-case diagram was developed for allocating functional capabili-ties, a deployment diagram was developed for represent-ing the architecture of the IS. A database model was de-veloped that allows the knowledge domain to be struc-tured. The conducted pilot studies have shown the prac-
tical significance of the results for credit institutions, as evidenced by the calculated assessment of the quality of credit activity. 

The scientific novelty of the obtained results consists in improving the client’s credit rating process by using the scoring model based on NBC, which reduced the subjec-tive factor in decision making and also reduced the time for processing information about a potential creditor. The results obtained in the course of this research work indicate the feasibility of using the proposed solu-tion under real conditions in credit institutions to increase the quality of lending activities. 
Prospects for further research are to automate the process of selecting informative indicators of customer creditworthiness. 
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УДК 004.9  
ɉІȾВɂЩЕɇɇə əɄОСɌІ ɄРЕȾɂɌɇОȲ ȾІəɅЬɇОСɌІ ɁА РАɏɍɇОɄ ВɂɄОРɂСɌАɇɇə СɄОРɂɇГОВОȲ ɆОȾЕɅІ  
Ɇɟɥьɧиɤ Ʉ. В. – ɤаɧɞиɞаɬ ɬɟɯɧіɱɧиɯ ɧаɭɤ, ɞɨɰɟɧɬ ɤаɮɟɞɪи ɉɪɨɝɪаɦɧɨʀ іɧɠɟɧɟɪіʀ ɬа іɧɮɨɪɦаɰіɣɧиɯ ɬɟɯɧɨɥɨɝіɣ  

ɭɩɪавɥіɧɧя, Наɰіɨɧаɥьɧиɣ ɬɟɯɧіɱɧиɣ ɭɧівɟɪɫиɬɟɬ «Хаɪɤівɫьɤиɣ ɩɨɥіɬɟɯɧіɱɧиɣ іɧɫɬиɬɭɬ», Хаɪɤів, Уɤɪаʀɧа. 
Ȼɨɪиɫɨва ɇ. В. – ɤаɧɞиɞаɬ ɬɟɯɧіɱɧиɯ ɧаɭɤ, ɞɨɰɟɧɬ ɤаɮɟɞɪи Іɧɬɟɥɟɤɬɭаɥьɧиɯ ɤɨɦɩ’ɸɬɟɪɧиɯ ɫиɫɬɟɦ, Наɰіɨɧаɥьɧиɣ  

ɬɟɯɧіɱɧиɣ ɭɧівɟɪɫиɬɟɬ «Хаɪɤівɫьɤиɣ ɩɨɥіɬɟɯɧіɱɧиɣ іɧɫɬиɬɭɬ», Хаɪɤів, Уɤɪаʀɧа. 
 

АɇОɌАɐІə 
Аɤɬɭаɥьɧіɫɬь. Рɨɡɝɥяɧɭɬɨ ɩɪɨɛɥɟɦɭ ɨɰіɧɤи ɤɪɟɞиɬɨɫɩɪɨɦɨɠɧɨɫɬі ɤɥієɧɬа. Вɨɧа явɥяє ɫɨɛɨɸ ɨɞɧɨɱаɫɧɭ ɨɛɪɨɛɤɭ ɞаɧиɯ 

ɤɪɟɞиɬɨɪа ɪіɡɧɨʀ ɩɪиɪɨɞи ɡ ɩɨɞаɥьшиɦ виɡɧаɱɟɧɧяɦ ɤɪɟɞиɬɧɨɝɨ ɪɟɣɬиɧɝɭ. Ɉɛ’єɤɬɨɦ ɞаɧɨɝɨ ɞɨɫɥіɞɠɟɧɧя виɫɬɭɩав ɩɪɨɰɟɫ 
ɤɪɟɞиɬɭваɧɧя ɮіɡиɱɧиɯ ɨɫіɛ ɤɪɟɞиɬɧиɦи ɭɫɬаɧɨваɦи. 

ɐіɥь. Ціɥь ɪɨɛɨɬи є ɞɨɫɥіɞɠɟɧɧя ɩɪɨɰɟɫɭ ɩіɞвиɳɟɧɧя яɤɨɫɬі ɤɪɟɞиɬɧɨʀ ɞіяɥьɧɨɫɬі ɡа ɪаɯɭɧɨɤ ɪɨɡɪɨɛɤи і виɤɨɪиɫɬаɧɧя 
ɫɤɨɪиɧɝɨвɨʀ ɦɨɞɟɥі. 

Ɇɟɬɨɞ. ɉɪɨвɟɞɟɧɨ аɧаɥіɬиɱɧиɣ ɨɝɥяɞ ɩɪɟɞɦɟɬɧɨʀ ɨɛɥаɫɬі. Рɨɡɪɨɛɥɟɧɨ ɦɨɞɟɥь ɛіɡɧɟɫ-ɩɪɨɰɟɫɭ ɨɰіɧɸваɧɧя ɤɪɟɞиɬɨɫɩɪɨ-
ɦɨɠɧɨɫɬі ɤɥієɧɬів ɭ виɝɥяɞі IDEF0 ɞіаɝɪаɦи. Виɞіɥɟɧі ɝɪɭɩи ɩɨɤаɡɧиɤів, яɤі ɯаɪаɤɬɟɪиɡɭɸɬь ɩɨɬɟɧɰіɣɧɨɝɨ ɤɪɟɞиɬɨɪа ɡ ɪіɡ-
ɧиɯ ɛɨɤів. Ɉɛɪаɧі ɧаɛɨɪи ɡɧаɱɟɧь ɞɥя ɤɨɠɧɨɝɨ ɩɨɤаɡɧиɤа ɤɪɟɞиɬɨɫɩɪɨɦɨɠɧɨɫɬі ɨɤɪɟɦɨ. ɉɪɨаɧаɥіɡɨваɧɨ ɦɟɬɨɞи виɪішɟɧɧя 
ɡаɞаɱі ɨɰіɧɤи ɤɪɟɞиɬɨɫɩɪɨɦɨɠɧɨɫɬі ɤɥієɧɬів. Ɉɛɪаɧɨ ɧаʀвɧиɣ ɤɥаɫиɮіɤаɬɨɪ Баɣєɫɭ яɤ ɦɟɬɨɞ виɪішɟɧɧя ɡаɞаɱі ɤɥаɫиɮіɤаɰіʀ 
ɩɨɬɟɧɰіɣɧиɯ ɤɪɟɞиɬɨɪів. ɉɪɨаɧаɥіɡɨваɧɨ іɫɧɭɸɱі іɧɮɨɪɦаɰіɣɧі ɫиɫɬɟɦи ɞɥя ɨɰіɧɤи ɤɪɟɞиɬɨɫɩɪɨɦɨɠɧɨɫɬі ɤɥієɧɬів. Рɨɡɪɨɛ-
ɥɟɧɨ ɫɤɨɪиɧɝɨвɭ ɦɨɞɟɥь ɨɰіɧɤи ɤɪɟɞиɬɧɨɝɨ ɪɟɣɬиɧɝɭ ɤɥієɧɬɭ ɭ виɝɥяɞі аɥɝɨɪиɬɦɭ. Виɡɧаɱɟɧɨ ɩɟɪɟɥіɤ ɮɭɧɤɰіɨɧаɥьɧиɯ ɦɨɠ-
ɥивɨɫɬɟɣ іɧɮɨɪɦаɰіɣɧɨʀ ɫиɫɬɟɦи, яɤі ɩɪɟɞɫɬавɥɟɧɨ ɭ виɝɥяɞі ɞіаɝɪаɦи ваɪіаɧɬів виɤɨɪиɫɬаɧɧя. Заɩɪɨɩɨɧɨваɧɨ ɬɪиɪівɧɟвɭ 
аɪɯіɬɟɤɬɭɪɭ ɞɥя іɧɮɨɪɦаɰіɣɧɨʀ ɫиɫɬɟɦи. Рɨɡɪɨɛɥɟɧɨ ɦɨɞɟɥь ɛаɡи ɞаɧиɯ ɞɥя ɡɛɟɪɟɠɟɧɧя іɧɮɨɪɦаɰіʀ ɳɨɞɨ ɤɥієɧɬів. Рɨɡɪɨɛɥɟ-
ɧɨ іɧɮɨɪɦаɰіɣɧɭ ɫиɫɬɟɦɭ ɞɥя виɡɧаɱɟɧɧя ɤɪɟɞиɬɧɨɝɨ ɪɟɣɬиɧɝɭ ɤɥієɧɬɭ ɧа ɨɫɧɨві виɤɨɪиɫɬаɧɧя ɪɨɡɪɨɛɥɟɧɨʀ ɫɤɨɪиɧɝɨвɨʀ 
ɦɨɞɟɥі. ɉɪɨвɟɞɟɧɨ ɱиɫɟɥьɧі ɞɨɫɥіɞɠɟɧɧя виɡɧаɱɟɧɧя ɤɥаɫɭ ɩɨɬɟɧɰіɣɧɨɝɨ ɤɪɟɞиɬɨɪа. ɉɪɨаɧаɥіɡɨваɧɨ ɩɪɨɰɟɫ виɡɧаɱɟɧɧя 
яɤɨɫɬі ɤɪɟɞиɬɧɨʀ ɞіяɥьɧɨɫɬі. Ɉɛɪаɧɨ ɩɨɤаɡɧиɤи яɤɨɫɬі виɡɧаɱɟɧɧя ɨɰіɧɤи ɤɪɟɞиɬɨɫɩɪɨɦɨɠɧɨɫɬі ɤɥієɧɬів. Заɩɪɨɩɨɧɨваɧɨ 
ɫɩɨɫіɛ ɪɨɡɪаɯɭɧɤɭ яɤɨɫɬі ɤɪɟɞиɬɧɨʀ ɞіяɥьɧɨɫɬі. 

Рɟзɭɥьɬаɬи. Рɨɡɪɨɛɥɟɧɨ ɫɤɨɪиɧɝɨвɭ ɦɨɞɟɥь, яɤа ɛɭɥа виɤɨɪиɫɬаɧа ɩɪи виɪішɟɧɧі ɨɰіɧɤи ɤɪɟɞиɬɨɫɩɪɨɦɨɠɧɨɫɬі ɤɥієɧɬів 
ɡа ɞɨɩɨɦɨɝɨɸ ɡаɩɪɨɩɨɧɨваɧɨʀ іɧɮɨɪɦаɰіɣɧɨʀ ɫиɫɬɟɦи. Дɨɫɥіɞɠɟɧɨ ɩɪɨɰɟɫ ɩіɞвиɳɟɧɧя яɤɨɫɬі ɨɰіɧɤи ɤɪɟɞиɬɧɨɝɨ ɪɟɣɬиɧɝɭ. 

Виɫɧɨвɤи. ɉɪɨвɟɞɟɧі ɟɤɫɩɟɪиɦɟɧɬи ɩіɞɬвɟɪɞиɥи ɡɧаɱиɦіɫɬь ɡаɩɪɨɩɨɧɨваɧɨʀ ɫɤɨɪиɧɝɨвɨʀ ɦɨɞɟɥі ɬа ɞɨɡвɨɥяɸɬь ɪɟɤɨɦɟ-
ɧɞɭваɬи ʀʀ ɞɥя виɤɨɪиɫɬаɧɧя ɧа ɩɪаɤɬиɰі ɞɥя аɧаɥіɡɭ ɩɪɨɰɟɫɭ ɤɪɟɞиɬɨɫɩɪɨɦɨɠɧɨɫɬі ɤɥієɧɬів. Наɭɤɨва ɧɨвиɡɧа ɩɨɥяɝає в 
ɭɞɨɫɤɨɧаɥɟɧɧі ɩɪɨɰɟɫɭ ɤɪɟɞиɬɧɨʀ ɞіяɥьɧɨɫɬі ɡа ɪаɯɭɧɨɤ авɬɨɦаɬиɡаɰіʀ виɤɨɪиɫɬаɧɧя ɧаʀвɧɨɝɨ ɤɥаɫиɮіɤаɬɨɪа Баɣєɫɭ, ɳɨ 
ɞɨɡвɨɥяє ɡɦɟɧшиɬи ɥɸɞɫьɤиɣ ɮаɤɬɨɪ ɩɪи ɩɪиɣɧяɬɬі ɪішɟɧь. 

ɄɅЮЧОВІ СɅОВА: ɫɤɨɪиɧɝɨва ɦɨɞɟɥь, ɡаɞаɱа ɤɥаɫиɮіɤаɰіʀ, ɧаʀвɧиɣ ɛаɣєɫівɫьɤиɣ ɤɥаɫиɮіɤаɬɨɪ, ɨɰіɧɤа ɤɪɟɞиɬɧɨɝɨ 
ɪɟɣɬиɧɝɭ, ɤɪɟɞиɬɭваɧɧя, ɩɨɡиɱаɥьɧиɤ, ɤɪɟɞиɬɨɪ, ɤɪɟɞиɬɨɫɩɪɨɦɨɠɧіɫɬь.  
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ɆОȾЕɅɂ  
Ɇɟɥьɧиɤ Ʉ. В. – ɤаɧɞиɞаɬ ɬɟɯɧиɱɟɫɤиɯ ɧаɭɤ, ɞɨɰɟɧɬ ɤаɮɟɞɪɵ ɉɪɨɝɪаɦɦɧɨɣ иɧɠɟɧɟɪии и иɧɮɨɪɦаɰиɨɧɧɵɯ ɬɟɯɧɨɥɨɝиɣ 

ɭɩɪавɥɟɧия, Наɰиɨɧаɥьɧɵɣ ɬɟɯɧиɱɟɫɤиɣ ɭɧивɟɪɫиɬɟɬ «Хаɪьɤɨвɫɤиɣ ɩɨɥиɬɟɯɧиɱɟɫɤиɣ иɧɫɬиɬɭɬ», Хаɪьɤɨв, Уɤɪаиɧа. 
Ȼɨɪиɫɨва ɇ. В. – ɤаɧɞиɞаɬ ɬɟɯɧиɱɟɫɤиɯ ɧаɭɤ, ɞɨɰɟɧɬ ɤаɮɟɞɪɵ иɧɬɟɥɥɟɤɬɭаɥьɧɵɯ ɤɨɦɩьɸɬɟɪɧɵɯ ɫиɫɬɟɦ, Наɰиɨɧаɥьɧɵɣ 

ɬɟɯɧиɱɟɫɤиɣ ɭɧивɟɪɫиɬɟɬ «Хаɪьɤɨвɫɤиɣ ɩɨɥиɬɟɯɧиɱɟɫɤиɣ иɧɫɬиɬɭɬ», Хаɪьɤɨв, Уɤɪаиɧа.  
АɇɇОɌАɐɂə 

Аɤɬɭаɥьɧɨɫɬь. Раɫɫɦɨɬɪɟɧа ɩɪɨɛɥɟɦа ɨɰɟɧɤи ɤɪɟɞиɬɨɫɩɨɫɨɛɧɨɫɬи ɤɥиɟɧɬа, ɤɨɬɨɪая ɩɪɟɞɫɬавɥяɟɬ ɫɨɛɨɣ ɨɞɧɨвɪɟɦɟɧ-
ɧɭɸ ɨɛɪаɛɨɬɤɭ ɞаɧɧɵɯ ɤɪɟɞиɬɨɪа ɪаɡɥиɱɧɨɣ ɩɪиɪɨɞɵ ɫ ɩɨɫɥɟɞɭɸɳиɦ ɨɩɪɟɞɟɥɟɧиɟɦ ɤɪɟɞиɬɧɨɝɨ ɪɟɣɬиɧɝа. Ɉɛɴɟɤɬɨɦ ɞаɧ-
ɧɨɝɨ иɫɫɥɟɞɨваɧия вɵɫɬɭɩаɥ ɩɪɨɰɟɫɫ ɤɪɟɞиɬɨваɧия ɮиɡиɱɟɫɤиɯ ɥиɰ ɤɪɟɞиɬɧɵɦи ɭɱɪɟɠɞɟɧияɦи. 

ɐɟɥь. Цɟɥьɸ ɪаɛɨɬɵ явɥяɟɬɫя иɫɫɥɟɞɨваɧиɟ ɩɪɨɰɟɫɫа ɩɨвɵшɟɧия ɤаɱɟɫɬва ɤɪɟɞиɬɧɨɣ ɞɟяɬɟɥьɧɨɫɬи ɡа ɫɱɟɬ ɪаɡɪаɛɨɬɤи и 
иɫɩɨɥьɡɨваɧия ɫɤɨɪиɧɝɨвɨɣ ɦɨɞɟɥи. 

Ɇɟɬɨɞ. ɉɪɨвɟɞɟɧ аɧаɥиɬиɱɟɫɤиɣ ɨɛɡɨɪ ɩɪɟɞɦɟɬɧɨɣ ɨɛɥаɫɬи. Раɡɪаɛɨɬаɧа ɦɨɞɟɥь ɛиɡɧɟɫ-ɩɪɨɰɟɫɫа ɨɰɟɧɤи ɤɪɟɞиɬɨɫɩɨ-
ɫɨɛɧɨɫɬи ɤɥиɟɧɬɨв в виɞɟ IDEF0 ɞиаɝɪаɦɦɵ. Вɵɞɟɥɟɧɵ ɝɪɭɩɩɵ ɩɨɤаɡаɬɟɥɟɣ, ɯаɪаɤɬɟɪиɡɭɸɳиɯ ɩɨɬɟɧɰиаɥьɧɨɝɨ ɤɪɟɞиɬɨɪа ɫ 
ɪаɡɧɵɯ ɫɬɨɪɨɧ. Ɉɩɪɟɞɟɥɟɧɵ ɧаɛɨɪɵ ɡɧаɱɟɧиɣ ɞɥя ɤаɠɞɨɝɨ ɩɨɤаɡаɬɟɥя ɤɪɟɞиɬɨɫɩɨɫɨɛɧɨɫɬи ɨɬɞɟɥьɧɨ. ɉɪɨаɧаɥиɡиɪɨваɧɵ 
ɦɟɬɨɞɵ ɪɟшɟɧия ɡаɞаɱи ɨɰɟɧɤи ɤɪɟɞиɬɨɫɩɨɫɨɛɧɨɫɬи ɤɥиɟɧɬɨв. Иɡɛɪаɧ ɧаивɧɵɣ ɤɥаɫɫиɮиɤаɬɨɪ Баɣɟɫа ɤаɤ ɦɟɬɨɞ ɪɟшɟɧия 
ɡаɞаɱи ɤɥаɫɫиɮиɤаɰии ɩɨɬɟɧɰиаɥьɧɵɯ ɤɪɟɞиɬɨɪɨв. ɉɪɨаɧаɥиɡиɪɨваɧɵ ɫɭɳɟɫɬвɭɸɳиɟ иɧɮɨɪɦаɰиɨɧɧɵɟ ɫиɫɬɟɦɵ ɞɥя ɨɰɟɧ-
ɤи ɤɪɟɞиɬɨɫɩɨɫɨɛɧɨɫɬи ɤɥиɟɧɬɨв. Раɡɪаɛɨɬаɧа ɫɤɨɪиɧɝɨвая ɦɨɞɟɥь ɨɰɟɧɤи ɤɪɟɞиɬɧɨɝɨ ɪɟɣɬиɧɝа ɤɥиɟɧɬа в виɞɟ аɥɝɨɪиɬɦа. 
Ɉɩɪɟɞɟɥɟɧ ɩɟɪɟɱɟɧь ɮɭɧɤɰиɨɧаɥьɧɵɯ вɨɡɦɨɠɧɨɫɬɟɣ иɧɮɨɪɦаɰиɨɧɧɨɣ ɫиɫɬɟɦɵ, ɩɪɟɞɫɬавɥɟɧɧɵɯ в виɞɟ ɞиаɝɪаɦɦɵ ваɪиаɧ-
ɬɨв иɫɩɨɥьɡɨваɧия. ɉɪɟɞɥɨɠɟɧа ɬɪɟɯɭɪɨвɧɟвая аɪɯиɬɟɤɬɭɪа иɧɮɨɪɦаɰиɨɧɧɨɣ ɫиɫɬɟɦɵ. Раɡɪаɛɨɬаɧа ɦɨɞɟɥь ɛаɡɵ ɞаɧɧɵɯ 
ɞɥя ɯɪаɧɟɧия иɧɮɨɪɦаɰии ɨ ɤɥиɟɧɬаɯ. Раɡɪаɛɨɬаɧа иɧɮɨɪɦаɰиɨɧɧая ɫиɫɬɟɦа ɞɥя ɨɩɪɟɞɟɥɟɧия ɤɪɟɞиɬɧɨɝɨ ɪɟɣɬиɧɝа ɤɥиɟɧɬɭ 
ɧа ɨɫɧɨвɟ иɫɩɨɥьɡɨваɧия ɩɪɟɞɥɨɠɟɧɧɨɣ ɫɤɨɪиɧɝɨвɨɣ ɦɨɞɟɥи. ɉɪɨвɟɞɟɧɵ ɱиɫɥɟɧɧɵɟ иɫɫɥɟɞɨваɧия ɨɩɪɟɞɟɥɟɧия ɤɥаɫɫа ɩɨ-
ɬɟɧɰиаɥьɧɨɝɨ ɤɪɟɞиɬɨɪа. ɉɪɨаɧаɥиɡиɪɨваɧ ɩɪɨɰɟɫɫ ɨɩɪɟɞɟɥɟɧия ɤаɱɟɫɬва ɤɪɟɞиɬɧɨɣ ɞɟяɬɟɥьɧɨɫɬи. Вɵɛɪаɧɵ ɩɨɤаɡаɬɟɥи 
ɤаɱɟɫɬва ɨɩɪɟɞɟɥɟɧия ɨɰɟɧɤи ɤɪɟɞиɬɨɫɩɨɫɨɛɧɨɫɬи ɤɥиɟɧɬɨв. ɉɪɟɞɥɨɠɟɧ ɫɩɨɫɨɛ ɪаɫɱɟɬа ɤаɱɟɫɬва ɤɪɟɞиɬɧɨɣ ɞɟяɬɟɥьɧɨɫɬи. 

Рɟзɭɥьɬаɬɵ. Раɡɪаɛɨɬаɧа ɫɤɨɪиɧɝɨвая ɦɨɞɟɥь, ɤɨɬɨɪая ɛɵɥа иɫɩɨɥьɡɨваɧа ɩɪи ɨɰɟɧɤɟ ɤɪɟɞиɬɨɫɩɨɫɨɛɧɨɫɬи ɤɥиɟɧɬɨв ɫ 
ɩɨɦɨɳьɸ ɩɪɟɞɥɨɠɟɧɧɨɣ иɧɮɨɪɦаɰиɨɧɧɨɣ ɫиɫɬɟɦɵ. Иɫɫɥɟɞɨваɧ ɩɪɨɰɟɫɫ ɩɨвɵшɟɧия ɤаɱɟɫɬва ɨɰɟɧɤи ɤɪɟɞиɬɧɨɝɨ ɪɟɣɬиɧɝа. 
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Вɵвɨɞɵ. ɉɪɨвɟɞɟɧɧɵɟ ɷɤɫɩɟɪиɦɟɧɬɵ ɩɨɞɬвɟɪɞиɥи ɡɧаɱиɦɨɫɬь ɩɪɟɞɥɨɠɟɧɧɨɣ ɫɤɨɪиɧɝɨвɨɣ ɦɨɞɟɥи и ɩɨɡвɨɥяɸɬ ɪɟɤɨ-

ɦɟɧɞɨваɬь ɟɟ ɞɥя иɫɩɨɥьɡɨваɧия ɧа ɩɪаɤɬиɤɟ ɞɥя аɧаɥиɡа ɩɪɨɰɟɫɫа ɤɪɟɞиɬɨɫɩɨɫɨɛɧɨɫɬи ɤɥиɟɧɬɨв. Наɭɱɧая ɧɨвиɡɧа ɡаɤɥɸ-
ɱаɟɬɫя в ɭɫɨвɟɪшɟɧɫɬвɨваɧии ɩɪɨɰɟɫɫа ɤɪɟɞиɬɧɨɣ ɞɟяɬɟɥьɧɨɫɬи ɡа ɫɱɟɬ авɬɨɦаɬиɡаɰии иɫɩɨɥьɡɨваɧия ɧаивɧɨɝɨ ɤɥаɫɫиɮи-
ɤаɬɨɪа Баɣɟɫа, ɱɬɨ ɩɨɡвɨɥяɟɬ ɭɦɟɧьшиɬь ɱɟɥɨвɟɱɟɫɤиɣ ɮаɤɬɨɪ ɩɪи ɩɪиɧяɬии ɪɟшɟɧиɣ. 

ɄɅЮЧЕВЫЕ СɅОВА: ɫɤɨɪиɧɝɨвая ɦɨɞɟɥь, ɡаɞаɱа ɤɥаɫɫиɮиɤаɰии, ɧаивɧɵɣ ɛаɣɟɫɨвɫɤиɣ ɤɥаɫɫиɮиɤаɬɨɪ, ɨɰɟɧɤа ɤɪɟ-
ɞиɬɧɨɝɨ ɪɟɣɬиɧɝɭ, ɤɪɟɞиɬɨваɧиɟ, ɡаɟɦɳиɤ, ɤɪɟɞиɬɨɪ, ɤɪɟɞиɬɨɫɩɨɫɨɛɧɨɫɬь.  
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АɇАɅɂɁ ȾВɍɏ СɂСɌЕɆ ɆАССОВОГО ОȻСɅɍɀɂВАɇɂə HE2/M/1 

С ОȻЫЧɇЫɆɂ ɂ СȾВɂɇɍɌЫɆɂ ВɏОȾɇЫɆɂ РАСɉРЕȾЕɅЕɇɂəɆɂ 
 
Ɍаɪаɫɨв В. ɇ. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɫɨɪ, ɡавɟɞɭɸɳиɣ ɤаɮɟɞɪɨɣ ɩɪɨɝɪаɦɦɧɨɝɨ ɨɛɟɫɩɟɱɟɧия и ɭɩɪавɥɟɧия 

в ɬɟɯɧиɱɟɫɤиɯ ɫиɫɬɟɦаɯ ɉɨвɨɥɠɫɤɨɝɨ ɝɨɫɭɞаɪɫɬвɟɧɧɨɝɨ ɭɧивɟɪɫиɬɟɬа ɬɟɥɟɤɨɦɦɭɧиɤаɰиɣ и иɧɮɨɪɦаɬиɤи,  
Рɨɫɫия. 

 
АɇɇОɌАɐɂə 

Аɤɬɭаɥьɧɨɫɬь. В ɬɟɨɪии ɦаɫɫɨвɨɝɨ ɨɛɫɥɭɠиваɧия иɫɫɥɟɞɨваɧия ɫиɫɬɟɦ G/M/1 и G/G/1 аɤɬɭаɥьɧɵ в ɫвяɡи ɫ ɬɟɦ, ɱɬɨ ɞɨ 
ɫиɯ ɩɨɪ ɧɟ ɫɭɳɟɫɬвɭɟɬ ɪɟшɟɧия в ɤɨɧɟɱɧɨɦ виɞɟ ɞɥя ɨɛɳɟɝɨ ɫɥɭɱая ɩɪи ɩɪɨиɡвɨɥьɧɵɯ ɡаɤɨɧаɯ ɪаɫɩɪɟɞɟɥɟɧиɣ вɯɨɞɧɨɝɨ 
ɩɨɬɨɤа и вɪɟɦɟɧи ɨɛɫɥɭɠиваɧия. Раɫɫɦɨɬɪɟɧа ɡаɞаɱа вɵвɨɞа ɪɟшɟɧия ɞɥя ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи ɨɠиɞаɧия в ɨɱɟɪɟɞи в ɡаɦɤɧɭ-
ɬɨɣ ɮɨɪɦɟ ɞɥя ɞвɭɯ ɫиɫɬɟɦ ɫ ɨɛɵɱɧɵɦи и ɫɨ ɫɞвиɧɭɬɵɦи ɝиɩɟɪɷɪɥаɧɝɨвɫɤиɦи и ɷɤɫɩɨɧɟɧɰиаɥьɧɵɦи вɯɨɞɧɵɦи ɪаɫɩɪɟɞɟ-
ɥɟɧияɦи.  

ɐɟɥь ɪаɛɨɬɵ. ɉɨɥɭɱɟɧиɟ ɪɟшɟɧия ɞɥя ɨɫɧɨвɧɨɣ ɯаɪаɤɬɟɪиɫɬиɤи ɫиɫɬɟɦɵ – ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи ɨɠиɞаɧия ɬɪɟɛɨваɧиɣ в 
ɨɱɟɪɟɞи ɞɥя ɞвɭɯ ɫиɫɬɟɦ ɦаɫɫɨвɨɝɨ ɨɛɫɥɭɠиваɧия ɬиɩа G/M/1 и G/G/1 ɫ ɨɛɵɱɧɵɦи и ɫɨ ɫɞвиɧɭɬɵɦи ɝиɩɟɪɷɪɥаɧɝɨвɫɤиɦи и 
ɷɤɫɩɨɧɟɧɰиаɥьɧɵɦи вɯɨɞɧɵɦи ɪаɫɩɪɟɞɟɥɟɧияɦи. 

Ɇɟɬɨɞ. Дɥя ɪɟшɟɧия ɩɨɫɬавɥɟɧɧɨɣ ɡаɞаɱи иɫɩɨɥьɡɨваɧ ɤɥаɫɫиɱɟɫɤиɣ ɦɟɬɨɞ ɫɩɟɤɬɪаɥьɧɨɝɨ ɪаɡɥɨɠɟɧия ɪɟшɟɧия иɧɬɟ-
ɝɪаɥьɧɨɝɨ ɭɪавɧɟɧия Лиɧɞɥи. Даɧɧɵɣ ɦɟɬɨɞ ɩɨɡвɨɥяɟɬ ɩɨɥɭɱиɬь ɪɟшɟɧиɟ ɞɥя ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи ɨɠиɞаɧия ɞɥя ɪаɫɫɦаɬɪи-
ваɟɦɵɯ ɫиɫɬɟɦ в ɡаɦɤɧɭɬɨɣ ɮɨɪɦɟ. Мɟɬɨɞ ɫɩɟɤɬɪаɥьɧɨɝɨ ɪаɡɥɨɠɟɧия ɪɟшɟɧия иɧɬɟɝɪаɥьɧɨɝɨ ɭɪавɧɟɧия Лиɧɞɥи иɝɪаɟɬ 
ваɠɧɭɸ ɪɨɥь в ɬɟɨɪии ɫиɫɬɟɦ G/G/1. Дɥя ɩɪаɤɬиɱɟɫɤɨɝɨ ɩɪиɦɟɧɟɧия ɩɨɥɭɱɟɧɧɵɯ ɪɟɡɭɥьɬаɬɨв иɫɩɨɥьɡɨваɧ иɡвɟɫɬɧɵɣ ɦɟɬɨɞ 
ɦɨɦɟɧɬɨв ɬɟɨɪии вɟɪɨяɬɧɨɫɬɟɣ. 

Рɟзɭɥьɬаɬɵ. Вɩɟɪвɵɟ ɩɨɥɭɱɟɧɵ ɫɩɟɤɬɪаɥьɧɵɟ ɪаɡɥɨɠɟɧия ɪɟшɟɧия иɧɬɟɝɪаɥьɧɨɝɨ ɭɪавɧɟɧия Лиɧɞɥи ɞɥя ɞвɭɯ ɫиɫɬɟɦ, 
ɫ ɩɨɦɨɳьɸ ɤɨɬɨɪɵɯ вɵвɟɞɟɧɵ ɪаɫɱɟɬɧɵɟ вɵɪаɠɟɧия ɞɥя ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи ɨɠиɞаɧия в ɨɱɟɪɟɞи в ɡаɦɤɧɭɬɨɣ ɮɨɪɦɟ.  

Вɵвɨɞɵ. ɉɨɥɭɱɟɧɵ ɫɩɟɤɬɪаɥьɧɵɟ ɪаɡɥɨɠɟɧия ɪɟшɟɧия иɧɬɟɝɪаɥьɧɨɝɨ ɭɪавɧɟɧия Лиɧɞɥи ɞɥя ɪаɫɫɦаɬɪиваɟɦɵɯ ɫиɫɬɟɦ 
и ɫ иɯ ɩɨɦɨɳьɸ вɵвɟɞɟɧɵ ɪаɫɱɟɬɧɵɟ вɵɪаɠɟɧия ɞɥя ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи ɨɠиɞаɧия в ɨɱɟɪɟɞи ɞɥя ɷɬиɯ ɫиɫɬɟɦ в ɡаɦɤɧɭɬɨɣ 
ɮɨɪɦɟ. Эɬи вɵɪаɠɟɧия ɪаɫшиɪяɸɬ и ɞɨɩɨɥɧяɸɬ иɡвɟɫɬɧɵɟ ɮɨɪɦɭɥɵ ɬɟɨɪии ɦаɫɫɨвɨɝɨ ɨɛɫɥɭɠиваɧия ɞɥя ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи 
ɨɠиɞаɧия ɞɥя ɫиɫɬɟɦ G/M/1 и G/G/1 ɫ ɩɪɨиɡвɨɥьɧɵɦи ɡаɤɨɧаɦи ɪаɫɩɪɟɞɟɥɟɧиɣ вɯɨɞɧɨɝɨ ɩɨɬɨɤа и вɪɟɦɟɧи ɨɛɫɥɭɠиваɧия. 
Таɤɨɣ ɩɨɞɯɨɞ ɩɨɡвɨɥяɟɬ ɪаɫɫɱиɬаɬь ɫɪɟɞɧɟɟ вɪɟɦя ɨɠиɞаɧия ɞɥя ɭɤаɡаɧɧɵɯ ɫиɫɬɟɦ в ɦаɬɟɦаɬиɱɟɫɤиɯ ɩаɤɟɬаɯ ɞɥя шиɪɨɤɨɝɨ 
ɞиаɩаɡɨɧа иɡɦɟɧɟɧия ɩаɪаɦɟɬɪɨв ɬɪаɮиɤа. Вɫɟ ɨɫɬаɥьɧɵɟ ɯаɪаɤɬɟɪиɫɬиɤи ɫиɫɬɟɦ явɥяɸɬɫя ɩɪɨиɡвɨɞɧɵɦи ɨɬ вɪɟɦɟɧи ɨɠи-
ɞаɧия. 

Кɪɨɦɟ ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи ɨɠиɞаɧия, ɬаɤɨɣ ɩɨɞɯɨɞ ɞаɟɬ вɨɡɦɨɠɧɨɫɬь ɨɩɪɟɞɟɥиɬь и ɦɨɦɟɧɬɵ вɵɫшиɯ ɩɨɪяɞɤɨв вɪɟɦɟɧи 
ɨɠиɞаɧия. Уɱиɬɵвая ɬɨɬ ɮаɤɬ, ɱɬɨ ваɪиаɰия ɡаɞɟɪɠɤи ɩаɤɟɬɨв (ɞɠиɬɬɟɪ) в ɬɟɥɟɤɨɦɦɭɧиɤаɰияɯ ɨɩɪɟɞɟɥяɟɬɫя ɤаɤ ɪаɡɛɪɨɫ 
вɪɟɦɟɧи ɨɠиɞаɧия ɨɬ ɟɝɨ ɫɪɟɞɧɟɝɨ ɡɧаɱɟɧия, ɬɨ ɞɠиɬɬɟɪ ɦɨɠɧɨ ɛɭɞɟɬ ɨɩɪɟɞɟɥиɬь ɱɟɪɟɡ ɞиɫɩɟɪɫиɸ вɪɟɦɟɧи ɨɠиɞаɧия.  

ɄɅЮЧЕВЫЕ СɅОВА: ɝиɩɟɪɷɪɥаɧɝɨвɫɤиɣ и ɷɤɫɩɨɧɟɧɰиаɥьɧɵɣ ɡаɤɨɧɵ ɪаɫɩɪɟɞɟɥɟɧия, иɧɬɟɝɪаɥьɧɨɟ ɭɪавɧɟɧиɟ Лиɧɞ-
ɥи, ɦɟɬɨɞ ɫɩɟɤɬɪаɥьɧɨɝɨ ɪаɡɥɨɠɟɧия, ɩɪɟɨɛɪаɡɨваɧиɟ Лаɩɥаɫа. 

 
СОɄРАЩЕɇɂə 

ИУЛ – иɧɬɟɝɪаɥьɧɨɟ ɭɪавɧɟɧиɟ Лиɧɞɥи; 
ɋМɈ – ɫиɫɬɟɦа ɦаɫɫɨвɨɝɨ ɨɛɫɥɭɠиваɧия; 
ФРВ – ɮɭɧɤɰия ɪаɫɩɪɟɞɟɥɟɧия вɟɪɨяɬɧɨɫɬɟɣ. 

 
ɇОɆЕɇɄɅАɌɍРА 

a(t) – ɮɭɧɤɰия ɩɥɨɬɧɨɫɬи ɪаɫɩɪɟɞɟɥɟɧия иɧɬɟɪва-
ɥɨв ɦɟɠɞɭ ɩɨɫɬɭɩɥɟɧияɦи ɬɪɟɛɨваɧиɣ; ( )A s∗  – ɩɪɟɨɛɪаɡɨваɧиɟ Лаɩɥаɫа ɮɭɧɤɰии a(t); 

b(t) – ɮɭɧɤɰия ɩɥɨɬɧɨɫɬи ɪаɫɩɪɟɞɟɥɟɧия вɪɟɦɟɧи 
ɨɛɫɥɭɠиваɧия; ( )B s∗  – ɩɪɟɨɛɪаɡɨваɧиɟ Лаɩɥаɫа ɮɭɧɤɰии b(t); 

cλ  – ɤɨɷɮɮиɰиɟɧɬ ваɪиаɰии иɧɬɟɪваɥɨв ɩɨɫɬɭɩ-
ɥɟɧиɣ ɬɪɟɛɨваɧиɣ; 

cμ  – ɤɨɷɮɮиɰиɟɧɬ ваɪиаɰии вɪɟɦɟɧи ɨɛɫɥɭɠива-
ɧия; 

WD  – ɞиɫɩɟɪɫия вɪɟɦɟɧи ɨɠиɞаɧия; HE2 – ɝиɩɟɪɷɪɥаɧɝɨвɫɤɨɟ ɪаɫɩɪɟɞɟɥɟɧиɟ вɬɨɪɨɝɨ   
ɩɨɪяɞɤа; 2HE−  – ɫɞвиɧɭɬɨɟ ɝиɩɟɪɷɪɥаɧɝɨвɫɤɨɟ ɪаɫɩɪɟɞɟɥɟ-

ɧиɟ вɬɨɪɨɝɨ ɩɨɪяɞɤа; G – ɩɪɨиɡвɨɥьɧɵɣ ɡаɤɨɧ ɪаɫɩɪɟɞɟɥɟɧия; M – ɷɤɫɩɨɧɟɧɰиаɥьɧɵɣ ɡаɤɨɧ ɪаɫɩɪɟɞɟɥɟɧия; M−  – ɫɞвиɧɭɬɵɣ ɷɤɫɩɨɧɟɧɰиаɥьɧɵɣ ɡаɤɨɧ ɪаɫɩɪɟ-
ɞɟɥɟɧия; 

W  – ɫɪɟɞɧɟɟ вɪɟɦя ɨɠиɞаɧия в ɨɱɟɪɟɞи; *( )W s  – ɩɪɟɨɛɪаɡɨваɧиɟ Лаɩɥаɫа ɮɭɧɤɰии ɩɥɨɬɧɨ-
ɫɬи вɪɟɦɟɧи ɨɠиɞаɧия; 

( )W y  – ФРВ вɪɟɦɟɧи ɨɠиɞаɧия ɬɪɟɛɨваɧия в ɨɱɟ-
ɪɟɞи; 

z – ɥɸɛɨɟ ɱиɫɥɨ иɡ иɧɬɟɪваɥа (–1, 1); 
λ  – иɧɬɟɧɫивɧɨɫɬь вɯɨɞɧɨɝɨ ɩɨɬɨɤа; 1λ  – ɩɟɪвɵɣ ɩаɪаɦɟɬɪ ɝиɩɟɪɷɪɥаɧɝɨвɫɤɨɝɨ ɪаɫɩɪɟ-

ɞɟɥɟɧия вɯɨɞɧɨɝɨ ɩɨɬɨɤа; 2λ  – вɬɨɪɨɣ ɩаɪаɦɟɬɪ ɝиɩɟɪɷɪɥаɧɝɨвɫɤɨɝɨ ɪаɫɩɪɟ-
ɞɟɥɟɧия вɯɨɞɧɨɝɨ ɩɨɬɨɤа; 

μ  – иɧɬɟɧɫивɧɨɫɬь ɨɛɫɥɭɠиваɧия и ɩаɪаɦɟɬɪ ɷɤɫ-
ɩɨɧɟɧɰиаɥьɧɨɝɨ ɪаɫɩɪɟɞɟɥɟɧия; 
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ρ  – ɤɨɷɮɮиɰиɟɧɬ ɡаɝɪɭɡɤи ɫиɫɬɟɦɵ; 
λτ  – ɫɪɟɞɧиɣ иɧɬɟɪваɥ ɦɟɠɞɭ ɩɨɫɬɭɩɥɟɧияɦи ɬɪɟ-

ɛɨваɧиɣ; 2
λτ  – вɬɨɪɨɣ ɧаɱаɥьɧɵɣ ɦɨɦɟɧɬ иɧɬɟɪваɥа ɦɟɠɞɭ 

ɩɨɫɬɭɩɥɟɧияɦи ɬɪɟɛɨваɧиɣ; 
μτ  – ɫɪɟɞɧɟɟ вɪɟɦя ɨɛɫɥɭɠиваɧия; 2
μτ  – вɬɨɪɨɣ ɧаɱаɥьɧɵɣ ɦɨɦɟɧɬ вɪɟɦɟɧи ɨɛɫɥɭɠи-

ваɧия; ( )s+Φ  – ɩɪɟɨɛɪаɡɨваɧиɟ Лаɩɥаɫа ФРВ вɪɟɦɟɧи 
ɨɠиɞаɧия; 

( )ψ s+  – ɩɟɪвая ɤɨɦɩɨɧɟɧɬа ɫɩɟɤɬɪаɥьɧɨɝɨ ɪаɡɥɨ-
ɠɟɧия; 

( )s−ψ  – вɬɨɪая ɤɨɦɩɨɧɟɧɬа ɫɩɟɤɬɪаɥьɧɨɝɨ ɪаɡɥɨ-
ɠɟɧия. 

 
ВВЕȾЕɇɂЕ 

Наɫɬɨяɳая ɫɬаɬья ɩɨɫвяɳɟɧа аɧаɥиɡɭ ɋМɈ HE2/M/1 ɫ ɨɛɵɱɧɵɦи и ɫɨ ɫɞвиɧɭɬɵɦи ɝиɩɟɪɷɪɥаɧ-
ɝɨвɫɤиɦи (HE2) и ɷɤɫɩɨɧɟɧɰиаɥьɧɵɦи (M) вɯɨɞɧɵɦи 
ɪаɫɩɪɟɞɟɥɟɧияɦи. В ɨɬɤɪɵɬɨɦ ɞɨɫɬɭɩɟ авɬɨɪɭ ɧɟ ɭɞа-
ɥɨɫь ɨɛɧаɪɭɠиɬь ɪɟɡɭɥьɬаɬɵ ɞɥя ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи 
ɨɠиɞаɧия ɬɪɟɛɨваɧиɣ в ɨɱɟɪɟɞи в ɬаɤиɯ ɋМɈ. Каɤ 
иɡвɟɫɬɧɨ иɡ ɬɟɨɪии ɦаɫɫɨвɨɝɨ ɨɛɫɥɭɠиваɧия, ɫɪɟɞɧɟɟ 
вɪɟɦя ɨɠиɞаɧия явɥяɟɬɫя ɝɥавɧɨɣ ɯаɪаɤɬɟɪиɫɬиɤɨɣ 
ɞɥя ɥɸɛɵɯ ɋМɈ. ɉɨ ɷɬɨɣ ɯаɪаɤɬɟɪиɫɬиɤɟ, ɧаɩɪиɦɟɪ, 
ɨɰɟɧиваɸɬ ɡаɞɟɪɠɤи ɩаɤɟɬɨв в ɫɟɬяɯ ɩаɤɟɬɧɨɣ ɤɨɦɦɭ-
ɬаɰии ɩɪи иɯ ɦɨɞɟɥиɪɨваɧии ɫ ɩɨɦɨɳьɸ ɋМɈ. Раɫ-
ɫɦаɬɪиваɟɦая ɋМɈ ɫ ɨɛɵɱɧɵɦи вɯɨɞɧɵɦи ɪаɫɩɪɟɞɟ-
ɥɟɧияɦи HE2/M/1 ɨɬɧɨɫиɬɫя ɤ ɬиɩɭ G/M/1, а ɋМɈ ɫɨ 
ɫɞвиɧɭɬɵɦи ɪаɫɩɪɟɞɟɥɟɧияɦи ɨɬɧɨɫиɬɫя ɤ ɬиɩɭ G/G/1. 
В ɬɟɨɪии ɦаɫɫɨвɨɝɨ ɨɛɫɥɭɠиваɧия иɫɫɥɟɞɨваɧия 

ɫиɫɬɟɦ G/M/1 и G/G/1 аɤɬɭаɥьɧɵ в ɫвяɡи ɫ ɬɟɦ, ɱɬɨ 
ɨɧи аɤɬивɧɨ иɫɩɨɥьɡɭɸɬɫя в ɫɨвɪɟɦɟɧɧɨɣ ɬɟɨɪии ɬɟ-
ɥɟɬɪаɮиɤа, ɤ ɬɨɦɭ ɠɟ ɞɨ ɫиɯ ɩɨɪ ɧɟ ɫɭɳɟɫɬвɭɟɬ ɪɟшɟ-
ɧия ɞɥя ɬаɤиɯ ɫиɫɬɟɦ в ɤɨɧɟɱɧɨɦ виɞɟ ɞɥя ɨɛɳɟɝɨ 
ɫɥɭɱая.  
В иɫɫɥɟɞɨваɧии ɫиɫɬɟɦ G/G/1 ваɠɧɭɸ ɪɨɥь иɝɪаɟɬ 

ɦɟɬɨɞ ɫɩɟɤɬɪаɥьɧɨɝɨ ɪаɡɥɨɠɟɧия ɪɟшɟɧия иɧɬɟɝɪаɥь-
ɧɨɝɨ ɭɪавɧɟɧия Лиɧɞɥи и ɛɨɥьшиɧɫɬвɨ ɪɟɡɭɥьɬаɬɨв в 
ɬɟɨɪии ɦаɫɫɨвɨɝɨ ɨɛɫɥɭɠиваɧия ɩɨɥɭɱɟɧɵ иɦɟɧɧɨ ɫ 
ɩɨɦɨɳьɸ ɞаɧɧɨɝɨ ɦɟɬɨɞа. 
Оɛɴɟɤɬɨɦ иɫɫɥɟɞɨваɧия явɥяɟɬɫя ɋМɈ ɬиɩа G/M/1 и G/G/1. 
ɉɪɟɞɦɟɬɨɦ иɫɫɥɟɞɨваɧия явɥяɟɬɫя ɫɪɟɞɧɟɟ вɪɟɦя 

ɨɠиɞаɧия в ɫиɫɬɟɦаɯ HE2/M/1 и 1/M/HE --2 . 
ɐɟɥью ɪаɛɨɬɵ явɥяɟɬɫя ɩɨɥɭɱɟɧиɟ ɪɟшɟɧия в 

ɡаɦɤɧɭɬɨɣ ɮɨɪɦɟ ɞɥя ɨɫɧɨвɧɨɣ ɯаɪаɤɬɟɪиɫɬиɤи ɫиɫ-
ɬɟɦɵ – ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи ɨɠиɞаɧия ɬɪɟɛɨваɧиɣ в ɨɱɟ-
ɪɟɞи ɞɥя вɵшɟɩɟɪɟɱиɫɥɟɧɧɵɯ ɋМɈ.  

 
1 ɉОСɌАɇОВɄА ɁАȾАЧɂ 

В ɪаɛɨɬɟ авɬɨɪа [1] вɩɟɪвɵɟ ɩɪивɟɞɟɧɵ ɪɟɡɭɥьɬаɬɵ 
ɩɨ иɫɫɥɟɞɨваɧиɸ ɫиɫɬɟɦ ɫ ɝиɩɟɪɷɤɫɩɨɧɟɧɰиаɥьɧɵɦи 
и ɷɤɫɩɨɧɟɧɰиаɥьɧɵɦи вɯɨɞɧɵɦи ɪаɫɩɪɟɞɟɥɟɧияɦи, 

ɩɨɥɭɱɟɧɧɵɟ ɫ ɩɨɦɨɳьɸ ɦɟɬɨɞа ɫɩɟɤɬɪаɥьɧɨɝɨ ɪаɡɥɨ-
ɠɟɧия ɪɟшɟɧия иɧɬɟɝɪаɥьɧɨɝɨ ɭɪавɧɟɧия Лиɧɞɥи (ИУЛ). Рɟɡɭɥьɬаɬɵ ɪаɛɨɬɵ [1] ɩɨɡвɨɥяɸɬ ɪаɡвиɬь ɬɟɨ-
ɪиɸ ɞаɧɧɨɝɨ ɦɟɬɨɞа ɬаɤɠɟ ɧа ɝиɩɟɪɷɪɥаɧɝɨвɫɤɨɟ ɪаɫ-
ɩɪɟɞɟɥɟɧиɟ. 
Ɉɞɧа иɡ ɮɨɪɦ иɧɬɟɝɪаɥьɧɨɝɨ ɭɪавɧɟɧия Лиɧɞɥи 

вɵɝɥяɞиɬ ɬаɤ [2, 3]:  
( ) ( ) ( )d , 0;0, 0.y
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ɉɪи ɤɪаɬɤɨɦ иɡɥɨɠɟɧии ɦɟɬɨɞа ɫɩɟɤɬɪаɥьɧɨɝɨ 

ɪаɡɥɨɠɟɧия ɪɟшɟɧия ИУЛ ɛɭɞɟɦ ɩɪиɞɟɪɠиваɬьɫя 
ɩɨɞɯɨɞа и ɫиɦвɨɥиɤи авɬɨɪа ɤɥаɫɫиɤи ɬɟɨɪии ɦаɫɫɨ-
вɨɝɨ ɨɛɫɥɭɠиваɧия [2]. ɋɭɬь ɪɟшɟɧия ИУЛ ɦɟɬɨɞɨɦ 
ɫɩɟɤɬɪаɥьɧɨɝɨ ɪаɡɥɨɠɟɧия ɫɨɫɬɨиɬ в ɧаɯɨɠɞɟɧии ɡа-
ɤɨɧа ɪаɫɩɪɟɞɟɥɟɧия вɪɟɦɟɧи ɨɠиɞаɧия ɱɟɪɟɡ ɫɥɟ-
ɞɭɸɳɟɟ ɫɩɟɤɬɪаɥьɧɨɟ ɪаɡɥɨɠɟɧиɟ: 

( ) ( ) ( ) ( )* * 1 /A s B s s s+ −− ⋅ − = ψ ψ , ɝɞɟ ( )ψ s+  и ( )ψ s−  
ɧɟɤɨɬɨɪɵɟ ɪаɰиɨɧаɥьɧɵɟ ɮɭɧɤɰии ɨɬ s, ɤɨɬɨɪɵɟ ɦɨɠ-
ɧɨ ɪаɡɥɨɠиɬь ɧа ɦɧɨɠиɬɟɥи. Фɭɧɤɰии ( )s+ψ  и ( )s−ψ  
ɞɨɥɠɧɵ ɭɞɨвɥɟɬвɨɪяɬь ɫɥɟɞɭɸɳиɦ ɭɫɥɨвияɦ ɫɨɝɥаɫ-
ɧɨ [2]: – ɞɥя ( )Re s 0>  ɮɭɧɤɰия ( )s+ψ  явɥяɟɬɫя аɧаɥи-
ɬиɱɟɫɤɨɣ ɛɟɡ ɧɭɥɟɣ в ɷɬɨɣ ɩɨɥɭɩɥɨɫɤɨɫɬи; – ɞɥя ( )Re s D<  ɮɭɧɤɰия ( )s−ψ  явɥяɟɬɫя аɧа-
ɥиɬиɱɟɫɤɨɣ ɛɟɡ ɧɭɥɟɣ в ɷɬɨɣ ɩɨɥɭɩɥɨɫɤɨɫɬи, ɝɞɟ 
D – ɧɟɤɨɬɨɪая ɩɨɥɨɠиɬɟɥьɧая ɤɨɧɫɬаɧɬа, ɨɩɪɟ-
ɞɟɥяɟɦая иɡ ɭɫɥɨвия: ( )lim

Dtt

a t

e−→∞
< ∞ . (1) 

Кɪɨɦɟ ɬɨɝɨ, ɮɭɧɤɰии ( )s+ψ  и ( )s−ψ  ɞɨɥɠɧɵ 
ɭɞɨвɥɟɬвɨɪяɬь ɫɥɟɞɭɸɳиɦ ɭɫɥɨвияɦ: 

( )
( )s ,Re 0 ψlim 1;

s

s

s
+

→∞ >
=  

( )
( ),Re ψlim 1

s s D

s

s
−

→∞ <
= − .  (2) 

В ɪаɛɨɬɟ ɫɬавиɬɫя ɡаɞаɱа ɧаɯɨɠɞɟɧия ɪɟшɟɧия ɞɥя 
вɪɟɦɟɧи ɨɠиɞаɧия ɬɪɟɛɨваɧиɣ в ɨɱɟɪɟɞи в ɋМɈ HE2/M/1 и 1/M/HE --2 . Дɥя ɪɟшɟɧия ɡаɞаɱи ɧɟɨɛɯɨ-
ɞиɦɨ вɧаɱаɥɟ ɩɨɫɬɪɨиɬь ɞɥя ɭɤаɡаɧɧɵɯ ɫиɫɬɟɦ ɫɩɟɤ-
ɬɪаɥьɧɵɟ ɪаɡɥɨɠɟɧия виɞа 

( ) ( ) ( ) ( )* * 1 /A s B s s s+ −− ⋅ − = ψ ψ  ɫ ɭɱɟɬɨɦ ɭɫɥɨвиɣ (1), (2) в ɤаɠɞɨɦ ɫɥɭɱаɟ.  
2 ɅɂɌЕРАɌɍРɇЫɃ ОȻɁОР 

Мɟɬɨɞ ɫɩɟɤɬɪаɥьɧɨɝɨ ɪаɡɥɨɠɟɧия ɪɟшɟɧия иɧɬɟ-
ɝɪаɥьɧɨɝɨ ɭɪавɧɟɧия Лиɧɞɥи вɩɟɪвɵɟ ɩɨɞɪɨɛɧɨ ɩɪɟɞ-
ɫɬавɥɟɧ в ɤɥаɫɫиɤɟ ɬɟɨɪии ɦаɫɫɨвɨɝɨ ɨɛɫɥɭɠиваɧия [2], а вɩɨɫɥɟɞɫɬвии ɩɪиɦɟɧяɥɫя вɨ ɦɧɨɝиɯ ɪаɛɨɬаɯ, 
вɤɥɸɱая [3,4]. Аɧаɥɨɝиɱɧɵɣ ɩɨɞɯɨɞ ɤ ɪɟшɟɧиɸ ИУЛ 
иɫɩɨɥьɡɨваɧ в [5]. Зɞɟɫь вɦɟɫɬɨ ɬɟɪɦиɧа «ɫɩɟɤɬɪаɥь-
ɧɨɟ ɪаɡɥɨɠɟɧиɟ» иɫɩɨɥьɡɨваɧа ɮаɤɬɨɪиɡаɰия, а вɦɟ-
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ɫɬɨ ɮɭɧɤɰиɣ ( )sψ+  и ( )sψ−  – ɤɨɦɩɨɧɟɧɬɵ ɮаɤɬɨɪи-
ɡаɰии ( ),z t+ω  и ( ),z t−ω  ɮɭɧɤɰии 1 ( )z t− ⋅χ . 
Таɤɨɣ ɩɨɞɯɨɞ ɞɥя ɩɨɥɭɱɟɧия ɤɨɧɟɱɧɵɯ ɪɟɡɭɥьɬа-

ɬɨв ɞɥя ɪаɫɫɦаɬɪиваɟɦɵɯ ɫиɫɬɟɦ ɦɟɧɟɟ ɭɞɨɛɟɧ, ɱɟɦ 
ɩɨɞɯɨɞ, ɨɩиɫаɧɧɵɣ в [2] и ɩɪɨиɥɥɸɫɬɪиɪɨваɧɧɵɣ 
ɦɧɨɝɨɱиɫɥɟɧɧɵɦи ɩɪиɦɟɪаɦи. 
В ɪаɛɨɬɟ [6] авɬɨɪа вɩɟɪвɵɟ ɩɪɟɞɫɬавɥɟɧɵ ɪɟɡɭɥь-

ɬаɬɵ аɧаɥиɡа ɋМɈ ɫɨ ɫɞвиɧɭɬɵɦи ɷɤɫɩɨɧɟɧɰиаɥьɧɵ-
ɦи ɪаɫɩɪɟɞɟɥɟɧияɦи. 
ɉɪаɤɬиɱɟɫɤɨɟ ɩɪиɦɟɧɟɧиɟ ɦɟɬɨɞа ɫɩɟɤɬɪаɥьɧɨɝɨ 

ɪаɡɥɨɠɟɧия ɪɟшɟɧия ИУЛ ɞɥя иɫɫɥɟɞɨваɧия ɫиɫɬɟɦ ɫ 
ɝиɩɟɪɷɤɫɩɨɧɟɧɰиаɥьɧɵɦи и ɷɤɫɩɨɧɟɧɰиаɥьɧɵɦи 
вɯɨɞɧɵɦи ɪаɫɩɪɟɞɟɥɟɧияɦи ɩɨɤаɡаɧɨ в ɪаɛɨɬаɯ [7–9]. 
В ɬɨ ɠɟ вɪɟɦя, ɧаɭɱɧɨɣ ɥиɬɟɪаɬɭɪɟ, вɤɥɸɱая web-
ɪɟɫɭɪɫɵ, авɬɨɪɭ ɧɟ ɭɞаɥɨɫь ɨɛɧаɪɭɠиɬь ɪɟɡɭɥьɬаɬɵ ɩɨ 
вɪɟɦɟɧи ɨɠиɞаɧия ɞɥя ɋМɈ ɫ ɷɤɫɩɨɧɟɧɰиаɥьɧɵɦи и 
ɝиɩɟɪɷɪɥаɧɝɨвɫɤиɦи вɯɨɞɧɵɦи ɪаɫɩɪɟɞɟɥɟɧияɦи 2-ɝɨ 
ɩɨɪяɞɤа ɨɛɳɟɝɨ виɞа.  
Аɩɩɪɨɤɫиɦаɬивɧɵɟ ɦɟɬɨɞɵ ɨɬɧɨɫиɬɟɥьɧɨ ɡаɤɨɧɨв 

ɪаɫɩɪɟɞɟɥɟɧиɣ ɩɨɞɪɨɛɧɨ ɨɩиɫаɧɵ в ɪаɛɨɬаɯ [11–13], а 
ɩɨɯɨɠиɟ иɫɫɥɟɞɨваɧия в ɬɟɨɪии ɦаɫɫɨвɨɝɨ ɨɛɫɥɭɠи-
ваɧия в ɩɨɫɥɟɞɧɟɟ вɪɟɦя ɩɪɨвɟɞɟɧɵ в [14–17]  

3 ɆАɌЕРɂАɅЫ ɂ ɆЕɌОȾЫ 
Дɥя ɫиɫɬɟɦɵ HE2/M/1 ɡаɤɨɧɵ ɪаɫɩɪɟɞɟɥɟɧия иɧ-

ɬɟɪваɥɨв вɯɨɞɧɨɝɨ ɩɨɬɨɤа и вɪɟɦɟɧи ɨɛɫɥɭɠиваɧия 
ɡаɞаɸɬɫя ɮɭɧɤɰияɦи ɩɥɨɬɧɨɫɬи виɞа:  

( ) ( ) tt teptepta 21 222221 144 λ−λ− λ−+λ= ,             (3) 
( ) tetb μ−μ= .                               (4)  

Рɟшɟɧиɟ ɞɥя ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи ɨɠиɞаɧия ɞɥя ɫиɫ-
ɬɟɦɵ HE2/M/1 ɛɭɞɟɦ ɫɬɪɨиɬь ɧа ɨɫɧɨвɟ ɤɥаɫɫиɱɟɫɤɨɝɨ 
ɦɟɬɨɞа ɫɩɟɤɬɪаɥьɧɨɝɨ ɪаɡɥɨɠɟɧия ɪɟшɟɧия ИУЛ, ɤаɤ 
ɷɬɨ ɩɨɤаɡаɧɨ в [6–9]. Таɤɨɣ ɩɨɞɯɨɞ ɩɨɡвɨɥяɟɬ ɨɩɪɟɞɟ-
ɥиɬь ɧɟ ɬɨɥьɤɨ ɫɪɟɞɧɟɟ вɪɟɦя ɨɠиɞаɧия, ɧɨ и ɦɨɦɟɧ-
ɬɵ вɵɫшиɯ ɩɨɪяɞɤɨв вɪɟɦɟɧи ɨɠиɞаɧия. ɋ ɭɱɟɬɨɦ 
ɨɩɪɟɞɟɥɟɧия ваɪиаɰии ɡаɞɟɪɠɤи – ɞɠиɬɬɟɪа в ɬɟɥɟ-
ɤɨɦɦɭɧиɤаɰияɯ ɤаɤ ɪаɡɛɪɨɫ вɪɟɦɟɧи ɨɠиɞаɧия ɨɬ ɟɝɨ 
ɫɪɟɞɧɟɝɨ ɡɧаɱɟɧия [10], ɬɟɦ ɫаɦɵɦ ɩɨɥɭɱиɦ вɨɡɦɨɠ-
ɧɨɫɬь ɨɩɪɟɞɟɥɟɧия ɞɠиɬɬɟɪа ɱɟɪɟɡ ɞиɫɩɟɪɫиɸ вɪɟɦɟ-
ɧи ɨɠиɞаɧия. 
ɉɪɟɨɛɪаɡɨваɧия Лаɩɥаɫа ɮɭɧɤɰиɣ (3) и (4) ɛɭɞɭɬ 

ɫɨɨɬвɟɬɫɬвɟɧɧɨ:  
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Тɨɝɞа ɫɩɟɤɬɪаɥьɧɨɟ ɪаɡɥɨɠɟɧиɟ ɪɟшɟɧия ИУЛ 

ɞɥя ɫиɫɬɟɦɵ HE2/M/1 ( ) ( ) ( ) ( )sssBsA −+ ψψ=−⋅− /1**  
ɩɪиɦɟɬ виɞ:  
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Вɵɪаɠɟɧиɟ, ɫɬɨяɳɟɟ в ɤваɞɪаɬɧɵɯ ɫɤɨɛɤаɯ, ɩɪɟɞ-
ɫɬавиɦ в виɞɟ:   
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ɝɞɟ ɩɪɨɦɟɠɭɬɨɱɧɵɟ ɩаɪаɦɟɬɪɵ 22210 16 λλ=a , 
( ) ]1[16 21211 λ−+λλλ= ppa , ( ) ]1[4 22212 λ−+λ= ppa .   

ɉɪɨɞɨɥɠая ɪаɡɥɨɠɟɧиɟ, ɩɨɥɭɱиɦ:  
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Ɉɤɨɧɱаɬɟɥьɧɨ, ɫɩɟɤɬɪаɥьɧɨɟ ɪаɡɥɨɠɟɧиɟ ɪɟшɟɧия 

ИУЛ ɞɥя ɫиɫɬɟɦɵ HE2/M/1 иɦɟɟɬ виɞ:  
( )
( ) ( ) ( ) )(22 ))()()(( 2221 4321
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+ .         (5)  
Мɧɨɝɨɱɥɟɧ ɱɟɬвɟɪɬɨɣ ɫɬɟɩɟɧи в ɱиɫɥиɬɟɥɟ ɪаɡɥɨ-

ɠɟɧия 0122334 cscscscs ++++                       (6)  
ɫ ɤɨɷɮɮиɰиɟɧɬаɦи: )]([16 21212110 λ+λμ−λλλλ+μ=ac , 

μ−λ+λλλ−λ+λλ+λμ= 221212221211 )(16)4(4 ac , )(416)(4 212122212 λ+λμ−λλ+λ+λ=c , )(4 213 λ+λ−μ=c  
иɦɟɟɬ ɨɞиɧ ɞɟɣɫɬвиɬɟɥьɧɵɣ ɨɬɪиɰаɬɟɥьɧɵɣ ɤɨɪɟɧь и 
ɬɪи ɩɨɥɨɠиɬɟɥьɧɵɯ ɤɨɪɧя (ɥиɛɨ вɦɟɫɬɨ ɩɨɫɥɟɞɧиɯ 
ɨɞиɧ ɞɟɣɫɬвиɬɟɥьɧɵɣ ɩɨɥɨɠиɬɟɥьɧɵɣ и ɞва ɤɨɦ-
ɩɥɟɤɫɧɨ ɫɨɩɪяɠɟɧɧɵɯ ɫ ɩɨɥɨɠиɬɟɥьɧɨɣ вɟɳɟɫɬвɟɧ-
ɧɨɣ ɱаɫɬьɸ). Иɫɫɥɟɞɨваɧиɟ ɡɧаɤа ɦɥаɞшɟɝɨ ɤɨɷɮɮи-
ɰиɟɧɬа 0c  ɩɨɤаɡɵваɟɬ, ɱɬɨ 00 <c  вɫɟɝɞа в ɫɥɭɱаɟ ɫɬа-
ɛиɥьɧɨɣ ɫиɫɬɟɦɵ, ɤɨɝɞа 10 <ρ< . Эɬɨ ɬаɤɠɟ ɩɨɞɬвɟɪ-
ɠɞаɟɬ ɩɪɟɞɩɨɥɨɠɟɧиɟ ɨ ɧаɥиɱии ɬаɤиɯ ɤɨɪɧɟɣ ɦɧɨɝɨ-
ɱɥɟɧа. 
Даɥɟɟ, ɫ ɭɱɟɬɨɦ ɭɫɥɨвиɣ (1) и (2) ɫɬɪɨиɦ ɪаɰиɨ-

ɧаɥьɧɵɟ ɮɭɧɤɰии ( )s+ψ  и ( )s−ψ : 
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)/()()( 1 sssss +μ+=ψ + , ɬ.ɤ. ɧɭɥи ɦɧɨɝɨɱɥɟɧа (6): 0=s , 1ss −= , и ɩɨɥɸɫ μ−=s  ɥɟɠаɬ в ɨɛɥаɫɬи Re( 0)s ≤ , а ɡа ɮɭɧɤɰиɸ 

( ) ( ) ))()(( 22)( 432 2221
ssssss

sss
−−−
−λ−λ

−=ψ− , ɬ. ɤ. ɟɟ ɧɭɥи и ɩɨɥɸɫɵ 
ɥɟɠаɬ в ɨɛɥаɫɬи ( )Re s D< , ɨɩɪɟɞɟɥɟɧɧɨɣ ɭɫɥɨвиɟɦ (1). Вɵɩɨɥɧɟɧиɟ ɭɫɥɨвиɣ (1) и (2) ɫɩɟɤɬɪаɥьɧɨɝɨ ɪаɡ-
ɥɨɠɟɧия ɞɥя ɩɨɫɬɪɨɟɧɧɵɯ ɮɭɧɤɰиɣ ( )s+ψ  и ( )s−ψ  
ɨɱɟвиɞɧɨ, ɱɬɨ ɬаɤɠɟ ɩɨɞɬвɟɪɠɞаɟɬɫя ɪиɫ. 1.    
Риɫɭɧɨɤ 1 – Нɭɥи и ɩɨɥɸɫɵ ɮɭɧɤɰии ( ) ( )ψ / ψs s+ −  ɞɥя 

ɫиɫɬɟɦɵ HE2/M/1  
ɉɪи ɩɨɫɬɪɨɟɧии ɷɬиɯ ɮɭɧɤɰиɣ ɭɞɨɛɧɟɟ ɧɭɥи и ɩɨ-

ɥɸɫа ɨɬɧɨшɟɧия ( ) ( )ψ / ψs s+ −  ɨɬɦɟɬиɬь ɧа ɤɨɦ-
ɩɥɟɤɫɧɨɣ s – ɩɥɨɫɤɨɫɬи ɞɥя иɫɤɥɸɱɟɧия ɨшиɛɨɤ ɩɨ-
ɫɬɪɨɟɧия ɮɭɧɤɰиɣ ( )ψ s+  и ( )ψ s− . На ɪиɫɭɧɤɟ ɩɨ-
ɥɸɫɵ ɨɬɦɟɱɟɧɵ ɤɪɟɫɬиɤаɦи, а ɧɭɥи – ɤɪɭɠɤаɦи.  
Даɥɟɟ ɩɨ ɦɟɬɨɞиɤɟ ɫɩɟɤɬɪаɥьɧɨɝɨ ɪаɡɥɨɠɟɧия 

ɧаɣɞɟɦ ɤɨɧɫɬаɧɬɭ К:  
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ɝɞɟ 1s  – аɛɫɨɥɸɬɧɨɟ ɡɧаɱɟɧиɟ ɨɬɪиɰаɬɟɥьɧɨɝɨ ɤɨɪɧя 1s− . ɉɨɫɬɨяɧɧая K ɨɩɪɟɞɟɥяɟɬ вɟɪɨяɬɧɨɫɬь ɬɨɝɨ, ɱɬɨ 
ɩɨɫɬɭɩаɸɳɟɟ в ɫиɫɬɟɦɭ ɬɪɟɛɨваɧиɟ ɡаɫɬаɟɬ ɟɟ ɫвɨ-
ɛɨɞɧɨɣ. 
Дɥя ɧаɯɨɠɞɟɧия ɩɪɟɨɛɪаɡɨваɧия Лаɩɥаɫа ɮɭɧɤɰии 

ɩɥɨɬɧɨɫɬи вɪɟɦɟɧи ɨɠиɞаɧия ɩɨɫɬɪɨиɦ ɮɭɧɤɰиɸ 
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Ɉɬɫɸɞа ɩɪɟɨɛɪаɡɨваɧиɟ Лаɩɥаɫа ɮɭɧɤɰии ɩɥɨɬɧɨ-

ɫɬи вɪɟɦɟɧи ɨɠиɞаɧия ( )sssW +Φ⋅=)(*  ɛɭɞɟɬ ɪавɧɨ   
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Дɥя ɧаɯɨɠɞɟɧия ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи ɨɠиɞаɧия 

ɧаɣɞɟɦ ɩɪɨиɡвɨɞɧɭɸ ɨɬ ɮɭɧɤɰии ( )*W s  ɫɨ ɡɧаɤɨɦ 
ɦиɧɭɫ в ɬɨɱɤɟ s = 0:  
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Ɉɤɨɧɱаɬɟɥьɧɨ, ɫɪɟɞɧɟɟ вɪɟɦя ɨɠиɞаɧия ɞɥя ɫиɫ-
ɬɟɦɵ HE2/M/1  

μ−= /1/1 1sW .                                 (8)  
Иɡ вɵɪаɠɟɧия (7) ɬаɤɠɟ ɦɨɠɧɨ ɨɩɪɟɞɟɥиɬь ɦɨɦɟɧ-

ɬɵ вɵɫшиɯ ɩɨɪяɞɤɨв вɪɟɦɟɧи ɨɠиɞаɧия. Вɬɨɪая ɩɪɨ-
иɡвɨɞɧая ɨɬ ɩɪɟɨɛɪаɡɨваɧия (7) в ɬɨɱɤɟ 0=s  ɞаɟɬ 
вɬɨɪɨɣ ɧаɱаɥьɧɵɣ ɦɨɦɟɧɬ вɪɟɦɟɧи ɨɠиɞаɧия, ɱɬɨ 
ɩɨɡвɨɥяɟɬ ɨɩɪɟɞɟɥиɬь ɞиɫɩɟɪɫиɸ вɪɟɦɟɧи ɨɠиɞаɧия:  
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Дɥя ɩɪаɤɬиɱɟɫɤɨɝɨ ɩɪиɦɟɧɟɧия вɵɪаɠɟɧия (8) ɧɟ-

ɨɛɯɨɞиɦɨ ɨɩɪɟɞɟɥиɬь ɱиɫɥɨвɵɟ ɯаɪаɤɬɟɪиɫɬиɤи ɪаɫ-
ɩɪɟɞɟɥɟɧия (3) HE2. Дɥя ɪаɫɩɪɟɞɟɥɟɧия (4) ɷɬи ɯаɪаɤ-
ɬɟɪиɫɬиɤи иɡвɟɫɬɧɵ иɡ ɤɭɪɫа ɬɟɨɪии вɟɪɨяɬɧɨɫɬɟɣ. 
Дɥя ɷɬɨɝɨ вɨɫɩɨɥьɡɭɟɦɫя ɫвɨɣɫɬвɨɦ ɩɪɟɨɛɪаɡɨваɧия 
Лаɩɥаɫа вɨɫɩɪɨиɡвɟɞɟɧия ɦɨɦɟɧɬɨв и ɡаɩишɟɦ ɧа-
ɱаɥьɧɵɟ ɦɨɦɟɧɬɵ ɞɨ вɬɨɪɨɝɨ ɩɨɪяɞɤа ɞɥя ɪаɫɩɪɟɞɟ-
ɥɟɧия (3):  
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Раɫɫɦаɬɪивая ɪавɟɧɫɬва (9) и (10) ɤаɤ ɡаɩиɫь ɦɟɬɨ-

ɞа ɦɨɦɟɧɬɨв, ɧаɣɞɟɦ ɧɟиɡвɟɫɬɧɵɟ ɩаɪаɦɟɬɪɵ ɪаɫɩɪɟ-
ɞɟɥɟɧия (3) p,, 21 λλ . ɋиɫɬɟɦа ɞвɭɯ ɭɪавɧɟɧиɣ (9), (10) ɩɪи ɷɬɨɦ явɥяɟɬɫя ɧɟɞɨɨɩɪɟɞɟɥɟɧɧɨɣ, ɩɨɷɬɨɦɭ ɤ 
ɧɟɣ ɞɨɛавиɦ вɵɪаɠɟɧиɟ ɞɥя ɤваɞɪаɬа ɤɨɷɮɮиɰиɟɧɬа 
ваɪиаɰии:  2 222 )( )(
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ɤаɤ ɫвяɡɭɸɳɟɟ ɭɫɥɨвиɟ ɦɟɠɞɭ (9) и (10). Кɪɨɦɟ ɬɨɝɨ, 
ɤɨɷɮɮиɰиɟɧɬ ваɪиаɰии ɛɭɞɟɦ иɫɩɨɥьɡɨваɬь в ɪаɫɱɟ-
ɬаɯ в ɤаɱɟɫɬвɟ вɯɨɞɧɨɝɨ ɩаɪаɦɟɬɪа ɫиɫɬɟɦɵ. Иɫɯɨɞя 
иɡ виɞа ɭɪавɧɟɧия (9) ɩɨɥɨɠиɦ  

λτ=λ /21 p , λτ−=λ /)1(22 p             (12)  
и ɩɨɬɪɟɛɭɟɦ вɵɩɨɥɧɟɧия ɭɫɥɨвия (11). ɉɨɞɫɬавив вɵ-
ɪаɠɟɧия (9), (10) и ɱаɫɬɧɨɟ ɪɟшɟɧиɟ (12) в (11) и ɪɟ-
шив ɩɨɥɭɱɟɧɧɨɟ ɭɪавɧɟɧиɟ ɱɟɬвɟɪɬɨɣ ɫɬɟɩɟɧи ɨɬɧɨ-
ɫиɬɟɥьɧɨ ɩаɪаɦɟɬɪа p, вɵɛɟɪɟɦ ɨɞɧɨ ɧɭɠɧɨɟ ɡɧаɱɟɧиɟ 
ɫ ɭɱɟɬɨɦ ɭɫɥɨвия 10 << p :  2 22(1 ) 312 8(1 )cp
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Ɉɬɫɸɞа ɫɥɟɞɭɟɬ, ɱɬɨ ɤɨɷɮɮиɰиɟɧɬ ваɪиаɰии .2/1>λc  Таɤиɦ ɨɛɪаɡɨɦ, ɩɨɥɭɱɟɧɨ ɱаɫɬɧɨɟ ɪɟшɟ-
ɧиɟ ɧɟ ɞɨɨɩɪɟɞɟɥɟɧɧɨɣ ɫиɫɬɟɦɵ ɭɪавɧɟɧиɣ (9) и (10) 
ɦɟɬɨɞɨɦ ɩɨɞɛɨɪа. 
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Таɤɨɣ ɠɟ ɩɨɞɯɨɞ ɤ аɩɩɪɨɤɫиɦаɰии ɡаɤɨɧɨв ɪаɫ-

ɩɪɟɞɟɥɟɧия ɝиɩɟɪɷɤɫɩɨɧɟɧɰиаɥьɧɵɦ ɪаɫɩɪɟɞɟɥɟɧиɟɦ 
ɩɪиɦɟɧɟɧ в ɪаɛɨɬаɯ авɬɨɪа [6–9]. Таɤиɦ ɨɛɪаɡɨɦ, ɝи-
ɩɟɪɷɪɥаɧɝɨвɫɤиɣ ɡаɤɨɧ ɪаɫɩɪɟɞɟɥɟɧия вɬɨɪɨɝɨ ɩɨɪяɞ-
ɤа ɦɨɠɟɬ ɨɩɪɟɞɟɥяɬьɫя ɩɨɥɧɨɫɬьɸ ɞвɭɦя ɩɟɪвɵɦи 
ɦɨɦɟɧɬаɦи и ɩɟɪɟɤɪɵваɬь вɟɫь ɞиаɩаɡɨɧ иɡɦɟɧɟɧия 
ɤɨɷɮɮиɰиɟɧɬа ваɪиаɰии ɨɬ 1/ 2  ɞɨ ∞ , ɱɬɨ шиɪɟ, ɱɟɦ 
ɭ ɝиɩɟɪɷɤɫɩɨɧɟɧɰиаɥьɧɨɝɨ ɪаɫɩɪɟɞɟɥɟɧия ),1( ∞ . 
Вɟɥиɱиɧɵ λτ , μτ , λc , μc  ɛɭɞɟɦ ɫɱиɬаɬь вɯɨɞɧɵɦи 

ɩаɪаɦɟɬɪаɦи ɞɥя ɪаɫɱɟɬа ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи ɨɠиɞаɧия 
ɞɥя ɫиɫɬɟɦɵ HE2/M/1. Тɨɝɞа аɥɝɨɪиɬɦ ɪаɫɱɟɬа ɫвɟɞɟɬ-
ɫя ɤ ɩɨɫɥɟɞɨваɬɟɥьɧɨɦɭ ɨɩɪɟɞɟɥɟɧиɸ ɩаɪаɦɟɬɪɨв 
ɪаɫɩɪɟɞɟɥɟɧия (3) иɡ вɵɪаɠɟɧиɣ (13), (12) и ɤ ɧаɯɨɠ-
ɞɟɧиɸ ɧɭɠɧɨɝɨ ɤɨɪɧя ɦɧɨɝɨɱɥɟɧа (6), а ɡаɬɟɦ ɤ иɫ-
ɩɨɥьɡɨваɧиɸ ɪаɫɱɟɬɧɨɝɨ вɵɪаɠɟɧия (8). 
Даɥɟɟ ɪаɫɫɦɨɬɪиɦ ɩɪиɧɰиɩиаɥьɧɨ ɨɬɥиɱаɸɳɭɸɫя 

ɨɬ иɫɫɥɟɞɨваɧɧɨɣ ɋМɈ ɫиɫɬɟɦɭ. Дɥя ɫиɫɬɟɦɵ HE2/M/1 ɫɨ ɫɞвиɧɭɬɵɦи ɡаɤɨɧаɦи ɪаɫɩɪɟɞɟɥɟɧиɣ иɧ-
ɬɟɪваɥɨв вɯɨɞɧɨɝɨ ɩɨɬɨɤа и вɪɟɦɟɧи ɨɛɫɥɭɠиваɧия 
ɷɬи ɡаɤɨɧɵ ɡаɞаɸɬɫя ɮɭɧɤɰияɦи ɩɥɨɬɧɨɫɬи виɞа:  

( ) ( ) )(2022)(2021 0201 )(14)(4 tttt ettpettpta −λ−−λ− −λ−+−λ= ,(14) 
( ) )( 0ttetb −μ−μ= .                            (15)  

Таɤɭɸ ɋМɈ в ɨɬɥиɱиɟ ɨɬ ɨɛɵɱɧɨɣ ɫиɫɬɟɦɵ ɨɛɨ-
ɡɧаɱиɦ ɤаɤ 1/M/HE --2 . В ɪаɛɨɬɟ авɬɨɪа [6] ɫиɫɬɟɦа ɫɨ 
ɫɞвиɧɭɬɵɦи ɷɤɫɩɨɧɟɧɰиаɥьɧɵɦи вɯɨɞɧɵɦи ɪаɫɩɪɟ-
ɞɟɥɟɧияɦи ɨɛɨɡɧаɱɟɧа ɤаɤ ɫиɫɬɟɦа ɫ ɡаɩаɡɞɵваɧиɟɦ. 
ɋɞвиɝ вɨ вɪɟɦɟɧи ɷɤɫɩɨɧɟɧɰиаɥьɧɨɝɨ ɪаɫɩɪɟɞɟɥɟɧия 
ɬɪаɧɫɮɨɪɦиɪɭɟɬ ɫиɫɬɟɦɭ HE2/M/1 ɬиɩа G/M/1 в ɫиɫ-
ɬɟɦɭ ɬиɩа G/G/1. 
Уɬвɟɪɠɞɟɧиɟ. ɋɩɟɤɬɪаɥьɧɵɟ ɪаɡɥɨɠɟɧия ɪɟшɟɧия 

ИУЛ ( ) ( ) ( ) ( )* * 1 /A s B s s s− ⋅ − = ψ ψ+ −  ɞɥя ɫиɫɬɟɦ 1/M/HE --2  и HE2/M/1 ɩɨɥɧɨɫɬьɸ ɫɨвɩаɞаɸɬ и иɦɟɸɬ 
виɞ (5). 
Дɨɤаɡаɬɟɥьɫɬвɨ. ɉɪɟɨɛɪаɡɨваɧия Лаɩɥаɫа ɮɭɧɤɰиɣ (14) и (15) ɛɭɞɭɬ ɫɨɨɬвɟɬɫɬвɟɧɧɨ:  
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ɋɩɟɤɬɪаɥьɧɨɟ ɪаɡɥɨɠɟɧиɟ ɪɟшɟɧия ИУЛ ɞɥя ɫиɫ-
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Зɞɟɫь ɷɤɫɩɨɧɟɧɬɵ иɡ-ɡа ɩɪɨɬивɨɩɨɥɨɠɧɵɯ ɡɧаɤɨв 

ɨɛɧɭɥяɸɬɫя и ɬɟɦ ɫаɦɵɦ ɨɩɟɪаɰия ɫɞвиɝа ɧивɟɥиɪɭ-
ɟɬɫя. ɋɥɟɞɨваɬɟɥьɧɨ, ɫɩɟɤɬɪаɥьɧɵɟ ɪаɡɥɨɠɟɧия ɞɥя 
ɫиɫɬɟɦ 1/M/HE2 −−  и HE2/M/1 ɩɨɥɧɨɫɬьɸ ɫɨвɩаɞаɸɬ и 
иɦɟɸɬ виɞ (5). Уɬвɟɪɠɞɟɧиɟ ɞɨɤаɡаɧɨ. 
Таɤиɦ ɨɛɪаɡɨɦ, ɩɨ ɫиɫɬɟɦɟ 1/M/HE2 −−  ɦɵ ɩɨɥɧɨ-

ɫɬьɸ ɦɨɠɟɦ вɨɫɩɨɥьɡɨваɬьɫя ɩɨɥɭɱɟɧɧɵɦи вɵшɟ ɪɟ-
ɡɭɥьɬаɬаɦи ɞɥя ɫиɫɬɟɦɵ HE2/M/1, ɧɨ ɫ иɡɦɟɧɟɧɧɵɦи 
ɱиɫɥɨвɵɦи ɯаɪаɤɬɟɪиɫɬиɤ ɫɞвиɧɭɬɵɯ ɪаɫɩɪɟɞɟɥɟɧиɣ (14) и (15). 
Ɉɩɪɟɞɟɥиɦ ɱиɫɥɨвɵɟ ɯаɪаɤɬɟɪиɫɬиɤи иɧɬɟɪваɥа 

ɦɟɠɞɭ ɩɨɫɬɭɩɥɟɧияɦи ɬɪɟɛɨваɧиɣ и вɪɟɦɟɧи ɨɛɫɥɭ-
ɠиваɧия ɞɥя ɧɨвɨɣ ɫиɫɬɟɦɵ 1/M/HE2 −− . Дɥя ɷɬɨɝɨ 
вɨɫɩɨɥьɡɭɟɦɫя ɩɪɟɨɛɪаɡɨваɧиɟɦ Лаɩɥаɫа ɮɭɧɤɰиɣ (14) и (15). 
Зɧаɱɟɧиɟ ɩɟɪвɨɣ ɩɪɨиɡвɨɞɧɨɣ ɮɭɧɤɰии ( )A s∗  ɫɨ 

ɡɧаɤɨɦ ɦиɧɭɫ в ɬɨɱɤɟ s=0 ɪавɧɨ   
( ) 012110 )1(* tpp

ds
sdA

s
+λ−+λ=− −−

=

.  
Ɉɬɫɸɞа ɫɪɟɞɧɟɟ ɡɧаɱɟɧиɟ иɧɬɟɪваɥɨв ɦɟɠɞɭ ɫɨ-

ɫɟɞɧиɦи ɬɪɟɛɨваɧияɦи вɯɨɞɧɨɝɨ ɩɨɬɨɤа ɛɭɞɟɬ ɪавɧɨ   01211 )1( tpp +λ−+λ=τ −−
λ .                  (16)  

Зɧаɱɟɧиɟ вɬɨɪɨɣ ɩɪɨиɡвɨɞɧɨɣ ɮɭɧɤɰии ( )sA *  в 
ɬɨɱɤɟ s=0 ɞаɟɬ вɬɨɪɨɣ ɧаɱаɥьɧɵɣ ɦɨɦɟɧɬ иɧɬɟɪваɥа 
ɩɨɫɬɭɩɥɟɧия   2 20 0 2 21 2 1 2(1 ) 3 3(1 )2 [ ] 2 2p p p pt tλ

− −
τ = + + + +

λ λ λ λ
.         (17)  

Ɉɬɫɸɞа ɨɩɪɟɞɟɥиɦ ɤваɞɪаɬ ɤɨɷɮɮиɰиɟɧɬа ваɪиа-
ɰии иɧɬɟɪваɥɨв ɩɨɫɬɭɩɥɟɧия:  2210211 221212212 ])([2 ))(21()(2

λλ+λ−λ−λ

λ−λ−+λ−λλ−λ
=λ

tp
pppc .   (18)  

Дɥя ɨɩɪɟɞɟɥɟɧия ɱиɫɥɨвɵɯ ɯаɪаɤɬɟɪиɫɬиɤ ɪаɫɩɪɟ-
ɞɟɥɟɧия (4) вɨɫɩɨɥьɡɭɟɦɫя ɪɟɡɭɥьɬаɬаɦи [1]. 
ɋɪɟɞɧɟɟ вɪɟɦя ɨɛɫɥɭɠиваɧия в ɫиɫɬɟɦɟ 1/M/HE2 −−  

ɪавɧɨ 01 t+μ=τ −
μ .                            (19) 

Вɬɨɪɨɣ ɧаɱаɥьɧɵɣ ɦɨɦɟɧɬ вɪɟɦɟɧи ɨɛɫɥɭɠиваɧия 
ɪавɟɧ  20202 22

μ
+

μ
+=τμ

tt .                         (20)  
Ɉɬɫɸɞа ɤɨɷɮɮиɰиɟɧɬ ваɪиаɰии вɪɟɦɟɧи ɨɛɫɥɭɠи-

ваɧия ɛɭɞɟɬ ɪавɟɧ  
( ) .1 10 −

μ μ+= tc                            (21) 
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Заɦɟɬиɦ, ɱɬɨ ɤɨɷɮɮиɰиɟɧɬɵ ваɪиаɰии 0>λc  и 1<μc  ɩɪи ɩаɪаɦɟɬɪɟ ɫɞвиɝа 00 >t . Таɤиɦ ɨɛɪаɡɨɦ, 

ɨɱɟвиɞɧɨ, ɱɬɨ ɫиɫɬɟɦа 1/M/HE2 −−  ɨɬɧɨɫиɬɫя ɤ ɬиɩɭ G/G/1. 
Раɫɫɦаɬɪивая вɵɪаɠɟɧия (16)–(21) ɤаɤ ɮɨɪɦɭ ɡа-

ɩиɫи ɦɟɬɨɞа ɦɨɦɟɧɬɨв, ɧаɣɞɟɦ ɧɟиɡвɟɫɬɧɵɟ ɩаɪаɦɟɬ-
ɪɵ ɪаɫɩɪɟɞɟɥɟɧия (14) и (15): p,, 21 λλ , μ,0t . Наɯɨ-
ɠɞɟɧиɟ ɩаɪаɦɟɬɪɨв ɪаɫɩɪɟɞɟɥɟɧия (14) p,, 21 λλ  ɛɭ-
ɞɟɬ аɧаɥɨɝиɱɧɵɦ ɧаɯɨɠɞɟɧиɸ ɷɬиɯ ɩаɪаɦɟɬɪɨв ɞɥя 
ɪаɫɩɪɟɞɟɥɟɧия (3). Тɟɩɟɪь иɫɯɨɞя иɡ виɞа ɭɪавɧɟɧия (16) ɩɨɥɨɠиɦ   1 02 / ( )p tλλ = τ − , 2 02(1 ) / ( )p tλλ = − τ −          (22)  
и ɩɨɬɪɟɛɭɟɦ вɵɩɨɥɧɟɧия ɭɫɥɨвия (18). ɉɨɞɫɬавив ɱа-
ɫɬɧɨɟ ɪɟшɟɧиɟ (22) в (18) ɪɟшаɟɦ ɩɨɥɭɱɟɧɧɨɟ ɭɪавɧɟ-
ɧиɟ ɱɟɬвɟɪɬɨɣ ɫɬɟɩɟɧи ɨɬɧɨɫиɬɟɥьɧɨ ɩаɪаɦɟɬɪа p ɫ 
ɭɱɟɬɨɦ ɭɫɥɨвия 0 1p< <  и вɵɛɟɪɟɦ ɧɭɠɧɨɟ ɪɟшɟɧиɟ  ])[(8 )(34121 2220 20

λλλ

λ

τ+−τ

−τ
−+=

ct
tp ,  

а ɡаɬɟɦ ɨɩɪɟɞɟɥяɟɦ иɡ (22) ɩаɪаɦɟɬɪɵ 1λ  и 2λ . 
Ɉɫɬаɟɬɫя ɨɩɪɟɞɟɥиɬь ɩаɪаɦɟɬɪɵ ɪаɫɩɪɟɞɟɥɟɧия (15) иɡ ɭɪавɧɟɧиɣ ɦɨɦɟɧɬɨв (19)–(21). Иɡ (19) ɩɨɥɭ-

ɱиɦ ɡɧаɱɟɧиɟ 10 −
μ μ−τ=t  и ɩɨɞɫɬавив ɟɝɨ в (21) ɧаɣ-

ɞɟɦ ɩаɪаɦɟɬɪ ɪаɫɩɪɟɞɟɥɟɧия (15) μμτ=μ c/1 . Тɨɝɞа 
ɩаɪаɦɟɬɪ ɫɞвиɝа ɛɭɞɟɬ ɫвяɡаɧ ɫ ɩаɪаɦɟɬɪаɦи ɨɛɫɥɭ-
ɠиваɧия ɭɫɥɨвиɟɦ   )1(0 μμ −τ= ct .                           (23)  
Вɵɪаɠɟɧиɟ (23) ɛɭɞɟɬ ɨɩɪɟɞɟɥяɬь ɞиаɩаɡɨɧ иɡɦɟ-

ɧɟɧия ɩаɪаɦɟɬɪа ɫɞвиɝа )1,0(0 ∈t . 
Заɞавая ɡɧаɱɟɧия λτ , μτ , λc , μc  в ɤаɱɟɫɬвɟ вɯɨɞ-

ɧɵɯ ɩаɪаɦɟɬɪɨв ɫиɫɬɟɦɵ, ɬаɤиɦ ɨɛɪаɡɨɦ ɨɩɪɟɞɟɥяɟɦ 
иɡвɟɫɬɧɵɦ ɦɟɬɨɞɨɦ ɦɨɦɟɧɬɨв вɫɟ ɧɟиɡвɟɫɬɧɵɟ ɩаɪа-
ɦɟɬɪɵ ɪаɫɩɪɟɞɟɥɟɧиɣ (14) и (15). 
Тɟɩɟɪь ɪаɫɫɦɨɬɪиɦ вɥияɧиɟ ɩаɪаɦɟɬɪа ɫɞвиɝа ɧа 

ɤɨɷɮɮиɰиɟɧɬɵ ваɪиаɰиɣ ɪаɫɩɪɟɞɟɥɟɧиɣ. Дɥя ɨɛɵɱɧɨ-
ɝɨ ɪаɫɩɪɟɞɟɥɟɧия HE2, ɤаɤ ɫɥɟɞɭɟɬ иɡ вɵɪаɠɟɧиɣ (9)–(11), ɩɨɥɭɱиɦ:  2211 221212212 )]([2 ))(21()(2

λ−λ−λ

λ−λ−+λ−λλ−λ
=λ

p
pppc .  

ɋɪавɧивая ɩɨɫɥɟɞɧɟɟ вɵɪаɠɟɧиɟ ɫ (18) ɭɛɟɠɞаɟɦ-
ɫя, ɱɬɨ ɩаɪаɦɟɬɪ ɫɞвиɝа вɨ вɪɟɦɟɧи 00 >t  ɭɦɟɧьшаɟɬ 
ɤɨɷɮɮиɰиɟɧɬ ваɪиаɰии иɧɬɟɪваɥɨв ɩɨɫɬɭɩɥɟɧиɣ в 0 1 21 21 [ (1 ) ]t

p p
λ λ

+
λ − + λ

 ɪаɡ. Аɧаɥɨɝиɱɧɨ ɞɥя ɷɤɫɩɨɧɟɧɰи-
аɥьɧɨɝɨ ɡаɤɨɧа вɪɟɦɟɧи ɨɛɫɥɭɠиваɧия, ɩаɪаɦɟɬɪ 
ɫɞвиɝа ɭɦɟɧьшаɟɬ ɤɨɷɮɮиɰиɟɧɬ ваɪиаɰии вɪɟɦɟɧи 
ɨɛɫɥɭɠиваɧия в 01 tμ+  ɪаɡ. Уɱиɬɵвая ɤваɞɪаɬиɱɧɭɸ 
ɡавиɫиɦɨɫɬь ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи ɨɠиɞаɧия ɨɬ ɤɨɷɮɮи-
ɰиɟɧɬɨв ваɪиаɰиɣ иɧɬɟɪваɥɨв ɩɨɫɬɭɩɥɟɧиɣ и вɪɟɦɟɧи 
ɨɛɫɥɭɠиваɧия, ɭɛɟɠɞаɟɦɫя в ɬɨɦ, ɱɬɨ ввɟɞɟɧиɟ ɩаɪа-
ɦɟɬɪа ɫɞвиɝа в ɡаɤɨɧɵ ɪаɫɩɪɟɞɟɥɟɧия, ɭɦɟɧьшаɟɬ 
ɫɪɟɞɧɟɟ вɪɟɦя ɨɠиɞаɧия в ɨɱɟɪɟɞи в ɋМɈ.  

4 ɗɄСɉЕРɂɆЕɇɌЫ 
Ниɠɟ в ɬаɛɥ. 1 ɩɪивɟɞɟɧɵ ɞаɧɧɵɟ ɪаɫɱɟɬɨв ɞɥя 

ɫиɫɬɟɦɵ HE2/M/1 ɞɥя ɫɥɭɱаɟв ɦаɥɨɣ, ɫɪɟɞɧɟɣ и вɵɫɨ-
ɤɨɣ ɧаɝɪɭɡɤи 0,1; 0,5; 0,9ρ = . Дɥя ɫɪавɧɟɧия в ɩɪавɨɣ 
ɤɨɥɨɧɤɟ ɩɪивɟɞɟɧɵ ɞаɧɧɵɟ ɞɥя ɫиɫɬɟɦɵ H2/M/1, ɞɥя 
ɤɨɬɨɪɨɣ 1≥λc  [1].  
Таɛɥиɰа 1 – Рɟɡɭɥьɬаɬɵ ɷɤɫɩɟɪиɦɟɧɬɨв ɞɥя ɋМɈ HE2/M/1 в 

ɫɪавɧɟɧии ɫ H2/M/1 
Вɯɨɞɧɵɟ ɩаɪаɦɟɬɪɵ ɋɪɟɞɧɟɟ вɪɟɦя ɨɠиɞаɧия 
ρ λc  ɞɥя ɫиɫɬɟɦɵ 

НE2/M/1 ɞɥя ɫиɫɬɟɦɵ 
Н2/M/1 0,71 0,03 – 2 0,08 0,19 4 0,10 0,23 0,1 8 0,11 0,25 0,71 0,62 – 2 2,00 2,16 4 4,62 4,83 0,5 8 10,15 10,40 0,71 6,61 – 2 22,59 22,41 4 77,28 75,79 0,9 8 295,96 289,13  

Зɧаɱɟɧия ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи ɨɠиɞаɧия в ɫиɫɬɟɦаɯ HE2/M/1 и H2/M/1 ɞɨɫɬаɬɨɱɧɨ ɛɥиɡɤи ɩɪи ɫɪɟɞɧɟɣ и 
вɵɫɨɤɨɣ ɧаɝɪɭɡɤɟ ɫиɫɬɟɦ, ɯɨɬя ɦɨɦɟɧɬɵ ɪаɫɩɪɟɞɟɥɟ-
ɧиɣ (ɧаɱиɧая ɫɨ вɬɨɪɨɝɨ) HE2 и H2 ɪаɡɧяɬɫя. Заɦɟɬиɦ, 
ɱɬɨ ɫиɫɬɟɦɵ H2/M/1 ɫɩɪавɟɞɥива ɬɨɥьɤɨ ɩɪи 1≥λc  и 1=μc , ɩɨɬɨɦɭ в ɬаɛɥ. 1 ɞɥя 1<λc  ɫɬɨяɬ ɩɪɨɱɟɪɤи. 
В ɬаɛɥ. 2 ɩɪивɟɞɟɧɵ ɪɟɡɭɥьɬаɬɵ ɷɤɫɩɟɪиɦɟɧɬɨв 

ɞɥя ɫиɫɬɟɦɵ 1/M/HE2 −− , а ɞɥя ɫɪавɧɟɧия в ɩɪавɨɣ 
ɤɨɥɨɧɤɟ ɩɪивɟɞɟɧɵ ɞаɧɧɵɟ ɞɥя ɨɛɵɱɧɨɣ ɫиɫɬɟɦɵ HE2/М/1.  
Кɨɷɮɮиɰиɟɧɬ ɡаɝɪɭɡɤи ρ  в ɨɛɟиɯ ɬаɛɥиɰаɯ ɨɩɪɟ-

ɞɟɥяɟɬɫя ɨɬɧɨшɟɧиɟɦ ɫɪɟɞɧиɯ иɧɬɟɪваɥɨв /μ λρ = τ τ . Раɫɱɟɬɵ, ɩɪивɟɞɟɧɧɵɟ в ɬаɛɥ. 1–2 ɩɪɨвɟ-
ɞɟɧɵ ɞɥя ɧɨɪɦиɪɨваɧɧɨɝɨ вɪɟɦɟɧи ɨɛɫɥɭɠиваɧия 1μτ = .      
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Таɛɥиɰа 2 – Рɟɡɭɥьɬаɬɵ ɷɤɫɩɟɪиɦɟɧɬɨв ɞɥя ɋМɈ 1/M/HE --2  и HE2/М/1 
Вɯɨɞɧɵɟ 

ɩаɪаɦɟɬɪɵ ɋɪɟɞɧɟɟ вɪɟɦя ɨɠиɞаɧия 
ɞɥя ɫиɫɬɟɦɵ 1/M/HE --2  ρ μc

λc  1,0=μc  (t0=0,9) 5,0=μc  (t0=0,5) 99,0=μc (t0=0,01) ɞɥя cиɫɬɟɦɵ HE2/M/1 0,71 0,000 0,005 0,029 0,03 2 0,000 0,013 0,078 0,08 4 0,000 0,016 0,094 0,10 0,1 8 0,000 0,017 0,099 0,11 0,71 0,005 0,181 0,610 0,62 2 0,008 0,458 1,966 2,00 4 0,009 0,599 4,503 4,62 0,5 8 0,009 0,655 9,706 10,15 0,71 0,344 2,956 6,516 6,61 2 0,805 16,002 22,465 22,59 4 1,102 60,607 77,044 77,28 0,9 8 1,260 238,99 295,29 295,96  
Даɧɧɵɟ ɬаɛɥ. 2 ɩɨɥɧɨɫɬьɸ ɩɨɞɬвɟɪɠɞаɸɬ ɫɞɟɥаɧ-

ɧɵɟ вɵшɟ ɩɪɟɞɩɨɥɨɠɟɧия ɨ ɫɪɟɞɧɟɦ вɪɟɦɟɧи ɨɠиɞа-
ɧия в ɫиɫɬɟɦɟ ɫ ɡаɩаɡɞɵваɧиɟɦ. Кɪɨɦɟ ɬɨɝɨ, ɫ ɭɦɟɧь-
шɟɧиɟɦ ɩаɪаɦɟɬɪа ɫɞвиɝа t0 ɫɪɟɞɧɟɟ вɪɟɦя ɨɠиɞаɧия 
в ɫиɫɬɟɦɟ ɫ ɡаɩаɡɞɵваɧиɟɦ ɫɬɪɟɦиɬɫя ɤ ɡɧаɱɟɧиɸ ɷɬɨ-
ɝɨ вɪɟɦɟɧи в ɨɛɵɱɧɨɣ ɫиɫɬɟɦɟ, ɱɬɨ ɞɨɩɨɥɧиɬɟɥьɧɨ 
ɩɨɞɬвɟɪɠɞаɟɬ аɞɟɤваɬɧɨɫɬь ɩɨɥɭɱɟɧɧɵɯ ɪɟɡɭɥьɬаɬɨв.  

5 РЕɁɍɅЬɌАɌЫ 
В ɪаɛɨɬɟ ɩɨɥɭɱɟɧɵ ɫɩɟɤɬɪаɥьɧɵɟ ɪаɡɥɨɠɟɧия ɪɟ-

шɟɧия иɧɬɟɝɪаɥьɧɨɝɨ ɭɪавɧɟɧия Лиɧɞɥи ɞɥя ɞвɭɯ 
ɫиɫɬɟɦ HE2/M/1 и 1/M/HE2 −− , ɫ ɩɨɦɨɳьɸ ɤɨɬɨɪɵɯ 
вɵвɟɞɟɧɵ ɪаɫɱɟɬɧɵɟ вɵɪаɠɟɧия ɞɥя ɫɪɟɞɧɟɝɨ вɪɟɦɟ-
ɧи ɨɠиɞаɧия в ɨɱɟɪɟɞи ɞɥя ɷɬиɯ ɫиɫɬɟɦ в ɡаɦɤɧɭɬɨɣ 
ɮɨɪɦɟ. Рɟɡɭɥьɬаɬɵ ɪаɫɱɟɬɨв ɫɪавɧиваɸɬɫя ɫ ɪɟɡɭɥьɬа-
ɬаɦи аɧаɥɨɝиɱɧɨɣ ɫиɫɬɟɦɵ H2/M/1. 
Диаɩаɡɨɧ иɡɦɟɧɟɧия ɩаɪаɦɟɬɪɨв ɭ ɩаɪɵ HE2/M/1 и 1/M/HE2 −−  шиɪɟ, ɱɟɦ ɭ ɩаɪɵ H2/M/1 и 1/M/H2 −− , ɩɨ-

ɷɬɨɦɭ ɭɤаɡаɧɧɵɟ ɫиɫɬɟɦɵ ɫ ɭɫɩɟɯɨɦ ɦɨɝɭɬ ɛɵɬь ɩɪи-
ɦɟɧɟɧɵ в ɫɨвɪɟɦɟɧɧɨɣ ɬɟɨɪии ɬɟɥɟɬɪаɮиɤа.  

6 ОȻСɍɀȾЕɇɂЕ 
Рɟɡɭɥьɬаɬɵ ɪаɫɱɟɬɨв ɩɨɞɬвɟɪɠɞаɸɬ ɬɨɬ ɮаɤɬ, ɱɬɨ 

ввɟɞɟɧиɟ ɩаɪаɦɟɬɪа ɫɞвиɝа 0 0t >  в ɡаɤɨɧɵ ɪаɫɩɪɟɞɟ-
ɥɟɧия ɩɪивɨɞиɬ ɤ ɤаɱɟɫɬвɟɧɧɨ ɧɨвɨɣ ɫиɫɬɟɦɟ ɦаɫɫɨвɨ-
ɝɨ ɨɛɫɥɭɠиваɧия, ɨɛɥаɞаɸɳɟɣ ɩɪɟиɦɭɳɟɫɬваɦи ɩɟɪɟɞ 
ɨɛɵɱɧɨɣ ɫиɫɬɟɦɨɣ. В ɩɟɪвɭɸ ɨɱɟɪɟɞь ɷɬɨ ɪаɫшиɪɟɧиɟ 
ɞиаɩаɡɨɧа ɩɪиɦɟɧиɦɨɫɬи ɧɨвɨɣ ɫиɫɬɟɦɵ. Кɪɨɦɟ ɷɬɨɝɨ, 
ɫиɫɬɟɦа ɫ ɡаɩаɡɞɵваɧиɟɦ ɨɛɟɫɩɟɱиваɟɬ ɦɟɧьшɭɸ ɡа-
ɞɟɪɠɤɭ ɩɨ ɫɪавɧɟɧиɸ ɫ ɨɛɵɱɧɨɣ ɫиɫɬɟɦɨɣ.  

ВЫВОȾЫ 
ɇаɭчɧая ɧɨвизɧа ɩɨɥɭɱɟɧɧɵɯ ɪɟɡɭɥьɬаɬɨв ɡа-

ɤɥɸɱаɟɬɫя в ɬɨɦ, ɱɬɨ ɩɨɥɭɱɟɧɵ ɫɩɟɤɬɪаɥьɧɵɟ ɪаɡɥɨ-
ɠɟɧия ɪɟшɟɧия иɧɬɟɝɪаɥьɧɨɝɨ ɭɪавɧɟɧия Лиɧɞɥи ɞɥя 
ɪаɫɫɦаɬɪиваɟɦɵɯ ɫиɫɬɟɦ и ɫ иɯ ɩɨɦɨɳьɸ вɵвɟɞɟɧɵ 
ɪаɫɱɟɬɧɵɟ вɵɪаɠɟɧия ɞɥя ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи ɨɠиɞа-

ɧия в ɨɱɟɪɟɞи ɞɥя ɷɬиɯ ɫиɫɬɟɦ в ɡаɦɤɧɭɬɨɣ ɮɨɪɦɟ. 
Эɬи вɵɪаɠɟɧия ɪаɫшиɪяɸɬ и ɞɨɩɨɥɧяɸɬ иɡвɟɫɬɧɵɟ 
ɮɨɪɦɭɥɵ ɬɟɨɪии ɦаɫɫɨвɨɝɨ ɨɛɫɥɭɠиваɧия ɞɥя ɫɪɟɞɧɟ-
ɝɨ вɪɟɦɟɧи ɨɠиɞаɧия ɞɥя ɫиɫɬɟɦ ɬиɩа G/M/1 и G/G/1 
ɫ ɩɪɨиɡвɨɥьɧɵɦи ɡаɤɨɧаɦи ɪаɫɩɪɟɞɟɥɟɧиɣ вɯɨɞɧɨɝɨ 
ɩɨɬɨɤа и вɪɟɦɟɧи ɨɛɫɥɭɠиваɧия.  
ɉɪаɤɬичɟɫɤɨɟ зɧачɟɧиɟ ɪаɛɨɬɵ ɡаɤɥɸɱаɟɬɫя в 

ɬɨɦ, ɱɬɨ ɩɨɥɭɱɟɧɧɵɟ ɪɟɡɭɥьɬаɬɵ ɫ ɭɫɩɟɯɨɦ ɦɨɝɭɬ 
ɛɵɬь ɩɪиɦɟɧɟɧɵ в ɫɨвɪɟɦɟɧɧɨɣ ɬɟɨɪии ɬɟɥɟɬɪаɮиɤа, 
ɝɞɟ ɡаɞɟɪɠɤи ɩаɤɟɬɨв вɯɨɞяɳɟɝɨ ɬɪаɮиɤа иɝɪаɸɬ ɩɟɪ-
вɨɫɬɟɩɟɧɧɭɸ ɪɨɥь. Дɥя ɷɬɨɝɨ ɧɟɨɛɯɨɞиɦɨ ɡɧаɬь ɱи-
ɫɥɨвɵɟ ɯаɪаɤɬɟɪиɫɬиɤи иɧɬɟɪваɥɨв вɯɨɞяɳɟɝɨ ɬɪаɮи-
ɤа и вɪɟɦɟɧи ɨɛɫɥɭɠиваɧия ɧа ɭɪɨвɧɟ ɞвɭɯ ɩɟɪвɵɯ 
ɦɨɦɟɧɬɨв, ɱɬɨ ɧɟ вɵɡɵваɟɬ ɬɪɭɞɧɨɫɬɟɣ ɩɪи иɫɩɨɥьɡɨ-
ваɧии ɫɨвɪɟɦɟɧɧɵɯ аɧаɥиɡаɬɨɪɨв ɬɪаɮиɤа [8, 9]. 
ɉɟɪɫɩɟɤɬивɵ ɞаɥьɧɟɣших иɫɫɥɟɞɨваɧиɣ ɩɪɨ-

ɫɦаɬɪиваɸɬɫя в ɩɪɨɞɨɥɠɟɧии иɫɫɥɟɞɨваɧия ɫиɫɬɟɦ 
ɬиɩа G/M/1 и G/G/1 ɫ ɞɪɭɝиɦи ɨɛɳиɦи вɯɨɞɧɵɦи 
ɪаɫɩɪɟɞɟɥɟɧияɦи и в ɪаɫшиɪɟɧии и ɞɨɩɨɥɧɟɧии ɮɨɪ-
ɦɭɥ ɞɥя ɫɪɟɞɧɟɝɨ вɪɟɦɟɧи ɨɠиɞаɧия.   
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АɇОɌАɐІə 
Аɤɬɭаɥьɧіɫɬь. В ɬɟɨɪіʀ ɦаɫɨвɨɝɨ ɨɛɫɥɭɝɨвɭваɧɧя ɞɨɫɥіɞɠɟɧɧя ɫиɫɬɟɦ G/M/1 і G/G/1 аɤɬɭаɥьɧі ɭ ɡв’яɡɤɭ ɡ ɬиɦ, ɳɨ ɧа 

ɫьɨɝɨɞɧі ɧɟ іɫɧɭє ɪішɟɧɧя в ɤіɧɰɟвɨɦɭ виɝɥяɞі ɞɥя ɡаɝаɥьɧɨɝɨ виɩаɞɤɭ ɩɪи ɞɨвіɥьɧиɯ ɡаɤɨɧаɯ ɪɨɡɩɨɞіɥів вɯіɞɧɨɝɨ ɩɨɬɨɤɭ і 
ɱаɫɭ ɨɛɫɥɭɝɨвɭваɧɧя. Рɨɡɝɥяɧɭɬɨ ɡаɞаɱɭ вивɟɞɟɧɧя ɪішɟɧɧя ɞɥя ɫɟɪɟɞɧьɨɝɨ ɱаɫɭ ɨɱіɤɭваɧɧя в ɱɟɪɡі в ɡаɦɤɧɭɬіɣ ɮɨɪɦі ɞɥя 
ɞвɨɯ ɫиɫɬɟɦ ɡі ɡвиɱаɣɧиɦи і ɡі ɡɫɭɧɭɬиɦи ɝіɩɟɪɟɪɥаɧɝівɫьɤиɦи ɬа ɟɤɫɩɨɧɟɧɬɧиɦи вɯіɞɧиɦи ɪɨɡɩɨɞіɥаɦи. 

Ɇɟɬа ɪɨɛɨɬи. Ɉɬɪиɦаɧɧя ɪішɟɧɧя ɞɥя ɨɫɧɨвɧɨʀ ɯаɪаɤɬɟɪиɫɬиɤи ɫиɫɬɟɦи – ɫɟɪɟɞɧьɨɝɨ ɱаɫɭ ɨɱіɤɭваɧɧя виɦɨɝ в ɱɟɪɡі ɞɥя 
ɞвɨɯ ɫиɫɬɟɦ ɦаɫɨвɨɝɨ ɨɛɫɥɭɝɨвɭваɧɧя ɬиɩɭ G/M/1 і G/G/1 ɡі ɡвиɱаɣɧиɦи ɬа ɡі ɡɫɭɧɭɬиɦи ɝіɩɟɪɟɪɥаɧɝівɫьɤиɦи ɬа ɟɤɫɩɨɧɟɧɬ-
ɧиɦи вɯіɞɧиɦи ɪɨɡɩɨɞіɥаɦи. 

Ɇɟɬɨɞ. Дɥя виɪішɟɧɧя ɩɨɫɬавɥɟɧɨɝɨ ɡавɞаɧɧя виɤɨɪиɫɬаɧɨ ɤɥаɫиɱɧиɣ ɦɟɬɨɞ ɫɩɟɤɬɪаɥьɧɨɝɨ ɪɨɡɤɥаɞаɧɧя ɪɨɡв’яɡɤɭ іɧɬɟ-
ɝɪаɥьɧɨɝɨ ɪівɧяɧɧя Ліɧɞɥі. Цɟɣ ɦɟɬɨɞ ɞɨɡвɨɥяє ɨɬɪиɦаɬи ɪɨɡв’яɡɨɤ ɞɥя ɫɟɪɟɞɧьɨɝɨ ɱаɫɭ ɨɱіɤɭваɧɧя ɞɥя ɪɨɡɝɥяɧɭɬиɯ ɫиɫɬɟɦ 
в ɡаɦɤɧɭɬіɣ ɮɨɪɦі. Мɟɬɨɞ ɫɩɟɤɬɪаɥьɧɨɝɨ ɪɨɡɤɥаɞаɧɧя ɪɨɡв’яɡɤɭ іɧɬɟɝɪаɥьɧɨɝɨ ɪівɧяɧɧя Ліɧɞɥі ɝɪає ваɠɥивɭ ɪɨɥь в ɬɟɨɪіʀ 
ɫиɫɬɟɦ G/G/1. Дɥя ɩɪаɤɬиɱɧɨɝɨ ɡаɫɬɨɫɭваɧɧя ɨɬɪиɦаɧиɯ ɪɟɡɭɥьɬаɬів ɛɭɥɨ виɤɨɪиɫɬаɧɨ віɞɨɦиɣ ɦɟɬɨɞ ɦɨɦɟɧɬів ɬɟɨɪіʀ ɣɦɨ-
віɪɧɨɫɬɟɣ.  

Рɟзɭɥьɬаɬи. Вɩɟɪшɟ ɨɬɪиɦаɧɨ ɫɩɟɤɬɪаɥьɧі ɪɨɡɤɥаɞаɧɧя ɪішɟɧɧя іɧɬɟɝɪаɥьɧɨɝɨ ɪівɧяɧɧя Ліɧɞɥі ɞɥя ɞвɨɯ ɫиɫɬɟɦ, ɡа ɞɨ-
ɩɨɦɨɝɨɸ яɤиɯ вивɟɞɟɧі ɪɨɡɪаɯɭɧɤɨві ɮɨɪɦɭɥи ɞɥя ɫɟɪɟɞɧьɨɝɨ ɱаɫɭ ɨɱіɤɭваɧɧя в ɱɟɪɡі в ɡаɦɤɧɭɬіɣ ɮɨɪɦі. 

Виɫɧɨвɤи. Ɉɬɪиɦаɧɨ ɫɩɟɤɬɪаɥьɧі ɪɨɡɤɥаɞаɧɧя ɪɨɡв’яɡɤɭ іɧɬɟɝɪаɥьɧɨɝɨ ɪівɧяɧɧя Ліɧɞɥі ɞɥя ɪɨɡɝɥяɧɭɬиɯ ɫиɫɬɟɦ, ɬа ɡ ʀɯ 
ɞɨɩɨɦɨɝɨɸ вивɟɞɟɧі ɪɨɡɪаɯɭɧɤɨві ɮɨɪɦɭɥи ɞɥя ɫɟɪɟɞɧьɨɝɨ ɱаɫɭ ɨɱіɤɭваɧɧя в ɱɟɪɡі ɞɥя ɰиɯ ɫиɫɬɟɦ в ɡаɦɤɧɭɬіɣ ɮɨɪɦі. Ці 
ɮɨɪɦɭɥи ɪɨɡшиɪɸɸɬь і ɞɨɩɨвɧɸɸɬь віɞɨɦі ɮɨɪɦɭɥи ɬɟɨɪіʀ ɦаɫɨвɨɝɨ ɨɛɫɥɭɝɨвɭваɧɧя ɞɥя ɫɟɪɟɞɧьɨɝɨ ɱаɫɭ ɨɱіɤɭваɧɧя ɞɥя 
ɫиɫɬɟɦ G/M/1 і G/G/1 ɡ ɞɨвіɥьɧиɦи ɡаɤɨɧаɦи ɪɨɡɩɨɞіɥів вɯіɞɧɨɝɨ ɩɨɬɨɤɭ і ɱаɫɭ ɨɛɫɥɭɝɨвɭваɧɧя. Таɤиɣ ɩіɞɯіɞ ɞɨɡвɨɥяє ɪɨɡ-
ɪаɯɭваɬи ɫɟɪɟɞɧіɣ ɱаɫ ɨɱіɤɭваɧɧя ɞɥя ɡаɡɧаɱɟɧиɯ ɫиɫɬɟɦ в ɦаɬɟɦаɬиɱɧиɯ ɩаɤɟɬаɯ ɞɥя шиɪɨɤɨɝɨ ɞіаɩаɡɨɧɭ ɡɦіɧи ɩаɪаɦɟɬɪів 
ɬɪаɮіɤɭ. Вɫі іɧші ɯаɪаɤɬɟɪиɫɬиɤи ɫиɫɬɟɦ є ɩɨɯіɞɧиɦи ɱаɫɭ ɨɱіɤɭваɧɧя. 

Кɪіɦ ɫɟɪɟɞɧьɨɝɨ ɱаɫɭ ɨɱіɤɭваɧɧя, ɬаɤиɣ ɩіɞɯіɞ ɞає ɦɨɠɥивіɫɬь ɬаɤɨɠ виɡɧаɱиɬи ɦɨɦɟɧɬи виɳиɯ ɩɨɪяɞɤів ɱаɫɭ ɨɱіɤɭваɧ-
ɧя. З ɨɝɥяɞɭ ɧа ɬɨɣ ɮаɤɬ, ɳɨ ваɪіаɰія ɡаɬɪиɦɤи ɩаɤɟɬів (ɞɠиɬɬɟɪ) в ɬɟɥɟɤɨɦɭɧіɤаɰіʀ виɡɧаɱаєɬьɫя яɤ ɞиɫɩɟɪɫія ɱаɫɭ ɨɱіɤɭ-
ваɧɧя віɞ ɣɨɝɨ ɫɟɪɟɞɧьɨɝɨ ɡɧаɱɟɧɧя, ɬɨ ɞɠиɬɬɟɪ ɦɨɠɧа ɛɭɞɟ виɡɧаɱиɬи ɱɟɪɟɡ ɞиɫɩɟɪɫіɸ ɱаɫɭ ɨɱіɤɭваɧɧя.  

ɄɅЮЧОВІ СɅОВА: ɝіɩɟɪɟɪɥаɧɝівɫьɤиɣ ɬа ɟɤɫɩɨɧɟɧɬɧиɣ ɡаɤɨɧи ɪɨɡɩɨɞіɥɭ, іɧɬɟɝɪаɥьɧɟ ɪівɧяɧɧя Ліɧɞɥі, ɦɟɬɨɞ ɫɩɟɤɬ-
ɪаɥьɧɨɝɨ ɪɨɡɤɥаɞаɧɧя, ɩɟɪɟɬвɨɪɟɧɧя Лаɩɥаɫа.  UDC 621.391.1:621.395 
THE ANALYSIS OF TWO QUEUING SYSTEMS HE2/M/1 WITH ORDINARY AND SHIFTED INPUT DISTRIBUTIONS 

 
Tarasov V. N. – Dr. Sc., Professor, Head of Department of Software and Management in Technical Systems of Volga State Uni-versity of Telecommunications and Informatics, Samara, Russian Federation.  

ABSTRACT 
Context. In queuing theory, G/M/1 and G/G/1 systems research is relevant in that there is still no solution in the final form for the general case for arbitrary laws of distributions of the input flow and service time. The problem of finding a solution for the aver-age waiting time in queue in a closed form for two systems with ordinary and shifted hypererlangian and exponential input distribu-tions is considered. 
Objective. Obtaining a solution for the main system characteristic – the average waiting time in queue for two queuing systems of type G/M/1 and G/G/1 with ordinary and shifted hypererlangian and exponential input distributions. 
Method. To solve this problem, we used the classical method of spectral decomposition of the solution of the Lindley integral equation. This method allows to obtaining a solution for the average waiting time for systems under consideration in a closed form. The method of spectral decomposition of the solution of the Lindley integral equation plays an important role in the theory of sys-tems G/G/1. For the practical application of the results obtained, the well-known method of moments of probability theory is used. 
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Results. The spectral decompositions of the solution of the Lindley integral equation for a pair of dual systems are for the first time received, with the help of which the formulas for the average waiting time in a closed form are derived. 
Conclusions. The spectral expansions of the solution of the Lindley integral equation for the systems under consideration are ob-tained and with their help the formulas for the average waiting time in the queue for these systems in a closed form are derived. These expressions expand and supplement the known queuing theory formulas for the average waiting time for G/M/1 and G/G/1 systems with arbitrary laws distributions of input flow and service time. This approach allows us to calculate the average latency for these systems in mathematical packages for a wide range of traffic parameters. All other characteristics of the systems are derived from the waiting time. In addition to the average waiting time, such an approach makes it possible to determine also moments of higher orders of waiting time. Given the fact that the packet delay variation (jitter) in telecommunications is defined as the spread of the waiting time from its average value, the jitter can be determined through the variance of the waiting time.  
KEYWORDS: hypererlangian and exponential distribution laws, Lindley integral equation, spectral decomposition method, Laplace transform.  
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A COMBINED APPROACH TO MODELING NONSTATIONARY 
HETEROSCEDASTIC PROCESSES 

 
Tymoshchuk O. L. – PhD, Associate Professor at the Department of Mathematical Methods of System Analysis, Institute for Applied Systems Analysis at the NTUU «Igor Sikorsky Kyiv Polytechnic Institute», Kiev, Ukraine. 
Huskova V. H. – Post-graduate student at the Department of Mathematical Methods of System Analysis, Institute for Applied Systems Analysis at the NTUU «Igor Sikorsky Kyiv Polytechnic Institute», Kiev, Ukraine. 
Bidyuk P. I. – Dr. Sc., Professor at the Department of Mathematical Methods of System Analysis, Institute for Ap-plied Systems Analysis at the NTUU «Igor Sikorsky Kyiv Polytechnic Institute», Kiev, Ukraine.  

ABSTRACT 
Context. Nonlinear nonstationary processes are observed today in various fields of studies: economy, finances, ecology, demog-raphy etc. Very often special approaches are required for model development and forecasts estimation for the processes mentioned. The modeling methodologies have to take into consideration possible uncertainties that are encountered during data processing and model structure and parameter estimation.  
Objective. To develop a modified methodology for constructing models for nonlinear processes that allows for achieving high quality of forecasts. More specifically heteroscedastic processes are considered that create a wide class of nonlinear nonstationary processes and are considered in many areas of research.  
Method. To reach the aim of the study mentioned the following methods are used: systemic approach to model building and forecasting, modified methodology for modeling nonlinear processes, methods for identification and taking into consideration possi-ble uncertainties. To cope with the structural uncertainties following techniques: refinement of model order applying recurrent adap-tive approach to modeling and automatic search for the “best” structure using complex statistical criteria; adaptive estimation of input delay time, and the type of data distribution with its parameters; describing detected nonlinearities with alternative analytical forms with subsequent estimation of the forecasts generated. 
Results. The proposed modified methodology for modeling nonlinear nonstationary processes, adaptation scheme for model building, new model structures proposed. As a result of performing computational experiments, it was found that nonlinear models constructed provide a possibility for computing high quality forecasts for the process under study and their variance.  
Conclusions. Application of the modeling methodology proposed provides a possibility for structural and parametric adaptation of the models constructed with statistical data. The models developed exhibit acceptable adequacy and quality of short-term forecast-ing.  
KEYWORDS: nonlinear nonstationary processes, systemic approach to modeling, structural and parametric adaptation, com-bined models, uncertainties in modeling and forecasting. 

ABBREVIATIONS ACF is an autocorrelation function; AIC is an Akaike information criterion; AR is an autoregression; ARCH is an autoregressive conditional heteroscedas-ticity; ARMA is an autoregression with moving average; DW is a Durbin-Watson statistic; EGARCH is an exponential generalized autoregres-sion with conditional heteroscedasticity; GARCH is a generalized autoregressive conditionally heteroscedastic; GMDH is a group method of data handling method; GNP is a gross national product; HSP is a heteroscedastic processes; IDA is an intellectual data analysis; KF is a Kalman filter; MAE is a mean absolute error; MAPE is a mean absolute percentage error; MCMC is a Markov chain Monte Carlo; ML is a maximum likelihood; MLNSVM is a modified log-normal model of stochas-tic volatility; NLS is a nonlinear least squares; NNP is a nonlinear nonstationary processes; SS is a state space; U is a Theil coefficient. 
 

NOMENCLATURE )(kh  is a conditional variance; )(1 ky  is a gross national product logarithm; )(2 ky  is a logarithm of tax deductions; 
y  is a sample mean for the data window w  selected for computing conditional variance; )(kx  is a vector of state variables; )(1 kx  is a level of internal investment;  )(2 kx  is a level of external investment; )(kz  is a vector of time delayed values of dependent variable )(ky ; 

mikz i ,...,2,1),( =  is an explaining variables for )(kx ; 
ii γα ,  is a model parameters to be estimated with maxi-mum likelihood or Monte Carlo Markov chain procedures; )(xiϕ  is a set of linear and nonlinear functions; )(kε  is a random process that influences financial process under study; )(ˆ2 kε  is an account effects of absolute values. 
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INTRODUCTION The study is focused on combined models develop-ment for forecasting nonlinear nonstationary heterosce-dastic processes in economy, finances, ecology and other areas. Most of the processes taking place in these areas belong to the class of nonlinear and nonstationary due to many random factors influencing their evolution in time. Financial processes are influenced by various random shocks happening inside of countries (local inflation, high competition between companies, unstable market situa-tions) where they are originated and by outside shocks in the form of general economic crisis, fast variability of prices on energy resources, raw materials and food etc. Processes in modern ecology and climatology also often exhibit unstable nonstationary development with nonlin-earities. Thus, the problem of constructing forecasting models for the process mentioned is urgent and it is con-sidered by many researchers [1–4].  A simplified classification of NNP in economy, fi-nances, demography, ecology, is shown in Fig. 1. The figure provides information for a general situation in the area of study.    Figure 1 – A simplified classification of dynamic  processes   

The object of study is the linear process can be non-stationary only in a case when it contains linear trend. Nonlinear processes can be piecewise stationary mostly in their stable mode of operation. NNP are most commonly met in many areas of study. They include nonlinear inte-grated process with trends of order two and higher, coin-tegrated processes with the same degree of integration, and heteroscedastic processes. The latter suggest simulta-neous constructing of the following two model types: first model describing evolution of the process (amplitude) itself, and the second model describing dynamics of con-ditional variance that is widely used in practice for solv-ing the problems of diagnostics (technical, medical, fi-nancial and economic), risk analysis in various spheres including, stock trading, investments etc. The article is concentrated on the studying of nonlinear nonstationary processes with time varying variance and mean on the interval of study.  
The subject of study is the known mathematical models and construct the new ones using statistical data. An approach to modeling the processes mentioned is pro-posed providing a possibility for constructing the models of acceptable adequacy.  
The purpose of the work is in development of methodology and system for constructing mathematical models of nonlinear nonstationary (heteroscedastic) processes of acceptable adequacy and providing a possi-bility for computing high quality of forecasts. Special software was developed on the purpose and illustrative examples are given. 

 
1 PROBLEM STATEMENT The purpose of the study is as follows: (1) develop-ment of some generalized methodology for modeling and forecasting nonlinear non-stationary heteroscedastic proc-esses both for the process itself and its conditional vari-ance; (2) development of combined model based upon linear and nonlinear regression; (3) performing of compu-tational experiments directed towards model constructing for NNP and computing short term forecasts for the proc-ess amplitudes and their conditional variances; (4) per-forming a comparative analysis of the results achieved with various models constructed with the computational experiments.  The formal problem statement is as follows: statistical data are given characterizing nonlinear nonstationary processes with arbitrary probabilistic distribution ))(),((~})({ 2 kkDistky yσμ , Nk ,...,1= , where const)( ≠μ k  is time varying mean; const)(2 ≠σ ky  is process variance that is varying on the interval of the process study. The statistical data parameters are subject to the following restrictions: ∞<μ )(k ; ∞<σ< )(0 2 ky  on the interval of studying.  It is necessary to con-struct mathematical models for the process mentioned of the general structure: )](,),(),([)( kkxkyFky εθ= , where )(kx  is possible independent variable; θ  is model vector parameters; )(kε  is stochastic process induced by external disturbances and measurement errors. The con-structed model selection criteria are based upon determi-nation coefficient, 2R , DW , MAPE, Theil coefficient, 

U , and combined criterion: 
θ

→+−+−= ˆ2 min21 UDWRJ . The models will be constructed according to the methodology proposed.   
2 REVIEW OF THE LITERATURE A comprehensive study of nonlinear nonstationary HSP is given in [5]. Here methodology of modeling and forecasting HSP using ARCH models is provided based on statistical data. Several parameter estimation methods are considered including maximum likelihood. A set of model misspecification tests is provided and fractionally 
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integrated models are analyzed. The volatility forecasting problem is considered with one-step-ahead and multistep forecasting using actual statistical data and known com-puter based systems for time series analysis.  A comparative study of VaR estimation methods for structured products is considered in [6]. The author stud-ies forecast accuracy of GARCH and EGARCH models by means of multivariate extension of the Diebold and Mariano [7] test proposed for non-nested models. It was shown that GARCH and EGARCH models often produce higher capital requirements than ARCH models in order to avoid default risks.  The article is concentrated on the problem of model-ing and forecasting heteroscedastic processes using sys-temic approach to solving the problems. Some special software was developed for identification and taking into consideration possible uncertainties relevant to statistical data processing.  Thus, among possible data uncertainties are the fol-lowing: missing measurements, random external influ-ences (state noise), short low informative samples, possi-ble outliers, noise corrupted measurements etc. These uncertainties are relatively easy identifiable and easy to correct with available data processing techniques for the lost measurements imputation, bootstrap analysis and filtering techniques. The model structure uncertainties aforementioned are provoked by poor data structure that does not contain enough information for model the struc-ture and parameter estimation.  The parametric uncertainties are closely related to the quality of available data and their influence is usually related to biased parameter estimates and low model ade-quacy. The remedy for avoiding the bias is in application of alternative parameter estimation techniques, among which are the following: maximum likelihood and MCMC procedures. A substantial improvement of fore-casts estimates can be reached with simultaneous hiring of alternative forecasting methods and forecasts combining techniques [8–12].   

3 MATERIALS AND METHODS Fig. 2 illustrates the scheme of the generalized ap-proach proposed that is suitable for modeling both linear and nonlinear processes as well as financial risk estima-tion.  First exponential smoothing, optimal Kalman or elliptical filtering is applied to input data to perform smoothing and prepare the data to model constructing procedures. After smoothing the model can be linear or nonlinear dependently on the specific effects contained in the input data. Generally data may contain linear and nonlinear part what will result in linear and nonlinear models (or components of a single model) simultaneously. In a case of heteroscedastic proc-esses analysis usually the following problems are solved: (1) constructing a model that describes formally the proc-ess itself; (2) constructing a model describing dynamics of conditional variance; (3) estimation of short-term fore-casts using both types of models.    Figure 2 – An approach to modeling heteroscedastic processes and financial risk estimation  The methodology proposed for modeling nonlinear non-stationary processes includes the steps formulated below.   – Data pre-processing before modeling that includes the following operations: imputation of missing observa-tions, measurements normalization, digital and/or optimal filtering, statistical processing of outliers etc.   – Identification and elimination (or decreasing of in-fluence) of data uncertainties using the following data processing procedures: estimation of non-measurable val-ues, estimation of statistical parameters for observations (variance, covariance, mean, median), appropriate data structuring, analysis of random external influences and their distributions, coping with measurement errors, tak-ing into consideration probabilistic uncertainties etc.  – Model structure estimation using statistical (correla-tion) and probabilistic (mutual information) data analysis techniques providing a possibility for determining the following elements of a model structure: model dimen-sion (number of equations); model order (order of autore-gression and moving average parts); nonlinearity and its type (nonlinearity with respect to variables or with respect to parameters); delay time estimate, and type of probabil-istic distribution for the variables under study; it is always desirable to estimate structures for several candidate models to get a possibility for further selection of the best one.  – Taking into consideration possible nonlinearities. It is recommended to construct first nonlinear part of a data model using various possibilities for describing nonlinear parts: polynomials, exponents, squared harmonic func-
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tions, bilinear constructions etc. Then linear part of the model is fitted using nonlinear model residuals. Good results were achieved with combining linear and nonlin-ear regression; linear regression and Bayesian networks; linear regression and special nonlinear functions like non-parametric kernels etc.  – Model parameters estimation using alternative methods such as NLS, ML, MCMC procedures and others providing unbiased estimates of parameters under specific distributions of variables and model structures. Applica-tion of alternative parameter estimation techniques pro-vides a possibility for further comparison of the estimates and selection of the best ones after comparison of the models constructed.  – Computing statistical parameters characterizing can-didate models adequacy and determining the most suit-able (adequate) one(s) among them. It is not necessarily to leave only one model for computing forecasts, it can be a set of the “best” models based on different ideologies. The final choice is always made after model application for solving the following specific problems: forecasting, control, constructing simulation model or deep analysis of the process under study.  Computing model based forecasts for the process (un-der study) evolution and their quality estimation for the final selection of the best forecasting model. Here another set of statistical quality criteria is used: MAPE, Theil coef-ficient, mean absolute error, minimum and maximum fore-casting errors etc. On the purpose of automatized model selection the following combined criteria is proposed:  

θ
→+−+−= ˆ2 min21 UDWRJ . – Testing the model(s) constructed on similar proc-esses (model calibration).  To timely and reliably monitor the methodology im-plementation it is necessary to utilize in modeling system at least three sets of statistical quality parameters: data quality parameters, model adequacy and forecasts quality statistics. Also the quality criteria selected/developed should analyze alternative decisions based on the fore-casts generated. Correct practical application of the meth-odology proposed is an important task aiming construct-ing adequate models suitable for solving the problems of forecasting, automatic (or semi-automatic) control, finan-cial risk estimation, business decision making, complex system simulation etc. Today there exist some known methodologies for studying linear and nonlinear nonstationary processes, and constructing adequate mathematical models in the aforementioned fields (including financial processes) us-ing statistical procedures for regression analysis and SS  representation [8, 9, 12]. Another popular approach to development linear and NNP models is based on IDA techniques: artificial neural networks, fuzzy sets, neuro-fuzzy models, static and dynamic Bayesian networks, complex multivariate distributions, non-parametric mod-els, decision trees etc.  

When constructing linear and nonlinear time series models it is convenient to use the proposed here unified notion of mathematical model structure:   
{ }lwdnmprS ,,,,,,=  (1)  where r is model dimension (number of equations); p is model order (maximum order of differential or difference equation used for process description); m is a number of independent variables; n is nonlinearity and its type (with respect to variables or parameters); d is input delay time; 

w is external stochastic disturbance and its type of distri-bution; l represents possible restrictions on variables and parameter values. The aforementioned elements of a model structure are estimated using available statistical tests and correlation analysis techniques: correlation ma-trix, ACF, partial ACF, bi-correlations, and higher order correlation functions.  Some nonlinear models that were utilized successfully in practice resulted from former studying of econometric time series. Nonlinear regression of the type shown below is used to describe GNP and tax deductions [10]:    ).(1)(2)(12 ))(2exp(12)1(110)(1
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expanded with quadratic form of the type )()( kkT zAz ;  

ixxi ∀ϕ=ϕ ),()( , where )(xϕ  is a link function, for example appropriate probability density function or logis-tic function of the type:   )),((exp1 1)),((
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yxy  (8)  where )(ky  is ]1[ ×n  a vector of dependent variables;  ])1(...,),1(),([)( +−−= nkkkk yyyx  is a vector of state variables; dynamics of the variables is described by the model:    )()1())1(())1(()( kvkkkhk +−−+−= xxFxx . (9)  The model based forecasts can be computed, for ex-ample, with six selected (or more) techniques given in fig. 3. Regression model (autoregression or with moving av-erage) is used for generating forecast as well as its trans-formed version into SS form for further use by optimal KF. Adaptive version of KF provides a possibility for forecasting and on-line (off-line) estimation of state dis-turbances and measurement noise covariance. The GMDH generates models in the general form of Kolmo-gorov-Gabor polynomial, and the last three methods are related to the intellectual data analysis techniques. Thus, here we have the combination of classic regression (statis-tical) approach with intellectual data analysis techniques. The best result of combining the forecasts is achieved when variances of forecasting errors for selected forecast-ing techniques do not differ substantially. Some other possibilities for hiring nonlinear models for formal de-scription of NNP are shown in table 1. Most of them have been used successfully for modeling and forecasting eco-nomic and financial processes.  The models (No. 1–8) presented in Table 1 have known structure though it can be modified in the process of adap-tation using specific statistical data. Model 1 was success-fully applied for trend modeling of various orders together with short-term deviations from conditional mean. Models 2, 4 can describe bilinear and exponential nonlinearities or nonlinearity with saturation (model 3). Models 5 and 6 are used for description of conditional variance dynamics while modeling heteroscedastic process. The last one turned out to be the best model for short term  forecasting of variance 
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i  9 State-space representation )()](),([)]1(),([)( kdkkkkk wubBxaFx +−+−=  10 Neural networks – Selected (constructed) network structure  11 Fuzzy sets and neuro-fuzzy models – Combination of fuzzy variables and neural network model  12 Dynamic Bayesian networks – Probabilistic Bayesian network structure constructed with data and/or expert estimates  13 Multivariate distributions – Like copula application for describ-ing multivariate distribution  14 Immune systems – Immune algorithms and combined models   in about 90% of applications performed by the authors. Models 7, 8, 9 can describe arbitrary nonlinearities with respect to variables of order 3–5 or higher. Fuzzy sets based approach to modeling supposes generating of a set of 
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rules that could describe with acceptable quality function-ing of selected processes and formulate appropriate logical inference. Neural networks and fuzzy neural networks are suitable for modeling sophisticated nonlinear functions in conditions of availability of some unobservable variables. Dynamic Bayesian networks and multivariate distributions are statistical/probabilistic models that could describe com-plex multivariate processes (systems) with generating final result of their application in the form of conditional prob-abilities (probabilistic inference).  The model based forecasts for nonstationary process it-self can be computed, for example, with six selected (or more) techniques given in Fig. 3. Regression model (auto-regression or with moving average) is used for generating forecast as well as its transformed version into SS form for further use by optimal Kalman filter. Adaptive version of KF provides a possibility for forecasting and on-line (off-line) estimation of state disturbances and measurement noise covariance. The GMDH generates models in the gen-eral form of Kolmogorov-Gabor polynomial, and the last three methods are related to the intellectual data analysis techniques. Thus, here we have the combination of classic regression (statistical) approach with intellectual data analysis techniques. The best result of combining the fore-casts is achieved when variances of forecasting errors for selected forecasting techniques do not differ substantially. Some other possibilities for hiring linear and nonlinear models are shown in table 1.    Figure 3 – Illustration of the combining principle  for alternative forecasts  Models of conditional variance. Today there exist a wide variety of models describing dynamic of conditional variance. Here we will mention only those that were tested during experimental studies using statistical data. We propose modified log-normal model of stochastic volatility in the following form:   
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 is conditional variance that characterizes dynamics of the financial time series under study. The model proposed also takes into consideration necessary depth of memory for the process formed by the values of conditional variance )(kh , as well as the values of basic variable )(ky , that provides a possi-bility for taking into consideration influence of positive and negative disturbances to conditional variance. The per-formed testing of the model proved the possibility of its practical application for forecasting conditional volatility and financial risk estimation.  One of the best results so far with forecasting the vari-ance was achieved with exponential generalized autore-gression with conditional heteroscedasticity (EGARCH) shown below [2]:   )()](log[)( )( )( )()](log[ 11 10
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= , (11)  where )(kh  is conditional variance; )(kε  is random process that influences financial process under study; 
ii γα ,  are model parameters to be estimated with maxi-mum likelihood or MCMC procedures; )(kυ  are model residuals.  

 
4 EXPERIMENTS The analysis included three experiments. In the first experiment time series was applied for studying of the gold prices within the period between 2005–2006 years. The statistical characteristics showing constructed models and forecasts quality are given in Table 2. Here the case is considered when optimal KF was not used for preliminary data processing smoothing.  The second experiment was statistical analysis of the time series selected with application of Goldfeld-Quandt test proved that gold prices data create heteroscedastic process with time varying conditional variance. As far as the variance is one of the key parameters that is used in the rules for performing trading operations it is necessary to construct appropriate forecasting models. Table 4 contains statistical characteristics of the models constructed as well as quality of short-term forecasting. To solve the problem we used GARCH models together with description of the processes trend which is rather sophisticated (high order process). The models of this type GARCH demonstrated low quality of short-term forecasts, and quite acceptable EGARCH one-step ahead forecasting properties. Forecasting financial process (stock prices) using com-bined (linear + nonlinear) model – third experiment. The combined model includes optimal and digital filters, linear regression models and nonlinear logit model (Fig. 4).  
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 Figure 4 – Combined model: filtering + linear  regression + nonlinear regression The purpose of using the filters is to perform data smoothing (suppressing high frequency components) and this way prepare it for modeling. Besides, applica-tion of optimal KF additionally provides a possibility for solving the following problems: estimation of non-measurable state vector components; variance (covari-ance) estimation for observations and the state vector; and short-term forecasting in a case of necessity.  The data used reflect dynamics of stock prices to-gether with technical analysis indicators. The indicators computed on the basis of actual dynamics of prices create useful data for modeling and forecasting financial proc-esses. Among widely used indicators are the following: Pivot Point, Woodie’s Pivot Points, Fibonacci’s Pivot Points, Camarilla’s Pivot Points.  

 

5 RESULTS Experiment 1 shown that the best model turned out to be AR(1) + trend of 4th order. It provides a possibility for one step ahead forecasting with mean absolute percentage error of about 3.19%, and Theil coefficient is =U 0.024.  Table 2 – Models and forecasts quality without Kalman filter application Model quality Forecast quality  Model type 2R  ∑ )(2 ke  DW MS MAE MA PE Theil AR(1) 0.99 25644.67 2.15 49.82 41.356 8.37 0.046 AR(1,4) 0.99 25588.10 2.18 49.14 40.355 8.12 0.046 AR(1) + 1st order trend 0.99 25391.39 2.13 34.39 25.109 4.55 0.032 
АР(1,4) +1st order trend 0.99 25332.93 2.18 34.51 25.623 4.67 0.032 AR(1) + 4th order trend 0.99 25173.74 2.12 25.92 17.686 3.19 0.024  The Theil coefficient shows that this model is gener-ally good for short-term forecasting. Statistical character-istics of the models and respective forecasts computed with KF application for data smoothing are given in ta-ble 3. Here optimal filter (with random walk model) played positive role what is supported by respective statis-tical quality parameters.  Again the best model turned out to be AR(1) + trend of 4th order. It provides a possibility for one step ahead forecasting with mean absolute percentage error of about 2.71%, and Theil coefficient is: =U 0.019. Thus, in this case the results achieved are better than in previous mod-eling and short-term forecasting without filter application. 

Table 3 – Models and forecasts quality with  application of Kalman filter Model quality   Forecast quality   Model type  2R  ∑ )(2 ke  DW MSE MAE MA PE Theil AR(1) 0.99 24376.32 2.11 45.21 39.73 7.58 0.037 AR(1.4) 0.99 24141.17 2.09 47.29 38.75 7.06 0.035 AR(1) + 1st  order trend  0.99 23964.73 2.08 31.15 22.11 3.27 0.029 AR(1) + 4th  order trend 0.99 22396.83 2.04 21.35 13.52 2.71 0.019  Experiment 2. Statistical analysis of the time series se-lected with application of Goldfeld-Quandt test proved that gold prices data create heteroscedastic process with time varying conditional variance. As far as the variance is one of the key parameters that is used in the rules for performing trading operations it is necessary to construct appropriate forecasting models. Table 4 contains statisti-cal characteristics of the models constructed as well as quality of short-term variance forecasting. To solve the problem we GARCH models together with description of the processes trend which is rather sophisticated (high order process). The models of this type GARCH demon-strated low quality of short-term forecasts, and quite ac-ceptable EGARCH one-step ahead forecasting properties.   Table 4 – Results of modeling and forecasting  conditional variance Model quality  Forecast quality   Model type 2R  ∑ )(2 ke  DW MSE MAE MAPE Theil GARCH (1,7) 0.99 153639 0.113 972.5 – 517.6 0.113 GARCH (1,10)  0.99 102139 0.174 458.7 – 211.3 0.081 GARCH (1,15) 0.99 80419 0.337 418.3 – 121.6 0.058 MLNSVM (3, 7) 0.99 61377 0.405 79.5 – 9.97 0.027 EGARCH (1, 7) 0.99 45184 0.429 67.8 – 8.74 0.023  Thus, the best model constructed was exponential GARCH(1,7). The achieved value of MAPE = 8.74% comprises very good result for forecasting conditional vari-ance. The second was the model proposed MLNMSV that has two order parameters: p  and q , with  MAPE = 9.97%. Further improvements of the forecasts were achieved with application of the adaption scheme [1, 7]. An average improvement of the forecasts was in the range be-tween 0.5–1.5%, what justifies advantages of the approach proposed. Combination of the forecasts generated with different forecasting techniques helped to further decrease mean absolute percentage forecasting error for about 0.5 – 0.8% in this particular case. It should be stressed that analysis of heteroscedastic processes is very popular today due to multiple engineering, economic and financial appli-cations of the models and forecasts based upon them. The methodology developed also supposes constructing of combined models including classical statistical regression and probabilistic models in the form of Bayesian networks.   
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Experiment 3. The following notations were used for the indicators: Pivot  is “turning point”; S1  is first level of support; S2  is second level of support; S3  is third level of support; R1 , R2  and R3  are first, second and third levels of resistance. All three indicators work in a similar way. If open price is higher than, Pivot , and the price starts mov-ing down, then from of view of technical analysis it is probable that after reaching Pivot  value, the price will go up. In the case when this did not happen and the price con-tinues moving down then, from the point of view of techni-cal analysis, it is probable that the price may perform a turn or stop moving down when it approaches the level of, S1 . The same situation takes place for S2  and, S3 . However, price reaches the level of S3  very seldom. Even when the price gets down lower than, S3 , then probability of its next moving down is very low. The same situation takes place in the case of a price moving up but here instead of indica-tors S1 , S2 , S3  should be used R1 , R2 , R3 .  To construct regression models first were used mini-mum daily exchange rate for the pair USD/CHF (257 val-ues for 2007). The first multiple regression model was constructed for minimum price with independent vari-ables, S1 , S2 , 3S :  ( ) 0.0164 0.1724 1( ) 5.3885 2( )4.2251 3( ),y k S k S k

S k

= − + ⋅ − ⋅ +
+ ⋅

 (12)  where  k  is discrete time as before. This model does not include autoregression part because this variant results in degeneration of measurement matrix. The model con-structed has the following statistical characteristics of adquacy: ;277.8;0038.0;9899.02 −=== AICSSRR  9542.1=DW  All statistics exhibit quite acceptable val-ues. Statistical characteristics that characterize quality of one-step-ahead prediction are as follows: RMSE = 0.0038; MAE  = 0.003; MAPE  = 0.2525%;   U = 0.0016. Number of correct forecasts for direction of price evolu-tion was 187 or 73.05%.  As far as evolution of stock prices very often takes place along arbitrary nonlinear trajectories, to describe correctly the processes it is necessary to use nonlinear models. In some cases rather simple approach to solving the problem is application of nonlinear logistic regression. It can be helpful for forecasting direction of a price mov-ing during the next step of its evolution. If at the moment of time 1+t  price will be higher than at the moment, t , denote this situation (price growth) as “1”, and price de-creasing denote as “0”. These values were used as inputs (for left-hand-side) of logistic regression and classifica-tion tree. The same notation was used for growth and de-creasing of the Pivot Point indicator with the following additional notations for respective variables: 1Ŝ , 2Ŝ , 3Ŝ , P̂ , 1R̂ , 2R̂ , 3R̂ . These variables were used as in-dependent ones in logistic regression and classification tree. The following model was constructed for the minimum price:   
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−⋅+⋅+−=  (16)  Results of forecasting direction for evolution of mini-mum price are presented in Table 5.   Table 5 – Results of forecasting direction for  evolution of minimum price Model type  Probability of correct direc-tion forecast Linear regression with indicators  73.05% Logistic regression with Pivot Point 68.36% Classification tree with Pivot Point 68.36% Logistic regression with Pivot Point + forecast by linear model   75.03% Classification tree with Pivot Point + forecast by linear model  73.83% Logistic regression with Woodie’s Pivot Point 68.75% Classification tree with Woodie’s Pivot Point 68.36% Logistic regression with Woodie’s Pivot Point + forecast by linear model 75.39% Classification tree with Woodie’s Pivot Point + forecast by linear model  73.83% Logistic regression with Fibonacci’s Pivot Point 65.23% Classification tree with Fibonacci’s Pivot Point 65.23% Logistic regression with Fibonacci’s Pivot Point + forecast by linear model  74.22% Classification tree with Fibonacci’s Pivot Point + forecast by linear model  73.83%  Thus, in both cases (logistic regression and classifica-tion tree) the best results were achieved with the use of additional forecast achieved by the linear model. The sta-tistical quality characteristics of the forecasts achieved show high quality of the forecasts and possibility of their use in trading rules.   
6 DISCUSSION Based on table 5 we got the following results: for the threshold value of probability 0.44 the first type error accepted the value of about 53, and second type error was 28. The number of correctly forecasted directions for price evolution was 175 or 68.36%. The use of the classi-fication tree (CHAID algorithm) with threshold value 0.35 practically led to the same result.  To improve quality of the forecasts the models of lo-gistic regression and classification tree were augmented with forecasts of price evolution generated by linear re-gression using the same notation for the growth and de-creasing, where linear regression output that accepts the value of “1” if forecast shows growth of the price, and “0” 

87



e-ISSN 1607-3274   Раɞіɨɟɥɟɤɬɪɨɧіɤа, іɧɮɨɪɦаɬиɤа, ɭɩɪавɥіɧɧя. 2019. № 2 p-ISSN 2313-688X  Radio Electronics, Computer Science, Control. 2019. № 2   

© Tymoshchuk O. L., Huskova V. H., Bidyuk P. I., 2019 DOI 10.15588/1607-3274-2019-2-9 
if forecast shows decreasing of the price. For the thresh-old value of probability 0.39 the first type error accepted the value of about 39, and second type error was 25. The number of correctly forecasted directions for price evolu-tion was 192 or 75.0%. When classification tree was used for the threshold value of probability 0.32 the first type error accepted the value of about 54, and second type er-ror was 13. The number of correctly forecasted directions for price evolution was 189 or 73.83%.  

CONCLUSIONS In this article we proposed an approach for obtaining high-quality results of the adequacy of the final model was obtained to describe formally linear and nonlinear parts of a process under study using the software devel-oped on the purpose.  
The scientific novelty of obtained results is that the  original definition of model structure was given and a short review of mathematical models for nonlinear non-stationary processes was presented. Several application examples were provided that exhibit high quality of final results namely model adequacy and quality of the fore-casts. A methodology was proposed for mathematical modeling and forecasting nonlinear nonstationary in economy and finances using statistical data, though the methodology is applicable to constructing models in de-mography, ecology as well as in many other spheres of human activity where data is available in the time series form. The methodology is based on general system analy-sis principles that suppose hierarchical structure of data analysis procedure, identification and processing of pos-sible uncertainties. The systemic approach to modeling also supposes development and implementation of adap-tive schemes for model structure and parameter estima-tion, application of statistical, probabilistic and other cri-teria for model constructing procedure, and to selection of the best model for specific application. 
The practical significance of obtained results is that the performed tracking the computational procedures at all stages of data processing and model development with appropriate sets of quality statistics provides a possibility for achieving high quality of intermediate and final re-sults. As instrumentation for fighting possible uncertain-

ties the following techniques were used: optimal filtering procedures, missing data imputation techniques, multiple methods for model parameter estimation, and Bayesian programming approach, decision trees etc. 
Prospects for further research will be focused on re-finement of the methodology proposed namely model structure and parameter estimation procedures, develop-ment of new model structures for NNP and active use of ideologically different approaches to modeling and fore-casting in the frames of one modeling and forecasting system.  

REFERENCES 1. Bidyuk P., Prosyankina-Zharova T., Terentiev O. Modeling nonlin-ear nonstationary processes in economy and finances, Advances in 
Intelligent Systems and Computing (Springer), 2018, Vol. 754, pp. 735–745. DOI: 10.1007/978-3-319-91008-6_72 2. De Gooijer J. G. Elements of nonlinear time series analysis and forecasting. Cham (Switzerland): Springer, 2017, 618 p. DOI: 10.1007/978-3-319-43252-6 3. Tsay R. S. Analysis of financial time series. New York, John Wiley & Sons, Inc., 2010, 715 p. DOI: 10.2307/4128199 4. Cheng Ch., Sa-Ngasoongsong, Beyka O .F. et al. Time series fore-casting for nonlinear and nonstationary process: a review and com-parative study, IIE Transactions, 2016, Vol. 47, pp. 1053–1071. DOI: 10.1080/0740817X.2014.999180 5. Xekalaki E., Degiannakis S. ARCH models for financial applica-tions. Chichester, John Wiley & Sons Ltd., 2010, 520 p. DOI: 10.1002/9780470688014 6. Chen F. Y. A Comparative study of VaR estimation for structured products, Economics Research International, 2010, Article ID 838469, pp. 1–16. DOI: 10.1155/2010/838469 7. Diebold F. X., Mariano R. S. Comparing predicting, Journal of 
Business and Economic Statistics, 1995, Vol. 13, pp. 253–263. DOI: 10.1080/07350015.1995.10524599 8. Diebold F.X. Elements of forecasting. Ohio, Thomson South-Western, 2007, 458 p. DOI: 10.1016/j.ijforecast.2008.05.004 9. Bidyuk P. I., Тrofymchuk O.M., Kozhukhivska O. A. Probabilistic and statistical uncertainty processing using decision support sys-tems, Visnyk of Lviv Polytechnic National University, 2015, No. 826, pp. 237–248.  10. Diebold F.X. Forecasting in economics, business, finance and be-yond. Pennsylvania, University of Pennsylvania, 2015, 607 p.  11. Hansen B.E. Econometrics. University of Wisconsin, 2017, 427 p. DOI: 10.1080/00220485.2017.1320610 12. Bidyuk P. I., Dovgij S. O., Trofymchuk O. M. DSS based on statis-tical and probabilistic procedures. Kyiv, Logos, 2014, 420 p.  Received 13.12.2018. Accepted 27.02.2019. 

УДК 004.942: 519.216.3 
ɄОɆȻІɇОВАɇɂɃ ɉІȾɏІȾ ȾО ɆОȾЕɅЮВАɇɇə ɇЕСɌАɐІОɇАРɇɂɏ ГЕɌЕРОСɄЕȾАСɌɂЧɇɂɏ ɉРОɐЕСІВ 
Ɍиɦɨщɭɤ О. Ʌ. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɞɨɰɟɧɬ ɤаɮɟɞɪи ɦаɬɟɦаɬиɱɧиɯ ɦɟɬɨɞів ɫиɫɬɟɦɧɨɝɨ аɧаɥіɡɭ, Іɧɫɬиɬɭɬ ɩɪиɤɥаɞɧɨɝɨ ɫиɫɬɟɦɧɨ-

ɝɨ аɧаɥіɡɭ, НТУУ «Киʀвɫьɤиɣ ɩɨɥіɬɟɯɧіɱɧиɣ іɧɫɬиɬɭɬ іɦ. Іɝɨɪя ɋіɤɨɪɫьɤɨɝɨ », Киʀв, Уɤɪаʀɧа. 
Гɭɫьɤɨва В. Г. – аɫɩіɪаɧɬ ɤаɮɟɞɪи ɦаɬɟɦаɬиɱɧиɯ ɦɟɬɨɞів ɫиɫɬɟɦɧɨɝɨ аɧаɥіɡɭ, Іɧɫɬиɬɭɬ ɩɪиɤɥаɞɧɨɝɨ ɫиɫɬɟɦɧɨɝɨ аɧаɥіɡɭ, НТУУ «Киʀвɫьɤиɣ ɩɨɥіɬɟɯɧіɱɧиɣ іɧɫɬиɬɭɬ іɦ. Іɝɨɪя ɋіɤɨɪɫьɤɨɝɨ », Киʀв, Уɤɪаʀɧа. 
Ȼіɞюɤ ɉ. І. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɨɪ ɤаɮɟɞɪи ɦаɬɟɦаɬиɱɧиɯ ɦɟɬɨɞів ɫиɫɬɟɦɧɨɝɨ аɧаɥіɡɭ, Іɧɫɬиɬɭɬ ɩɪиɤɥаɞɧɨɝɨ ɫиɫɬɟɦɧɨɝɨ 

аɧаɥіɡɭ, НТУУ «Киʀвɫьɤиɣ ɩɨɥіɬɟɯɧіɱɧиɣ іɧɫɬиɬɭɬ іɦ. Іɝɨɪя ɋіɤɨɪɫьɤɨɝɨ », Киʀв, Уɤɪаʀɧа. 
AɇОɌАɐІə 

Аɤɬɭаɥьɧіɫɬь. Нɟɥіɧіɣɧі ɧɟɫɬаɰіɨɧаɪɧі ɩɪɨɰɟɫи ɫьɨɝɨɞɧі ɫɩɨɫɬɟɪіɝаɸɬьɫя в ɪіɡɧиɯ ɨɛɥаɫɬяɯ ɞɨɫɥіɞɠɟɧь: ɟɤɨɧɨɦіɤа, ɮіɧаɧɫи, 
ɟɤɨɥɨɝія, ɞɟɦɨɝɪаɮія і ɬ. ɞ. Дɭɠɟ ɱаɫɬɨ ɞɥя ɪɨɡɪɨɛɤи ɦɨɞɟɥɟɣ і ɩɪɨɝɧɨɡів ɡɝаɞаɧиɯ ɩɪɨɰɟɫів ɩɨɬɪіɛɧі ɫɩɟɰіаɥьɧі ɩіɞɯɨɞи. Мɟɬɨɞɨɥɨ-
ɝіʀ ɦɨɞɟɥɸваɧɧя ɩɨвиɧɧі вɪаɯɨвɭваɬи ɦɨɠɥиві ɧɟвиɡɧаɱɟɧɨɫɬі, ɳɨ виɧиɤаɸɬь ɩɪи ɨɛɪɨɛɰі ɞаɧиɯ, ɫɬɪɭɤɬɭɪі ɦɨɞɟɥі і ɨɰіɧɤи ɩаɪаɦɟ-
ɬɪів. 

Ɇɟɬа ɪɨɛɨɬи. Рɨɡɪɨɛиɬи ɦɨɞиɮіɤɨваɧɭ ɦɟɬɨɞɨɥɨɝіɸ ɩɨɛɭɞɨви ɦɨɞɟɥɟɣ ɧɟɥіɧіɣɧиɯ ɩɪɨɰɟɫів, яɤа ɞɨɡвɨɥяє ɞɨɫяɝɬи виɫɨɤɨʀ яɤɨ-
ɫɬі ɩɪɨɝɧɨɡів. Біɥьш ɤɨɧɤɪɟɬɧɨ ɪɨɡɝɥяɧɭɬі ɝɟɬɟɪɨɫɤɟɞаɫɬиɱɧі ɩɪɨɰɟɫи, яɤі ɫɬвɨɪɸɸɬь шиɪɨɤиɣ ɤɥаɫ ɧɟɥіɧіɣɧиɯ ɧɟɫɬаɰіɨɧаɪɧиɯ 
ɩɪɨɰɟɫів і ɪɨɡɝɥяɞаɸɬьɫя в ɛаɝаɬьɨɯ ɨɛɥаɫɬяɯ ɞɨɫɥіɞɠɟɧь. 

Ɇɟɬɨɞ. Дɥя ɞɨɫяɝɧɟɧɧя ɦɟɬи ɡɝаɞаɧɨɝɨ ɞɨɫɥіɞɠɟɧɧя виɤɨɪиɫɬɨвɭɸɬьɫя ɧаɫɬɭɩɧі ɦɟɬɨɞи: ɫиɫɬɟɦɧиɣ ɩіɞɯіɞ ɞɨ ɩɨɛɭɞɨви ɦɨɞɟ-
ɥɟɣ і ɩɪɨɝɧɨɡɭваɧɧя, ɦɨɞиɮіɤɨваɧа ɦɟɬɨɞɨɥɨɝія ɦɨɞɟɥɸваɧɧя ɧɟɥіɧіɣɧиɯ ɩɪɨɰɟɫів, ɦɟɬɨɞи іɞɟɧɬиɮіɤаɰіʀ ɬа вɪаɯɭваɧɧя ɦɨɠɥивиɯ 
ɧɟвиɡɧаɱɟɧɨɫɬɟɣ. Дɥя ɩɨɞɨɥаɧɧя ɫɬɪɭɤɬɭɪɧиɯ ɧɟвиɡɧаɱɟɧɨɫɬɟɣ виɤɨɪиɫɬɨвɭɸɬьɫя ɦɟɬɨɞи: ɭɬɨɱɧɟɧɧя ɩɨɪяɞɤɭ ɦɨɞɟɥɟɣ ɡ виɤɨɪиɫ-
88
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ɬаɧɧяɦ ɩɟɪіɨɞиɱɧɨɝɨ аɞаɩɬивɧɨɝɨ ɩіɞɯɨɞɭ ɞɨ ɦɨɞɟɥɸваɧɧя і авɬɨɦаɬиɱɧиɣ ɩɨшɭɤ «ɧаɣɤɪаɳɨʀ» ɫɬɪɭɤɬɭɪи ɡ виɤɨɪиɫɬаɧɧяɦ ɫɤɥаɞ-
ɧиɯ ɫɬаɬиɫɬиɱɧиɯ ɤɪиɬɟɪіʀв; аɞаɩɬивɧа ɨɰіɧɤа ɱаɫɭ ɡаɬɪиɦɤи ввɟɞɟɧɧя і ɬиɩɭ ɪɨɡɩɨɞіɥɭ ɞаɧиɯ ɡ ʀɯ ɩаɪаɦɟɬɪаɦи; ɨɩиɫ виявɥɟɧиɯ 
ɧɟɥіɧɟɣɧɨɫɬɟɣ ɡа ɞɨɩɨɦɨɝɨɸ аɥьɬɟɪɧаɬивɧиɯ аɧаɥіɬиɱɧиɯ ɮɨɪɦ ɡ ɩɨɞаɥьшɨɸ ɨɰіɧɤɨɸ ɨɬɪиɦаɧиɯ ɩɪɨɝɧɨɡів. 

Рɟзɭɥьɬаɬи. Заɩɪɨɩɨɧɨваɧɨ ɦɨɞиɮіɤɨваɧɭ ɦɟɬɨɞɨɥɨɝіɸ ɦɨɞɟɥɸваɧɧя ɧɟɥіɧіɣɧиɯ ɧɟɫɬаɰіɨɧаɪɧиɯ ɩɪɨɰɟɫів, ɫɯɟɦɭ аɞаɩɬаɰіʀ ɞɥя 
ɩɨɛɭɞɨви ɦɨɞɟɥɟɣ, ɡаɩɪɨɩɨɧɨваɧі ɧɨві ɦɨɞɟɥьɧі ɫɬɪɭɤɬɭɪи. В ɪɟɡɭɥьɬаɬі виɤɨɧаɧɧя ɨɛɱиɫɥɸваɥьɧиɯ ɟɤɫɩɟɪиɦɟɧɬів ɛɭɥɨ виявɥɟɧɨ, 
ɳɨ ɩɨɛɭɞɨваɧі ɧɟɥіɧіɣɧі ɦɨɞɟɥі ɞаɸɬь ɦɨɠɥивіɫɬь ɨɛɱиɫɥɸваɬи ɩɪɨɝɧɨɡи виɫɨɤɨʀ яɤɨɫɬі ɞɥя ɞɨɫɥіɞɠɭваɧɨɝɨ ɩɪɨɰɟɫɭ ɬа ʀɯ ɞиɫɩɟɪ-
ɫіʀ. 

Виɫɧɨвɤи. Заɫɬɨɫɭваɧɧя ɡаɩɪɨɩɨɧɨваɧɨʀ ɦɟɬɨɞɨɥɨɝіʀ ɦɨɞɟɥɸваɧɧя ɞає ɦɨɠɥивіɫɬь ɫɬɪɭɤɬɭɪɧɨʀ ɬа ɩаɪаɦɟɬɪиɱɧɨʀ аɞаɩɬаɰіʀ ɦɨ-
ɞɟɥɟɣ, ɩɨɛɭɞɨваɧиɯ ɡа ɫɬаɬиɫɬиɱɧиɦи ɞаɧиɦи. Рɨɡɪɨɛɥɟɧі ɦɨɞɟɥі ɞɟɦɨɧɫɬɪɭɸɬь ɩɪиɣɧяɬɧɭ аɞɟɤваɬɧіɫɬь і яɤіɫɬь ɤɨɪɨɬɤɨɫɬɪɨɤɨвɨɝɨ 
ɩɪɨɝɧɨɡɭваɧɧя. 

ɄɅЮЧОВІ СɅОВА: ɧɟɥіɧіɣɧі ɧɟɫɬаɰіɨɧаɪɧі ɩɪɨɰɟɫи, ɫиɫɬɟɦɧиɣ ɩіɞɯіɞ ɞɨ ɦɨɞɟɥɸваɧɧя, ɫɬɪɭɤɬɭɪɧа і ɩаɪаɦɟɬɪиɱɧа аɞаɩɬа-
ɰія, ɤɨɦɛіɧɨваɧі ɦɨɞɟɥі, ɧɟвиɡɧаɱɟɧіɫɬь в ɦɨɞɟɥɸваɧɧі ɬа ɩɪɨɝɧɨɡɭваɧɧі.  
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ɉРОɐЕССОВ 

Ɍиɦɨщɭɤ О.Ʌ. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɞɨɰɟɧɬ ɤаɮɟɞɪɵ ɦаɬɟɦаɬиɱɟɫɤиɯ ɦɟɬɨɞɨв ɫиɫɬɟɦɧɨɝɨ аɧаɥиɡа, Иɧɫɬиɬɭɬ ɩɪиɤɥаɞɧɨɝɨ ɫиɫ-
ɬɟɦɧɨɝɨ аɧаɥиɡа, НТУУ «Киɟвɫɤиɣ ɩɨɥиɬɟɯɧиɱɟɫɤиɣ иɧɫɬиɬɭɬ иɦ. Иɝɨɪя ɋиɤɨɪɫɤɨɝɨ», Киɟв, Уɤɪаиɧа. 

Гɭɫьɤɨва В. Г. – аɫɩиɪаɧɬ ɤаɮɟɞɪɵ ɦаɬɟɦаɬиɱɟɫɤиɯ ɦɟɬɨɞɨв ɫиɫɬɟɦɧɨɝɨ аɧаɥиɡа, Иɧɫɬиɬɭɬ ɩɪиɤɥаɞɧɨɝɨ ɫиɫɬɟɦɧɨɝɨ аɧаɥиɡа, 
НТУУ «Киɟвɫɤиɣ ɩɨɥиɬɟɯɧиɱɟɫɤиɣ иɧɫɬиɬɭɬ иɦ. Иɝɨɪя ɋиɤɨɪɫɤɨɝɨ», Киɟв, Уɤɪаиɧа. 

Ȼиɞюɤ ɉ.ɂ. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɫɨɪ ɤаɮɟɞɪɵ ɦаɬɟɦаɬиɱɟɫɤиɯ ɦɟɬɨɞɨв ɫиɫɬɟɦɧɨɝɨ аɧаɥиɡа, Иɧɫɬиɬɭɬ ɩɪиɤɥаɞɧɨɝɨ ɫиɫɬɟɦ-
ɧɨɝɨ аɧаɥиɡа, НТУУ «Киɟвɫɤиɣ ɩɨɥиɬɟɯɧиɱɟɫɤиɣ иɧɫɬиɬɭɬ иɦ. Иɝɨɪя ɋиɤɨɪɫɤɨɝɨ», Киɟв, Уɤɪаиɧа. 

AɇɇОɌАɐɂə 
Аɤɬɭаɥьɧɨɫɬь. Нɟɥиɧɟɣɧɵɟ ɧɟɫɬаɰиɨɧаɪɧɵɟ ɩɪɨɰɟɫɫɵ ɧаɛɥɸɞаɸɬɫя ɫɟɝɨɞɧя в ɪаɡɥиɱɧɵɯ ɨɛɥаɫɬяɯ иɫɫɥɟɞɨваɧиɣ: ɷɤɨɧɨɦиɤа, 

ɮиɧаɧɫɵ, ɷɤɨɥɨɝия, ɞɟɦɨɝɪаɮия и ɬ. ɞ. Ɉɱɟɧь ɱаɫɬɨ ɞɥя ɪаɡɪаɛɨɬɤи ɦɨɞɟɥɟɣ и ɩɪɨɝɧɨɡɨв ɭɩɨɦяɧɭɬɵɯ ɩɪɨɰɟɫɫɨв ɬɪɟɛɭɸɬɫя ɫɩɟɰи-
аɥьɧɵɟ ɩɨɞɯɨɞɵ. Мɟɬɨɞɨɥɨɝии ɦɨɞɟɥиɪɨваɧия ɞɨɥɠɧɵ ɭɱиɬɵваɬь вɨɡɦɨɠɧɵɟ ɧɟɨɩɪɟɞɟɥɟɧɧɨɫɬи, вɨɡɧиɤаɸɳиɟ ɩɪи ɨɛɪаɛɨɬɤɟ 
ɞаɧɧɵɯ, ɫɬɪɭɤɬɭɪɟ ɦɨɞɟɥи и ɨɰɟɧɤɟ ɩаɪаɦɟɬɪɨв. 

ɐɟɥь ɪаɛɨɬɵ. Раɡɪаɛɨɬаɬь ɦɨɞиɮиɰиɪɨваɧɧɭɸ ɦɟɬɨɞɨɥɨɝиɸ ɩɨɫɬɪɨɟɧия ɦɨɞɟɥɟɣ ɧɟɥиɧɟɣɧɵɯ ɩɪɨɰɟɫɫɨв, ɤɨɬɨɪая ɩɨɡвɨɥяɟɬ 
ɞɨɫɬиɱь вɵɫɨɤɨɝɨ ɤаɱɟɫɬва ɩɪɨɝɧɨɡɨв. Бɨɥɟɟ ɤɨɧɤɪɟɬɧɨ ɪаɫɫɦɨɬɪɟɧɵ ɝɟɬɟɪɨɫɤɟɞаɫɬиɱɧɵɟ ɩɪɨɰɟɫɫɵ, ɤɨɬɨɪɵɟ ɫɨɡɞаɸɬ шиɪɨɤиɣ 
ɤɥаɫɫ ɧɟɥиɧɟɣɧɵɯ ɧɟɫɬаɰиɨɧаɪɧɵɯ ɩɪɨɰɟɫɫɨв и ɪаɫɫɦаɬɪиваɸɬɫя вɨ ɦɧɨɝиɯ ɨɛɥаɫɬяɯ иɫɫɥɟɞɨваɧиɣ. 

Ɇɟɬɨɞ. Дɥя ɞɨɫɬиɠɟɧия ɰɟɥи ɭɩɨɦяɧɭɬɨɝɨ иɫɫɥɟɞɨваɧия иɫɩɨɥьɡɭɸɬɫя ɫɥɟɞɭɸɳиɟ ɦɟɬɨɞɵ: ɫиɫɬɟɦɧɵɣ ɩɨɞɯɨɞ ɤ ɩɨɫɬɪɨɟɧиɸ 
ɦɨɞɟɥɟɣ и ɩɪɨɝɧɨɡиɪɨваɧиɸ, ɦɨɞиɮиɰиɪɨваɧɧая ɦɟɬɨɞɨɥɨɝия ɦɨɞɟɥиɪɨваɧия ɧɟɥиɧɟɣɧɵɯ ɩɪɨɰɟɫɫɨв, ɦɟɬɨɞɵ иɞɟɧɬиɮиɤаɰии и 
ɭɱɟɬ вɨɡɦɨɠɧɵɯ ɧɟɨɩɪɟɞɟɥɟɧɧɨɫɬɟɣ. Дɥя ɩɪɟɨɞɨɥɟɧия ɫɬɪɭɤɬɭɪɧɵɯ ɧɟɨɩɪɟɞɟɥɟɧɧɨɫɬɟɣ иɫɩɨɥьɡɭɸɬɫя ɦɟɬɨɞɵ: ɭɬɨɱɧɟɧиɟ ɩɨɪяɞɤа 
ɦɨɞɟɥɟɣ ɫ иɫɩɨɥьɡɨваɧиɟɦ ɩɟɪиɨɞиɱɟɫɤɨɝɨ аɞаɩɬивɧɨɝɨ ɩɨɞɯɨɞа ɤ ɦɨɞɟɥиɪɨваɧиɸ и авɬɨɦаɬиɱɟɫɤиɣ ɩɨиɫɤ «ɧаиɥɭɱшɟɣ» ɫɬɪɭɤɬɭ-
ɪɵ ɫ иɫɩɨɥьɡɨваɧиɟɦ ɫɥɨɠɧɵɯ ɫɬаɬиɫɬиɱɟɫɤиɯ ɤɪиɬɟɪиɟв; аɞаɩɬивɧая ɨɰɟɧɤа вɪɟɦɟɧи ɡаɞɟɪɠɤи ввɨɞа и ɬиɩа ɪаɫɩɪɟɞɟɥɟɧия ɞаɧ-
ɧɵɯ ɫ иɯ ɩаɪаɦɟɬɪаɦи; ɨɩиɫаɧиɟ ɨɛɧаɪɭɠɟɧɧɵɯ ɧɟɥиɧɟɣɧɨɫɬɟɣ ɫ ɩɨɦɨɳьɸ аɥьɬɟɪɧаɬивɧɵɯ аɧаɥиɬиɱɟɫɤиɯ ɮɨɪɦ ɫ ɩɨɫɥɟɞɭɸɳɟɣ 
ɨɰɟɧɤɨɣ ɩɨɥɭɱɟɧɧɵɯ ɩɪɨɝɧɨɡɨв. 

Рɟзɭɥьɬаɬɵ. ɉɪɟɞɥɨɠɟɧа ɦɨɞиɮиɰиɪɨваɧɧая ɦɟɬɨɞɨɥɨɝия ɦɨɞɟɥиɪɨваɧия ɧɟɥиɧɟɣɧɵɯ ɧɟɫɬаɰиɨɧаɪɧɵɯ ɩɪɨɰɟɫɫɨв, ɫɯɟɦа 
аɞаɩɬаɰии ɞɥя ɩɨɫɬɪɨɟɧия ɦɨɞɟɥɟɣ, ɩɪɟɞɥɨɠɟɧɵ ɧɨвɵɟ ɦɨɞɟɥьɧɵɟ ɫɬɪɭɤɬɭɪɵ. В ɪɟɡɭɥьɬаɬɟ вɵɩɨɥɧɟɧия вɵɱиɫɥиɬɟɥьɧɵɯ ɷɤɫɩɟɪи-
ɦɟɧɬɨв ɛɵɥɨ ɨɛɧаɪɭɠɟɧɨ, ɱɬɨ ɩɨɫɬɪɨɟɧɧɵɟ ɧɟɥиɧɟɣɧɵɟ ɦɨɞɟɥи ɞаɸɬ вɨɡɦɨɠɧɨɫɬь вɵɱиɫɥяɬь ɩɪɨɝɧɨɡɵ вɵɫɨɤɨɝɨ ɤаɱɟɫɬва ɞɥя 
иɫɫɥɟɞɭɟɦɨɝɨ ɩɪɨɰɟɫɫа и иɯ ɞиɫɩɟɪɫии. 

Вɵвɨɞɵ. ɉɪиɦɟɧɟɧиɟ ɩɪɟɞɥɨɠɟɧɧɨɣ ɦɟɬɨɞɨɥɨɝии ɦɨɞɟɥиɪɨваɧия ɞаɟɬ вɨɡɦɨɠɧɨɫɬь ɫɬɪɭɤɬɭɪɧɨɣ и ɩаɪаɦɟɬɪиɱɟɫɤɨɣ аɞаɩɬа-
ɰии ɦɨɞɟɥɟɣ, ɩɨɫɬɪɨɟɧɧɵɯ ɫɨ ɫɬаɬиɫɬиɱɟɫɤиɦи ɞаɧɧɵɦи. Раɡɪаɛɨɬаɧɧɵɟ ɦɨɞɟɥи ɞɟɦɨɧɫɬɪиɪɭɸɬ ɩɪиɟɦɥɟɦɭɸ аɞɟɤваɬɧɨɫɬь и ɤаɱɟ-
ɫɬвɨ ɤɪаɬɤɨɫɪɨɱɧɨɝɨ ɩɪɨɝɧɨɡиɪɨваɧия. 

ɄɅЮЧЕВЫЕ СɅОВА: ɧɟɥиɧɟɣɧɵɟ ɧɟɫɬаɰиɨɧаɪɧɵɟ ɩɪɨɰɟɫɫɵ, ɫиɫɬɟɦɧɵɣ ɩɨɞɯɨɞ ɤ ɦɨɞɟɥиɪɨваɧиɸ, ɫɬɪɭɤɬɭɪɧая и ɩаɪаɦɟɬ-
ɪиɱɟɫɤая аɞаɩɬаɰия, ɤɨɦɛиɧиɪɨваɧɧɵɟ ɦɨɞɟɥи, ɧɟɨɩɪɟɞɟɥɟɧɧɨɫɬи в ɦɨɞɟɥиɪɨваɧии и ɩɪɨɝɧɨɡиɪɨваɧии. 
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ABSTRACT 
Context. The problem of increasing the efficiency of optimization methods by synthesizing metaheuristics is considered. The ob-ject of the research is the process of finding a solution to optimization problems. 
Objective. The goal of the work is to increase the efficiency of searching for a quasi-optimal solution at the expense of a meta-heuristic method based on the synthesis of clonal selection and annealing simulation algorithms. 
Method. The proposed optimization method improves the clonal selection algorithm by dynamically changing based on the an-nealing simulation algorithm of the mutation step, the mutation probability, the number of potential solutions to be replaced. This reduces the risk of hitting the local optimum through extensive exploration of the search space at the initial iterations and guarantees convergence due to the focus of the search at the final iterations. The proposed optimization method makes it possible to find a con-ditional minimum through a dynamic penalty function, the value of which increases with increasing iteration number. The proposed optimization method admits non-binary potential solutions in the mutation operator by using the standard normal distribution instead of the uniform distribution. 
Results. The proposed optimization method was programmatically implemented using the CUDA parallel processing technology and studied for the problem of finding the conditional minimum of a function, the optimal separation problem of a discrete set, the traveling salesman problem, the backpack problem on their corresponding problem-oriented databases. The results obtained allowed to investigate the dependence of the parameter values on the probability of mutation. 
Conclusions. The conducted experiments have confirmed the performance of the proposed method and allow us to recommend it for use in practice in solving optimization problems. Prospects for further research are to create intelligent parallel and distributed computer systems for general and special purposes, which use the proposed method for problems of numerical and combinatorial optimization, machine learning and pattern recognition, forecast. 
KEYWORDS: metaheuristics, clonal selection, annealing simulation, optimization, technology of information parallel processing. 

 

ABBREVIATIONS CLONALG is a clonal selection algorithm; SA is an algorithm for simulating annealing; MSE is a mean square error; CUDA is the compute unified device architecture.  NOMENCLATURE 
mtA  is the mutation operator; 
clA  is the cloning operator; 
rdA  is the reduction operator; 
rpA  is the replacement operator; 
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x  is a solution (antibody); *x  is a (quasi) optimal solution (antibody); )(⋅F  is the fitness function; )(⋅f  is the function for which the conditional mini-mum should be found; )(⋅wF  is the penalty function; )(⋅Φ  is an affinity; )(nX  is a population at iteration n ; 
μ  is population and intermediate population power; 
C  is a set of antibody clones; 
q  is a number of clones for each antibody; 
C
�  is a set of mutated antibodies clones; 
λ  is a power of the set mutated clones; 
M  is the intermediate population; 
α  is the cloning parameter; )(⋅p  is the mutation probability; ()round  is the function, rounding the number to the nearest integer; )1,0(U  is the function that returns a uniformly dis-tributed random number in the range ]1,0[ ; )1,0(N  is the function that returns a standard nor-mally distributed random number; 
d  is a number of replaced antibodies; maxd  is the maximum number of replaced antibodies; 
n  is an iteration number; maxn  is the maximum number of iterations; min

ix , max
ix  are the minimum and maximum values of the i th component of the antibody respectively; 

iΔ  is a mutation step for the i th component of the clone; 
δ  is the mutation parameter, 10 <δ< ; )(nT  is the annealing temperature at iteration n ; 0T  is an initial annealing temperature; 
β  is a cooling ratio; )(⋅zh  is the z th equality constraint; )(⋅zg  is the z th inequality constraint; 1Z  is a number of equality constraints; 2Z  is a number of inequality constraints; 

wX  is the subset of the current population containing antibodies that satisfy all constraints; 1I  is a number of arguments of the function for which the conditional minimum should be found; 
S  is the partitionable set; 
ks  is a vector, one-to-one corresponding to the k th el-ement of the partitionable set; 

J  is a number of features of the element parti-tionable set; 
K  is the power of the partitionable set; 2I  is a number of classes into the partitionable set; 

ji xxd ,  is the distance between points of the route 
ji xx , ; 3I  is a number of points of the route; 

W  is a load capacity; 
iw  is a weight of i th cargo; 
iv  is a value of the i th cargo; 4I  is a number of cargo.  

INTRODUCTION Today, the development of methods aimed at solving problems of numerical and combinatorial optimization, machine learning, etc., which are used in general and spe-cial-purpose intelligent computer systems, is an urgent task. Existing optimization methods that find the exact so-lution have high computational complexity. Optimization and machine learning methods that find an approximate solution through directional search have a high probabil-ity of falling into a local extremum. Random search methods do not guarantee convergence. In this connec-tion, the problem of insufficient efficiency of optimization methods, which needs to be solved, arises. 
The object of study is the process of finding solutions to optimization problems. 
The subject of study is the methods for finding a quasi-optimal solution based on metaheuristics. 
The purpose of the work is to increase the efficiency of searching for a quasi-optimal solution at the expense of a metaheuristic method based on the synthesis of clonal selection and annealing simulation algorithms. To achieve this goal, it is necessary to solve the fol-lowing tasks: 1) to create a quasi-optimal method based on the syn-thesis of clonal selection and annealing simulation algo-rithms; 2) to adapt the proposed method to the problem of finding the conditional minimum of functions; 3) to adapt the proposed method to the problem of op-timal partitioning of a discrete set; 4) to adapt the proposed method to the traveling salesman problem; 5) to adapt the proposed method to the knapsack prob-lem; 6) to conduct a numerical study of the proposed opti-mization method.  

1 PROBLEM STATEMENT The problem of increasing the efficiency of searching a solution to an optimization problem based on clonal selection is represented as the problem of finding such an ordered set of operators },,,{ rprdclmt AAAA , the itera-tive application of which provides finding such a solu-tion *x  in which min)( * →xF  and  min→T , more-over, the solution structure x , fitness function )(⋅F  and mutation operator mtA  depend on the problem to be 
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solved, and the structures of the cloning clA , reduc-tion rdA  and replacement rpA  operators are independ-ent.  

2 REVIEW OF THE LITERATURE To accelerate a quasi-optimal solution of optimization and machine learning problems and reduce the likelihood of falling into a local extremum, metaheuristics (or ad-vanced heuristics) are used [1–5]. Metaheuristics expands the capabilities of heuristics by combining heuristic methods based on a high-level strategy [6–10]. However, modern metaheuristics have one or more of the following disadvantages: – there is only an abstract description of the method or the description of the method is focused on solving only a specific task [1]; – the influence of the iteration number on the solution search process [2] is not taken into account; – the convergence of the method [11] is not guaran-teed; – there is no possibility of using non-binary potential solutions [12]; – the procedure for determining the values of parame-ters [13] is not automated; – there is no possibility to solve the problems of con-ditional optimization [14]; – insufficient accuracy of the method [15]. Therefore, the efficiency of the method for the search of quasi-optimal solution is of paramount importance. The clonal selection algorithm, proposed by Castro and von Zuben [16–17], developed in [18–21] and pro-grammatically implemented in [22], is one of the popular metaheuristics.  
3 MATERIALS AND METHODS The optimization method based on the synthesis of clonal selection and annealing simulation algorithms is developed. The sequence of procedures of the proposed optimiza-tion method based on the synthesis of clonal selection and annealing simulation algorithms is shown in Fig. 1. In block 1, an initial population }{)1( xX =  with pow-er μ  is created, and each antibody of this population cor-responds to a potential solution of the problem. In block 2, the current annealing temperature at itera-tion n  is calculated  0)( TnT nβ= , 00 >T , 10 <β< .  In block 3, the value of the fitness function )(xF  for each antibody x , which is determined by the specificity of the particular optimization problem, is calculated. In block 4, the affinity value for each antibody x  is calculated. Affinity is a function that determines the proximity of antibody x  to the best antibody in the current population 

and is calculated based on the utility function. The affinity value is calculated as  )(min)(max )()(max)( )()( )(
xFxF

xFxF
x

nn

n

XxXx

Xx

∈∈

∈

−

−
=Φ .  If 1)( =Φ x , then the antibody is the best. If 0)( =Φ x , then the antibody is the worst. In block 5, the mutation probability for each anti-body x  which depends on the affinity value )(xΦ  and the annealing temperature )(nT  is calculated  

( ) ( ))(/1exp)(exp)( nTxxp −Φ−= .  In block 6, the cloning operator for each antibody x  is executed. The cloning operator clA  plays a role similar to the operator of genetic algorithm reproduction. The number of clones q  for each antibody x  is de-termined as  
( )μ⋅α= roundq , ]1,0(∈α .  As a result of applying the cloning operator clA  to the current population }{)( xX n = , a set of antibody clones }{cC =  are formed. In block 7, the mutation operator for each clone c  is executed. The mutation operator mtA  allows to obtain new an-tibodies from antibody clones with sharply different prop-erties. The mutation based on the annealing simulation over each component of each clone c  is executed when )1,0()( Uxp < . The features of the proposed variant of the mutation operator are the following: 

− there is an inverse relationship between the muta-tion probability and the affinity value, i.e. the best (in terms of affinity) clones change less often than the worst (in terms of affinity) clones; 
− there is an inverse relationship between the muta-tion probability and the iteration number, i.e. at the initial iterations the entire search space is explored and at the final iterations the search becomes directional. As a result of applying the mutation operator mtA  to a set of antibody clones }{cC = , a set of mutated clones }{cC

��
=  is formed. In block 8, the reduction operator is executed. As the reduction operator rdA , the scheme )( λ+μ  [9] is used, which provides the direction of  the  search (the  best  antibodies  are  preserved)   and  
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   Figure 1 – The sequence of procedures of the optimization method based on clonal selection and annealing simulation  consists in the following. The current popula-tion }{)( xX n =  of power μ  and the set of mutated clones }{cC

��
=  of power μ⋅=λ q  are combined and or-dered by affinity value )(xΦ . The first μ  (best in affin-ity) individuals of the intermediate population are selected for the intermediate population }{mM = . In block 9, a dynamic replacement operator is exe-cuted. For a broader study of the search space an opera-tor rpA , which replaces the last (the worst by affinity) antibodies of the intermediate population with new anti-bodies, is used. The number of replaced antibodies d  is determined as  
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droundd , ),0[max μ∈d .  A peculiarity of the proposed dynamic replacement operator is the following – there is an inverse relationship between new antibodies number and the iteration number, i.e. at the initial iterations the entire search space is ex-plored and at the final iterations the search becomes direc-tional. As a result of the application of the replacement op-erator rpA  to the intermediate population }{mM = , a new population }{)1( xX n =+  is formed. In block 10, the best antibody by the value of the fit-ness function )(minarg )1(* xFx

nXx +∈
=  is determined. In block 11, the condition for completing the solution search is checked. If maxnn = , then a quasi-optimal solution *x  is obtained. The adaptation of the optimization method based on the synthesis of clonal selection and annealing simulation algorithms for the problem of finding the conditional min-imum of the function is given. The proposed method is used to minimize the func-tion, taking into account equality constraints and inequal-ity constraints. For this task, each antibody is a collection of function arguments, and blocks 1, 3, 7, 9 have the fol-lowing features. In block 1 and block 9, each component ix  of each antibody x  is initialized as  

{ }1minminmax ,,1,)1,0()( IixUxxx iiii …∈+−= .  
1. The creation of initial population ( )1X  2. The calculation of the current annealing temperature ( )nT  3. The calculation of the value of the fit-ness function )(xF  4. The calculation of the value of the af-finity function )(xΦ  5. The calculation of the mutation prob-ability based on annealing simula-tion )(xp  6. The execution of cloning operator clA  7. The execution of the mutation operator with annealing simulation mtA  8. The execution of the reduction opera-tor rdA  9. The execution of dynamic replacement operator rpA  10. The determination of the best anti-body *x  11. maxnn =  yes no Begin End A B A B
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In block 3, the value of the fitness function )(xF  for each antibody x  is calculated as  
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� .  For this task, the mutation operator, besides the fea-tures indicated in the description of the developed meth-od, has the following additional features: – the value of each component ic

�  is always in the al-lowable range ],[ maxmin
ii xx ; – there is an inverse relationship between the magni-tude of the mutation step and the affinity value, i.e. the best (in terms of affinity) clones change less than the worst (in terms of affinity) clones; – there is an inverse relationship between the magni-tude of the mutation step and the iteration number, i.e. at the initial iterations the entire search space is explored and at the final iterations the search becomes directional; – it does not require the use of binary potential solu-tions, i.e. there is no need to convert real potential solu-tions into binary ones before the mutation and to convert binary potential solutions into real ones after the muta-tion, which reduces the computational complexity of the mutation operator and speeds up the search for a solution. The adaptation of the optimization method based on the synthesis of clonal selection and annealing simulation algorithms to the problem of optimal discrete set parti-tioning is given. The proposed method is used to minimize the root-mean-square error of the partition of a finite discrete set into a given number of classes. For this task, each anti-body is a set of class centers, and blocks 1, 3, 7, 9 have the following features. In block 1 and block 9, each component ijx  of each antibody x  is initialized as  
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jj xx ; – there is an inverse relationship between the magni-tude of the mutation step and the affinity value, i.e. the best (in terms of affinity) clones change less than the worst (in terms of affinity) clones; – there is an inverse relationship between the magni-tude of the mutation step and the iteration number, i.e. at the initial iterations the entire search space is explored and at the final iterations the search becomes directional; – it does not require the use of binary potential solu-tions, i.e. there is no need to convert real potential solu-tions into binary ones before the mutation and convert binary potential solutions into real ones after the muta-tion, which reduces the computational complexity of the mutation operator and speeds up the search for a solution. The adaptation of the optimization method based on the synthesis of clonal selection and annealing simulation algorithms for the traveling salesman problem is given. The proposed method is used to minimize the length of the route, passing only once through all points. For this 
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task, each antibody is a collection of route points, and blocks 1, 3, 7, 9 have the following features. In block 1 and block 9, each component ix  of each antibody x  is initialized with a randomly selected route point number, and the point numbers should not be dupli-cated. In block 3, the value of the fitness function )(xF  for each antibody x  is calculated as  
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� .  For this task, the mutation operator, besides the fea-tures indicated in the description of the developed meth-od, has the following additional features: – the value of each component always belongs to an admissible set },...,1{ 3I ; – it does not require the use of binary potential solu-tions, i.e. there is no need to convert integer potential so-lutions into binary ones before the mutation and to convert binary potential solutions into real ones after mutation, which reduces the computational complexity of the mutation operator and speeds up the search for a solution. The adaptation of the optimization method based on the synthesis of clonal selection and annealing simulation algorithms for the knapsack problem is given. The proposed method is used to select from a given set of objects with the properties “cost” and “weight” the subset with the maximum cost, while observing the limit on the total weight. For this task, each antibody is a col-lection of weights, and blocks 1, 3, 7, 9 have the follow-ing features. In block 1 and block 9, each component ix  of each antibody x  is initialized as  )),1,0((Uroundxi =  { }4,,1 Ii …∈ .  In block 3, the value of the fitness function )(xF  for each antibody x  is calculated as  
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41,0max||)( , )()()( xFxfxF w+= .  In block 7, the mutation based on an annealing simula-tion algorithm over each component ic  of each clone c  is executed as  ()randri = , 
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� .  For this problem, the mutation operator has the fea-tures indicated in the description of the developed method.  

4 EXPERIMENTS A numerical study of the proposed optimization meth-od was carried out using the CUDA technology of infor-mation parallel processing, the number of threads in the block corresponded to the population size, the population was sorted based on the paired-disparity sorting algo-rithm, the antibody with the lowest value of the fitness function was searched. Let the size of the population 100=μ , the maximum number of iterations 100max =n , the initial temperature 1060 =T , the cooling ratio 94.0=β , the cloning parameter α=0.1, the maximum number of antibodies replaced μ= 2.0maxd . For the task of: – finding the conditional minimum of the function, the search for a solution was carried out on Rosenbrock test function 222 )(100)1(),( xyxyxf −+−=  with con-straints 01)1( 3 ≤+−− yx  and 02 ≤−+ yx , and, moreover, 5.15.1 ≤≤− x , 5.25.0 ≤≤− x ; – optimal partitioning of a discrete set, the search for a solution was carried out on the standard BSDS500 data-base; – “the traveling salesman”, the search for a solution was conducted on the standard berlin52 database; – “the knapsack”, the search for a solution was carried out on the standard KNAPSACK_01 database. The study leads to the conclusion that the proposed method provides a high accuracy of finding a solution.  
5 RESULTS The function of the annealing temperature decrease is determined by the formula 0)( TnT nβ=  and is shown in Fig. 2. 
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 Figure 2 – The function of the annealing temperature decrease  The dependence (Fig. 2) of the annealing temperature on the iteration number shows that the annealing tempera-ture decreases with increasing of the iteration number. The mutation probability in the case for the worst an-tibody ( )0)( =Φ x  is determined by the formula 

( ))(/1exp)( nTxp −=  and is shown in Fig. 3. The dependence (Fig. 3) of the mutation probability on the annealing temperature shows that the mutation probability decreases with temperature decreasing. The results of the comparison of the proposed method with the method based on the theory of clonal selection and described in [16–22] are presented in Table 1.  
6 DISCUSSION The selected values of the parameters of the proposed optimization method provide a high probability of muta-tion at the initial iterations and a low probability of muta-tion at the final iterations. For example, for the worst an-tibody with the maximum probability of mutation, the mutation occurs with a probability of no less than 0.9 for the first 40% iterations and with a probability below 0.1 for the last 10% iterations (Fig. 3). Method based on clonal selection theory [16–22]: – does not take into account the iteration number in the operator of mutation and replacement, which reduces the accuracy of the search for a solution (Table 1); – does not allow real potential solutions in the muta-tion operator, which increases the computational com-plexity of the mutation operator and slows down the search for a solution. This is due to the need to convert non-binary potential solutions into binary before the mu-tation and binary potential solutions into non-binary after mutation (Table 1); – does not allow to find the conditional extremum. The proposed method allows to eliminate these draw-backs.  
CONCLUSIONS In this paper, the actual scientific and technical prob-lem of increasing the efficiency of optimization methods 

was solved by dint of creates the method of finding a qua-si-optimal solution by a metaheuristic. 
The scientific novelty of obtained results is that the optimization method based on the synthesis of clonal se-lection and annealing simulation algorithms is proposed. It allows to increase the search accuracy through the ap-plication of the principle of organizing the study of the entire search space at the initial iterations and focusing of the search on the final iterations. The adaptation of the proposed method both for the problem of finding the conditional minimum of functions and for the problem of optimal partitioning of a discrete set: – allows real potential solutions in the mutation opera-tor, which reduces the computational complexity of the mutation operator and speeds up the search for a solution; – uses a dynamic mutation step, which allows to in-vestigate the entire search space at the initial iterations and to make the search directional at the final iterations, that ensures high accuracy of the search. The solution of finding the problem of conditional minimum of functions and the knapsack problem by the proposed method uses a penalty function, which allows to find a conditional extremum. In addition, the application of the proposed method for solving the traveling salesman problem allows integer potential solutions in the mutation operator, which re-duces the computational complexity of the mutation op-erator and speeds up the search for a solution. 
The practical significance of the obtained results lies in the fact that the scope of application of metaheuristics is expanding on the basis of the theory of clonal selection by adapting the proposed method for the indicated opti-mization problems. This contributes to the effectiveness of intelligent computer systems for general and special purposes. 
Prospects for further research are the study of the proposed method for a wide class of artificial intelligence tasks.  
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 Figure 3 – The mutation probability  Table 1 – The comparison of the proposed optimization method with the existing one for solving optimization problems Root-mean-square error of the method Conversion time of antibody clones of the method No. Problem of proposed existing proposed existing 1 finding the conditional minimum of the function 0.02 0.07 – proportionally 1qIμ  2 optimal partitioning of a discrete set 0.02 0.06 – proportionally 2qIμ  3 “the traveling salesman” 0.03 0.08 – proportionally 3qIμ  4 “the knapsack” 0.04 0.1 – –  

ACKNOWLEDGEMENTS The studies were carried out in accordance with the priority direction of the development of science and tech-nology in Ukraine until 2020 “Information and Commu-nication Technologies” and contain some results of the state budget scientific research project “Methods, models for the processing of intelligent, information technologies for highly efficient computing and local control subsys-tems in problem-oriented systems” (state registration number 0106U004501) and “Basic components of micro-processor control systems by laser technological com-plexes on the basis of table-algorithmic methods, models and incomplete similarity theory” (state registration num-ber 0113U003345).  
REFERENCES 1. Talbi El-G. Metaheuristics: from design to implementation Hoboken, New Jersey, Wiley & Sons, 2009, 618 p. DOI: 10.1002/9780470496916 2. Engelbrecht A. P. Computational intelligence: an introduction. Chichester, West Sussex, Wiley & Sons, 2007, 630 p. DOI: 10.1002/9780470512517 3. Yu X., Gen M. Introduction to evolutionary algorithms. Lon-don, Springer-Verlag, 2010, 433 p. DOI: 10.1007/978-1-84996-129-5 4. Nakib A., Talbi El-G. Metaheuristics for Medicine and Biology. Berlin, Springer-Verlag, 2017, 211 p. DOI: 10.1007/978-3-662-54428-0 5. Yang X.-S. Nature-inspired Algorithms and Applied Optimiza-tion. Charm, Springer, 2018, 330 p. DOI: 10.1007/978-3-642-29694-9 6. Subbotin S. Oliinyk A. , Levashenko V. , Zaitseva E. Diagnostic Rule Mining Based on Artificial Immune System for a Case of Uneven Distribution of Classes in Sample, Communications, 2016, Vol. 3, pp. 3–11. 7. Blum C., Raidl G. R. Hybrid Metaheuristics. Powerful Tools for Optimization. Charm, Springer, 2016, 157 p. DOI: 10.1007/978-3-319-30883-8 

8. Glover F., Kochenberger G. A. . Handbook of metaheuristics. Dordrecht, Kluwer Academic Publishers, 2003, 570 p. DOI: 10.1007/B101874 9. Yang X.-S. Optimization Techniques and Applications with Examples. Hoboken, New Jersey : Wiley & Sons, 2018,  364 p. DOI: 10.1002/9781119490616 10. Martí R., Pardalos P. M., Resende M. G. C. Handbook of Heu-ristics. Charm, Springer, 2018, 1289 p. DOI: 10.1007/978-3-319-07124-4 11. Gendreau M., Potvin J.-Y. Handbook of Metaheuristics. New York, Springer, 2010, 640 p. DOI: 10.1007/978-1-4419-1665-5 12. Doerner K. F., Gendreau M., Greistorfer P., Gutjahr W., Hartl R. F. , Reimann M. Metaheuristics. Progress in Complex Sys-tems Optimization. New York, Springer, 2007, 408 p. DOI: 10.1007/978-0-387-71921-4 13. Bozorg Haddad O., Solgi M., Loaiciga H. Meta-heuristic and Evolutionary Algorithms for Engineering Optimization. Hobo-ken, New Jersey, Wiley & Sons, 2017, 293 p. DOI: 10.1002/9781119387053 14. Chopard B., Tomassini M. An Introduction to Metaheuristics for Optimization. New York, Springer, 2018, 230 p. DOI: 10.1007/978-3-319-93073-2 15. Radosavljević J. Metaheuristic Optimization in Power Engi-neering. New York, Institution of Engineering and Technology, 2018, 536 p. DOI: 10.1049/PBPO131E 16. de Castro L. N., von. Zuben F. J. The clonal selection algorithm with engineering applications, The Genetic and Evolutionary 
Computation Conference (GECCO’00) : Workshop on Artificial 
Immune Systems and Their Applications : proceedings. Las Ve-gas, 2000, pp. 36–39. 17. de Castro L. N., von. Zuben F. J. Learning and optimization using clonal selection principle, IEEE Transactions on Evolu-
tionary Computation, 2002, Vol. 6, pp. 239–251. DOI: 10.1109/TEVC.2002.1011539 18. Babayigit B., Guney K., Akdagli A. A clonal selection algo-rithm for array pattern nulling by controlling the positions of se-lected elements, Progress in Electromagnetics Research, 2008, Vol. 6, pp. 257–266. DOI: 10.2528/PIERB08031218 19. White J. A., Garrett S. M.  In: Timmis J., Bentley P. J., Hart E. (eds). Improved pattern recognition with artificial clonal selec-

97



e-ISSN 1607-3274   Раɞіɨɟɥɟɤɬɪɨɧіɤа, іɧɮɨɪɦаɬиɤа, ɭɩɪавɥіɧɧя. 2019. № 2 p-ISSN 2313-688X  Radio Electronics, Computer Science, Control. 2019. № 2   

© Grygor O. O., Fedorov E. E., Utkina T. Yu., Lukashenko A. G., Rudakov K. S., Harder D. A., Lukashenko V. M., 2019 DOI 10.15588/1607-3274-2019-2-10 
tion, Artificial Immune Systems: ICARIS-2003. Berlin, Springer, 2003, pp. 181–193. (Lecture Notes in Computer Science, Vol. 2787). DOI: 10.1007/978-3-540-45192-1_18 20. Alba E., Nakib A., Siarry P. Metaheuristics for Dynamic Opti-mization, Berlin, Springer-Verlag, 2013, 398 p. DOI: 10.1007/978-3-642-30665-5 21. Du K.-L., Swamy M. N. S.  Search and Optimization by Meta-heuristics. Techniques and Algorithms Inspired by Nature. Charm, Springer, 2016, 434 p. DOI: 10.1007/978-3-319-41192-7 22. Brownlee J. Clever algorithms: nature-inspired programming recipes. Melbourne, Brownlee, 2011, 436 p. Received 28.01.2019. Accepted 21.02.2019.  

УДК 004.93 
ɆЕɌОȾ ОɉɌɂɆІɁАɐІȲ ɇА ОСɇОВІ СɂɇɌЕɁɍ АɅГОРɂɌɆІВ ɄɅОɇАɅЬɇОГО ВІȾȻОРɍ ɌА ІɆІɌАɐІȲ 
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AɇОɌАɐІə 

Аɤɬɭаɥьɧіɫɬь. Рɨɡɝɥяɧɭɬа ɡаɞаɱа ɩіɞвиɳɟɧɧя ɟɮɟɤɬивɧɨɫɬі ɦɟɬɨɞів ɨɩɬиɦіɡаɰіʀ шɥяɯɨɦ ɫиɧɬɟɡɭ ɦɟɬаɟвɪиɫɬиɤ. 
Ɉɛ’єɤɬɨɦ ɞɨɫɥіɞɠɟɧɧя є ɩɪɨɰɟɫ ɩɨшɭɤɭ ɪішɟɧɧя ɨɩɬиɦіɡаɰіɣɧиɯ ɡаɞаɱ. 

Ɇɟɬɨю ɪɨɛɨɬи є ɩіɞвиɳɟɧɧя ɟɮɟɤɬивɧɨɫɬі ɩɨшɭɤɭ ɤваɡіɨɩɬиɦаɥьɧɨɝɨ ɪішɟɧɧя ɡа ɪаɯɭɧɨɤ ɦɟɬаɟвɪиɫɬиɱɧɨɝɨ ɦɟɬɨɞɭ ɧа 
ɨɫɧɨві ɫиɧɬɟɡɭ аɥɝɨɪиɬɦів ɤɥɨɧаɥьɧɨɝɨ віɞɛɨɪɭ ɬа іɦіɬаɰіʀ віɞɩаɥɭ. 

Ɇɟɬɨɞ. Заɩɪɨɩɨɧɨваɧиɣ ɦɟɬɨɞ ɨɩɬиɦіɡаɰіʀ ɭɞɨɫɤɨɧаɥɸє аɥɝɨɪиɬɦ ɤɥɨɧаɥьɧɨɝɨ віɞɛɨɪɭ ɡа ɪаɯɭɧɨɤ ɞиɧаɦіɱɧɨʀ ɡɦіɧи ɧа 
ɨɫɧɨві аɥɝɨɪиɬɦɭ іɦіɬаɰіʀ віɞɩаɥɭ ɤɪɨɤɭ ɦɭɬаɰіʀ, ɣɦɨвіɪɧɨɫɬі ɦɭɬаɰіʀ, ɤіɥьɤɨɫɬі ɡаɦіɧɧиɯ ɩɨɬɟɧɰіɣɧиɯ ɪішɟɧь. Цɟ ɡɦɟɧшɭє 
ɪиɡиɤ ɩɨɬɪаɩɥяɧɧя в ɥɨɤаɥьɧиɣ ɨɩɬиɦɭɦ ɡавɞяɤи шиɪɨɤɨɦɭ ɞɨɫɥіɞɠɟɧɧɸ ɩɪɨɫɬɨɪɭ ɩɨшɭɤɭ ɧа ɩɨɱаɬɤɨвиɯ іɬɟɪаɰіяɯ ɣ ɝаɪа-
ɧɬɭє ɡɛіɠɧіɫɬь ɱɟɪɟɡ ɫɩɪяɦɨваɧіɫɬь ɩɨшɭɤɭ ɧа ɡаɤɥɸɱɧиɯ іɬɟɪаɰіяɯ. Заɩɪɨɩɨɧɨваɧиɣ ɦɟɬɨɞ ɨɩɬиɦіɡаɰіʀ ɞɨɡвɨɥяє ɡɧаɯɨɞиɬи 
ɭɦɨвɧиɣ ɦіɧіɦɭɦ ɡа ɪаɯɭɧɨɤ ɞиɧаɦіɱɧɨʀ шɬɪаɮɧɨʀ ɮɭɧɤɰіʀ, ɡɧаɱɟɧɧя яɤɨʀ ɡɪɨɫɬає ɡі ɡɛіɥьшɟɧɧяɦ ɧɨɦɟɪа іɬɟɪаɰіʀ. Заɩɪɨɩɨ-
ɧɨваɧиɣ ɦɟɬɨɞ ɨɩɬиɦіɡаɰіʀ ɞɨɩɭɫɤає ɧɟɛіɧаɪɧі ɩɨɬɟɧɰіɣɧі ɪішɟɧɧя в ɨɩɟɪаɬɨɪі ɦɭɬаɰіʀ ɡавɞяɤи виɤɨɪиɫɬаɧɧɸ ɫɬаɧɞаɪɬɧɨɝɨ 
ɧɨɪɦаɥьɧɨɝɨ ɪɨɡɩɨɞіɥɭ ɡаɦіɫɬь ɪівɧɨɦіɪɧɨɝɨ ɪɨɡɩɨɞіɥɭ. 

Рɟзɭɥьɬаɬи. Заɩɪɨɩɨɧɨваɧиɣ ɦɟɬɨɞ ɨɩɬиɦіɡаɰіʀ ɛɭв ɩɪɨɝɪаɦɧɨ ɪɟаɥіɡɨваɧиɣ ɡа ɞɨɩɨɦɨɝɨɸ ɬɟɯɧɨɥɨɝіʀ ɩаɪаɥɟɥьɧɨʀ ɨɛɪɨ-
ɛɤи іɧɮɨɪɦаɰіʀ CUDA і ɞɨɫɥіɞɠɟɧиɣ ɞɥя ɡаɞаɱі ɡɧаɯɨɞɠɟɧɧя ɭɦɨвɧɨɝɨ ɦіɧіɦɭɦɭ ɮɭɧɤɰіʀ, ɡаɞаɱі ɨɩɬиɦаɥьɧɨɝɨ ɪɨɡɛиɬɬя 
ɞиɫɤɪɟɬɧɨʀ ɦɧɨɠиɧи, ɡаɞаɱі ɤɨɦівɨяɠɟɪа, ɡаɞаɱі ɩɪɨ ɪɸɤɡаɤ ɧа віɞɩɨвіɞɧиɯ ʀɦ ɩɪɨɛɥɟɦɧɨ-ɨɪієɧɬɨваɧиɯ ɛаɡаɯ ɞаɧиɯ. Ɉɬɪи-
ɦаɧі ɪɟɡɭɥьɬаɬи ɞɨɡвɨɥиɥи ɞɨɫɥіɞɠɭваɬи ɡаɥɟɠɧіɫɬь ɡɧаɱɟɧь ɩаɪаɦɟɬɪів ɧа ɣɦɨвіɪɧіɫɬь ɦɭɬаɰіʀ. 

Виɫɧɨвɤи. ɉɪɨвɟɞɟɧі ɟɤɫɩɟɪиɦɟɧɬи ɩіɞɬвɟɪɞиɥи ɩɪаɰɟɡɞаɬɧіɫɬь ɡаɩɪɨɩɨɧɨваɧɨɝɨ ɦɟɬɨɞɭ ɬа ɞɨɡвɨɥяɸɬь ɪɟɤɨɦɟɧɞɭваɬи 
ɣɨɝɨ ɞɥя виɤɨɪиɫɬаɧɧя ɧа ɩɪаɤɬиɰі ɩɪи виɪішɟɧɧі ɡаɞаɱ ɨɩɬиɦіɡаɰіʀ. ɉɟɪɫɩɟɤɬиви ɩɨɞаɥьшиɯ ɞɨɫɥіɞɠɟɧь ɩɨɥяɝаɸɬь ɭ ɫɬвɨ-
ɪɟɧɧі іɧɬɟɥɟɤɬɭаɥьɧиɯ ɩаɪаɥɟɥьɧиɯ ɣ ɪɨɡɩɨɞіɥɟɧиɯ ɤɨɦɩ’ɸɬɟɪɧиɯ ɫиɫɬɟɦ ɡаɝаɥьɧɨɝɨ і ɫɩɟɰіаɥьɧɨɝɨ ɩɪиɡɧаɱɟɧɧя, яɤі виɤɨ-
ɪиɫɬɨвɭɸɬь ɡаɩɪɨɩɨɧɨваɧиɣ ɦɟɬɨɞ ɞɥя ɡаɞаɱ ɱиɫɟɥьɧɨʀ ɬа ɤɨɦɛіɧаɬɨɪɧɨʀ ɨɩɬиɦіɡаɰіʀ, ɦашиɧɧɨɝɨ ɧавɱаɧɧя ɣ ɪɨɡɩіɡɧаваɧɧя 
ɨɛɪаɡів, ɩɪɨɝɧɨɡɭ. 
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AɇɇОɌАɐɂə 

Аɤɬɭаɥьɧɨɫɬь. Раɫɫɦɨɬɪɟɧа ɡаɞаɱа ɩɨвɵшɟɧия ɷɮɮɟɤɬивɧɨɫɬи ɦɟɬɨɞɨв ɨɩɬиɦиɡаɰии ɩɭɬɟɦ ɫиɧɬɟɡа ɦɟɬаɷвɪиɫɬиɤ. Ɉɛɴ-
ɟɤɬɨɦ иɫɫɥɟɞɨваɧия явɥяɟɬɫя ɩɪɨɰɟɫɫ ɩɨиɫɤа ɪɟшɟɧия ɨɩɬиɦиɡаɰиɨɧɧɵɯ ɡаɞаɱ. 

ɐɟɥью ɪаɛɨɬɵ явɥяɟɬɫя ɩɨвɵшɟɧиɟ ɷɮɮɟɤɬивɧɨɫɬи ɩɨиɫɤа ɤваɡиɨɩɬиɦаɥьɧɨɝɨ ɪɟшɟɧия ɡа ɫɱɟɬ ɦɟɬаɷвɪиɫɬиɱɟɫɤɨɝɨ ɦɟ-
ɬɨɞа ɧа ɨɫɧɨвɟ ɫиɧɬɟɡа аɥɝɨɪиɬɦɨв ɤɥɨɧаɥьɧɨɝɨ ɨɬɛɨɪа и иɦиɬаɰии ɨɬɠиɝа. 

Ɇɟɬɨɞ. ɉɪɟɞɥɨɠɟɧɧɵɣ ɦɟɬɨɞ ɨɩɬиɦиɡаɰии ɭɫɨвɟɪшɟɧɫɬвɭɟɬ аɥɝɨɪиɬɦ ɤɥɨɧаɥьɧɨɝɨ ɨɬɛɨɪа ɡа ɫɱɟɬ ɞиɧаɦиɱɟɫɤɨɝɨ иɡɦɟ-
ɧɟɧия ɧа ɨɫɧɨвɟ аɥɝɨɪиɬɦа иɦиɬаɰии ɨɬɠиɝа шаɝа ɦɭɬаɰии, вɟɪɨяɬɧɨɫɬи ɦɭɬаɰии, ɤɨɥиɱɟɫɬва ɡаɦɟɧяɟɦɵɯ ɩɨɬɟɧɰиаɥьɧɵɯ 
ɪɟшɟɧиɣ. Эɬɨ ɭɦɟɧьшаɟɬ ɪиɫɤ ɩɨɩаɞаɧия в ɥɨɤаɥьɧɵɣ ɨɩɬиɦɭɦ ɛɥаɝɨɞаɪя шиɪɨɤɨɦɭ иɫɫɥɟɞɨваɧиɸ ɩɪɨɫɬɪаɧɫɬва ɩɨиɫɤа ɧа 
ɧаɱаɥьɧɵɯ иɬɟɪаɰияɯ и ɝаɪаɧɬиɪɭɟɬ ɫɯɨɞиɦɨɫɬь иɡ-ɡа ɧаɩɪавɥɟɧɧɨɫɬи ɩɨиɫɤа ɧа ɡаɤɥɸɱиɬɟɥьɧɵɯ иɬɟɪаɰияɯ. ɉɪɟɞɥɨɠɟɧ-
ɧɵɣ ɦɟɬɨɞ ɨɩɬиɦиɡаɰии ɩɨɡвɨɥяɟɬ ɧаɯɨɞиɬь ɭɫɥɨвɧɵɣ ɦиɧиɦɭɦ ɡа ɫɱɟɬ ɞиɧаɦиɱɟɫɤɨɣ шɬɪаɮɧɨɣ ɮɭɧɤɰии, ɡɧаɱɟɧиɟ ɤɨɬɨ-
ɪɨɣ вɨɡɪаɫɬаɟɬ ɫ ɭвɟɥиɱɟɧиɟɦ ɧɨɦɟɪа иɬɟɪаɰии. ɉɪɟɞɥɨɠɟɧɧɵɣ ɦɟɬɨɞ ɨɩɬиɦиɡаɰии ɞɨɩɭɫɤаɟɬ ɧɟɛиɧаɪɧɵɟ ɩɨɬɟɧɰиаɥьɧɵɟ 
ɪɟшɟɧия в ɨɩɟɪаɬɨɪɟ ɦɭɬаɰии ɛɥаɝɨɞаɪя иɫɩɨɥьɡɨваɧиɸ ɫɬаɧɞаɪɬɧɨɝɨ ɧɨɪɦаɥьɧɨɝɨ ɪаɫɩɪɟɞɟɥɟɧия вɦɟɫɬɨ ɪавɧɨɦɟɪɧɨɝɨ 
ɪаɫɩɪɟɞɟɥɟɧия. 

Рɟзɭɥьɬаɬɵ. ɉɪɟɞɥɨɠɟɧɧɵɣ ɦɟɬɨɞ ɨɩɬиɦиɡаɰии ɛɵɥ ɩɪɨɝɪаɦɦɧɨ ɪɟаɥиɡɨваɧ ɩɨɫɪɟɞɫɬвɨɦ ɬɟɯɧɨɥɨɝии ɩаɪаɥɥɟɥьɧɨɣ 
ɨɛɪаɛɨɬɤи иɧɮɨɪɦаɰии CUDA и иɫɫɥɟɞɨваɧ ɞɥя ɡаɞаɱи ɧаɯɨɠɞɟɧия ɭɫɥɨвɧɨɝɨ ɦиɧиɦɭɦа ɮɭɧɤɰии, ɡаɞаɱи ɨɩɬиɦаɥьɧɨɝɨ 
ɪаɡɛиɟɧия ɞиɫɤɪɟɬɧɨɝɨ ɦɧɨɠɟɫɬва, ɡаɞаɱи ɤɨɦɦивɨяɠɟɪа, ɡаɞаɱи ɨ ɪɸɤɡаɤɟ ɧа ɫɨɨɬвɟɬɫɬвɭɸɳиɯ иɦ ɩɪɨɛɥɟɦɧɨ-
ɨɪиɟɧɬиɪɨваɧɧɵɯ ɛаɡаɯ ɞаɧɧɵɯ. ɉɨɥɭɱɟɧɧɵɟ ɪɟɡɭɥьɬаɬɵ ɩɨɡвɨɥиɥи иɫɫɥɟɞɨваɬь ɡавиɫиɦɨɫɬь ɡɧаɱɟɧиɣ ɩаɪаɦɟɬɪɨв ɧа вɟɪɨ-
яɬɧɨɫɬь ɦɭɬаɰии. 

Вɵвɨɞɵ. ɉɪɨвɟɞɟɧɧɵɟ ɷɤɫɩɟɪиɦɟɧɬɵ ɩɨɞɬвɟɪɞиɥи ɪаɛɨɬɨɫɩɨɫɨɛɧɨɫɬь ɩɪɟɞɥɨɠɟɧɧɨɝɨ ɦɟɬɨɞа и ɩɨɡвɨɥяɸɬ ɪɟɤɨɦɟɧɞɨ-
ваɬь ɟɝɨ ɞɥя иɫɩɨɥьɡɨваɧия ɧа ɩɪаɤɬиɤɟ ɩɪи ɪɟшɟɧии ɡаɞаɱ ɨɩɬиɦиɡаɰии. ɉɟɪɫɩɟɤɬивɵ ɞаɥьɧɟɣшиɯ иɫɫɥɟɞɨваɧиɣ ɡаɤɥɸ-
ɱаɸɬɫя в ɫɨɡɞаɧии иɧɬɟɥɥɟɤɬɭаɥьɧɵɯ ɩаɪаɥɥɟɥьɧɵɯ и ɪаɫɩɪɟɞɟɥɟɧɧɵɯ ɤɨɦɩьɸɬɟɪɧɵɯ ɫиɫɬɟɦ ɨɛɳɟɝɨ и ɫɩɟɰиаɥьɧɨɝɨ ɧа-
ɡɧаɱɟɧия, ɤɨɬɨɪɵɟ иɫɩɨɥьɡɭɸɬ ɩɪɟɞɥɨɠɟɧɧɵɣ ɦɟɬɨɞ ɞɥя ɡаɞаɱ ɱиɫɥɟɧɧɨɣ и ɤɨɦɛиɧаɬɨɪɧɨɣ ɨɩɬиɦиɡаɰии, ɦашиɧɧɨɝɨ ɨɛɭ-
ɱɟɧия и ɪаɫɩɨɡɧаваɧия ɨɛɪаɡɨв, ɩɪɨɝɧɨɡа. 

ɄɅЮЧЕВЫЕ СɅОВА: ɦɟɬаɷвɪиɫɬиɤа, ɤɥɨɧаɥьɧɵɣ ɨɬɛɨɪ, иɦиɬаɰия ɨɬɠиɝа, ɨɩɬиɦиɡаɰия, ɬɟɯɧɨɥɨɝия ɩаɪаɥɥɟɥьɧɨɣ 
ɨɛɪаɛɨɬɤи иɧɮɨɪɦаɰии.  
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ВɂВЧЕɇɇə СɌАɌɂСɌɂЧɇɂɏ ВɅАСɌɂВОСɌЕɃ ɆОȾЕɅІ ȻɅОЧɇОГО 
ɉОȾАɇɇə ȾɅə ɆɇОɀɂɇɂ ȾЕСɄРɂɉɌОРІВ ɄɅЮЧОВɂɏ ɌОЧОɄ 

ɁОȻРАɀЕɇЬ 
 

Гɨɪɨхɨваɬɫьɤиɣ В. О. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɨɪ, ɩɪɨɮɟɫɨɪ ɤаɮɟɞɪи іɧɮɨɪɦаɬиɤи, Хаɪɤівɫьɤиɣ ɧаɰіɨɧаɥь-
ɧиɣ ɭɧівɟɪɫиɬɟɬ ɪаɞіɨɟɥɟɤɬɪɨɧіɤи, Хаɪɤів, Уɤɪаʀɧа. 
Гаɞɟцьɤа С. В. – ɤаɧɞ. ɮіɡ.-ɦаɬ. ɧаɭɤ, ɞɨɰɟɧɬ, ɡавіɞɭваɱ ɤаɮɟɞɪи іɧɮɨɪɦаɰіɣɧиɯ ɬɟɯɧɨɥɨɝіɣ, Хаɪɤівɫьɤиɣ 

ɧавɱаɥьɧɨ-ɧаɭɤɨвиɣ іɧɫɬиɬɭɬ ДВНЗ «Уɧівɟɪɫиɬɟɬ ɛаɧɤівɫьɤɨʀ ɫɩɪави», Хаɪɤів, Уɤɪаʀɧа. 
Сɬяɝɥиɤ ɇ. І. – ɤаɧɞ. ɩɟɞ. ɧаɭɤ, ɞɨɰɟɧɬ ɤаɮɟɞɪи іɧɮɨɪɦаɰіɣɧиɯ ɬɟɯɧɨɥɨɝіɣ, Хаɪɤівɫьɤиɣ ɧавɱаɥьɧɨ-

ɧаɭɤɨвиɣ іɧɫɬиɬɭɬ ДВНЗ «Уɧівɟɪɫиɬɟɬ ɛаɧɤівɫьɤɨʀ ɫɩɪави», Хаɪɤів, Уɤɪаʀɧа.  
АɇОɌАɐІə 

Аɤɬɭаɥьɧіɫɬь. Баɝаɬɨвиɦіɪɧа ɩɪиɪɨɞа ɨɛɪɨɛɥɸваɧиɯ ɞаɧиɯ ɭ ɫɭɱаɫɧиɯ ɫиɫɬɟɦаɯ ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɡɨɪɭ ɩɨɬɪɟɛɭє ɧɨвиɯ 
ɩіɞɯɨɞів ɞɨ ɩɨɛɭɞɨви ɪɟɡɭɥьɬаɬивɧиɯ ɩɪɨɫɬɨɪів ɨɡɧаɤ, ɳɨ ɫɩɪɨɳɭɸɬь ɨɩɪаɰɸваɧɧя ɡа ɪаɯɭɧɨɤ ɭɡаɝаɥьɧɟɧɧя ɧаявɧɨʀ іɧɮɨɪ-
ɦаɰіʀ. ɋɬɪɭɤɬɭɪɧі ɦɟɬɨɞи ɪɨɡɩіɡɧаваɧɧя ɡɨɛɪаɠɟɧь виɤɨɪиɫɬɨвɭɸɬь ɨɩиɫи віɡɭаɥьɧиɯ ɨɛ’єɤɬів ɭ виɝɥяɞі ɧаɛɨɪів ɞɟɫɤɪиɩɬɨ-
ɪів ɤɥɸɱɨвиɯ ɬɨɱɨɤ яɤ ɦɧɨɠиɧи ɱиɫɥɨвиɯ вɟɤɬɨɪів виɫɨɤɨʀ ɪɨɡɦіɪɧɨɫɬі. Ɉɫɧɨвɧиɦ іɧɫɬɪɭɦɟɧɬɨɦ ɡɧиɠɟɧɧя ɪɨɡɦіɪɧɨɫɬі  
виɫɬɭɩає ɩɪɟɞɫɬавɥɟɧɧя ɞаɧиɯ ɭ виɝɥяɞі ɫиɫɬɟɦи ʀɯ ɛɥɨɤів ɬа ɫɬаɬиɫɬиɱɧɟ ɞɨɫɥіɞɠɟɧɧя ɬаɤиɯ ɫɬɪɭɤɬɭɪ ɞаɧиɯ, яɤɟ в аɫɩɟɤɬі 
ɪɨɡɩіɡɧаваɧɧя ɩɨɤɥаɞɟɧɟ віɞɨɛɪаɠаɬи ɫɭɦаɪɧі вɥаɫɬивɨɫɬі ɨɛ’єɤɬа яɤ ɫɭɤɭɩɧɨɫɬі ɣɨɝɨ ɮɪаɝɦɟɧɬів. У ɡв’яɡɤɭ ɡ ɰиɦ виɧиɤає 
ɩɪɨɛɥɟɦа вивɱɟɧɧя ɨɫɨɛɥивɨɫɬɟɣ ɩɪиɤɥаɞɧɨɝɨ ɡаɫɬɨɫɭваɧɧя ɬа ɯаɪаɤɬɟɪиɫɬиɤ ɦɨɞɟɥі ɛɥɨɱɧɨɝɨ ɩɨɞаɧɧя в аɫɩɟɤɬі ʀʀ вɠиваɧ-
ɧя ɞɥя виɡɧаɱɟɧɧя ɪɟɥɟваɧɬɧɨɫɬі ɨɩиɫів ɬа ɤɥаɫиɮіɤаɰіʀ ɞаɧиɯ в ɦɟɠаɯ ɛаɡи ɟɬаɥɨɧɧиɯ ɡɨɛɪаɠɟɧь. 

Ɇɟɬа ɪɨɛɨɬи. Зɞіɣɫɧɟɧɧя ɫɬаɬиɫɬиɱɧɨɝɨ ɨɰіɧɸваɧɧя ɡɧаɱɭɳɨɫɬі ɩɪиɣɧяɬɬя ɤɥаɫиɮіɤаɰіɣɧиɯ ɪішɟɧь ɧа ɨɫɧɨві ɨɛɱиɫ-
ɥɟɧɧя ɪɟɥɟваɧɬɧɨɫɬі ɨɩиɫів ɨɛ’єɤɬів ɞɥя ɦɨɞɟɥі ɛɥɨɱɧɨɝɨ ɩɨɞаɧɧя ɞаɧиɯ ɞɟɫɤɪиɩɬɨɪів ɤɥɸɱɨвиɯ ɬɨɱɨɤ ɡɨɛɪаɠɟɧь. 

Ɇɟɬɨɞ. Заɩɪɨɩɨɧɨваɧɨ ɫɩɨɫɨɛи ɪɨɡɪіɡɧɟɧɧя ɨɩиɫів ɧа ɨɫɧɨві ɦɨɞɟɥі ɛɥɨɱɧɨɝɨ ɩɨɞаɧɧя ɞаɧиɯ ɞɟɫɤɪиɩɬɨɪів ɤɥɸɱɨвиɯ 
ɬɨɱɨɤ ɡɨɛɪаɠɟɧь іɡ виɤɨɪиɫɬаɧɧяɦ ɤɪиɬɟɪіʀв ɦаɬɟɦаɬиɱɧɨʀ ɫɬаɬиɫɬиɤи ɬа іɧɫɬɪɭɦɟɧɬаɪіɸ ɬɟɨɪіʀ іɧɮɨɪɦаɰіʀ. 

Рɟзɭɥьɬаɬи. Ƚɨɥɨвɧиɦ ɪɟɡɭɥьɬаɬɨɦ ɫɬаɬɬі є ɩіɞɬвɟɪɞɠɟɧɧя ɬɨɝɨ, ɳɨ вɠиваɧɧя ɤɥаɫиɱɧиɯ ɫɬаɬиɫɬиɱɧиɯ ɤɪиɬɟɪіʀв ɞɥя 
аɧаɥіɡɭ ɟɦɩіɪиɱɧиɯ ɞаɧиɯ ɭ виɝɥяɞі ɫɬɪɭɤɬɭɪɧиɯ ɨɩиɫів ɡɨɛɪаɠɟɧь ɞає ɦɨɠɥивіɫɬь виɡɧаɱиɬи яɤіɫɬь ɩɨɛɭɞɨваɧɨɝɨ ɩɪɨɫɬɨɪɭ 
ɨɡɧаɤ, ɞɨɫɬаɬɧɸ ɞɥя ɪɨɡɪіɡɧɟɧɧя віɡɭаɥьɧиɯ ɨɛ’єɤɬів ɩɪи ʀɯ ɪɨɡɩіɡɧаваɧɧі ɭ ɫиɫɬɟɦаɯ ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɡɨɪɭ. Вɩɪɨваɞɠɟɧɧя 
ɦɨɞɟɥі ɛɥɨɱɧɨɝɨ ɩɨɞаɧɧя ɬа ɫɬаɬиɫɬиɱɧɨɝɨ аɧаɥіɡɭ ɞɥя ɡɧаɱɟɧь ɞɟɫɤɪиɩɬɨɪів ɤɥɸɱɨвиɯ ɨɡɧаɤ ɡɨɛɪаɠɟɧь ɫɩɪияє ɩіɞвиɳɟɧɧɸ 
ɟɮɟɤɬивɧɨɫɬі ɩɪɨɰɟɫɭ ɪɨɡɩіɡɧаваɧɧя віɡɭаɥьɧиɯ ɨɛ’єɤɬів, ɳɨ ɩіɞɬвɟɪɞɠɭєɬьɫя ɩɨɤɪаɳɟɧɧяɦ ɪівɧя ɪɨɡɪіɡɧɟɧɧя ɩɪи ɡɛіɥь-
шɟɧɧі ɪɨɡɦіɪɭ ɮɪаɝɦɟɧɬɭ ɭ ɩɨɛɭɞɨваɧіɣ ɥаɧɰɸɠɤɨвіɣ ɫɬɪɭɤɬɭɪі ɨɩиɫɭ. 

Виɫɧɨвɤи. Заɫɬɨɫɭваɧɧя ɪіɡɧɨɦаɧіɬɬя ɫɬаɬиɫɬиɱɧиɯ ɤɪиɬɟɪіʀв ɞаɥɨ іɞɟɧɬиɱɧиɣ виɫɧɨвɨɤ ɩɪɨ ɡɧаɱɭɳіɫɬь віɞɦіɧɧɨɫɬɟɣ 
ɟɦɩіɪиɱɧиɯ ɨɩиɫів віɡɭаɥьɧиɯ ɨɛ’єɤɬів ɭ ɩɨɛɭɞɨваɧɨɦɭ ɩɪɨɫɬɨɪі ɨɡɧаɤ, ɳɨ ɩіɞɤɪɟɫɥɸє ɨɛ’єɤɬивɧіɫɬь ɩɪɨвɟɞɟɧɨɝɨ ɞɨɫɥі-
ɞɠɟɧɧя. Вɩɪɨваɞɠɟɧа ɦɨɞɟɥь ɛɥɨɱɧɨɝɨ ɩɨɞаɧɧя ɞаɧиɯ ɡɛɟɪіɝає ɪɨɡɪіɡɧɸваɥьɧі вɥаɫɬивɨɫɬі ɫɬɪɭɤɬɭɪɧɨɝɨ ɨɩиɫɭ ɡ ɟɮɟɤɬɨɦ 
ɫɭɬɬєвɨɝɨ ɩɨɤɪаɳɟɧɧя швиɞɤɨɞіʀ ɩɪиɣɧяɬɬя ɤɥаɫиɮіɤаɰіɣɧɨɝɨ ɪішɟɧɧя. 

Наɭɤɨвɭ ɧɨвиɡɧɭ ɞɨɫɥіɞɠɟɧɧя ɫɤɥаɞає ɭɞɨɫɤɨɧаɥɟɧɧя ɬа ɫɬаɬиɫɬиɱɧɟ ɨɛґɪɭɧɬɭваɧɧя ɦɨɞɟɥɟɣ ɩɪиɣɧяɬɬя ɪішɟɧɧя ɳɨɞɨ 
ɪɨɡɩіɡɧаваɧɧя віɡɭаɥьɧиɯ ɨɛ’єɤɬів ɧа ɨɫɧɨві ɨɛɱиɫɥɟɧɧя ɪɟɥɟваɧɬɧɨɫɬі ʀɯ ɨɩиɫів ɫɬɨɫɨвɧɨ ɟɬаɥɨɧів іɡ вɩɪɨваɞɠɟɧɧяɦ ɛɥɨɱ-
ɧɨɝɨ ɩɨɞаɧɧя ɞɟɫɤɪиɩɬɨɪів ɤɥɸɱɨвиɯ ɬɨɱɨɤ ɡɨɛɪаɠɟɧь. 

ɉɪаɤɬиɱɧа ɡɧаɱɭɳіɫɬь ɪɨɛɨɬи ɩɨɥяɝає ɭ ɩіɞɬвɟɪɞɠɟɧɧі ɞɨɰіɥьɧɨɫɬі ввɟɞɟɧɧя ɛɥɨɱɧɨʀ ɫɬɪɭɤɬɭɪи ɞɥя ɞɟɫɤɪиɩɬɨɪɧɨɝɨ 
ɨɩиɫɭ ɨɛ’єɤɬа яɤ ɟɮɟɤɬивɧɨɝɨ ɩіɞɯɨɞɭ ɩɪи виɪішɟɧɧі ɡаɞаɱі ɪɨɡɩіɡɧаваɧɧя ɧа ɩɪиɤɥаɞаɯ ɡɨɛɪаɠɟɧь ɡаɞɥя вɩɪɨваɞɠɟɧɧя ɭ 
ɫиɫɬɟɦаɯ ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɡɨɪɭ. 

ɄɅЮЧОВІ СɅОВА: ɤɨɦɩ’ɸɬɟɪɧиɣ ɡіɪ, ɫɬɪɭɤɬɭɪɧɟ ɪɨɡɩіɡɧаваɧɧя ɡɨɛɪаɠɟɧь, ɦɧɨɠиɧа ɤɥɸɱɨвиɯ ɬɨɱɨɤ, ɞɟɫɤɪиɩɬɨɪи BRISK, ɪɟɥɟваɧɬɧіɫɬь ɨɩиɫів, ɛɥɨɱɧɟ ɩɨɞаɧɧя, ɫɬаɬиɫɬиɱɧиɣ ɪɨɡɩɨɞіɥ, ɤɪиɬɟɪіɣ ɯі-ɤваɞɪаɬ, ɪɨɡɯɨɞɠɟɧɧя Рɟɧ’ʀ, ɤɪиɬɟɪіɣ 
ɡɧаɤів, ɡɧаɱɭɳіɫɬь віɞɦіɧɧɨɫɬі ɨɩиɫів. 
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АȻРЕВІАɌɍРɂ BRISK (Binary Robust Invariant Scalable Keypoints) – ɦɟɬɨɞ виявɥɟɧɧя, ɨɩиɫɭ ɬа віɞɩɨвіɞɧɨɫɬі 

ɤɥɸɱɨвиɯ ɬɨɱɨɤ; Open CV – ɛіɛɥіɨɬɟɤа ɩɪɨɝɪаɦɧɨɝɨ ɡаɛɟɡɩɟɱɟɧɧя 
ɞɥя ɫиɫɬɟɦ ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɡɨɪɭ; 
КТ – ɤɥɸɱɨва ɬɨɱɤа. 

ɇОɆЕɇɄɅАɌɍРА 
Z – ɨɩиɫ ɭ виɝɥяɞі ɦɧɨɠиɧи КТ; 

nB  – ɦɧɨɠиɧа ɛіɧаɪɧиɯ вɟɤɬɨɪів; 
vz  – ɛіɧаɪɧиɣ ɞɟɫɤɪиɩɬɨɪ; 

n – ɪɨɡɦіɪɧіɫɬь ɩɪɨɫɬɨɪɭ ɞɟɫɤɪиɩɬɨɪів; 
s – ɤіɥьɤіɫɬь ɞɟɫɤɪиɩɬɨɪів ɭ ɨɩиɫі; 
m – ɤіɥьɤіɫɬь ɮɪаɝɦɟɧɬів (ɛɥɨɤів) ɞɟɫɤɪиɩɬɨɪа; 
k – ɤіɥьɤіɫɬь ɟɥɟɦɟɧɬів ɭ ɛɥɨɰі ɭ ɞɟɫɤɪиɩɬɨɪі; 
Q – ɦɧɨɠиɧа ɪɨɡɩɨɞіɥів ɞɥя ɛɥɨɤів ɞɟɫɤɪиɩɬɨɪа; 

ijq  – ɟɥɟɦɟɧɬи ɦаɬɪиɰі ɪɨɡɩɨɞіɥів Q; 
ip  – віɞɧɨɫɧа ɱаɫɬɨɬа; 

W – ɤіɥьɤіɫɬь ɥаɧɨɤ ɪɨɡɩɨɞіɥɭ; 
a – ɪівɟɧь ɡɧаɱɭɳɨɫɬі ɩɪи ɡаɫɬɨɫɭваɧɧі ɫɬаɬиɫɬиɱ-

ɧɨɝɨ ɤɪиɬɟɪіɸ. 
 

ВСɌɍɉ 
ɉɪɨɰɟɫ ɪɟаɥіɡаɰіʀ ɞієвиɯ ɤɥаɫиɮіɤаɰіɣɧиɯ ɪішɟɧь ɭ 

ɫɭɱаɫɧиɯ ɫиɫɬɟɦаɯ ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɡɨɪɭ ɩɨɬɪɟɛɭє ви-
ɪішɟɧɧя ɪяɞɭ ɩɪɨɛɥɟɦ, ɩɨв’яɡаɧиɯ іɡ ɛаɝаɬɨвиɦіɪɧɨɸ 
ɩɪиɪɨɞɨɸ ɨɛɪɨɛɥɸваɧиɯ ɞаɧиɯ. У ɫɬɪɭɤɬɭɪɧиɯ ɦɟɬɨ-
ɞаɯ ɪɨɡɩіɡɧаваɧɧя ɡɨɛɪаɠɟɧь ɨɩиɫи віɡɭаɥьɧиɯ 
ɨɛ’єɤɬів ɩɨɞаɸɬьɫя ɭ виɝɥяɞі ɧаɛɨɪів ɞɟɫɤɪиɩɬɨɪів КТ 
яɤ ɫɤіɧɱɟɧɧɨʀ ɦɧɨɠиɧи ɱиɫɥɨвиɯ вɟɤɬɨɪів ɞɨɫɬаɬɧьɨ 
виɫɨɤɨʀ ɪɨɡɦіɪɧɨɫɬі [1–4]. Таɤ, ɛіɧаɪɧі ɩɨɞаɧɧя, ɨɬɪи-
ɦаɧі ɞɟɬɟɤɬɨɪɨɦ BRISK, ɦіɫɬяɬь ɞɨ 512 ɤɨɦɩɨɧɟɧɬів [5]. У ɬаɤɨɦɭ виɩаɞɤɭ ɩɟɪɟɯіɞ ɞɨ ɩɪɟɞɫɬавɥɟɧɧя ɞаɧиɯ 
ɭ виɝɥяɞі ɫиɫɬɟɦи ʀɯ ɮɪаɝɦɟɧɬів ɦɟɧшɨʀ ɪɨɡɦіɪɧɨɫɬі 
ɫɩɪияє ɫɭɬɬєвɨɦɭ ɫɩɪɨɳɟɧɧɸ ʀɯ вивɱɟɧɧя ɬа ɩɪиɤɥа-
ɞɧɨɝɨ ɡаɫɬɨɫɭваɧɧя [6]. Ɉɫɧɨвɧиɦ іɧɫɬɪɭɦɟɧɬɨɦ ɩɪи 
ɰьɨɦɭ виɫɬɭɩає ɫɬаɬиɫɬиɱɧɟ ɞɨɫɥіɞɠɟɧɧя ɞаɧиɯ ɨɩи-
ɫів, яɤɟ в аɫɩɟɤɬі ɪɨɡɩіɡɧаваɧɧя ɩɨɤɥаɞɟɧɟ віɞɨɛɪаɠа-
ɬи ɭɡаɝаɥьɧɟɧі вɥаɫɬивɨɫɬі ɨɛ’єɤɬа ɭ виɝɥяɞі ɫɭɤɭɩɧɨ-
ɫɬі ɮɪаɝɦɟɧɬів [6–8].  
Біɬɨва ɩɪиɪɨɞа ɞɟɫɤɪиɩɬɨɪів КТ ɭ ɩɪɨɫɬɨɪі ɛіɧаɪ-

ɧиɯ вɟɤɬɨɪів ɞає ɦɨɠɥивіɫɬь вɩɪɨваɞиɬи ɩɪɟɞɫɬав-
ɥɟɧɧя ɬа аɧаɥіɡ ɞɟɫɤɪиɩɬɨɪа яɤ ɩɨɫɥіɞɨвɧɨɫɬі ɟɥɟɦɟɧ-
ɬів іɡ віɞɨɦиɦ ɞіаɩаɡɨɧɨɦ ɡɧаɱɟɧь, ɳɨ ɞає ɡɦɨɝɭ ɡɞіɣ-
ɫɧɸваɬи ɨɛɪɨɛɥɟɧɧя ɬа ɫɬаɬиɫɬиɱɧиɣ аɧаɥіɡ ɭɩɨɪяɞ-
ɤɨваɧиɯ ɱиɫɥɨвиɯ ɥаɧɰɸɠɤів ɞаɧиɯ. Бɥɨɱɧа ɫɬɪɭɤɬɭ-
ɪа ɞаɧиɯ ɞɨɩɭɫɤає ɡаɫɬɨɫɭваɧɧя ɩіɞɯɨɞів іɧɬɟɥɟɤɬɭа-
ɥьɧɨɝɨ аɧаɥіɡɭ, ɡаɫɧɨваɧиɯ ɧа ɣɦɨвіɪɧіɫɧиɯ ɨɰіɧɤаɯ 
ɧаявɧиɯ ɡɧаɱɟɧь, ɳɨɞɨ ɩɪиɣɧяɬɬя ɪішɟɧɧя ɩɪɨ віɞɧɟ-
ɫɟɧɧя ɨɛ’єɤɬɭ ɡ ɨɩиɫɨɦ ɞɨ віɞɩɨвіɞɧɨɝɨ ɤɥаɫɭ.  
Оɛ’єɤɬɨɦ ɞɨɫɥіɞɠɟɧɧя є ɦɨɞɟɥь ɛɥɨɱɧɨɝɨ ɩɨɞаɧ-

ɧя ɞɥя ɦɧɨɠиɧи ɞɟɫɤɪиɩɬɨɪів ɤɥɸɱɨвиɯ ɬɨɱɨɤ ɡɨɛɪа-
ɠɟɧɧя. 
ɉɪɟɞɦɟɬɨɦ ɞɨɫɥіɞɠɟɧɧя є ɫɬаɬиɫɬиɱɧɟ ɨɰіɧɸваɧ-

ɧя ɡɧаɱɭɳɨɫɬі ɩɪиɣɧяɬɬя ɤɥаɫиɮіɤаɰіɣɧиɯ ɪішɟɧь ɧа 
ɨɫɧɨві ɨɛɱиɫɥɟɧɧя ɪɟɥɟваɧɬɧɨɫɬі ɨɩиɫів ɨɛ’єɤɬів ɞɥя 
ɦɨɞɟɥі ɛɥɨɱɧɨɝɨ ɩɨɞаɧɧя ɞаɧиɯ ɞɟɫɤɪиɩɬɨɪів ɤɥɸɱɨ-
виɯ ɬɨɱɨɤ ɡɨɛɪаɠɟɧь. 

1 ɉОСɌАɇОВɄА ɁАȾАЧІ 
Виɡɧаɱиɦɨ ɞɟɫɤɪиɩɬɨɪɧиɣ ɨɩиɫ ɞɨɫɥіɞɠɭваɧɨɝɨ 

віɡɭаɥьɧɨɝɨ ɨɛ’єɤɬɭ ɭ виɝɥяɞі ɫɤіɧɱɟɧɧɨʀ ɦɧɨɠиɧи  
n

v
s
vv BzzZ ∈= = ,}{ 1 .  

Виɯɨɞяɱи ɡ ɬɨɝɨ, ɳɨ ɩаɪаɦɟɬɪ n ɪɨɡɦіɪɭ аɧаɥіɡɨ-
ваɧиɯ ɟɥɟɦɟɧɬів – ɞɟɫɤɪиɩɬɨɪів ɫяɝає ɤіɥьɤɨɯ ɫɨɬɟɧь, 
ɩɨɧиɡиɦɨ ɪɨɡɦіɪɧіɫɬь ɞаɧиɯ шɥяɯɨɦ ɪɨɡɛиɬɬя ɞɟ-
ɫɤɪиɩɬɨɪа КТ ɧа ɩɨɫɥіɞɨвɧіɫɬь іɡ m ɮɪаɝɦɟɧɬів ( m n= ), ɳɨ ɩɨвɧіɫɬɸ ɣɨɝɨ ɩɨɤɪиваɸɬь. У ɬаɤɨɦɭ ɪаɡі 
ɞɟɫɤɪиɩɬɨɪ BRISK іɡ 512 ɛіɬів ɦɨɠɟ ɛɭɬи ɩɪɟɞɫɬавɥɟ-
ɧɨ, ɧаɩɪиɤɥаɞ, ɩɨɫɥіɞɨвɧіɫɬɸ іɡ 512 ɮɪаɝɦɟɧɬів ɩɨ 
ɨɞɧɨɦɭ ɛіɬɭ (0 аɛɨ 1), аɛɨ ɩɨɫɥіɞɨвɧіɫɬɸ іɡ 256 ɮɪаɝ-
ɦɟɧɬів ɩɨ 2 ɟɥɟɦɟɧɬи, яɤі ɦɨɠɭɬь ɦаɬи ɨɞɧɟ ɡ ɞвіɣɤɨ-
виɯ ɩɪɟɞɫɬавɥɟɧь 00, 01, 10, 11, аɛɨ ɩɨɫɥіɞɨвɧіɫɬɸ іɡ 128 ɮɪаɝɦɟɧɬів ɩɨ 4 ɟɥɟɦɟɧɬи, ɤɨɠɟɧ ɡ яɤиɯ ɦає виɞ 
ɤɨɪɬɟɠɭ ɞвіɣɤɨвиɯ ɟɥɟɦɟɧɬів (ɤіɥьɤіɫɬь ɬаɤиɯ ɩɪɟɞ-
ɫɬавɥɟɧь ɬɭɬ ɞɨɪівɧɸє 16) ɬɨɳɨ.  
У ɪɟɡɭɥьɬаɬі ɥаɧɰɸɠɤɨвɨɝɨ ɩɨɞаɧɧя ɨɩиɫ Z ɛɭɞɟ 

ɦаɬи виɞ ɦаɬɪиɰі іɡ S ɪяɞɤів ɬа m ɫɬɨвɩɰів, ɤɨɠɟɧ ɡ 
ɟɥɟɦɟɧɬів яɤɨʀ є ɮɪаɝɦɟɧɬɨɦ ɪɨɡɦіɪɭ mnk =  [4].  
У ɪɟɡɭɥьɬаɬі ɪɨɡɛиɬɬя ɧа ɮɪаɝɦɟɧɬи ɡɞіɣɫɧɟɧɨ ɩɟ-

ɪɟɯіɞ віɞ ɛаɝаɬɨвиɦіɪɧɨɝɨ вɟɤɬɨɪɧɨɝɨ ɩɪɨɫɬɨɪɭ ɨɡɧаɤ 
ɞɨ ɫɭɤɭɩɧɨɫɬі вɟɤɬɨɪів ɫɭɬɬєвɨ ɦɟɧшɨʀ ɪɨɡɦіɪɧɨɫɬі. 
Виɧиɤає ɩиɬаɧɧя, ɧаɫɤіɥьɤи ɧɨвɨɫɬвɨɪɟɧа ɫиɫɬɟɦа 
ɨɡɧаɤ ɡɞаɬɧа ɞɨ ɪɨɡɪіɡɧɟɧɧя ɨɩиɫів ɨɛ’єɤɬів ɭ ɩɨɪів-
ɧяɧɧі ɡ ɛаɝаɬɨвиɦіɪɧиɦ ɩɪɟɞɫɬавɥɟɧɧяɦ ɬа яɤі ɧɨві 
ɦɨɠɥивɨɫɬі ɭ аɫɩɟɤɬі ɤɥаɫиɮіɤаɰіʀ віɞɤɪиваɸɬьɫя іɡ ʀʀ 
вɩɪɨваɞɠɟɧɧяɦ.   
Заɞаɱаɦи ɞɨɫɥіɞɠɟɧɧя є вивɱɟɧɧя ɞɨɰіɥьɧɨɫɬі ɬа 

ɪɟɡɭɥьɬаɬивɧɨɫɬі ɡаɫɬɨɫɭваɧɧя ɦɨɞɟɥі ɛɥɨɱɧɨʀ ɫɬɪɭɤ-
ɬɭɪи ɩɪɟɞɫɬавɥɟɧɧя ɞаɧиɯ ɞɟɫɤɪиɩɬɨɪɧɨɝɨ ɨɩиɫɭ 
ɨɛ’єɤɬа ɭ виɝɥяɞі ɥаɧɰɸɠɤɨвɨʀ ɫɬɪɭɤɬɭɪи яɤ ɩɪɨɞɭɤ-
ɬивɧɨɝɨ ɩіɞɯɨɞɭ ɞɥя ɪɨɡɪіɡɧɟɧɧя ɞɨɫɥіɞɠɭваɧиɯ 
ɨɛ’єɤɬів.  

2 ОГɅəȾ ɅІɌЕРАɌɍРɂ 
Фɨɪɦаɥьɧа ɩɨɫɬаɧɨвɤа ɡаɞаɱі ɪɨɡɩіɡɧаваɧɧя ɡɨ-

ɛɪаɠɟɧь ɡ виɤɨɪиɫɬаɧɧяɦ ɦɧɨɠиɧи КТ ɫɮɨɪɦɭɥьɨва-
ɧа ɭ [1], ɞɟ ɬаɤɨɠ вивɱаɸɬьɫя ɨɫɨɛɥивɨɫɬі ɬа ɧɟɞɨɥіɤи 
ɦɨɞɟɥі ɨɩиɫɭ яɤ ɦɧɨɠиɧи ɛаɝаɬɨвиɦіɪɧиɯ вɟɤɬɨɪів. 
Заɡɧаɱаєɬьɫя, ɳɨ ɤɥɸɱɨвиɦ ɧɟɞɨɥіɤɨɦ є ɡавɟɥиɤі 
ɨɛ’єɦи ɨɛɱиɫɥɸваɥьɧиɯ виɬɪаɬ. У ɫɬаɬɬяɯ [2, 3] ви-
вɱаɸɬьɫя ɦɨɞɟɥі ɞɥя ɩɨɛɭɞɨви ɦɨɞиɮіɤаɰіɣ ɫиɫɬɟɦи 
ɫɬɪɭɤɬɭɪɧиɯ ɨɡɧаɤ ɡаɞɥя ɫɤɨɪɨɱɟɧɧя ɨɛɫяɝɭ ɨɛɱиɫ-
ɥɟɧь, ɡɨɤɪɟɦа, ɪɨɡɝɥяɞаєɬьɫя ɡаɫɬɨɫɭваɧɧя ɦɟɬɨɞів 
ɤɥаɫɬɟɪиɡаɰіʀ ɞаɧиɯ. Рɨɛɨɬи [4, 6, 7] ɦіɫɬяɬь аɧаɥіɡ 
ɛɥɨɱɧɨɝɨ ɩɨɞаɧɧя ɬа ɡаɫɨɛи ɤɨɧɫɬɪɭɸваɧɧя ɫɬаɬиɫɬи-
ɱɧиɯ ɪɨɡɩɨɞіɥів, ɳɨ ɞаɸɬь ɦɨɠɥивіɫɬь ɫɮɨɪɦɭваɬи 
ɭɡаɝаɥьɧɟɧɟ ɩɨɞаɧɧя ɞɟɫɤɪиɩɬɨɪів ɭ виɝɥяɞі ʀɯ ɫиɫɬɟ-
ɦи ɮɪаɝɦɟɧɬів. У ɞɨɫɥіɞɠɟɧɧяɯ [4, 7, 8] виɤɥаɞɟɧɨ 
ɪɟɡɭɥьɬаɬи ɡаɫɬɨɫɭваɧɧя ɫɬаɬиɫɬиɱɧиɯ ɦіɪ ɞɥя ɨɛɱиɫ-
ɥɟɧɧя ɪɟɥɟваɧɬɧɨɫɬі ɨɩиɫів, ɳɨ ɩіɞɤɪɟɫɥɸє ɬіɫɧиɣ 
ɡв’яɡɨɤ ɦɟɬɪиɱɧиɯ ɬа ɫɬаɬиɫɬиɱɧиɯ ɩіɞɯɨɞів. Рɨɛɨɬа [5] ɦіɫɬиɬь ɨɫɨɛɥивɨɫɬі ɮɨɪɦɭваɧɧя ɛіɧаɪɧɨɝɨ ɞɟ-
ɫɤɪиɩɬɨɪа BRISK, ɳɨ ɞає ɦɨɠɥивіɫɬь ɡаɫɬɨɫɭваɬи 
ɟɮɟɤɬивɧɟ ɛіɧаɪɧɟ ɨɛɪɨɛɥɟɧɧя ɞаɧиɯ. Рɨɛɨɬи [9–14] 
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виɤɨɪиɫɬаɧɨ яɤ ɞɠɟɪɟɥа ɤɥаɫиɱɧиɯ ɦɟɬɨɞів ɫɬаɬиɫɬи-
ɱɧɨɝɨ ɨɰіɧɸваɧɧя, а [15] ɦіɫɬиɬь ɩɨɫиɥаɧɧя ɧа виɤɨ-
ɪиɫɬаɧɟ ɩɪɨɝɪаɦɧɟ ɡаɛɟɡɩɟɱɟɧɧя.  

3 ɆАɌЕРІАɅɂ І ɆЕɌОȾɂ 
Рɨɡɝɥяɧɟɦɨ віɞɨɛɪаɠɟɧɧя QZ →  іɡ ɦɧɨɠиɧи ɛі-

ɧаɪɧиɯ вɟɤɬɨɪів – ɞɟɫɤɪиɩɬɨɪів КТ ɭ ɦɧɨɠиɧɭ Q ʀɯ 
ɛɥɨɱɧиɯ ɪɨɡɩɨɞіɥів, яɤɟ ɞає ɦɨɠɥивіɫɬь ɩɪɨвɨɞиɬи 
іɞɟɧɬиɮіɤаɰіɸ ɬа ɪɨɡɪіɡɧɟɧɧя віɡɭаɥьɧиɯ ɨɛ’єɤɬів ɧа 
ɩіɞɫɬаві ɞаɧиɯ ɦɟɧшɨʀ ɪɨɡɦіɪɧɨɫɬі [4]. Рɨɡɩɨɞіɥ віɞ-
ɩɨвіɞɧɨ ɞɨ ɮіɤɫɨваɧɨɝɨ ɮɪаɝɦɟɧɬɭ іɡ ɧɨɦɟɪɨɦ j, 
j=1,…,m, ɩɨɞаɦɨ ɭ виɝɥяɞі вɟɤɬɨɪа ɰіɥиɯ ɱиɫɟɥ 

jwj qqq ),...,( 1= , ɞɟ wiqij ,...,1, =  – ɱаɫɬɨɬа ɩɨяви і-ɝɨ 
виɞɭ ɮɪаɝɦɟɧɬɭ, ɪɨɡɬашɨваɧɨɝɨ ɧа j-ɦɭ ɦіɫɰі ɥаɧɰɸ-
ɠɤа ɫɟɪɟɞ ɭɫіɯ ɞɟɫɤɪиɩɬɨɪів ɨɩиɫɭ, ɤіɥьɤіɫɬь яɤиɯ 
ɞɨɪівɧɸє ∑

=
=

w

i
iqs 1  ɞɥя ɛɭɞь-яɤɨɝɨ ɧɨɦɟɪа j. 

Зɧаɱɟɧɧя wi
s
qp i

i ,...,1, == , є віɞɧɨɫɧиɦи ɱаɫɬɨ-
ɬаɦи (ɨɰіɧɤаɦи ɣɦɨвіɪɧɨɫɬі). ɉɪи ɰьɨɦɭ kw 2= , 11 =∑
=

w

i
ip . ɉɨвɧіɫɬɸ ɦɧɨɠиɧа Q ɨɩиɫɭєɬьɫя ɫиɫɬɟɦɨɸ 

ɪɨɡɩɨɞіɥів 
m
jjwj qqqQ 11 }),...,({ ===     (1)  

ɞɥя ɤɨɠɧɨɝɨ іɡ m ɮɪаɝɦɟɧɬів, ɨɬɠɟ, ɦɨɠɟ ɛɭɬи ɩɪɟɞ-
ɫɬавɥɟɧа ɦаɬɪиɰɟɸ іɡ m ɪяɞɤів ɬа w ɫɬɨвɩɰів. Дɥя ɧɨ-
ɪɦɨваɧɨɝɨ виɩаɞɤɭ ɦаєɦɨ ɫиɫɬɟɦɭ ɪɨɡɩɨɞіɥів  

m
jjwjnorm pppQ 11 }),...,({ === .  (2)  

Наɩɪиɤɥаɞ, ɭ виɩаɞɤɭ виɤɨɪиɫɬаɧɧя ɞɟɫɤɪиɩɬɨɪа BRISK ɩɪи ɪɨɡɛиɬɬі ɧа ɛаɣɬи ɞɥя n=512 ɦаєɦɨ m=64, 
w=256, ɨɬɠɟ, ɦаɬɪиɰя )( normQQ  ɦіɫɬиɬь віɞɧɨɫɧі 
ɱаɫɬɨɬи ɩɨяви вɫіɯ ɞɨɩɭɫɬиɦиɯ ɡɧаɱɟɧь ɮɪаɝɦɟɧɬів 
ɪɨɡɦіɪɨɦ ɭ ɛаɣɬ ɞɥя ɧаявɧɨʀ ɦɧɨɠиɧи Z. 
Ɉɫɧɨвɧа іɞɟя ɞɨɫɥіɞɠɟɧɧя ɩɨɥяɝає ɭ ɡɞіɣɫɧɟɧɧі 

аɧаɥіɡɭ вɥаɫɬивɨɫɬɟɣ ɪɟɥɟваɧɬɧɨɫɬі ɨɛ’єɤɬів шɥяɯɨɦ 
ɡіɫɬавɥɟɧɧя ɫɮɨɪɦɨваɧиɯ ɡɧаɱɟɧь ɟɥɟɦɟɧɬів ɦаɬɪиɰь 2,1,,...,1,,...,1},{ )( ==== lmjwiqQ l

ij
l  (l – ɧɨɦɟɪ 

ɨɛ’єɤɬɭ) виɝɥяɞɭ (1), (2), ɳɨ віɞɨɛɪаɠаɸɬь вɧɭɬɪішɧɸ 
ɫɬаɬиɫɬиɤɭ ɨɩиɫів. Зɨɫɟɪɟɞиɦɨ ɞɨɫɥіɞɠɟɧɧя ɧа ɩɨɩа-
ɪɧɨɦɭ ɩɨɪівɧяɧɧі віɞɩɨвіɞɧиɯ ɪяɞɤів ɦаɬɪиɰь lQ . 
ɉɟɪшɨɱɟɪɝɨвɨ виɞаєɬьɫя виɪішɟɧɧя ɡаɞаɱі ɩɨɪів-

ɧяɧɧя ɞвɨɯ ɪɨɡɩɨɞіɥів, яɤɭ ɦɨɠɧа ɡɞіɣɫɧиɬи ɫɩівɫɬав-
ɥɟɧɧяɦ ɝіɫɬɨɝɪаɦ ɱɟɪɟɡ ɡаɫɬɨɫɭваɧɧя ɦɨɞиɮіɤɨваɧɨɝɨ 
ɤɪиɬɟɪіɸ ɯі-ɤваɞɪаɬ, ɩɪиɡɧаɱɟɧɨɝɨ ɞɥя виɩаɞɤɭ ɟɦɩі-
ɪиɱɧиɯ ɪɨɡɩɨɞіɥів [9]. Рɨɡɪаɯɭɧɨɤ ɟɦɩіɪиɱɧɨɝɨ ɡɧа-
ɱɟɧɧя ɤɪиɬɟɪіɸ ɞɥя ɮɪаɝɦɟɧɬів ɨɩиɫів ɡ ɧɨɦɟɪɨɦ j 
ɡɞіɣɫɧиɦɨ ɡа ɮɨɪɦɭɥɨɸ  

∑
− +

−
=χ

w

i ijij

ijij
jemp

qq

qq1 )2()1( 2)2()1(2 , )( .   (3)  
Кɪиɬиɱɧɟ ɡɧаɱɟɧɧя ɤɪиɬɟɪіɸ )',(2 , sajcrχ  ɡɧаɯɨ-

ɞиɬьɫя ɡа вɫɬаɧɨвɥɟɧиɦ ɪівɧɟɦ ɡɧаɱɭɳɨɫɬі a і ɫɬɭɩɟ-
ɧɟɦ ɫвɨɛɨɞи s’, ɳɨ ɧɟ ɩɟɪɟвиɳɭє s–1 (s ɪɨɡɝɥяɞаєɬьɫя 
яɤ ɤіɥьɤіɫɬь ɫɩɨɫɬɟɪɟɠɟɧь) і ɪɨɡɪаɯɨвɭєɬьɫя ɥишɟ ɞɥя 
ɬиɯ ɬиɩів ɥаɧɨɤ, яɤі вɯɨɞяɬь ɞɨ віɞɩɨвіɞɧɨɝɨ ɮɪаɝɦɟɧ-
ɬɭ ɡ ɨɩиɫɭ ɯɨɱа ɛ ɨɞɧɨɝɨ ɡ ɨɛ’єɤɬів. Ɉɛɥаɫɬь ɩɪиɣɧяɬ-
ɬя ɧɭɥьɨвɨʀ ɝіɩɨɬɟɡи ɩɪɨ ɨɞɧɨɪіɞɧіɫɬь аɧаɥіɡɨваɧиɯ 
ɝіɫɬɨɝɪаɦ виɡɧаɱаєɬьɫя ɧɟɪівɧіɫɬɸ )',(2 ,2 , sajcrjemp χ<χ , а ɨɛɥаɫɬь ɩɪиɣɧяɬɬя аɥьɬɟɪɧаɬи-
вɧɨʀ ɝіɩɨɬɟɡи ɳɨɞɨ ɡɧаɱɭɳɨʀ віɞɦіɧɧɨɫɬі ɦіɠ ɧиɦи ɧа 
ɪівɧі ɡɧаɱɭɳɨɫɬі a є ɩɪавɨɫɬɨɪɨɧɧьɨɸ ɤɪиɬиɱɧɨɸ 
ɨɛɥаɫɬɸ, ɳɨ виɡɧаɱаєɬьɫя ɧɟɪівɧіɫɬɸ )',(2 ,2 , sajcrjemp χ>χ .  
Наɫɬɭɩɧиɣ ɤɪɨɤ ɩɟɪɟɞɛаɱає ɩіɞɪаɯɭɧɨɤ ɞɨɥі ɡɧа-

ɱɭɳɨ віɞɦіɧɧиɯ ɪɨɡɩɨɞіɥів, ɧа ɩіɞɫɬаві ɱɨɝɨ ɪɨɛиɬьɫя 
виɫɧɨвɨɤ ɩɪɨ ɪівɟɧь ɪɟɥɟваɧɬɧɨɫɬі ɨɛ’єɤɬів. ɉɪиɪɨɞ-
ɧіɦ виɞаєɬьɫя ɨɱіɤɭваɧɧя ɩіɞвиɳɟɧɧя ɬɨɱɧɨɫɬі ɪɨɡɩі-
ɡɧаваɧɧя ɩɪи ɡɛіɥьшɟɧɧі ɞɨвɠиɧи k ɮɪаɝɦɟɧɬɭ ɭ ɥаɧ-
ɰɸɠɤɨвɨɦɭ ɩɨɞаɧɧі. 
Іɧшиɦ ɫɩɨɫɨɛɨɦ ɡіɫɬавɥɟɧɧя ɪɨɡɩɨɞіɥів є ɡаɫɬɨɫɭ-

ваɧɧя в яɤɨɫɬі ɦіɪи ɪɟɥɟваɧɬɧɨɫɬі α-ɪɨɡɯɨɞɠɟɧɧя 
Рɟɧ’ʀ [7, 10], яɤɟ ɦɨɠɧа ɪɨɡɝɥяɞаɬи яɤ іɧɮɨɪɦаɰіɸ 
ɩɨɪяɞɤɭ )1,0( ≠α>αα  ɳɨɞɨ ʀɯ віɞɦіɧɧɨɫɬі. Ɉɛɱиɫ-
ɥɟɧɧя ɪɨɡɯɨɞɠɟɧɧя Рɟɧ’ʀ mjppD jjj ,...,1),||( )2()1( =α , 
ɳɨɞɨ віɞɦіɧɧɨɫɬі ɨɛ’єɤɬɭ ɡ ɪɨɡɩɨɞіɥɨɦ )1(1)1( ),...,( jwj ppp = , віɞ ɨɛ’єɤɬɭ ɡ ɪɨɡɩɨɞіɥɨɦ )2(1)2( ),...,( jwj ppp =  (ɞɥя ɤɨɠɧɨɝɨ ɮіɤɫɨваɧɨɝɨ 

mj ,...,1= ), ɡɞіɣɫɧɸєɦɨ, виɯɨɞяɱи ɡ ɪяɞɤів ɦаɬɪиɰь 2,1,,...,1,,...,1},{ )( ==== lmjwipQ l
ij

l
norm , ɳɨ ɫаɦɟ і 

ɦаɸɬь виɝɥяɞ ,),...,( )(1)( l
jw

l
j ppp =  2,1,,...,1 == lmj :  

∑
=

−α

α

α −α
=

w

i ij

ij
jjj

p

p
ppD 1 1)2( )1()2()1( )( )(ln11)||( .   (4) 

 
Міɪа (4) є ɧɟɫɩаɞɧɨɸ ɮɭɧɤɰієɸ аɪɝɭɦɟɧɬɭ α, ɩɪи-

ɣɦає ɧɟвіɞ’єɦɧі ɡɧаɱɟɧɧя, а ɧɭɥьɨвɟ ɡɧаɱɟɧɧя ɞɨɫяɝа-
єɬьɫя ɥишɟ ɩɪи )2()1(

jj pp = . ɉɪɨɩɨɧɭєɬьɫя ɡаɫɬɨɫɭ-
ваɧɧя ɦіɪи (4) ɩɪи ɡɧаɱɟɧɧі ɩаɪаɦɟɬɪа α=0,5:  

∑
=

=⋅−=
w

i
ijijjjj mjppppD 1 )2()1()2()1(;5,0 ,...,1,ln2)||( .   (5)  

Заɭваɠиɦɨ, ɳɨ ɦіɪа (5) є ɦɟɬɪиɤɨɸ, а ɬаɤɨɠ єɞи-
ɧиɦ виɩаɞɤɨɦ ɫиɦɟɬɪиɱɧɨɫɬі ɪɨɡɯɨɞɠɟɧɧя Рɟɧ’ʀ віɞ-
ɧɨɫɧɨ аɪɝɭɦɟɧɬів. Дɨвɟɞɟɧɨ [11, 12], ɳɨ α=0,5 є ɨɩɬи-
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ɦаɥьɧиɦ ɭ ɬɨɦɭ ɫɟɧɫі, ɳɨ вɟɥиɱиɧа )0()1( jZD −⋅−α α  
ɩɪи α=0,5 ɩɪиɣɦає ɧаɣɛіɥьшɟ ɡɧаɱɟɧɧя, яɤɟ віɞɩɨві-
ɞає ɧиɠɧіɣ ɝɪаɧиɰі ɣɦɨвіɪɧɨɫɬі ɩɨɦиɥɤи ɪɨɡɩіɡɧаваɧ-
ɧя. З ɰієʀ ɬɨɱɤи ɡɨɪɭ ɡɧаɱɟɧɧя ɩаɪаɦɟɬɪɭ α=0,5 ɦɨɠɧа 
вваɠаɬи ɧаɣɤɪаɳиɦ ɞɥя ɪɨɡɪіɡɧɟɧɧя ɫɬɪɭɤɬɭɪɧиɯ 
ɨɩиɫів. 
З ɦɟɬɨɸ вɫɟɛіɱɧɨɝɨ ɨɰіɧɸваɧɧя ɞɨɰіɥьɧɨɫɬі ввɟ-

ɞɟɧɧя ɥаɧɰɸɠɤɨвɨʀ ɫɬɪɭɤɬɭɪи ɞɥя ɨɩиɫɭ ɨɛ’єɤɬа і 
аɧаɥіɡɭ ɣɨɝɨ ɫɬаɬиɫɬиɱɧɨɝɨ ɩɨɞаɧɧя яɤ ɟɮɟɤɬивɧɨɝɨ 
ɩіɞɯɨɞɭ ɞɥя ɪɨɡɪіɡɧɟɧɧя ɨɛ’єɤɬів ɩɪɨɩɨɧɭєɦɨ ɬаɤɨɠ 
ɩɟɪɟɯіɞ віɞ ɛɥɨɱɧɨɝɨ ɩɨɞаɧɧя ɰиɯ ɨɩиɫів ɞɨ ɨɩиɫɭ ɡ 
ɤɨɞɭваɧɧяɦ ɫɬɪɭɤɬɭɪ ɮɪаɝɦɟɧɬа іɡ ɡаɦіɧɨɸ ɪɨɡɩɨɞіɥɭ 
ɮɪаɝɦɟɧɬа ɱиɫɥɨɦ, яɤɟ ɞɨɪівɧɸє ɫɟɪɟɞɧьɨɦɭ ɤɨɞɨвиɯ 
ɡɧаɱɟɧь. Наɩɪиɤɥаɞ, ɭ виɩаɞɤɭ 2-ɛіɬɨвɨɝɨ ɪɨɡɛиɬɬя 
ɞɟɫɤɪиɩɬɨɪа, ɨɞɟɪɠаɧɨɝɨ ɞɟɬɟɤɬɨɪɨɦ BRISK, ɤɨɞɭєɦɨ 
ɱиɫɥаɦи віɞ 1 ɞɨ 4 ɩɨɫɥіɞɨвɧіɫɬь 00, 01, 10, 11, ɳɨ 
вɤɥɸɱає ɦɨɠɥиві ɡɧаɱɟɧɧя ɮɪаɝɦɟɧɬа. Зɝіɞɧɨ іɡ ɫɬа-
ɬиɫɬиɱɧиɦ ɩɨɞаɧɧяɦ виɞɭ (2), ɬɟɩɟɪ ɦаєɦɨ в ɦɟɠаɯ 
ɨɞɧɨɝɨ ɮɪаɝɦɟɧɬа ɡ ɧɨɦɟɪɨɦ j ɪɨɡɩɨɞіɥ виɝɥяɞɭ 

jj ppppp ),,,( 4321= . Віɞɩɨвіɞɧɨ ɞɨ ɤɨɞɨвиɯ ɡɧаɱɟɧь 1, 2, 3, 4, ɦаɬɟɦаɬиɱɧɟ ɫɩɨɞіваɧɧя (ɫɟɪɟɞɧє ɡɧаɱɟɧɧя) 
ɪɨɡɩɨɞіɥɭ ɞɨɪівɧɸє:   256,...,1,41 ==∑

=
jipM

i
ijj .   (6) 

Тɨɞі ɫɬаɬиɫɬиɱɧɟ ɩɨɞаɧɧя (2), ɳɨ ɫɤɥаɞаєɬьɫя ɡ 256-ɬи ɪяɞɤів ɬа 4-ɯ ɫɬɨвɩɰів, ɩɟɪɟɬвɨɪɸєɬьɫя ɧа ɩɨ-
ɫɥіɞɨвɧіɫɬь іɡ 256-ɬи ɟɥɟɦɟɧɬів, ɤɨɠɧиɣ ɡ яɤиɯ є ɭɫɟ-
ɪɟɞɧɟɧɧяɦ ɮɪаɝɦɟɧɬа:  ),...,( 2561 MMM = .  (7)  
У ɡаɝаɥьɧɨɦɭ виɩаɞɤɭ виɪаɡи (6), (7) ɞɥя ɨɛ’єɤɬа ɡ 

ɧɨɦɟɪɨɦ l=1,2, ɧаɛɭваɸɬь виɝɥяɞɭ  
mjipM

w

i
ijj ,...,1,1 )1()1( ==∑

=
,   (8) )(1)( ),...,( l

m
l MMM = .    (9)  

ɉɨɪівɧяɧɧя ɞвɨɯ ɨɩиɫів ɡɞіɣɫɧɸєɦɨ ɱɟɪɟɡ ɫɩівɫɬа-
вɥɟɧɧя ɪіɡɧиɦи ɫɩɨɫɨɛаɦи ɞвɨɯ ɤɨɪɬɟɠів виɞɭ (9). 
Наɩɪиɤɥаɞ, ɩɨɪівɧяɧɧя ɩɨɫɥіɞɨвɧɨɫɬɟɣ )1(M , )2(M  
яɤ ɞвɨɯ ɡв’яɡɧиɯ виɛіɪɨɤ ɞɨвіɥьɧɨɝɨ ɪɨɡɩɨɞіɥɭ ɦɨɠ-
ɥивɟ іɡ ɡаɫɬɨɫɭваɧɧяɦ ɧɟɩаɪаɦɟɬɪиɱɧиɯ ɤɪиɬɟɪіʀв 
віɞɦіɧɧɨɫɬі, ɧаɩɪиɤɥаɞ, ɤɪиɬɟɪіɸ ɡɧаɤів [13], яɤиɣ ɧа 
вɫɬаɧɨвɥɟɧɨɦɭ ɪівɧі ɡɧаɱɭɳɨɫɬі ɩɨɤаɡɭє, ɧаɫɤіɥьɤи 
ɨɞɧɨɫɩɪяɦɨваɧиɦи ɡа ɡɧаɤɨɦ є ɪіɡɧиɰі:  

wiMM ii ,...,1,)1()2( =− .  (10)  
Зɝіɞɧɨ ɡ ɤɪиɬɟɪієɦ ɡɧаɤів ɪɨɡɪаɯɨвɭєɦɨ ɨɤɪɟɦɨ 

ɫɭɦи ɞɨɞаɬɧиɯ і віɞ’єɦɧиɯ ɪіɡɧиɰь (10), ɛіɥьша ɡ ɧиɯ 
ɩɪиɡɧаɱаєɬьɫя ɬиɩɨвиɦ ɡɫɭвɨɦ, ɦɟɧша – ɧɟ ɬиɩɨвиɦ. 
За ɬаɛɥиɰяɦи [13] ɡɧаɱɟɧɧя ɬиɩɨвɨɝɨ ɡɫɭвɭ ɡіɫɬавɥя-

єɬьɫя (ɧа ɩɟвɧɨɦɭ ɪівɧі ɡɧаɱɭɳɨɫɬі) ɡ ɤɪиɬиɱɧиɦ ɡɧа-
ɱɟɧɧяɦ, ɧɟ ɩɟɪɟвиɳɟɧɧя яɤɨɝɨ вɟɥиɱиɧɨɸ ɧɟɬиɩɨвɨɝɨ 
ɡɫɭвɭ ɫвіɞɱиɬь ɩɪɨ ɡɧаɱɭɳɭ віɞɦіɧɧіɫɬь виɛіɪɨɤ. 
Іɧшиɦ ɫɩɨɫɨɛɨɦ ɡіɫɬавɥɟɧɧя ɩɨɫɥіɞɨвɧɨɫɬɟɣ )1(M , )2(M  ɦɨɠɟ ɛɭɬи ɩɨɩаɪɧɟ ɩɨɪівɧяɧɧя ɡɧаɱɟɧь )1(

iM  ɬа )2(
iM  ɩɨɫɥіɞɨвɧɨ ɞɥя ɪɨɡɩɨɞіɥɭ ɤɨɠɧɨɝɨ 

ɮɪаɝɦɟɧɬа яɤ ɞвɨɯ ɫɟɪɟɞɧіɯ ɞɥя ɞɨвіɥьɧɨ ɪɨɡɩɨɞіɥɟ-
ɧиɯ ɫɭɤɭɩɧɨɫɬɟɣ ɡа ɞɨɩɨɦɨɝɨɸ z-ɤɪиɬɟɪіɸ, ɳɨ є ɤɨ-
ɪɟɤɬɧиɦ ɥишɟ ɭ виɩаɞɤɭ ɞɨɫɬаɬɧьɨ вɟɥиɤиɯ виɛіɪɨɤ [14] і ɭɡɝɨɞɠɭєɬьɫя ɡ виɦɨɝɨɸ ɞɨɫɬаɬɧьɨ вɟɥиɤɨɝɨ 
ɱиɫɥа s. Рɨɡɪаɯɭɧɨɤ ɟɦɩіɪиɱɧɨɝɨ ɡɧаɱɟɧɧя ɤɪиɬɟɪіɸ 
ɡɞіɣɫɧиɦɨ яɤ 
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l
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іɡ віɞɩɨвіɞɧиɦи ɤɨɞɨвиɦи ɡɧаɱɟɧɧяɦи i=1,…,w. 
Кɪиɬиɱɧɟ ɡɧаɱɟɧɧя ɤɪиɬɟɪіɸ )(, az jcr  ɡɧаɯɨɞиɬьɫя 

ɡа ɪівɧɟɦ ɡɧаɱɭɳɨɫɬі a іɡ ɬаɛɥиɰі ɡɧаɱɟɧь ɮɭɧɤɰіʀ Ла-
ɩɥаɫа )(xΦ : 2)21())(( , aaz jcr −=Φ . 
Ɉɛɥаɫɬь ɩɪиɣɧяɬɬя ɧɭɥьɨвɨʀ ɝіɩɨɬɟɡи ɩɪɨ ɪівɧіɫɬь 

ɭɫɟɪɟɞɧɟɧиɯ ɤɨɞɨвиɯ ɡɧаɱɟɧь в ɦɟɠаɯ j-ɝɨ ɮɪаɝɦɟɧɬа 
виɡɧаɱаєɬьɫя ɧɟɪівɧіɫɬɸ )()( ,, azaz jcrjemp < , ɨɛɥаɫɬь 
ɩɪиɣɧяɬɬя аɥьɬɟɪɧаɬивɧɨʀ ɝіɩɨɬɟɡи виɡɧаɱаєɬьɫя ɧɟɪі-
вɧіɫɬɸ )()( ,, azaz jcrjemp > . Наɫɬɭɩɧиɣ ɤɪɨɤ ɩɟɪɟɞɛа-
ɱає ɩіɞɪаɯɭɧɨɤ ɞɨɥі ɬаɤиɯ ɪɨɡɩɨɞіɥів ɮɪаɝɦɟɧɬів, віɞ-
ɩɨвіɞɧі ɧɨɦɟɪи яɤиɯ ɞɥя ɨɛɨɯ ɨɛ’єɤɬів ɦаɸɬь ɡɧаɱɭɳɨ 
віɞɦіɧɧі ɭɫɟɪɟɞɧɟɧі ɤɨɞɨві ɡɧаɱɟɧɧя, ɧа ɩіɞɫɬаві ɱɨɝɨ 
ɪɨɛиɬьɫя виɫɧɨвɨɤ ɩɪɨ ɪівɟɧь ɪɟɥɟваɧɬɧɨɫɬі ɨɛ’єɤɬів. 
ɉɪиɪɨɞɧіɦ виɞаєɬьɫя ɨɱіɤɭваɧɧя ɞɨɫɬаɬɧьɨ вɟɥиɤɨɝɨ 
ɡɧаɱɟɧɧя ɬаɤɨʀ ɞɨɥі ɞɥя ɨɛ’єɤɬів, ɳɨ ɞіɣɫɧɨ є ɪіɡɧиɦи, 
а ɬаɤɨɠ ɣɨɝɨ ɩіɞвиɳɟɧɧя ɩɪи ɡɛіɥьшɟɧɧі ɮɪаɝɦɟɧɬа. 
ȿɤɫɩɟɪиɦɟɧɬаɥьɧа ɱаɫɬиɧа ɪɨɛɨɬи вɤɥɸɱає ɪɟɡɭɥьɬа-
ɬи ɬɟɫɬɭваɧɧя ɬа ɪɨɡɪаɯɭɧɤів ɡа ɟɦɩіɪиɱɧиɦи ɞаɧиɦи. 

 
4 ЕɄСɉЕРɂɆЕɇɌɂ 

Заɩɪɨɩɨɧɨваɧі ɩіɞɯɨɞи ɩɪɨɬɟɫɬɨваɧɨ ɧа ɩɪиɤɥаɞі 
ɡɨɛɪаɠɟɧь іɤɨɧ ɪɨɡɦіɪɨɦ 400ɯ540 іɡ виɤɨɪиɫɬаɧɧяɦ 
ɡаɫɨɛів ɛіɛɥіɨɬɟɤи Open CV [6, 7, 15]. Заɫɬɨɫɨваɧɨ 
ɞɟɫɤɪиɩɬɨɪи BRISK ɪɨɡɦіɪɧіɫɬɸ n=512 ɬа ɱиɫɥɨɦ 700. ɉɪиɤɥаɞ ɪɨɡɩɨɞіɥɭ ɡɧаɱɟɧь ɨɩиɫів ɞɥя ɩаɪ ɛіɬів 
ɧавɟɞɟɧɨ ɭ ɬаɛɥ. 1. 
əɤ ɛаɱиɦɨ іɡ ɬаɛɥ. 1, ɪɨɡɩɨɞіɥи ɮɪаɝɦɟɧɬів ɡ ɨɞɧа-

ɤɨвиɦи ɧɨɦɟɪаɦи ɞɥя ɨɛɨɯ ɨɛ’єɤɬів ɞɨɫиɬь ɫɭɬɬєвɨ 
віɞɪіɡɧяɸɬьɫя, ɳɨ ɦає ɛɭɬи ɩіɞɬвɟɪɞɠɟɧɨ віɞɩɨвіɞɧи-
ɦи ɪɨɡɪаɯɭɧɤаɦи. 
ɉɪɨвɟɞɟɦɨ ɞɨɫɥіɞɠɟɧɧя ɨɞɧɨɪіɞɧɨɫɬі ɪɨɡɩɨɞіɥів 

ɩɨɩаɪɧɨ ɦіɠ ɮɪаɝɦɟɧɬаɦи ɞɥя 2-ɯ, 4-ɯ ɬа 8-ɦи ɛіɬɨвɨ-
ɝɨ ɪɨɡɛиɬɬів ɩɟɪɟвіɪɤɨɸ ɫɬаɬиɫɬиɱɧɨʀ ɝіɩɨɬɟɡи ɩɪɨ ʀɯ 
ɨɞɧɨɪіɞɧіɫɬь ɡа ɤɪиɬɟɪієɦ ɯі-ɤваɞɪаɬ (3). У ɬаɛɥ. 2 
ɧавɟɞɟɧɨ ɪɟɡɭɥьɬаɬи ɡаɫɬɨɫɭваɧɧя ɤɪиɬɟɪіɸ. 
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Таɛɥиɰя 1 – ɉɪиɤɥаɞ ɪɨɡɩɨɞіɥів ɞɥя 2-ɛіɬɨвɨɝɨ ɪɨɡɛиɬɬя 
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Таɛɥиɰя 2 – Чиɫɥɨ ɧɟɨɞɧɨɪіɞɧиɯ ɪɨɡɩɨɞіɥів ɡа ɤɪиɬɟɪієɦ 

ɯі-ɤваɞɪаɬ 
Чиɫɥɨ ɛіɬів ɛɥɨɱɧɨɝɨ ɪɨɡɛиɬɬя  2 4 8 

Чиɫɥɨ ɮɪаɝɦɟɧɬів іɡ ɡɧаɱɭ-
ɳɨɸ ɧɟɨɞɧɨɪіɞɧіɫɬɸ ɪɨɡ-
ɩɨɞіɥів (ɧа ɪівɧі 0,05) 167 іɡ 256 (64,45%) 109 іɡ 128 (85,16%) 64 іɡ 64 (100%)  
ɉіɞвиɳɟɧɧя ɪівɧя ɪɨɡɪіɡɧɟɧɧя ɨɛ’єɤɬів ɡа ɪаɯɭɧɨɤ 

ɩɨɞɨвɠɟɧɧя ɮɪаɝɦɟɧɬів ɭ ɥаɧɰɸɠɤɨвіɣ ɫɬɪɭɤɬɭɪі ɞɟ-
ɦɨɧɫɬɪɭє ɬаɤɨɠ ɪɨɡɪаɯɭɧɨɤ α-ɪɨɡɯɨɞɠɟɧɧя Рɟɧ’ʀ (ɩɪи 
α=0,5) ɦіɠ ɪɨɡɩɨɞіɥаɦи віɞɩɨвіɞɧɨ ɞɨ виɪаɡɭ (5). У 
ɬаɛɥ. 3 ɩɪɟɞɫɬавɥɟɧɨ ɞіаɩаɡɨɧи ɡɧаɱɟɧь ɦіɪи ɪɟɥɟваɧ-
ɬɧɨɫɬі, ɡвіɞɤи ɛаɱиɦɨ ɫɭɬɬєвɟ ɡɪɨɫɬаɧɧя ɩɨɤаɡɧиɤа 
ɩɪи ɡɛіɥьшɟɧɧі ɤіɥьɤɨɫɬі ɛіɬів ɭ ɮɪаɝɦɟɧɬі.  
Таɛɥиɰя 3 – Зɧаɱɟɧɧя α-ɪɨɡɯɨɞɠɟɧɧя Рɟɧ’ʀ (α=0,5) в 

ɡаɥɟɠɧɨɫɬі віɞ ɱиɫɥа ɛіɬів ɭ ɮɪаɝɦɟɧɬаɯ 
Чиɫɥɨ ɛіɬів ɛɥɨɱɧɨɝɨ ɪɨɡɛиɬɬя Зɧаɱɟɧɧя 

α-ɪɨɡɯɨɞɠɟɧɧя Рɟɧ’ʀ  2 4  8 
Міɧіɦаɥьɧɟ 0,00008 0,00397 0,05111 
Маɤɫиɦаɥьɧɟ 0,02112 0,03248 0,18575  
ɉɪɨɞɨвɠиɦɨ ɫɬаɬиɫɬиɱɧиɣ аɧаɥіɡ ɪівɧя віɞɦіɧɧɨɫ-

ɬɟɣ ɨɛɪаɡів, виɯɨɞяɱи іɡ ɧɨɪɦɨваɧиɯ ɪɨɡɩɨɞіɥів, і ɨɛ-
ɱиɫɥиɦɨ ɞɥя ɤɨɠɧɨɝɨ ɪɨɡɩɨɞіɥɭ ɮɪаɝɦɟɧɬа ɦаɬɟɦаɬи-
ɱɧɟ ɫɩɨɞіваɧɧя, ɡɧиɠɭɸɱи ɬиɦ ɫаɦиɦ ɪɨɡɦіɪɧіɫɬь 
ɫɬɪɭɤɬɭɪи ɨɩиɫɭ. Наɩɪиɤɥаɞ, ɭ виɩаɞɤɭ 2-ɛіɬɨвɨɝɨ 
ɪɨɡɛиɬɬя ɦаєɦɨ ɫɬаɬиɫɬиɱɧі ɪɨɡɩɨɞіɥи ɞɥя ɩɟɪшɨɝɨ 
ɮɪаɝɦɟɧɬа 1-ɝɨ і 2-ɝɨ ɨɛ’єɤɬів віɞɩɨвіɞɧɨ (0,669; 0,030; 0,031; 0,270) і (0,656; 0,067; 0,036; 0,241) іɡ ɦа-
ɬɟɦаɬиɱɧиɦи ɫɩɨɞіваɧɧяɦи 903,1)1(1 =M , 862,1)1(2 =M . ɉɪи ɰьɨɦɭ ɫɬаɬиɫɬиɱɧі ɩɨɞаɧɧя (2) ɩɟ-
ɪɟɬвɨɪɸɸɬьɫя ɧа ɩɨɫɥіɞɨвɧɨɫɬі іɡ 256-ɬи ɟɥɟɦɟɧɬів: )130,2;...;461,2;903,1()1( =M ,  )227,2;...;583,2;862,1()2( =M   (12) 
Дɨɫɥіɞɠɟɧɧя ɧа ɨɞɧɨɪіɞɧіɫɬь ɨɬɪиɦаɧиɯ ɭ ɬаɤиɣ 

ɫɩɨɫіɛ ɭɡаɝаɥьɧɟɧиɯ ɨɩиɫів ɨɛ’єɤɬів ɧа ɨɫɧɨві ɤɪиɬɟ-
ɪіɸ ɡɧаɤів ɩɪивɨɞиɬь ɞɨ виɫɧɨвɤɭ ɩɪɨ ʀɯ ɡɧаɱɭɳɭ ві-
ɞɦіɧɧіɫɬь (ɧа ɪівɧі 0,05) ɩɪи ɪіɡɧиɯ ɞɨвɠиɧаɯ ɮɪаɝ-
ɦɟɧɬів. У ɬаɛɥ. 4 ɧавɟɞɟɧɨ ɪɟɡɭɥьɬаɬи ɡаɫɬɨɫɭваɧɧя 
ɤɪиɬɟɪіɸ. 
У ɦɟɠаɯ ɨɫɬаɧɧьɨɝɨ ɩіɞɯɨɞɭ ɡ виɤɨɪиɫɬаɧɧяɦ ɩɨ-

ɫɥіɞɨвɧɨɫɬɟɣ виɝɥяɞɭ (9), ɫɤɥаɞɟɧиɯ іɡ ɦаɬɟɦаɬиɱɧиɯ 
ɫɩɨɞіваɧь ɤɨɞів ɮɪаɝɦɟɧɬів, виɤɨɧаɧɨ ɩɨɩаɪɧɟ ɩɨɪів-
ɧяɧɧя )1(

jM  і )2(
jM   ɩɨɫɥіɞɨвɧɨ ɞɥя j,  j=1,…,m,  іɡ  ви-  

Таɛɥиɰя 4 – Рɟɡɭɥьɬаɬи ɡаɫɬɨɫɭваɧɧя ɤɪиɬɟɪіɸ ɡɧаɤів 
Кіɥьɤіɫɬь 
ɛіɬів ɭ 
ɮɪаɝɦɟɧ-

ɬі Кіɥь-
ɤіɫɬь 
ɬиɩɨвиɯ 
ɡɫɭвів Кіɥьɤіɫɬь 

ɧɟɬиɩɨ-
виɯ ɡɫɭвів Кɪиɬиɱɧɟ 

ɡɧаɱɟɧɧя (ɪівɟɧь 
ɡɧаɱɭɳɨɫ-
ɬі 0,05) Виɫɧɨвɨɤ 

ɳɨɞɨ 
ɡɧаɱɭɳɨɫ-

ɬі  2 197 59 87 Зɧаɱɭɳа (59 < 87) 4 100 27 41 Зɧаɱɭɳа (27 < 41) 8 48 16 17 Зɧаɱɭɳа (16 < 17)  
ɤɨɪиɫɬаɧɧяɦ z-ɤɪиɬɟɪіɸ. Рɨɡɪаɯɭɧɨɤ ɟɦɩіɪиɱɧɨɝɨ 
ɡɧаɱɟɧɧя ɤɪиɬɟɪіɸ ɞɥя ɮɪаɝɦɟɧɬа ɡ ɧɨɦɟɪɨɦ j=1,…,m 
ɡɞіɣɫɧɸвавɫя ɡа ɮɨɪɦɭɥɨɸ (11), ɤɪиɬиɱɧɟ ɡɧаɱɟɧɧя 
ɤɪиɬɟɪіɸ ɧа ɪівɧі ɡɧаɱɭɳɨɫɬі 0,05 ɫɬаɧɨвиɬь 1,64 [14]. 
Наɩɪиɤɥаɞ, ɞɥя ɩɨɫɥіɞɨвɧɨɫɬɟɣ (12) ɡɧаɱɟɧɧя 903,1)1(1 =M , 862,1)2(1 =M  ɡɧаɱɭɳɨ ɧɟ віɞɪіɡɧяɸɬьɫя, 
а ɡɧаɱɟɧɧя 461,2)1(2 =M , 583,2)2(2 =M  є ɡɧаɱɭɳɨ віɞ-
ɦіɧɧиɦи (ɧа ɪівɧі 0,05). У ɬаɛɥ. 5 ɡвɟɞɟɧɨ ɨɫɧɨвɧі ɪɟ-
ɡɭɥьɬаɬи ɡаɫɬɨɫɭваɧɧя ɤɪиɬɟɪіɸ.  

Таɛɥиɰя 5 – Кіɥьɤіɫɬь ɡɧаɱɭɳиɯ віɞɦіɧɧɨɫɬɟɣ  
ɡа z-ɤɪиɬɟɪієɦ 

Чиɫɥɨ ɛіɬів ɛɥɨɱɧɨɝɨ ɪɨɡɛиɬɬя   2 4 8 
Чиɫɥɨ ɮɪаɝɦɟɧɬів іɡ 
ɡɧаɱɭɳиɦи віɞɦіɧ-
ɧɨɫɬяɦи (ɧа ɪівɧі 0,05) 148 іɡ 256 (57,81 %) 84 іɡ 128 (65,63 %) 44 іɡ 64 (68,75 %) 
 

5 РЕɁɍɅЬɌАɌɂ 
Кɥɸɱɨвиɦ ɧаɫɥіɞɤɨɦ ɫɬаɬɬі є ɩіɞɬвɟɪɞɠɟɧɧя ɬɨɝɨ 

ɮаɤɬɭ, ɳɨ вɠиваɧɧя ɬɪаɞиɰіɣɧиɯ ɫɬаɬиɫɬиɱɧиɯ ɤɪи-
ɬɟɪіʀв ɯі-ɤваɞɪаɬ, ɤɪиɬɟɪіɸ ɡɧаɤів, z-ɤɪиɬɟɪіɸ ɞɥя 
аɧаɥіɡɭ ɟɦɩіɪиɱɧиɯ ɞаɧиɯ ɡа ɡіɫɬавɥɟɧɧяɦ ɪɨɡɩɨɞіɥів 
ɫɬɪɭɤɬɭɪɧиɯ ɨɩиɫів ɡɨɛɪаɠɟɧь ɞає ɦɨɠɥивіɫɬь виɡɧа-
ɱиɬи ɞɨɛɪɨɬɧіɫɬь ɬа ɩɪиɤɥаɞɧɭ ɟɮɟɤɬивɧіɫɬь ɩɨɛɭɞɨ-
ваɧɨɝɨ ɩɪɨɫɬɨɪɭ ɨɡɧаɤ ɡаɞɥя ɪɨɡɪіɡɧɟɧɧя віɡɭаɥьɧиɯ 
ɨɛ’єɤɬів ɩɪи ʀɯ ɪɨɡɩіɡɧаваɧɧі ɭ ɫиɫɬɟɦаɯ 
ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɡɨɪɭ. Вɩɪɨваɞɠɟɧɧя ɦɨɞɟɥі ɛɥɨɱɧɨɝɨ 
ɩɨɞаɧɧя ɬа ɫɬаɬиɫɬиɱɧɨɝɨ аɧаɥіɡɭ ɞɥя ɡɧаɱɟɧь ɞɟ-
ɫɤɪиɩɬɨɪів ɤɥɸɱɨвиɯ ɬɨɱɨɤ ɡɨɛɪаɠɟɧь ɫɩɪияє ɩіɞви-
ɳɟɧɧɸ ɟɮɟɤɬивɧɨɫɬі ɩɪɨɰɟɫɭ ɪɨɡɩіɡɧаваɧɧя ɨɛ’єɤɬів, 
ɳɨ ɩіɞɬвɟɪɞɠɭєɬьɫя ɩɨɤɪаɳɟɧɧяɦ ɪівɧя ɪɨɡɪіɡɧɟɧɧя 
ɩɪи ɡɛіɥьшɟɧɧі ɪɨɡɦіɪɭ ɮɪаɝɦɟɧɬɭ ɭ ɩɨɛɭɞɨваɧіɣ ɥа-
ɧɰɸɠɤɨвіɣ ɫɬɪɭɤɬɭɪі ɨɩиɫɭ.  

6 ОȻГОВОРЕɇɇə 
əɤ ɛаɱиɦɨ ɡа ɪɟɡɭɥьɬаɬаɦи аɧаɥіɡɭ ɬаɛɥ. 2, ɧɟɨɞ-

ɧɨɪіɞɧіɫɬь ɪɨɡɩɨɞіɥів ɫɬає ɛіɥьш виɪаɠɟɧɨɸ ɩɪи ɡɪɨ-
ɫɬаɧɧі ɪɨɡɦіɪɭ ɮɪаɝɦɟɧɬа. 
Даɧі ɬаɛɥ. 3 ɞɟɦɨɧɫɬɪɭɸɬь ɫɭɬɬєвɟ ɩіɞвиɳɟɧɧя 

яɤɨɫɬі ɪɨɡɪіɡɧɟɧɧя ɞвɨɯ ɪіɡɧиɯ ɨɛ’єɤɬів. Таɤ, ɧаɩɪи-
ɤɥаɞ, ɧаɣɦɟɧшɟ ɡ ɦɨɠɥивиɯ ɡɧаɱɟɧь ɦіɪи ɩɨɞіɛɧɨɫɬі 
ɩɪи 8-ɛіɬɨвɨɦɭ ɬиɩі ɪɨɡɛиɬɬя ɧа ɮɪаɝɦɟɧɬи (0,05111) 
ɩɟɪɟвиɳɭє ɧаɣɛіɥьшɟ ɡ ɦɨɠɥивиɯ ɡɧаɱɟɧь ɦіɪи ɩɨɞі-
ɛɧɨɫɬі ɩɪи 4-ɛіɬɨвɨɦɭ ɬиɩі ɪɨɡɛиɬɬя (0,03248). 
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Аɧаɥіɡ ɬаɛɥ. 4 ɩɨɤаɡɭє, ɳɨ ɞɥя ɪіɡɧɨʀ ɤіɥьɤɨɫɬі ɛі-

ɬів ɭ ɮɪаɝɦɟɧɬі ɫɩɨɫɬɟɪіɝаєɬьɫя ɧаявɧіɫɬь ɡɧаɱɭɳɨʀ 
ɫɬаɬиɫɬиɱɧɨʀ віɞɦіɧɧɨɫɬі ɦіɠ ɨɩиɫаɦи ɞвɨɯ ɨɛ’єɤɬів, 
віɡɭаɥьɧɨ ɞɨɫиɬь ɫɯɨɠиɯ ɦіɠ ɫɨɛɨɸ, ɳɨ в ɱɟɪɝɨвиɣ 
ɪаɡ ɩіɞɬвɟɪɞɠɭє ɞɨɰіɥьɧіɫɬь іɞɟʀ ɳɨɞɨ ɛɥɨɱɧɨɝɨ ɩɨ-
ɞаɧɧя ɞаɧиɯ ɞɟɫɤɪиɩɬɨɪів ɤɥɸɱɨвиɯ ɬɨɱɨɤ ʀɯ ɡɨɛɪа-
ɠɟɧɧя. Заɭваɠиɦɨ, ɳɨ, яɤ виɞɧɨ іɡ ɬаɛɥ. 4, ɧавіɬь ɡɦɟ-
ɧшɟɧɧя ɞɨвɠиɧ ɩɨɫɥіɞɨвɧɨɫɬɟɣ виɝɥяɞɭ (9) ɩɪи віɞ-
ɩɨвіɞɧɨɦɭ ɡɛіɥьшɟɧɧі ɞɨвɠиɧи ɮɪаɝɦɟɧɬів ɞɟɦɨɧ-
ɫɬɪɭє ɡɧаɱɭɳɭ віɞɦіɧɧіɫɬь ɰиɯ ɩɨɫɥіɞɨвɧɨɫɬɟɣ, ɳɨ, в 
ɫвɨɸ ɱɟɪɝɭ, є ɩіɞɬвɟɪɞɠɟɧɧяɦ ɪɨɡɪіɡɧɟɧɨɫɬі ɞɨɫɥі-
ɞɠɭваɧиɯ ɨɛ’єɤɬів. 
əɤ виɞɧɨ іɡ ɬаɛɥ. 5, ɪɨɡɪаɯɭɧɤи ɡа z-ɤɪиɬɟɪієɦ є ɳɟ 

ɨɞɧиɦ ɫвіɞɱɟɧɧяɦ ɳɨɞɨ вɫɬаɧɨвɥɟɧɧя ɡɧаɱиɦиɯ віɞ-
ɦіɧɧɨɫɬɟɣ ɨɛ’єɤɬів, яɤі ɪɟаɥьɧɨ є ɪіɡɧиɦи, а яɤіɫɬь 
ɪɨɡɪіɡɧɟɧɧя ɡɪɨɫɬає ɩɪи ɡɛіɥьшɟɧɧі ɩаɪаɦɟɬɪа ɤіɥьɤɨ-
ɫɬі ɛіɬів ɭ ɮɪаɝɦɟɧɬі.  

ВɂСɇОВɄɂ 
Вɠиваɧɧя ɤɥаɫиɱɧиɯ ɫɬаɬиɫɬиɱɧиɯ ɤɪиɬɟɪіʀв ɞɥя 

аɧаɥіɡɭ ɟɦɩіɪиɱɧиɯ ɞаɧиɯ ɭ виɝɥяɞі ɫɬɪɭɤɬɭɪɧиɯ ɨɩи-
ɫів ɡɨɛɪаɠɟɧь ɞає ɦɨɠɥивіɫɬь ɩіɞ ɪіɡɧиɦи ɤɭɬаɦи ɡɨ-
ɪɭ виɡɧаɱиɬи ɞɨɛɪɨɬɧіɫɬь ɩɨɛɭɞɨваɧɨɝɨ ɩɪɨɫɬɨɪɭ 
ɨɡɧаɤ ɡаɞɥя ɪɨɡɪіɡɧɟɧɧя віɡɭаɥьɧиɯ ɨɛ’єɤɬів ɩɪи ʀɯ 
ɪɨɡɩіɡɧаваɧɧі ɭ ɫиɫɬɟɦаɯ ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɡɨɪɭ. Вɩɪɨ-
ваɞɠɟɧɧя ɦɨɞɟɥі ɛɥɨɱɧɨɝɨ ɩɨɞаɧɧя ɬа ɫɬаɬиɫɬиɱɧɨɝɨ 
аɧаɥіɡɭ ɞɥя ɞɟɫɤɪиɩɬɨɪів ɤɥɸɱɨвиɯ ɨɡɧаɤ ɫɩɪияє ɩіɞ-
виɳɟɧɧɸ ɟɮɟɤɬивɧɨɫɬі ɩɪɨɰɟɫɭ ɪɨɡɩіɡɧаваɧɧя 
ɨɛ’єɤɬів, ɳɨ ɩіɞɬвɟɪɞɠɭєɬьɫя ɩɨɤɪаɳɟɧɧяɦ ɪівɧя ɪɨɡ-
ɪіɡɧɟɧɧя ɩɪи ɡɪɨɫɬаɧɧі ɪɨɡɦіɪɭ ɮɪаɝɦɟɧɬɭ ɭ ɥаɧɰɸɠ-
ɤɨвіɣ ɫɬɪɭɤɬɭɪі ɨɩиɫɭ. 
Заɫɬɨɫɭваɧɧя ɪіɡɧɨɦаɧіɬɬя ɫɬаɬиɫɬиɱɧиɯ ɤɪиɬɟɪіʀв 

ɞаɥɨ іɞɟɧɬиɱɧі виɫɧɨвɤи ɩɪɨ ɡɧаɱɭɳіɫɬь віɞɦіɧɧɨɫɬɟɣ 
ɨɩиɫів віɡɭаɥьɧиɯ ɨɛ’єɤɬів, ɳɨ ɩіɞɤɪɟɫɥɸє 
ɨɛ’єɤɬивɧіɫɬь ɩɪɨвɟɞɟɧɨɝɨ ɞɨɫɥіɞɠɟɧɧя. 
Наɭɤɨвɭ ɧɨвиɡɧɭ ɞɨɫɥіɞɠɟɧɧя ɫɤɥаɞає ɭɞɨɫɤɨɧа-

ɥɟɧɧя ɬа ɫɬаɬиɫɬиɱɧɟ ɨɛґɪɭɧɬɭваɧɧя ɦɨɞɟɥɟɣ ɩɪиɣɧ-
яɬɬя ɤɥаɫиɮіɤаɰіɣɧиɯ ɪішɟɧь ɧа ɨɫɧɨві ɨɛɱиɫɥɟɧɧя 
ɪɟɥɟваɧɬɧɨɫɬі ɨɩиɫів ɨɛ’єɤɬів іɡ ɛɥɨɱɧиɦ ɩɨɞаɧɧяɦ  
ɞɟɫɤɪиɩɬɨɪів ɤɥɸɱɨвиɯ ɬɨɱɨɤ ɡɨɛɪаɠɟɧь. 
ɉɪаɤɬиɱɧа ɡɧаɱɭɳіɫɬь ɪɨɛɨɬи ɩɨɥяɝає ɭ ɩіɞɬвɟɪ-

ɞɠɟɧɧі ɞɨɰіɥьɧɨɫɬі ɡаɩɪɨваɞɠɟɧɧя ɛɥɨɱɧɨʀ ɫɬɪɭɤɬɭɪи 
ɞɥя ɞɟɫɤɪиɩɬɨɪɧɨɝɨ ɨɩиɫɭ ɨɛ’єɤɬа яɤ ɟɮɟɤɬивɧɨɝɨ 
ɩіɞɯɨɞɭ ɞɥя виɪішɟɧɧя ɡаɞаɱ ɪɨɡɩіɡɧаваɧɧя ɧа ɩɪи-
ɤɥаɞаɯ ɡɨɛɪаɠɟɧь ɭ ɫиɫɬɟɦаɯ ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɡɨɪɭ. 
ɉɟɪɫɩɟɤɬиви ɞɨɫɥіɞɠɟɧɧя ɩɨв’яɡаɧі іɡ ɡаɫɬɨɫɭваɧ-

ɧяɦ іɧɬɟɥɟɤɬɭаɥьɧиɯ ɩɪɨɰɟɞɭɪ ɤɥаɫиɮіɤаɰіʀ ɧа ɩіɞɫɬа-
ві ɪішɟɧь ɫиɫɬɟɦи ɛɥɨɤів ɨɛɪɨɛɥɸваɧиɯ ɞаɧиɯ ɫɬɪɭɤ-
ɬɭɪɧиɯ ɨɩиɫів. Іɧшиɦ ɧаɩɪяɦɤɨɦ ɦɨɠɟ ɛɭɬи вɩɪɨва-
ɞɠɟɧɧя аɩаɪаɬɭ іɧɬɟɥɟɤɬɭаɥьɧɨɝɨ аɧаɥіɡɭ ɡаɞɥя вияв-
ɥɟɧɧя ɩɪиɯɨваɧиɯ ɡаɤɨɧɨɦіɪɧɨɫɬɟɣ ɱи ɡɧаɧь ɭ ɧаяв-
ɧиɯ ɨɩиɫаɯ віɡɭаɥьɧиɯ ɨɛ’єɤɬів.  
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AɇɇОɌАɐɂə 
Аɤɬɭаɥьɧɨɫɬь. Мɧɨɝɨɦɟɪɧая ɩɪиɪɨɞа ɨɛɪаɛаɬɵваɟɦɵɯ ɞаɧɧɵɯ в ɫɨвɪɟɦɟɧɧɵɯ ɫиɫɬɟɦаɯ ɤɨɦɩьɸɬɟɪɧɨɝɨ ɡɪɟɧия ɬɪɟɛɭɟɬ 

ɧɨвɵɯ ɩɨɞɯɨɞɨв ɤ ɩɨɫɬɪɨɟɧиɸ ɪɟɡɭɥьɬаɬивɧɵɯ ɩɪɨɫɬɪаɧɫɬв ɩɪиɡɧаɤɨв, ɭɩɪɨɳаɸɳиɯ ɨɛɪаɛɨɬɤɭ ɡа ɫɱɟɬ ɨɛɨɛɳɟɧия иɦɟɸ-
ɳɟɣɫя иɧɮɨɪɦаɰии. ɋɬɪɭɤɬɭɪɧɵɟ ɦɟɬɨɞɵ ɪаɫɩɨɡɧаваɧия иɡɨɛɪаɠɟɧиɣ иɫɩɨɥьɡɭɸɬ ɨɩиɫаɧия виɡɭаɥьɧɵɯ ɨɛɴɟɤɬɨв в виɞɟ 
ɧаɛɨɪɨв ɞɟɫɤɪиɩɬɨɪɨв ɤɥɸɱɟвɵɯ ɬɨɱɟɤ ɤаɤ ɦɧɨɠɟɫɬва ɱиɫɥɨвɵɯ вɟɤɬɨɪɨв вɵɫɨɤɨɣ ɪаɡɦɟɪɧɨɫɬи. Ɉɫɧɨвɧɵɦ иɧɫɬɪɭɦɟɧɬɨɦ 
ɫɧиɠɟɧия ɪаɡɦɟɪɧɨɫɬи вɵɫɬɭɩаɟɬ ɩɪɟɞɫɬавɥɟɧиɟ ɞаɧɧɵɯ в виɞɟ ɫиɫɬɟɦɵ иɯ ɛɥɨɤɨв и ɫɬаɬиɫɬиɱɟɫɤɨɟ иɫɫɥɟɞɨваɧиɟ ɬаɤиɯ 
ɫɬɪɭɤɬɭɪ ɞаɧɧɵɯ, ɤɨɬɨɪɨɟ в аɫɩɟɤɬɟ ɪаɫɩɨɡɧаваɧия ɞɨɥɠɧɨ ɨɬɨɛɪаɠаɬь ɨɛɨɛɳɟɧɧɵɟ ɫвɨɣɫɬва ɨɛɴɟɤɬа ɤаɤ ɫɨвɨɤɭɩɧɨɫɬи ɟɝɨ 
ɮɪаɝɦɟɧɬɨв. В ɫвяɡи ɫ ɷɬиɦ вɨɡɧиɤаɟɬ ɩɪɨɛɥɟɦа иɡɭɱɟɧия ɨɫɨɛɟɧɧɨɫɬɟɣ ɩɪиɤɥаɞɧɨɝɨ ɩɪиɦɟɧɟɧия и ɯаɪаɤɬɟɪиɫɬиɤ ɦɨɞɟɥи 
ɛɥɨɱɧɨɝɨ ɩɪɟɞɫɬавɥɟɧия в аɫɩɟɤɬɟ ɟɟ иɫɩɨɥьɡɨваɧия ɞɥя ɨɩɪɟɞɟɥɟɧия ɪɟɥɟваɧɬɧɨɫɬи ɨɩиɫаɧиɣ и ɤɥаɫɫиɮиɤаɰии ɞаɧɧɵɯ в 
ɩɪɟɞɟɥаɯ ɛаɡɵ ɷɬаɥɨɧɧɵɯ иɡɨɛɪаɠɟɧиɣ. 

ɐɟɥь ɪаɛɨɬɵ. Ɉɫɭɳɟɫɬвɥɟɧиɟ ɫɬаɬиɫɬиɱɟɫɤɨɝɨ ɨɰɟɧиваɧия ɡɧаɱиɦɨɫɬи ɩɪиɧяɬия ɤɥаɫɫиɮиɤаɰиɨɧɧɵɯ ɪɟшɟɧиɣ ɧа ɨɫ-
ɧɨвɟ вɵɱиɫɥɟɧия ɪɟɥɟваɧɬɧɨɫɬи ɨɩиɫаɧиɣ ɨɛɴɟɤɬɨв ɞɥя ɦɨɞɟɥи ɛɥɨɱɧɨɝɨ ɩɪɟɞɫɬавɥɟɧия ɞаɧɧɵɯ ɞɟɫɤɪиɩɬɨɪɨв ɤɥɸɱɟвɵɯ 
ɬɨɱɟɤ иɡɨɛɪаɠɟɧиɣ. 

Ɇɟɬɨɞ. ɉɪɟɞɥɨɠɟɧɵ ɫɩɨɫɨɛɵ ɪаɡɥиɱɟɧия ɨɩиɫаɧиɣ ɧа ɨɫɧɨвɟ ɦɨɞɟɥи ɛɥɨɱɧɨɝɨ ɩɪɟɞɫɬавɥɟɧия ɞаɧɧɵɯ ɞɟɫɤɪиɩɬɨɪɨв 
ɤɥɸɱɟвɵɯ ɬɨɱɟɤ иɡɨɛɪаɠɟɧиɣ ɫ иɫɩɨɥьɡɨваɧиɟɦ ɤɪиɬɟɪиɟв ɦаɬɟɦаɬиɱɟɫɤɨɣ ɫɬаɬиɫɬиɤи и иɧɫɬɪɭɦɟɧɬаɪия ɬɟɨɪии иɧɮɨɪɦа-
ɰии. 

Рɟзɭɥьɬаɬɵ. Ƚɥавɧɵɦ ɪɟɡɭɥьɬаɬɨɦ ɫɬаɬьи явɥяɟɬɫя ɩɨɞɬвɟɪɠɞɟɧиɟ ɬɨɝɨ, ɱɬɨ ɭɩɨɬɪɟɛɥɟɧиɟ ɤɥаɫɫиɱɟɫɤиɯ ɫɬаɬиɫɬиɱɟɫɤиɯ 
ɤɪиɬɟɪиɟв ɞɥя аɧаɥиɡа ɷɦɩиɪиɱɟɫɤиɯ ɞаɧɧɵɯ в виɞɟ ɫɬɪɭɤɬɭɪɧɵɯ ɨɩиɫаɧиɣ иɡɨɛɪаɠɟɧиɣ ɞаɟɬ вɨɡɦɨɠɧɨɫɬь ɨɩɪɟɞɟɥиɬь ɤа-
ɱɟɫɬвɨ ɩɨɫɬɪɨɟɧɧɨɝɨ ɩɪɨɫɬɪаɧɫɬва ɩɪиɡɧаɤɨв, ɞɨɫɬаɬɨɱɧɨɟ ɞɥя ɪаɡɥиɱɟɧия виɡɭаɥьɧɵɯ ɨɛɴɟɤɬɨв ɩɪи иɯ ɪаɫɩɨɡɧаваɧии в 
ɫиɫɬɟɦаɯ ɤɨɦɩьɸɬɟɪɧɨɝɨ ɡɪɟɧия. Вɧɟɞɪɟɧиɟ ɦɨɞɟɥи ɛɥɨɱɧɨɝɨ ɩɪɟɞɫɬавɥɟɧия и ɫɬаɬиɫɬиɱɟɫɤɨɝɨ аɧаɥиɡа ɞɥя ɡɧаɱɟɧиɣ ɞɟɫɤ-
ɪиɩɬɨɪɨв ɤɥɸɱɟвɵɯ ɩɪиɡɧаɤɨв иɡɨɛɪаɠɟɧиɣ ɫɩɨɫɨɛɫɬвɭɟɬ ɩɨвɵшɟɧиɸ ɷɮɮɟɤɬивɧɨɫɬи ɩɪɨɰɟɫɫа ɪаɫɩɨɡɧаваɧия виɡɭаɥьɧɵɯ 
ɨɛɴɟɤɬɨв, ɱɬɨ ɩɨɞɬвɟɪɠɞаɟɬɫя ɭɥɭɱшɟɧиɟɦ ɭɪɨвɧя ɪаɡɥиɱия ɩɪи ɭвɟɥиɱɟɧии ɪаɡɦɟɪа ɮɪаɝɦɟɧɬа в ɩɨɫɬɪɨɟɧɧɨɣ ɰɟɩɧɨɣ 
ɫɬɪɭɤɬɭɪɟ ɨɩиɫаɧия. 

Вɵвɨɞɵ. ɉɪиɦɟɧɟɧиɟ ɦɧɨɝɨɨɛɪаɡия ɫɬаɬиɫɬиɱɟɫɤиɯ ɤɪиɬɟɪиɟв ɞаɥɨ иɞɟɧɬиɱɧɵɣ вɵвɨɞ ɨ ɡɧаɱиɦɨɫɬи ɪаɡɥиɱиɣ ɷɦɩиɪи-
ɱɟɫɤиɯ ɨɩиɫаɧиɣ виɡɭаɥьɧɵɯ ɨɛɴɟɤɬɨв в ɩɨɫɬɪɨɟɧɧɨɦ ɩɪɨɫɬɪаɧɫɬвɟ ɩɪиɡɧаɤɨв, ɱɬɨ ɩɨɞɱɟɪɤиваɟɬ ɨɛɴɟɤɬивɧɨɫɬь ɩɪɨвɟɞɟɧ-
ɧɨɝɨ иɫɫɥɟɞɨваɧия. Вɧɟɞɪɟɧɧая ɦɨɞɟɥь ɛɥɨɱɧɨɝɨ ɩɪɟɞɫɬавɥɟɧия ɞаɧɧɵɯ ɫɨɯɪаɧяɟɬ ɪаɡɥиɱаɸɳиɟ ɫвɨɣɫɬва ɫɬɪɭɤɬɭɪɧɨɝɨ 
ɨɩиɫаɧия ɫ ɷɮɮɟɤɬɨɦ ɫɭɳɟɫɬвɟɧɧɨɝɨ ɭɥɭɱшɟɧия ɛɵɫɬɪɨɞɟɣɫɬвия ɩɪиɧяɬия ɤɥаɫɫиɮиɤаɰиɨɧɧɨɝɨ ɪɟшɟɧия. 

Наɭɱɧɭɸ ɧɨвиɡɧɭ иɫɫɥɟɞɨваɧия ɫɨɫɬавɥяɟɬ ɭɫɨвɟɪшɟɧɫɬвɨваɧиɟ и ɫɬаɬиɫɬиɱɟɫɤɨɟ ɨɛɨɫɧɨваɧиɟ ɦɨɞɟɥɟɣ ɩɪиɧяɬия ɪɟшɟ-
ɧия ɩɨ ɪаɫɩɨɡɧаваɧиɸ виɡɭаɥьɧɵɯ ɨɛɴɟɤɬɨв ɧа ɨɫɧɨвɟ вɵɱиɫɥɟɧия ɪɟɥɟваɧɬɧɨɫɬи иɯ ɨɩиɫаɧиɣ ɨɬɧɨɫиɬɟɥьɧɨ ɷɬаɥɨɧɨв ɫ 
иɫɩɨɥьɡɨваɧиɟɦ ɛɥɨɱɧɨɝɨ ɩɪɟɞɫɬавɥɟɧия ɞɟɫɤɪиɩɬɨɪɨв ɤɥɸɱɟвɵɯ ɬɨɱɟɤ иɡɨɛɪаɠɟɧиɣ. 

ɉɪаɤɬиɱɟɫɤая ɡɧаɱиɦɨɫɬь ɪаɛɨɬɵ ɡаɤɥɸɱаɟɬɫя в ɩɨɞɬвɟɪɠɞɟɧии ɰɟɥɟɫɨɨɛɪаɡɧɨɫɬи ввɟɞɟɧия ɛɥɨɱɧɨɣ ɫɬɪɭɤɬɭɪɵ ɞɥя ɞɟ-
ɫɤɪиɩɬɨɪɧɨɝɨ ɨɩиɫаɧия ɨɛɴɟɤɬа ɤаɤ ɷɮɮɟɤɬивɧɨɝɨ ɩɨɞɯɨɞа ɤ ɪɟшɟɧиɸ ɡаɞаɱи ɪаɫɩɨɡɧаваɧия ɧа ɩɪиɦɟɪаɯ иɡɨɛɪаɠɟɧиɣ ɞɥя 
вɧɟɞɪɟɧия в ɫиɫɬɟɦаɯ ɤɨɦɩьɸɬɟɪɧɨɝɨ ɡɪɟɧия. 

ɄɅЮЧЕВЫЕ СɅОВА: ɤɨɦɩьɸɬɟɪɧɨɟ ɡɪɟɧиɟ, ɫɬɪɭɤɬɭɪɧɨɟ ɪаɫɩɨɡɧаваɧия иɡɨɛɪаɠɟɧиɣ, ɦɧɨɠɟɫɬвɨ ɤɥɸɱɟвɵɯ ɬɨɱɟɤ, 
ɞɟɫɤɪиɩɬɨɪɵ BRISK, ɪɟɥɟваɧɬɧɨɫɬь ɨɩиɫаɧиɣ, ɛɥɨɱɧɨɟ ɩɪɟɞɫɬавɥɟɧиɟ, ɫɬаɬиɫɬиɱɟɫɤɨɟ ɪаɫɩɪɟɞɟɥɟɧиɟ, ɤɪиɬɟɪиɣ ɯи-ɤваɞɪаɬ, 
ɪаɫɯɨɠɞɟɧиɟ Рɟɧьи, ɤɪиɬɟɪиɣ ɡɧаɤɨв, ɡɧаɱиɦɨɫɬь ɪаɡɥиɱия ɨɩиɫаɧиɣ.  UDC 004.932.2:004.93’1 
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ABSTRACT 

Context. The multidimensional nature of the processed data in modern computer vision systems requires new approaches to the construction of effective feature spaces that simplify processing by summarizing the available information. Structural methods of image recognition use descriptions of visual objects in the form of sets of key point descriptors as sets of numerical vectors of high dimension. The main tool for reducing the dimension is the presentation of data in the form of a system of their blocks and a statisti-cal study of such data structures, which in terms of recognition should display the generalized properties of an object as a set of its fragments. In this connection, there is problem of studying the features of the applied application and the characteristics of the block representation model in the aspect of its use to determine the relevance of descriptions and classify data within the base of reference images. 
Objective. Perform statistical estimation of the importance of making classification decisions on the basis of the calculation of the relevance of object descriptions for the model of block representation of descriptors of key points of images. 
Method. Methods are proposed for distinguishing descriptions based on the application of the block representation model of the data descriptors of key points of images using the criteria of mathematical statistics and information theory tools. 
Results. The main result of the article is the confirmation that the use of classical statistical criteria for analyzing empirical data in the form of structural descriptions of images makes it possible to determine the quality factor of the constructed feature space for distinguishing visual objects when they are recognized in computer vision systems. The introduction of the block representation model and statistical analysis for the values of descriptors of key features of images contributes to the efficiency of the process of recognizing visual objects, which is confirmed by the improvement in the level of difference by increasing the fragment size in the constructed description chain structure. 
Conclusions. The use of a variety of statistical criteria gave an identical effect on the significance of the differences in the em-pirical descriptions of visual objects in the constructed feature space, which underlines the objectivity of the study. The implemented model of block representation of data retains the distinguishing properties of a structural description with the effect of a significant improvement in the speed of classification decision making. The scientific novelty of the study is the improvement and statistical substantiation of models for making decisions about the class of visual objects based on the calculation of the relevance of their descriptions with references using a block representation of descriptors of key points of images. The practical significance of the work is confirming the advisability of introducing a block structure for the block description of an object as an effective approach to solving the problem of recognition with examples of images for implementation in computer vision systems. 
KEYWORDS: computer vision, structural image recognition, multiple key points, BRISK descriptors, descriptive relevance, block representation, statistical distribution, chi-square test, Renyi divergence, sign criterion, significance of the difference of de-scriptions. 
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ABSTRACT 
Context. The subject of this paper is adversarial attacks, their types, reasons for the emergence.  A simplified fast and effective logistic regression attack algorithm has been presented. The work’s relevance is explained by the fact that neural network’s critical vulnerability the so-called adversarial examples is yet to be deeply explored. By exploiting such a mechanism, it is possible to get a deliberate result from it breaking defenses of neural-network-based safety systems. 
Objective. The purpose of the work is to develop algorithms for different kinds of attacks of a trained neural network with respect to preliminary the network’s weights analysis, to estimate attacked image quality loss, to perform a comparison of the developed algorithms and other adversarial attacks of a similar type. 
Method.  A fast and fairly efficient attack algorithm that can use either whole image or its certain regions is presented. Using the SSIM image structural similarity metric, an analysis of the algorithm and its modifications was carried out, as well as a comparison with previous methods using gradient for the attack. 
Results. Simplified targeted and non-targeted attack algorithms have been built for a single-layer neural network trained to perform handwritten digit classification on the MNIST dataset. A visual and semantic interpretation of weights as pixel “importance” for recognizing an image as one class or another is given. Based on structural image similarity index SSIM an image quality loss analysis has been performed for images attacked by the proposed algorithms on the whole test dataset. Such an analysis has revealed the classes the most vulnerable to an adversarial attack as well as images, whose class can be changed by adding noise imperceptible by a human being. Adversarial examples built with the developed algorithm has been transferred to a 5-layered network of an unknown architecture. In many cases images that were difficult to attack for the original network have seen a higher transfer rates, then the ones needed only minor image changes. 
Conclusions. Adversarial examples built upon the adversarial attack scoping idea and the methodic of the input data analysis can be easily generalized to other image recognition problems which makes it applicable to a wide range of practical tasks. This way, another way of analyzing neural network safety (logistic regression included) against input data attacks is presented. 
KEYWORDS: adversarial attacks, fast adversarial attack algorithm, logistic regression, neural network vulnerabilities.  

ABBREVIATIONS FGSM Fast Gradient Sign Method; L-BFGS Limited-memory BFGS (Broyden-Fletcher-Goldfarb-Shanno) algorithm; MAE Mean Absolute Error; MNIST Modified National Institute of Standards and Technology; PSNR Peak Signal-to-Noise Ratio; RP2 Robust Physical Perturbations; Softmax Softened (via exponent) max function. SSIM Structural Similarity Index; 
 

NOMENCLATURE 
b  – biases vector; 
I  – feature space dimensionality, neuron count in the network’s input layer; 
image – source image; 
K  – number of classes, neuron count in the output layer; 
M  – training batch size, used to define number of images used in a single optimization method step during training; max_steps – number of attack steps; min _ difference – minimal difference between classes’ weights allowed for a pixel attack; 
S  – source class; 
source_weights – trained network’s weight matrix for a class predicted by the neural network for the source image; step – value, which defines pixel brightness change on a given iteration; 

T  – target class (desired result); 
target_weights – trained network weight matrix for the target classification class; 
W  –  network’s weight matrix; 
x  – network’s input vector, image pixel brightness vector; 
y  – unit vector, which defines object attribution to one class or another; 
z  – network’s output vector; 
ẑ  – desired (target) neural network’s output; 
α  – algorithm parameter; ( )kσ ⋅  – output layer’s kth neuron softmax activation function, which computes layer output by its input. 

 

INTRODUCTION An increasing number of tasks is being solved with neural-network-based solutions. Neural networks have reached the dominant position in image recognition since 2012, when in ImageNet Large Scale Visual Recognition Challenge AlexNet has got first place with a large margin [1]. A growing need of analyzing neural networks and their vulnerabilities arises with a more prominent use in security, video surveillance systems, self-driving cars and robots.  Pretrained neural networks are being used by many companies to reach their goals. A set of security vulnerabilities is disclosed due to a wide spread of neural networks with similar architecture that are trained on 
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publicly available datasets. Given a slight modification of an input data small enough to be imperceptible by a human being it is possible to make the neural network misclassify the data or even output some specific class. These are known as non-targeted and targeted adversarial attacks respectively.  By exploring trained neural network attack algorithms, understanding attack preconditions and structural image changes caused by it, it will be possible to make neural networks more efficient and robust to the input data perturbations. In most cases the process of neural network inference can be treated as a black box even though its architecture and training dataset is known, giving a clear interpretation of underlying weights is a difficult problem. Lately a range of research papers with an attempt to track and formalize network inference model through its input data and with the use of optimization and statistics theories has been published (i.e. [2–4]). Despite that fact, development of the toolchain for understanding and diagnosing machine learning is still a prioritized research problem.  

The object of study is the neural network attack process. 
The subject of study is the types of adversarial attacks, consequences caused by them and possible reasons of their existence. 
The purpose of the work is to: 1) develop different attack algorithms on a single-layer trained neural network given the results of a preliminary analysis of the network’s weights; 2) estimation of image quality loss after the modification; 3) comparison of the attack results conducted by the developed algorithms with different adversarial attack types that were previously published in the research papers.  
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2 REVIEW OF THE LITERATURE The term “Adversarial attack” has been first introduced in the work [3], where it has been shown how with a minor change of an image’s pixels leads to a misclassification during neural network inference procedure. What makes the problem more severe is that in many cases these changes cannot be observed by a human. As it has been shown by the authors, such a perturbation is not a random network’s training issue. The very same modified image can be transferred with a success to a different network trained on a different but a similar dataset. To archive that goal a Box-constrained L-BFGS algorithm has been introduced. Another algorithm FGSM (Fast Gradient Step Method) has been developed as an enhancement, where a first-order approximation of the loss function is used to generate adversarial examples [6]. I-FGM is an iterative algorithm that builds on top of the ideas introduced previously and uses gradient of the loss function. These algorithms have a simpler interpretation and are faster to perform the attack. In 2017 an international neural network defense and attack competition has been held by the Google Brain team. The competition’s winners have developed an algorithm to attack neural networks with a known architecture. As it has been shown, the generated images have been able not only to mislead the target network, but also other networks trained on other datasets of a similar kind or networks with another architecture. In all the cases attacks were performed on a bitmap to retain the perturbations untouched. A lot of modern computer vision systems that are being used in security critical domains use deep neural networks behind the scenes. That’s why many of the research papers target a scenario of a real-world attack. As such, paper [9] offers a road sign attack algorithm RP2. By placing stickers and drawing graffiti on the real signs, it has been made possible to force the network to misclassify “Stop” sign as a “Speed limitation”. Moreover, the perturbations have been shown to be robust to the angle and distance change to a camera. 
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Other algorithms of generating reliable physical adversarial perturbations are shown in papers [10, 11 and others].  An efficient black box attack algorithm ZOO has been presented in the paper [12]. This type of an attack can be conducted without any knowledge of the neural network inner workings, the only requirement is to have access to its inference engine: one should be able to send input data and get back class probability distribution. A method of stochastic coordinate descent has been used to optimize the target function. The coordinate to be updated next is chosen by utilizing computed gradient and hessian. Gradient components are calculated with a finite difference method. To further optimize the speed, attack is performed in a hierarchical method, where small scaled images are attacked first and get enlarged over time. An algorithm to generate efficient targeted adversarial images using optimization methods has been proposed in [13] (C&W attack). Implementations of the described algorithms as well as some other can be found in an opensource library cleverhans[14].  Different contemporary methods of generating adversarial examples in the field of deep learning were explored and summarized in [15]. Where classification of attacks by characteristics, target goal and features has been presented. A vast review of a research held in the field of machine learning attacks, analysis of the adversarial example precursors and defense methods against them was done in [16]. An attempt to build simplified yet efficient adversarial attack methods on a logistic regression trained on the MNIST dataset has been made in this work. We are exploring two types of white box attacks (based on an assumption of full network weights and architecture knowledge): targeted and non-targeted. Such a choice has been motivated by the following factors: 1) a simplicity of a network’s configuration and interpretability of its weights as of an importance of image pixels towards recognizing a picture as a sample of this or that class;  2) an ability of adversarial examples to efficiently highjack neural networks different to the one for which they were generated (as noted in [17]). 

 

3 MATERIALS AND METHODS The MNIST dataset will be used for the neural network training. Among its advantages is a small size and ability to make accurate predictions even using simple neural networks. The dataset consists of handwritten digits 0–9 of size 28 28× . Each digit is a normalized grayscale image. The training subset consists of 60.000 examples, the testing subset 10.000. Both contain samples of digits handwritten by distinct people. Let’s unroll images into single-dimensional vector and assume each pixel to be a separate input feature. As a prepossessing step the pixel intensities are normalized into [0, 1] range, which is done by dividing its values by 255 (0 stands for black pixels, 1 for the white ones). 
A single-layer neural network is built with an input layer of 784I =  neurons (by the number of pixels in the unrolled image) and 10K=  in the output layer (by the number of classes). Should be noted that during mathematical neural network training problem statement softmax activation function was not chosen at random. As is known, softmax serves a goal of transforming an arbitrary real-valued vector into a probability distribution of the inferred classed. For example, a network can identify a picture as 8 with a probability 0.9 and as 6 with a likelihood of 0.1. Considering such a “probabilistic” classification during neural network training, cross-entropy loss ( , ; , )W b z yγ  has been selected as an error metric between computed outputs y and desired z . By performing gradient descent for minimizing ( , )G W b  function, in 12 epochs (roughly 40 seconds worth of training time) an accuracy score of 97.0% and 92.7% on training and test sets has been achieved. As it has been noted above, the logistic regression’s key advantage, which will be used further down to build an attack algorithm, is interpretability of a weight matrix 

ikW  as of an importance or a contribution of i th image pixel towards kth class classification. Precisely, if 0ikW > , it is expected that an increase of pixel brightness by a some 0δ>  will lead to a higher confidence towards classifying an image as an example of kth class, and if the weight 0ikW <  its decrease will lead to a decay of the probability.  Representation of all inferred classes in a form of a pixel importance map towards classifying each image as an instance of ith class is shown on Fig. 1.  The presented illustrations can be thought of as some generic neural network digit representation. As shown by the detailed weight matrix analysis: if its element ikW  has a large enough positive value (relatively to other matrix elements), then ith image pixel “whiteness” is important for classification of a digit as an instance of 
kth class; in the opposite case, when ikW is large enough by modulo, but is negative, then black regions are important for kth class. ikW that is close to zero means that color of that pixel has no importance for classification towards kth class. Following the above-described logic, we can use an element-wise multiplication to get pixels equally important for an image classification as of an instance of both classes and element-wise subtraction to get regions whose pixel brightness is more important for one class than the other. Fig. 2 has an example of an element-wise multiplication for digits 0 and 8, where light regions are equally important for both classes. The result of a subtraction 8 0 ,i iW W i− ∀  is shown on Fig. 3. It is easily seen that in this case light tones signify pixel importance for classifying 8, the dark ones for classifying 0.  

110



e-ISSN 1607-3274   Раɞіɨɟɥɟɤɬɪɨɧіɤа, іɧɮɨɪɦаɬиɤа, ɭɩɪавɥіɧɧя. 2019. № 2 p-ISSN 2313-688X  Radio Electronics, Computer Science, Control. 2019. № 2   

© Khabarlak K. S., Koriashkina L. S., 2019 DOI 10.15588/1607-3274-2019-2-12 
 Figure 1 – Image pixel weights for each dataset digit   Figure 2 – Element-wise product 0 8i iW W⋅   Figure 3 – Pixel importance difference for classes 8 and 0  Similar products and subtractions can be obtained for all pairs of classified examples. Obviously, subtraction matrices are more significant for performing a targeted attack. By increasing pixel brightness in regions with a large difference (light regions on the figure), one can increase probability of classification of an image as of an instance of the subtrahend and decrease as of an example of the minuend. To estimate image quality loss L∞ -norm has been used in [8], that is the largest deviation of a pixel brightness over entire image. For images, whose pixel values are bound in the range [0, 255]  deviations up to 15 points were permitted. However, such a metric allows to generate nearly unrecognizable (when compared to the source) images, which is not something we are up to. So, 

a metric that is highly correlated with a human perception is needed. The best results can be obtained by using one of the following metrics: MAE (Mean Absolute Error), PSNR (Peak Signal to Noise Ratio), SSIM (Structural Similarity Index). The first two are easy to compute and are frequent to be used, but they do not take human vision features into account. SSIM metrics has been introduced as an improvement on top of MAE and PSNR and is tuned to match human visual perception system as it is shown in [18]. SSIM metric values lie in range [ 1,1]− . The maximum value signifies that images are identical. This is the metrics that is to be used for an algorithm’s quality estimation. Let’s denote neural network attack problem statement. The output is presented as a probability distribution of handwritten digit classes z . Consider that the network predicts image as an instance of class {0,1, 2,...,9}S∈  if 1,maxS k
k K

z z
=

= . By changing some pixels’ brightness, we want to change neural network prediction to {0,1, 2,...,9},T T S∈ ≠ , i.e. 1,ˆ ˆmaxT k
k K

z z
=

= , ˆ (( ) )z x x W b= σ + Δ ⋅ + . In so doing, we enforce image correctness by clamping brightness values into a range [0,1], 1, 784ix i∈ = .  
Single algorithm step pseudocode: attack_step (image, source_weights, target_weights, 

{ }0; 0.5;1α ∈ , _ 0min difference> , 0step> )  for each point i in the image  find corresponding weights SW  and TW in weight matrices for source S and target T classes  let (1 )T Sdelta W W= α − − α   if  _delta min difference> , then 

 x x step delta= + ⋅   if 0x< , then 0x=   if 0x> , then 1x= . Where image is an image obtained on the previous algorithm step or the source one if this is the first 
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algorithm step; source_weights is the trained network weight matrix for original image label; target_weights is the trained network weight matrix for a class, towards which we want to change the prediction; min_difference is the minimal difference between classes’ weight matrices for a pixel to be an attack target; step signifies pixel brightness change on the current iteration; { }0; 0.5;1α ∈  defines an algorithm modification.  Note, that together with α , step and min_difference, the number of algorithm steps max_steps could also be treated as algorithm parameter. Recommended values for the described parameter values are to follow. As it was remarked above, by the constraints on the target class j , adversarial attacks are divided into two subtypes: – if the goal is to assign to an image class j instead of class k, then such an attack is called targeted. This type of attack can be accomplished via the described algorithm with 0.5α = or 1α= . With that, it is said that the algorithm has succeeded to attack an image only if the algorithm has been able to change neural network’s predicted class into digit j  in a finite number of steps, and has failed in all other cases; – if the goal is to reassign classification of an image of a class k, to any different one j k≠ , then the attack is called non-targeted. The algorithm parameter 0α =  can be used to perform such an attack. The result is a success if an incorrect classification has been achieved in a finite number of steps.  

4 EXPERIMENTS By using the developed algorithm, an attack 0 → 8 is performed with a goal to force a neural network to misclassify 0 as 8. A generalized pixel importance matrix is used for that (Fig. 3). Adversarial attack results are shown on Fig. 4. Algorithm parameters: 0.5α = , 
min_difference = 0.0, step = 0.01, max_steps=10. As is seen, the attack has succeeded: the digit has been classified as 8 with a probability 44%, in the meantime 

the source and modified images are virtually the same, which is approved by the SSIM metrics value 0.934. It should be considered, that if all image pixels are being attacked by bearing in mind only the sign of the attack difference (as it is done in [6]), then the attack will still be successful. However, in such a case image noise can be viewed easily. Moreover, for an attacked image that is classified as 8 with a probability 0.396, SSIM metric value drops down to 0.892, which is significantly lower. Let’s visualize influence of min_difference attack parameter onto the attack result. The algorithm step has been increased for the effect to be more pronounced. In our case 99% of pixel weights lie in range [−1;1], so the difference by modulo is within [0;2], that’s the range for the min_difference parameter. Fig. 5 has the results of targeted attack 0 → 8 displayed with algorithm parameters: 0.5α = , min_difference = 1.2, step = 0.1, 
max_steps = 10. As it turns out, it has been enough to modify pixel brightness of only 4 source image points for the attack to succeed. SSIM value of 0.954 has been achieved on the 8th algorithm step. Experiments akin to the one presented above have been performed on a set of images and all with a success. However, it has been noted, that an algorithm has an interesting feature, where in some cases it leads the attack not directly to the target clas For example, for the targeted attack 6 into 1 during the first algorithm steps we have 6 misclassified as 2. In a case when such an intermediate class appears during the attack, perceptual image quality is degraded (for the example above we got SSIM = 0.635). The problem’s roots have been investigated by utilizing PCA (Principal Component Analysis). It has been noticed after having visualized scatted plot for points of classes 2, 6 and 1, that intercluster difference for digits 2 and 6 is a lot lower that the one for 6 and 1. And as is shown on fig. 6 (for α=0.5), the difference vector between the target and source classes passes through the field of twos.s, but through some intermediate instead.   Figure 4 – 0 → 8 attack. Algorithm parameters: min_difference = 0.0, step = 0.01, max_steps = 10 
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While performing targeted attack such issues can be avoided by using another algorithm modification with parameter 1α= . Thus, by applying such a modification on the one hand, for a targeted attack we will strive to maximize output of the target neuron when compared to others. On the other hand, we will minimize source neuron output in respect to other ones to accomplish non-targeted attack, which can be achieved with an additional algorithm modification with 0α = . Much better modified image quality can be obtained by the virtue of such algorithm modifications (for example, for the same 6 → 1 attack SSIM score has risen to 0.780). Fig. 6 has trajectories of the source image 6 while being a subject to modification by the original algorithm and both its variations (targeted and non-targeted). 

5 RESULTS Generalized attack analysis was performed next. By launching targeted attack for each pair of source and target classes, a success rate heatmap has been drawn (Fig. 7). Source classes are shown on the left, the target ones in the bottom. Heatmap elements are SSIM values averaged across all the attacks for a given source, target pair. Mean quality over the whole test dataset is 0.76 – such images after attack will still be correctly classified by a human. Top score has been achieved for an attack of similar digits i.e.: 8 → 9, 9 → 8, 0 → 8, 3 → 8. The worst quality degradation was for attack 1 → 0. This can be explained by the fact that the vital region for zero is a black hole in the middle, which gets usually overlapped by a white bar of a one digit. Should be noted, that 0 → 1 attack requires much fewer image modifications then the one into opposite direction, which is proved by comparing SSIM metric value (higher by 0.21). As attacks have been built on real test set samples opposed to the generic digit silhouettes which got learnt by the neural network, the heatmap SSIM values lack symmetry. Training set quality loss heatmap has a similar feature in it. 
  

 Figure 5 – 0 → 8 attack. Algorithm parameters: min_difference = 1.2, step = 0.1, max_steps = 10  Figure 6 – 6 → 1 attack trajectory as projected onto a surface using PCA: targeted attack with 0.5α=  (the longest trajectory), targeted with 1α=  (route of an average length), non-targeted with 0α =  (the shortest path)  
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  Figure 7 – SSIM metric values heatmap for each source, target attack pair  Lower average image quality loss can be attained by employing a stricter parameter selection algorithm. While fig. 7 has losses computed for a low empirically chosen 

min_difference=0.5 value, by selecting the best value from range [0.5, 1.2] an increase of SSIM to 0.87 score has been observed. A higher average SSIM score 0.93 has been reached for the non-targeted attack case, which means that source and target images are nearly impossible to distinguish with a naked eye. As previously, digits 0, 8, were the best ones to attack, 1 has proved to be the most problematic (see the boxplot on Fig. 8). By analyzing non-targeted attack results, one can come up to a conclusion that if image quality loss deviation is high for different images of a certain class (i.e. some images are easy to attack, while others not), then algorithm is inefficient (as it can only change digits that look similar to several classes); if, conversely, the deviation is small, then the algorithm is efficient. SSIM plots with respect to min_difference parameter value have allowed to make a conclusion about the fact that each class has a tendency of an image quality rise jointly with min_difference increase up to 0.9 point, such a trend is especially noticeable for the class of nines. Specifically, the human perceived image quality loss will be substantially lower in case of a strong change of several pixels, then when all image points are slightly modified. Taking this feature into account is the thing that makes our algorithm standout among all other known in literature methods. Among the fast gradient methods, the most efficient algorithm is I-FGM with L2 norm loss [7]. An attack for each source, target pair has been conducted by following the above described procedure for the case without 
min_difference selection. Algorithm has been successful on all test images but has achieved a lower SSIM score of 0.83.  

  Figure 8 – Low non-targeted attack SSIM score deviation. Algorithm is good at attacking diverse images of a single class     Figure 9 – Single-layer to 5 layer fully connected network transfer success probability heatmap  Lastly, the question of adversarial image transfer has been considered. This way, we want to perform the so-called black box attack, when we don’t have any knowledge about network’s weights or architecture, the only allowed operation is to query neural network prediction engine by submitting some images. The attack will be performed by using the above described logistic regression architecture, then an attempt to transfer each image to a 5-layered unknown neural network will be made. For the results reproducibility neural network architecture is to follow, yet this knowledge has not been used in any way during the attack phase. The neural network has a 5-layer fully-connected architecture with layer sizes of 200, 100, 60, 30, i.e. 4 hidden, one output with 10 neurons and one input with 784. As a mean of regularizing the network Batch Normalization has been applied after the first layer, Dropout after the second one. ReLU has been used as an activation function for all layers but the last one, where we have switched to a Softmax function instead. After 100 epochs of training 
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using Adam optimization algorithm, training set accuracy has reached 98.65%, the test one 98.51%. Figure 9 has a generalized heatmap representation of an attack transfer success probabilities. By the above-described procedure an average probability of 33% successfully transferred images has been achieved. Interesting to note, that in many cases images that were difficult to attack for the original network have seen a higher transfer rates than the ones needed only minor image changes. For instance, it has been possible to successfully transfer 87% of 1 → 0 attack images, which have been one of the most challenging ones, but only 14%  9 → 7 attack images. Let’s follow along the 4 → 9 attack procedure. Each step will have the predicted digit with its probability shown for the attacked single-layer classifier (SL) and 5-layer fully-connected network (FC5) (Fig. 10). It should be observed that after there were enough changes to cheat the original network, it has been necessary to make 4 more steps to deceive the 5-layer one. This means that while the two networks have a similar decision boundary yet each one has it biased with respect to another one. Considering the above-described thoughts, a generalized targeted attack with neural network transfer has been conducted once again. This way, after having performed a successful attack on the source network, 5 more algorithm steps were made (where number 5 was chosen empirically), which makes it possible to transfer 91% of adversarial images with a minimal image quality loss. 

6 DISCUSSION Hence, another way of analyzing neural network safety has been presented (logistic regression in particular) against input data attacks. Simplified targeted and non-targeted logistic regression attack algorithms for handwritten digit classification problem on the MNIST dataset has been built. A visual “importance” interpretation of each image pixel for its classification as of an instance of a class has been given. An analysis has 
been performed that has permitted to define classes the most vulnerable to the attack as well as images for which class predicted by the neural network can be changed unnoticeably for a human being. The proposed algorithm gives a possibility of conducting a successful adversarial attack by modifying only several image pixels which minimizes image data loss. The analysis of image quality loss performed based on Structural Image Similarity Index (SSIM) for targeted and non-targeted neural network attacks for the proposed algorithm shows that the developed algorithm provides a better image quality of the attack in comparison to other gradient methods. Adversarial examples, built with the developed algorithm, have been successfully transferred to a different neural network with 5 layers of an unknown architecture. High change of adversarial image transfer to a network with a vastly different network architecture makes the algorithm applicable for attacking restricted-access systems.  

CONCLUSIONS A logistic regression adversarial attack algorithm for the MNIST dataset handwritten digit classification task has been proposed. Targeted and non-targeted neural network attacks can be performed by utilizing one of the two algorithm modifications. The relevance is explained by the fact of an increasing growth of neural network use in the field of public safety and of a critical need of exploring neural network attack methods and of their precursors. 
The scientific novelty of obtained results is that for the first time adversarial attack algorithm has been built upon the attack scoping idea. The presented fast and efficient attack algorithm is able to attack both the whole image as well as separate image regions, which makes the attack algorithm more flexible. An image information loss can be minimized by modifying only a couple of pixels.   Figure 10 – 4 → 9 attack. Adversarial image transfer to a fully-connected 5-layer network. Algorithm parameters:  min_difference = 0.45, step = 0.2, max_steps = 10  

115



e-ISSN 1607-3274   Раɞіɨɟɥɟɤɬɪɨɧіɤа, іɧɮɨɪɦаɬиɤа, ɭɩɪавɥіɧɧя. 2019. № 2 p-ISSN 2313-688X  Radio Electronics, Computer Science, Control. 2019. № 2   

© Khabarlak K. S., Koriashkina L. S., 2019 DOI 10.15588/1607-3274-2019-2-12 
The practical significance of obtained results is that an early neural network vulnerability diagnostic can be performed by utilizing the proposed algorithms and image quality loss analysis system, which is a pivotal point towards a safer practical neural network use. 
Prospects for further research are to study physical neural network adversarial attack transfer with the use of an ordinary pen, based on a pixel importance of the selected class.  
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AɇОɌАɐІə 

Аɤɬɭаɥьɧіɫɬь. ɉɪɟɞɦɟɬɨɦ ɞɨɫɥіɞɠɟɧɧя ɞаɧɨʀ ɪɨɛɨɬи є ɡɦаɝаɥьɧі аɬаɤи, виɞи, ɩɪиɱиɧи виɧиɤɧɟɧɧя, а ɬаɤɨɠ аɥɝɨɪиɬɦи 
аɬаɤ. ɉɪɟɞɫɬавɥɟɧиɣ швиɞɤиɣ ɫɩɪɨɳɟɧиɣ і ɛіɥьш ɟɮɟɤɬивɧиɣ (ɩɨɪівɧяɧɨ ɡ іɫɧɭɸɱиɦи аɧаɥɨɝаɦи) аɥɝɨɪиɬɦ аɬаɤи ɧа ɦɨɞɟɥь 
ɥɨɝіɫɬиɱɧɨʀ ɪɟɝɪɟɫіʀ. Аɤɬɭаɥьɧіɫɬь ɪɨɛɨɬи ɩɨяɫɧɸєɬьɫя ɦаɥɨɸ ɞɨɫɥіɞɠɟɧіɫɬɸ ɤɪиɬиɱɧɨʀ ɭɪаɡɥивɨɫɬі ɧɟɣɪɨɧɧиɯ ɦɟɪɟɠ – ɬаɤ 
ɡваɧиɯ ɡɦаɝаɥьɧиɯ ɩɪиɤɥаɞів, яɤі ɞɨɡвɨɥяɸɬь ɡɥаɦɭваɬи ɦɟɯаɧіɡɦ ɩɟɪɟɞɛаɱɟɧɧя і ɨɬɪиɦɭваɬи ɞɨвіɥьɧиɣ ɪɟɡɭɥьɬаɬ, ɪɨɛɥяɱи 
ɫиɫɬɟɦи ɛɟɡɩɟɤи, ɡаɫɧɨваɧі ɧа ɧɟɣɪɨɧɧиɯ ɦɟɪɟɠаɯ, ɦаɥɨɟɮɟɤɬивɧиɦи. 
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Ɇɟɬа. Рɨɡɪɨɛɤа аɥɝɨɪиɬɦів ɪіɡɧиɯ ɬиɩів аɬаɤи ɧа ɧавɱɟɧɭ ɨɞɧɨшаɪɨвɭ ɧɟɣɪɨɧɧɭ ɦɟɪɟɠɭ ɡ ɭɪаɯɭваɧɧяɦ ɪɟɡɭɥьɬаɬів 

ɩɨɩɟɪɟɞɧьɨɝɨ аɧаɥіɡɭ ɩаɪаɦɟɬɪів ɫаɦɨʀ ɦɟɪɟɠі, а ɬаɤɨɠ ɨɰіɧɤа вɬɪаɬ яɤɨɫɬі ɡɨɛɪаɠɟɧь, ɳɨ ɛɭɥи ɩіɞɞаɧі ɦɨɞиɮіɤаɰіʀ, 
ɩɨɪівɧяɧɧя ɪɟɡɭɥьɬаɬів ɩɪɨвɟɞɟɧɧя аɬаɤ ɡа ɞɨɩɨɦɨɝɨɸ ɪɨɡɪɨɛɥɟɧиɯ аɥɝɨɪиɬɦів і ɡɦаɝаɥьɧиɯ аɬаɤ ɩɨɞіɛɧɨɝɨ ɪɨɞɭ. 

Ɇɟɬɨɞи. На ɨɫɧɨві ɪɟɡɭɥьɬаɬів аɧаɥіɡɭ ɦаɬɪиɰь ваɝ ɧавɱɟɧɨʀ ɧɟɣɪɨɧɧɨʀ ɦɟɪɟɠі ɫɮɨɪɦɭɥьɨваɧа іɞɟя ɩɨɛɭɞɨви аɥɝɨɪиɬɦів 
аɬаɤи ɧа ɧɟɣɪɨɧɧɭ ɦɟɪɟɠɭ, виɞіɥяɸɱи ɞɥя аɬаɤи ɩɟвɧі ɨɛɥаɫɬі ɧа ɡɨɛɪаɠɟɧɧі ɡ ɭɪаɯɭваɧɧяɦ ɪіɡɧиɰі ваɝɨвиɯ ɦаɬɪиɰь 
ɰіɥьɨвɨɝɨ і виɯіɞɧɨɝɨ ɤɥаɫів. ɉɪɟɞɫɬавɥɟɧиɣ швиɞɤиɣ і ɞɨɫиɬь ɟɮɟɤɬивɧиɣ аɥɝɨɪиɬɦ аɬаɤи, яɤиɣ ɡɞаɬɧиɣ виɤɨɪиɫɬɨвɭваɬи 
ɞɥя аɬаɤи яɤ вɫɟ ɡɨɛɪаɠɟɧɧя ɩɨвɧіɫɬɸ, ɬаɤ і ɨɤɪɟɦі ɣɨɝɨ ɪɟɝіɨɧи, ɳɨ ɪɨɛиɬь аɥɝɨɪиɬɦ ɛіɥьш ɝɧɭɱɤиɦ. Виɤɨɪиɫɬɨвɭɸɱи 
ɦɟɬɪиɤɭ ɫɬɪɭɤɬɭɪɧɨʀ ɫɯɨɠɨɫɬі ɡɨɛɪаɠɟɧь SSIM, ɩɪɨвɟɞɟɧиɣ аɧаɥіɡ аɥɝɨɪиɬɦɭ і ɣɨɝɨ ɦɨɞиɮіɤаɰіɣ, а ɬаɤɨɠ ɩɨɪівɧяɧɧя ɣɨɝɨ ɡ 
ɩɨɩɟɪɟɞɧіɦи ɦɟɬɨɞаɦи, яɤі виɤɨɪиɫɬɨвɭɸɬь ɞɥя аɬаɤи ɡвиɱаɣɧиɣ ɝɪаɞієɧɬ. 

Рɟзɭɥьɬаɬи. ɉɨɛɭɞɨваɧɨ ɫɩɪɨɳɟɧі аɥɝɨɪиɬɦи ɧаɰіɥɟɧɨʀ і ɧɟɧаɰіɥɟɧɨʀ аɬаɤ ɧа ɨɞɧɨшаɪɨвɭ ɧɟɣɪɨɧɧɭ ɦɟɪɟɠɭ, яɤа 
ɡаɫɬɨɫɨвɭєɬьɫя ɞɥя ɤɥаɫиɮіɤаɰіʀ ɪɭɤɨɩиɫɧиɯ ɰиɮɪ ɡ ɧаɛɨɪɭ ɞаɧиɯ MNIST. Даɧа віɡɭаɥьɧа і ɡɦіɫɬɨвɧа іɧɬɟɪɩɪɟɬаɰія 
ɧаɥашɬɨваɧиɯ ваɝ ɦɟɪɟɠі яɤ «ваɠɥивɨɫɬɟɣ» ɬɨɱɨɤ ɡɨɛɪаɠɟɧɧя ɞɥя ɪɨɡɩіɡɧаваɧɧя ɣɨɝɨ яɤ ɩɪɟɞɫɬавɧиɤа ɬɨɝɨ ɱи іɧшɨɝɨ 
ɤɥаɫɭ. На ɨɫɧɨві ɩɨɪівɧяɧɧя ɫɬɪɭɤɬɭɪɧɨʀ ɫɯɨɠɨɫɬі ɡɨɛɪаɠɟɧь аɥɝɨɪиɬɦɨɦ SSIM ɛɭв ɩɪɨвɟɞɟɧиɣ аɧаɥіɡ вɬɪаɬ яɤɨɫɬі 
ɡɨɛɪаɠɟɧь ɞɥя ɡаɞаɱ ɧаɰіɥɟɧɨʀ і ɧɟɧаɰіɥɟɧɨʀ аɬаɤ ɧавɟɞɟɧиɦи ɫɩɪɨɳɟɧиɦи аɥɝɨɪиɬɦаɦи ɧа вɫіɣ ɬɟɫɬɨвɨʀ виɛіɪɰі. ɉɨɞіɛɧиɣ 
аɧаɥіɡ ɞɨɡвɨɥив виɡɧаɱиɬи ɤɥаɫи, ɳɨ ɧаɣɛіɥьш ɩіɞɞаɸɬьɫя аɬаɤаɦ, а ɬаɤɨɠ ɡɨɛɪаɠɟɧɧя, ɞɥя яɤиɯ ɤɥаɫ, ɩɟɪɟɞɛаɱɟɧиɣ 
ɧɟɣɪɨɧɧɨɸ ɦɟɪɟɠɟɸ, ɦɨɠɟ ɛɭɬи ɡɦіɧɟɧиɣ ɧɟɩɨɦіɬɧɨ ɞɥя ɥɸɞиɧи. 

Зɦаɝаɥьɧі ɩɪиɤɥаɞи, ɩɨɛɭɞɨваɧі ɡа ɞɨɩɨɦɨɝɨɸ ɪɨɡɪɨɛɥɟɧɨɝɨ в ɫɬаɬɬі аɥɝɨɪиɬɦɭ, ɩɟɪɟɧɟɫɟɧі ɧа ɦɟɪɟɠɭ ɡ 5-ɸ шаɪаɦи 
ɧɟвіɞɨɦɨʀ аɪɯіɬɟɤɬɭɪи. У ɪяɞі виɩаɞɤів ɡɨɛɪаɠɟɧɧя ɞɥя ɤɥаɫів, яɤі ɛɭɥɨ ɫɤɥаɞɧɨ аɬаɤɭваɬи ɞɥя виɯіɞɧɨʀ ɦɟɪɟɠі, вɞаɥɨɫя 
ɩɟɪɟɧɟɫɬи ɡ ɛіɥьшиɦ ɭɫɩіɯɨɦ, ɧіɠ ɬі, ɞɥя ɡɦіɧи ɤɥаɫɭ яɤиɯ ɛɭɥɨ ɞɨɫиɬь ɦіɧіɦаɥьɧиɯ ɡɦіɧ. 

Виɫɧɨвɤи. ɉɨɛɭɞɨваɧі ɧа ɨɫɧɨві іɞɟʀ ɨɛɦɟɠɟɧɧя ɨɛɥаɫɬі аɬаɤи ɡɦаɝаɥьɧі ɩɪиɤɥаɞи, а ɬаɤɨɠ ɫиɫɬɟɦа (ɦɟɬɨɞиɤа) аɧаɥіɡɭ 
вɯіɞɧиɯ ɞаɧиɯ ɥɟɝɤɨ ɭɡаɝаɥьɧɸєɬьɫя і ɧа іɧші ɡаɞаɱі ɪɨɡɩіɡɧаваɧɧя, ɳɨ ɪɨɛиɬь ɩɪɟɞɫɬавɥɟɧɭ ɦɟɬɨɞиɤɭ ɩɪиɞаɬɧɨɸ ɞɥя 
аɧаɥіɡɭ ɪяɞɭ ɩɪаɤɬиɱɧиɯ ɡаɞаɱ. Ɉɬɠɟ, ɩɪɟɞɫɬавɥɟɧиɣ ɳɟ ɨɞиɧ ɩіɞɯіɞ ɞɨ аɧаɥіɡɭ ɛɟɡɩɟɤи ɧɟɣɪɨɧɧиɯ ɦɟɪɟɠ (ɡɨɤɪɟɦа, 
ɥɨɝіɫɬиɱɧɨʀ ɪɟɝɪɟɫіʀ) ɩɪɨɬи аɬаɤ ɧа вɯіɞɧі ɞаɧі. 

ɄɅЮЧОВІ СɅОВА: ɡɦаɝаɥьɧі аɬаɤи, швиɞɤиɣ аɥɝɨɪиɬɦ ɡɦаɝаɥьɧɨʀ аɬаɤи, ɥɨɝіɫɬиɱɧа ɪɟɝɪɟɫія, ɭɪаɡɥивіɫɬь ɧɟɣɪɨɧɧиɯ 
ɦɟɪɟɠ.  
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AɇɇОɌАɐɂə 

Аɤɬɭаɥьɧɨɫɬь. ɉɪɟɞɦɟɬɨɦ иɫɫɥɟɞɨваɧия ɞаɧɧɨɣ ɪаɛɨɬɵ явɥяɸɬɫя ɫɨɫɬяɡаɬɟɥьɧɵɟ аɬаɤи, виɞɵ, ɩɪиɱиɧɵ 
вɨɡɧиɤɧɨвɟɧия, а ɬаɤɠɟ аɥɝɨɪиɬɦɵ аɬаɤ. ɉɪɟɞɫɬавɥɟɧ ɛɵɫɬɪɵɣ ɭɩɪɨɳɟɧɧɵɣ и ɛɨɥɟɟ ɷɮɮɟɤɬивɧɵɣ (ɩɨ ɫɪавɧɟɧиɸ ɫ 
ɫɭɳɟɫɬвɭɸɳиɦи аɧаɥɨɝаɦи) аɥɝɨɪиɬɦ аɬаɤи ɧа ɦɨɞɟɥь ɥɨɝиɫɬиɱɟɫɤɨɣ ɪɟɝɪɟɫɫии. Аɤɬɭаɥьɧɨɫɬь ɪаɛɨɬɵ ɨɛɴяɫɧяɟɬɫя ɦаɥɨɣ 
иɫɫɥɟɞɨваɧɧɨɫɬьɸ ɤɪиɬиɱɟɫɤɨɣ ɭяɡвиɦɨɫɬи ɧɟɣɪɨɧɧɵɯ ɫɟɬɟɣ – ɬаɤ ɧаɡɵваɟɦɵɯ ɫɨɫɬяɡаɬɟɥьɧɵɯ ɩɪиɦɟɪɨв, ɤɨɬɨɪɵɟ 
ɩɨɡвɨɥяɸɬ вɡɥаɦɵваɬь ɦɟɯаɧиɡɦ ɩɪɟɞɫɤаɡаɧия и ɩɨɥɭɱаɬь ɩɪɨиɡвɨɥьɧɵɣ ɪɟɡɭɥьɬаɬ, ɞɟɥая ɫиɫɬɟɦɵ ɛɟɡɨɩаɫɧɨɫɬи, 
ɨɫɧɨваɧɧɵɟ ɧа ɧɟɣɪɨɧɧɵɯ ɫɟɬяɯ, ɦаɥɨɷɮɮɟɤɬивɧɵɦи. 

ɐɟɥь. Цɟɥь ɞаɧɧɨɣ ɪаɛɨɬɵ – ɪаɡɪаɛɨɬɤа аɥɝɨɪиɬɦɨв ɪаɡɧɵɯ ɬиɩɨв аɬаɤи ɧа ɨɛɭɱɟɧɧɭɸ ɨɞɧɨɫɥɨɣɧɭɸ ɧɟɣɪɨɧɧɭɸ ɫɟɬь ɫ 
ɭɱɟɬɨɦ ɪɟɡɭɥьɬаɬɨв ɩɪɟɞваɪиɬɟɥьɧɨɝɨ аɧаɥиɡа ɩаɪаɦɟɬɪɨв ɫаɦɨɣ ɫɟɬи, а ɬаɤɠɟ ɨɰɟɧɤа ɩɨɬɟɪь ɤаɱɟɫɬва иɡɨɛɪаɠɟɧиɣ, 
ɩɨɞвɟɪɝɧɭɬɵɯ ɦɨɞиɮиɤаɰии, ɫɪавɧɟɧиɟ ɪɟɡɭɥьɬаɬɨв ɩɪɨвɟɞɟɧия аɬаɤ ɫ ɩɨɦɨɳьɸ ɪаɡɪаɛɨɬаɧɧɵɯ аɥɝɨɪиɬɦɨв и 
ɫɨɫɬяɡаɬɟɥьɧɵɯ аɬаɤ ɩɨɞɨɛɧɨɝɨ ɪɨɞа. 

Ɇɟɬɨɞɵ. На ɨɫɧɨвɟ ɪɟɡɭɥьɬаɬɨв аɧаɥиɡа ɦаɬɪиɰ вɟɫɨв ɨɛɭɱɟɧɧɨɣ ɧɟɣɪɨɧɧɨɣ ɫɟɬи ɫɮɨɪɦɭɥиɪɨваɧа иɞɟя ɩɨɫɬɪɨɟɧия 
аɥɝɨɪиɬɦɨв аɬаɤи ɧа ɧɟɣɪɨɧɧɭɸ ɫɟɬь, вɵɞɟɥяя ɞɥя аɬаɤи ɨɩɪɟɞɟɥɟɧɧɵɟ ɨɛɥаɫɬи ɧа иɡɨɛɪаɠɟɧии ɫ ɭɱɟɬɨɦ ɪаɡɧɨɫɬи ɦаɬɪиɰɵ 
вɟɫɨв ɰɟɥɟвɨɝɨ и иɫɯɨɞɧɨɝɨ ɤɥаɫɫɨв. ɉɪɟɞɫɬавɥɟɧ ɛɵɫɬɪɵɣ и ɞɨɫɬаɬɨɱɧɨ ɷɮɮɟɤɬивɧɵɣ аɥɝɨɪиɬɦ аɬаɤи, ɤɨɬɨɪɵɣ ɫɩɨɫɨɛɟɧ 
иɫɩɨɥьɡɨваɬь ɞɥя аɬаɤи ɤаɤ вɫɟ иɡɨɛɪаɠɟɧиɟ, ɬаɤ и ɨɬɞɟɥьɧɵɟ ɟɝɨ ɪɟɝиɨɧɵ, ɱɬɨ ɞɟɥаɟɬ аɥɝɨɪиɬɦ ɛɨɥɟɟ ɝиɛɤиɦ. Иɫɩɨɥьɡɭя 
ɦɟɬɪиɤɭ ɫɬɪɭɤɬɭɪɧɨɣ ɩɨɯɨɠɟɫɬи иɡɨɛɪаɠɟɧиɣ SSIM, ɛɵɥ ɩɪɨвɟɞɟɧ аɧаɥиɡ аɥɝɨɪиɬɦа и ɟɝɨ ɦɨɞиɮиɤаɰиɣ, а ɬаɤɠɟ ɫɪавɧɟɧиɟ 
ɟɝɨ ɫ ɩɪɟɞɵɞɭɳиɦи ɦɟɬɨɞаɦи, иɫɩɨɥьɡɭɸɳиɦи ɞɥя аɬаɤи ɨɛɵɱɧɵɣ ɝɪаɞиɟɧɬ. 

Рɟзɭɥьɬаɬɵ. ɉɨɫɬɪɨɟɧɵ ɭɩɪɨɳɟɧɧɵɟ аɥɝɨɪиɬɦɵ ɧаɰɟɥɟɧɧɨɣ и ɧɟɧаɰɟɥɟɧɧɨɣ аɬаɤ ɧа ɨɞɧɨɫɥɨɣɧɭɸ ɧɟɣɪɨɧɧɭɸ ɫɟɬь, 
ɤɨɬɨɪая ɩɪиɦɟɧяɟɬɫя ɞɥя ɡаɞаɱи ɤɥаɫɫиɮиɤаɰии ɪɭɤɨɩиɫɧɵɯ ɰиɮɪ иɡ ɧаɛɨɪа ɞаɧɧɵɯ MNIST. Даɧа виɡɭаɥьɧая и 
ɫɨɞɟɪɠаɬɟɥьɧая иɧɬɟɪɩɪɟɬаɰия ɧаɫɬɪɨɟɧɧɵɯ вɟɫɨв ɫɟɬи ɤаɤ «ваɠɧɨɫɬɟɣ» ɬɨɱɟɤ иɡɨɛɪаɠɟɧия ɞɥя ɪаɫɩɨɡɧаваɧия ɟɝɨ ɤаɤ 
ɩɪɟɞɫɬавиɬɟɥя ɬɨɝɨ иɥи иɧɨɝɨ ɤɥаɫɫа. На ɨɫɧɨвɟ ɫɪавɧɟɧия ɫɬɪɭɤɬɭɪɧɨɣ ɩɨɯɨɠɟɫɬи иɡɨɛɪаɠɟɧиɣ аɥɝɨɪиɬɦɨɦ SSIM ɛɵɥ 
ɩɪɨвɟɞɟɧ аɧаɥиɡ ɩɨɬɟɪь ɤаɱɟɫɬва иɡɨɛɪаɠɟɧиɣ ɞɥя ɡаɞаɱ ɧаɰɟɥɟɧɧɨɣ и ɧɟɧаɰɟɥɟɧɧɨɣ аɬаɤ ɩɪивɟɞɟɧɧɵɦи ɭɩɪɨɳɟɧɧɵɦи 
аɥɝɨɪиɬɦаɦи ɧа ɧɟɣɪɨɧɧɵɟ ɫɟɬи ɧа вɫɟɣ ɬɟɫɬɨвɨɣ вɵɛɨɪɤɟ. ɉɨɞɨɛɧɵɣ аɧаɥиɡ ɩɨɡвɨɥиɥ ɨɩɪɟɞɟɥиɬь ɤɥаɫɫɵ, ɧаиɛɨɥɟɟ 
ɩɨɞвɟɪɠɟɧɧɵɟ аɬаɤɟ, а ɬаɤɠɟ иɡɨɛɪаɠɟɧия, ɞɥя ɤɨɬɨɪɵɯ ɤɥаɫɫ, ɩɪɟɞɫɤаɡаɧɧɵɣ ɧɟɣɪɨɧɧɨɣ ɫɟɬьɸ, ɦɨɠɟɬ ɛɵɬь иɡɦɟɧɟɧ 
ɧɟɡаɦɟɬɧɨ ɞɥя ɱɟɥɨвɟɤа. 

ɋɨɫɬяɡаɬɟɥьɧɵɟ ɩɪиɦɟɪɵ, ɩɨɫɬɪɨɟɧɧɵɟ ɫ ɩɨɦɨɳьɸ ɪаɡɪаɛɨɬаɧɧɨɝɨ в ɫɬаɬьɟ аɥɝɨɪиɬɦа, ɩɟɪɟɧɟɫɟɧɵ ɧа ɫɟɬь ɫ 5-ɸ ɫɥɨяɦи 
ɧɟиɡвɟɫɬɧɨɣ аɪɯиɬɟɤɬɭɪɵ. В ɪяɞɟ ɫɥɭɱаɟв иɡɨɛɪаɠɟɧия ɞɥя ɤɥаɫɫɨв, ɤɨɬɨɪɵɟ ɛɵɥɨ ɫɥɨɠɧɨ аɬаɤɨваɬь ɞɥя иɫɯɨɞɧɨɣ ɫɟɬи, 
ɭɞаɥɨɫь ɩɟɪɟɧɟɫɬи ɫ ɛɨɥьшиɦ ɭɫɩɟɯɨɦ, ɱɟɦ ɬɟ, ɞɥя иɡɦɟɧɟɧия ɤɥаɫɫа ɤɨɬɨɪɵɯ ɛɵɥɨ ɞɨɫɬаɬɨɱɧɨ ɦиɧиɦаɥьɧɵɯ иɡɦɟɧɟɧиɣ. 

Вɵвɨɞɵ. ɋɨɫɬяɡаɬɟɥьɧɵɟ ɩɪиɦɟɪɵ, ɩɨɫɬɪɨɟɧɧɵɟ ɧа ɨɫɧɨвɟ иɞɟи ɨɝɪаɧиɱɟɧия ɨɛɥаɫɬи аɬаɤи, а ɬаɤɠɟ ɦɟɬɨɞиɤɭ аɧаɥиɡа 
вɯɨɞɧɵɯ ɞаɧɧɵɯ ɥɟɝɤɨ ɨɛɨɛɳаɟɬɫя и ɧа ɞɪɭɝиɟ ɡаɞаɱи ɪаɫɩɨɡɧаваɧия, ɱɬɨ ɞɟɥаɟɬ ɟɟ ɩɪиɦɟɧиɦɨɣ ɞɥя аɧаɥиɡа ɪяɞа 
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ɩɪаɤɬиɱɟɫɤиɯ ɡаɞаɱ. Таɤиɦ ɨɛɪаɡɨɦ, ɩɪɟɞɫɬавɥɟɧ ɟɳɟ ɨɞиɧ ɩɨɞɯɨɞ ɤ аɧаɥиɡɭ ɛɟɡɨɩаɫɧɨɫɬи ɧɟɣɪɨɧɧɵɯ ɫɟɬɟɣ (в ɱаɫɬɧɨɫɬи, 
ɥɨɝиɫɬиɱɟɫɤиɯ ɪɟɝɪɟɫɫɨɪɨв) ɩɪɨɬив аɬаɤ ɧа вɯɨɞɧɵɟ ɞаɧɧɵɟ. 

ɄɅЮЧЕВЫЕ СɅОВА: ɫɨɫɬяɡаɬɟɥьɧɵɟ аɬаɤи, ɛɵɫɬɪɵɣ аɥɝɨɪиɬɦ ɫɨɫɬяɡаɬɟɥьɧɨɣ аɬаɤи, ɥɨɝиɫɬиɱɟɫɤая ɪɟɝɪɟɫɫия, 
ɭяɡвиɦɨɫɬь ɧɟɣɪɨɧɧɵɯ ɫɟɬɟɣ.  
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ABSTRACT 
Context. The problem in substantiation for methods on constructing models of trainer and trainees, taking into account the peculiarities of their information activity, is considered. The object for the study were the models of trainer and trainees as participants in information interaction. 
Objective. The goal for the work is the solving of the tasks in conceptualization and formalization, aimed at modeling the trainer’s subsystem in the framework of information technology for instruction, as well as modeling information flows and information procedures in the model of the trainee’s subsystem. 
Method. The key components of learning systems and processes are the trainer and trainees. The essential features of information interaction between the instructor and trainees are highlighted. The basis is the concept of the information flow, the specific properties of information flows that are characteristic of learning processes and important for their successful progress are identified. Methods for modeling the key components of the training system as an information system are proposed, such as: the trainer`s subsystem, considered from the point of view of the application for learning information technologies; a subsystem of the trainee, represented from the perspective of the use for information flows and information procedures. 
Results. The proposed models were implemented programmatically and studied practically in the learning processes as a result of working out the modeling tasks for the trainer and trainees as participants in information interaction. 
Conclusions. The conducted experiment confirmed the effectiveness and validity of the concepts and formalisms, the appropriateness for their implementation in information systems, processes and technologies of teaching with the purpose of increasing the processes efficiency on obtaining and practical implementation of information activity models for the trainer and trainees. Further development of research implies the consideration for a wider range of the information activity aspects on the educator and trainees, as well as the corresponding experimental approbations. 
KEYWORDS: modeling, trainer, trainee, information, information systems, information processes, information technologies.  

NOMENCLATURE 
A is a memory operator; 
A–1 is an inverse memory conversion; 
A0 is an initial nondegenerate memory operator; 
A is a parameter vector with components m, s, θ; 
ai is an i-th implementation for the vector of parameters a; 
С is an assessment scale of learning error; 
Сik* are grades obtained for educational trajectories k* of the i-th learning stages; 
Сki is an estimate obtained for the кi-th segment on the 

i-th stage of the learning trajectory; dimX is a dimension for a subset of the set M at the input; dimY is a dimension for a subset of the set M at the output; 
f is a functor for the operator of signal transformations; 
f –1 is an inverse transformation functor for f; 
f() is a function for the signal conversion operator; 
f –1() is a reverse signal conversion; grad is a gradient function designation; 
HI() is an entropy associated with the information process I and the time parameter t; 
Ht=k() is an entropy of the t=k cross-section for a random process describing the information flow I; I is a designation of an information flow associated with the functional dependence I(t), a flow of information from the trainer; 

Ix is an input information flow; 
Iy. is an output information flow; 
Iu is an information flow describing the model of the student’s representations; 
I() is a functional dependence on the argument t, which determines the instantaneous value of the information flow amplitude; °I() is a random component of an information process, determined by the normalized flow; 
i – index variable; 
i is an index variable; 
k is some specific value of the time variable t in the formula for finding M{I} in the cross-section t=k; 
кi is a quantity of the i-th stage segment in the learning path; 
k*

l is the l-th partial learning path (l = 1, 2, ..., N); 
loga is a mathematical operation of calculating the logarithm for the base a; 
M is a set of elements mi; 
M{} is a function for determining the value of a mathematical expectation used to obtain the expected value of an information flow; 
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M{}t=k is an expectation for an information flow of the learning process as a random function of a time in the cross-section t=k; 
MI() is an expectation function associated with the information process I and the time parameter t; 
m is a number of options;   
mi is an i-th memory element; 
n is a number for topics of the studied course; 
N is a variable that stores the number of summable elements; 
P is a probabilistic characteristic of an information flow associated with the functional dependence P(t); 
P() is a generalized random process that describes an information flow in accordance with a given timeline as a function of the argument t; 
Pi() is an i-th discretization of a random process describing an information stream in accordance with a given timeline as a function of the argument t; 
r is a designation of the barrier function weight; 
S is a set of connections si; 
s is some connection of memory elements; sup is a mathematical operation of finding the exact upper bound; 
si is an i-th relationship between memory elements; 
t is a current time of the information flow passing; 
U* is a designation for the optimal control model, described through sequences of the partial trajectories; 
u is an information flow while minimizing the student error; 
x is an argument of the target function f(); 
x* is an x value corresponding to the solution of the optimization problem (the optimum point); 
x*Φ is some optimum point Φ(); 
x() is some event flow vector; 
Δa is some deviation of the vector a; 
ΔI is an information flow, evaluating the mutual deviation of information flows; 
Θ is a set of weights θi; 
θ is a weight (significance) of the memory component; 
θi is some weight characterizing the i-th memory component; 
φi() is an i-th constraint in the optimization problem; 
Φ() is some modified objective function f(); 
Ω is a set limiting a possible values of the x*. 

 

INTRODUCTION The increase in labor market requirements, objectively conditioned by the current realities of the course and the forecasted trends in the development of social and economic processes, requires an increase in the intensification of the specialists (professionals) training. The learning processes are characterized by high information saturation and dynamism of information spaces for studied subject areas, which determines the high level in relevance and practical value for researching information aspects of learning processes, including such aspects of their study as information, information objects, information processes, information systems and information technologies. 
Strengthen these features also such factors as increasing activity and the growing volume for information needs and information requests of participants in the learning process. It is important to consider the information components of the learning processes within a single integrated system, based on the methodology of the system-technical approach. No less important is also the allocation within this review of a separate, special, more thorough study of such key elements of information systems that provide the learning process, both trainer and trainees. 
The object of study is a set of models for trainer and trainees, considered as participants in information interaction. 
The subject of study is a set of concepts and ways for modeling the trainer and trainees, studied from the point of view of the basic components for an integrated system of information technologies in teaching. 
The purpose of the work is to solve the problems of conceptualization and formalization, aimed at creating methods in modeling the trainer’s subsystem in the framework of information technology for training, as well as modeling information flows and information procedures in the model of the trainee’s subsystem. 
 

1 PROBLEM STATEMENT The theoretical and applied research conducted in the sphere of modeling systems, processes and technologies for training examined from the point of view of their informational aspects is still not fully complete, detailed and systematically covers issues related to modeling methods for key subsystems of the information system of education, in particular, information  subsystems of the trainer, trainee and their dynamic components such as information flows and information procedures [1–16]. Proceeding from the above, the key task of research and development in the presented work was the creation of concepts and modeling methods for the following two basic subsystems of the information learning system: the subsystems of the instructor as a source of dynamic information flows in information technologies of instruction;  the subsystem of the trainee, viewed from the point of view of the dynamic information flows and procedures in which he participates as a component of the information learning system. When modeling the information subsystem of the trainer in the framework of the information technology for education, it was necessary to obtain: for the training information flow I as a time process I(t), having probabilistic elements and considered in time sections t= 
k – functional dependencies for the expected value 
M{I}t=k and the random component °I(); structural model of the information subsystem for the trainer, taking into account the consideration of the educational system as an information technology complex with optimization management;  the structural model on the dynamics of the information subsystem for the trainer as a generalized object with an inertial link of the first order;  formular and 
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structural view of the optimization model of learning process control as a movement along information trajectories with minimization of the training error, assessed by scale C. When modeling the student’s information subsystem, from the angle of information flows and information procedures functioning in it, it was necessary to obtain in the work: classification of information flows;  structural model of information flows, with the release of the types of information technologies on which it is based;  the formula model for transformations of the input information flow Ix into the output information flow Iy taking into account the peculiarities of the information signal space, memory and memory operator A; the formula model for describing information in memory using direct f and inverse f–1 transformations of signals carrying information;  the formula model of condition for the completion of training as an information process;  the structural model of information flows in memory;  formula models for estimating the gradient of the deviation for information flows in learning gradΔIai taking into account the information reproduction error 
ΔI(a), descriptions of the gradient training procedure, the optimization task of learning as an information process using the penalty and barrier function methods;  the structural model of the student subsystem as an information system for optimal control of information accumulation.  

2 REVIEW OF THE LITERATURE Improvement of the modern education is based on the use of advanced technologies related to the categories of computer, network, information, information and communication (including distance) technologies based on advanced hardware and software means of information broadcast, and also possessing a high degree of interactivity [1–12]. Wherein, because of the possibility, the widest range of advantages and achievements in the sphere of modern information systems, processes and technologies is used [1, 4–5, 17–23]. The basis of the learning processes is the use of information, and, consequently, an important role in ensuring their effectiveness is played by the expedient use of information systems, information processes and, accordingly, information technologies. In connection with the foregoing, high relevance and practical value have effective models and algorithms for information components of learning processes. In this regard, the key starting point is the information flows and the corresponding dynamic information procedures in the learning processes, their interactions and models, which was reviewed by the authors in their previous publications. In this paper, we consider the questions on modeling of the trainer (teacher) subsystem in the information technology of instruction, as well as information flows and information procedures in the model of the student’s subsystem. 
For definiteness of further consideration, we will adopt the most common definition of information technology [6, 17–22, 25–26], according to which, further information will be presented in Table 1. It should be noted that information technology is based on the following basic principles: interactive (dialog) mode of operation with a computer;  integration with other software products;  the flexibility of the process for changing data and setting tasks. All basic information technologies (Table 1) are used in educational processes, being their basis and the main tool. The notion of information flow is inextricably linked with the notion of information technology [25–26]. The well-known notion of information flow, which came from logistics [25–26], is evidently inherent in any information system and information technology. The desire to connect the notion of information flow with the information system and information technology [25–26] leads to the following definition: the information flow is considered the totality of messages circulating within the information system, as well as between this system and the environment external to it, necessary for management and control of information technology operations. It is advisable to use the classification [25–26] of information flows (Table 2).  Table 1 – Types of information technology Information technology classes Content of activities, related to the implementation information technologies Data processing Processing according to a known, specific algorithm Management Ensuring the adoption of management decisions Automated office Organization and support of information processes  Support for decision-making The development of a management decision that occurs as a result of an iterative process, in which a decision support system (a computational link and an object of management) and a person participate Using of expert assessments  Based on the use of artificial intelligence, expert systems provide an opportunity to receive expert advice on any problems about which these systems have accumulated knowledge  Table 2 – Classification of information flows Names of information flows Content of information flows Horizontal Coverage of messages between partners on production relations in one level of management Vertical Coming from above, from the leading instances to the subordinate instances or links of the system External Flow in an environment external to the system Internal Circulate within one system Input Messages entering (arriving) to the system or to one of its subsystems Output Messages that go beyond one system or one of its subsystems 
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The method of modeling information systems is based on the following “cornerstones”: the simplest property of the information flow is one-pointedness (from source to receiver); the narrowness of information interaction only the source and receiver processes; the general principle of modeling is optimality. On the one hand, the desire to achieve the optimality of the model is considered as a tool for obtaining a valid (which corresponds to the original with the greatest possible deviation or error if possible) representation of the object and its environment, which requires special procedures for finding the appropriate conditions and constraints, and also for the dynamic step-by-step approximation of the model to the object. On the other hand, the optimality of learning processes models involves the use of optimization procedures in order to obtain an effective representation of information processing processes. On the third hand, it is the optimization procedures, on which progressive information technologies are based, that make it possible to realize them highly efficiently [14, 16, 24]. In all the cases presented, we have the following features: the optimality of the modeling for the information components of the training systems is closely associated with the dynamic nature of the information training procedures; the key consequence of the optimization procedures dynamism, which increasingly leads to the need for their consideration as independent dynamic objects and most clearly manifested with a decrease in the step of their sampling, are the significant time costs for optimization, related to the high complexity of the corresponding tasks on system control [14, 16, 24]. An immediate consequence of the above is the need in effective modeling of the dynamics for optimization procedures and the relevance of improving the methods for constructing these models. It should be noted that there are certain scientific results concerning the speed of convergence for search procedures of the optimal, however, the subject area of methods for modeling optimization procedures that are considered as independent dynamic objects remains extremely inadequate [14, 16, 24]. It is important to note that the classification that was mentioned above in Table 2 is oriented to various structures that arise in the implementation of information systems, but in any case, there are unidirectional information flows, and for them the approach to structural modeling of information systems is valid. It should also be noted that the focus on higher efficiency (productivity, effectiveness, reactivity, accuracy, etc.) of information processing processes required improved concepts for determining the amount of information, as well as performing analytical and synthetic operations for research and development of information systems in the information space [13–16, 19–22, 24–26]. Let’s give a quantitative estimate for the information transmitted from the transmitter to the receiver. 

The instantaneous value of the information flow amplitude, which coincides with the definition of information [14–16, 24–26], is represented by the formula (1):  )(log)( tPtI a−= . (1) The expected value of the information flow is represented by the formula (2):  
{ } { }PMIM alog−= . (2) The aim of the research presented below is to solve the problems of conceptualization and formalization, aimed at creating methods for modeling the trainer’s subsystem within the information technology of instruction, as well as modeling information flows and information procedures in the model of the trainee’s subsystem.  

3. MATERIALS AND METHODS The information flow in learning is a random function of time. The mathematical expectation of the specified process in the section t=k  is determined by the average (on implementation) value of the information by the formula (3):  
{ } ).()(log)(1 IHtPtPIM kt

n

kt
i

iaikt =

=
=

= =−= ∑  (3) The entropy of the cross-section of the random process describing the information flow is not random, and determines the expected information for the transmitted information stream. In relation to learning, we have a planned flow of information created by the instructor. The random component of the information process is determined by the normalized flow by the formula (4):  ).()()()()( tHtItMtItI II
o

−=−=  (4) Thus, the centered information flow, as a random process, allows you to determine the deviation of information flows, as the trainee’s information flow, centered on the entropy of the trainer’s flow. In this case, it is possible to assess the deviation of the learning process from a given trajectory. Considering the educational system as an information complex, including the trainer’s subsystem and the trainee’s subsystem, we note that the main properties of this complex are: – the presence of memory, in which the transmitted information and algorithms for its transmission are stored; – the availability of an algorithm for comparing the flow of information transmitted to the trainee’s subsystem and information reproduced by the trainer; 
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– the availability of algorithms for managing the selection of information depending on the deviation of the training stream from the reproduced stream; – the presence of an objective function or functional and algorithms for optimizing the control of the learning information flow. In this case, the structural model takes the following form (Fig. 1).  For each block there is information technology. The memory block is supported by the information technology of the automated office, where storage, transformation and transmission of information is envisaged. The memory sampling control unit is based on information technology of expert assessments and decision support. In its turn, the objective function adopted in the task ensures the application of information control technology. An essential point is the presence in the structure of the trainer`s subsystem the optimization procedure, which ensures the achievement of the necessary level for the criterion of the instruction quality. The presence of an optimization procedure in the system causes the formation of dynamic properties for the entire subsystem. Thus, evaluating the optimization procedure as a gradient one, we obtain a model for the dynamics of the trainer`s subsystem as a generalized object with an inertial link of the first order (Fig. 2). The trainer, having found a deviation in the pupil’s presentation about the material presented, with some “dynamic” delay corrects the material presented, reducing the error of the trainee. Therefore, by dividing the training course into topics and selecting a certain number (let’s denote it by m) of variants for presentation or sequences of information blocks within each of the topics, we can represent the learning process as trajectory motion from initial state to completion of the trajectory, aiming to minimize learning error, estimated scale C.   Figure 1 – The structural model for the trainer’s subsystem   Figure 2 – Model of the trainer’s subsystem 

In this case, for N topics, where each i-th stage contains кi segments and each segment of the trajectory gives an estimate of Сki, we obtain the problem of determining the optimal control as a sequence of partial trajectories, by the formula (5):  
{ }NkkkU *,...,*,** 21= . (5) We have the task of dynamic programming, represented by the formula (6):  

∑→∗
n

i
ikCU *sup . (6) In this way, the learning path is selected (Fig. 3).   Figure 3 – Choosing the optimal trajectory of learning  The solution of this problem is determined by the Bellman principle, within the framework of the dynamic programming method ([13–16, 24] – the optimum is achieved by a search of variants with backward and forward movement). Important is the process of changing the state of the teacher in time. The environment changes – the knowledge amount of the learner changes, the traveled trajectory of learning is accumulated. Consequently, the trainer`s subsystem is not stationary. Compensation for degrading trends is achieved through additional training, attestation and retraining. Consider information procedures in the model of the trainee’s subsystem. The evaluation of learning is approved for the results: the repetition of the information received from the instructor; the construction of a model adequate to the description given by the instructor. The following information flows are distinguished in the trainee’s subsystem (Figure 4): – I – information flow of the trainer; – Iu – a flow of information describing the model constructed by the trainee, based on information stored in the trainee’s memory; – ΔI – the information flow estimating the deviation of the instructor’s information and the student’s presentation; – u – the information flow created when the trainee’s error is minimized. 
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The model shown in Fig. 4, relies on the information technology for decision making by the trainer and data processing when correcting the content of memory, as well as the technology for information systems control while minimizing the presentation error:  Figure 4 – Information flows in the trainee’s subsystem  This view is based on the process for identifying the model of the surrounding world through training, as a correction for the contents of memory. The gradualness of information perception observed during training is related to the dynamic properties of the algorithm for minimizing learning errors, which are individual and must be taken into account when forming the information flow of the instructor. Despite the convenience of describing the model using the notion of information flows, it is not possible to completely ignore the signal space. Describing the memory as a set of elements {mi}, the set of connections {si}, and the set of weights {θi}, we can represent the memory model as a triplet of sets M, S, Θ. The specified triple forms the memory operator A, as its subset, which ensures the transformation of the input information stream Ix into the output information stream 

Iy. In this case, the memory operator depends on the parameter vector a, with the components m, s, θ, and we can write, by the formula (7):  
yx IIA =∗)(a . (7) In this case, it is necessary to take into account that the incoming information flow Ix does not interact with the entire set M, but only with its subset having dimension dimX. The necessary condition for the absence of information loss during the conversion by memory is the condition of preserving the dimension dimX=dimY. Considering that the information flow is inextricably linked with the flow of events x(t), at the same time, that the external information flow and the information flow in memory do not need to have the same signal space, select the signal conversion operator f. In this case, the transformation operator does not influence the information flow, that is, f(I) = I, but it converts the signals carrying the information. In this case, the information inside the memory is described as follows, by the formula (8):  

yx IIfAIIf =∗→= )()()( a  (8) 
The adopted learning paradigm requires the learner to reproduce the information received from the instructor. Therefore, it is also need to execute the reverse transformation, by the formula (9):  

xy IIfA =∗ −− )()( 11 a . (9) However, the mapping (9) does not necessarily exist, since the operator A defines a one-to-one mapping only if the information Ix (or a part of it) is already mapped in the memory. The condition for completing the training we obtain in a simple form, by the formula (10):  
xx IIfAfA =∗∗ −− ))()(()( 11 aa . (10) Assuming the linearity of the operators f(I) and f–1(I), we can write by the formula (11):  )()())()(( 11

xx IffAIfAf ∗∗=∗ −− aa . (11) Therefore, taking into account (11), we obtain the condition for completing the training in the form of the formula (12):  
⎪⎭

⎪
⎬
⎫

=
=∗→=∗

−
−

YX
AAff dimdim 1)()(1 11 aa  (12) Condition (12) says that information is assimilated if convolution of associative and direct memory results in an identity operator. Condition (12) is only a formalization of the accepted learning paradigm, but it allows to obtain a structural model of information flows in memory, while learning (Fig. 5). The nondegeneracy condition of the transformation, taking into account the conservation of dimension, generates a learning procedure based on the sequential determination of the vectors a, which ensure the selection of a nondegenerate transformation with a sequential increase in dimension, up to a dimension that ensures the identity of the input information stream and the information flow generated by the model. Thus, the training procedure consists of a sequence of steps to minimize the information reproduction error 

ΔI(a), with a consecutive increase in the dimension of the memory operator, condition (12).   Figure 5 – Information flows in memory during training  
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Restricting ourselves to the gradient optimization procedure [13–16, 24], we obtain to estimate the gradient of the information flow deflections by the formula (13):  

a

aaa
a Δ

Δ−Δ+Δ
≈Δ

)()( ii II
Igrad

i
. (13) Using gradient estimation (13), we will write the learning procedure as a gradient procedure by the formula (14):  
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Δ

Δ
+=+1 . (14) Since for a gradient procedure the starting point of motion is essential, we define the initial non-degenerate operator A0, formed by a subset included in the set that generates the required operator. This is the mapping of the principle from simple to complex. As a consequence, we come to the methods of penalty and barrier functions, with the inherent dangers in the appearance of gully. In fact, the method of barrier functions, in this case, is used to solve a problem with restrictions of the inequalities type for the dimension of the memory operator. So, assuming the existence of an objective function 

f(x) and the limitations φi(x) < 0, i = 1, 2, …, n, an optimization problem is posed, represented by the formula (15):  )(min* xfx → , 
( ) mixx i ,...,2,1,0|* =<ϕΩ∈ . (15) Within the framework of the method, a change in the goal function is provided such that when approaching the boundary, there is a “repulsion” from the barrier formed by constraints (Fig. 6). To organize a "barrier", the restriction ϕi < 0; i = 1, 2,…, m is usually used, taking into account that the actual boundary is given by equations ϕi = 0; i = 1, 2,…, m.    Figure 6 – Method of barrier functions  

Thus, we form a new goal function by the formula (16):  
∑
= ϕ

+=
m

i i x
xfx 1 2 )(1)()(Ф . (16) and, using the gradient procedure, we solve the problem in finding the minimum of a new objective function Ф(x), we find the point of its minimum xФ*, which, in general, does not coincide with the optimum point x* because of the barrier function influence. To eliminate the error in the x* definition, we eliminate the influence of the barrier function by organizing a stepping procedure with decreasing barrier function weight, by the formula (17):  0...21 =>>> krrr , 
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.  (17)The number of steps for the procedure k and the sequence r j are chosen in advance from the conditions of the problem. Thus, a sequence of connecting the elements to the model formed in the memory is formed. In a situation where there is no single-valued memory operator, its search can be provided using the method of penalty functions. When solving a problem with constraints of equations type, represented by the formula (18):  )(min* xfx → , 
( ) mixx i ,...,2,1,0|* ==ϕΩ∈ , (18) a similar method is used. The difference is in the formation of the penalty function, which is assigned in such a way as to ensure the approach to the border, by the formula (19):  0...21 ><<< krrr , 

kjxrxfx ijj ,...,1),()()(Ф 2 =ϕ+= .  (19)The disadvantage of this method is its “ravine type”, which requires the use of the steepest descent method at each of the steps. Thus, it is possible to construct a structural model of the trainee’s subsystem as an information system for optimal control of information accumulation (Fig. 7).   Figure 7 – Model of the trainee’s subsystem 
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We got a conception for the process of information accumulation by an information and control system with a goal functional, defined as the minimum deviation in the information flow of the trainer from the information stream being reproduced by the trainee. This model allows us to evaluate the dynamics of the process. Based on the evaluation for the dynamics of the gradient procedure, which determines the behavior of the entire subsystem, one can construct a simple model similar to the gradient procedure model. Assuming that the information flow of the trainer increases its intensity step by step, according to the degree in assimilation of the material, we get a simple model (Fig. 8, 9). For clarity, we use the tools of the SIMULINK system, which allow us to obtain convenient models of system dynamics. In Fig. 8 the information flow from the trainer I is modeled by a series of pulse parcels storing the input information Ic. The accumulation of information by trainee Iu is determined taking into account the dynamics of the optimization procedure. The transient processes in Fig. 9 illustrate the possibility of coordinating the information flow of the learner with the trainee’s capabilities. At optimum coordination, the moment of end for fragment preservation is combined with the beginning for the following fragment of a training trajectory.   Figure 8 – Modeling the dynamics of information accumulation (scheme of the model executed in the SIMULINK system)    Figure 9 – Modeling the dynamics of the information accumulation (in SIMULINK system) 

4 EXPERIMENTS The implementation of the experiment was based on a set of programs (both standard and expanding the range of their functional capabilities of author’s developments), which allowed to realize the generalized models of trainer and trainees as key subsystems of information learning systems, as well as to make their expert evaluation. The trainer and trainees models were tested in such a way that the initial data for testing models were combined into 150 tuples of data. Based on the experimental results, the validity estimates of the trainer and trainees models were obtained, from which it follows that the obtained and the reference values of these estimates coincide. 
 

5 RESULTS The following results were obtained. 1. The analysis on the development in the theory and practice of learning is carried out, the special relevance and practical value of the information approach to the modeling of learning systems is highlighted. 2. As the key objects of the study, the models for the information subsystems of trainer and trainees are considered. 3. The modeling for the trainer subsystem in the framework of the training information technology is performed. 4. The generalized methods for modeling the trainer and trainees subsystems are obtained. The models of trainer and trainees were implemented programmatically, studied in real learning processes, and the results of these studies (in the form of generalization of demonstrative samples of experimental data, with a sample length of 150) are summarized in Table 3 and Table 4. Table 3 shows four types of trainers, in accordance with their relative graduation in terms of professional qualifications: Type I – Doctors of Sciences, Professors;  type II – Candidates of Sciences (Ph.D.), Associate Professors;  type III – Seniors Lecturers; type IV – Assistants and Trainee Teachers. The resulting data in Table 3 shows the following positive increments of the indicators: increment 1 – according to the speed of training;  increment 2 – by coverage of training information; increment 3 – according to the quality of knowledge achieved by the trainees;  increment 4 – integral increment (generalized for all indicators). The demonstrative characteristics (Table 3) of the learning processes effectiveness are improved due to the introduction of the generated methods for modeling the information subsystem of the educator, including for those with a lower category of professional qualification.       
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Table 3 – The model of the trainer information subsystem Positive dynamics in the effectiveness of training activities based on the practical implementation results of the developed modeling methods: Type of trainers Percentage  ratio of the trainers  a certain type  (in the range from 0% to 100%) The overall effectiveness in implementation  of the trainer`s activity before applying the proposed modeling method increment 1 increment 2 increment 3 increment 4 Type I 10 90 6 10 8 8 Type II 30 80 4 6 5 5 Type III 30 70 3 5 4 4 Type IV 30 60 3 3 3 3 Average value 25 75 4 6 5 5  Table 4 shows six types of trainees that correlate in academic performance with the European grading scale for the EKTS grades as follows: type 1 – A; type 2 – B; type 3 – C;  type 4 – D;  type 5 – E;  type 6 – F, FX. The results shown in Table 4 are the following increments: 1 – to reduce the duration for the implementation of information activities by the trainees in the learning process; 2 – to increase the amount of information consumed by trainees; 3 – in increasing quality assimilation of information by trainees; 4 – on the integrated indicator for the effectiveness of learning activities within the information subsystem of the trainee. The results of the trainees activity improved for all types of research, and, especially, for the most problematic type, six where previously positive estimates were mainly obtained exclusively after a number of retakes. The conducted experiment confirmed the effectiveness of the generalized methods for modeling information subsystems of trainer and trainees, taking into account, as an actual factor, the dynamics of information procedures in the training system. 

 Table 4 – The model of the trainee information subsystem Positive dynamics of learning outcomes when using  the proposed modeling methods Type of trainees Share of the trainees (in %) The average initial  success of training increment 1 increment 2 increment 3 increment 4 Type 1 10 92 2 3 1 2 Type 2 20 86 3 5 4 4 Type 3 20 78 7 6 5 6 Type 4 20 69 9 9 6 8 Type 5 20 62 12 11 10 11 Type 6 10 40 15 14 22 17 Average value 16,6 83.5 8 8 8 8 
6 DISCUSSION The modeling methods expand and supplement the tools of modeling. As a result, it is important to note the following: – the currently existing theoretical and practical research and development on a number of authors’ collectives and individual authors mainly reflect separately taken, isolated subproblems in the methodology of modeling for dynamic information systems (objects, processes, procedures, technologies, etc.) related to teaching by trainers and assimilation by trainees, which does not allow, on the whole, to obtain a sufficiently satisfactory state of the general model; – the methods in modeling for the information subsystems of the trainer and trainees developed by the authors of this publication expand the capabilities of previously developed by other authors methodological developments, allowing to significantly increase the effectiveness of information learning processes (according to Tables 3 and Table 4, the integral indicators of effectiveness increase by 5% and 8% respectively). 

 
CONCLUSIONS In paper, the results of research on the methods formation in modeling of information subsystems for the trainer and trainees, complementing and developing existing approaches were presented. The carried out experiment substantiated the practical effectiveness of the proposed modeling methods and the expediency of using them to enhance the effectiveness of information subsystems of the trainer and trainees. 

The scientific novelty of the achieved results consists in the fact that for the first time methods have been proposed for modeling the trainer subsystem within the learning information technology, as well as information flows and information procedures in the trainee’s subsystem, which are based on the complex application of the information theory methodological apparatus and the conceptual basis of studying the activity processes for the trainer and trainees as integral, purposeful, dynamically proceeding information processes, which are a full-scale complex of interrelated information procedures to provide the required state for information base of trainees competencies. The proposed methods make it possible to ensure, with an allowable accuracy, the optimal modeling for information subsystems of the trainer and trainees taking into account the dynamics factor, which makes it possible: to reduce the time intervals for the flow of information learning processes; to increase the volumes of information presented, consumed and qualitatively assimilated at the theoretical and practical level. Accordingly, a higher level of knowledge, abilities and skills of the trainees is achieved, with reception them the best points. Within the created methods, key concepts and mathematical modeling apparatus of information subsystems for trainer and trainees are proposed. 
127



e-ISSN 1607-3274   Раɞіɨɟɥɟɤɬɪɨɧіɤа, іɧɮɨɪɦаɬиɤа, ɭɩɪавɥіɧɧя. 2019. № 2 p-ISSN 2313-688X  Radio Electronics, Computer Science, Control. 2019. № 2   

© Khodakov V. Ye., Sokolov A. Ye., Veselovskaya G. V., 2019 DOI 10.15588/1607-3274-2019-2-13 
The practical significance of the work results is to ensure that they increase the effectiveness of information subsystems for the trainer and trainees. 
Prospects for further development of the work involve the consideration in a more wide range of the characterization aspects for the information subsystems of the trainer and trainee, as well as the results of their activities. 
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УДК 510.6  

ɆОȾЕɅЮВАɇɇə ɌОГО, əɄɂɃ ɇАВЧАЄ, ɌА Ɍɂɏ, əɄɂɏ ɇАВЧАЮɌЬ, ɇА ɁАСАȾАɏ ɄОɆɉɅЕɄСɇОГО 
ІɇɎОРɆАɐІɃɇОГО ɉІȾɏОȾɍ ȾО ВȾОСɄОɇАɅЮВАɇɇə ІɇɎОРɆАɐІɃɇɂɏ ɌЕɏɇОɅОГІɃ І СɂСɌЕɆ 

ɇАВЧАɇɇə 
 

ɏɨɞаɤɨв В. Є. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɨɪ, ɡавіɞɭваɱ ɤаɮɟɞɪи іɧɮɨɪɦаɰіɣɧиɯ ɬɟɯɧɨɥɨɝіɣ Хɟɪɫɨɧɫьɤɨɝɨ ɧаɰіɨɧаɥьɧɨɝɨ 
ɬɟɯɧіɱɧɨɝɨ ɭɧівɟɪɫиɬɟɬɭ, Хɟɪɫɨɧ, Уɤɪаʀɧа. 

Сɨɤɨɥɨв А. Є. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɞɨɰɟɧɬ, ɞɨɰɟɧɬ ɤаɮɟɞɪи іɧɮɨɪɦаɰіɣɧиɯ ɬɟɯɧɨɥɨɝіɣ Хɟɪɫɨɧɫьɤɨɝɨ ɧаɰіɨɧаɥьɧɨɝɨ 
ɬɟɯɧіɱɧɨɝɨ ɭɧівɟɪɫиɬɟɬɭ, Хɟɪɫɨɧ, Уɤɪаʀɧа. 

Вɟɫɟɥɨвɫьɤа Г. В. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɞɨɰɟɧɬ, ɞɨɰɟɧɬ ɤаɮɟɞɪи іɧɮɨɪɦаɰіɣɧиɯ ɬɟɯɧɨɥɨɝіɣ Хɟɪɫɨɧɫьɤɨɝɨ ɧаɰіɨɧаɥьɧɨɝɨ 
ɬɟɯɧіɱɧɨɝɨ ɭɧівɟɪɫиɬɟɬɭ, Хɟɪɫɨɧ, Уɤɪаʀɧа. 

AɇОɌАɐІə 
Аɤɬɭаɥьɧіɫɬь. Рɨɡɝɥяɧɭɬɨ ɡаɞаɱɭ ɨɛґɪɭɧɬɭваɧɧя ɦɟɬɨɞів ɩɨɛɭɞɨви ɦɨɞɟɥɟɣ ɬɨɝɨ, яɤиɣ ɧавɱає, ɬа ɬиɯ, яɤиɯ ɧавɱаɸɬь, 

ɳɨ вɪаɯɨвɭɸɬь ɨɫɨɛɥивɨɫɬі ʀɯɧьɨʀ іɧɮɨɪɦаɰіɣɧɨʀ ɞіяɥьɧɨɫɬі. Ɉɛ’єɤɬɨɦ ɞɨɫɥіɞɠɟɧɧя ɛɭɥи ɦɨɞɟɥі ɬɨɝɨ, яɤиɣ ɧавɱає, ɬа ɬиɯ, 
яɤиɯ ɧавɱаɸɬь, яɤ ɭɱаɫɧиɤів іɧɮɨɪɦаɰіɣɧɨʀ вɡаєɦɨɞіʀ. Мɟɬа ɪɨɛɨɬи – ɪɨɡв’яɡɭваɧɧя ɡаɞаɱ ɤɨɧɰɟɩɬɭаɥіɡаɰіʀ ɬа ɮɨɪɦаɥіɡаɰіʀ, 
ɨɪієɧɬɨваɧиɯ ɧа ɦɨɞɟɥɸваɧɧя ɩіɞɫиɫɬɟɦи ɬɨɝɨ, яɤиɣ ɧавɱає, в ɪаɦɤаɯ іɧɮɨɪɦаɰіɣɧɨʀ ɬɟɯɧɨɥɨɝіʀ ɧавɱаɧɧя, а ɬаɤɨɠ ɧа 
ɦɨɞɟɥɸваɧɧя іɧɮɨɪɦаɰіɣɧиɯ ɩɨɬɨɤів ɬа іɧɮɨɪɦаɰіɣɧиɯ ɩɪɨɰɟɞɭɪ в ɦɨɞɟɥі ɩіɞɫиɫɬɟɦи ɬɨɝɨ, яɤɨɝɨ ɧавɱаɸɬь. 

Ɇɟɬɨɞ. Кɥɸɱɨвиɦи ɫɤɥаɞɨвиɦи ɫиɫɬɟɦ і ɩɪɨɰɟɫів ɧавɱаɧɧя є ɬɨɣ, яɤиɣ ɧавɱає, ɬа ɬі, яɤиɯ ɧавɱаɸɬь. Виɞіɥɟɧі іɫɬɨɬɧі 
ɨɫɨɛɥивɨɫɬі іɧɮɨɪɦаɰіɣɧɨʀ вɡаєɦɨɞіʀ ɬɨɝɨ, яɤиɣ ɧавɱає, ɬа ɬиɯ, яɤиɯ ɧавɱаɸɬь. В ɨɫɧɨвɭ  ɩɨɤɥаɞɟɧɟ ɩɨɧяɬɬя іɧɮɨɪɦаɰіɣɧɨɝɨ 
ɩɨɬɨɤɭ, виɞіɥɟɧі ɫɩɟɰиɮіɱɧі вɥаɫɬивɨɫɬі іɧɮɨɪɦаɰіɣɧиɯ ɩɨɬɨɤів, ɯаɪаɤɬɟɪɧі ɞɥя ɩɪɨɰɟɫів ɧавɱаɧɧя ɬа ваɠɥиві ɞɥя ʀɯɧьɨɝɨ 
ɭɫɩішɧɨɝɨ ɩɟɪɟɛіɝɭ. Заɩɪɨɩɨɧɨваɧɨ ɦɟɬɨɞи ɦɨɞɟɥɸваɧɧя ɤɥɸɱɨвиɯ ɤɨɦɩɨɧɟɧɬів ɫиɫɬɟɦи ɧавɱаɧɧя яɤ іɧɮɨɪɦаɰіɣɧɨʀ 
ɫиɫɬɟɦи, ɬаɤиɯ яɤ: ɩіɞɫиɫɬɟɦа ɬɨɝɨ, яɤиɣ ɧавɱає, ɪɨɡɝɥяɧɭɬа ɡ ɬɨɱɤи ɡɨɪɭ ɡаɫɬɨɫɭваɧɧя іɧɮɨɪɦаɰіɣɧиɯ ɬɟɯɧɨɥɨɝіɣ ɧавɱаɧɧя; 
ɩіɞɫиɫɬɟɦа ɬɨɝɨ, яɤɨɝɨ ɧавɱаɸɬь, ɳɨ ɧаɞаєɬьɫя ɩіɞ ɤɭɬɨɦ ɡɨɪɭ ɡаɞіяɧɧя іɧɮɨɪɦаɰіɣɧиɯ ɩɨɬɨɤів ɬа іɧɮɨɪɦаɰіɣɧиɯ ɩɪɨɰɟɞɭɪ. 

Рɟзɭɥьɬаɬи. Заɩɪɨɩɨɧɨваɧі ɦɨɞɟɥі ɪɟаɥіɡɨваɧі ɩɪɨɝɪаɦɧɨ ɬа вивɱɟɧі ɩɪаɤɬиɱɧɨ в ɩɪɨɰɟɫаɯ ɧавɱаɧɧя в ɩіɞɫɭɦɤɭ 
віɞɩɪаɰɸваɧɧя ɡавɞаɧь ɦɨɞɟɥɸваɧɧя ɬɨɝɨ, яɤиɣ ɧавɱає, ɬа ɬиɯ, яɤиɯ ɧавɱаɸɬь, яɤ ɭɱаɫɧиɤів іɧɮɨɪɦаɰіɣɧɨʀ вɡаєɦɨɞіʀ. 

Виɫɧɨвɤи. ɉɪɨвɟɞɟɧиɣ ɟɤɫɩɟɪиɦɟɧɬ ɩіɞɬвɟɪɞив ɞієвіɫɬь і ваɥіɞɧіɫɬь ɤɨɧɰɟɩɰіɣ і ɮɨɪɦаɥіɡɦів, ɞɨɰіɥьɧіɫɬь ʀɯɧьɨɝɨ 
вɩɪɨваɞɠɟɧɧя в іɧɮɨɪɦаɰіɣɧі ɫиɫɬɟɦи, ɩɪɨɰɟɫи ɬа ɬɟɯɧɨɥɨɝіʀ ɧавɱаɧɧя ɡ ɦɟɬɨɸ ɩіɞвиɳɟɧɧя ɟɮɟɤɬивɧɨɫɬі ɩɪɨɰɟɫів 
ɨɬɪиɦаɧɧя ɬа ɩɪаɤɬиɱɧɨɝɨ вɬіɥɟɧɧя ɦɨɞɟɥɟɣ іɧɮɨɪɦаɰіɣɧɨʀ ɞіяɥьɧɨɫɬі ɬɨɝɨ, яɤиɣ ɧавɱає, ɬа ɬиɯ, яɤиɯ ɧавɱаɸɬь. ɉɨɞаɥьшиɣ 
ɪɨɡвиɬɨɤ ɞɨɫɥіɞɠɟɧь ɩɟɪɟɞɛаɱає ɪɨɡɝɥяɞ шиɪшɨɝɨ ɤɨɥа аɫɩɟɤɬів іɧɮɨɪɦаɰіɣɧɨʀ ɞіяɥьɧɨɫɬі ɬɨɝɨ, яɤиɣ ɧавɱає, ɬа ɬиɯ, яɤиɯ 
ɧавɱаɸɬь, а ɬаɤɨɠ віɞɩɨвіɞɧиɯ ɟɤɫɩɟɪиɦɟɧɬаɥьɧиɯ аɩɪɨɛаɰіɣ. 

ɄɅЮЧОВІ СɅОВА: ɦɨɞɟɥɸваɧɧя, ɬɨɣ, яɤиɣ ɧавɱає, ɬɨɣ, яɤɨɝɨ ɧавɱаɸɬь, іɧɮɨɪɦаɰія, іɧɮɨɪɦаɰіɣɧі ɫиɫɬɟɦи, 
іɧɮɨɪɦаɰіɣɧі ɩɪɨɰɟɫи, іɧɮɨɪɦаɰіɣɧі ɬɟɯɧɨɥɨɝіʀ.  
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ɏɨɞаɤɨв В. Е. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɫɨɪ, ɡавɟɞɭɸɳиɣ ɤаɮɟɞɪɨɣ иɧɮɨɪɦаɰиɨɧɧɵɯ ɬɟɯɧɨɥɨɝиɣ Хɟɪɫɨɧɫɤɨɝɨ 
ɧаɰиɨɧаɥьɧɨɝɨ ɬɟɯɧиɱɟɫɤɨɝɨ ɭɧивɟɪɫиɬɟɬа, Хɟɪɫɨɧ, Уɤɪаиɧа. 

Сɨɤɨɥɨв А. Е. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɞɨɰɟɧɬ, ɞɨɰɟɧɬ ɤаɮɟɞɪɵ иɧɮɨɪɦаɰиɨɧɧɵɯ ɬɟɯɧɨɥɨɝиɣ Хɟɪɫɨɧɫɤɨɝɨ ɧаɰиɨɧаɥьɧɨɝɨ 
ɬɟɯɧиɱɟɫɤɨɝɨ ɭɧивɟɪɫиɬɟɬа, Хɟɪɫɨɧ, Уɤɪаиɧа. 

Вɟɫɟɥɨвɫɤая Г. В. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɞɨɰɟɧɬ, ɞɨɰɟɧɬ ɤаɮɟɞɪɵ иɧɮɨɪɦаɰиɨɧɧɵɯ ɬɟɯɧɨɥɨɝиɣ Хɟɪɫɨɧɫɤɨɝɨ 
ɧаɰиɨɧаɥьɧɨɝɨ ɬɟɯɧиɱɟɫɤɨɝɨ ɭɧивɟɪɫиɬɟɬа, Хɟɪɫɨɧ, Уɤɪаиɧа. 

AɇɇОɌАɐɂə 
Аɤɬɭаɥьɧɨɫɬь. Раɫɫɦɨɬɪɟɧа ɡаɞаɱа ɨɛɨɫɧɨваɧия ɦɟɬɨɞɨв ɩɨɫɬɪɨɟɧия ɦɨɞɟɥɟɣ ɨɛɭɱаɸɳɟɝɨ и ɨɛɭɱаɟɦɵɯ, ɭɱиɬɵваɸɳиɯ 

ɨɫɨɛɟɧɧɨɫɬи иɯ иɧɮɨɪɦаɰиɨɧɧɨɣ ɞɟяɬɟɥьɧɨɫɬи. Ɉɛɴɟɤɬɨɦ иɫɫɥɟɞɨваɧия явɥяɥиɫь ɦɨɞɟɥи ɨɛɭɱаɸɳɟɝɨ и ɨɛɭɱаɟɦɵɯ ɤаɤ 
ɭɱаɫɬɧиɤɨв иɧɮɨɪɦаɰиɨɧɧɨɝɨ вɡаиɦɨɞɟɣɫɬвия. Цɟɥь ɪаɛɨɬɵ – ɪɟшɟɧиɟ ɡаɞаɱ ɤɨɧɰɟɩɬɭаɥиɡаɰии и ɮɨɪɦаɥиɡаɰии, 
ɨɪиɟɧɬиɪɨваɧɧɵɯ ɧа ɦɨɞɟɥиɪɨваɧиɟ ɩɨɞɫиɫɬɟɦɵ ɨɛɭɱаɸɳɟɝɨ в ɪаɦɤаɯ иɧɮɨɪɦаɰиɨɧɧɨɣ ɬɟɯɧɨɥɨɝии ɨɛɭɱɟɧия, а ɬаɤɠɟ ɧа 
ɦɨɞɟɥиɪɨваɧиɟ иɧɮɨɪɦаɰиɨɧɧɵɯ ɩɨɬɨɤɨв и иɧɮɨɪɦаɰиɨɧɧɵɯ ɩɪɨɰɟɞɭɪ в ɦɨɞɟɥи ɩɨɞɫиɫɬɟɦɵ ɨɛɭɱаɟɦɨɝɨ. 

Ɇɟɬɨɞ. Кɥɸɱɟвɵɦи ɫɨɫɬавɥяɸɳиɦи ɫиɫɬɟɦ и ɩɪɨɰɟɫɫɨв ɨɛɭɱɟɧия явɥяɸɬɫя ɨɛɭɱаɸɳиɣ и ɨɛɭɱаɟɦɵɟ. Вɵɞɟɥɟɧɵ 
ɫɭɳɟɫɬвɟɧɧɵɟ ɨɫɨɛɟɧɧɨɫɬи иɧɮɨɪɦаɰиɨɧɧɨɝɨ вɡаиɦɨɞɟɣɫɬвия ɨɛɭɱаɸɳɟɝɨ и ɨɛɭɱаɟɦɵɯ. В ɨɫɧɨвɭ ɩɨɥɨɠɟɧɨ ɩɨɧяɬиɟ 
иɧɮɨɪɦаɰиɨɧɧɨɝɨ ɩɨɬɨɤа, вɵɞɟɥɟɧɵ ɫɩɟɰиɮиɱɟɫɤиɟ ɫвɨɣɫɬва иɧɮɨɪɦаɰиɨɧɧɵɯ ɩɨɬɨɤɨв, ɯаɪаɤɬɟɪɧɵɟ ɞɥя ɩɪɨɰɟɫɫɨв 
ɨɛɭɱɟɧия и ваɠɧɵɟ ɞɥя иɯ ɭɫɩɟшɧɨɝɨ ɩɪɨɬɟɤаɧия. ɉɪɟɞɥɨɠɟɧɵ ɦɟɬɨɞɵ ɦɨɞɟɥиɪɨваɧия ɤɥɸɱɟвɵɯ ɤɨɦɩɨɧɟɧɬɨв ɫиɫɬɟɦɵ 
ɨɛɭɱɟɧия ɤаɤ иɧɮɨɪɦаɰиɨɧɧɨɣ ɫиɫɬɟɦɵ, ɬаɤиɯ ɤаɤ: ɩɨɞɫиɫɬɟɦа ɨɛɭɱаɸɳɟɝɨ, ɪаɫɫɦаɬɪиваɟɦая ɫ ɬɨɱɤи ɡɪɟɧия ɩɪиɦɟɧɟɧия 
иɧɮɨɪɦаɰиɨɧɧɵɯ ɬɟɯɧɨɥɨɝиɣ ɨɛɭɱɟɧия; ɩɨɞɫиɫɬɟɦа ɨɛɭɱаɟɦɨɝɨ, ɩɪɟɞɫɬавɥяɟɦая ɩɨɞ ɭɝɥɨɦ ɡɪɟɧия ɡаɞɟɣɫɬвɨваɧия 
иɧɮɨɪɦаɰиɨɧɧɵɯ ɩɨɬɨɤɨв и иɧɮɨɪɦаɰиɨɧɧɵɯ ɩɪɨɰɟɞɭɪ. 

Рɟзɭɥьɬаɬɵ. ɉɪɟɞɥɨɠɟɧɧɵɟ ɦɨɞɟɥи ɪɟаɥиɡɨваɧɵ ɩɪɨɝɪаɦɦɧɨ и иɡɭɱɟɧɵ ɩɪаɤɬиɱɟɫɤи в ɩɪɨɰɟɫɫаɯ ɨɛɭɱɟɧия в иɬɨɝɟ 
ɨɬɪаɛɨɬɤи ɡаɞаɧиɣ ɦɨɞɟɥиɪɨваɧия ɨɛɭɱаɸɳɟɝɨ и ɨɛɭɱаɟɦɵɯ ɤаɤ ɭɱаɫɬɧиɤɨв иɧɮɨɪɦаɰиɨɧɧɨɝɨ  вɡаиɦɨɞɟɣɫɬвия. 

Вɵвɨɞɵ. ɉɪɨвɟɞɟɧɧɵɣ ɷɤɫɩɟɪиɦɟɧɬ ɩɨɞɬвɟɪɞиɥ  ɞɟɣɫɬвɟɧɧɨɫɬь и ваɥиɞɧɨɫɬь ɤɨɧɰɟɩɰиɣ и ɮɨɪɦаɥиɡɦɨв, 
ɰɟɥɟɫɨɨɛɪаɡɧɨɫɬь иɯ вɧɟɞɪɟɧия в иɧɮɨɪɦаɰиɨɧɧɵɟ ɫиɫɬɟɦɵ, ɩɪɨɰɟɫɫɵ и ɬɟɯɧɨɥɨɝии ɨɛɭɱɟɧия ɫ ɰɟɥьɸ ɪɨɫɬа 
ɷɮɮɟɤɬивɧɨɫɬи ɩɪɨɰɟɫɫɨв ɩɨɥɭɱɟɧия и ɩɪаɤɬиɱɟɫɤɨɝɨ вɨɩɥɨɳɟɧия ɦɨɞɟɥɟɣ иɧɮɨɪɦаɰиɨɧɧɨɣ ɞɟяɬɟɥьɧɨɫɬи ɨɛɭɱаɸɳɟɝɨ и 
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ɨɛɭɱаɟɦɵɯ. Даɥьɧɟɣшɟɟ ɪаɡвиɬиɟ иɫɫɥɟɞɨваɧиɣ ɩɪɟɞɩɨɥаɝаɟɬ ɪаɫɫɦɨɬɪɟɧиɟ ɛɨɥɟɟ шиɪɨɤɨɝɨ ɤɪɭɝа аɫɩɟɤɬɨв 
иɧɮɨɪɦаɰиɨɧɧɨɣ ɞɟяɬɟɥьɧɨɫɬи ɨɛɭɱаɸɳɟɝɨ и ɨɛɭɱаɟɦɵɯ, а ɬаɤɠɟ ɫɨɨɬвɟɬɫɬвɭɸɳиɯ ɷɤɫɩɟɪиɦɟɧɬаɥьɧɵɯ аɩɪɨɛаɰиɣ. 

ɄɅЮЧЕВЫЕ СɅОВА: ɦɨɞɟɥиɪɨваɧиɟ, ɨɛɭɱаɸɳиɣ, ɨɛɭɱаɟɦɵɣ, иɧɮɨɪɦаɰия, иɧɮɨɪɦаɰиɨɧɧɵɟ ɫиɫɬɟɦɵ, 
иɧɮɨɪɦаɰиɨɧɧɵɟ ɩɪɨɰɟɫɫɵ, иɧɮɨɪɦаɰиɨɧɧɵɟ ɬɟɯɧɨɥɨɝии. 
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ɄОɆɉ’ЮɌЕРɇЕ ɆОȾЕɅЮВАɇɇə ɄІȻЕР-ɎІɁɂЧɇОȲ 
ІɆɍɇОСЕɇСОРɇОȲ СɂСɌЕɆɂ ɇА ГЕɄСАГОɇАɅЬɇІɃ РЕɒІɌɐІ Ɂ 
ВɂɄОРɂСɌАɇɇəɆ РЕɒІɌЧАСɌɂɏ ȾɂɎЕРЕɇɐІАɅЬɇɂɏ РІВɇəɇЬ 

ІɁ ɁАɉІɁɇЕɇɇəɆ  
 

Ɇаɪцɟɧюɤ В. ɉ. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɨɪ ɤаɮɟɞɪи іɧɮɨɪɦаɬиɤи ɬа авɬɨɦаɬиɤи Уɧівɟɪɫиɬɟɬɭ в Бєɥьɫɤɨ-
Бяɥіɣ, ɦ. Бєɥьɫɤɨ-Бяɥа, ɉɨɥьɳа. 
Свɟɪɫɬюɤ А. С. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɞɨɰɟɧɬ ɤаɮɟɞɪи ɦɟɞиɱɧɨʀ іɧɮɨɪɦаɬиɤи Тɟɪɧɨɩіɥьɫɤɨɝɨ ɞɟɪɠавɧɨɝɨ ɦɟ-

ɞиɱɧɨɝɨ ɭɧівɟɪɫиɬɟɬɭ іɦɟɧі І. ə. Ƚɨɪɛаɱɟвɫьɤɨɝɨ, Уɤɪаʀɧа. 
 

АɇОɌАɐІə 
Аɤɬɭаɥьɧіɫɬь. Ваɠɥивиɦ ɟɬаɩɨɦ ɩɪɨɟɤɬɭваɧɧя ɤіɛɟɪ-ɮіɡиɱɧиɯ іɦɭɧɨɫɟɧɫɨɪɧиɯ ɫиɫɬɟɦ є ɪɨɡɪɨɛɤа ɬа ɞɨɫɥіɞɠɟɧɧя ʀɯ ɦа-

ɬɟɦаɬиɱɧиɯ ɬа ɤɨɦɩ’ɸɬɟɪɧиɯ ɦɨɞɟɥɟɣ, ɩɨɛɭɞɨва яɤиɯ ɨɩиɪаɥаɫя ɛ ɧа ɛіɨɥɨɝіɱɧиɯ ɩɪиɩɭɳɟɧɧяɯ ɞɥя ɨɬɪиɦаɧɧя віɞɩɨвіɞɧиɯ 
ɫиɫɬɟɦ ɞиɮɟɪɟɧɰіаɥьɧиɯ ɪівɧяɧь ɩɨɩɭɥяɰіɣɧɨʀ ɞиɧаɦіɤи. Маɬɟɦаɬиɱɧɟ ɦɨɞɟɥɸваɧɧя ɞɨɡвɨɥиɥɨ ɛ ɨɬɪиɦаɬи ɡɧаɱɟɧɧя 
ɩаɪаɦɟɬɪів, яɤі ɛ ɡаɛɟɡɩɟɱиɥи ɨɩɟɪаɰіɣɧɭ ɫɬіɣɤіɫɬь іɦɭɧɨɫɟɧɫɨɪɧиɯ ɫиɫɬɟɦ.   

Ɇɟɬа. Мɟɬɨɸ ɪɨɛɨɬи є ɪɨɡɪɨɛɤа ɦаɬɟɦаɬиɱɧɨʀ ɬа ɤɨɦɩ’ɸɬɟɪɧɨʀ ɦɨɞɟɥі ɤіɛɟɪ-ɮіɡиɱɧɨʀ іɦɭɧɨɫɟɧɫɨɪɧɨʀ ɫиɫɬɟɦи ɡ виɤɨɪи-
ɫɬаɧɧяɦ ɪɟшіɬɱаɫɬиɯ ɞиɮɟɪɟɧɰіаɥьɧиɯ ɪівɧяɧь іɡ ɡаɩіɡɧɟɧɧяɦ ɧа ɝɟɤɫаɝɨɧаɥьɧіɣ ɪɟшіɬɰі ɬа ɞɨɫɥіɞɠɟɧɧя ʀʀ ɫɬіɣɤɨɫɬі.  

Ɇɟɬɨɞ. В ɪɨɛɨɬі ɪɨɡɪɨɛɥɟɧɨ ɦаɬɟɦаɬиɱɧɭ ɬа ɤɨɦɩ’ɸɬɟɪɧɭ ɦɨɞɟɥі ɤіɛɟɪ-ɮіɡиɱɧɨʀ іɦɭɧɨɫɟɧɫɨɪɧɨʀ ɫиɫɬɟɦи ɧа 
ɝɟɤɫаɝɨɧаɥьɧіɣ ɪɟшіɬɰі. Дɥя ɦɨɞɟɥɸваɧɧя ɧɟɩɟɪɟɪвɧɨʀ ɞиɧаɦіɤи виɤɨɪиɫɬаɧɨ ɫиɫɬɟɦɭ ɪɟшіɬɱаɫɬиɯ ɞиɮɟɪɟɧɰіаɥьɧиɯ 
ɪівɧяɧь іɡ ɡаɩіɡɧɟɧɧяɦ. Дɥя ɦɨɞɟɥɸваɧɧя ɞиɫɤɪɟɬɧиɯ ɩɨɞіɣ виɤɨɪиɫɬаɧɨ ɞиɧаɦіɱɧɭ ɥɨɝіɤɭ ɩɟɪшɨɝɨ ɩɨɪяɞɤɭ. Ɉɩиɫаɧɨ 
ɩɨɫɬіɣɧі ɫɬаɧи ɦɨɞɟɥі яɤ ɪɨɡв’яɡɤи віɞɩɨвіɞɧиɯ аɥɝɟɛɪаʀɱɧиɯ ɫиɫɬɟɦ. Виɫɧɨвɨɤ ɩɪɨ ɫɬіɣɤіɫɬь ɪɨɛиɬьɫя ɧа ɨɫɧɨві аɧаɥіɡɭ 
віɞɩɨвіɞɧиɯ ɮаɡɨвиɯ ɞіаɝɪаɦ, ɪɟшіɬɱаɫɬиɯ ɡɨɛɪаɠɟɧь ɬа ɫиɝɧаɥів, ɨɬɪиɦаɧиɯ ɡ віɞɩɨвіɞɧɨʀ  ɤɨɦɩɸɬɟɪɧɨʀ ɦɨɞɟɥі.  

Рɟзɭɥьɬаɬи. ɉɪɟɞɫɬавɥɟɧɨ аɧаɥіɡ ɪɟɡɭɥьɬаɬів ɱиɫɟɥьɧɨɝɨ ɦɨɞɟɥɸваɧɧя ɞɨɫɥіɞɠɭваɧɨʀ ɦɨɞɟɥі ɭ виɝɥяɞі ɡɨɛɪаɠɟɧɧя ɮа-
ɡɨвиɯ ɩɥɨɳиɧ, ɪɟшіɬɱаɫɬиɯ ɡɨɛɪаɠɟɧь ɣɦɨвіɪɧɨɫɬі ɡв’яɡɤів аɧɬиɝɟɧів ɡ аɧɬиɬіɥаɦи ɬа ɟɥɟɤɪиɱɧɨɝɨ ɫиɝɧаɥɭ ɡ ɩɟɪɟɬвɨɪɸваɱа, 
яɤиɣ ɯаɪаɤɬɟɪиɡɭє ɤіɥьɤіɫɬь ɮɥɭɨɪɟɫɰіɸɸɱиɯ ɩіɤɫɟɥів. 

Виɫɧɨвɤи. ɉɪɨвɟɞɟɧɨ ɦаɬɟɦаɬиɱɧɟ ɬа ɤɨɦɩ’ɸɬɟɪɧɟ ɦɨɞɟɥɸваɧɧя ɤіɛɟɪ-ɮіɡиɱɧɨʀ іɦɭɧɨɫɟɧɫɨɪɧɨʀ ɫиɫɬɟɦи. Вɫɬаɧɨвɥɟɧɨ, 
ɳɨ ʀʀ яɤіɫɧа ɩɨвɟɞіɧɤа ɫɭɬɬєвɨ ɡаɥɟɠиɬь віɞ ɱаɫɭ іɦɭɧɧɨʀ віɞɩɨвіɞі. Виɫɧɨвɨɤ ɩɪɨ ɫɬіɣɤіɫɬь іɦɭɧɨɫɟɧɫɨɪів ɦɨɠɟ ɛɭɬи ɡɪɨɛɥɟ-
ɧɨ ɧа ɨɫɧɨві ɪɟшіɬɱаɫɬɨɝɨ ɡɨɛɪаɠɟɧɧя ɩіɤɫɟɥів, ɳɨ ɮɥɭɨɪɟɫɰіɸɸɬь. ȿɥɟɤɬɪиɱɧиɣ ɫиɝɧаɥ, ɳɨ ɦɨɞɟɥɸєɬьɫя ɤіɥьɤіɫɬɸ 
іɦɭɧɨɩіɤɫɟɥів, яɤі ɮɥɭɨɪɟɫɰіɸɸɬь, є ваɠɥивиɦ ɩɪи ɩɪɨɟɤɬɭваɧɧі ɤіɛɟɪ-ɮіɡиɱɧиɯ іɦɭɧɨɫɟɧɫɨɪɧиɯ ɫиɫɬɟɦ ɬа ɞɨɫɥіɞɠɟɧɧяɯ ʀɯ 
ɫɬіɣɤɨɫɬі. Ƚɪаɧиɱɧиɣ ɰиɤɥ аɛɨ ɫɬіɣɤиɣ ɮɨɤɭɫ виɡɧаɱаɸɬь віɞɩɨвіɞɧиɣ виɝɥяɞ іɦɭɧɨɫɟɧɫɨɪɧɨɝɨ ɟɥɟɤɬɪиɱɧɨɝɨ ɫиɝɧаɥɭ. 
Ɉɬɪиɦаɧі ɟɤɫɩɟɪиɦɟɧɬаɥьɧі ɪɟɡɭɥьɬаɬи ɞаɥи ɡɦɨɝɭ виɤɨɧаɬи ɩɨвɧиɣ аɧаɥіɡ ɫɬіɣɤɨɫɬі ɦɨɞɟɥі іɦɦɭɧɨɫɟɧɫɨɪа ɡ вɪаɯɭваɧɧяɦ 
ɡаɩіɡɧɟɧɧя в ɱаɫі. 

ɄɅЮЧОВІ СɅОВА: ɤɨɦɩ’ɸɬɟɪɧɟ ɦɨɞɟɥɸваɧɧя; ɦаɬɟɦаɬиɱɧɟ ɦɨɞɟɥɸваɧɧя; ɤіɛɟɪ-ɮіɡиɱɧа ɫиɫɬɟɦа; іɦɭɧɨɫɟɧɫɨɪɧа 
ɫиɫɬɟɦа; ɛіɨɫɟɧɫɨɪ; іɦɭɧɨɫɟɧɫɨɪ; ɞиɮɟɪɟɧɰіаɥьɧі ɪівɧяɧɧя іɡ ɡаɩіɡɧɟɧɧяɦ; ɪɟшіɬɱаɫɬі ɞиɮɟɪɟɧɰіаɥьɧі ɪівɧяɧɧя; ɫɬіɣɤіɫɬь 
ɦɨɞɟɥі; ɝɟɤɫаɝɨɧаɥьɧа ɪɟшіɬɤа. 

 
АȻРЕВІАɌɍРɂ 

КФɋ – ɤіɛɟɪ-ɮіɡиɱɧа ɫиɫɬɟɦа; 
КФɋɋ – ɤіɛɟɪ-ɮіɡиɱɧа ɫɟɧɫɨɪɧа ɫиɫɬɟɦа; 
КФІɋɋ – ɤіɛɟɪ-ɮіɡиɱɧа іɦɭɧɨɫɟɧɫɨɪɧа ɫиɫɬɟɦа; 
Ƚɉ – ɝіɛɪиɞɧа ɩɪɨɝɪаɦа.  

ɇОɆЕɇɄɅАɌɍРА 
jBI  – ɪɟшіɬɱаɫɬɟ ɡɨɛɪаɠɟɧɧя ɣɦɨвіɪɧɨɫɬі 

ɡв’яɡɭваɧɧя аɧɬиɝɟɧів аɧɬиɬіɥаɦи в іɦɭɧɨɫɟɧɫɨɪі j ; 
D  – ɤɨɟɮіɰієɧɬ ɞиɮɭɡіʀ; 2−ΔD  – швиɞɤіɫɬь ɞиɮɭɡіʀ; )(,, tF kji  – ɤɨɧɰɟɧɬɪаɰія аɧɬиɬіɥ в іɦɭɧɨɩіɤɫɟɥі; 

jFL  – ɪɟшіɬɱаɫɬɟ ɡɨɛɪаɠɟɧɧя ɮɥɭɨɪɟɫɰɟɧɰіɸɸ-
ɱиɯ ɩіɤɫɟɥів в іɦɭɧɨɫɟɧɫɨɪі j ;  

ISB – ɧаɛіɪ іɦɭɧɨɫɟɧɫɨɪів; 
kji ,,  – ɤɨɨɪɞиɧаɬи іɦɭɧɨɩіɤɫɟɥів; 

flk  – ɤɨɟɮіɰієɧɬ ɩɪɨɩɨɪɰіɣɧɨɫɬі іɧɬɟɧɫивɧɨɫɬі ɮɥɭɨɪɟɫɰɟɧɰіʀ ɞɨ ɤіɥьɤɨɫɬі ɤɨɧɬаɤɬів ɦіɠ аɧɬиɬіɥаɦи 
ɬа аɧɬиɝɟɧаɦи; 

n  – ɤɨɟɮіɰієɧɬ ɞиɮɭɡіɣɧɨɝɨ ɞиɫɛаɥаɧɫɭ; 
N  – ɰіɥɟ ɧаɬɭɪаɥьɧɟ ɱиɫɥɨ, яɤɟ ɯаɪаɤɬɟɪиɡɭє ɤіɥь-

ɤіɫɬь іɦɭɧɨɩіɤɫɟɥів в ɝɟɤɫаɝɨɧаɥьɧіɣ ɪɟшіɬɰі; 
jPP  – ɮаɡɨві ɩɨɪɬɪɟɬи іɦɭɧɨɩіɤɫɟɥів іɦɭɧɨɫɟɧɫɨɪа 

j ; 
jQA  – ɧаɛіɪ виɯіɞɧиɯ ɡɨɛɪаɠɟɧь ɬа ɫиɝɧаɥів, ɳɨ 

ɯаɪаɤɬɟɪиɡɭɸɬь ɞиɧаɦіɱɧі вɥаɫɬивɨɫɬі іɦɭɧɨɫɟɧɫɨɪа; 
js  – ɡɨɛɪаɠɟɧɧя виɯіɞɧɨɝɨ ɫиɝɧаɥɭ іɦɭɧɨɫɟɧɫɨɪа 

j ; 
lfs  – ɫɬаɧ ɮɥɭɨɪɟɫɰɟɧɰіʀ; 

lfnons  – ɧɟɮɥɭɨɪɟɫɰɟɧɰɟɧɬɧиɣ ɫɬаɧ; 
∧
S  – ɩɪɨɫɬɨɪɨвиɣ ɨɩɟɪаɬɨɪ ɞиɮɭɡіʀ ɦіɠ ɫɭɫіɞɧіɦи 

ɩіɤɫɟɥяɦи; )(,, tV kji  – ɤɨɧɰɟɧɬɪаɰія аɧɬиɝɟɧів; 
γ  – ɣɦɨвіɪɧіɫɬɧа швиɞɤіɫɬь ɧɟɣɬɪаɥіɡаɰіʀ аɧɬиɝɟ-
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ɧів аɧɬиɬіɥаɦи; 

Δ  – віɞɫɬаɧь ɦіɠ ɩіɤɫɟɥяɦи; 
fδ  – швиɞɤіɫɬь, ɡ яɤɨɸ ɩɨɩɭɥяɰія аɧɬиɬіɥ ɩɪаɝɧɟ 

ɞɨ ɞɟяɤɨʀ ɦɟɠі ɧаɫиɱɟɧɧя; 
υδ  – швиɞɤіɫɬь, ɡ яɤɨɸ ɩɨɩɭɥяɰія аɧɬиɝɟɧів ɩɪаɝ-

ɧɟ ɞɨ ɞɟяɤɨʀ ɦɟɠі ɧаɫиɱɟɧɧя; 
i,j,kİ  – ɫɬаɧ ɪівɧɨваɝи; 0,0İ i,j,k  – ɫɬіɣɤиɣ ɫɬаɧ ɛɟɡ аɧɬиɝɟɧів ɬа аɧɬиɬіɥ; *,0İ i,j,k  – ɫɬіɣɤиɣ ɫɬаɧ ɛɟɡ аɧɬиɬіɥ; 
іɞɟɧɬİ  – іɞɟɧɬиɱɧиɣ ɟɧɞɟɦіɱɧиɣ ɫɬіɣɤиɣ ɫɬаɧ; 
ɧɟіɞɟɧɬİ – ɧɟіɞɟɧɬиɱɧиɣ ɟɧɞɟɦіɱɧиɣ ɫɬіɣɤиɣ ɫɬаɧ; 
ηγ  – ɣɦɨвіɪɧіɫɧа швиɞɤіɫɬь іɦɭɧɧɨʀ віɞɩɨвіɞі ɧа 

ɡɛіɥьшɟɧɧя ɳіɥьɧɨɫɬі аɧɬиɝɟɧів; 
flΘ  – ɩɨɪɨɝɨвɟ ɡɧаɱɟɧɧя ɮɥɭɨɪɟɫɰɟɧɰіʀ; 
fμ  – ɩɨɫɬіɣɧа ɫɦɟɪɬɧɨɫɬі аɧɬиɬіɥ; 
τ  – ɩɨɫɬіɣɧа ɡаɩіɡɧɟɧɧя в ɱаɫі, ɡ яɤɨɸ ɧаɫɬає іɦɭ-

ɧɧа віɞɩɨвіɞь; 
tΦ  – ɟвɨɥɸɰіɣɧɟ ɞɨɦɟɧɧɟ ɨɛɦɟɠɟɧɧя ɭ виɝɥяɞі 

ɮɨɪɦɭɥи ɥɨɝіɤи ɩɟɪшɨɝɨ ɩɨɪяɞɤɭ.  
ВСɌɍɉ 

КФɋ – ɮіɡиɱɧа ɫиɫɬɟɦа, яɤа ɪɟаɥіɡɭє іɧɬɟɝɪаɰіɸ 
ɨɛɱиɫɥɟɧь ɬа ɮіɡиɱɧиɯ ɩɪɨɰɟɫів. Вɨɧи віɞɛɭваɸɬьɫя 
ɧаɣɱаɫɬішɟ ɭ виɝɥяɞі вɛɭɞɨваɧиɯ ɫиɫɬɟɦ ɬа ɦɟɪɟɠ ɞɥя 
ɦɨɧіɬɨɪиɧɝɭ ɬа ɤɨɧɬɪɨɥɸ ɮіɡиɱɧиɯ ɩɪɨɰɟɫів в ɫиɫɬɟ-
ɦаɯ ɡі ɡвɨɪɨɬɧиɦ ɡв’яɡɤɨɦ. У ɬаɤиɯ ɫиɫɬɟɦаɯ ɞиɧаɦіɤа 
ɮіɡиɱɧиɯ ɩɪɨɰɟɫів є ɞɠɟɪɟɥɨɦ іɧɮɨɪɦаɰіʀ 
ɞɨɫɥіɞɠɭваɧɨɝɨ явиɳа ɡ ɦɨɠɥивіɫɬɸ ɤɨɧɬɪɨɥɸ ɬа 
ɪɨɡɪаɯɭɧɤɭ ɫиɝɧаɥів ɤɟɪɭваɧɧя ɨɛ’єɤɬɨɦ [1].  
КФɋ ɨɬɨɬɨɠɧɸɸɬьɫя ɡ ɩɪɨявɨɦ ɱɟɬвɟɪɬɨʀ 

ɩɪɨɦиɫɥɨвɨʀ ɪɟвɨɥɸɰіʀ, яɤа віɞɛɭваєɬьɫя в ɫɭɱаɫɧɨɦɭ 
ɫвіɬі [2], і яɤа ɩɨв’яɡɭєɬьɫя ɡ ɪɨɡвиɬɤɨɦ ɬɟɯɧɨɥɨɝіɣ «Internet of Things (Іɧɬɟɪɧɟɬ ɪɟɱɟɣ)», ɞɟ ɧɟɨɛɯіɞɧɨ 
виɤɨɪиɫɬɨвɭваɬи ɫиɝɧаɥи віɞ ɞаваɱів і виɦіɪɸваɥьɧиɯ 
ɩɪиɥаɞів. ɋиɫɬɟɦɧі ɞɨɫɥіɞɠɟɧɧя КФɋ ɝɪɭɧɬɭɸɬьɫя ɧа 
виɤɨɪиɫɬаɧɧі ɦаɬɟɦаɬиɱɧɨɝɨ ɬа ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɦɨɞɟ-
ɥɸваɧɧя. У ɪɨɛɨɬі [3] іɡ ɡаɫɬɨɫɭваɧɧяɦ ɦаɬɟɦаɬиɱɧɨ-
ɝɨ ɦɨɞɟɥɸваɧɧя ɩɪɟɞɫɬавɥɟɧɨ ɨɝɥяɞ КФɋ в ɪіɡɧиɯ 
ɝаɥɭɡяɯ і ɡаɫɬɨɫɭваɧɧяɯ – ɦɟɪɟɠɟвɟ ɤɟɪɭваɧɧя, 
ɝіɛɪиɞɧі ɫиɫɬɟɦи, ɨɛɱиɫɥɟɧɧя в ɪɟаɥьɧɨɦɭ ɱаɫі, 
ɦɟɪɟɠі ɪɟаɥьɧɨɝɨ ɱаɫɭ, ɛɟɡɩɪɨвіɞɧі ɫɟɧɫɨɪɧі ɦɟɪɟɠі, 
ɫиɫɬɟɦи ɡаɯиɫɬɭ і ɪɨɡɪɨɛɤи, ɤɟɪɨваɧі ɦɨɞɟɥяɦи. З ɦɟ-
ɬɨɸ ɦаɬɟɦаɬиɱɧɨɝɨ ɬа ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɦɨɞɟɥɸваɧɧя 
КФɋ А. ɉɥаɬɰɟɪ ɡаɩɪɨɩɨɧɭвав ɩіɞɯіɞ ɧа ɨɫɧɨві «ɞиɧаɦіɱɧɨʀ ɥɨɝіɤи» [4], [5]. ɉɪи ɰьɨɦɭ виɤɨɪиɫɬɨвɭ-
ɸɬь Ƚɉ ɧа ɩɪɨɫɬіɣ ɦɨві ɩɪɨɝɪаɦɭваɧɧя ɡ ɩɪɨɫɬɨɸ ɫɟ-
ɦаɧɬиɤɨɸ, ɞɟ ɩɪɨɝɪаɦіɫɬ ɦɨɠɟ ɡвɟɪɬаɬиɫь ɛɟɡɩɨɫɟ-
ɪɟɞɧьɨ ɞɨ ɡɧаɱɟɧь ɡɦіɧɧиɯ, яɤі ɩɪɟɞɫɬавɥяɸɬь ɪɟаɥьɧі 
вɟɥиɱиɧи і виɡɧаɱаɸɬь ʀɯ ɞиɧаɦіɤɭ. 
Біɨɫɟɧɫɨɪи є аɥьɬɟɪɧаɬивɨɸ віɞɨɦиɦ ɦɟɬɨɞаɦ ви-

ɦіɪɸваɧɧя, яɤі виɤɨɪиɫɬɨвɭɸɬь в ɤɨɧɫɬɪɭɤɰіʀ ɛіɨɥɨɝі-
ɱɧиɣ ɦаɬɟɪіаɥ, ɳɨ ɡаɛɟɡɩɟɱɭє ɞɭɠɟ виɫɨɤɭ ɫɟɥɟɤɬив-
ɧіɫɬь ɬа ɞає ɡɦɨɝɭ швиɞɤɨ і ɩɪɨɫɬɨ ɩɪɨвɨɞиɬи виɦі-
ɪɸваɧɧя [6–8]. Дɨɫɥіɞɠɟɧɧя КФɋ ɧа ɨɫɧɨві ɛіɨɫɟɧɫɨ-

ɪів ɬа іɦɭɧɨɫɟɧɫɨɪів ɡɨɤɪɟɦа є ɨɫɨɛɥивɨ аɤɬɭаɥьɧиɦи 
в ɡв’яɡɤɭ ɡ ɧɟɨɛɯіɞɧіɫɬɸ ɛіɥьш ɬɨɱɧиɯ ɦɟɬɨɞів ɦɨɧі-
ɬɨɪиɧɝɭ ɬа аɧаɥіɡɭ ɪіɡɧиɯ ɩаɪаɦɟɬɪів ɦɟɞиɤɨ-
ɛіɨɥɨɝіɱɧиɯ ɩɪɨɰɟɫів. Ваɠɥивиɦ ɟɬаɩɨɦ ɩɪɨɟɤɬɭваɧɧя 
КФІɋɋ є ɪɨɡɪɨɛɤа ɬа ɞɨɫɥіɞɠɟɧɧя ʀɯ ɦаɬɟɦаɬиɱɧиɯ 
ɦɨɞɟɥɟɣ, яɤі ɛ аɞɟɤваɬɧɨ віɞɨɛɪаɠаɥи ɩɪɨɰɟɫи, ɳɨ 
ɥɟɠаɬь в ɨɫɧɨві ʀɯ ɮɭɧɤɰіɨɧɭваɧɧя.   

1 ОГɅəȾ ɅІɌЕРАɌɍРɂ 
Іɦɭɧɨɫɟɧɫɨɪи [9] є ɩіɞɝɪɭɩɨɸ ɛіɨɫɟɧɫɨɪів, в яɤиɯ 

віɞɛɭваєɬьɫя іɦɭɧɨɯіɦіɱɧа ɪɟаɤɰія ɩɨв’яɡаɧа ɡ ɩɟɪɟ-
ɬвɨɪɸваɱɟɦ. ɉɪиɧɰиɩ ɪɨɛɨɬи ɭɫіɯ іɦɭɧɨɫɟɧɫɨɪів ɩɨ-
ɥяɝає в ɫɩɟɰиɮіɱɧɨɦɭ ɦɨɥɟɤɭɥяɪɧɨɦɭ ɪɨɡɩіɡɧаваɧɧі 
аɧɬиɝɟɧів аɧɬиɬіɥаɦи ɞɥя ɭɬвɨɪɟɧɧя ɫɬаɛіɥьɧɨɝɨ ɤɨɦ-
ɩɥɟɤɫɭ. В іɦɭɧɨɫɟɧɫɨɪɧиɯ ɩɪиɫɬɪɨяɯ виɤɨɪиɫɬɨвɭ-
ɸɬьɫя ɱɨɬиɪи ɨɫɧɨвɧі виɞи ɞɟɬɟɤɬɭваɧɧя: 
ɟɥɟɤɬɪɨɯіɦіɱɧиɣ (ɩɨɬɟɧɰіɨɦɟɬɪиɱɧиɣ, аɦɩɟɪɨɦɟɬɪиɱ-
ɧиɣ аɛɨ ɤɨɧɞɭɤɬɨɦɟɬɪиɱɧиɣ (єɦɧіɫɧиɣ), ɨɩɬиɱɧиɣ і 
ɬɟɪɦɨɦɟɬɪиɱɧиɣ). Уɫi ɬиɩи ɫɟɧɫɨɪів ɦɨɠɭɬь виɤɨɪи-
ɫɬɨвɭваɬиɫя, яɤ ɩɪяɦі (ɧɟɦаɪɤɨваɧі) аɛɨ яɤ ɧɟɩɪяɦі (ɦаɪɤɨваɧі) іɦɭɧɨɫɟɧɫɨɪи. ɉɪяɦі ɫɟɧɫɨɪи ɡɞаɬɧі вияв-
ɥяɬи ɮіɡиɱɧі ɡɦіɧи ɩіɞ ɱаɫ ɭɬвɨɪɟɧɧя іɦɭɧɧɨɝɨ ɤɨɦ-
ɩɥɟɤɫɭ, в ɬɨɣ ɱаɫ яɤ ɧɟɩɪяɦі, виɤɨɪиɫɬɨвɭɸɬь ɪіɡɧі 
ɪівɧі ɝɟɧɟɪɨваɧɨɝɨ ɫиɝɧаɥɭ, яɤі ɞаɸɬь ɡɦɨɝɭ ɛіɥьш 
ɱɭɬɥивɨ ɬа ɭɧівɟɪɫаɥьɧɨ ɩɪɨвɨɞиɬи ɞɟɬɟɤɬɭваɧɧя ɭ 
виɦіɪɸваɥьɧиɯ ɫиɫɬɟɦаɯ [9]. 
Кɥіɬиɧɧі ɛіɨɫɟɧɫɨɪи ɦɨɠɭɬь ɡаɫɬɨɫɨвɭваɬиɫя ɞɥя 

ɤіɥьɤіɫɧɨʀ ɨɰіɧɤи іɧɮіɤɭваɧɧя ɨɪɝаɧіɡɦɭ ɡа ɞɨɩɨɦɨ-
ɝɨɸ ɩɟвɧиɯ ɟɥɟɤɬɪɨɯіɦіɱɧиɯ ɱи ɨɩɬиɱɧиɯ явиɳ. В 
ɪɨɛɨɬі [10] ɨɩиɫаɧɨ ɤɥіɬиɧɧиɣ ɛіɨɫɟɧɫɨɪ, яɤиɣ 
виɤɨɪиɫɬɨвɭє ɟɥɟɤɬɪɨɯіɦіɱɧɭ іɦɩɟɞаɧɫɧɭ 
ɫɩɟɤɬɪɨɫɤɨɩіɸ. Даɧиɣ ɛіɨɫɟɧɫɨɪ ɩɪиɡɧаɱɟɧиɣ ɞɥя 
ɩіɞɪаɯɭɧɤɭ ɥɸɞɫьɤиɯ ɤɥіɬиɧ CD4+. Ɉɛɥаɫɬь ɡɨɧɞɭ-
ваɧɧя ɰьɨɝɨ ɛіɨɫɟɧɫɨɪа вɤɥɸɱає в ɫɟɛɟ ɟɥɟɤɬɪɨɞɧі 
ɩіɤɫɟɥі, ɪɨɡɦіɪ ɤɨɠɧɨɝɨ ɡ яɤиɯ ɩɨɪівɧɸваɧиɣ ɡ 
ɪɨɡɦіɪɨɦ ɤɥіɬиɧ CD4+, яɤі ɡаɯɨɩɥɸɸɬьɫя ɩіɤɫɟɥяɦи 
ɟɥɟɤɬɪɨɞɭ. Кɥиɬиɧи виявɥяɸɬьɫя шɥяɯɨɦ ɫɩɨɫɬɟɪɟ-
ɠɟɧɧя ɡа іɧɮɨɪɦаɬивɧиɦи ɡɦіɧаɦи ɧа ɩіɤɫɟɥі. ɋɬаɧ «Ввіɦɤɧɟɧɨ» аɛɨ «Виɦɤɧɟɧɨ» ɟɥɟɤɬɪɨɞɧɨɝɨ ɩіɤɫɟɥя 
вɤаɡɭє ɧа виявɥɟɧɧя ɨɞɧієʀ  ɤɥіɬиɧи CD4+. Таɤиɦ ɱи-
ɧɨɦ, ɳɨɛ ɩіɞɪаɯɭваɬи ɤіɥьɤіɫɬь ɤɥіɬиɧ CD4+, 
ɩіɞɫɭɦɨвɭɸɬь ɟɥɟɤɬɪɨɞɧі ɩіɤɫɟɥі в ɫɬаɧі «Ввіɦɤɧɟɧɨ». 
Цɟɣ ɡаɝаɥьɧиɣ ɩіɞɯіɞ ɞɨ ɤіɥьɤіɫɧɨɝɨ виявɥɟɧɧя ɤɥіɬиɧ 
виɤɨɪиɫɬаɧɨ ɞɥя ɦɨɞɟɥɸваɧɧя іɦɭɧɨɫɟɧɫɨɪɧɨʀ ɫиɫɬɟ-
ɦи, яɤа ɝɪɭɧɬɭєɬьɫя ɧа явиɳі ɮɥɭɨɪɟɫɰɟɧɰіʀ, в ɞаɧіɣ 
ɪɨɛɨɬі.  
Виɡɧаɱɟɧɧя ɬɟɪɦіɧɭ КФɋɋ, ɧавɟɞɟɧɟ в [11], 

ɩɟɪɟɞɛаɱає ɞɥя ɫɟɧɫɨɪɧɨʀ ɫиɫɬɟɦи «ɛіɥьш виɫɨɤиɣ 
ɫɬɭɩіɧь ɩɨєɞɧаɧɧя, ɪɨɡɩɨɞіɥɟɧɧя ɫиɫɬɟɦи, ɦɨɠɥивіɫɬь 
виɤɨɪиɫɬɨвɭваɬи вɛɭɞɨваɧі ɫиɫɬɟɦи в ɨɛɥаɫɬі 
авɬɨɦаɬиɡаɰіʀ ɬа ɞɨɬɪиɦаɧɧя ɞіɸɱиɯ ɫɬаɧɞаɪɬів». Таɤɟ 
ɬɪаɤɬɭваɧɧя виɤɨɪиɫɬаɧɨ і ɞɥя ɩɨɛɭɞɨви 
ɮɭɧɤɰіɨɧаɥьɧɨʀ ɫɯɟɦи КФІɋɋ, ʀʀ ɦаɬɟɦаɬиɱɧɨɝɨ ɬа 
ɤɨɦɩɸɬɟɪɧɨɝɨ ɦɨɞɟɥɸваɧɧя.  
КФɋɋ віɞɧɨɫяɬьɫя ɞɨ виɫɨɤɨіɧɬɟɥɟɤɬɭаɥіɡɨваɧиɯ 

іɧɮɨɪɦаɰіɣɧиɯ ɫиɫɬɟɦ. Вɨɧи виɤɨɪиɫɬɨвɭɸɬь ɞɨɫɬɭɩ-
ɧиɣ ɧаɛіɪ іɧɬɟɪɮɟɣɫів, яɤі ɞаɸɬь ɡɦɨɝɭ ɨɬɪиɦɭваɬи 
швиɞɤɭ ɬа ɞɨɫɬɨвіɪɧɭ іɧɮɨɪɦаɰіɸ ɩɪɨ ɫɬаɧ ɬа 
вɧɭɬɪішɧі ɞаɧі ɫиɫɬɟɦи, яɤі ɩɨвиɧɧі ɛɭɬи ɞɨɫɬɭɩɧі ɞɥя 
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іɧшиɯ КФɋ. Зɝіɞɧɨ [11] КФɋɋ, яɤ ɫаɦɨɨɪɝаɧіɡɭɸɱа 
ɫиɫɬɟɦа, ɩɨɬɪɟɛɭє вɫɟɛіɱɧиɯ ɡɧаɧь ɩɪɨ вɥаɫɧɭ 
ɞиɧаɦіɱɧɭ ɫɬɪɭɤɬɭɪɭ ɬа іɧɮɪаɫɬɪɭɤɬɭɪɭ ɡаɝаɥьɧɨʀ 
ɫиɫɬɟɦи. Дɥя ɰьɨɝɨ виɡɧаɱаɸɬь ɬиɩи ɫɟɧɫɨɪɧиɯ 
ɩɪиɫɬɪɨʀв, вɪаɯɨвɭɸɱи ʀɯ ɮɭɧɤɰіɨɧаɥьɧɟ ɡаɫɬɨɫɭваɧ-
ɧя. Дɥя ɩɪиɤɥаɞɭ, іɦɭɧɨɫɟɧɫɨɪи ɦɨɠɭɬь виɤɨɪиɫɬɨвɭ-
ваɬиɫя ɞɥя ɨɰіɧɤи ɤɪиɬиɱɧиɯ ɫɬаɧів ɩɪи ɫɟɪɰɟвɨ-
ɫɭɞиɧɧиɯ ɡаɯвɨɪɸваɧɧяɯ, вɟɥиɱиɧи іɧɫɭɥіɧɭ ɩɪи 
виɦіɪɸваɧɧі вɟɥиɱиɧи ɝɥɸɤɨɡи в ɤɪɨві, виявɥɟɧɧя 
ɤіɥьɤіɫɧиɯ ɩɨɤаɡɧиɤів ɭ ɞɟяɤиɯ ɮаɪɦаɰɟвɬиɱиɯ ɫɩɨ-
ɥɭɤаɯ і іɧ.  
Дɥя ɪɨɡɪɨɛɤи ɬа ɞɨɫɥіɞɠɟɧɧя ɦаɬɟɦаɬиɱɧɨʀ ɬа 

ɤɨɦɩ’ɸɬɟɪɧɨʀ ɦɨɞɟɥі КФІɋɋ ɡ виɤɨɪиɫɬаɧɧяɦ ɪɟшіɬ-
ɱаɫɬиɯ ɞиɮɟɪɟɧɰіаɥьɧиɯ ɪівɧяɧь іɡ ɡаɩіɡɧɟɧɧяɦ ɧа 
ɝɟɤɫаɝɨɧаɥьɧіɣ ɪɟшіɬɰі ɧɟɨɛɯіɞɧɨ виɪішиɬи ɧаɫɬɭɩɧі 
ɡавɞаɧɧя:  – ɪɨɡɪɨɛɤа ɮɭɧɤɰіɨɧаɥьɧɨʀ ɫɯɟɦи КФІɋɋ; – ɪɨɡɪɨɛɤа ɦаɬɟɦаɬиɱɧɨʀ ɦɨɞɟɥі ɧɟɩɟɪɟɪвɧɨʀ ɞи-
ɧаɦіɤи КФІɋɋ ɧа ɨɫɧɨві вɯіɞɧиɯ ɩаɪаɦɟɬɪів ɦɨɞɟɥі 
β , γ , fμ , η , υδ , fδ , τ ; – ɪɨɡɪɨɛɤа ɦаɬɟɦаɬиɱɧɨʀ ɦɨɞɟɥі ɞиɫɤɪɟɬɧɨʀ ɞиɧа-
ɦіɱɧɨʀ ɥɨɝіɤи КФІɋɋ ɧа ɨɫɧɨві вɯіɞɧиɯ ɩаɪаɦɟɬɪів )(tk fl , flΘ ;  – виɡɧаɱɟɧɧя ɩɨɫɬіɣɧиɯ ɫɬаɧів ɞɥя ɞɨɫɥіɞɠɟɧɧя 
ɫɬіɣɤɨɫɬі ɦɨɞɟɥі КФІɋɋ ɧа ɝɟɤɫаɝɨɧаɥьɧіɣ ɪɟшіɬɰі; – ɩɨɛɭɞɨва ɡа ɞɨɩɨɦɨɝɨɸ ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɦɨɞɟɥɸ-
ваɧɧя в ɩаɤɟɬі R КФІɋɋ ɡɨɛɪаɠɟɧɧя ɮаɡɨвиɯ ɩɥɨɳиɧ, 
ɪɟшіɬɱаɫɬиɯ ɡɨɛɪаɠɟɧь ɣɦɨвіɪɧɨɫɬɟɣ ɡв’яɡɤів 
аɧɬиɝɟɧів ɡ аɧɬиɬіɥаɦи, ɪɟшіɬɱаɫɬиɯ ɡɨɛɪаɠɟɧь 
ɮɥɭɨɪɟɫɰɟɧɰіɸɸɱиɯ ɩіɤɫɟɥів, ɟɥɟɤɬɪиɱɧɨɝɨ ɫиɝɧаɥɭ ɡ 
ɩɟɪɟɬвɨɪɸваɱа, яɤиɣ ɯаɪаɤɬɟɪиɡɭє ɤіɥьɤіɫɬь 
ɮɥɭɨɪɟɫɰɟɧɰіɸɸɱиɯ ɩіɤɫɟɥів. 
Оɛ’єɤɬɨɦ ɞɨɫɥіɞɠɟɧɧя є КФІɋɋ, ɳɨ ɩɪɟɞɫɬавɥɟ-

ɧа ɬɪивиɦіɪɧиɦ ɦаɫивɨɦ іɦɭɧɨɩіɤɫɟɥів. 
ɉɪɟɞɦɟɬɨɦ ɞɨɫɥіɞɠɟɧɧя є ɦаɬɟɦаɬиɱɧа ɬа 

ɤɨɦɩ’ɸɬɟɪɧа ɦɨɞɟɥі КФІɋɋ ɧа ɝɟɤɫаɝɨɧаɥьɧіɣ ɪɟшіɬ-
ɰі ɡ виɤɨɪиɫɬаɧɧяɦ ɪɟшіɬɱаɫɬиɯ ɞиɮɟɪɟɧɰіаɥьɧиɯ 
ɪівɧяɧь іɡ ɡаɩіɡɧɟɧɧяɦ. 
Ɇɟɬа ɪɨɛɨɬи. Рɨɡɪɨɛиɬи ɦаɬɟɦаɬиɱɧɭ ɬа 

ɤɨɦɩ’ɸɬɟɪɧɭ ɦɨɞɟɥі КФІɋɋ ɧа ɨɫɧɨві ɬɪивиɦіɪɧɨɝɨ 
ɦаɫивɭ іɦɭɧɨɩіɤɫɟɥів ɡ виɤɨɪиɫɬаɧɧяɦ ɪɟшіɬɱаɫɬиɯ 
ɞиɮɟɪɟɧɰіаɥьɧиɯ ɪівɧяɧь іɡ ɡаɩіɡɧɟɧɧяɦ ɧа ɝɟɤɫаɝɨɧа-
ɥьɧіɣ ɪɟшіɬɰі ɬа ɞɨɫɥіɞиɬи ʀʀ ɫɬіɣɤіɫɬь.   

2 ɉОСɌАɇОВɄА ɁАВȾАɇɇə 
Нɟɯаɣ ɦи ɦаєɦɨ ɧаɛіɪ іɦɭɧɨɫɟɧɫɨɪів }{ jsensorISB= , nj ,...,2,1= . Кɨɠɟɧ іɦɭɧɨɫɟɧɫɨɪ ɛɭ-

ɞɟɦɨ ɪɨɡɝɥяɞаɬи яɤ ɫɭɤɭɩɧіɫɬь ɱиɫɥɨвиɯ ɩаɪаɦɟɬɪів  }Θ),(,τ,,,,,,{ ,,,,, jfljfljjfjjjfjjj tksensor δδημγβ= υ . 
Тɨɞі ɡаɞаɱа яɤіɫɧɨɝɨ аɧаɥіɡɭ ɨɩɟɪаɰіɣɧɨʀ ɫɬіɣɤɨɫɬі 

ɦɭɧɨɫɟɧɫɨɪа ɩɨɥяɝає ɭ виɡɧаɱɟɧɧі ɧаɛɨɪɭ виɯіɞɧиɯ 
ɡɨɛɪаɠɟɧь ɬа ɫиɝɧаɥів },,,{ jjjjj sFLBIPPQA = , ɳɨ 
ɯаɪаɤɬɟɪиɡɭɸɬь ɞиɧаɦіɱɧі вɥаɫɬивɨɫɬі іɦɭɧɨɫɟɧɫɨɪа 

jsensor  ɬа ɛɭɞɭɸɬьɫя ɧа ɨɫɧɨві віɞɩɨвіɞɧɨʀ ɦаɬɟɦаɬи-
ɱɧɨʀ ɦɨɞɟɥі.  

3 ɆАɌЕРІАɅɂ І ɆЕɌОȾɂ 
У ɪɨɛɨɬі [11] ɡаɩɪɨɩɨɧɨваɧɨ ɡаɝаɥьɧɭ ɫɬɪɭɤɬɭɪɭ 

КФɋɋ. ɉɪи ɡаɫɬɨɫɭваɧɧі ɰьɨɝɨ ɩіɞɯɨɞɭ ɭ виɩаɞɤɭ 
іɦɭɧɨɫɟɧɫɨɪів ɦɨɠɧа виɨɤɪɟɦиɬи ɬɪи виɞи ɡавɞаɧь: 
ɨɬɪиɦаɬи ɡаɝаɥьɧɭ іɧɮɨɪɦаɰіɸ ɩɪɨ іɦɭɧɨɫɟɧɫɨɪ; 
виɦіɪяɬи іɦɭɧɨɥɨɝіɱɧі ɩɨɤаɡɧиɤи ɡ ɩɟɪɟɬвɨɪɟɧɧяɦ 
ɨɞиɧиɰь ɬа ɤаɥіɛɪɭваɧɧяɦ; вɡаєɦɨɞіяɬи ɡ іɧшиɦи 
іɦɭɧɨɫɟɧɫɨɪаɦи.  
В ɨɫɧɨві ɮɭɧɤɰіɨɧаɥьɧɨʀ ɫɯɟɦи КФІɋɋ (ɡɨвɧішɧіɣ 

ɩɪяɦɨɤɭɬɧиɤ ɧа ɪиɫ. 1) ɩɨɤɥаɞɟɧɨ ɤɨɧɰɟɩɰіɸ КФɋɋ ɡ 
вɪаɯɭваɧɧяɦ ɨɫɨɛɥивɨɫɬɟɣ іɧɬɟɥɟɤɬɭаɥьɧиɯ 
іɦɭɧɨɫɟɧɫɨɪів. З ɞɨɞаɬɤɨвиɦи ɧавиɤаɦи (ɩɭɧɤɬиɪɧа 
ɥіɧія ɧа ɪиɫ. 1) іɦɭɧɨɫɟɧɫɨɪ ɪɨɡшиɪɸєɬьɫя ɞɨ КФІɋɋ.    

Риɫɭɧɨɤ 1 – Фɭɧɤɰіɨɧаɥьɧа ɫɯɟɦа КФІɋɋ  
Дɥя ɞɨɫɥіɞɠɟɧɧя ɧɟɩɟɪɟɪвɧɨʀ ɞиɧаɦіɤи КФІɋɋ 

виɤɨɪиɫɬɨвɭєɬьɫя ɦаɬɟɦаɬиɱɧа ɦɨɞɟɥь ɡа ɞɨɩɨɦɨɝɨɸ 
ɧɟɥіɧіɣɧиɯ ɪɟшіɬɱаɫɬиɯ ɞиɮɟɪɟɧɰіаɥьɧиɯ ɪівɧяɧь іɡ 
ɡаɩіɡɧɟɧɧяɦ.  
Рɨɡɝɥяɞаєɬьɫя ɦаɬɟɦаɬиɱɧа ɦɨɞɟɥь іɦɭɧɨɫɟɧɫɨɪа 

ɧа ɨɫɧɨві ɝɟɤɫаɝɨɧаɥьɧɨʀ ɪɟшіɬɤи. ɉɪи ɰьɨɦɭ ɞɥя 
ɧɭɦɟɪаɰіʀ іɦɭɧɨɩіɤɫɟɥів ),,( kji , NNkji ,,, −= , 0=++ kji  виɤɨɪиɫɬɨвɭєɬьɫя ɤɭɛіɱɧа ɫиɫɬɟɦа ɤɨɨɪ-
ɞиɧаɬ [12]. 
Маɬɟɦаɬиɱɧа ɦɨɞɟɥь іɦɭɧɨɫɟɧɫɨɪа ɧа ɨɫɧɨві 

ɝɟɤɫаɝɨɧаɥьɧɨʀ ɪɟшіɬɤи ɦає виɝɥяɞ ɪɟшіɬɱаɫɬɨʀ ɫиɫ-
ɬɟɦи ɞиɮɟɪɟɧɰіаɥьɧиɯ ɪівɧяɧь іɡ ɡаɩіɡɧɟɧɧяɦ   
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ɬа ɧаɛɨɪɨɦ вɯіɞɧиɯ ɩаɪаɦɟɬɪів β , γ , fμ , η , υδ , fδ , 
τ . 
Мɨɞɟɥь виɤɨɪиɫɬɨвɭє ɩɪɨɫɬɨɪɨвиɣ ɨɩɟɪаɬɨɪ, яɤиɣ 

ɡаɩɪɨɩɨɧɨваɧиɣ в [13] (ɞɨɞаɬɤɨва іɧɮɨɪɦаɰія ɫ. 10)  
{ }kjiVS ,,∧  виɝɥяɞɭ (ɞив. ɪиɫ. 2): 
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Дɥя ɦаɬɟɦаɬиɱɧɨɝɨ ɦɨɞɟɥɸваɧɧя ɞиɧаɦіɱɧɨʀ 

ɥɨɝіɤи КФІɋɋ виɤɨɪиɫɬɨвɭєɬьɫя ɫиɧɬаɤɫиɫ, яɤиɣ ɡа-
ɩɪɨɩɨɧɨваɧиɣ А. ɉɥаɬɰɟɪɨɦ ɞɥя ɡаɝаɥьɧɨʀ КФɋ [4] ɭ 
виɝɥяɞі ɦɨви ɩɪɨɝɪаɦɭваɧɧя Ƚɉ. У виɩаɞɤɭ КФІɋɋ 
ɩɟɪшиɣ ɪівɟɧь Ƚɉ є ɞиɧаɦіɱɧɨɸ ɩɪɨɝɪаɦɨɸ, яɤа 
виɡɧаɱаєɬьɫя ɧаɫɬɭɩɧɨɸ ɝɪаɦаɬиɤɨɸ  
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У ɮɨɪɦɭɥі (4) tΦ  є ɟвɨɥɸɰіɣɧиɦ ɞɨɦɟɧɧиɦ ɨɛɦɟ-
ɠɟɧɧяɦ ɭ виɝɥяɞі ɮɨɪɦɭɥи ɥɨɝіɤи ɩɟɪшɨɝɨ ɩɨɪяɞɤɭ  .0 ,0,,,)( ,)( max,,min max,,mindef
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В ɪɟɡɭɥьɬаɬі ɡв’яɡɭваɧɧя аɧɬиɝɟɧів ɡ аɧɬиɬіɥаɦи в 

іɦɭɧɨɩіɤɫɟɥі віɞɛɭваєɬьɫя явиɳɟ ɮɥɭɨɪɟɫɰɟɧɰіʀ. 
Фɭɧɤɰіɨɧɭваɧɧя іɦɭɧɨɩіɤɫɟɥя ),,( kji  виɡɧаɱаєɬьɫя 
ɞвɨɦа ɫɬаɧаɦи. А ɫаɦɟ, lfs  є ɫɬаɧɨɦ ɮɥɭɨɪɟɫɰɟɧɰіʀ ɬа 

lfnons  є ɨɞɧиɦ іɡ ɧɟɮɥɭɨɪɟɫɰɟɧɰɟɧɬɧиɯ ɫɬаɧів.  
   

Риɫɭɧɨɤ 2 – Ƚɟɤɫаɝɨɧаɥьɧа ɪɟшіɬɤа, яɤа ɩɨв’яɡɭє шіɫɬь 
ɫɭɫіɞɧіɯ ɩіɤɫɟɥів в ɦɨɞɟɥі іɦɭɧɨɩіɤɫɟɥя ɡ виɤɨɪиɫɬаɧɧяɦ 

ɤɭɛіɱɧиɯ ɤɨɨɪɞиɧаɬ: ɉɨɡɧаɱɟɧɧя: 1, 3, 5, 8, 9, 11 – ⎟
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Іɧɬɟɧɫивɧіɫɬь ɮɥɭɨɪɟɫɰɟɧɰіʀ ɩɪɨɩɨɪɰіɣɧа ɤіɥьɤɨɫ-

ɬі ɤɨɧɬаɤɬів ɦіɠ аɧɬиɝɟɧаɦи ɬа аɧɬиɬіɥаɦи, ɬɨɛɬɨ )()( ,,,, tFtVk kjikjifl . ɉɪиɩɭɫɤаєɬьɫя, ɳɨ ɩіɤɫɟɥь ),,( kji  
ɡɧаɯɨɞиɬьɫя ɭ ɫɬаɧі ɮɥɭɨɪɟɫɰɟɧɰіʀ, яɤɳɨ   

flkjikjifl tFtVk Θ≥)()( ,,,, ,  
ɞɟ 0>Θ fl  є ɞɟяɤиɦ ɩɨɪɨɝɨвиɦ ɡɧаɱɟɧɧяɦ 
ɡв’яɡɭваɧɧя, ɩɪи яɤɨɦɭ віɞɛɭваєɬьɫя явиɳɟ ɮɥɭɨɪɟɫ-
ɰɟɧɰіʀ. 
Виɤɨɪиɫɬавши в ɫиɧɬаɤɫиɫі ɥɨɝіɤи ɩɟɪшɨɝɨ ɩɨ-

ɪяɞɤɭ ɫɩіввіɞɧɨшɟɧɧя ɡаɞɨвɨɥɟɧɧя Ls =  ɞɥя ɮɨɪɦɭ-
ɥи ɥɨɝіɤи ɩɟɪшɨɝɨ ɩɨɪяɞɤɭ L  ɬа ɫɬаɧɭ s , ɦɨɠɧа ви-
ɡɧаɱиɬи ɞɥя ɤɨɧɤɪɟɬɧиɯ ɩіɤɫɟɥів ),,( kji ; 

NNkji ,,, −= , 0=++ kji  ɫɬаɧи lfs  і lfnons , яɤ  .)()( ,)()( ,,,, ,,,,
flkjikjiflnonfl

flkjikjiflft

nFnVks

nFnVks

Θ<=

Θ≥=  (6)  
Диɫɤɪɟɬɧі ɡɦіɧи віɞɛɭваɸɬьɫя в ɤɨɦɩ’ɸɬɟɪɧиɯ 

ɩɪɨɝɪаɦаɯ, ɤɨɥи вɨɧи ɩɪиɣɦаɸɬь ɧɨві ɡɧаɱɟɧɧя ɞɥя 
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ɡɦіɧɧиɯ. Таɤа ɫиɬɭаɰія віɞɛɭваєɬьɫя ɭ виɩаɞɤɭ виɧиɤ-
ɧɟɧɧя явиɳа ɮɥɭɨɪɟɫɰɟɧɰіʀ в ɩіɤɫɟɥі ),,( kji , 

NNkji ,,, −= , 0=++ kji . У ɫɬаɧі ɮɥɭɨɪɟɫɰɟɧɰіʀ 
ɡɦіɧɧіɣ kjilfs ,,,  ɩɪиɫвɨɸєɬьɫя ɡɧаɱɟɧɧя 1. Цɟ вɟɞɟ ɞɨ 
ɞиɫɤɪɟɬɧɨʀ, ɫɬɪиɛɤɨɩɨɞіɛɧɨʀ ɡɦіɧи, ɨɫɤіɥьɤи ɡɧаɱɟɧɧя 

kjilfs ,,,  ɡɦіɧɸєɬьɫя ɦиɬɬєвɨ. 
ɉɪи ɞɨɫɥіɞɠɟɧі ɫɬіɣɤɨɫɬі ɦаɬɟɦаɬиɱɧɨʀ ɦɨɞɟɥі 

іɦɭɧɨɫɟɧɫɨɪа ɧа ɝɟɤɫаɝɨɧаɥьɧіɣ ɪɟшіɬɰі ɪɨɡɪаɯɨвɭ-
ɸɬьɫя ɩɨɫɬіɣɧі ɫɬаɧи: ɫɬіɣɤиɣ ɫɬаɧ ɛɟɡ аɧɬиɬіɥ, ɫɬіɣ-
ɤиɣ ɫɬаɧ ɛɟɡ аɧɬиɝɟɧів ɬа аɧɬиɬіɥ, іɞɟɧɬиɱɧиɣ ɬа ɧɟ-
іɞɟɧɬиɱɧиɣ ɟɧɞɟɦіɱɧі ɫɬіɣɤі ɫɬаɧи. 
У ɡаɝаɥьɧɨɦɭ виɩаɞɤɭ ɫɬаɧ ɪівɧɨваɝи 

( ) 0,,,,,, ,,,,,, =++−=≡ε kjiNNkjiFV kjikjikji  ɞɥя 
ɫиɫɬɟɦи (1) ɦɨɠɧа ɡɧаɣɬи яɤ ɪɨɡв’яɡɨɤ аɥɝɟɛɪаʀɱɧɨʀ 
ɫиɫɬɟɦи:  

{ }.0)( ,0)( * ,,* ,,* ,, * ,,* ,,* ,,* ,,
=δ−ηγ+μ−

=+δ−γ−β
∧

υ

kjikjifkjif

kjikjikjikji

FFV

VSVVF       (7)  
Рɨɡɝɥяɞаɸɱи ( ),, ,,,, kjikji FV  ,,,, NNkji −=  0=++ kji , ɦаєɦɨ ɬаɤі виɩаɞɤи. 
ɋɬіɣɤиɣ ɫɬаɧ ɛɟɡ аɧɬиɝɟɧів ɬа аɧɬиɬіɥ )0,0(0,00,0 ,, =ε≡ε kji , ,,,, NNkji −= 0=++ kji . 
ɋɬіɣɤиɣ ɫɬаɧ ɛɟɡ аɧɬиɬіɥ ,0,

δ
ȕİİ 0*,0*, ,, ⎟⎟

⎠

⎞
⎜⎜
⎝

⎛
=≡

υ
kji  

NNkji ,,, −= , 0=++ kji . 
Дɥя іɞɟɧɬиɱɧɨɝɨ ɟɧɞɟɦіɱɧɨɝɨ ɫɬіɣɤɨɝɨ ɫɬаɧɭ ɪɨɡɝ-

ɥяɧɟɦɨ виɩаɞɨɤ, ɤɨɥи 0іɞɟɧɬ,, >≡VV kji , ,,,, NNkji −=  0=++ kji , { }( )0ˆ ,, ≡kjiVS . Тɨɞі 
ɨɬɪиɦаєɦɨ ɫɬіɣɤиɣ ɫɬаɧ, ɩɪи яɤɨɦɭ 

( )іɞɟɧɬіɞɟɧɬіɞɟɧɬ,, , FVkji =ε≡ε ,  
ɞɟ ,2іɞɟɧɬ

f

ffV
δδ+ηγ

γμ+βδ
=

υ f

fF
δδ+ηγ

ηγβ+δμ−
=

υ

υ2іɞɟɧɬ . 
Тɨɛɬɨ, яɤɳɨ 0>ηγβ+δμ− υf , ɬɨ іɞɟɧɬε  є 

ɟɧɞɟɦіɱɧиɦ ɫɬаɧɨɦ. 
Дɥя ɨɛɱиɫɥɟɧɧя ɧɟіɞɟɧɬиɱɧɨɝɨ ɟɧɞɟɦіɱɧɨɝɨ 

ɫɬаɰіɨɧаɪɧɨɝɨ ɫɬаɧɭ ɭ ɡаɝаɥьɧɨɦɭ виɩаɞɤɭ ɩɨɬɪіɛɧɨ 
ɪɨɡв’яɡаɬи аɥɝɟɛɪаʀɱɧɭ ɫиɫɬɟɦɭ (7) ɬа ɡɧаɣɬи 
ɟɧɞɟɦіɱɧиɣ ɫɬіɣɤиɣ ɫɬаɧ. Ɉɫɬаɧɧіɣ виɞ ɩɨɫɬіɣɧɨɝɨ 
ɫɬаɧɭ ɧаɡиваɬиɦɟɦɨ ɧɟіɞɟɧɬиɱɧиɦ ɩɨɫɬіɣɧиɦ ɫɬаɧɨɦ ),( ɧɟіɞɟɧɬ,,ɧɟіɞɟɧɬ,,ɧɟіɞɟɧɬ

kjikji FV=ε , ,,,, NNkji −=  0=++ kji . 
У виɩаɞɤɭ, яɤɳɨ вɫі 0),( ɧɟіɞɟɧɬ,,ɧɟіɞɟɧɬ,, >kjikji FV , ɬɨɞі 
ɧɟіɞɟɧɬε  є ɟɧɞɟɦіɱɧиɦ ɫɬаɧɨɦ. Зɧаɱɟɧɧя іɞɟɧɬV  ɬа 
іɞɟɧɬF  ɦɨɠɭɬь ɛɭɬи виɤɨɪиɫɬаɧі яɤ ɩɨɱаɬɤɨві ɧаɛɥи-

ɠɟɧɧя ɞɥя ɱиɫɟɥьɧиɯ ɦɟɬɨɞів ɪɨɡв’яɡɭваɧɧя 
ɧɟɥіɧіɣɧɨʀ аɥɝɟɛɪаʀɱɧɨʀ ɫиɫɬɟɦи (7). 

З ɦɟɬɨɸ ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɦɨɞɟɥɸваɧɧя КФІɋɋ ви-
ɤɨɪиɫɬаɧɨ ɦɨвɭ ɩɪɨɝɪаɦɭваɧɧя R ɬа ɫɟɪɟɞɨвиɳɟ ɪɨɡ-
ɪɨɛɤи R Studio. Цɟ ɩɨв’яɡаɧɨ ɡ ɬиɦ, ɳɨ, ɧɟɡваɠаɸɱи 
ɧа вɟɥиɤɟ ɪіɡɧɨɦаɧіɬɬя ɦɨв ɩɪɨɝɪаɦɭваɧɧя, яɤі виɤɨ-
ɪиɫɬɨвɭɸɬьɫя ɩɪи ɪɨɡɪɨɛɰі КФɋ (Assembly, C, C++, D, Java, JavaScript, Python, Ada ɬа іɧ. [14]) ɦɨва R ши-
ɪɨɤɨ виɤɨɪиɫɬɨвɭєɬьɫя в ɞаɧиɣ ɱаɫ ɭ ɛаɝаɬьɨɯ ɝаɥɭ-
ɡяɯ, ɳɨ ɡаɣɦаɸɬьɫя ɦашиɧɧиɦ ɧавɱаɧɧяɦ і ɡ ɱиɦ ɛɭ-
ɞɭɬь ɩɨв’яɡаɧі ɩɨɞаɥьші ɞɨɫɥіɞɠɟɧɧя. Віɡɭаɥіɡаɰія 
ɞаɧиɯ в ɤɨɦɩ’ɸɬɟɪɧɨɦɭ ɦɨɞɟɥɸваɧɧі ɡɞіɣɫɧɟɧа ɡа 
ɞɨɩɨɦɨɝɨɸ ɩаɤɟɬɭ ggplot.  

4 ЕɄСɉЕРɂɆЕɇɌɂ 
Чиɫɟɥьɧі ɟɤɫɩɟɪиɦɟɧɬи ɧа ɨɫɧɨві ɤɨɦɩ’ɸɬɟɪɧɨɝɨ 

ɦɨɞɟɥɸваɧɧя ɩɪɨвɨɞиɥиɫя іɡ вɪаɯɭваɧɧяɦ ɰіɥɨɝɨ ɧа-
ɬɭɪаɥьɧɨɝɨ ɱиɫɥа N , яɤɟ ɯаɪаɤɬɟɪиɡɭє ɤіɥьɤіɫɬь 
ɩіɤɫɟɥів в ɝɟɤɫаɝɨɧаɥьɧіɣ ɪɟшіɬɰі. Рɨɡɝɥяɧɟɦɨ ɦɨɞɟɥь (1)–(3) ɩɪи 4=N , 1ɯв2 −=β , 

ɦɤɝɯв
ɦɥ2
⋅

=γ , 1ɯв1 −=μ f , 
γ

=η
8,0 , 

ɦɤɝɯв
ɦɥ5,0
⋅

=δυ , 
ɦɤɝɯв
ɦɥ5,0
⋅

=δ f , 9,0=n , 2,0=D , 3,0=Δ . 
Кɨɦɩ’ɸɬɟɪɧɟ ɦɨɞɟɥɸваɧɧя ɛɭɥɨ ɪɟаɥіɡɨваɧɨ ɞɥя 
ɪіɡɧиɯ ɡɧаɱɟɧь τ .  

5 РЕɁɍɅЬɌАɌɂ 
ɉɪɨаɧаɥіɡɨваɧɨ ɬɪиваɥɭ ɩɨвɟɞіɧɤɭ ɦɨɞɟɥі (1)–(3)  

ɩɪи 05,0=τ , 25,0=τ , 287,0=τ  ɡ ɧаɛɨɪɨɦ ɡɧаɱɟɧь 
ɩаɪаɦɟɬɪів, яɤі ɩɪɟɞɫɬавɥɟɧі виɳɟ (ɪиɫ. 3–5). ɋɩɨɫɬɟ-
ɪіɝаєɦɨ яɤіɫɧі ɡɦіɧи ɩɨвɟɞіɧɤи іɦɭɧɨɩіɤɫɟɥів ɬа ɦɨɞɟ-
ɥі КФІɋɋ в ɰіɥɨɦɭ.  

6 ОȻГОВОРЕɇɇə 
Аɧаɥіɡɭɸɱи ɮаɡɨві ɞіаɝɪаɦи ɩɨɩɭɥяɰіɣ аɧɬиɝɟɧів 

ɳɨɞɨ аɧɬиɬіɥ (ɪиɫ. 3а) ɦɨɠɧа ɡɪɨɛиɬи виɫɧɨвɨɤ, ɳɨ 
ɩɪи 05,0=τ  ɪɨɡв’яɡɨɤ ɫиɫɬɟɦи (1) ɩɪаɝɧɟ ɞɨ ɧɟіɞɟɧ-
ɬиɱɧɨɝɨ ɟɧɞɟɦіɱɧɨɝɨ ɫɬаɧɭ, яɤиɣ в ɞаɧɨɦɭ виɩаɞɤɭ є 
ɫɬіɣɤиɦ ɮɨɤɭɫɨɦ. Таɤі ɡаɥɟɠɧɨɫɬі ɫɩɨɫɬɟɪіɝаɸɬьɫя 
ɞɥя вɫіɯ іɦɭɧɨɩіɤɫɟɥів ɤіɛɟɪ-ɮіɡиɱɧɨʀ ɦɨɞɟɥі іɦɭɧɨɫɟ-
ɧɫɨɪɧɨʀ ɫиɫɬɟɦи ɧа ɝɟɤɫаɝɨɧаɥьɧіɣ ɪɟшіɬɰі ɡ виɤɨɪиɫ-
ɬаɧɧяɦ ɪɟшіɬɱаɫɬиɯ ɞиɮɟɪɟɧɰіаɥьɧиɯ ɪівɧяɧь іɡ ɡаɩі-
ɡɧɟɧɧяɦ ɩɪи )25.0,0[τ∈  (ɪиɫ. 3а). 
Аɧаɥіɡɭɸɱи ɮаɡɨві ɞіаɝɪаɦи ɩɨɩɭɥяɰіɣ аɧɬиɝɟɧів 

ɳɨɞɨ аɧɬиɬіɥ (ɪиɫ. 3ɛ) ɦɨɠɧа ɡɪɨɛиɬи виɫɧɨвɨɤ, ɳɨ 
ɩɪи 25,0τ =  виɧиɤає ɛіɮɭɪɤаɰія Хɨɩɮа і вɫі ɩɨɞаɥьші 
ɬɪаєɤɬɨɪіʀ віɞɩɨвіɞаɸɬь ɫɬіɣɤиɦ ɝɪаɧиɱɧиɦ ɰиɤɥаɦ 
ɞɥя вɫіɯ ɩіɤɫɟɥів (ɪиɫ. 3в). Дɥя ɬɟɨɪɟɬиɱɧɨɝɨ ɨɛґɪɭɧ-
ɬɭваɧɧя виɧиɤɧɟɧɧя ɛіɮɭɪɤаɰіʀ Хɨɩɮа ɧɟɨɛɯіɞɧɨ ɨɛ-
ɱиɫɥиɬи віɞɩɨвіɞɧɭ ɩаɪɭ ɱиɫɬɨ ɭявɧиɯ ɪɨɡв’яɡɤів ɯа-
ɪаɤɬɟɪиɫɬиɱɧɨɝɨ ɪівɧяɧɧя ɥіɧɟаɪиɡɨваɧɨʀ ɫиɫɬɟɦи (1). 
Рɟɡɭɥьɬаɬи ɱиɫɟɥьɧɨɝɨ ɦɨɞɟɥɸваɧɧя ɭɡɝɨɞɠɟɧі ɡ ɬɟɨ-
ɪɟɬиɱɧиɦи ɪɟɡɭɥьɬаɬаɦи ɧа ɨɫɧɨві ɬɟɨɪɟɦи ɩɪɨ 
ɛіɮɭɪɤаɰіɸ Хɨɩɮа [15]. ɉɪи ɰьɨɦɭ ɪɨɡв’яɡɨɤ ɫиɫɬɟɦи (1) ɩɪаɝɧɟ ɞɨ ɫɬіɣɤɨɝɨ ɝɪаɧиɱɧɨɝɨ ɰиɤɥɭ ɡ ɞвɨɦа ɥɨ-
ɤаɥьɧиɦи ɟɤɫɬɪɟɦɭɦаɦи (ɨɞиɧ ɥɨɤаɥьɧиɣ ɦаɤɫиɦɭɦ і 
ɨɞиɧ ɥɨɤаɥьɧиɣ ɦіɧіɦɭɦ) в ɰиɤɥі.  
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а  
ɛ  
в 

Риɫɭɧɨɤ 3 – Рɟɡɭɥьɬаɬи ɱиɫɟɥьɧɨɝɨ ɦɨɞɟɥɸваɧɧя  ɫиɫɬɟɦи (1) ɩɪи ɩɪи  
а – 05.0=τ , ɛ – 25.0=τ , в – 287.0=τ .  

Зɨɛɪаɠɟɧɧя ɮаɡɨвиɯ ɩɥɨɳиɧ в ɤɨɨɪɞиɧаɬаɯ ( )kjikji FV ,,,, ,  ɞɥя 
ɩіɤɫɟɥя )0,0,0(  і ɣɨɝɨ шɟɫɬи ɫɭɫіɞɧіɯ ɩіɤɫɟɥів. ɉɨɡɧаɱɟɧɧя:  – 
ɩɨɱаɬɤɨвиɣ ɫɬаɧ, ○ – іɞɟɧɬиɱɧиɣ ɫɬаɥиɣ ɫɬаɧ, ● – ɧɟіɞɟɧɬиɱɧиɣ 

ɫɬаɥиɣ ɫɬаɧ 
  
а   
ɛ   
в 

Риɫɭɧɨɤ 4 – Рɟшіɬɱаɫɬі ɡɨɛɪаɠɟɧɧя ɣɦɨвіɪɧɨɫɬі ɡв’яɡɤів 
аɧɬиɝɟɧів ɡ аɧɬиɬіɥаɦи в ɩіɤɫɟɥяɯ ɫиɫɬɟɦи (1)  
ɩɪи а – 05,0=τ , ɛ – 25,0=τ , в – 287,0=τ   

а 
ɛ 
в 

Риɫɭɧɨɤ 5 – Зɨɛɪаɠɟɧɧя ɮɥɭɨɪɟɫɰɟɧɰіɸɸɱиɯ ɩіɤɫɟɥів ɫиɫɬɟɦи (1) ɩɪи а – 05,0=τ , ɛ – 25,0=τ , в – 287,0=τ  
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а 
 

ɛ 
 

в 
Риɫɭɧɨɤ 6 – ȿɥɟɤɪиɱɧиɣ ɫиɝɧаɥ ɡ ɩɟɪɟɬвɨɪɸваɱа, яɤиɣ 
ɯаɪаɤɬɟɪиɡɭє ɤіɥьɤіɫɬь ɮɥɭɨɪɟɫɰіɸɸɱиɯ ɩіɤɫɟɥів  
ɩɪи а – 05,0=τ , ɛ – 25,0=τ , в – 287,0=τ   

Даɥі ɞɥя ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɦɨɞɟɥɸваɧɧя ɤіɛɟɪ-
ɮіɡиɱɧɨʀ ɦɨɞɟɥі іɦɭɧɨɫɟɧɫɨɪа ɛɭɥɨ виɤɨɪиɫɬаɧɨ 
ɪɟшіɬɱаɫɬі ɝɪаɮіɤи. ɋɩɟɪшɭ ɩɨɛɭɞɨваɧɨ віɞɩɨвіɞɧі 
ɝɪаɮіɤи, ɧа яɤиɯ ɞɥя ɤɨɠɧɨɝɨ ɩіɤɫɟɥя ɩɪɟɞɫɬавɥɟɧɨ 
ɣɦɨвіɪɧіɫɬь ɤɨɧɬаɤɬɭ аɧɬиɝɟɧів ɡ аɧɬиɬіɥаɦи, яɤ 

kjikji FV ,,,, ×  ɩɪи 05,0=τ , 25,0=τ , 287,0=τ , 
ɩɪɟɞɫɬавɥɟɧі ɧа ɪиɫ. 4а–в. 
На ɞɪɭɝɨɦɭ ɟɬаɩі ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɦɨɞɟɥɸваɧɧя 

КФІɋɋ ɨɬɪиɦаɧɨ ɪɟшіɬɱаɫɬі ɝɪаɮіɤи 
ɮɥɭɨɪɟɫɰіɸɸɱиɯ ɩіɤɫɟɥів ɧа ɨɫɧɨві виɤɨɧаɧɧя ɭɦɨви (6), яɤі ɧавɟɞɟɧі ɧа ɪиɫ. 5а–в. 
В яɤɨɫɬі ɩɪиɤɥаɞɭ ɡавɟɪшаɥьɧɨɝɨ ɟɬаɩɭ 

ɤɨɦɩ’ɸɬɟɪɧɨɝɨ ɦɨɞɟɥɸваɧɧя КФІɋɋ ɨɬɪиɦаɧɨ ви-
ɝɥяɞ ɟɥɟɤɬɪиɱɧɨɝɨ ɫиɝɧаɥɭ ɩɟɪɟɬвɨɪɸваɱа, яɤиɣ 

ɯаɪаɤɬɟɪиɡɭє ɱиɫɥɨ ɮɥɭɨɪɟɫɰіɸɸɱиɯ ɩіɤɫɟɥів в 
ɡаɥɟɠɧɨɫɬі віɞ ɪіɡɧɨɝɨ ɡɧаɱɟɧɧя ɡаɩіɡɧɟɧɧя в ɱаɫі τ  (ɪиɫ. 6а–в). Дɥя ɱиɫɟɥьɧɨɝɨ ɦɨɞɟɥɸваɧɧя КФІɋɋ ɛɭ-
ɥɨ виɤɨɪиɫɬаɧɨ ɩɨɪɨɝɨвɟ ɡɧаɱɟɧɧя ɞɥя ɮɥɭɨɪɟɫɰɟɧɰіʀ 5,1=Θ fl . 
На ɪиɫ. 6а ɧавɟɞɟɧɨ ɪɟɡɭɥьɬаɬ ɱиɫɟɥьɧɨɝɨ ɦɨɞɟɥɸ-

ваɧɧя ɫиɫɬɟɦи (1) ɩɪи 05.0=τ , яɤиɣ віɞɩɨвіɞає 
ɫɬіɣɤɨɦɭ ɮɨɤɭɫɭ. ɉɪи 25.0=τ , 287.0=r  
ɫɩɨɫɬɟɪіɝаєɬьɫя ɛіɠɭɱа ɯвиɥя ɮɥɭɨɪиɫɰɟɧɰіɸɸɱиɯ 
ɩіɤɫɟɥів, яɤа ɩɪɟɞɫɬавɥɟɧа ɧа ɪиɫ. 6 ɛ,в.  
əɤ ɩɨɤаɡаɥи ɪɟɡɭɥьɬаɬи ɱиɫɟɥьɧɨɝɨ аɧаɥіɡɭ, 

ɮɥɭɨɪɟɫɰіɸɸɱі ɫɬаɧи в іɦɭɧɨɩіɤɫɟɥяɯ ɡɦіɧɸɸɬьɫя 
віɞɩɨвіɞɧɨ ɞɨ ɡаɤɨɧів ɞиɫɤɪɟɬɧɨʀ ɞиɧаɦіɤи. 
Аɧаɥіɡɭɸɱи ɨɬɪиɦаɧі ɪɟɡɭɥьɬаɬи, ɡɪɨɛɥɟɧɨ виɫɧɨвɨɤ, 
ɳɨ ɩɪи ɡɦіɧі ɡɧаɱɟɧɧя τ  яɤіɫɧɨ ɡɦіɧɸєɬьɫя ɩɨвɟɞіɧɤа 
ɩіɤɫɟɥів ɬа КФІɋɋ.  

ВɂСɇОВɄɂ 
В ɪɨɛɨɬі ɪɨɡɪɨɛɥɟɧɨ ɦаɬɟɦаɬиɱɧɭ ɦɨɞɟɥь КФІɋɋ 

ɧа ɝɟɤɫаɝɨɧаɥьɧіɣ ɪɟшіɬɰі ɡ виɤɨɪиɫɬаɧɧяɦ 
ɪɟшіɬɱаɫɬиɯ ɞиɮɟɪɟɧɰіаɥьɧиɯ ɪівɧяɧь іɡ ɡаɩіɡɧɟɧɧяɦ, 
ɞɨɫɥіɞɠɟɧɨ ʀʀ ɫɬіɣɤіɫɬь. ɉɪи ɰьɨɦɭ вɪаɯɨвɭваєɬьɫя 
ɧаявɧіɫɬь ɤɨɥɨɧіɣ аɧɬиɝɟɧів ɬа аɧɬиɬіɥ, ɳɨ 
ɥɨɤаɥіɡɨваɧі ɭ ɩіɤɫɟɥяɯ, а ɬаɤɨɠ ɞиɮɭɡіɸ ɤɨɥɨɧіɣ 
аɧɬиɝɟɧів ɦіɠ ɩіɤɫɟɥяɦи. Маɬɟɦаɬиɱɧиɣ ɨɩиɫ КФІɋɋ 
ɦіɫɬиɬь ɧɟɩɟɪɟɪвɧɭ ɩɨɩɭɥяɰіɣɧɭ ɞиɧаɦіɤɭ, яɤɭ 
ɩɨєɞɧаɧɨ ɡ ɞиɧаɦіɱɧɨɸ ɥɨɝіɤɨɸ, ɳɨ 
виɤɨɪиɫɬɨвɭєɬьɫя ɞɥя ɞиɫɤɪɟɬɧиɯ ɩɨɞіɣ.  
Кɨɦɩ’ɸɬɟɪɧɟ ɦɨɞɟɥɸваɧɧя ɞɨɡвɨɥяє ɨɬɪиɦаɬи 

віɞɩɨвіɞɧі віɡɭаɥьɧі ɩɪɟɞɫɬавɥɟɧɧя ɡɦіɧɧиɯ, ɳɨ ɯа-
ɪаɤɬɟɪиɡɭɸɬь ɮɭɧɤɰіɨɧɭваɧɧя КФІɋɋ. Таɤ, виɫɧɨвɨɤ 
ɩɪɨ ɫɬіɣɤіɫɬь іɦɭɧɨɫɟɧɫɨɪів ɦɨɠɟ ɛɭɬи ɡɪɨɛɥɟɧɨ ɧа 
ɨɫɧɨві ɪɟшіɬɱаɫɬɨɝɨ ɡɨɛɪаɠɟɧɧя ɩіɤɫɟɥів, ɳɨ 
ɮɥɭɨɪɟɫɰіɸɸɬь. ȿɥɟɤɬɪиɱɧиɣ ɫиɝɧаɥ, ɳɨ 
ɦɨɞɟɥɸєɬьɫя ɤіɥьɤіɫɬɸ іɦɭɧɨɩіɤɫɟɥів, яɤі 
ɮɥɭɨɪɟɫɰіɸɸɬь, є ваɠɥивиɦ ɩɪи ɩɪɨɟɤɬɭваɧɧі КФІɋɋ 
ɬа ɞɨɫɥіɞɠɟɧɧі ʀɯ ɫɬіɣɤɨɫɬі. ɋɬіɣɤиɣ ɮɨɤɭɫ аɛɨ ɝɪа-
ɧиɱɧиɣ ɰиɤɥ виɡɧаɱаɸɬь віɞɩɨвіɞɧиɣ виɝɥяɞ 
іɦɭɧɨɫɟɧɫɨɪɧɨɝɨ ɟɥɟɤɬɪиɱɧɨɝɨ ɫиɝɧаɥɭ. Ɉɬɪиɦаɧі 
ɟɤɫɩɟɪиɦɟɧɬаɥьɧі ɪɟɡɭɥьɬаɬи ɞаɸɬь ɡɦɨɝɭ виɤɨɧаɬи 
ɩɨвɧиɣ аɧаɥіɡ ɫɬіɣɤɨɫɬі ɦɨɞɟɥі іɦɦɭɧɨɫɟɧɫɨɪа ɡ вɪа-
ɯɭваɧɧяɦ ɡаɩіɡɧɟɧɧя в ɱаɫі. 
Заɥишаɸɬьɫя віɞɤɪиɬиɦи ɩиɬаɧɧя ɳɨɞɨ виɤɨɪи-

ɫɬаɧɧя ɫɬɨɯаɫɬиɱɧиɯ ɞиɮɟɪɟɧɰіаɥьɧиɯ ɪівɧяɧь в 
яɤɨɫɬі ɦаɬɟɦаɬиɱɧиɯ ɦɨɞɟɥɟɣ КФІɋɋ, ɳɨ ɩɥаɧɭєɬьɫя 
ɞɨɫɥіɞиɬи в ɧаɫɬɭɩɧиɯ ɧашиɯ ɪɨɛɨɬаɯ.  

ɉОȾəɄɂ 
В ɞаɧіɣ ɫɬаɬɬі ɧавɟɞɟɧі ɪɟɡɭɥьɬаɬи виɤɨɧаɧɧя іɧі-

ɰіаɬивɧɨʀ ɦіɠɤаɮɟɞɪаɥьɧɨʀ ɧаɭɤɨвɨ-ɞɨɫɥіɞɧɨʀ ɪɨɛɨɬи «Кіɛɟɪ-ɮіɡиɱɧɟ ɦɨɞɟɥɸваɧɧя в ɦɟɞиɤɨ-ɛіɨɥɨɝіɱɧиɯ 
ɞɨɫɥіɞɠɟɧɧяɯ» ДВНЗ «Тɟɪɧɨɩіɥьɫьɤиɣ ɞɟɪɠавɧиɣ 
ɦɟɞиɱɧиɣ ɭɧівɟɪɫиɬɟɬ іɦ. І. ə. Ƚɨɪɛаɱɟвɫьɤɨɝɨ» ɬа 
ɞɨɤɬɨɪɫьɤɨʀ ɞиɫɟɪɬаɰіʀ ɞɨɰɟɧɬа ɤаɮɟɞɪи ɦɟɞиɱɧɨʀ 
іɧɮɨɪɦаɬиɤи ɋвɟɪɫɬɸɤа Аɧɞɪія ɋɬɟɩаɧɨвɱа ɧа ɬɟɦɭ: «Кɨɦɩ’ɸɬɟɪɧɟ ɦɨɞɟɥɸваɧɧя в ɤіɛɟɪ-ɮіɡиɱɧиɯ ɞɨɫɥі-
ɞɠɟɧɧяɯ ɦɟɞиɤɨ-ɛіɨɥɨɝіɱɧиɯ ɩɪɨɰɟɫів ɧа ɨɫɧɨві ɤɨɦ-
ɩаɪɬɦɟɧɬɧиɯ ɞиɧаɦіɱɧиɯ ɫиɫɬɟɦ ɪɟшіɬɱаɫɬɨɝɨ ɬиɩɭ». 

137



e-ISSN 1607-3274   Раɞіɨɟɥɟɤɬɪɨɧіɤа, іɧɮɨɪɦаɬиɤа, ɭɩɪавɥіɧɧя. 2019. № 2 p-ISSN 2313-688X  Radio Electronics, Computer Science, Control. 2019. № 2   

© Маɪɰɟɧɸɤ В. ɉ., ɋвɟɪɫɬɸɤ А. ɋ., 2019 DOI 10.15588/1607-3274-2019-2-14 
ɅІɌЕРАɌɍРА / ɅɂɌЕРАɌɍРА 1. Meissner H. Implications of cyber-physical production sys-tems on integrated process planning and scheduling / H. Meissner, J. Aurich // Procedia Manufacturing. – 2019. – Vol. 28. – P. 167–173. 2. Lee J. A cyber-physical systems architecture for industry 4.0-based manufacturing systems / J. Lee, B. Bagheri,  H.-A. Kao // Manufacturing Letters. – 2015. – Vol. 3. – P. 18–23.  3. Thiede S. Implementing cyber-physical production systems in learning factories / S. Thiede, M. Juraschek, C. Herrmann // Procedia CIRP. – 2016. – Vol. 54. – P. 7–12. 4. Platzer A. Differential dynamic logic for hybrid systems / A. Platzer // Journal of Automated Reasoning. – 2018. – Vol. 41, № 2. – P. 143–189.  5. Platzer A. Logical foundations of cyber-physical systems / A. Platzer. – Berlin: Springer, 2018. – 639 p. 

6. Kłos-Witkowska A. The phenomenon of fluorescence in immunosensors / A. Kłos-Witkowska // Acta Biochimica Polonica. – 2016 – Vol. 63, № 2. – P. 215–221. 7. Martsenyuk V. P. Study of classification of immunosensors from viewpoint of medical tasks / V. P. Martsenyuk, A. Klos-Witkowska, A. S. Sverstiuk // Medical informatics and engineering. – 2018. – № 1(41). – P. 13–19.  8. Martsenyuk V. P. On principles, methods and areas of medi-cal and biological application of optical immunosensors / V. P. Martsenyuk, A. Klos-Witkowska, A. S. Sverstiuk, T. V. Bihunyak // Medical informatics and engineering. – 2018. – № 2 (42). – P. 28–36. 9. Paper-based immunosensors: current trends in the types and applied detection techniques / [G. Zhu, X. Yin, D. Jin et al.] // Trends in Analytical Chemistry. – 2019.  – Vol. 111. – P. 100–117. 10. Jiang X. Electrochemical impedance biosensor with electrode pixels for precise counting of CD4+ cells: A mi-crochip for quantitative diagnosis of HIV infection status of AIDS patients [Text] / X. Jiang, M. Spencer // Biosensors and Bioelectronics. – 2010. – Vol. 25, Issue 7. – P. 1622–1628. 11. Characterization of Cyber-Physical Sensor Systems / [C. Berger, A. Hees, S. Braunreuther, G. Reinhart] // Procedia CIRP. – 2016. – Vol. 41. – P. 638–643. 12. Hexagonal grids [Electronic resurce]: Access mode: https://www.redblobgames.com/grids/hexagons/ 13. A sensing array of radically coupled genetic biopixels / [A. Prindle, P. Samayoa, I. Razinkov et al.] // Nature. – 2011. – Vol. 481, № 7379. – P. 39–44.  14. Soulier P. A survey of language-based approaches to cyber-physical and embedded system development / P. Soulier, D. Li, J. Williams // Tsinghua Science and Technology. –2015. – Vol. 20, № 2. – P. 130–141.  15. Hofbauer J. A hopf bifurcation theorem for difference equa-tions approximating a differential equation / J. Hofbauer, G. Iooss // Monatshefte fur Mathematik. – 1984 – Vol. 98, 
№ 2. – P. 99–113. 

ɋɬаɬɬя ɧаɞіɣшɥа ɞɨ ɪɟɞаɤɰіʀ 02.01.2019. 
ɉіɫɥя ɞɨɪɨɛɤи 19.04.2019.  

УДК 602.1:519.85:53.082.9:616-07 
 

ɄОɆɉЬЮɌЕРɇОЕ ɆОȾЕɅɂРОВАɇɂЕ ɄɂȻЕР-ɎɂɁɂЧЕСɄОɃ ɂɆɍɇОСЕɇСОРɇОɃ СɂСɌЕɆЫ ɇА 
ГЕɄСАГОɇАɅЬɇОɃ РЕɒЕɌɄЕ С ɂСɉОɅЬɁОВАɇɂЕɆ РЕɒЕɌЧАСɌЫɏ ȾɂɎɎЕРЕɇɐɂАɅЬɇЫɏ 

ɍРАВɇЕɇɂɃ С ɁАɉАɁȾЫВАɇɂЕɆ 
Ɇаɪцɟɧюɤ В. ɉ. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɫɨɪ ɤаɮɟɞɪɵ иɧɮɨɪɦаɬиɤи и авɬɨɦаɬиɤи, Уɧивɟɪɫиɬɟɬа в Бɟɥьɫɤɨ-Бяɥɨɣ, 

ɝ. Бɟɥьɫɤɨ-Бяɥа, ɉɨɥьша. 
Свɟɪɫɬюɤ А. С. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɞɨɰɟɧɬ ɤаɮɟɞɪɵ ɦɟɞиɰиɧɫɤɨɣ иɧɮɨɪɦаɬиɤи, Тɟɪɧɨɩɨɥьɫɤɨɝɨ ɝɨɫɭɞаɪɫɬвɟɧɧɨɝɨ ɦɟ-

ɞиɰиɧɫɤɨɝɨ ɭɧивɟɪɫиɬɟɬа иɦɟɧи И. ə. Ƚɨɪɛаɱɟвɫɤɨɝɨ, Уɤɪаиɧа.  
АɇɇОɌАɐɂə 

Аɤɬɭаɥьɧɨɫɬь. Ваɠɧɵɦ ɷɬаɩɨɦ ɩɪɨɟɤɬиɪɨваɧия ɤиɛɟɪ-ɮиɡиɱɟɫɤиɯ иɦɭɧɨɫɟɧɫɨɪɧиɯ ɫиɫɬɟɦ явɥяɟɬɫя ɪаɡɪаɛɨɬɤа и иɫ-
ɫɥɟɞɨваɧиɟ иɯ ɦаɬɟɦаɬиɱɟɫɤиɯ и ɤɨɦɩьɸɬɟɪɧɵɯ ɦɨɞɟɥɟɣ, ɩɪи ɩɨɫɬɪɨɟɧиɟ ɤɨɬɨɪɵɯ иɫɩɨɥьɡɨваɥиɫь ɛиɨɥɨɝиɱɟɫɤиɯ ɩɪɟɞɩɨ-
ɥɨɠɟɧияɯ ɞɥя ɩɨɥɭɱɟɧия ɫɨɨɬвɟɬɫɬвɭɸɳиɯ ɫиɫɬɟɦ ɞиɮɮɟɪɟɧɰиаɥьɧɵɯ ɭɪавɧɟɧиɣ ɩɨɩɭɥяɰиɨɧɧɨɣ ɞиɧаɦиɤи. Маɬɟɦаɬиɱɟɫ-
ɤɨɟ ɦɨɞɟɥиɪɨваɧиɟ ɩɨɡвɨɥиɥɨ ɛɵ ɩɨɥɭɱиɬь ɡɧаɱɟɧия ɩаɪаɦɟɬɪɨв, ɤɨɬɨɪɵɟ ɛɵ ɨɛɟɫɩɟɱиɥи ɨɩɟɪаɰиɨɧɧɭɸ ɭɫɬɨɣɱивɨɫɬь иɦɭ-
ɧɨɫɟɧɫɨɪɧиɯ ɫиɫɬɟɦ. 

ɐɟɥь. Цɟɥьɸ ɪаɛɨɬɵ явɥяɟɬɫя ɪаɡɪаɛɨɬɤа ɦаɬɟɦаɬиɱɟɫɤɨɣ и ɤɨɦɩьɸɬɟɪɧɨɣ ɦɨɞɟɥи ɤиɛɟɪ-ɮиɡиɱɟɫɤɨɣ иɦɭɧɨɫɟɧɫɨɪɧɨɣ 
ɫиɫɬɟɦɵ ɫ иɫɩɨɥьɡɨваɧиɟɦ ɪɟшɟɬɱаɬɵɯ ɞиɮɮɟɪɟɧɰиаɥьɧɵɯ ɭɪавɧɟɧиɣ ɫ ɡаɩаɡɞɵваɧиɟɦ ɧа ɝɟɤɫаɝɨɧаɥьɧɨɣ ɪɟшɟɬɤɟ и иɫɫɥɟ-
ɞɨваɧия ɟɟ ɭɫɬɨɣɱивɨɫɬи. 

Ɇɟɬɨɞ. В ɪаɛɨɬɟ ɪаɡɪаɛɨɬаɧа ɦаɬɟɦаɬиɱɟɫɤая и ɤɨɦɩьɸɬɟɪɧая ɦɨɞɟɥи ɤиɛɟɪ-ɮиɡиɱɟɫɤɨɣ иɦɦɭɧɨɫɟɧɫɨɪɧɨɣ ɫиɫɬɟɦɵ ɧа 
ɝɟɤɫаɝɨɧаɥьɧɨɣ ɪɟшɟɬɤɟ. Дɥя ɦɨɞɟɥиɪɨваɧия ɧɟɩɪɟɪɵвɧɨɣ ɞиɧаɦиɤи иɫɩɨɥьɡɨваɧа ɫиɫɬɟɦа ɪɟшɟɬɱаɬɵɯ ɞиɮɮɟɪɟɧɰиаɥьɧɵɯ 
ɭɪавɧɟɧиɣ ɫ ɡаɩаɡɞɵваɧиɟɦ. Дɥя ɦɨɞɟɥиɪɨваɧия ɞиɫɤɪɟɬɧɵɯ ɫɨɛɵɬиɣ иɫɩɨɥьɡɨваɧɨ ɞиɧаɦиɱɟɫɤɨɟ ɥɨɝиɤɭ ɩɟɪвɨɝɨ ɩɨɪяɞɤа. 
Ɉɩиɫаɧɵ ɩɨɫɬɨяɧɧɵɟ ɫɨɫɬɨяɧия ɦɨɞɟɥи, ɤаɤ ɪɟшɟɧия ɫɨɨɬвɟɬɫɬвɭɸɳиɯ аɥɝɟɛɪаиɱɟɫɤиɯ ɫиɫɬɟɦ. Вɵвɨɞ ɨɛ ɭɫɬɨɣɱивɨɫɬи 
ɞɟɥаɟɬɫя ɧа ɨɫɧɨвɟ аɧаɥиɡа ɫɨɨɬвɟɬɫɬвɭɸɳиɯ ɮаɡɨвɵɯ ɞиаɝɪаɦɦ, ɪɟшɟɬɱаɬɵɯ иɡɨɛɪаɠɟɧиɣ и ɫиɝɧаɥɨв, ɩɨɥɭɱɟɧɧɵɯ ɫ ɫɨɨɬ-
вɟɬɫɬвɭɸɳɟɣ ɤɨɦɩьɸɬɟɪɧɨɣ ɦɨɞɟɥи. 

Рɟзɭɥьɬаɬɵ. ɉɪɟɞɫɬавɥɟɧ аɧаɥиɡ ɪɟɡɭɥьɬаɬɨв ɱиɫɥɟɧɧɨɝɨ ɦɨɞɟɥиɪɨваɧия иɫɫɥɟɞɭɟɦɨɣ ɦɨɞɟɥи в виɞɟ иɡɨɛɪаɠɟɧия ɮа-
ɡɨвɵɯ ɩɥɨɫɤɨɫɬɟɣ, ɪɟшɟɬɱаɬɵɯ иɡɨɛɪаɠɟɧиɣ вɟɪɨяɬɧɨɫɬи ɫвяɡɟɣ аɧɬиɝɟɧɨв ɫ аɧɬиɬɟɥаɦи и ɷɥɟɤɪиɱɟɫɤиɣ ɫиɝɧаɥ ɫ ɩɪɟɨɛɪа-
ɡɨваɬɟɥя, ɯаɪаɤɬɟɪиɡɭɸɳиɣ ɤɨɥиɱɟɫɬвɨ ɮɥɭɨɪɟɫɰиɪɭɸɳиɯ ɩиɤɫɟɥɟɣ. 

Вɵвɨɞɵ. ɉɪɨвɟɞɟɧɨ ɦаɬɟɦаɬиɱɟɫɤɨɟ и ɤɨɦɩьɸɬɟɪɧɨɟ ɦɨɞɟɥиɪɨваɧиɟ ɤиɛɟɪ-ɮиɡиɱɟɫɤɨɣ иɦɦɭɧɨɫɟɧɫɨɪɧɨɣ ɫиɫɬɟɦɵ. 
Уɫɬаɧɨвɥɟɧɨ, ɱɬɨ ɟɟ ɤаɱɟɫɬвɟɧɧɨɟ ɩɨвɟɞɟɧиɟ ɫɭɳɟɫɬвɟɧɧɨ ɡавиɫиɬ ɨɬ вɪɟɦɟɧи иɦɦɭɧɧɨɝɨ ɨɬвɟɬа. Вɵвɨɞ ɨɛ ɭɫɬɨɣɱивɨɫɬи 
иɦɦɭɧɨɫɟɧɫɨɪа ɦɨɠɟɬ ɛɵɬь ɫɞɟɥаɧɨ ɧа ɨɫɧɨвɟ ɪɟшɟɬɱаɬɨɝɨ иɡɨɛɪаɠɟɧия ɩиɤɫɟɥɟɣ, ɱɬɨ ɮɥɭɨɪɟɫɰиɪɭɸɬ. Эɥɟɤɬɪиɱɟɫɤиɣ 
ɫиɝɧаɥ, ɦɨɞɟɥиɪɭɟɬɫя ɤɨɥиɱɟɫɬвɨɦ иɦɦɭɧɨɩиɤɫɟɥɟɣ, ɤɨɬɨɪɵɟ ɮɥɭɨɪɟɫɰиɪɭɸɬ, явɥяɟɬɫя ваɠɧɵɦ ɩɪи ɩɪɨɟɤɬиɪɨваɧии ɤиɛɟɪ-
ɮиɡиɱɟɫɤиɯ иɦɭɧɨɫɟɧɫɨɪɧиɯ ɫиɫɬɟɦ и иɫɫɥɟɞɨваɧияɯ иɯ ɭɫɬɨɣɱивɨɫɬи. ɉɪɟɞɟɥьɧɵɣ ɰиɤɥ иɥи ɭɫɬɨɣɱивɵɣ ɮɨɤɭɫ ɨɩɪɟɞɟɥя-
ɸɬ ɫɨɨɬвɟɬɫɬвɭɸɳиɣ виɞ иɦɭɧɨɫɟɧɫɨɪɧɨɝɨ ɷɥɟɤɬɪиɱɟɫɤɨɝɨ ɫиɝɧаɥа. ɉɨɥɭɱɟɧɧɵɟ ɷɤɫɩɟɪиɦɟɧɬаɥьɧɵɟ ɪɟɡɭɥьɬаɬɵ ɩɨɡвɨɥиɥи 
вɵɩɨɥɧиɬь ɩɨɥɧɵɣ аɧаɥиɡ ɭɫɬɨɣɱивɨɫɬи ɦɨɞɟɥи иɦɦɭɧɨɫɟɧɫɨɪа ɫ ɭɱɟɬɨɦ ɨɩɨɡɞаɧия вɨ вɪɟɦɟɧи. 
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COMPUTER MODELING OF CYBER-PHYSICAL IMMUNOSENSOR SYSTEM IN A HEXAGONAL LATTICE 
USING LATTICE DIFFERENTIAL EQUATIONS WITH DELAY 

Martsenyuk V. P. – Dr. Sc., Professor of Computer Science and Automation, University of Bielsko-Biala, m. Bielsko-Biala, Poland. 
Sverstiuk A. S. – PhD, Associate Professor of Medical Informatics Department, Ternopil State Medical University named after I. Ya. Gorbachevsky, Ukraine.  

ABSTRACT 
Context. An important stage in the design of cyber-physical immunosensory systems is the development and research of their mathematical and computer models, the construction of which would be based on biological assumptions to obtain appropriate systems of differential equations of population dynamics. Mathematical modeling would allow to obtain the value of parameters that would ensure the operational stability of immunosensory systems. 
Objective. The aim of the work is to develop a mathematical and computer model of the cyber-physical immunosensory system using lattice-delayed differential equations on a hexagonal lattice and study its stability. 
Method. The mathematical and computer models of the cyber-physical immunosensory system on the hexagonal lattice are de-veloped. For the simulation of continuous dynamics, the system of lattice differential equations with delay was used. Dynamic logic of the first order is used to simulate discrete events. The permanent states of the model as solutions of the corresponding algebraic systems are described. The conclusion on stability is based on the analysis of the corresponding phase diagrams, lattice images and signals obtained from the corresponding computer model. 
Results. The analysis of the results of numerical simulation of the investigated model in the form of an image of phase planes, lattice images of the probability of antibody bonds and an electron signal from the converter, which characterizes the number of fluo-rescing pixels, is presented. 
Conclusions. Mathematical and computer modeling of the cyber-physical immunosensory system was performed. It is estab-lished that its qualitative behavior significantly depends on the time of the immune response. The conclusion on the stability of im-munosensors can be made on the basis of the grid image of the pixels that are fluorescing. An electrical signal, modeled by the num-ber of fluorescent immunopips, is important in the design of cyber-physiological immunosensory systems and studies of their resil-ience. Limit cycle or steady focus determine the appropriate form of immunosensory electrical signal. The experimental results ob-tained have made it possible to perform a complete analysis of the stability of the immunosensor model, taking into account the delay in time. 
KEYWORDS: computer simulation; mathematical modeling; cyber-physical system; immunosensory system; biosensor; immunosensor; differential equations with delay; lattice differential equations; stability of the model; hexagonal lattice.  
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APPROACHES GOING TO DETERMINATION PERIODS OF THE 
HUMAN FACTOR OF NAVIGATORS DURING SUPERNUMERARY 

SITUATIONS 
Nosov P. S. – PhD, Associate Professor of the chair Navigation and Electronic Navigation Systems Department, Kherson State Maritime Academy, Ukraine. 
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ABSTRACT 
Context. The problem of identifying the manifestation of the human factor in the context of utility in maritime transport during emergency situations is considered. The aim of the study is to increase safety in maritime transport by identifying positive and negative human factors, as well as analyzing the behavioral reactions affecting the vessel’s passage parameters. 
Objective. The aim of the work is to determine the approaches and the construction of software tools to identify periods of manifestation of the human factor of the navigators during abnormal situations. 
Method. The study identified the types of manifestations of the human factor in the form of intuitive (illogical) behavior of the navigator. The dependence of intuitive behavior, as a reaction, on exceeding the detection threshold of perception of service information, is given. It was determined that the distribution of information load among members of the navigation watch will significantly reduce the detection threshold of the navigator at the time of making management decisions. It was established that the detection step is to determine the balance of information effects on the navigator and his individual polar reactions. The cycle of updating the navigator model is determined by analyzing his individual behavior model of previous intellectual activity. A formal description of the space of alternatives and reactions of the navigator in the form of polar groups at the moment of vessel management is proposed. Software has been developed that allows the analysis of the vessel’s passage trajectory for collision detection and the identification of periods of occurrence of the detection threshold of the navigator. Analysis of the trajectories made it possible to conclude that before the collision the navigator was in active/passive polar states of action, which directly proportional to the speed of the vessel, which confirms the main hypothesis of the study. As a mathematical tool for solving the problem of classifying individual reactions of the navigator, the factor analysis and a training sample are offered – more than nine typical situations, which make it possible to adequately determine polar reactions according to the principle of utility. 
Results. In order to confirm the adequacy of the proposed formal-logical approaches, an experiment was conducted using the Trainer Professional 5000 navigation simulator (NTPRO 5000). The results of the experiment, as well as the developed software, made it possible to identify the time periods of the negative human factor manifestation of the navigator caused by the information overload and to determine its individual stimulus factors. At the same time, the moment of occurrence of an extraordinary situation was determined by analyzing the passage trajectory of the vessel by means of processing log files by passing the Bosporus strait location. In addition, an algorithm was developed for the formation of the navigator’s model and its updating on the basis of individual periods of the negative manifestation of the human factor. The features of the occurrence of informational imbalance between members of the navigation watch in the event of an emergency situation and features of its identification during the passage of the vessel are considered. The obtained results will allow at a qualitatively new level to approach the analysis of the problem of the influence of human factor on the adequate managerial decisions of the navigator. 
Conclusions. The proposed formal approaches and the developed software will allow identifying the transition from the controlled adequate state of the navigator to the uncontrolled state with intuitive reactions.  The scientific novelty consists in the fact that the developed algorithm of forming a navigator model in a discrete time, which allows to identify its polar reactions during extraordinary situations. The practical significance lies in the fact that the results of the experiment allowed identifying the time periods of the manifestation of the negative human factor of the navigator, caused by the information overload and identifying its individual factors-incentives. Prospects for further research may be the development of software in the form of an expert system defining deviations from a given course during the sea passage, as well as inadequate reactions in the performance of classical maneuvers in case of divergence of ships in constrained areas. 
KEYWORDS: human factor, navigator model, detection threshold, emergency situations   

ABBREVIATIONS NTPRO 5000 navigation simulator “Navi-Trainer Professional 5000”; DSS decision support system; DT detection threshold; IS information system.  
NOMENCLATURE 

Xi is a some sets of alternatives for the interaction of DSS with a navigator; i is the individual index of the navigator; 
I  is the navigation watch; 
п is a members of watch; 

iΘ  is a binary relations, are interpreted, as the strengths and weaknesses of the i-th navigator; 
lR+  is the positive orthant of the Euclidean space;  

l is the number of factors; 
B  is the set of admissible distributions; 
Ω  is a fixed set of factors; 
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( )xti  is a bipolar utility function representing;  
iQ  is a preference of the i-th navigator;  
iu  is a utility function; 
iγ  is a a certain threshold DT; 
θ  is a not random parameter of the classification criterion; 
U  is a monotonic function in time for both classes; 
ρ  is the distances between the elements; IR1 is the linear normalized spaces of real numbers; 
Zp is the registration point of the response; 
P is a certain probability; 
G1, G2 is a two regions for dividing the entire space; 
С is a losses in the classification; 
N is the sample size; 
V is the residual component; 
M is a correction factor; 
Т* is a signal of the system; 
{ }F  is a space with a certain probability P. 

 
INTRODUCTION  Practice shows that the readiness status of navigator to make management decisions is described by two interdependent areas – some allowable distribution of influencing factors and warning signals of the DSS. It also takes into account the usefulness of the navigator when making decisions in certain situations. The warning signals of the information system of decision support are formed in such a way as to level the threats posed by relatively most influenced factors of navigators. This article investigate human factor, namely the moment of transition from the conscious condition of the navigator to the intuitive state, individual factors affecting this process, as well as the analysis of the human factor of the navigator for the usefulness of its actions.  The object of the study is the process of identifying manifestations of the human factor in marine transport. The subject of the study is a model and information system for reducing the time of identification of the negative impact of the human factor in the management of the vessel. The purpose of the study is to determine the approaches and construction of software tools, to identify the periods of manifestation of the human factor of navigators during extraordinary situations.  

1 PROBLEM STATEMENT It is known that the moment of transition to an intuitive state depends on the intensity of incoming information factors and their nature, after that an DT occurs. This DT leads to the navigator moving to intuitive, unconscious actions. The task of the DSS to not disturb the balance of distribution of the information between members of the navigation watch, using tools both for tracking incoming signals and forecasting possible emergency situations (Fig. 1).  
 Figure 1 – The balance of information effects on the navigator  The external environment maximizes the utility of members of the navigation watch. If, in a certain condition, the captain and/or members of the navigation watch are meet with DT, the usefulness of actions can be increased by IS due to the redistribution of information factors. The functions of DSS are summarized as there is no complete conviction about how the situation will develop in the near-threshold area of transition to the intuitive state, therefore this approach method requires a repeatedly experiment. This will make it possible to clarify the individual causal relationships which lead navigators into the danger zone.  Therefore, it is necessary to solve a number of the following tasks: 1. To determine the dependence of intuitive behavior, as a reaction, on exceeding the detection threshold of perception of official information. Develop an algorithm for the formation of the navigator model, which will allow determining the time of occurrence of reactions leading the navigators in the danger zone. 2. To determine in analytical form an individual set of parameters of the navigator ( ) Xxx i ∈=  and his critical information load ( )l

i xxx ,...,1=  in the form of factors l for the purpose of distribution among members of the navigation watch { }nI ,...,2,1=  when an emergency situation occurs. 3. Identify the moment of imbalance Bx∈  on the basis of comparing the preferences of the navigator iΘ  and the resulting bipolar utility function ( )xti , which will allow to determine the non-random distributions 
( ) Bxx i ∈=  that allow to classify the situation. 4. To determine the cycle of updating the navigator’s model Ii∈  by analyzing his individual behavior model in the form of thresholds { }iγ  and reactions l

i RX +⊂ . 
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5. Develop software that allows analyzing the vessel’s passage trajectory for collision detection and identifying the time range of occurrence of the navigator’s detection threshold. 6. To conduct an experiment, as well as processing of data from log files on the executive route planning and passage of the Bosporus strait location using the NTPRO 5000 navigation simulator, in order to classify different behaviors of the navigator. 7. Determine the formal approaches to classifying polar individual reactions of the navigator according to the principle of utility. Thus, the implementation of the proposed tasks will allow build an information system for identifying the detection threshold of the navigator, which will significantly reduce the negative effects of the human factor on maritime transport. 

 

2 LITERATURE REVIEW Many well-known sources cite various studies related to the negative manifestation of the human factor in maritime transport [1, 2, 15]. However, many approaches give recommendations that do not allow to accurately identify the moment of the navigator’s transition to a stressful state, from logically justified actions to difficult-to-control [9–11]. At the same time, the relationship between the large information flow and the navigator’s fatigue leading to catastrophic situations [4, 7] is clearly defined. In the course of investigations into many accidents, the authors note that there are a large number of causes of the negative manifestation of the human factor that are difficult to prevent [3, 5, 8, 12]. However, with the advent of navigation information systems, such as Transas ECDIS, it becomes possible to track the negative behavioral patterns of the navigator at an early stage. The use of formal approaches [6, 13], as well as object-oriented programming, will allow a scientific search to be brought closer in a given direction. 
 

3 MATERIALS AND METHODS To determine the algorithm for finding the most successful reactions, it is expediently to apply a modernized cycle of forming a user model in the process of dialogue interaction (Fig. 2). The peculiarity of the model formation is that initially it is necessary to set the basic information about the navigator in a formal-logical view, where the most preferable of the possible models for representing knowledge’s in terms of artificial intelligence [3]. This information allows forming the knowledge’s about complex, nature and intensity of factors affecting each separate navigator to DT. In addition, it is important to track the polarity of intuitive behavior in each of the individual cases in order to predict and prevent possible catastrophes due to the human factor. Imagine this situation in formal form. Let Xi be some sets of alternatives for the interaction of DSS with a navigator, i is the individual index of the navigator who is part of the navigation watch 
{ }nI ,...,2,1=  consisting of п members. On each set of Xi, DSS identified binary relations iΘ  are interpreted, as the strengths and weaknesses of the i-th navigator, according to which the DSS compares different alternatives from Xi. If, l

i RX +⊂  where lR+  is the positive orthant of the Euclidean space of dimension l, if l is the number of factors, then ii Xx ∈  is the vector consisting of the set 
( )l

i xxx ,...,1=  of information flows that the i-th navigator receives. The set of vectors ( ) Xxx i ∈= , where ∏
∈

=
Ii

iXX  is the product of the sets Xi is called the distribution in group 
I. In this case, the set of admissible distributions will be described with the help of some set XB ⊂ . Then, let  

⎪⎭
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⎬
⎫
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⎨
⎧
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l

i
ixXxB 1   (1)  the set of all redistributions, the total stock of which does not exceed a certain fixed set of factors lR+∈Ω   Suppose that when an imbalance Bx∈  is detected, the i-th navigator meet with some DT, which can be expressed by a real number ( )xti . It can be assumed that each i-th navigator has a preference iQ  on the set of admissible states B, which allows the DSS to compare different states х’, Bx∈  from the point of view of its individual information perception, and ( )xti  is a bipolar utility function representing iQ . Thus, there is a utility function ( )ii xu  for the preference iΘ  to determine on Xi. Consider situation when, based on the analysis of the model of an individual navigator Ii∈ , the DSS measure the differentiation of the utility of a certain distribution 

( ) Bxx i ∈=  using an individual measure of DT, such that:  
( ) ( ) ( )[ ].0,max∑

∈
−=

Ij
iijii xuxuxt   (2)  The task of the DSS to determine for each navigator 

Ii∈  a certain threshold DT 1γ0,γ ≤≤ ii . The set of thresholds DT, { } γγ =i  is interpreted as a set of priorities that are assigned to DSS [14]. Thus, the sequence of actions of the DSS is closed into a loop with each iteration of which the navigator’s model is updated and, as a consequence, the change in the threshold of its DT (Fig. 3). From the above it is clear that the intellectual analysis of the incoming information to the navigator, who makes management decisions at the time of keeping the navigation watch, is possible if to monitor data from all onboard instruments and sensors in real time. Under the conditions of training practice, it becomes possible to process such data according to a number of criteria that are generated on the server of the NTPRO 5000 (Fig. 4). 
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 Figure 2 – Algorithm of navigator model formation at discrete-time  Figure 3 – The cycle of updating the navigator model, taking into account the DT 

 The task of the DSS to find the threshold of the DT as a period of intellectual behavior of the navigator and the detection of dangerous actions (inactions) leading to disastrous consequences.  In order to convert the server data into a free, relational database management system MySQL, the software and the Microsoft Excel format were developed using the following algorithm (Fig. 5). This software also allows analysis of vessel collision detection in the process of simulator training. The data analysis after conversion is aimed at detecting both – collisions and the classification of polar reactions caused by the intuitive forms of the human factor demonstration in maritime transport. The task is complicated by the fact that the classification criterion is established and not available for direct measurement by the random parameter θ  of the influence function on the studied situation. In connection with the indicated complexity, an algorithm is proposed for solving this problem on the basis of a priori data on classes of features that are not available for direct measurement (indirect evidence). Considering that the solution of the classification problem involves the application of a mathematical model of the studied erratic system, it is required to evaluate the truth of the conclusion obtained on the basis of experimental data. One of the typical tasks of classification is to determine the affiliation of the intuitive behavior of the navigator in conditions to one of the polar groups. Thus, the group with the “+” sign is responsible for overactive, spontaneous reactions and the group with the “–” sign, for the absence of reactions due to the sharp inhibition of the nervous system. The polar groups of the navigator arise as reactions to the stressful situation caused by the information overload during the execution of complex maneuvers. 
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 Figure 4 – Data from the NTPRO 5000 server with sampling accuracy – 1 sec 
 Figure 5 – Algorithm for converting and analyzing server data  

4 EXPERIMENTS In the course of the experiment and automated data processing of log files for passage planning and passing the Bosporus Strait location on the NTPRO 5000 simulator, the following graphs were found indicating various behavioral patterns of the navigator (Fig. 6–8a–c). So using the approaches of automated expert assessment based on the analysis of the trajectory of the vessel’s speed, we can conclude that the situation most often manifests itself when the navigator noticed an obstacle, but did not cope with control (Fig. 6a) or did not notice an obstacle at all (Fig. 7a). The smooth passage of the location characterizes the graph presented in Fig. 8a. The developed software also records the collision in time, 
latitude and longitude, allowing collecting statistics of the most dangerous areas during the passage of the location (Fig. 6–8 b–c).  a   b   c  

 Figure 6 – The vessel’s collision with one objects (stable speed): a – navigator noticed an obstacle, but did not cope with control; b – graph of vessel speed when an obstacle is detected; c – vessel collision identification databasebut loss of control  
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 a  b  c Figure 7 – The vessel’s collision with two objects (non stable speed): a – navigator did not notice an obstacle at all; b – vessel speed chart at the time of loss attention; c – double collision identification database 

 a  b  c Figure 8 – No vessel’s collision: a – navigator smooths passage of the location; b – smooth vessel speed chart; c – non collision identification database  Let’s describe each case: At trial exercise Fig. 6 all looks that navigator feels uncertain but with not much influence of stress and situation almost always looks under control. Long time navigator proceeds with very slow speed around 1.5 knots (0–554 sec). After that rapidly and often change speed till 810 sec. 
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From 810 sec till 2345 sec and from 2524 sec till 2882 sec vessel passage mostly stable (except between 2345–2524 sec where vessel speed down twice – from 13.0 knots till 6.5 knots). From 2882 sec navigator met circumstances which brought to extremely speed reduction till 5.722 knots and finally to collision at 3179 sec. After vessel collision the trial passage has been continue but behavior and actions of navigator was very uncertain till the end of exercise. As we can see the navigator detect obstruct in time but did not react properly at this dangerous situation. At trial exercise Fig. 7 we can see that navigator show himself as certain and much bolded due to all time wish proceed with high vessel speed 17.0–18.0 knots (which is much over maximum acceptable at Bosporus passage) and very often speed and courses alteration. Such kind of high speed brought till often major speed reductions as final till vessel collisions at 589 sec (speed 13.56 knots) and at 727 sec (speed 14.531 knots). After collisions the trial passage continues again with same navigator behavior. In this particular case navigator even did not determine risk of collision due to vessel high speed and bolded behavior. When analyzing the trajectory presented in Fig. 7, it can be concluded that the navigator (bridge team) was unsure of their actions, and as a result, the speed and courses of the vessel changed, indicating an increased stress situation on the bridge. At trial exercise Fig. 8 navigator show himself as certain considering the average passage speed was around 16.0 knts which is over maximum acceptable at Bosporus Strait. However all the time trial passage was stable and looks stress free with some speed deviation due to vessel courses alteration. 

 
5 RESULTS Into comparing all trial exercises need to say that best results shown when certain behavior of navigator has background as good knowledge’s and experience which can be achieved by using of DSS also. The lowest speed did not guaranty safe passage but gives more time to determine obstruct and take final and right decision but not bring vessel into safe navigation due to it is group of different factors to avoid and prevent collision. When solving the problem of classification, temporary indicators of the activity of the navigator at the workplace, the direction of sight and movement along the bridge in situations requiring certain behavioral patterns can serve as an immeasurable classification feature θ . In the general case, it can be stated that the behavior of the navigator during a stressful situation is described by a random sequence ( )tθ , which makes it possible to apply the discriminant analysis method. Consequently, there is a one-dimensional probability distribution density ( )θf , where θ  the non-random function and does not depend on t. In order to solve the problem, it is necessary to determine the value of the classification sign and compare 

them with the values corresponding to the standards of the studied polar classes. This article defines the values of the information load on the navigator and, the result of which changes in response to information factors (arousal or inhibition). The construction of a mathematical model is based on the formal connection of the function θ  and the information load u. Next, it is necessary to solve the model classification problem using the data of a computational experiment. It should be noted that as an input function of the studied system will be considered a stationary random sequence ( )tθ , with the ( )TU ,θ  – corresponding function of the system response to the impact. To solve the model classification problem, we will consider θ  and U as elements of the metric spaces { }X  and { }F , accordingly, with the distances between the elements { }( )21 θ,θρ X , { }( )21,ρ UUF , 1θ , 
{ } { }FUUX ∈∈ 212 ,,θ . The spaces { }X  and { }F  are linear normalized spaces IR1 of real numbers i.e.  

{ }( ) =−= 1221,ρ UUUUF

{ }( ) .θθθ,θρ, 122112 −=− XUU  At the same time, the condition of the correctness of the task of distinguishing values θ  by the known values of U corresponding to them is identical to the condition of the correctness of the task of finding a “solution” θ  from the known “initial data” U: 
FU=θ                                    (3)  if the conditions are met that the range of values of the set { }θ  will always lie on one side of the registration point 

Zp of the response, and the time of registration of the signal T* is selected on the interval, where U is a monotonic function in time for both classes. Then the following conditions must be met: the mapping 
{ } { }U→θ , where { } { }X⊂θ , { } { }FU ⊂ ; { }θ  – domain of definition, a limited set on the numerical line IR1. At this stage, the problem of classification is solved in space { }F  with a certain probability P. The choice of a classification rule is reduced to choosing a method for dividing the entire space of possible values of U into two regions G1 and G2. But there are losses in the classification, and they are equal to C (1/2) and C (2/1). These losses can be large and not satisfy the researcher. To increase the likelihood of correct classification, apply the method factor analysis. A prerequisite for the application of this method is the fact that U1, U2,…, UN, where N is the sample size, are elements of the same population. The mathematical expectation as a numerical characteristic of this distribution, which does not vary with time, is a common factor for a sample of U1, U2,…, 
UN. Then any value of U can be represented as 

VUU += M , where V is the residual component, 
( )∫1 1ρ1

G
dUUUUM for class 1,  
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( ) ,1ρ2 1 =∫

G
dUU  

( )∫2 2ρ2
G

dUUUUM for class 2,  
( ) ,1ρ2 2 =∫

G
dUU

 where ( ) ( ) ( ) ( ) ( ) 2/11211 θ/,2ρ,ρ ddUGUGfUUGfU ===  is the Jacobian transformation for the probability density at the transition { }θ  to { }U . If 21 UU MM ≠ , then, having determined the values of common factors for both classes, it is possible with  
P = 100% to talk about which class the observed factors 
U1, U2,…, UN belong to. Thus, as a result of the application of factor analysis, we solve the problem of classification by a sign UM  in space { }F  with probability P = 100% for ∞→N . Thus, if in the space { }X  the classification problem is solved with probability P, then the problem of classification in space { }F  is solved with the same probability P. True and inverse statement. Based on this corollary, it can be argued that the classification problem can be solved on the basis of UM  and in the space{ }X with the same probability P = 100% for ∞→N . Turning to the mathematical expectation as a more informative classification feature, we minimize the losses in the classification: С (1/2) = С (2/1) = 0. But in practice we get an empirical average. The point estimate of the mathematics expectation value for large ( )10≥NN  will be calculated by the formula: ∑

=
=

N

i
U

N
U 1 11 . Thus, the proposed formal classification mechanism by the most significant classification parameter is adequate and supported by experimental data. An important step in the preliminary modeling is the accurate diagnosis of the stimulus factors “including” one of the two polar reactions of navigator’s at the time of a stressful situation.  

6 DISCUSSION Experimental data give reason to believe that there is a division into two polar classes of behavior of navigators. That confirms the feasibility of the study and the developed software application. Analysis of the execution of the route planning and the direct passage by many navigation watch crews among the cadet staff by means of the NTPRO 5000 training center at the KSMA showed that the behaviors model of the navigators differ depending on their individual perception of input information. Experience shows that the skills and behavioral patterns developed during training practice are inherited during real passages in unfamiliar locations. The developed approaches, classification mechanisms and 
software have been introduced into the work of the KSMA training center in order to develop optimal behavioral models of navigators during emergency situations, which will prevent the negative manifestations of the human factor in real conditions. The basic principles and research were discussed at the 10th International scientific and practical conference Modern Information and Innovation Technologies in Transport MINTT–2018 [16]. The introduction of software will allow quickly and efficiently process large amounts of data and highlight the classification signs of the negative manifestation of the human factor, both among cadets and experienced seafarers during traineeships and advanced training in accordance with the standards of IMO and STCW 78/85. In the future, further research is planned to develop software, in the form of an expert system that determines deviations from a given course during the passage, as well as inadequate reactions when performing classical maneuvers when vessels diverge in constrained areas.  

CONCLUSIONS The results of the experiment using the NTPRO 5000, as well as the developed software, allow identifying the time periods of manifestation of the negative human factor of the navigator. The identification is based on the definition of information overload and as a result of imbalance. For the unification of the identification process, an algorithm was developed for forming the navigator model and updating it.  
The solved task, which consists in the construction of a model and software for identifying periods of occurrence of the detection threshold of a navigator during extraordinary situations and allows to significantly increase safety in marine transport. 
The scientific novelty consists in the fact that the developed algorithm of forming a navigator model in a discrete time, which allows to identify its polar reactions during extraordinary situations. The algorithm takes into account the recursive updating of the model and differs from the existing by taking into account the detection threshold of the navigator. 
The practical significance lies in the fact that the results of the experiment, as well as the developed software, allowed identifying the time periods of the manifestation of the negative human factor of the navigator, caused by the information overload and identifying its individual factors-incentives. At the same time, the moment of the occur of a emergence situation was determined by analyzing the navigation trajectory of the vessel by means of processing log-files of the server on the passage of the location “Bosphorus”, “Dardanell” and others. 
Prospects for further research will be aimed at building the classification of sets of navigator reactions at the time of their performing maneuvers and operations which leading to negative manifestations of the human factor in conditions of information overload.  
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AɇОɌАɐІə 

Аɤɬɭаɥьɧіɫɬь. Рɨɡɝɥяɞаєɬьɫя ɩɪɨɛɥɟɦа іɞɟɧɬиɮіɤаɰіʀ ɩɪɨявів ɥɸɞɫьɤɨɝɨ ɮаɤɬɨɪɭ ɭ ɤɨɧɬɟɤɫɬі ɤɨɪиɫɧɨɫɬі ɧа ɦɨɪɫьɤɨɦɭ 
ɬɪаɧɫɩɨɪɬі ɩіɞ ɱаɫ ɩɨɡашɬаɬɧиɯ ɫиɬɭаɰіɣ. Мɟɬɨɸ ɞɨɫɥіɞɠɟɧɧя є ɩіɞвиɳɟɧɧя ɛɟɡɩɟɤи ɧа ɦɨɪɫьɤɨɦɭ ɬɪаɧɫɩɨɪɬі ɡаɫɨɛаɦи 
іɞɟɧɬиɮіɤаɰіʀ ɩɨɡиɬивɧɨɝɨ і ɧɟɝаɬивɧɨɝɨ ɥɸɞɫьɤɨɝɨ ɮаɤɬɨɪа, а ɬаɤɨɠ аɧаɥіɡɭ ɩɨвɟɞіɧɤɨвиɯ ɪɟаɤɰіɣ ɳɨ вɩɥиваɸɬь ɧа 
ɩаɪаɦɟɬɪи ɩɟɪɟɯɨɞɭ ɫɭɞɧа. 

Ɇɟɬа. Мɟɬɨɸ ɪɨɛɨɬи є виɡɧаɱɟɧɧя ɩіɞɯɨɞів і ɩɨɛɭɞɨви ɩɪɨɝɪаɦɧиɯ ɡаɫɨɛів, ɞɥя іɞɟɧɬиɮіɤаɰіʀ ɩɟɪіɨɞів ɩɪɨявɭ ɥɸɞɫьɤɨɝɨ 
ɮаɤɬɨɪа ɫɭɞɧɨвɨɞіʀв ɩіɞ ɱаɫ ɩɨɡашɬаɬɧиɯ ɫиɬɭаɰіɣ. 

Ɇɟɬɨɞ. В ɪаɦɤаɯ ɞɨɫɥіɞɠɟɧɧя виɡɧаɱɟɧі виɞи ɩɪɨявɭ ɥɸɞɫьɤɨɝɨ ɮаɤɬɨɪа ɭ ɮɨɪɦі іɧɬɭʀɬивɧɨʀ (ɧɟɥɨɝіɱɧɨʀ) ɩɨвɟɞіɧɤи 
ɫɭɞɧɨвɨɞія. Навɨɞиɬьɫя ɡаɥɟɠɧіɫɬь іɧɬɭʀɬивɧɨʀ ɩɨвɟɞіɧɤи, яɤ ɪɟаɤɰіʀ, ɳɨ ɡаɥɟɠиɬь віɞ ɩɟɪɟвиɳɟɧɧя іɧɮɨɪɦаɰіɣɧɨɝɨ ɩɨɪɨɝɭ 
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ɫɩɪиɣɧяɬɬя ɫɥɭɠɛɨвɨʀ іɧɮɨɪɦаɰіʀ. Виɡɧаɱɟɧɨ, ɳɨ ɪɨɡɩɨɞіɥ іɧɮɨɪɦаɰіɣɧɨɝɨ ɧаваɧɬаɠɟɧɧя ɦіɠ ɱɥɟɧаɦи ваɯɬɨвɨʀ ɫɥɭɠɛи 
іɫɬɨɬɧɨ ɡɧиɡиɬь іɧɮɨɪɦаɰіɣɧиɣ ɩɨɪіɝ ɫɭɞɧɨвɨɞія в ɦɨɦɟɧɬ ɩɪиɣɧяɬɬя ɭɩɪавɥіɧɫьɤиɯ ɪішɟɧь. Вɫɬаɧɨвɥɟɧɨ, ɳɨ ɟɬаɩɨɦ 
іɞɟɧɬиɮіɤаɰіʀ є виɡɧаɱɟɧɧя ɛаɥаɧɫɭ іɧɮɨɪɦаɰіɣɧиɯ вɩɥивів ɧа ɫɭɞɧɨвɨɞія і ɣɨɝɨ іɧɞивіɞɭаɥьɧиɯ ɩɨɥяɪɧиɯ ɪɟаɤɰіɣ. 
Виɡɧаɱɟɧɨ ɰиɤɥ ɩɨɧɨвɥɟɧɧя ɦɨɞɟɥі ɫɭɞɧɨвɨɞія ɡа ɞɨɩɨɦɨɝɨɸ аɧаɥіɡɭ ɣɨɝɨ іɧɞивіɞɭаɥьɧɨʀ ɦɨɞɟɥі ɩɨвɟɞіɧɤи ɩɨɩɟɪɟɞɧьɨʀ 
іɧɬɟɥɟɤɬɭаɥьɧɨʀ ɞіяɥьɧɨɫɬі. Заɩɪɨɩɨɧɨваɧɨ ɮɨɪɦаɥьɧиɣ ɨɩиɫ ɩɪɨɫɬɨɪɭ аɥьɬɟɪɧаɬив і ɪɟаɤɰіɣ ɫɭɞɧɨвɨɞія ɭ виɝɥяɞі ɩɨɥяɪɧиɯ 
ɝɪɭɩ в ɦɨɦɟɧɬ ɭɩɪавɥіɧɧя ɫɭɞɧɨɦ. Рɨɡɪɨɛɥɟɧɨ ɩɪɨɝɪаɦɧɟ ɡаɛɟɡɩɟɱɟɧɧя, ɳɨ ɞɨɡвɨɥяє виɤɨɧɭваɬи аɧаɥіɡ ɬɪаєɤɬɨɪіʀ 
ɭɩɪавɥіɧɧя ɫɭɞɧɨɦ ɧа ɩɪɟɞɦɟɬ виявɥɟɧɧя ɡіɬɤɧɟɧь і іɞɟɧɬиɮіɤɭваɬи ɩɟɪіɨɞи виɧиɤɧɟɧɧя іɧɮɨɪɦаɰіɣɧɨɝɨ ɩɨɪɨɝɭ ɫɭɞɧɨвɨɞія. 
Аɧаɥіɡ ɬɪаєɤɬɨɪіɣ, ɞɨɡвɨɥив ɡɪɨɛиɬи виɫɧɨвɨɤ, ɳɨ ɫɭɞɧɨвɨɞіɣ ɩɟɪɟɞ ɡіɬɤɧɟɧɧяɦ ɡɧаɯɨɞивɫя в ɩɨɥяɪɧиɯ ɧа ɩɪɟɞɦɟɬ 
аɤɬивɧɨɫɬі ɫɬаɧаɯ аɤɬивɧиɣ / ɩаɫивɧиɣ, ɳɨ ɩɪяɦɨ-ɩɪɨɩɨɪɰіɣɧɨ віɞɛиваɥɨɫя ɧа швиɞɤɨɫɬі ɯɨɞɭ ɫɭɞɧа, ɳɨ ɩіɞɬвɟɪɞɠɭє 
ɨɫɧɨвɧɭ ɝіɩɨɬɟɡɭ ɞɨɫɥіɞɠɟɧɧя. У яɤɨɫɬі ɦаɬɟɦаɬиɱɧɨɝɨ аɩаɪаɬɭ ɞɥя ɪɨɡв’яɡаɧɧя ɡаɞаɱі ɤɥаɫиɮіɤаɰіʀ іɧɞивіɞɭаɥьɧиɯ ɪɟаɤɰіɣ 
ɫɭɞɧɨвɨɞія ɡаɩɪɨɩɨɧɨваɧɨ ɮаɤɬɨɪɧиɣ аɧаɥіɡ і ɧавɱаɥьɧа виɛіɪɤа – ɛіɥьш ɧіɠ ɞɟв’яɬь ɬиɩɨвиɯ ɫиɬɭаɰіɣ, ɳɨ ɞɨɡвɨɥяє 
аɞɟɤваɬɧɨ виɡɧаɱаɬи ɩɨɥяɪɧі ɪɟаɤɰіʀ ɡа ɩɪиɧɰиɩɨɦ ɤɨɪиɫɧɨɫɬі. 

Рɟзɭɥьɬаɬи. З ɦɟɬɨɸ ɩіɞɬвɟɪɞɠɟɧɧя аɞɟɤваɬɧɨɫɬі ɡаɩɪɨɩɨɧɨваɧиɯ ɮɨɪɦаɥьɧɨ-ɥɨɝіɱɧиɯ ɩіɞɯɨɞів ɛɭв ɩɪɨвɟɞɟɧиɣ 
ɟɤɫɩɟɪиɦɟɧɬ іɡ ɡаɫɬɨɫɭваɧɧяɦ ɧавіɝаɰіɣɧɨɝɨ ɬɪɟɧаɠɟɪа Trainer Professional 5000 (NTPRO 5000). Рɟɡɭɥьɬаɬи ɟɤɫɩɟɪиɦɟɧɬɭ, а 
ɬаɤɨɠ ɪɨɡɪɨɛɥɟɧɟ ɩɪɨɝɪаɦɧɟ ɡаɛɟɡɩɟɱɟɧɧя ɞɨɡвɨɥиɥи іɞɟɧɬиɮіɤɭваɬи ɬиɦɱаɫɨві ɩɟɪіɨɞи ɩɪɨявɭ ɧɟɝаɬивɧɨɝɨ ɥɸɞɫьɤɨɝɨ 
ɮаɤɬɨɪа ɫɭɞɧɨвɨɞія, виɤɥиɤаɧі іɧɮɨɪɦаɰіɣɧиɦ ɩɟɪɟваɧɬаɠɟɧɧяɦ і виɡɧаɱиɬи ɣɨɝɨ іɧɞивіɞɭаɥьɧі ɮаɤɬɨɪи-ɫɬиɦɭɥи. ɉɪи 
ɰьɨɦɭ, ɦɨɦɟɧɬ виɧиɤɧɟɧɧя ɩɨɡашɬаɬɧɨʀ ɫиɬɭаɰіʀ виɡɧаɱавɫя шɥяɯɨɦ аɧаɥіɡɭ ɬɪаєɤɬɨɪіʀ ɭɩɪавɥіɧɧя ɫɭɞɧɨɦ ɡаɫɨɛаɦи 
ɨɛɪɨɛɤи log-ɮаɣɥів ɫɟɪвɟɪɭ ɩɨ ɩɪɨɯɨɞɠɟɧɧɸ ɥɨɤаɰіʀ «Бɨɫɮɨɪ». 

Кɪіɦ ɬɨɝɨ, ɛɭв ɪɨɡɪɨɛɥɟɧиɣ аɥɝɨɪиɬɦ ɮɨɪɦɭваɧɧя ɦɨɞɟɥі ɫɭɞɧɨвɨɞія і ʀʀ ɩɨɧɨвɥɟɧɧя ɧа ɨɫɧɨві іɧɞивіɞɭаɥьɧиɯ ɩɟɪіɨɞів 
ɧɟɝаɬивɧɨɝɨ ɩɪɨявɭ ɥɸɞɫьɤɨɝɨ ɮаɤɬɨɪа. Рɨɡɝɥяɧɭɬɨ ɨɫɨɛɥивɨɫɬі виɧиɤɧɟɧɧя іɧɮɨɪɦаɰіɣɧɨɝɨ ɞиɫɛаɥаɧɫɭ ɦіɠ ɱɥɟɧаɦи 
ваɯɬɨвɨʀ ɫɥɭɠɛи ɩɪи виɧиɤɧɟɧɧі ɩɨɡашɬаɬɧɨʀ ɫиɬɭаɰіʀ і ɨɫɨɛɥивɨɫɬɟɣ ɣɨɝɨ іɞɟɧɬиɮіɤаɰіʀ ɩіɞ ɱаɫ ɩɟɪɟɯɨɞɭ ɫɭɞɧа. Навɟɞɟɧі 
ɪɟɡɭɥьɬаɬи ɞɨɡвɨɥяɬь ɧа яɤіɫɧɨ ɧɨвɨɦɭ ɪівɧі ɩіɞіɣɬи ɞɨ аɧаɥіɡɭ ɩɪɨɛɥɟɦи вɩɥивɭ ɥɸɞɫьɤɨɝɨ ɮаɤɬɨɪа ɧа аɞɟɤваɬɧі 
ɭɩɪавɥіɧɫьɤі ɪішɟɧɧя ɫɭɞɧɨвɨɞія. 

Виɫɧɨвɤи. Заɩɪɨɩɨɧɨваɧі ɮɨɪɦаɥьɧі ɩіɞɯɨɞи ɞɨɡвɨɥяɬь іɞɟɧɬиɮіɤɭваɬи ɩɟɪɟɯіɞ віɞ ɤɨɧɬɪɨɥьɨваɧɨɝɨ аɞɟɤваɬɧɨɝɨ ɫɬаɧɭ 
ɫɭɞɧɨвɨɞія ɞɨ ɧɟɤɨɧɬɪɨɥьɨваɧɨɝɨ ɫɬаɧɭ ɡ іɧɬɭʀɬивɧиɦи ɪɟаɤɰіяɦи. Наɭɤɨва ɧɨвиɡɧа ɩɨɥяɝає в ɬɨɦɭ, ɳɨ вɩɟɪшɟ ɪɨɡɪɨɛɥɟɧиɣ 
аɥɝɨɪиɬɦ ɮɨɪɦɭваɧɧя ɦɨɞɟɥі ɫɭɞɧɨвɨɞія ɭ ɞиɫɤɪɟɬɧɨɦɭ ɱаɫі, ɳɨ ɞɨɡвɨɥяє іɞɟɧɬиɮіɤɭваɬи ɣɨɝɨ ɩɨɥяɪɧі ɪɟаɤɰіʀ ɩіɞ ɱаɫ 
ɩɨɡашɬаɬɧиɯ ɫиɬɭаɰіɣ. ɉɪаɤɬиɱɧа ɰіɧɧіɫɬь ɩɨɥяɝає ɭ ɪɟɡɭɥьɬаɬаɯ ɟɤɫɩɟɪиɦɟɧɬɭ, ɳɨ ɞɨɡвɨɥиɥи іɞɟɧɬиɮіɤɭваɬи ɱаɫɨві 
ɩɟɪіɨɞи ɩɪɨявɭ ɧɟɝаɬивɧɨɝɨ ɥɸɞɫьɤɨɝɨ ɮаɤɬɨɪа ɫɭɞɧɨвɨɞія. ɉɟɪɫɩɟɤɬиваɦи ɩɨɞаɥьшиɯ ɞɨɫɥіɞɠɟɧь ɦɨɠɟ ɛɭɬи ɪɨɡɪɨɛɤа 
ɩɪɨɝɪаɦɧɨɝɨ ɡаɛɟɡɩɟɱɟɧɧя ɭ виɝɥяɞі ɟɤɫɩɟɪɬɧɨʀ ɫиɫɬɟɦи ɞɥя виɡɧаɱɟɧɧя віɞɯиɥɟɧь віɞ ɡаɞаɧɨɝɨ ɤɭɪɫɭ ɩіɞ ɱаɫ ɩɟɪɟɯɨɞɭ, а 
ɬаɤɨɠ ɧɟаɞɟɤваɬɧиɯ ɪɟаɤɰіɣ ɩɪи ɡɞіɣɫɧɟɧɧі ɤɥаɫиɱɧиɯ ɦаɧɟвɪів ɩɪи ɪɨɡɛіɠɧɨɫɬі ɫɭɞів в ɨɛɦɟɠɟɧиɯ ɪаɣɨɧаɯ. 

ɄɅЮЧОВІ СɅОВА: ɥɸɞɫьɤиɣ ɮаɤɬɨɪ, ɦɨɞɟɥь ɫɭɞɧɨвɨɞія, іɧɮɨɪɦаɰіɣɧиɣ ɩɨɪіɝ, ɩɨɡашɬаɬɧі ɫиɬɭаɰіʀ. 
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AɇɇОɌАɐɂə 

Аɤɬɭаɥьɧɨɫɬь. Раɫɫɦаɬɪиваɟɬɫя ɩɪɨɛɥɟɦа иɞɟɧɬиɮиɤаɰии ɩɪɨявɥɟɧия ɱɟɥɨвɟɱɟɫɤɨɝɨ ɮаɤɬɨɪа в ɤɨɧɬɟɤɫɬɟ ɩɨɥɟɡɧɨɫɬи 
ɧа ɦɨɪɫɤɨɦ ɬɪаɧɫɩɨɪɬɟ вɨ вɪɟɦя вɧɟшɬаɬɧɵɯ ɫиɬɭаɰиɣ. Цɟɥьɸ иɫɫɥɟɞɨваɧия явɥяɟɬɫя ɩɨвɵшɟɧиɟ ɛɟɡɨɩаɫɧɨɫɬи ɧа ɦɨɪɫɤɨɦ 
ɬɪаɧɫɩɨɪɬɟ ɩɨɫɪɟɞɫɬваɦ иɞɟɧɬиɮиɤаɰии ɩɨɡиɬивɧɨɝɨ и ɧɟɝаɬивɧɨɝɨ ɱɟɥɨвɟɱɟɫɤɨɝɨ ɮаɤɬɨɪа, а ɬаɤɠɟ аɧаɥиɡа ɩɨвɟɞɟɧɱɟɫɤиɯ 
ɪɟаɤɰиɣ вɥияɸɳиɯ ɧа ɩаɪаɦɟɬɪɵ ɩɟɪɟɯɨɞа ɫɭɞɧа.  

ɐɟɥь. Цɟɥьɸ ɪаɛɨɬɵ явɥяɟɬɫя ɨɩɪɟɞɟɥɟɧиɟ ɩɨɞɯɨɞɨв и ɩɨɫɬɪɨɟɧиɟ ɩɪɨɝɪаɦɦɧɵɯ ɫɪɟɞɫɬв, ɞɥя иɞɟɧɬиɮиɤаɰии ɩɟɪиɨɞɨв 
ɩɪɨявɥɟɧия ɱɟɥɨвɟɱɟɫɤɨɝɨ ɮаɤɬɨɪа ɫɭɞɨвɨɞиɬɟɥɟɣ вɨ вɪɟɦя вɧɟшɬаɬɧɵɯ ɫиɬɭаɰиɣ. 

Ɇɟɬɨɞ. В ɪаɦɤаɯ иɫɫɥɟɞɨваɧия ɨɩɪɟɞɟɥɟɧɵ виɞɵ ɩɪɨявɥɟɧия ɱɟɥɨвɟɱɟɫɤɨɝɨ ɮаɤɬɨɪа в ɮɨɪɦɟ иɧɬɭиɬивɧɨɝɨ (ɧɟɥɨɝиɱɧɨɝɨ) ɩɨвɟɞɟɧия ɫɭɞɨвɨɞиɬɟɥя. ɉɪивɨɞиɬɫя ɡавиɫиɦɨɫɬь иɧɬɭиɬивɧɨɝɨ ɩɨвɟɞɟɧия, ɤаɤ ɪɟаɤɰии, ɨɬ ɩɪɟвɵшɟɧия 
иɧɮɨɪɦаɰиɨɧɧɨɝɨ ɩɨɪɨɝа вɨɫɩɪияɬия ɫɥɭɠɟɛɧɨɣ иɧɮɨɪɦаɰии. Ɉɩɪɟɞɟɥɟɧɨ, ɱɬɨ ɪаɫɩɪɟɞɟɥɟɧиɟ иɧɮɨɪɦаɰиɨɧɧɨɣ ɧаɝɪɭɡɤи 
ɦɟɠɞɭ ɱɥɟɧаɦи ваɯɬɟɧɧɨɣ ɫɥɭɠɛɵ ɫɭɳɟɫɬвɟɧɧɨ ɫɧиɡиɬ иɧɮɨɪɦаɰиɨɧɧɵɣ ɩɨɪɨɝ ɫɭɞɨвɨɞиɬɟɥя в ɦɨɦɟɧɬ ɩɪиɧяɬия 
ɭɩɪавɥɟɧɱɟɫɤиɯ ɪɟшɟɧиɣ. Уɫɬаɧɨвɥɟɧɨ, ɱɬɨ ɷɬаɩɨɦ иɞɟɧɬиɮиɤаɰии явɥяɟɬɫя ɨɩɪɟɞɟɥɟɧиɟ ɛаɥаɧɫа иɧɮɨɪɦаɰиɨɧɧɵɯ 
вɨɡɞɟɣɫɬвиɣ ɧа ɫɭɞɨвɨɞиɬɟɥя и ɟɝɨ иɧɞивиɞɭаɥьɧɵɯ ɩɨɥяɪɧɵɯ ɪɟаɤɰиɣ. Ɉɩɪɟɞɟɥɟɧ ɰиɤɥ ɨɛɧɨвɥɟɧия ɦɨɞɟɥи ɫɭɞɨвɨɞиɬɟɥя 
ɩɨɫɪɟɞɫɬвɨɦ аɧаɥиɡа ɟɝɨ иɧɞивиɞɭаɥьɧɨɣ ɦɨɞɟɥи ɩɨвɟɞɟɧия ɩɪɟɞшɟɫɬвɭɸɳɟɣ иɧɬɟɥɥɟɤɬɭаɥьɧɨɣ ɞɟяɬɟɥьɧɨɫɬи. 
ɉɪɟɞɥɨɠɟɧɨ ɮɨɪɦаɥьɧɨɟ ɨɩиɫаɧиɟ ɩɪɨɫɬɪаɧɫɬва аɥьɬɟɪɧаɬив и ɪɟаɤɰиɣ ɫɭɞɨвɨɞиɬɟɥя в виɞɟ ɩɨɥяɪɧɵɯ ɝɪɭɩɩ в ɦɨɦɟɧɬ 
ɭɩɪавɥɟɧия ɫɭɞɧɨɦ. Раɡɪаɛɨɬаɧɨ ɩɪɨɝɪаɦɦɧɨɟ ɨɛɟɫɩɟɱɟɧиɟ, ɩɨɡвɨɥяɸɳɟɟ вɵɩɨɥɧяɬь аɧаɥиɡ ɬɪаɟɤɬɨɪии ɭɩɪавɥɟɧия ɫɭɞɧɨɦ 
ɧа ɩɪɟɞɦɟɬ ɨɛɧаɪɭɠɟɧия ɫɬɨɥɤɧɨвɟɧиɣ и иɞɟɧɬиɮиɰиɪɨваɬь ɩɟɪиɨɞɵ вɨɡɧиɤɧɨвɟɧия иɧɮɨɪɦаɰиɨɧɧɨɝɨ ɩɨɪɨɝа 
ɫɭɞɨвɨɞиɬɟɥя. Аɧаɥиɡ ɬɪаɟɤɬɨɪиɣ, ɩɨɡвɨɥиɥ ɫɞɟɥаɬь вɵвɨɞ, ɱɬɨ ɫɭɞɨвɨɞиɬɟɥь ɩɟɪɟɞ ɫɬɨɥɤɧɨвɟɧиɟɦ ɧаɯɨɞиɥɫя в ɩɨɥяɪɧɵɯ 
ɧа ɩɪɟɞɦɟɬ аɤɬивɧɨɫɬи ɫɨɫɬɨяɧияɯ аɤɬивɟɧ/ɩаɫɫивɟɧ, ɱɬɨ ɩɪяɦɨ-ɩɪɨɩɨɪɰиɨɧаɥьɧɨ ɨɬɪаɠаɥɨɫь ɧа ɫɤɨɪɨɫɬи ɯɨɞа ɫɭɞɧа, ɱɬɨ 
ɩɨɞɬвɟɪɠɞаɟɬ ɨɫɧɨвɧɭɸ ɝиɩɨɬɟɡɭ иɫɫɥɟɞɨваɧия. В ɤаɱɟɫɬвɟ ɦаɬɟɦаɬиɱɟɫɤɨɝɨ аɩɩаɪаɬа ɞɥя ɪɟшɟɧия ɡаɞаɱи ɤɥаɫɫиɮиɤаɰии 
иɧɞивиɞɭаɥьɧɵɯ ɪɟаɤɰиɣ ɫɭɞɨвɨɞиɬɟɥя ɩɪɟɞɥɨɠɟɧ ɮаɤɬɨɪɧɵɣ аɧаɥиɡ и ɨɛɭɱаɸɳая вɵɛɨɪɤа – ɛɨɥɟɟ ɱɟɦ ɞɟвяɬь ɬиɩɨвɵɯ 
ɫиɬɭаɰиɣ, ɩɨɡвɨɥяɸɳая аɞɟɤваɬɧɨ ɨɩɪɟɞɟɥяɬь ɩɨɥяɪɧɵɟ ɪɟаɤɰии ɩɨ ɩɪиɧɰиɩɭ ɩɨɥɟɡɧɨɫɬи.     
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Рɟзɭɥьɬаɬɵ. ɋ ɰɟɥьɸ ɩɨɞɬвɟɪɠɞɟɧия аɞɟɤваɬɧɨɫɬи ɩɪɟɞɥɨɠɟɧɧɵɯ ɮɨɪɦаɥьɧɨ-ɥɨɝиɱɟɫɤиɯ ɩɨɞɯɨɞɨв ɛɵɥ ɩɪɨвɟɞɟɧ 

ɷɤɫɩɟɪиɦɟɧɬ ɫ ɩɪиɦɟɧɟɧиɟɦ ɧавиɝаɰиɨɧɧɨɝɨ ɬɪɟɧаɠɟɪа Trainer Professional 5000 (NTPRO 5000). Рɟɡɭɥьɬаɬɵ ɷɤɫɩɟɪиɦɟɧɬа, а 
ɬаɤɠɟ ɪаɡɪаɛɨɬаɧɧɨɟ ɩɪɨɝɪаɦɦɧɨɟ ɨɛɟɫɩɟɱɟɧиɟ ɩɨɡвɨɥиɥи иɞɟɧɬиɮиɰиɪɨваɬь вɪɟɦɟɧɧɵɟ ɩɟɪиɨɞɵ ɩɪɨявɥɟɧия ɧɟɝаɬивɧɨɝɨ 
ɱɟɥɨвɟɱɟɫɤɨɝɨ ɮаɤɬɨɪа ɫɭɞɨвɨɞиɬɟɥя, вɵɡваɧɧɵɟ иɧɮɨɪɦаɰиɨɧɧɵɦ ɩɟɪɟɝɪɭɡɨɦ и ɨɩɪɟɞɟɥиɬь ɟɝɨ иɧɞивиɞɭаɥьɧɵɟ ɮаɤɬɨɪɵ-
ɫɬиɦɭɥɵ. ɉɪи ɷɬɨɦ, ɦɨɦɟɧɬ вɨɡɧиɤɧɨвɟɧия вɧɟшɬаɬɧɨɣ ɫиɬɭаɰии ɨɩɪɟɞɟɥяɥɫя ɩɭɬɟɦ аɧаɥиɡ ɬɪаɟɤɬɨɪии ɭɩɪавɥɟɧия ɫɭɞɧɨɦ 
ɩɨɫɪɟɞɫɬваɦ ɨɛɪаɛɨɬɤи log-ɮаɣɥɨв ɩɨ ɩɪɨɯɨɠɞɟɧиɸ ɥɨɤаɰии «Бɨɫɮɨɪ». 

Кɪɨɦɟ ɬɨɝɨ ɛɵɥ ɪаɡɪаɛɨɬаɧ аɥɝɨɪиɬɦ ɮɨɪɦиɪɨваɧия ɦɨɞɟɥи ɫɭɞɨвɨɞиɬɟɥя и ɟɟ ɨɛɧɨвɥɟɧия ɧа ɨɫɧɨвɟ иɧɞивиɞɭаɥьɧɵɯ 
ɩɟɪиɨɞɨв ɧɟɝаɬивɧɨɝɨ ɩɪɨявɥɟɧия ɱɟɥɨвɟɱɟɫɤɨɝɨ ɮаɤɬɨɪа. Раɫɫɦɨɬɪɟɧɵ ɨɫɨɛɟɧɧɨɫɬи вɨɡɧиɤɧɨвɟɧия иɧɮɨɪɦаɰиɨɧɧɨɝɨ 
ɞиɫɛаɥаɧɫа ɦɟɠɞɭ ɱɥɟɧаɦи ваɯɬɟɧɧɨɣ ɫɥɭɠɛɵ ɩɪи вɨɡɧиɤɧɨвɟɧии вɧɟшɬаɬɧɨɣ ɫиɬɭаɰии и ɨɫɨɛɟɧɧɨɫɬɟɣ ɟɝɨ иɞɟɧɬиɮиɤаɰии 
вɨ вɪɟɦя ɩɟɪɟɯɨɞа ɫɭɞɧа. ɉɪивɟɞɟɧɧɵɟ ɪɟɡɭɥьɬаɬɵ ɩɨɡвɨɥяɬ ɧа ɤаɱɟɫɬвɟɧɧɨ ɧɨвɨɦ ɭɪɨвɧɟ ɩɨɞɨɣɬи ɤ аɧаɥиɡɭ ɩɪɨɛɥɟɦɵ 
вɥияɧия ɱɟɥɨвɟɱɟɫɤɨɝɨ ɮаɤɬɨɪа ɧа аɞɟɤваɬɧɵɟ ɭɩɪавɥɟɧɱɟɫɤиɟ ɪɟшɟɧия ɫɭɞɨвɨɞиɬɟɥя. 

Вɵвɨɞɵ. ɉɪɟɞɥɨɠɟɧɧɵɟ ɮɨɪɦаɥьɧɵɟ ɩɨɞɯɨɞɵ ɩɨɡвɨɥяɬ иɞɟɧɬиɮиɰиɪɨваɬь ɩɟɪɟɯɨɞ ɨɬ ɤɨɧɬɪɨɥиɪɭɟɦɨɝɨ аɞɟɤваɬɧɨɝɨ 
ɫɨɫɬɨяɧия ɫɭɞɨвɨɞиɬɟɥя ɤ ɧɟɤɨɧɬɪɨɥиɪɭɟɦɨɦɭ ɫɨɫɬɨяɧиɸ ɫ иɧɬɭиɬивɧɵɦи ɪɟаɤɰияɦи. Наɭɱɧая ɧɨвиɡɧа ɡаɤɥɸɱаɟɬɫя в ɬɨɦ, 
ɱɬɨ вɩɟɪвɵɟ ɪаɡɪаɛɨɬаɧ аɥɝɨɪиɬɦ ɮɨɪɦиɪɨваɧия ɦɨɞɟɥи ɫɭɞɨвɨɞиɬɟɥя в ɞиɫɤɪɟɬɧɨɦ вɪɟɦɟɧи, ɱɬɨ ɩɨɡвɨɥяɟɬ 
иɞɟɧɬиɮиɰиɪɨваɬь ɟɝɨ ɩɨɥяɪɧɵɟ ɪɟаɤɰии вɨ вɪɟɦя вɧɟшɬаɬɧɵɯ ɫиɬɭаɰиɣ. ɉɪаɤɬиɱɟɫɤая ɰɟɧɧɨɫɬь ɡаɤɥɸɱаɟɬɫя в 
ɪɟɡɭɥьɬаɬаɯ ɷɤɫɩɟɪиɦɟɧɬа, ɤɨɬɪɵɟ ɩɨɡвɨɥиɥи иɞɟɧɬиɮиɰиɪɨваɬь вɪɟɦɟɧɧɵɟ ɩɟɪиɨɞɵ ɩɪɨявɥɟɧия ɧɟɝаɬивɧɨɝɨ 
ɱɟɥɨвɟɱɟɫɤɨɝɨ ɮаɤɬɨɪа ɫɭɞɨвɨɞиɬɟɥя. ɉɟɪɫɩɟɤɬиваɦи ɞаɥьɧɟɣшиɯ иɫɫɥɟɞɨваɧиɣ ɦɨɠɟɬ ɛɵɬь ɪаɡɪаɛɨɬɤа ɩɪɨɝɪаɦɦɧɨɝɨ 
ɨɛɟɫɩɟɱɟɧия в виɞɟ ɷɤɫɩɟɪɬɧɨɣ ɫиɫɬɟɦɵ ɨɩɪɟɞɟɥяɸɳɟɣ ɨɬɤɥɨɧɟɧия ɨɬ ɡаɞаɧɧɨɝɨ ɤɭɪɫа вɨ вɪɟɦя ɩɟɪɟɯɨɞа, а ɬаɤɠɟ 
ɧɟаɞɟɤваɬɧɵɯ ɪɟаɤɰиɣ ɩɪи ɫɨвɟɪшɟɧии ɤɥаɫɫиɱɟɫɤиɯ ɦаɧɟвɪɨв ɩɪи ɪаɫɯɨɠɞɟɧии ɫɭɞɨв в ɫɬɟɫɧɟɧɧɵɯ ɪаɣɨɧаɯ.  

ɄɅЮЧЕВЫЕ СɅОВА: ɱɟɥɨвɟɱɟɫɤиɣ ɮаɤɬɨɪ, ɦɨɞɟɥь ɫɭɞɨвɨɞиɬɟɥя, иɧɮɨɪɦаɰиɨɧɧɵɣ ɩɨɪɨɝ, вɧɟшɬаɬɧɵɟ ɫиɬɭаɰии.  
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Ʉɭзьɦіɧɫьɤиɣ Р. Ⱦ. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɨɪ, ɡавіɞɭваɱ ɤаɮɟɞɪи ɟɤɫɩɥɭаɬаɰіʀ ɬа ɬɟɯɧіɱɧɨɝɨ ɫɟɪвіɫɭ ɦашиɧ 

Львівɫьɤɨɝɨ ɧаɰіɨɧаɥьɧɨɝɨ аɝɪаɪɧɨɝɨ ɭɧівɟɪɫиɬɟɬɭ, Дɭɛɥяɧи, Уɤɪаʀɧа. 
Ɍɟɫɥюɤ В. Ɇ. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɨɪ, ɡавіɞɭваɱ ɤаɮɟɞɪи іɧɮɨɪɦаɰіɣɧиɯ ɫиɫɬɟɦ і ɬɟɯɧɨɥɨɝіɣ Наɰіɨɧаɥь-

ɧɨɝɨ ɭɧівɟɪɫиɬɟɬɭ «Львівɫьɤа ɩɨɥіɬɟɯɧіɤа», Львів, Уɤɪаʀɧа.  
AɇОɌАɐІə 

Аɤɬɭаɥьɧіɫɬь. Заɛɟɡɩɟɱɟɧɧя ɪɟɡɭɥьɬаɬивɧɨɫɬі ɬа ɛаɝаɬɨɮɭɧɤɰіɨɧаɥьɧɨɫɬі ɫɭɱаɫɧиɯ ɡаɫɨɛів ɨɛɪɨɛɥɟɧɧя віɡɭаɥьɧɨʀ іɧɮɨ-
ɪɦаɰіʀ виɦаɝає ɪɨɡɪɨɛɤи ɪіɡɧɨɦаɧіɬɧиɯ ɦɟɬɨɞів ɟɮɟɤɬивɧɨɝɨ виɤɨɧаɧɧя ɞиɫɤɪɟɬɧиɯ ɤɨɫиɧɭɫɧиɯ ɩɟɪɟɬвɨɪɧь. Віɞɩɨвіɞɧɨ 
виɦɨɝ ɫɭɱаɫɧиɯ віɞɟɨ ɫɬаɧɞаɪɬів, ɡаɛɟɡɩɟɱɟɧɧя виɫɨɤɨʀ ɱіɬɤɨɫɬі ɫɬиɫɧɟɧɨʀ віɡɭаɥьɧɨʀ іɧɮɨɪɦаɰіʀ ɞɨɫяɝаєɬьɫя ɧа ɨɫɧɨві аɞаɩ-
ɬивɧɨ ɛɥɨɱɧɨ-ɪɨɡɦіɪɧиɯ ɩɟɪɟɬвɨɪɟɧь, ɳɨ ɩɨɬɪɟɛɭє ɟɮɟɤɬивɧиɯ ɨɛɱиɫɥɸваɥьɧиɯ ɫɯɟɦ виɤɨɧаɧɧя ɞиɫɤɪɟɬɧиɯ ɤɨɫиɧɭɫɧиɯ 
ɩɟɪɟɬвɨɪɟɧь ɡɦіɧɧиɯ ɨɛɫяɝів.  

Ɇɟɬа ɪɨɛɨɬи – ɫɬвɨɪɟɧɧя ɭɡаɝаɥьɧɟɧɨʀ ɫɬɪɭɤɬɭɪɧɨʀ ɫɯɟɦи ɟɮɟɤɬивɧɨɝɨ ɨɛɱиɫɥɟɧɧя ɰіɥɨɱиɫɟɥьɧɨɝɨ ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭ-
ɫɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя ɧа ɨɫɧɨві ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ ɨɛɫяɝів ɪівɧиɯ ɰіɥіɣ ɫɬɟɩɟɧі ɞвіɣɤи, ɳɨ ɡаɛɟɡɩɟɱɭє ɧиɡьɤɭ ɨɛɱиɫɥɸваɥьɧɭ 
ɫɤɥаɞɧіɫɬь і ɦɨɠɥивіɫɬь ɡаɫɬɨɫɭваɧɧя в ɫиɫɬɟɦаɯ ɫɬиɫɧɟɧɧя віɡɭаɥьɧɨʀ іɧɮɨɪɦаɰіʀ ɧа ɨɫɧɨві аɞаɩɬивɧɨ ɛɥɨɱɧɨ-ɪɨɡɦіɪɧиɯ 
ɩɟɪɟɬвɨɪɟɧь. 

Ɇɟɬɨɞ. Заɩɪɨɩɨɧɨваɧɨ виɤɨɪиɫɬаɧɧя ɬвіɪɧиɯ ɦаɫивів ɞɥя ɟɮɟɤɬивɧɨɝɨ ɫиɧɬɟɡɭ аɥɝɨɪиɬɦів ɬа ɫɬɪɭɤɬɭɪɧиɯ ɫɯɟɦ ɨɛɱиɫ-
ɥɟɧɧя ɰіɥɨɱиɫɟɥьɧɨɝɨ ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя ɧа ɨɫɧɨві ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ.  

Рɟзɭɥьɬаɬи. ɉіɞɫɭɦɤɨɦ ɞɨɫɥіɞɠɟɧɧя є ɪɨɡɪɨɛɥɟɧɧя ɭɡаɝаɥьɧɟɧɨʀ ɫɬɪɭɤɬɭɪɧɨʀ ɫɯɟɦи виɤɨɧаɧɧя ɰіɥɨɱиɫɟɥьɧɨɝɨ ɞиɫɤɪɟɬ-
ɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя ɨɛɫяɝів ɪівɧиɯ ɰіɥіɣ ɫɬɟɩɟɧі ɞвіɣɤи ɞɥя ɫиɫɬɟɦ ɫɬиɫɧɟɧɧя віɡɭаɥьɧɨʀ іɧɮɨɪɦаɰіʀ ɧа ɨɫɧɨві 
аɞаɩɬивɧɨ ɛɥɨɱɧɨ-ɪɨɡɦіɪɧиɯ ɩɟɪɟɬвɨɪɟɧь.  

Виɫɧɨвɤи. У ɩɪɨвɟɞɟɧɨɦɭ ɞɨɫɥіɞɠɟɧɧі ɡаɫɬɨɫɨваɧɨ ɩіɞɯіɞ ɩɪивɟɞɟɧɧя ɛаɡиɫɭ ɰіɥɨɱиɫɟɥьɧɨɝɨ ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ 
ɩɟɪɟɬвɨɪɟɧɧя ɞɨ ɧаɛɨɪɭ ɰиɤɥіɱɧиɯ ɡɥіва ɩіɞɦаɬɪиɰь, ɳɨ ɞɨɡвɨɥяє ɨɛɱиɫɥɸваɬи ɩɟɪɟɬвɨɪɟɧɧя ɧа ɨɫɧɨві ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ. 
Ɉɫɧɨвɧа іɞɟя ɡаɫɬɨɫɭваɧɧя ɧаɥɟɠɧɨɝɨ ɦаɬɟɦаɬиɱɧɨɝɨ аɩаɪаɬɭ ɩɨɥяɝає ɭ виɤɨɪиɫɬаɧɧі ɬвіɪɧиɯ ɦаɫивів, ɳɨ ɦіɫɬяɬь ɫɬиɫɥиɣ 
ɨɩиɫ ɛɥɨɱɧɨ-ɰиɤɥіɱɧɨʀ ɫɬɪɭɤɬɭɪи ɛаɡиɫɭ ɩɟɪɟɬвɨɪɟɧɧя. На ɨɫɧɨві ɨɞɟɪɠаɧɨɝɨ ɧаɛɨɪɭ ɰиɤɥіɱɧиɯ ɩіɞɦаɬɪиɰь яɞɪа ɩɟɪɟɬвɨ-
ɪɟɧɧя ɪɨɡɪɨɛɥɟɧɨ ɭɡаɝаɥьɧɟɧɧɭ ɫɬɪɭɤɬɭɪɧɭ ɫɯɟɦɭ ɟɮɟɤɬивɧɨɝɨ виɤɨɧаɧɧя ɰіɥɨɱиɫɟɥьɧɨɝɨ ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ ɩɟɪɟ-
ɬвɨɪɟɧɧя ɤɨɪɨɬɤиɯ ɨɛɫяɝів ɪівɧиɯ ɰіɥіɣ ɫɬɟɩɟɧі ɞвіɣɤи. Ɉɛɱиɫɥɟɧɧя віɞɩɨвіɞɧɨɝɨ ɧаɛɨɪɭ ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ ɬа ɨɛ’єɞɧаɧɧя ʀɯ 
ɪɟɡɭɥьɬаɬів ɡа ɫɬɪɭɤɬɭɪɧɨɸ ɫɯɟɦɨɸ ɡаɛɟɡɩɟɱɭє виɤɨɧаɧɧя аɞаɩɬивɧɨ ɛɥɨɱɧɨ-ɪɨɡɦіɪɧиɯ ɩɟɪɟɬвɨɪɟɧь ɞɥя ɫиɫɬɟɦ ɫɬиɫɧɟɧɧя 
віɡɭаɥьɧɨʀ іɧɮɨɪɦаɰіʀ.   

ɄɅЮЧОВІ СɅОВА: ɰіɥɨɱиɫɟɥьɧɟ ɞиɫɤɪɟɬɧɟ ɤɨɫиɧɭɫɧɟ ɩɟɪɟɬвɨɪɟɧɧя, ɰиɤɥіɱɧа ɡɝɨɪɬɤа, ɬвіɪɧиɣ ɦаɫив, ɫɬиɫɧɟɧɧя ɡɨ-
ɛɪаɠɟɧь, аɞаɩɬивɧɟ ɛɥɨɱɧɨ-ɪɨɡɦіɪɧɟ ɩɟɪɟɬвɨɪɟɧɧя.  

АȻРЕВІАɌɍРɂ AVC − Advanced Video Coding; AVS − Audio Video Standard; HEVC − High Efficiency Video Coding; MPEG − Moving Picture Experts Group; VC − Video Coding; AБɉ − аɞаɩɬивɧɟ ɛɥɨɱɧɨ-ɪɨɡɦіɪɧɟ ɩɟɪɟɬвɨɪɟɧɧя; 
НВІɋ − ɧаɞвɟɥиɤа іɧɬɟɝɪаɥьɧа ɫɯɟɦа; 
ɉȿ − ɩɪɨɰɟɫɨɪɧиɣ ɟɥɟɦɟɧɬ; 
ɉЛІɋ − ɩɪɨɝɪаɦɨваɧа ɥɨɝіɱɧа іɧɬɟɝɪаɥьɧа ɫɯɟɦа; 
ЦДКɉ − ɰіɥɨɱиɫɟɥьɧɟ ɞиɫɤɪɟɬɧɟ ɤɨɫиɧɭɫɧɟ ɩɟɪɟ-

ɬвɨɪɟɧɧя. 
 

ɇОɆЕɇɄɅАɌɍРА 
a − ɤіɥьɤіɫɬь ɨɩɟɪаɰіɣ ɞɨɞаваɧɧя ɞɥя ɨɛɱиɫɥɟɧɧя 

ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ; 
dN −  ɦаɬɪиɰя ɤɨɟɮіɰієɧɬів ɧɨɪɦɭваɧɧя; 
Н(n) − ɬвіɪɧиɣ ɦаɫив; 
Нi(ni) − ɬвіɪɧиɣ ɩіɞɦаɫив; 
ICNxN  − ɦаɬɪиɰя ɰіɥɨɱиɫɟɥьɧɨɝɨ яɞɪа ɞиɫɤɪɟɬɧɨɝɨ 

ɤɨɫиɧɭɫɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя; m − ɤіɥьɤіɫɬь ɨɩɟɪаɰіɣ ɦɧɨɠɟɧɧя ɞɥя ɨɛɱиɫɥɟɧɧя 
ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ.  

N − ɨɛɫяɝ ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя;  
x(n) − вɯіɞɧа ɩɨɫɥіɞɨвɧіɫɬь ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭɫ-

ɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя; )(2 kX c
N  − виɯіɞɧа ɩɨɫɥіɞɨвɧіɫɬь ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫи-

ɧɭɫɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя.  
ВСɌɍɉ 

Шиɪɨɤɟ виɤɨɪиɫɬаɧɧя ɫɬаɬиɱɧиɯ ɬа ɞиɧаɦіɱɧиɯ 
ɞаɧиɯ віɡɭаɥьɧɨʀ іɧɮɨɪɦаɰіʀ ɩɨɬɪɟɛɭє ɡɧаɱɧиɯ ɨɛ’єɦів 
іɧɮɨɪɦаɰіʀ ɬа ɱаɫɭ ɞɥя ʀɯ ɡɛɟɪіɝаɧɧя ɬа ɨɩɪаɰɸваɧɧя. 
Таɤ в аɝɪаɪɧіɣ ɩɪɨɦиɫɥɨвɨɫɬі ɩɪɨвɨɞяɬьɫя ɞɟɬаɥьɧі 
ɮɨɬɨɝɪаɮɭваɧɧя вɟɥиɤиɯ ɬɟɪиɬɨɪіɣ ɫіɥьɫьɤɨɝɨɫɩɨɞаɪ-
ɫьɤиɯ ɭɝіɞь в ɪіɡɧі ɩɪɨɦіɠɤи ɱаɫɭ ɞɥя аɧаɥіɡɭ ɯɨɞɭ 
ɫіɥьɫьɤɨɝɨɫɩɨɞаɪɫьɤиɯ ɪɨɛіɬ, ɫɬаɧɭ ɪɨɫɬɭ ɭɪɨɠаɸ, 
ɩɪɨвɟɞɟɧɧя ɨɪаɧɤи ɬа іɧшɟ [1]. Ці ɡɧаɱɧі ɨɛ’єɦи  
віɞɟɨɞаɧиɯ ɞɨɤɭɦɟɧɬɭɸɬьɫя, ɨɛɪɨɛɥяɸɬьɫя, ɡаɯиɳа-
ɸɬьɫя, ɳɨ ɩɨɬɪɟɛɭє віɞɩɨвіɞɧиɯ ɡаɫɨɛів ɞɥя ɨɛ’єɤɬɧиɯ 
і ɛɨɪɬɨвиɯ ɫиɫɬɟɦ ɫіɥьɫьɤɨɝɨɫɩɨɞаɪɫьɤɨʀ ɬɟɯɧіɤи. 
Заɫɬɨɫɭваɧɧя ɤɨɦɩɥɟɤɫɭ ɟɮɟɤɬивɧиɯ аɥɝɨɪиɬɦів 

ɨɛɪɨɛɤи ɫɬиɫɧɟɧɧя, ɤɨɞɭваɧɧя ɬа шиɮɪɭваɧɧя вɯіɞ-
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ɧиɯ ɩɨɬɨɤів ɞаɧиɯ ɡаɛɟɡɩɟɱɭє ɩіɞвиɳɟɧɧя швиɞɤɨɞіʀ 
ɮɨɪɦɭваɧɧя ɬа ɩɟɪɟɞаваɧɧя іɧɮɨɪɦаɰіɣɧɨ-
ɤɨɦɭɧіɤаɰіɣɧиɦи ɫиɫɬɟɦаɦи ɤɨɦɩаɤɬɧиɯ, ɡаɯиɳɟɧиɯ 
ɩаɤɟɬів ɞɨɫɬɨвіɪɧɨʀ і ɬɨɱɧɨʀ іɧɮɨɪɦаɰіʀ. Завɞяɤи ɟɮɟɤ-
ɬивɧиɦ аɥɝɨɪиɬɦаɦ, ɡі ɡɧаɱɧиɦ ɡɦɟɧшɟɧɧяɦ ɨɛɱиɫ-
ɥɸваɥьɧиɯ ɡаɬɪаɬ, ɞɨɫяɝаєɬьɫя ɡɦɟɧшɟɧɧя іɧɮɨɪɦа-
ɰіɣɧɨɝɨ ɨɛ’єɦɭ ɩɪɟɞɫɬавɥɟɧɧя віɡɭаɥьɧɨʀ ɞаɧиɯ [2]. 
Мɟɬɨɞи ɫɬиɫɧɟɧɧя ɡɨɛɪаɠɟɧь ɛаɡɭɸɬьɫя ɧа ɦɨɞиɮіɤа-
ɰіʀ ɣ ɭɫіɱɟɧɧі ɪɟɡɭɥьɬаɬів ɞиɫɤɪɟɬɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя. 
Наɣɤɪаɳиɦ ɡаɫɨɛɨɦ ɫɬиɫɧɟɧɧя ɪɟаɥьɧиɯ ɡɨɛɪаɠɟɧь, 
ɩɪи ɧаɛɥиɠɟɧɧі ɤɨɟɮіɰієɧɬа ɤɨɪɟɥяɰіʀ ɞɨ ɨɞиɧиɰі, є 
ɞиɫɤɪɟɬɧɟ ɤɨɫиɧɭɫɧɟ ɩɟɪɟɬвɨɪɟɧɧя. ɋɬаɧɞаɪɬɨɦ ISO IEC ɡаɬвɟɪɞɠɟɧɨ віɫіɦ ɬиɩів ДКɉ I-VIII. Виɤɨɪиɫɬаɧ-
ɧя ДКɉ в аɥɝɨɪиɬɦаɯ ɫɬиɫɧɟɧɧя ɡɨɛɪаɠɟɧь ɦіɧіɦіɡɭє 
ɛɥɨɱɧі ɫɩɨɬвɨɪɟɧɧя, ɡаɛɟɡɩɟɱɭє ɥіɧіɣɧіɫɬь ɮаɡи ɬа 
іɧшɟ. В ɫɭɱаɫɧиɯ віɞɟɨɫɬаɧɞаɪɬаɯ H.264/MPEG-4 AVC, VC-1, AVS [3], H.265(HEVC) [4] ɩɟɪɟваɝɭ віɞ-
ɞаɸɬь ɡаɫɬɨɫɭваɧɧɸ швиɞɤиɯ аɥɝɨɪиɬɦів ДКɉ-IІ ɞɪɭ-
ɝɨɝɨ ɬиɩɭ [5]. 
Оɛ’єɤɬɨɦ ɞɨɫɥіɞɠɟɧɧя є ɩɪɨɰɟɫ ɪɨɡɪɨɛɤи ɭɡаɝаɥь-

ɧɟɧɨʀ ɫɬɪɭɤɬɭɪɧɨʀ ɫɯɟɦи ɟɮɟɤɬивɧɨɝɨ ɨɛɱиɫɥɟɧɧя ɰі-
ɥɨɱиɫɟɥьɧɨɝɨ ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя 
ɧа ɨɫɧɨві ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ ɞɥя ɤɨɪɨɬɤиɯ ɨɛɫяɝів ɪів-
ɧиɯ ɰіɥіɣ ɫɬɟɩɟɧі ɞвіɣɤи. 
ɉɪɟɞɦɟɬɨɦ ɞɨɫɥіɞɠɟɧɧя є ɫɬɪɭɤɬɭɪи ɡ ɧаɛɨɪɨɦ 

ɰиɤɥіɱɧиɯ ɩіɞɦаɬɪиɰь ɰіɥɨɱиɫɟɥьɧɨɝɨ яɞɪа ɞиɫɤɪɟɬ-
ɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя ɨɛɫяɝів ɪівɧиɯ ɰіɥіɣ 
ɫɬɟɩɟɧі ɞвіɣɤи. 
Ɇɟɬɨю ɪɨɛɨɬи є ɟɮɟɤɬивɧɟ виɤɨɪиɫɬаɧɧя ɛɥɨɤів 

виɤɨɧаɧɧя ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ в ɫɬɪɭɤɬɭɪɧіɣ ɫɯɟɦі ви-
ɤɨɧаɧɧя аɞаɩɬивɧɨ ɛɥɨɱɧɨ-ɪɨɡɦіɪɧиɯ ɩɟɪɟɬвɨɪɟɧь 
ɞɥя ɫиɫɬɟɦ ɫɬиɫɧɟɧɧя ɡɨɛɪаɠɟɧь.  

1 ɉОСɌАɇОВɄА ɁАȾАЧІ 
Нɟɯаɣ ɡаɞаɧɨ ɫɬиɫɥиɣ ɨɩиɫ ICNxN ɦаɬɪиɰі ɰіɥɨɱи-

ɫɟɥьɧɨɝɨ яɞɪа ДКɉ-ІІ ɭ виɞі ɬвіɪɧɨɝɨ ɦаɫивɭ Н(n) ɞɥя 
ɡɧаɱɟɧɧя ɨɛɫяɝɭ ɩɟɪɟɬвɨɪɟɧɧя N ɭ виɝɥяɞі [6]  

Н(n) = Н1(n1) Н2(n2) … Нk(nk), (1) 
ɞɟ k – ɱиɫɥɨ ɬвіɪɧиɯ ɩіɞɦаcивів, n – ɨɛɫяɝ ɦаɫивɭ, 
яɤиɣ ɪівɧиɣ n=2N–1.  
Заɞаɱа ɩɨɛɭɞɨви ɭɡаɝаɥьɧɟɧɨʀ ɫɬɪɭɤɬɭɪɧɨʀ ɫɯɟɦи 

виɤɨɧаɧɧя ɰіɥɨɱиɫɟɥьɧɨɝɨ ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ 
ɩɟɪɟɬвɨɪɟɧɧя ɨɛɫяɝів ɪівɧиɯ ɰіɥіɣ ɫɬɟɩɟɧі ɞвіɣɤи ɞɥя 
ɫиɫɬɟɦ виɤɨɧаɧɧя аɞаɩɬивɧɨ ɛɥɨɱɧɨ-ɪɨɡɦіɪɧиɯ ɩɟɪɟ-
ɬвɨɪɟɧь виɫɨɤɨяɤіɫɧɨɝɨ ɫɬиɫɧɟɧɧя віɡɭаɥьɧɨʀ іɧɮɨɪ-
ɦаɰіʀ ɩɨɥяɝає ɭ виɡɧаɱɟɧɧі ɬа аɧаɥіɡі ɫɤɥаɞɭ ɬвіɪɧиɯ 
ɩіɞɦаɫивів Нi (ni). 
Дɥя ɭɡаɝаɥьɧɟɧɧя ɨɞɟɪɠаɧиɯ ɪɟɡɭɥьɬаɬів ɫɤɥаɞɭ 

ɬвіɪɧиɯ ɩіɞɦаɫивів Нi (ni) ɦɨɠɟ ɛɭɬи виɤɨɪиɫɬаɧа ɩɨ-
ɛɭɞɨва ɰіɥɨɱиɫɟɥьɧиɯ ɦаɬɪиɱɧиɯ ɫɬɪɭɤɬɭɪ ЦДКɉ-II 
ɤɨɪɨɬɤиɯ ɨɛɫяɝів ɪівɧиɯ ɰіɥіɣ ɫɬɟɩɟɧі ɞвіɣɤи, ɳɨ в 
ɪɟɡɭɥьɬаɬі виɡɧаɱиɬь ɪɨɡɩɨɞіɥ ɰиɤɥіɱɧиɯ ɩіɞɦаɬɪиɰь 
в ɛаɡиɫɧіɣ ɦаɬɪиɰі ЦДКɉ-II.  

2 ОГɅəȾ ɅІɌЕРАɌɍРɂ 
ɋɭɱаɫɧɨɸ ɞɨɦіɧɭɸɱɨɸ ɬɟɯɧɨɥɨɝієɸ ɛаɝаɬьɨɯ ɫɬа-

ɧɞаɪɬів є виɤɨɪиɫɬаɧɧя швиɞɤиɯ аɥɝɨɪиɬɦів ЦДКɉ 
ɩɟɪɟɬвɨɪɟɧь віɡɭаɥьɧɨʀ іɧɮɨɪɦаɰіʀ ɞɥя ʀʀ ɫɬиɫɧɟɧɧя, 

аɞɠɟ вɨɧɨ виɦаɝає ɰіɥɨɱиɫɟɥьɧиɯ ɨɩɟɪаɰіɣ [7]. Дɥя 
ɟɮɟɤɬивɧɨɝɨ ɨɛɱиɫɥɟɧɧя ЦДКɉ-II ɡаɫɬɨɫɨвɭɸɬьɫя 
ɪіɡɧі ɮɨɪɦи ɡаɩиɫɭ ɫɟɪɟɞ ɧиɯ ɦаɬɪиɱɧɟ ɦɧɨɠɟɧɧя ɡ 
ɱаɫɬɤɨвɨɸ ɮаɤɬɨɪиɡаɰієɸ (partial butterfly) [8], ɩɨ-
вɧɨɸ ɮаɤɬɨɪиɡаɰіʀ (full factorization form) [9] ɬа іɧші. 
В ɪɨɛɨɬі [10] ɩɪɨвɟɞɟɧɨ аɧаɥіɡ ɬа ɪɨɡɝɥяɧɭɬɨ ɦаɬ-

ɪиɱɧі ɦɟɬɨɞи ɩɨɛɭɞɨви швиɞɤиɯ ЦДКɉ ɞɥя ɨɛɫяɝів 8, 16. Шɥяɯɨɦ ɩɟɪɟɫɬаɧɨвɤи ɪяɞɤів ɰіɥɨɱиɫɟɥьɧɨɝɨ яɞɪа 
ɩɟɪɟɬвɨɪɟɧɧя ɧа ɨɫɧɨві ɨɛɟɪɧɟɧиɯ ɞɨɫɤɨɧаɥиɯ ɩɟɪɟ-
ɫɬаɧɨвɨɤ, а ɞаɥі ɞвіɣɤɨвиɦи ɪɟвɟɪɫивɧиɦи ɩɟɪɟɫɬаɧɨ-
вɤаɦи і ɩɟɪɟɫɬаɧɨвɤаɦи ɩɨ ɤɨɞɭ Ƚɪɟя ɨɛɱиɫɥɟɧɧя 
ЦДКɉ ɞɥя ɨɛɫяɝɭ 16 ɩɪивɨɞиɬьɫя ɞɨ виɤɨɪиɫɬаɧɧя 
швиɞɤиɯ аɥɝɨɪиɬɦів 8-ɦи і 4-ɯ ɬɨɱɤɨвиɯ ЦДКɉ. Ціɥɨ-
ɱиɫɟɥьɧа аɩɪɨɤɫиɦаɰія ДКɉ ɡ швиɞɤиɦи аɥɝɨɪиɬɦа-
ɦи ɧиɡьɤɨʀ ɨɛɱиɫɥɸваɥьɧɨʀ ɫɤɥаɞɧɨɫɬі ɞɥя ɨɛɫяɝів 16, 32 ɨɩиɫаɧа в ɪɨɛɨɬі [11]. 
Ɉɞɧаɤ, ɪɟаɥіɡаɰія ɞаɧиɯ швиɞɤиɯ аɥɝɨɪиɬɦів ɩɨ-

ɬɪɟɛɭє ɩɨɞаɥьшɨɝɨ ɪɨɡɪɨɛɥɟɧɧя ɦɟɬɨɞів ɫиɧɬɟɡɭ аɥ-
ɝɨɪиɬɦів ɬа ɝɧɭɱɤиɯ ɫɬɪɭɤɬɭɪɧиɯ ɫɯɟɦ виɤɨɧаɧɧя ɰі-
ɥɨɱиɫɟɥьɧɨɝɨ ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя 
ɡɦіɧɧиɯ ɨɛɫяɝів ɪівɧиɯ ɰіɥіɣ ɫɬɟɩɟɧі ɞвіɣɤи в ɫиɫɬɟ-
ɦаɯ ɫɬиɫɧɟɧɧя віɡɭаɥьɧɨʀ іɧɮɨɪɦаɰіʀ ɧа ɨɫɧɨві аɞаɩ-
ɬивɧɨ ɛɥɨɱɧɨ-ɪɨɡɦіɪɧиɯ ɩɟɪɟɬвɨɪɟɧь.  

3 ɆАɌЕРІАɅɂ І ɆЕɌОȾɂ 
Дɥя ɡɦɟɧшɟɧɧя ɧаɞɥишɤɨвɨɫɬі ɞаɧиɯ ɡɨɛɪаɠɟɧь 

аɛɨ віɞɟɨɤаɞɪів шиɪɨɤɨ виɤɨɪиɫɬɨвɭɸɬь ɞиɫɤɪɟɬɧɟ 
ɤɨɫиɧɭɫɧɟ ɩɟɪɟɬвɨɪɟɧɧя ɞɪɭɝɨɝɨ ɬиɩɭ виɞɭ ДКɉ-II    ,1,...,1,0],2 )12(cos[)()(2)( 102 −=

π+
α= ∑

−

=
Nk

N
nknxn

N
kX

N

n

c
N  (2) 

ɞɟ x(n) – вɯіɞɧа ɩɨɫɥіɞɨвɧіɫɬь ɩɟɪɟɬвɨɪɟɧɧя, 
n=0,1,…,N–1;  α(n)=1/√2 , яɤɳɨ  n=0, іɧаɤшɟ α(n)=1.  
ДКɉ-II  віɞɨɛɪаɠає ɨɫɧɨвɧиɣ ɟɧɟɪɝɟɬиɱɧиɣ ɫɩɟɤɬɪ 

ɫиɝɧаɥɭ в ɧиɡьɤɨɱаɫɬɨɬɧіɣ ɨɛɥаɫɬі, ɳɨ ɞɨɡвɨɥяє ɩɪи 
ɫɬиɫɧɟɧɧі ɧɟ вɪаɯɨвɭваɬи виɫɨɤɨɱаɫɬɨɬɧі ɫɤɥаɞɨві.  В 
ɪɟɡɭɥьɬаɬі ɛіɥьша ɱаɫɬиɧа ɟɧɟɪɝіʀ ɬɪаɧɫɮɨɪɦɨваɧиɯ 
ɞаɧиɯ ɤɨɧɰɟɧɬɪɭєɬьɫя в ɦаɥɨɦɭ ɱиɫɥі ɤɨɟɮіɰієɧɬів 
ɩɟɪɟɬвɨɪɟɧɧя.  
Ціɥɨɱиɫɟɥьɧɟ ɞиɫɤɪɟɬɧɟ ɤɨɫиɧɭɫɧɟ ɩɟɪɟɬвɨɪɟɧɧя (ЦДКɉ-II) в ɦаɬɪиɱɧіɣ ɮɨɪɦі ɨɩиɫɭєɬьɫя ɱɟɪɟɡ ɭ виɞі  

XN  = ICNxN  xN  dN , (3)
 

ɞɟ ICNxN – ɦаɬɪиɰя ɰіɥɨɱиɫɟɥьɧɨɝɨ яɞɪа, xN– вɯіɞɧа 
ɩɨɫɥіɞɨвɧіɫɬь ɩɟɪɟɬвɨɪɟɧɧя, dN  – ɦаɬɪиɰя ɤɨɟɮіɰієɧ-
ɬів ɧɨɪɦɭваɧɧя.  
В ɫɭɱаɫɧиɯ ɫɬаɧɞаɪɬаɯ віɞɟɨɤɨɞɭваɧɧя MPEG-4, AVC/H.264, HEVC/H.265, VC-1 ɬа AVS, ɡаɫɬɨɫɨвɭɸɬь 

ЦДКɉ ɨɛɫяɝів 4, 8, 16, 32.  Рɨɡɪɨɛɤа ЦДКɉ ɩɨвиɧɧа 
віɞɩɨвіɞаɬи ɧаɫɬɭɩɧиɦ виɦɨɝаɦ:  – ɰіɥɨɱиɫɟɥьɧі ɛаɡиɫɧі ɮɭɧɤɰіʀ ɪяɞɤів ЦДКɉ ɩɨ-
виɧɧі ɛɭɬи ɦаɤɫиɦаɥьɧɨ ɧаɛɥиɠɟɧі ɩɨ ɮɨɪɦі ɞɨ ɛаɡи-
ɫɧиɯ ɮɭɧɤɰіɣ ДКɉ; – ɛаɡиɫɧі вɟɤɬɨɪи яɞɪа ЦДКɉ ɦіɫɬяɬь ɬіɥьɤи ɰіɥі 
ɡɧаɱɟɧɧя и явɥяɸɬьɫя ɧɟɧɨɪɦɨваɧиɦи, ɬɨɦɭ, ɤɪіɦ ви-
ɤɨɧаɧɧя ɩɟɪɟɬвɨɪɟɧɧя, виɧиɤає ɧɟɨɛɯіɞɧіɫɬь в ɩɪɨɰɟ-
ɫаɯ ɦаɫшɬаɛɭваɧɧя. 
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X  (4) 
ɞɟ віɞɩɨвіɞɧɨ ɭɦɨви ɨɪɬɨɝɨɧаɥьɧɨɫɬі ɛаɡиɫɧиɯ вɟɤɬɨ-
ɪів .6,1 2AB =  ɋɬиɫɧɟɧɧя віɞɟɨɞаɧиɯ ɧа ɨɫɧɨві ɛɥɨ-
ɤів ɡ виɤɨɪиɫɬаɧɧяɦ ЦДКɉ-II є ɞɨɦіɧɭɸɱɨɸ ɬɟɯɧɨɥɨ-
ɝієɸ ɛаɝаɬьɨɯ ɫɬаɧɞаɪɬів, аɞɠɟ вɨɧɨ виɦаɝає ɰіɥɨɱи-
ɫɟɥьɧиɯ ɨɩɟɪаɰіɣ.    
Рɟаɥіɡаɰія швиɞɤиɯ аɥɝɨɪиɬɦів в ɫиɫɬɟɦаɯ ɫɬиɫ-

ɧɟɧɧя віɡɭаɥьɧɨʀ іɧɮɨɪɦаɰіʀ ɩɨɬɪɟɛɭє ɧаявɧɨɫɬі шви-
ɞɤиɯ ЦДКɉ ɦɟɧшиɯ ɨɛɫяɝів ɪівɧиɯ ɰіɥіɣ ɫɬɟɩɟɧі ɞва, 
ɳɨ ɦаɸɬь ɤɨɧɤɪɟɬɧі аɥɝɨɪиɬɦи ɫвɨɝɨ виɤɨɧаɧɧя.  
Ɉɫɨɛɥивиɣ ɩіɞɯіɞ ɟɮɟɤɬивɧɨɝɨ ɨɛɱиɫɥɟɧɧя ДКɉ – 

ɰɟ ɩɪɟɞɫɬавɥɟɧɧя ɛаɡиɫɧɨʀ ɦаɬɪиɰі ɭ виɞі ɧаɛɨɪɭ ɰиɤ-
ɥіɱɧиɯ ɩіɞɦаɬɪиɰь [6]. Ɉɫɧɨва ɦɟɬɨɞиɤи ɛаɡɭєɬьɫя 
виɡɧаɱɟɧɧі ɬвіɪɧɨɝɨ ɦаɫивɭ Н(n) ɞɥя ɡɧаɱɟɧɧя ɨɛɫяɝɭ 
ɩɟɪɟɬвɨɪɟɧɧя N. Твіɪɧиɣ ɦаɫив Н(n), ɦɨɠɧа ɨɞɟɪɠаɬи 
ɡ виɤɨɪиɫɬаɧɧяɦ ɩіɞɫɬаɧɨвɤи ɡа ɩɟɪшиɦ ɬа віɞɩɨвіɞɧɨ 
виɛɪаɧиɦ ɧɟɩаɪɧиɦ ɪяɞɤɨɦ ɰіɥɨɱиɫɟɥьɧɨʀ ɦаɬɪиɰі 
аɪɝɭɦɟɧɬів ɛаɡиɫɧɨʀ ɮɭɧɤɰіʀ ДКɉ-ІІ. 
Рɨɡɝɥяɧɟɦɨ ɞаɧиɣ ɩіɞɯіɞ ɞɥя ЦДКɉ-II ɪɨɡɦіɪɧɨɫɬі 

N = 8 [12]. Вɪаɯɭвавши ɭɦɨви ɨɪɬɨɝɨɧаɥьɧɨɫɬі ɰіɥɨ-
ɱиɫɟɥьɧиɯ ɤɨɟɮіɰієɧɬів a,b,c,d,e,f [13], ɳɨ ɮɨɪɦɭɸɬь 
ɰіɥɨɱиɫɟɥьɧɟ яɞɪɨ ɩɟɪɟɬвɨɪɟɧɧя,  ɦаɬɪиɰя IC8x8 ɦɨɠɟ 
ɛɭɬи ɩɨɞаɧа ɭ виɞі  .11111111 1111111188
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IC  (5) 
Наɛɨɪи ɰіɥɨɱиɫɟɥьɧиɯ ɟɥɟɦɟɧɬів ɩɨвɬɨɪɸɸɬьɫя в 

ɪяɞɤаɯ ɦаɬɪиɰі (5) ɧа ɨɫɧɨві вɥаɫɬивɨɫɬі ɫиɦɟɬɪиɱɧɨ-
ɫɬі ɛаɡиɫɭ ɩɟɪɟɬвɨɪɟɧɧя, ɞɟ ɤɨɫиɧɭɫɧа ɮɭɧɤɰія ɫиɦɟɬ-
ɪиɱɧа віɞɧɨɫɧɨ аɪɝɭɦɟɧɬа π ɬа аɫиɦɟɬɪиɱɧа віɞɧɨɫɧɨ 
аɪɝɭɦɟɧɬа π/2. Ɉɩɬиɦаɥьɧі ɧаɛɨɪи ɰіɥɨɱиɫɟɥьɧиɯ ɤɨ-
ɟɮіɰієɧɬи a, b, c, d, e, f, ɳɨ ɡаɛɟɡɩɟɱɭɸɬь виɫɨɤɭ яɤіɫɬь 
ɫɬиɫɧɟɧɧя ɡɨɛɪаɠɟɧь, ɩіɞɛиɪаɸɬьɫя шɥяɯɨɦ ɩɟɪɟɛɨɪɭ 
ɧаɛɨɪів ɪіɡɧиɯ ваɪіаɧɬів. Наɩɪиɤɥаɞ, ɞɥя ЦДКɉ-ІІ ɞɥя 
ɨɛɫяɝɭ N=8 яɞɪɨ ɦɨɠɟ ɛɭɬи ɡаɞаɧɨ ɧаɛɨɪɨɦ ɰіɥɨɱиɫɟ-
ɥьɧиɯ ɤɨɟɮіɰієɧɬів (89, 75, 50, 18, 83, 36, 64).  

4 ЕɄСɉЕРɂɆЕɇɌɂ 
Віɞɩɨвіɞɧɨ ɪɨɡɪɨɛɥɟɧɨʀ ɦɟɬɨɞɨɥɨɝіʀ [6], ɞɥя ɨɛɱи-

ɫɥɟɧɧя ЦДКɉ-II ɪɨɡɦіɪɧɨɫɬі N = 8 ɡаɫɬɨɫɭєɦɨ ɬвіɪɧиɣ 
ɦаɫив виɞɭ 

H(2N–1) = (1, 3,  9,  5,  15, 13, 7, 11) (2, 6, 14, 10)(4, 12)(8). (6) 
В ɪɟɡɭɥьɬаɬі ɮɨɪɦɭваɧɧя ɡа ɬвіɪɧиɦ ɦаɫивɨɦ (6) 

ɬɪиɦаєɦɨ виɞ ɫɬɪɭɤɬɭɪи яɞɪа, ɳɨ ɦіɫɬиɬь ɧаɛіɪ ɰиɤ-
ɥіɱɧиɯ ɩіɞɦаɬɪиɰь  .11111111 1111111188
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IC (7) 
Тɨɛɬɨ, ЦДКɉ-II ɨɛɫяɝɭ N = 8 ɡвɨɞиɬьɫя ɞɨ ɟɮɟɤɬи-

вɧɨɝɨ ɨɛɱиɫɥɟɧɧя 8, 4, 2-ɬɨɱɤɨвиɯ ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ. 
ȿɮɟɤɬивɧɟ виɤɨɧаɧɧя ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ ɧаɞ ɩɨɫɥіɞɨ-
вɧɨɫɬяɦи ɰіɥɨɱиɫɟɥьɧиɯ ɟɥɟɦɟɧɬів (a, b, –d, c, –a,–b, 
d, –c) ɬа (e, f, –e, –f) ɬа віɞɩɨвіɞɧиɦи вɯіɞɧиɦи ɡɧаɱɟɧ-
ɧяɦи ɩɟɪɟɬвɨɪɟɧɧя x(n) виɡɧаɱає виɯіɞɧі ɡɧаɱɟɧɧя X [1], X [3], X [5], X [7], X [2], X [6] ɩɟɪɟɬвɨɪɟɧɧя. Виɯіɞ-
ɧі ɡɧаɱɟɧɧя X [0], X [4] ɩɟɪɟɬвɨɪɟɧɧя, ɳɨ віɞɩɨвіɞа-
ɸɬь вɟɪɯɧіɦ ɞвɨɦ ɪяɞɤаɦ ɰіɥɨɱиɫɟɥьɧɨɝɨ яɞɪа IC8x14  
ɩɟɪɟɬвɨɪɟɧɧя (7) ɨɛɱиɫɥɸɸɬьɫя ɱɟɪɟɡ ɨɛ’єɞɧаɧɧя вɯі-
ɞɧиɯ ɡɧаɱɟɧь x(n) ɩɨɫɥіɞɨвɧɨɫɬі ɩɟɪɟɬвɨɪɟɧɧя.  
Віɞɩɨвіɞɧɨ (7), ɰиɤɥіɱɧі ɩіɞɦаɬɪиɰі ɦіɫɬяɬь ɩɨɫɥі-

ɞɨвɧɨɫɬі ɡ ɩɨвɬɨɪɟɧɧяɦи ɧаɛɨɪɭ ɰіɥɨɱиɫɟɥьɧиɯ ɤɨɟ-
ɮіɰієɧɬів a, b, –d, c ɡ ɩɪɨɬиɥɟɠɧиɦ ɡɧаɤɨɦ ɞɥя 8-
ɬɨɱɤɨвɨʀ ɡɝɨɪɬɤи, ɬа ɩɨвɬɨɪɟɧɧяɦи ɧаɛɨɪɭ ɰіɥɨɱиɫɟ-
ɥьɧиɯ ɤɨɟɮіɰієɧɬів e, f ɡ ɩɪɨɬиɥɟɠɧиɦ ɡɧаɤɨɦ ɞɥя 4-
ɬɨɱɤɨвɨʀ ɡɝɨɪɬɤи. ɉɨɞвіɣɧɟ ɩɨвɬɨɪɟɧɧя ɩɨɫɥіɞɨвɧɨɫɬі 
ɰіɥɨɱиɫɟɥьɧиɯ ɤɨɟɮіɰієɧɬів в ɰиɤɥіɱɧиɯ ɡɝɨɪɬɤаɯ ɩа-
ɪɧиɯ ɨɛɫяɝів ɩɪивɨɞиɬь ɞɨ ɡɦɟɧшɟɧɧя ɤіɥьɤɨɫɬі m-
ɦɧɨɠɟɧь ɬа a-ɞɨɞаваɧь в швиɞɤиɯ аɥɝɨɪиɬɦаɯ ɰиɤɥі-
ɱɧиɯ ɡɝɨɪɬɨɤ Віɧɨɝɪаɞа ɡ ɦіɧіɦаɥьɧиɦ ɱиɫɥɨɦ ɞɨɛɭɬ-
ɤів [14]. Віɞɩɨвіɞɧɨ, в ɬаɛɥиɰі 1 ɩɨɞаɧɨ ɞɥя ɩɨɪівɧяɧ-
ɧя ɤіɥьɤіɫɬь ɨɩɟɪаɰіɣ m′, a′ ɞɥя ɩɨɫɥіɞɨвɧɨɫɬі ɰиɤɥіɱ-
ɧɨʀ ɡɝɨɪɬɤи ɡ ɩɨвɬɨɪɟɧɧяɦ ɝɪɭɩи ɟɥɟɦɟɧɬів ɬа ɤіɥь-
ɤіɫɬь ɨɩɟɪаɰіɣ m, a ɞɥя ɩɨɫɥіɞɨвɧɨɫɬі ɛɟɡ ɩɨвɬɨɪɟɧь, а 
ɧа ɪиɫɭɧɤɭ 1 віɞɩɨвіɞɧа ɞіаɝɪаɦа ɤіɥьɤɨɫɬі ɨɩɟɪаɰіɣ  
ɦɧɨɠɟɧɧя в швиɞɤиɯ аɥɝɨɪиɬɦаɯ ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ 
Віɧɨɝɪаɞа ɡ ɦіɧіɦаɥьɧиɦ ɱиɫɥɨɦ ɞɨɛɭɬɤів.       
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Таɛɥиɰя 1 – Кіɥьɤіɫɬь ɨɩɟɪаɰіɣ ЦЗ 
Ɉɛɫяɝ 16 10 8 6 4 

m 33 30 12 8 5 
m' 12 8 5 4 2 
a 181 100 72 34 15 
a’ 80 67 19 14 6 
        

Риɫɭɧɨɤ 1 – Міɧіɦаɥьɧа ɤіɥьɤіɫɬь ɨɩɟɪаɰіɣ ɦɧɨɠɟɧɧя m′, m 
ɞɥя ɨɛɱиɫɥɟɧɧя ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ ɡ ɩɨвɬɨɪɟɧɧяɦ ɝɪɭɩи 

ɟɥɟɦɟɧɬів ɬа ɛɟɡ ɩɨвɬɨɪɟɧь  
ɉɨɞвіɣɧɟ ɩɨвɬɨɪɟɧɧя ɩɨɫɥіɞɨвɧɨɫɬі ɰіɥɨɱиɫɟɥьɧиɯ 

ɤɨɟɮіɰієɧɬів ɨɞɧієʀ ɡ ɩɨɫɥіɞɨвɧɨɫɬɟɣ ɡɝɨɪɬɤи ɩɪивɨɞиɬь 
ɞɨ виɤɨɧаɧɧя ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ вɞвіɱі ɦɟɧшɨɝɨ ɨɛɫя-
ɝɭ. Рɨɡɝɥяɧɟɦɨ аɥɝɨɪиɬɦи ЦДКɉ-ІІ ɞɥя ɨɛɫяɝɭ ɩɟɪɟ-
ɬвɨɪɟɧь N = 2n (n=2,3,…,k). Зɛіɥьшɟɧɧя вɞвіɱі ɨɛɫяɝɭ 2N ɰіɥɨɱиɫɟɥьɧɨɝɨ яɞɪа IC ɩɟɪɟɬвɨɪɟɧɧя ɡаɤɨɧɨɦіɪɧɨ 
ɮɨɪɦɭєɬьɫя ɱɟɪɟɡ ɡɛіɥьшɟɧɧяɦ вɞвіɱі ɪɨɡɦіɪɧɨɫɬі ɰи-
ɤɥіɱɧиɯ ɩіɞɦаɬɪиɰь. Наɩɪиɤɥаɞ, в ɬаɛɥиɰі 2 ɨɛɱиɫ-
ɥɟɧɧя ЦДКɉ-II ɨɛɫяɝɭ N =16 вɤɥɸɱає d = 8, 4, 2-
ɬɨɱɤɨві ɰиɤɥіɱɧі ɡɝɨɪɬɤи.   

Таɛɥиɰя 2 – Циɤɥіɱɧі ɡɝɨɪɬɤи в ɫɬɪɭɤɬɭɪі ɛаɡиɫɭ ЦДКɉ-II ɞɥя ɨɛɫяɝів N = 2n 
N 4 8 16 32 64 128 ... 2n 
d 2 1 4 2 1 8 4 2 1 16 8 4 2 1  32 16 8 ... 2          1 64 32 16 ...       2        1   ... 2n–1 2n–2 … 22 2 1 

В ɡаɝаɥьɧɨɦɭ виɩаɞɤɭ ɞɥя ДКɉ-ІІ ɨɛɫяɝɭ N = 2n 
ɰиɤɥіɱɧі ɩіɞɦаɬɪиɰі, ɳɨ виɡɧаɱаɸɬьɫя віɞɩɨвіɞɧиɦи 
ɬвіɪɧиɦи ɩіɞɦаɫиваɦи ɭ ɬвіɪɧɨɦɭ ɦаɫиві Н(n) в ɛаɡи-
ɫɧіɣ ɦаɬɪиɰі аɪɝɭɦɟɧɬів, ɡаɞаɸɬь ɫɬɪɭɤɬɭɪɭ віɞɩɨвіɞ-
ɧɨ ɬаɛɥиɰі 3. В ɪɟɡɭɥьɬаɬі в ɬаɛɥ. 3 віɞɨɛɪаɠɟɧɨ, ɳɨ 

ɬвіɪɧиɣ ɦаɫив Н(n) ɦɨɠɟ ɫɤɥаɞаɬиɫь ɡ ɩіɞɦаɫивів ɡ 
ɤіɥьɤіɫɬɸ ваɪіаɧɬів а), ɛ), в), … в ɮɨɪɦі ɡаɩиɫɭ (4). 
Наɩɪиɤɥаɞ,  ɬвіɪɧиɣ ɦаɫив Н(n) ваɪіаɧɬɭ а) ɞɥя ɨɛɫяɝɭ 
N = 24 = 16 ɦіɫɬиɬь ɱɨɬиɪи ваɪіаɧɬи  ɬвіɪɧиɯ ɦаɫивів і 
віɞɩɨвіɞɧиɣ ɪɨɡɩɨɞіɥ ɰиɤɥіɱɧиɯ ɩіɞɦаɬɪиɰь в ɛаɡиɫ-
ɧіɣ ɦаɬɪиɰі ЦДКɉ, ɨɛɫяɝ і ɡɧаɱɟɧɧя яɤиɯ виɡɧаɱаɸɬь-
ɫя ɬвіɪɧиɦи ɩіɞɦаɫиваɦи Нi(ni), В ɡаɝаɥьɧɨɦɭ (ɪиɫ. 2) 
ɞɥя ваɪіаɧɬɭ а), ɦаɬɪиɱɧа ɫɬɪɭɤɬɭɪа  ЦДКɉ-II ɞɥя 
ɨɛɫяɝɭ N=2n ɫɤɥаɞаєɬьɫя ɡ ɧаɛɨɪɭ ɰиɤɥіɱɧиɯ ɩіɞɦаɬ-
ɪиɰь, ɳɨ ɫɬиɫɥɨ ɨɩиɫɭєɬьɫя ɬвіɪɧиɦ ɦаɫивɨɦ H(2N–1), ɳɨ ɦіɫɬиɬь ɩіɞɦаɫиви H1(2n), H2(2n–1),..., H(n–1)(21), 
Hn(20), яɤі і виɡɧаɱаɸɬь ɰіɥɨɱиɫɟɥьɧі ɡɧаɱɟɧɧя ɫɮɨɪ-
ɦɨваɧиɯ ɰиɤɥіɱɧиɯ ɩіɞɦаɬɪиɰь.   

           H1(2n)   

 H2(2n–1)              H2(2n–1)   

H3(2n–2) 
 

 H3(2n–2) 
            
... 

 H3(2n–2) H3(2n–2) 
 

H4(20) … …    …   …   …   …   … H4(20)  
Риɫɭɧɨɤ 2 – Маɬɪиɱɧа ɫɬɪɭɤɬɭɪа ЦДКɉ-II ваɪіаɧɬɭ а) ɞɥя 

ɨɛɫяɝɭ N = 2n  
6 ОȻГОВОРЕɇɇə 

Таɤиɦ ɱиɧɨɦ, ɰіɥɨɱиɫɟɥьɧɟ яɞɪɨ ЦДКɉ-II ɦɨɠɧа 
ɫɮɨɪɦɭваɬи ɭ виɞі ɧаɛɨɪɭ ɰиɤɥіɱɧиɯ ɩіɞɦаɬɪиɰь, 
ɟɮɟɤɬивɧɟ ɨɛɱиɫɥɟɧɧя яɤиɯ ɩɪивɨɞиɬь ɞɨ ɡɦɟɧшɟɧɧя 
ɨɛɱиɫɥɸваɥьɧиɯ ɡаɬɪаɬ.  
На ɨɫɧɨві ɦаɬɪиɱɧɨʀ ɫɬɪɭɤɬɭɪи (ɪиɫ. 2) ɭɡаɝаɥьɧɟ-

ɧа ɫɬɪɭɤɬɭɪɧа ɫɯɟɦа ɨɛɱиɫɥɸваɱа ЦДКɉ-IІ вɤɥɸɱає 
ɧаɛіɪ ɤɨɧвɨɥьвɟɪів, ɳɨ виɤɨɧɭɸɬь ɰиɤɥіɱɧі ɡɝɨɪɬɤи 
ɨɛɫяɝів віɞ 2n–1,..., 23, 22 ɧаɞ ɩɨɫɥіɞɨвɧɨɫɬяɦи вɯіɞɧиɯ 
ɞаɧиɯ X[Hi(ni)] ɬа ɩɨɫɥіɞɨвɧɨɫɬяɦи ɰіɥɨɱиɫɟɥьɧиɯ 
ɤɨɫиɧɭɫɧиɯ ɤɨɟɮіɰієɧɬів W[Hi(ni)]. Виɤɨɧаɧɧя  ɩɨвɧɨ-   

Таɛɥиɰя 3 – Рɨɡɩɨɞіɥ ɩіɞɦаɬɪиɰь в ɛаɡиɫɧіɣ ɦаɬɪиɰі аɪɝɭɦɟɧɬів ЦДКɉ-II 
а) Н1(n1) – 2n -ɬɨɱɤɨвиɯ ɡɝɨɪɬɨɤ; 
ɛ) Н1(n11), Н1(n12)  – ɞві 2n–1-ɬɨɱɤɨвиɯ ɡɝɨɪɬɨɤ; 
в) Н1(n111), Н1(n112), Н1(n121) Н1(n122) – ɱɨɬиɪи 2n–2-ɬɨɱɤɨвиɯ ɡɝɨɪɬɨɤ;                                      … 
а) Н2(n2) – 2n–1-ɬɨɱɤɨвиɯ ɡɝɨɪɬɨɤ; 
ɛ) Н2(n21), Н2(n22) – ɞві 2n–2–ɬɨɱɤɨві ɡɝɨɪɬɤи; … а) Н2(n2) 

ɛ) Н2(n21), Н2(n22) 
а) Н3(n3) – 2n–2 ɡɝɨɪɬɨɤ … Н3(n3) Н3(n3) Н3(n3) … … … … … … … … 
Н (n) Н (n) Н (n) Н (n) Н (n) Н (n) Н (n) Н (n) Н (n) Н (n) Н (n) Н (n) Н (n) Н (n) Н (n) Н (n) 
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ɝɨ ɧаɛɨɪɭ ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ в ɤɨɧвɨɥьвɟɪаɯ ɡ ɩɨɞа-
ɥьшиɦ ɨɛ’єɞɧаɧɧяɦ ɨɬɪиɦаɧиɯ ɪɟɡɭɥьɬаɬів ɡɝɨɪɬɨɤ  
виɦаɝає ɩɪи ʀɯ аɩаɪаɬɧіɣ ɪɟаɥіɡаɰіʀ ɡɧаɱɧиɯ ɡаɬɪаɬ. 
Рɟаɥіɡаɰія ɩɟɪɟɬвɨɪɟɧɧя ɡа ɭɡаɝаɥьɧɟɧɨɸ ɫɬɪɭɤɬɭɪɨɸ (ɪиɫ. 3) ɯаɪаɤɬɟɪиɡɭєɬьɫя виɤɨɪиɫɬаɧɧяɦ ɫиɫɬɨɥіɱɧɨ-
ɝɨ ɦаɫивɭ ɤɨɧвɨɥьвɟɪа ɧаɣɛіɥьшɨɝɨ ɪɨɡɦіɪɭ ɞɥя ɤɨɧ-
вɨɥьвɟɪів ɦɟɧшиɯ ɪɨɡɦіɪів ɩɪи ɩɨɫɥіɞɨвɧɨ-
ɩаɪаɥɟɥьɧɨɦɭ ɨɛ’єɞɧаɧɧі ɪɟɡɭɥьɬаɬів ɰиɤɥіɱɧиɯ ɡɝɨɪ-
ɬɨɤ ɭ виɯіɞɧɨɦɭ ɫɭɦаɬɨɪі ɞɥя виɡɧаɱɟɧɧя виɯіɞɧиɯ 
ɡɧаɱɟɧь ɩɟɪɟɬвɨɪɟɧɧя X[k]. Маɥиɣ ɨɛ’єɦ ɧɟɨɛɯіɞɧɨʀ 
ɩаɦ’яɬі, ɦɨɠɥивіɫɬь ɪɟаɥіɡаɰіʀ в аɪиɮɦɟɬиɰі ɡ ɨɛɦɟ-
ɠɟɧɨɸ ɬɨɱɧіɫɬɸ в ɉȿ ɫиɫɬɨɥіɱɧиɯ ɦаɫивів (ɪиɫ. 4) 
ɡаɛɟɡɩɟɱɭɸɬь ɩɪи ʀɯ ɪɟаɥіɡаɰіʀ ɭ виɞі НВІɋ ɟɮɟɤɬив-
ɧиɣ ɩɨɤаɡɧиɤ ɩɥɨɳа ɡаɬɪиɦɤа  [15, 16].    W [H 1(n 1) ] W[H 2(n 2)] W[H 3(n 3)] W[H k( n k)]X[H 1( n 1)] X[H 2(n 2)] X[ H 3(n 3)] W[H k( n k)] ... В

их. ɫɭɦ
аɬɨɪ  

Риɫɭɧɨɤ 3 – Уɡаɝаɥьɧɟɧа ɫɬɪɭɤɬɭɪɧа ɫɯɟɦа ɨɛɱиɫɥɸваɱа 
ЦДКɉ-ІІ ɞɥя ɨɛɫяɝɭ N=2n  

Риɫɭɧɨɤ 4 –  ɉɪиɤɥаɞ ɫиɫɬɨɥіɱɧɨʀ ɫɬɪɭɤɬɭɪи ɡ шіɫɬɧаɞɰяɬь-
ɦа ɉȿ  ɞɥя ɨɛɱиɫɥɟɧɧя 4-ɯ ɬɨɱɤɨвɨʀ ɰиɤɥіɱɧɨʀ ɡɝɨɪɬɤи  

y = x ∗ h  
Даɧа ɭɡаɝаɥьɧɟɧа ɫɬɪɭɤɬɭɪɧа ɫɯɟɦа ЦДКɉ-ІІ ɦɨɠɟ 

ɡаɫɬɨɫɨвɭваɬиɫь в ɫиɫɬɟɦі АБɉ, ɳɨ явɥяєɬьɫя ɟɮɟɤɬи-
вɧиɦ іɧɫɬɪɭɦɟɧɬɨɦ ɤɨɞɭваɧɧя ɡɨɛɪаɠɟɧь і віɞɟɨɤɨɦɩ-
ɪɟɫіʀ. В ɫɬаɧɞаɪɬі віɞɟɨɤɨɞɭваɧɧя Н.265 ɩɪиɣɧяɬɨ ɡа-
ɫɬɨɫɭваɧɧя АБɉ ɡ ɨɛɫяɝаɦи ɩɟɪɟɬвɨɪɟɧь N = 4, 8, 16, 32. Аɞɠɟ, ɞɥя ɨɛɥаɫɬɟɣ ɡ ɧаɣɛіɥьшɨɸ ɤɨɪɟɥяɰієɸ (яɤі, 
яɤ віɞɨɦɨ, ɧаɣɤɪаɳɟ ɫɬиɫɤаɸɬьɫя ɩɟɪɟɬвɨɪɟɧɧяɦи) 
виɤɨɪиɫɬɨвɭɸɬь ɩɟɪɟɬвɨɪɟɧɧя ɪɨɡɦіɪɧɨɫɬі 32, яɤɟ ɞає 
ɧаɣɛіɥьшɟ ɫɬиɫɧɟɧɧя, а ɞɥя ɨɛɥаɫɬɟɣ ɡ ɧаɣɦɟɧшɨɸ 
ɤɨɪɟɥяɰієɸ – ɩɟɪɟɬвɨɪɟɧɧя ɪɨɡɦіɪɧɨɫɬі 4 аɛɨ 8, яɤі 
ɞаɸɬь ɧаɣвиɳɭ ɬɨɱɧіɫɬь. Дɥя ɡɧаɯɨɞɠɟɧɧя ɤɨɦɩɪɨɦі-
ɫɭ ɦіɠ ɟɮɟɤɬивɧіɫɬɸ ɫɬиɫɧɟɧɧя і яɤіɫɬɸ ɡɨɛɪаɠɟɧɧя в 
ɫɯɟɦі AБɉ виɛиɪаɸɬьɫя ɛɥɨɤи ɪɨɡɦіɪɧɨɫɬі (4 ɯ 4), (4 ɯ 8), (8 ɯ 4), (8 ɯ 8), (8 ɯ 16), (16 ɯ 8), (16 ɯ 16), (16 ɯ 32), (32 ɯ 16), (32 ɯ 32). Виɤɨɪиɫɬаɧɧя ɭɡаɝаɥьɧɟɧɨʀ ɫɬɪɭɤ-
ɬɭɪɧɨʀ ɫɯɟɦи ЦДКɉ-ІІ ɡ ɨɛɫяɝɨɦ ɩɟɪɟɬвɨɪɟɧь N=2n 
ɞɥя ɟɮɟɤɬивɧɨɝɨ виɤɨɧаɧɧя аɞаɩɬивɧɨɝɨ ɞвɨвиɦіɪɧɨ-

ɝɨ ɩɟɪɟɬвɨɪɟɧɧя ɬɟɤɭɱɨɝɨ ɤɨɞɨваɧɨɝɨ ɛɥɨɤɭ ɞɨɡвɨ-
ɥиɬь ɡаɛɟɡɩɟɱиɬи віɞɩɨвіɞɧі ɫɬɭɩɟɧі ɫɬиɫɤɭ ɡɨɛɪаɠɟɧь 
аɛɨ віɞɟɨɤаɞɪів ɫɭɱаɫɧиɯ ɫɬаɧɞаɪɬів ɤɨɞɭваɧɧя.   

ВɂСɇОВɄɂ 
У ɪɨɛɨɬі ɪɨɡɝɥяɧɭɬɨ ɡаɞаɱɭ ɪɨɡɩɨɞіɥɭ ɰиɤɥіɱɧиɯ 

ɩіɞɦаɬɪиɰь в ɛаɡиɫɧіɣ ɦаɬɪиɰі ЦДКɉ-II ɡ ɨɛɫяɝɨɦ 
ɩɟɪɟɬвɨɪɟɧь N = 2n ɬа, віɞɩɨвіɞɧɨ, ɩɨɛɭɞɨви ɡаɝаɥьɧɨʀ 
ɫɬɪɭɤɬɭɪɧɨʀ ɫɯɟɦи ɨɛɱиɫɥɸваɱа ɞɥя аɞаɩɬивɧɨɝɨ ɛɥɨ-
ɱɧɨ-ɪɨɡɦіɪɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя ɡɨɛɪаɠɟɧь ɧа ɨɫɧɨві 
ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ. 
ɇаɭɤɨва ɧɨвизɧа ɪɨɛɨɬи ɩɨɥяɝає в ɬɨɦɭ, ɳɨ ɡа-

ɩɪɨɩɨɧɨваɧɨ ɡаɝаɥьɧɭ ɫɬɪɭɤɬɭɪɧɭ ɫɯɟɦɭ ɨɛɱиɫɥɸва-
ɱа, ɳɨ виɤɨɧɭє ɨɛɱиɫɥɟɧɧя ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ ɦɟɧ-
шиɯ ɨɛɫяɝів 2n–2, 2n–3,…21 ɧа ɛаɡі ɤɨɧвɨɥьвɟɪа ɡа ɨɛɫя-
ɝɨɦ 2n–1.  
ɉɪаɤɬичɧɟ зɧачɟɧɧя ɡаɫɬɨɫɭваɧɧя ɡаɝаɥьɧɨʀ 

ɫɬɪɭɤɬɭɪɧɨʀ ɫɯɟɦи ɨɛɱиɫɥɸваɱа ɞɥя аɞаɩɬивɧɨɝɨ ɛɥɨ-
ɱɧɨ-ɪɨɡɦіɪɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя ɡɨɛɪаɠɟɧь ɧа ɨɫɧɨві 
ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ ɩɨɥяɝає в ɟɮɟɤɬивɧɨɦɭ виɤɨɪиɫ-
ɬаɧɧі ɩɪɨɰɟɫɨɪɧиɯ ɟɥɟɦɟɧɬів в ɫиɫɬɨɥіɱɧиɯ ɦаɫиваɯ 
виɤɨɧаɧɧя ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ. ɉɪи ɩɪɨɟɤɬɭваɧɧі 
НВІɋ віɞɟɨɤɨɞɟɪів ɡ виɤɨɪиɫɬаɧɧяɦ ɡаɝаɥьɧɨʀ ɫɬɪɭɤ-
ɬɭɪɧɨʀ ɫɯɟɦи ɨɛɱиɫɥɸваɱа ЦДКɉ-II ɞɨɫяɝаєɬьɫя виɫɨ-
ɤиɣ ɪівɟɧь ɩɨɤаɡɧиɤа ɩɥɨɳа/ɡаɬɪиɦɤа. 
ɇаɩɪяɦ ɩɨɞаɥьших ɞɨɫɥіɞɠɟɧь ɩɨɥяɝаɬиɦɟ в 

ɪɨɡɪɨɛɰі ɫɬɪɭɤɬɭɪɧиɯ ɫɯɟɦ ɨɛɱиɫɥɸваɱів ɰіɥɨɱиɫɟɥь-
ɧиɯ ɞиɫɤɪɟɬɧиɯ ɤɨɫиɧɭɫɧиɯ ɩɟɪɟɬвɨɪɟɧь ɬиɩɭ I, II ɧа 
ɨɫɧɨві ɰиɤɥіɱɧиɯ ɡɝɨɪɬɨɤ ɞɥя ɤɨɪɨɬɤиɯ ɨɛɫяɝів ɰіɥɨʀ 
ɫɬɟɩɟɧі ɩɪɨɫɬɨɝɨ ɱиɫɥа. 

 
ɉОȾəɄɂ 

Рɨɛɨɬа виɤɨɧаɧа в ɪаɦɤаɯ ɞɟɪɠɛɸɞɠɟɬɧɨʀ ɧаɭɤɨ-
вɨ-ɞɨɫɥіɞɧɨʀ ɪɨɛɨɬи ДБ/ȿɧɟɪɝɨɟɮɟɤɬивɧіɫɬь «Іɧɬɟɥɟɤ-
ɬɭаɥьɧі іɧɮɨɪɦаɰіɣɧі ɬɟɯɧɨɥɨɝіʀ ɛаɝаɬɨɪівɧɟвɨɝɨ 
ɭɩɪавɥіɧɧя ɟɧɟɪɝɨɟɮɟɤɬивɧіɫɬɸ ɪɟɝіɨɧɭ» (ɧɨɦɟɪ 
ɞɟɪɠ. ɪɟєɫɬɪаɰіʀ № ДР 0117U004450) (2017–18ɪ.) ɧа-
ɰіɨɧаɥьɧɨɝɨ ɭɧівɟɪɫиɬɟɬɭ «Львівɫьɤа ɩɨɥіɬɟɯɧіɤа» . 
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AɇɇОɌАɐɂə 
Аɤɬɭаɥьɧɨɫɬь. Ɉɛɟɫɩɟɱɟɧиɟ ɪɟɡɭɥьɬаɬивɧɨɫɬи и ɦɧɨɝɨɮɭɧɤɰиɨɧаɥьɧɨɫɬи ɫɨвɪɟɦɟɧɧɵɯ ɫɪɟɞɫɬв ɨɛɪаɛɨɬɤи виɡɭаɥьɧɨɣ 

иɧɮɨɪɦаɰии ɬɪɟɛɭɟɬ ɪаɡɪаɛɨɬɤи ɪаɡɥиɱɧɵɯ ɦɟɬɨɞɨв ɷɮɮɟɤɬивɧɨɝɨ вɵɩɨɥɧɟɧия ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ ɩɪɟɨɛɪаɡɨваɧия. 
В ɫɨɨɬвɟɬɫɬвии ɫ ɬɪɟɛɨваɧияɦи ɫɨвɪɟɦɟɧɧɵɯ виɞɟɨɫɬаɧɞаɪɬɨв, ɨɛɟɫɩɟɱɟɧиɟ вɵɫɨɤɨɣ ɱɟɬɤɨɫɬи ɫɠаɬɨɣ виɡɭаɥьɧɨɣ иɧɮɨɪ-
ɦаɰии ɞɨɫɬиɝаɟɬɫя ɧа ɨɫɧɨвɟ аɞаɩɬивɧɨ ɛɥɨɱɧɨ-ɪаɡɦɟɪɧɵɯ ɩɪɟɨɛɪаɡɨваɧиɣ, ɱɬɨ ɬɪɟɛɭɟɬ ɷɮɮɟɤɬивɧɵɯ вɵɱиɫɥиɬɟɥьɧɵɯ 
ɫɯɟɦ вɵɩɨɥɧɟɧия ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ ɩɪɟɨɛɪаɡɨваɧиɣ ɩɟɪɟɦɟɧɧɵɯ ɪаɡɦɟɪɧɨɫɬɟɣ. 

ɐɟɥь ɪаɛɨɬɵ – ɫɨɡɞаɧиɟ ɨɛɨɛɳɟɧɧɨɣ ɫɬɪɭɤɬɭɪɧɨɣ ɫɯɟɦɵ ɷɮɮɟɤɬивɧɨɝɨ вɵɱиɫɥɟɧия ɰɟɥɨɱиɫɥɟɧɧɨɝɨ ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫи-
ɧɭɫɧɨɝɨ ɩɪɟɨɛɪаɡɨваɧия ɧа ɨɫɧɨвɟ ɰиɤɥиɱɟɫɤиɯ ɫвɟɪɬɨɤ ɪаɡɦɟɪɧɨɫɬɟɣ ɪавɧɵɯ ɰɟɥɨɣ ɫɬɟɩɟɧи ɞвɨɣɤи, ɱɬɨ ɨɛɟɫɩɟɱиваɟɬ ɧиɡ-
ɤɭɸ вɵɱиɫɥиɬɟɥьɧɭɸ ɫɥɨɠɧɨɫɬь и вɨɡɦɨɠɧɨɫɬь ɩɪиɦɟɧɟɧия в ɫиɫɬɟɦаɯ ɫɠаɬия виɡɭаɥьɧɨɣ иɧɮɨɪɦаɰии ɧа ɨɫɧɨвɟ аɞаɩɬив-
ɧɨ ɛɥɨɱɧɨ-ɪаɡɦɟɪɧɵɯ ɩɪɟɨɛɪаɡɨваɧиɣ. 

Ɇɟɬɨɞ. ɉɪɟɞɥɨɠɟɧɨ иɫɩɨɥьɡɨваɧиɟ ɨɛɪаɡɭɸɳиɯ ɦаɫɫивɨв ɞɥя ɷɮɮɟɤɬивɧɨɝɨ ɫиɧɬɟɡа аɥɝɨɪиɬɦɨв и ɫɬɪɭɤɬɭɪɧɵɯ ɫɯɟɦ 
вɵɱиɫɥɟɧия ɰɟɥɨɱиɫɥɟɧɧɨɝɨ ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ ɩɪɟɨɛɪаɡɨваɧия ɧа ɨɫɧɨвɟ ɰиɤɥиɱɟɫɤиɯ ɫвɟɪɬɨɤ. 

Рɟзɭɥьɬаɬɵ. Иɬɨɝɨɦ иɫɫɥɟɞɨваɧия явɥяɟɬɫя ɪаɡɪаɛɨɬɤа ɨɛɨɛɳɟɧɧɨɣ ɫɬɪɭɤɬɭɪɧɨɣ ɫɯɟɦɵ вɵɱиɫɥɟɧия ɰɟɥɨɱиɫɥɟɧɧɨɝɨ 
ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ ɩɪɟɨɛɪаɡɨваɧия ɞɥя ɪаɡɦɟɪɧɨɫɬɟɣ ɪавɧɵɯ ɰɟɥɨɣ ɫɬɟɩɟɧи ɞвɨɣɤи в ɫиɫɬɟɦаɯ ɫɠаɬия виɡɭаɥьɧɨɣ 
иɧɮɨɪɦаɰии ɧа ɨɫɧɨвɟ аɞаɩɬивɧɨ ɛɥɨɱɧɨ-ɪаɡɦɟɪɧɵɯ ɩɪɟɨɛɪаɡɨваɧиɣ. 

Вɵвɨɞɵ. В ɩɪɨвɟɞɟɧɧɨɦ иɫɫɥɟɞɨваɧии ɩɪиɦɟɧɟɧ ɩɨɞɯɨɞ ɩɪивɟɞɟɧия ɛаɡиɫа ɰɟɥɨɱиɫɥɟɧɧɨɝɨ ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ 
ɩɪɟɨɛɪаɡɨваɧия ɤ ɧаɛɨɪɭ ɥɟвɨɰиɤɥиɱɟɫɤиɯ ɩɨɞɦаɬɪиɰ, ɱɬɨ ɩɨɡвɨɥяɟɬ вɵɱиɫɥяɬь ɩɪɟɨɛɪаɡɨваɧия ɧа ɨɫɧɨвɟ ɰиɤɥиɱɟɫɤиɯ 
ɫвɟɪɬɨɤ. Ɉɫɧɨвɧая иɞɟя ɩɪиɦɟɧɟɧия ɧаɞɥɟɠаɳɟɝɨ ɦаɬɟɦаɬиɱɟɫɤɨɝɨ аɩɩаɪаɬа ɡаɤɥɸɱаɟɬɫя в иɫɩɨɥьɡɨваɧии ɨɛɪаɡɭɸɳиɯ 
ɦаɫɫивɨв, ɫɨɞɟɪɠаɳиɯ ɤɪаɬɤɨɟ ɨɩиɫаɧиɟ ɛɥɨɱɧɨ-ɰиɤɥиɱɟɫɤɨɣ ɫɬɪɭɤɬɭɪɵ ɛаɡиɫа ɩɪɟɨɛɪаɡɨваɧия. На ɨɫɧɨваɧии ɩɨɥɭɱɟɧɧɨ-
ɝɨ ɧаɛɨɪа ɰиɤɥиɱɟɫɤиɯ ɩɨɞɦаɬɪиɰ яɞɪа ɩɪɟɨɛɪаɡɨваɧия ɪаɡɪаɛɨɬаɧа ɨɛɨɛɳɟɧɧая ɫɬɪɭɤɬɭɪɧая ɫɯɟɦа ɷɮɮɟɤɬивɧɨɝɨ вɵɩɨɥ-
ɧɟɧия ɰɟɥɨɱиɫɥɟɧɧɨɝɨ ɞиɫɤɪɟɬɧɨɝɨ ɤɨɫиɧɭɫɧɨɝɨ ɩɪɟɨɛɪаɡɨваɧия ɦаɥɵɯ ɪаɡɦɟɪɧɨɫɬɟɣ ɪавɧɵɯ ɰɟɥɨɣ ɫɬɟɩɟɧи ɞвɨɣɤи. Вɵ-
ɱиɫɥɟɧия ɫɨɨɬвɟɬɫɬвɭɸɳɟɝɨ ɧаɛɨɪа ɰиɤɥиɱɟɫɤиɯ ɫвɟɪɬɨɤ и ɨɛɴɟɞиɧɟɧия иɯ ɪɟɡɭɥьɬаɬɨв ɩɨ ɫɬɪɭɤɬɭɪɧɨɣ ɫɯɟɦɟ ɨɛɟɫɩɟɱиваɟɬ 
вɵɩɨɥɧɟɧиɟ аɞаɩɬивɧɨ ɛɥɨɱɧɨ-ɪаɡɦɟɪɧɵɯ ɩɪɟɨɛɪаɡɨваɧиɣ ɞɥя ɫиɫɬɟɦ ɫɠаɬия виɡɭаɥьɧɨɣ иɧɮɨɪɦаɰии. 

ɄɅЮЧЕВЫЕ СɅОВА: ɰɟɥɨɱиɫɥɟɧɧɨɟ ɞиɫɤɪɟɬɧɨɟ ɤɨɫиɧɭɫɧɨɟ ɩɪɟɨɛɪаɡɨваɧиɟ, ɰиɤɥиɱɟɫɤая ɫвɟɪɬɤа, ɨɛɪаɡɭɸɳиɣ ɦаɫ-
ɫив, ɫɠаɬиɟ иɡɨɛɪаɠɟɧиɣ, аɞаɩɬивɧɨɟ ɛɥɨɱɧɨ-ɪаɡɦɟɪɧɨɟ ɩɪɟɨɛɪаɡɨваɧиɟ.  UDC 681.391, 621.372 
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ABSTRACT 
Actuality. Ensuring the efficiency and versatility of modern media for processing visual information requires the development of various methods for the effective implementation of the discrete cosine transform. In accordance with the requirements of modern video standards, providing high-definition compressed visual information is achieved on the basis of adaptively block-dimensional transforms, which requires efficient computational schemes for the implementation of discrete cosine transform of variable dimen-sions. 
The purpose of the work is to create a generalized structural scheme for the efficient computation of an integer discrete cosine transform on the basis of cyclic convolutions of dimensions equal to the integer power of two, which provides low computational complexity and the possibility of using visual information compression systems on the basis of adaptively block-dimensional trans-forms. 
Method. The use of hashing arrays for efficient synthesis of algorithms and structure schemes for computing an integer discrete cosine transform on the basis of cyclic convolutions is proposed. 
Results. The result of the study is the development of a generalized structural scheme for the implementation of an integer dis-crete cosine transform of dimensions equal to the integer power of the two for the compression of visual information on the basis of adaptively block-dimensional transforms. 
Conclusions. In the study, we apply the approach of bringing the basis of an integral discrete cosine transform to a set of left cy-clic submatrices, which allows us to calculate transforms based on cyclic convolutions. The basic idea of using an appropriate mathematical apparatus is to use hashing arrays containing a brief description of the block-cyclic structure of the transform basis. On the basis of the received set of cyclic submatrices of the transform core, a generalized structural scheme for the effective implementa-tion of an integer discrete cosine transform of small dimensions equal to an integer power of the two is developed. The computation of the corresponding set of cyclic convolutions and the combining of their results by the structural scheme ensures the implementa-tion of adaptively block-dimensional transforms for compression of visual information. 
KEYWORDS: integer discrete cosine transformation, cyclic convolution, hashing array, image compression, adaptive block-dimensional transform.  
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A MULTIPLE NON-LINEAR REGRESSION MODEL TO ESTIMATE THE 
AGILE TESTING EFFORTS FOR SMALL WEB PROJECTS 
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ABSTRACT 
Context. Software testing effort estimation is one of the important problems in software development and software testing life cycle. The object of the study is the process of estimating the agile testing efforts for small Web projects. The subject of the study is the multiple regression models for estimating the agile testing efforts for small Web projects. 
Objective. The goal of the work is the creation of the multiple non-linear regression model for estimating the agile testing efforts for small Web projects on the basis of the Johnson multivariate normalizing transformation. 
Method. The model, confidence and prediction intervals of multiple non-linear regression for estimating the agile testing efforts for small Web projects are constructed on the basis of the Johnson multivariate normalizing transformation for non-Gaussian data with the help of appropriate techniques. The techniques based on the multiple non-linear regression analysis using the multivariate normalizing transformations to build the models, equations, confidence and prediction intervals of multiple non-linear regressions are used. The techniques allow to take into account the correlation between random variables in the case of normalization of multivariate non-Gaussian data. In general, this leads to a reduction of the mean magnitude of relative error, the widths of the confidence and prediction intervals in comparison with the linear models and nonlinear models constructed using univariate normalizing transformations. 
Results. Comparison of the constructed model with the linear model and non-linear regression models based on the decimal logarithm and the Johnson univariate transformation has been performed. 
Conclusions. The multiple non-linear regression model to estimate the agile testing efforts for small Web projects is firstly constructed on the basis of the Johnson multivariate transformation for BS  family. This model, in comparison with other regression models (both linear and non-linear), has a smaller value of the mean magnitude of relative error, smaller widths of the confidence and prediction intervals. The prospects for further research may include the application of other multivariate normalizing transformations and data sets to construct the multiple non-linear regression model for estimating the agile testing efforts for small Web projects. 
KEYWORDS: agile testing, estimation, testing effort, Web project, multiple non-linear regression model, multivariate normalizing transformation, non-Gaussian data. 

 
ABBREVIATIONS LB is lower bound; MD is Mahalanobis distance; MRE is a magnitude of relative error; MMRE is a mean magnitude of relative error; PRED is percentage of prediction; UB is upper bound. 

 
NOMENCLATURE 

b̂  is estimator for vector of linear regression equation parameters, { }Tkbbb ,,, 21 …=b ; 
ib̂  is estimator for the i-th parameter of linear regression equation; 

k is a number of independent variables (regressors); 
N is a number of data points; 
( )1,0N  is a Gaussian distribution with zero mathematical expectation and unit variance; 

P  is a non-Gaussian random vector, 
{ }TkXXXY ,,,, 21 …=P ; 2R  is a multiple coefficient of determination; 

NS  is a sample covariance matrix, [ ]ijN S=S ; T  is a Gaussian random vector, 
{ }TkY ZZZZ ,,,, 21 …=T ; 

να ,2t  is a quantile of student’s t-distribution with ν  degrees of freedom and 2α  significance level; 1X  is a number of test cases; 2X  is a number of design document pages; 3X  is a number of defects; 
Y is an actual testing effort in person hours; 

+
XZ  is a matrix of centered regressors that contains the values 11 ZZ

i
− , 22 ZZ

i
− , … , kk ZZ

i
− ; 

( )TX
+Z  is a transpose of +

XZ ; 
+
Xz  is a vector with components 11 ZZ

i
− , 22 ZZ

i
− , 

… , kk ZZ
i
−  for i-row; 

( )TX
+z  is a transpose of +

Xz ; 
YZ  is a sample mean of the values of the variable 

YZ ; 
YẐ  is a prediction linear regression equation result; 

α  is a significance level; 
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1β  is a multivariate skewness; 2β  is a multivariate kurtosis; 
γ  is a vector of parameters of the Johnson multivariate translation, ( )TkY γγγγ= ,,,, 21 …γ ; 
ε  is a Gaussian random variable which defines residuals, ε ∼ ( )1,0N ; 
η  is a vector of parameters of the Johnson multivariate translation, ( )kY ηηη= ,,,diag 1 …η ; 
λ  is a vector of parameters of the Johnson multivariate translation, ( )kY λλλ= ,,,diag 1 …λ ; 
ν  is a number of degrees of freedom; 
Σ  is a covariance matrix, [ ]ijΣ=Σ ; 
ϕ  is a vector of parameters of the Johnson multivariate translation, ( )TkY ϕϕϕϕ=ϕ ,,,, 21 … ; 
ψ  is a vector of multivariate normalizing transformation, { }TkY ψψψψ= ,,,, 21 …ψ . 

 
INTRODUCTION Software testing effort estimation is one of the important problems in software development and software testing life cycle. Agile testing is a software testing process that follows the principles of agile software development [1–5]. In comparison with waterfall testing, it is a new age software testing approach which leads to a reduction of testing efforts. Agile testing is well suited for small software projects including small Web projects. The agile testing lifecycle consists of the 5 phases [5], the second of which is agile testing planning, that includes testing effort estimation. A testing effort estimation is a difficult problem, for the solution of which various mathematical models are applied. Today one of the most well-known effort estimation model is the COCOMO II (COnstructive COst MOdel) [6]. The COCOMO II is a non-linear regression equation with parameters that are derived from historical data of software projects. This equation is built on the basis of univariate normalizing transformation in the decimal logarithm form. The paper [7] proposed the multiple linear and non-linear regression equations for estimating the testing efforts of software projects including large ones. However, a prediction regression equation result is a mean value of dependent random variable. There is no random error term in regression equation. A prediction regression model result is a value of dependent random variable, since there is the random error term in regression model. Therefore, to predict agile testing effort as a value of a dependent random variable there is the need to develop the appropriate non-linear regression models. 

The object of study is the process of estimating the agile testing efforts for small Web projects. 
The subject of study is the multiple non-linear regression models to estimate the agile testing efforts for small Web projects. 

The purpose of the work is to construct the multiple non-linear regression model for estimating the agile testing efforts for small Web projects. The agile testing effort prediction results by constructed model should be better in comparison with other regression models, both linear and nonlinear, primarily on such standard evaluations as mean magnitude of relative error, widths of confidence and prediction intervals. 
 

1 PROBLEM STATEMENT Suppose given the original sample as the four-dimensional non-Gaussian data set: actual testing effort in person hours Y, the total number of test cases 1X , the total number of design document pages 2X  and the number of defects 3X  from N small Web projects. Suppose that there are bijective multivariate normalizing transformation of non-Gaussian random vector 
{ }TkXXXY ,,,, 21 …=P  to Gaussian random vector 
{ }TkY ZZZZ ,,,, 21 …=T  is given by  

( )PψT =  (1) and the inverse transformation for (1)  
( )TψP 1−= . (2) It is required to build the multiple non-linear regression model in the form ( )ε= ,,, 321 XXXYY  on the basis of the transformations (1) and (2). 
 

2 REVIEW OF THE LITERATURE A normalizing transformation is often a good way to build the models, equations, confidence and prediction intervals of multiple non-linear regressions [8–13]. According to [9] transformations are made for essentially four purposes, two of which are: firstly, to obtain approximate normality for the distribution of the error term (residuals) or the dependent random variable, secondly, to transform the response and/or the predictor in such a way that the strength of the linear relationship between new variables (normalized variables) is better than the linear relationship between dependent and independent random variables. Well-known techniques for building the models, equations, confidence and prediction intervals of multiple non-linear regressions are based on the univariate normalizing transformations (such as, the decimal logarithm, the natural logarithm, the Box-Cox transformation), which do not take into account the correlation between random variables in the case of normalization of multivariate non-Gaussian data. Application of univariate normalizing transformations for building the multiple non-linear regression models does not always lead to good prediction results by such regression models, primarily on such standard evaluations as mean magnitude of relative error, widths of confidence and prediction intervals [13]. This leads to the need to use the multivariate normalizing transformations. 
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In [13] the techniques to build the models, confidence and prediction intervals of multiple non-linear regressions for multivariate non-Gaussian data on the basis of the bijective multivariate normalizing transformations were proposed. The techniques consist of three steps. In the first step, a set of multivariate non-Gaussian data is normalized using a bijective multivariate normalizing transformation. In the second step, the model, confidence and prediction intervals of linear regression for the normalized data are built. In the third step, the model, confidence and prediction intervals of multiple non-linear regression for multivariate non-Gaussian data are constructed on the basis of the model, confidence and prediction intervals of linear regression for the normalized data and the multivariate normalizing transformation. Non-linear regression prediction results by models, which constructed in the papers [13, 14] on the basis of the Johnson multivariate normalizing transformation, are better in comparison with other regression models, both linear and nonlinear, primarily on such standard evaluations as mean magnitude of relative error, widths of confidence and prediction intervals. This leads to the need to develop the multiple non-linear regression model for estimating the agile testing efforts for small Web projects on the basis of the multivariate normalizing transformations. 

 

3 MATERIALS AND METHODS After normalizing the non-Gaussian data by the transformation (1) the linear regression model is built for normalized data. The linear regression model for normalized data will have the form [13] 
( ) ε++=ε+= + bZ ˆˆ

XYYY ZZZ . (3)After that the multiple non-linear regression model is built on the basis of the linear regression model (3) for the normalized data and the transformations (1) and (2). The non-linear regression model will have the form [13] 
( )[ ]ε++ψ= +− bZ ˆ1

XYY ZY . (4)The technique to build a confidence interval of multiple non-linear regression is based on a confidence interval of linear regression for normalized data, and transformations (1) and (2) [13]:  
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=1 , krq ,,2,1, …= . The technique to build a prediction interval of multiple non-linear regression is based on a prediction interval of linear regression for normalized data, and transformations (1) and (2) [13]:  
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zZZz .  For normalizing the multivariate non-Gaussian data, we use the Johnson translation system. In our case the Johnson normalizing translation is given by [14]  
( )[ ]ϕ−+= − PληhγT 1 ∼ ( )Σ0 ,mmN , (5) where ( )[ ] ( ) ( ) ( ){ }TkkYYkY yhyhyhyyy ,,,,,, 111 …… =h ; 

( )⋅ih  is one of the translation functions  
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⎛ ++= 1lnArsh 2yyy . In our case X equals Y, 1X , 2X  or 3X  respectively. The model, equation, confidence and prediction intervals of multiple non-linear regression to estimate agile testing efforts for small Web projects are constructed on the basis of the Johnson multivariate normalizing transformation for the four-dimensional non-Gaussian data set from Table 1 for 40 small Web projects (rows 1–40). Also Table 1 contains the values of squared Mahalanobis distance (MD) for 41 and 40 (after outlier cutoff) data rows. For detecting the outliers in the data from Table 1 we use the technique based on multivariate normalizing transformations and the squared MD [15]. There is one outlier in the data from Table 1 for 0.005 significance level and the Johnson multivariate transformation (5) for BS  family. Parameters of the multivariate transformation (5) for 

BS  family were estimated by the maximum likelihood method. Estimators for parameters of the transformation (6) for 41 data rows are: 4.09443ˆ =γY , 5.47043ˆ1 =γ , 1.09282ˆ 2 =γ , 1.37671ˆ3 =γ , 1.04794ˆ =ηY , 0.97350ˆ1 =η , 0.70189ˆ 2 =η , 0.64464ˆ 3 =η , 0.37266ˆ =ϕY , 1.95622ˆ1 =ϕ , 0.94564ˆ 2 =ϕ , 2.35215ˆ 3 =ϕ , 327.313ˆ =λY , 5438.99ˆ1 =λ , 130.495ˆ 2 =λ  and 110.210ˆ 3 =λ . The sample covariance 
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matrix NS  of the T  is used as the approximate moment-matching estimator of Σ   

⎟⎟
⎟
⎟
⎟

⎠

⎞

⎜⎜
⎜
⎜
⎜

⎝

⎛

= 1.00000.20290.75190.8497 0.20291.00000.43260.4088 0.75190.43261.00000.9812 0.84970.40880.98121.0000
NS .  The data of system 41 is multivariate outlier, since for this data row the squared MD equals to 20.43 is greater than the value of the quantile of the Chi-Square distribution, which equals to 14.86 for 0.005 significance level. The same result was obtained for the univariate transformation in the decimal logarithm form. In this case the data of system 41 is multivariate outlier too, since for this data row the squared MD equals to 20.26. The squared MD values for 40 data rows indicate there are no outliers in this data from Table 1.  Table 1 – The data set and squared MDs Squared MD No Y 1X  2X  3X  

N=41 N=40 1 1.33 4 11 4 5.69 6.14 2 3.51 11 2 7 5.75 5.83 3 3.17 10 4 8 2.67 2.50 4 1.53 5 14 4 3.80 4.38 5 2.35 9 12 3 4.71 5.56 6 3.13 10 8 9 2.56 2.39 7 2.03 6 16 7 3.92 4.07 8 3.22 11 11 6 1.31 1.34 9 2.73 10 16 5 2.83 3.89 10 4.65 16 13 7 0.75 0.68 11 5.52 21 12 4 7.56 7.32 12 2.75 7 23 12 4.28 6.42 13 6.93 25 6 13 2.68 2.83 14 3.73 14 29 4 2.44 2.47 15 5.08 18 22 7 0.62 0.60 16 7.12 25 11 11 1.11 1.06 17 3.24 10 31 9 2.49 2.19 18 4.05 12 35 6 2.63 4.16 19 4.72 16 32 7 0.58 0.51 20 3.49 13 41 4 2.52 2.58 21 6.03 18 24 18 0.64 0.57 22 4.13 12 40 13 2.35 2.20 23 10.18 33 15 23 0.62 0.64 24 9.95 36 29 12 1.21 1.10 25 8.67 24 36 32 1.37 1.92 26 16.53 51 3 45 7.11 7.40 27 12.45 44 37 18 0.97 0.91 28 15.56 56 25 19 2.84 2.64 29 17.47 57 7 40 3.92 3.98 30 11.23 29 48 47 2.78 4.27 31 8.21 29 79 10 2.30 2.17 32 19.95 50 6 90 8.33 9.59 33 16.16 44 53 61 3.12 3.88 34 8.83 33 110 8 6.14 5.95 35 12.97 47 94 16 3.30 3.13 36 21.32 94 48 37 4.73 7.40 37 20.97 83 61 62 8.87 11.09 38 38.22 127 25 78 4.77 4.83 39 26.48 111 71 54 5.50 7.38 40 48.2 173 120 60 11.73 12.03 41 7.07 11 13 51 20.43 –  
Estimators for parameters of the transformation (5) for 

BS  family for 40 data rows are: 3.8484ˆ =γY , 5.4050ˆ1 =γ , 1.0397ˆ 2 =γ , 1.3214ˆ3 =γ , 0.9990ˆ =ηY , 0.96416ˆ1 =η , 0.68334ˆ 2 =η , 0.61537ˆ 3 =η , 0.52944ˆ =ϕY , 2.0172ˆ1 =ϕ , 1.0107ˆ 2 =ϕ , 2.5590ˆ 3 =ϕ , 298.41ˆ =λY , 5439.41ˆ1 =λ , 128.66ˆ 2 =λ  and 103.668ˆ 3 =λ . The sample covariance matrix NS   
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⎟
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⎞
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⎜
⎜
⎜

⎝

⎛

= 1.00000.22040.79090.8588 0.22041.00000.42800.4108 0.79090.42801.00000.9898 0.85880.41080.98981.0000
NS .  After normalizing the non-Gaussian data by the multivariate transformation (5) for BS  family the linear regression model is built for normalized data  

ε++++=ε+= 3322110 ˆˆˆˆˆ ZbZbZbbZZ YY . (7) Parameters of the linear regression model (7) were estimated by the least square method. Estimators for parameters of the model (7) are such: 00̂ =b , 81961.01̂ =b , 01428.0ˆ2 =b , 20730.03̂ =b . After that the multiple non-linear regression model (4) is built  
( ) 1ˆˆˆ1ˆˆ −

ηγ−ε+−
⎥⎦
⎤

⎢⎣
⎡ +λ+ϕ= YYYZ

YY eY , (8) where 
jjj

jj
jjj X

X
Z

−λ+ϕ

ϕ−
η+γ= ln , jjjj X λ+ϕ<<ϕ , 3,2,1=j . The model (8) is the multiple non-linear regression model to estimate the agile testing efforts for small Web projects.  

4 EXPERIMENTS For comparison of the model (8) with other multiple models one linear regression model and two non-linear regression models are built on the basis of 40 data rows from Table 1 and two univariate normalizing transformations: the decimal logarithm transformation and the Johnson transformation. The multiple linear regression model has the form  
ε++++= 3322110 ˆˆˆˆ XbXbXbbY , (9) where the estimators for parameters are: 0.26513ˆ0 =b , 0.231161̂ =b , 0.00082ˆ2 −=b , 0.08374ˆ3 =b . The multiple non-linear regression model is constructed on the basis of the linear regression model (7) 
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for the normalized data and the decimal logarithm transformation  3210 3̂2̂1̂ˆ10 bbbb XXXY +ε= , (10) where the estimators for parameters are: 0.4500ˆ0 −=b , 0.788871̂ =b , 0.00176ˆ2 =b , 0.18782ˆ3 =b . The multiple non-linear regression model is constructed on the basis of the linear regression model (7) for the normalized data and the Johnson univariate transformation for BS  family (6). In this case the estimators for parameters of the model (8) are: 1.72684ˆ =γY , 1.78876ˆ1 =γ , 1.2346ˆ 2 =γ , 1.1127ˆ3 =γ , 0.73211ˆ =ηY , 0,73090ˆ1 =η , 0.72269ˆ 2 =η , 0.53444ˆ 3 =η , 1.1292ˆ =ϕY , 3,3512ˆ1 =ϕ , 1.1717ˆ 2 =ϕ , 2.90ˆ 3 =ϕ , 64.039ˆ =λY , 237.48ˆ1 =λ , 142.95ˆ 2 =λ , 92.745ˆ 3 =λ , 00̂ =b , 86376.01̂ =b , 00240.0ˆ2 =b  and 16633.03̂ =b . The computer program implementing the constructed models (8), (9) and (10) was developed to conduct experiments. The program was written in the sci-language for the Scilab system. Scilab (http://www.scilab.org) is the free and open source software, the alternative to commercial packages for system modeling and simulation packages such as MATLAB and MATRIXx.  

5 RESULTS If the Gaussian random variable ε  equals zero the regression models (8), (9) and (10) are the multiple regression equations for which the prediction results for values of components of vector { }321 ,, XXX=X  from Table 1 and values of MRE are shown in the Table 2.  Table 2 – The prediction results and confidence intervals of multiple regressions Multiple non-linear regressions univariate normalizing transformation Multiple linear regression the decimal logarithm the Johnson transformation the Johnson multivariate normalizing transformation No 
Ŷ  MRE LB UB Ŷ  MRE LB UB Ŷ  MRE LB UB Ŷ  MRE LB UB 1 1.516 0,1396 0.934 2.097 1.380 0.0375 1.312 1.451 1.360 0.0225 1.334 1.389 1.298 0.0242 1.252 1.3462 3.392 0,0335 2.752 4.033 3.394 0.0329 3.192 3.609 3.383 0.0363 3.154 3.636 3.387 0.0352 3.223 3.5603 3.243 0,0231 2.635 3.851 3.233 0.0197 3.088 3.384 3.188 0.0055 3.042 3.344 3.234 0.0203 3.121 3.3524 1.744 0,1401 1.179 2.310 1.646 0.0760 1.574 1.722 1.645 0.0751 1.603 1.691 1.593 0.0411 1.541 1.6485 2.587 0,1008 2.000 3.174 2.479 0.0549 2.371 2.592 2.248 0.0436 2.114 2.399 2.312 0.0160 2.210 2.4216 3.324 0,0619 2.758 3.890 3.309 0.0571 3.192 3.430 3.239 0.0347 3.121 3.363 3.320 0.0607 3.222 3.4217 2.225 0,0961 1.685 2.765 2.112 0.0404 2.016 2.213 2.041 0.0056 1.969 2.120 2.079 0.0240 2.001 2.1618 3.301 0,0252 2.735 3.868 3.308 0.0272 3.204 3.415 3.320 0.0310 3.210 3.435 3.357 0.0425 3.270 3.4479 2.982 0,0924 2.438 3.527 2.967 0.0867 2.871 3.065 2.983 0.0928 2.888 3.085 3.005 0.1006 2.925 3.08710 4.539 0,0238 3.982 5.096 4.577 0.0157 4.439 4.720 4.624 0.0055 4.462 4.794 4.673 0.0049 4.551 4.79911 5.445 0,0137 4.797 6.092 5.105 0.0751 4.822 5.406 5.127 0.0712 4.790 5.493 5.075 0.0806 4.816 5.35012 2.869 0,0434 2.331 3.408 2.641 0.0397 2.495 2.795 2.461 0.1053 2.347 2.584 2.585 0.0598 2.470 2.70813 7.128 0,0285 6.509 7.746 7.301 0.0535 7.001 7.614 7.304 0.0540 6.923 7.708 7.315 0.0556 7.047 7.59514 3.812 0,0221 3.281 4.344 3.714 0.0044 3.560 3.873 3.712 0.0048 3.541 3.895 3.734 0.0010 3.598 3.87515 4.994 0,0169 4.484 5.504 5.027 0.0104 4.879 5.180 5.101 0.0042 4.929 5.281 5.158 0.0153 5.027 5.29216 6.956 0,0230 6.372 7.540 7.083 0.0052 6.855 7.319 7.150 0.0042 6.858 7.456 7.167 0.0066 6.952 7.38817 3.305 0,0200 2.773 3.837 3.317 0.0237 3.189 3.449 3.247 0.0020 3.121 3.380 3.365 0.0387 3.258 3.47718 3.513 0,1327 2.967 4.058 3.550 0.1235 3.429 3.675 3.572 0.1180 3.445 3.706 3.644 0.1001 3.544 3.74819 4.524 0,0416 4.016 5.031 4.584 0.0288 4.446 4.726 4.633 0.0184 4.476 4.797 4.718 0.0004 4.601 4.83920 3.571 0,0234 2.978 4.165 3.505 0.0042 3.355 3.661 3.503 0.0037 3.341 3.676 3.536 0.0132 3.408 3.67021 5.914 0,0193 5.441 6.386 6.004 0.0043 5.813 6.201 5.804 0.0375 5.598 6.019 6.027 0.0004 5.871 6.18922 4.095 0,0085 3.497 4.692 4.106 0.0059 3.928 4.292 3.960 0.0411 3.781 4.151 4.153 0.0055 4.006 4.30623 9.807 0,0366 9.306 10.308 10.133 0.0046 9.851 10.422 9.967 0.0210 9.599 10.348 10.055 0.0123 9.785 10.33224 9.568 0,0384 9.041 10.095 9.616 0.0336 9.304 9.938 9.847 0.0103 9.471 10.238 9.756 0.0195 9.464 10.05825 8.463 0,0239 7.795 9.131 8.399 0.0312 8.031 8.784 8.011 0.0760 7.640 8.401 8.369 0.0348 8.085 8.66326 15.820 0,0430 15.010 16.630 16.158 0.0225 15.120 17.268 15.769 0.0460 14.546 17.068 15.589 0.0569 14.693 16.53927 11.913 0,0431 11.427 12.399 12.162 0.0232 11.795 12.539 12.313 0.0110 11.858 12.783 12.194 0.0206 11.846 12.55228 14.780 0,0501 14.067 15.494 14.850 0.0456 14.303 15.418 15.196 0.0234 14.538 15.877 14.720 0.0540 14.191 15.26929 16.785 0,0392 16.019 17.551 17.280 0.0109 16.440 18.163 17.000 0.0269 16.031 18.012 16.734 0.0421 15.986 17.51730 10.865 0,0325 9.819 11.912 10.487 0.0662 9.922 11.083 10.015 0.1082 9.433 10.630 10.506 0.0645 10.054 10.97931 7.741 0,0571 6.788 8.695 7.849 0.0440 7.528 8.183 8.029 0.0221 7.605 8.477 8.127 0.0101 7.825 8.44232 19.355 0,0298 17.602 21.107 18.142 0.0906 16.983 19.379 19.878 0.0036 18.087 21.774 19.676 0.0137 18.356 21.08733 15.501 0,0408 14.285 16.716 15.305 0.0529 14.513 16.139 14.950 0.0749 14.080 15.861 15.494 0.0412 14.806 16.21334 8.473 0,0404 7.049 9.897 8.339 0.0556 7.907 8.794 8.674 0.0177 8.044 9.354 8.741 0.0100 8.262 9.24935 12.392 0,0445 11.315 13.469 12.551 0.0323 12.012 13.115 12.862 0.0083 12.121 13.641 12.803 0.0129 12.256 13.37436 25.053 0,1751 24.147 25.958 25.353 0.1892 24.289 26.464 25.685 0.2048 24.603 26.786 24.519 0.1501 23.577 25.49637 24.593 0,1728 23.696 25.490 25.333 0.2081 24.204 26.514 25.102 0.1971 23.980 26.247 25.158 0.1997 24.163 26.19138 36.133 0,0546 34.746 37.520 36.936 0.0336 35.110 38.858 37.161 0.0277 35.682 38.622 36.607 0.0422 34.926 38.35939 30.387 0,1476 29.413 31.361 31.054 0.1727 29.615 32.564 31.097 0.1744 29.813 32.388 30.135 0.1380 28.907 31.41040 45.181 0,0626 43.360 47.003 44.994 0.0665 42.372 47.778 46.127 0.0430 44.434 47.737 43.296 0.1018 40.695 46.035 
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The prediction results by model (8) and values of MRE are shown in the Table 2 for two cases: Johnson’s univariate and multivariate normalizing transformations. Table 2 also contains the prediction results by linear regression model (9) for values of components of vector 

X from Table 1 and MRE values. The MRE values for the multiple non-linear regression model (8) based on the Johnson multivariate transformation are smaller than for the linear regression model (9) for 25 rows of data: 1, 3–7, 10, 14–16, 18–24, 27, 31, 32, 34–36, 38, 39. Also the MRE values for the non-linear regression model (8) based on the Johnson multivariate transformation are smaller than for the multiple non-linear regression model (10) following the decimal logarithm univariate transformation for 22 rows of data: 1, 2, 4, 5, 7, 10, 14, 18, 19, 21, 22, 24, 27, 30–37, 39. And ones are smaller than for the non-linear regression model (8) following the Johnson univariate transformation for only 18 rows of data: 2, 4, 5, 10, 12, 14, 18, 19, 21–23, 25, 30, 31, 33, 34, 36 and 39. MMRE and PRED(0.25) are accepted as standard evaluations of prediction results by regression models and equations. The acceptable values of MMRE and PRED(0.25) are not more than 0.25 and not less than 0.75 respectively. The acceptable value of 2R is approximately the same as for PRED(0.25). The values of 2R , MMRE and PRED(0.25) equal respectively 0.9847, 0.0565 and 1.0 for linear regression model (9), and equal respectively 0.9810, 0.0503 and 1.0 for the model (10), and equal respectively 0.9828, 0.0478 and 1.0 for the model (8) for the Johnson univariate transformation, and equal respectively 0.9818, 0.0443 and 1.0 for the model (8) for the Johnson multivariate transformation. The value of MMRE is better for the model (8) for the Johnson multivariate transformation in comparison with all previous models. The confidence and prediction intervals of multiple non-linear regression are defined for the data from Table 1. Table 2 contains the lower (LB) and upper (UB) bounds of the confidence intervals of linear and multiple non-linear regressions on the basis of univariate and multivariate transformations respectively for 0.05 significance level. The widths of the confidence interval of multiple non-linear regression on the basis of the Johnson multivariate transformation are smaller than for linear regression (9) for 34 rows of data: 1–25, 27–35. Also the widths of the confidence interval of multiple non-linear regression on the basis of the Johnson multivariate transformation are less for more data rows than for multiple non-linear regressions following the univariate transformations, both decimal logarithm and the Johnson. The widths of the confidence interval of multiple non-linear regression on the basis of the Johnson multivariate transformation are smaller than following the decimal logarithm univariate transformation for 37 rows of data: 1–31, 33, 36–40. And ones are smaller than following the Johnson univariate transformation for 34 rows of data: 2, 3, 5, 6, 8–11, 13–37 and 39. 
Approximately the same results are obtained for the prediction intervals of regressions. Table 3 contains the lower (LB) and upper (UB) bounds of the prediction intervals of multiple linear and non-linear regressions on the basis of univariate and multivariate transformations respectively for 0.05 significance level. Note the lower bounds of the prediction interval of linear regression (9) are negative for the four rows of data: 1, 4, 5 and 7. All the lower bounds of the prediction interval of multiple non-linear regressions are positive. The widths of the prediction interval of multiple non-linear regression on the basis of the Johnson multivariate transformation are smaller than for linear regression (9) for 35 rows of data: 1–35.  Table 3 – The bounds of the prediction intervals Bounds for multiple non-linear regression Bounds for linear regression decimal logarithm transformation Johnson multivariate transformation No LB UB LB UB LB UB 1 –1.174 4.205 1.186 1.606 1.184 1.4312 0.689 6.096 2.906 3.966 2.968 3.8773 0.548 5.939 2.782 3.756 2.850 3.6824 –0.942 4.431 1.417 1.912 1.439 1.7735 –0.104 5.278 2.134 2.879 2.050 2.6206 0.637 6.010 2.855 3.834 2.928 3.7757 –0.456 4.906 1.817 2.454 1.854 2.3418 0.615 5.988 2.857 3.829 2.962 3.8159 0.300 5.664 2.562 3.435 2.658 3.40710 1.855 7.224 3.955 5.297 4.097 5.34011 2.740 8.149 4.377 5.955 4.412 5.85012 0.188 5.550 2.264 3.080 2.284 2.93813 4.430 9.826 6.291 8.473 6.366 8.41614 1.133 6.492 3.200 4.310 3.279 4.26315 2.319 7.669 4.344 5.818 4.517 5.90016 4.266 9.647 6.117 8.201 6.248 8.22917 0.625 5.984 2.860 3.847 2.965 3.83018 0.830 6.195 3.064 4.112 3.209 4.15019 1.849 7.198 3.961 5.306 4.137 5.39020 0.879 6.264 3.018 4.070 3.109 4.03421 3.245 8.582 5.186 6.951 5.268 6.90622 1.402 6.788 3.535 4.768 3.640 4.74823 7.133 12.481 8.759 11.722 8.754 11.55424 6.889 12.246 8.304 11.135 8.489 11.21725 5.753 11.173 7.231 9.756 7.281 9.62726 13.072 18.568 13.802 18.916 13.436 18.07927 9.242 14.584 10.508 14.075 10.607 14.01828 12.059 17.502 12.810 17.214 12.782 16.94829 14.049 19.520 14.853 20.103 14.496 19.30930 8.038 13.692 8.997 12.224 9.107 12.12431 4.947 10.535 6.763 9.108 7.066 9.35632 16.197 22.512 15.500 21.234 16.896 22.89233 12.607 18.394 13.141 17.825 13.420 17.88034 5.486 11.460 7.160 9.712 7.551 10.12735 9.554 15.231 10.809 14.575 11.095 14.77436 22.275 27.831 21.839 29.433 21.321 28.16037 21.818 27.368 21.804 29.432 21.874 28.89638 33.163 39.103 31.740 42.984 31.889 41.92539 27.586 33.188 26.713 36.101 26.235 34.55340 41.985 48.377 38.533 52.537 37.588 49.717 Also the widths of the prediction interval of multiple non-linear regression on the basis of the Johnson multivariate transformation are smaller for more data rows than for multiple non-linear regressions following the univariate transformations, both decimal logarithm and the Johnson. The widths of the prediction interval of 
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multiple non-linear regression on the basis of the Johnson multivariate transformation are smaller than following the decimal logarithm univariate transformation for 38 rows of data: 1–31, 33, 35–40. And ones are smaller than following the Johnson univariate transformation for 26 rows of data: 1, 2, 4–19, 21, 23–26, 28–30. The null hypothesis that the observed frequency distribution of residuals for linear regression models (7) and (9) is the same as the normal distribution was tested by Pearson’s chi-squared test. We can accept the null hypothesis that the distribution of residuals for linear regression model (7) is the same as the normal distribution for normalized data, which normalized by the Johnson multivariate transformation only, since the chi-squared test statistic value equals to 5.59 is smaller than the critical value of the chi-square, which equals to 7.81 for 3 degrees of freedom and 0.05 significance level. The chi-squared test statistic values equal to 60.61, 12.41 and 17.34 respectively for the model (9), the model (7) for normalized data, which normalized by the decimal logarithm univariate transformation and the Johnson univariate transformation for BS  family. Following [16] multivariate skewness 1β  and kurtosis 2β  are estimated for 40 data rows from Table I and the normalized data on the basis of the decimal logarithm transformation, the Johnson univariate and multivariate transformations for BS  family. The measures 1β  and 2β  allow one to test two hypotheses that are compatible with the assumption of multivariate normality. The estimator of multivariate skewness given by [16]  

( ) ( ){ }31 121 1ˆ ∑
−

− −−=β
N

i
iN

T
i

N
ZZSZZ . (11) The estimator of multivariate kurtosis given by [16]  
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ZZSZZ . (12) In our case, in the formulas (11) and (12), the vectors 
Z and Z  should be replaced by the vectors P and P  or T and T , respectively, for the initial (non-Gaussian) or normalized data. It is known that ( )( ) Nmmm 211 ++=β  and ( )2mm2 +=β  hold under multivariate normality. The given equalities are necessary conditions for multivariate normality. In our case 31 =β  and 242 =β . The estimators of multivariate skewness and kurtosis equal 19.38, 4.18, 5.30, 4.65, and 47.37, 23.22, 26.32, 24.29 for the data from Table 1, the normalized data on the basis of the decimal logarithm transformation, the Johnson univariate and multivariate transformations respectively. The values of these estimators indicate that the necessary condition for multivariate normality is practically performed for the normalized data on the basis of the decimal logarithm transformation and the Johnson multivariate transformation, it does not hold for other data. 

6 DISCUSSION As it evident from the Table 3, the values of lower bounds of the prediction intervals of linear regression (9) for estimating the agile testing efforts for small Web projects are negative for some data rows. In our opinion, the presence of negative values may be explained by two reasons. Firstly, for the initial data from Table 1, four basic assumptions that justify the use of linear regression model, one of which is normality of the error distribution, are not valid. Moreover, the chi-squared test statistic value for residuals in linear regression model (9) is larger than for residuals in linear regression model (7) for normalized data, which normalized by the Johnson multivariate transformation, more than 10 times. Secondly, there is reason to reject the hypothesis that the sample of normalized data comes from a multivariate normal distribution. Note all the lower bounds of the prediction intervals of multiple non-linear regressions are positive. Also note that in our case for the data from Table 1, the poor normalization of multivariate non-Gaussian data using the Johnson univariate transformation leads to an increase in the widths of the confidence and prediction intervals of multiple non-linear regression for a larger number of data rows compared to the Johnson multivariate transformation. The widths of the confidence and prediction intervals of multiple non-linear regression on the basis of the Johnson multivariate transformation are smaller for more data rows than for linear regression and multiple non-linear regressions following the univariate transformations, both decimal logarithm and the Johnson. Also the MMRE value is smaller for the model (8) for the Johnson multivariate transformation in comparison with all other models, both linear and non-linear, based on univariate transformations. This may be explained best multivariate normalization and the fact that there is no reason to reject the null hypothesis that the distribution of residuals for linear regression model (7) is the same as the normal distribution for normalized data, which normalized by the Johnson multivariate transformation only.  
CONCLUSIONS The important problem of increase of confidence of agile testing effort estimation for small Web projects is solved. 

The scientific novelty of obtained results is that the multiple non-linear regression model to estimate the agile testing efforts for small Web projects is firstly constructed on the basis of the Johnson multivariate transformation for BS  family. This model, in comparison with other regression models (both linear and non-linear), has a smaller value of the mean magnitude of relative error, smaller widths of the confidence and prediction intervals of multiple non-linear regression. 
The practical significance of obtained results is that the software realizing the constructed model is developed in the sci-language for Scilab. The experimental results 
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allow to recommend the constructed model for use in practice. 

Prospects for further research may include the application of other multivariate normalizing transformations and data sets to construct the multiple non-linear regression model for estimating the agile testing efforts for small Web projects.  
ACKNOWLEDGEMENTS We are thankful to Tetiana Avdieieva for the data provided on the agile testing efforts for small Web projects.  
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ɆɇОɀɂɇɇА ɇЕɅІɇІɃɇА РЕГРЕСІɃɇА ɆОȾЕɅЬ ȾɅə ОɐІɇЮВАɇɇə ɌРɍȾОɆІСɌɄОСɌІ AGILE ɌЕСɌɍВАɇɇə 
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ɉɪихɨɞьɤɨ ɇ. В. – ɤаɧɞ. ɟɤɨɧ. ɧаɭɤ, ɞɨɰɟɧɬ, ɞɨɰɟɧɬ ɤаɮɟɞɪи ɮіɧаɧɫів Наɰіɨɧаɥьɧɨɝɨ ɭɧівɟɪɫиɬɟɬɭ ɤɨɪаɛɥɟɛɭɞɭваɧɧя іɦɟɧі 

аɞɦіɪаɥа Маɤаɪɨва, Миɤɨɥаʀв, Уɤɪаʀɧа. 
ɉɪихɨɞьɤɨ С. Ȼ. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɨɪ, ɡавіɞɭваɱ ɤаɮɟɞɪи ɩɪɨɝɪаɦɧɨɝɨ ɡаɛɟɡɩɟɱɟɧɧя авɬɨɦаɬиɡɨваɧиɯ ɫиɫɬɟɦ 

Наɰіɨɧаɥьɧɨɝɨ ɭɧівɟɪɫиɬɟɬɭ ɤɨɪаɛɥɟɛɭɞɭваɧɧя іɦɟɧі аɞɦіɪаɥа Маɤаɪɨва, Миɤɨɥаʀв, Уɤɪаʀɧа.  
AɇОɌАɐІə 

Аɤɬɭаɥьɧіɫɬь. Ɉɰіɧɸваɧɧя ɬɪɭɞɨɦіɫɬɤɨɫɬі ɬɟɫɬɭваɧɧя ɩɪɨɝɪаɦɧɨɝɨ ɡаɛɟɡɩɟɱɟɧɧя є ɨɞɧієɸ ɡ ваɠɥивиɯ ɩɪɨɛɥɟɦ ɭ ɪɨɡɪɨɛɰі 
ɩɪɨɝɪаɦɧɨɝɨ ɡаɛɟɡɩɟɱɟɧɧя ɬа ɠиɬɬєвɨɦɭ ɰиɤɥі ɬɟɫɬɭваɧɧя ɩɪɨɝɪаɦɧɨɝɨ ɡаɛɟɡɩɟɱɟɧɧя. Ɉɛ’єɤɬɨɦ ɞɨɫɥіɞɠɟɧɧя є ɩɪɨɰɟɫ ɨɰіɧɸваɧɧя 
ɬɪɭɞɨɦіɫɬɤɨɫɬі agile ɬɟɫɬɭваɧɧя ɞɥя ɦаɥиɯ вɟɛ-ɩɪɨɟɤɬів. ɉɪɟɞɦɟɬɨɦ ɞɨɫɥіɞɠɟɧɧя є ɦɨɞɟɥі ɦɧɨɠиɧɧɨʀ ɪɟɝɪɟɫіʀ ɞɥя ɨɰіɧɸваɧɧя 
ɬɪɭɞɨɦіɫɬɤɨɫɬі agile ɬɟɫɬɭваɧɧя ɞɥя ɦаɥиɯ вɟɛ-ɩɪɨɟɤɬів. 

Ɇɟɬа. Мɟɬɨɸ ɪɨɛɨɬи є ɫɬвɨɪɟɧɧя ɦɨɞɟɥі ɦɧɨɠиɧɧɨʀ ɧɟɥіɧіɣɧɨʀ ɪɟɝɪɟɫіʀ ɞɥя ɨɰіɧɸваɧɧя ɬɪɭɞɨɦіɫɬɤɨɫɬі agile ɬɟɫɬɭваɧɧя ɞɥя 
ɦаɥиɯ вɟɛ-ɩɪɨɟɤɬів ɧа ɨɫɧɨві ɛаɝаɬɨвиɦіɪɧɨɝɨ ɧɨɪɦаɥіɡɭɸɱɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя Дɠɨɧɫɨɧа. 

Ɇɟɬɨɞ. Мɨɞɟɥь, ɞɨвіɪɱі іɧɬɟɪваɥи ɬа іɧɬɟɪваɥи ɩɟɪɟɞɛаɱɟɧɧя ɛаɝаɬɨвиɦіɪɧɨʀ ɧɟɥіɧіɣɧɨʀ ɪɟɝɪɟɫіʀ ɞɥя ɨɰіɧɸваɧɧя ɬɪɭɞɨɦіɫɬɤɨɫɬі agile ɬɟɫɬɭваɧɧя ɞɥя ɦаɥиɯ вɟɛ-ɩɪɨɟɤɬів ɩɨɛɭɞɨваɧі ɧа ɨɫɧɨві ɛаɝаɬɨвиɦіɪɧɨɝɨ ɧɨɪɦаɥіɡɭɸɱɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя Дɠɨɧɫɨɧа ɞɥя 
ɧɟɝаɭɫівɫьɤиɯ ɞаɧиɯ ɡа ɞɨɩɨɦɨɝɨɸ віɞɩɨвіɞɧиɯ ɦɟɬɨɞів. Мɟɬɨɞи ɩɨɛɭɞɨви ɦɨɞɟɥɟɣ, ɪівɧяɧь, ɞɨвіɪɱиɯ іɧɬɟɪваɥів і іɧɬɟɪваɥів 
ɩɟɪɟɞɛаɱɟɧɧя ɧɟɥіɧіɣɧиɯ ɪɟɝɪɟɫіɣ ɡаɫɧɨваɧі ɧа ɛаɝаɬɨвиɦіɪɧɨɦɭ ɧɟɥіɧіɣɧɨɦɭ ɪɟɝɪɟɫіɣɧɨɦɭ аɧаɥіɡі ɡ виɤɨɪиɫɬаɧɧяɦ 
ɛаɝаɬɨвиɦіɪɧиɯ ɧɨɪɦаɥіɡɭɸɱиɯ ɩɟɪɟɬвɨɪɟɧь. Рɨɡɝɥяɧɭɬɨ віɞɩɨвіɞɧі ɦɟɬɨɞи. Ці ɦɟɬɨɞи ɞɨɡвɨɥяɸɬь вɪаɯɨвɭваɬи ɤɨɪɟɥяɰіɸ ɦіɠ 
виɩаɞɤɨвиɦи вɟɥиɱиɧаɦи в ɪаɡі ɧɨɪɦаɥіɡаɰіʀ ɛаɝаɬɨвиɦіɪɧиɯ ɧɟɝаɭɫівɫьɤиɯ ɞаɧиɯ. Заɝаɥɨɦ, ɰɟ ɩɪиɡвɨɞиɬь ɞɨ ɡɦɟɧшɟɧɧя ɫɟɪɟɞɧьɨʀ 
вɟɥиɱиɧи віɞɧɨɫɧɨʀ ɩɨɯиɛɤи, шиɪиɧи ɞɨвіɪɱиɯ іɧɬɟɪваɥів і іɧɬɟɪваɥів ɩɟɪɟɞɛаɱɟɧɧя в ɩɨɪівɧяɧɧі ɡ ɥіɧіɣɧиɦи ɦɨɞɟɥяɦи ɬа 
ɧɟɥіɧіɣɧиɦи ɦɨɞɟɥяɦи, ɩɨɛɭɞɨваɧиɦи ɡ виɤɨɪиɫɬаɧɧяɦ ɨɞɧɨвиɦіɪɧиɯ ɧɨɪɦаɥіɡɭɸɱиɯ ɩɟɪɟɬвɨɪɟɧь. 

Рɟзɭɥьɬаɬи. Зɞіɣɫɧɟɧɨ ɩɨɪівɧяɧɧя ɩɨɛɭɞɨваɧɨʀ ɦɨɞɟɥі ɡ ɦɨɞɟɥяɦи ɥіɧіɣɧɨʀ ɪɟɝɪɟɫіʀ ɬа ɧɟɥіɧіɣɧиɦи ɪɟɝɪɟɫіяɦи ɧа ɨɫɧɨві 
ɞɟɫяɬɤɨвɨɝɨ ɥɨɝаɪиɮɦɭ ɬа ɨɞɧɨвиɦіɪɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя Дɠɨɧɫɨɧа. 

Виɫɧɨвɤи. Мɨɞɟɥь ɧɟɥіɧіɣɧɨʀ ɪɟɝɪɟɫіʀ ɞɥя ɨɰіɧɸваɧɧя ɬɪɭɞɨɦіɫɬɤɨɫɬі agile ɬɟɫɬɭваɧɧя ɞɥя ɦаɥиɯ вɟɛ-ɩɪɨɟɤɬів ɩɨɛɭɞɨваɧа ɧа 
ɨɫɧɨві ɛаɝаɬɨвиɦіɪɧɨɝɨ ɩɟɪɟɬвɨɪɟɧɧя Дɠɨɧɫɨɧа ɞɥя ɫіɦɟɣɫɬва BS . Ця ɦɨɞɟɥь в ɩɨɪівɧяɧɧі ɡ іɧшиɦи ɪɟɝɪɟɫіɣɧіɣ ɦɨɞɟɥі (яɤ 
ɥіɧіɣɧиɦи, ɬаɤ і ɧɟɥіɧіɣɧиɦи) ɦає ɦɟɧшɟ ɡɧаɱɟɧɧя ɫɟɪɟɞɧьɨʀ вɟɥиɱиɧи віɞɧɨɫɧɨʀ ɩɨɯиɛɤи, ɦɟɧші шиɪиɧи ɞɨвіɪɱиɯ іɧɬɟɪваɥів і 
іɧɬɟɪваɥів ɩɟɪɟɞɛаɱɟɧɧя. ɉɟɪɫɩɟɤɬиви ɩɨɞаɥьшиɯ ɞɨɫɥіɞɠɟɧь ɦɨɠɭɬь вɤɥɸɱаɬи ɡаɫɬɨɫɭваɧɧя іɧшиɯ ɛаɝаɬɨвиɦіɪɧиɯ ɧɨɪɦаɥіɡɭɸɬь 
ɩɟɪɟɬвɨɪɟɧь і ɧаɛɨɪів ɞаɧиɯ ɞɥя ɩɨɛɭɞɨви ɦɨɞɟɥі ɧɟɥіɧіɣɧɨʀ ɪɟɝɪɟɫіʀ ɞɥя ɨɰіɧɸваɧɧя ɬɪɭɞɨɦіɫɬɤɨɫɬі agile ɬɟɫɬɭваɧɧя ɞɥя ɦаɥиɯ 
вɟɛ-ɩɪɨɟɤɬів. 
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ɄɅЮЧОВІ СɅОВА: agile ɬɟɫɬɭваɧɧя, ɨɰіɧɸваɧɧя, ɬɪɭɞɨɦіɫɬɤіɫɬь ɬɟɫɬɭваɧɧя, Вɟɛ ɩɪɨɟɤɬ, ɦɨɞɟɥь ɦɧɨɠиɧɧɨʀ ɧɟɥіɧіɣɧɨʀ 

ɪɟɝɪɟɫіʀ, ɛаɝаɬɨвиɦіɪɧɟ ɧɨɪɦаɥіɡɭɸɱɟ ɩɟɪɟɬвɨɪɟɧɧя, ɧɟɝаɭɫівɫьɤі ɞаɧі.  
УДК 004.412:519.237.5 

ɆɇОɀЕСɌВЕɇɇАə ɇЕɅɂɇЕɃɇАə РЕГРЕССɂОɇɇАə ɆОȾЕɅЬ ȾɅə ОɐЕɇɄɂ ɌРɍȾОЕɆɄОСɌɂ AGILE 
ɌЕСɌɂРОВАɇɂə ȾɅə ɆАɅЫɏ ВЕȻ-ɉРОЕɄɌОВ 

ɉɪихɨɞьɤɨ ɇ. В. – ɤаɧɞ. ɷɤɨɧ. ɧаɭɤ, ɞɨɰɟɧɬ, ɞɨɰɟɧɬ ɤаɮɟɞɪɵ ɮиɧаɧɫɨв Наɰиɨɧаɥьɧɨɝɨ ɭɧивɟɪɫиɬɟɬɭ ɤɨɪаɛɥɟɫɬɪɨɟɧия иɦɟɧи 
аɞɦиɪаɥа Маɤаɪɨва, Ниɤɨɥаɟв, Уɤɪаиɧа. 

ɉɪихɨɞьɤɨ С. Ȼ. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɫɨɪ, ɡавɟɞɭɸɳиɣ ɤаɮɟɞɪɨɣ ɩɪɨɝɪаɦɦɧɨɝɨ ɨɛɟɫɩɟɱɟɧия авɬɨɦаɬиɡиɪɨваɧɧɵɯ ɫиɫɬɟɦ 
Наɰиɨɧаɥьɧɨɝɨ ɭɧивɟɪɫиɬɟɬɭ ɤɨɪаɛɥɟɫɬɪɨɟɧия иɦɟɧи аɞɦиɪаɥа Маɤаɪɨва, Ниɤɨɥаɟв, Уɤɪаиɧа. 

AɇɇОɌАɐɂə 
Аɤɬɭаɥьɧɨɫɬь. Ɉɰɟɧиваɧия ɬɪɭɞɨɟɦɤɨɫɬи ɬɟɫɬиɪɨваɧия ɩɪɨɝɪаɦɦɧɨɝɨ ɨɛɟɫɩɟɱɟɧия явɥяɟɬɫя ɨɞɧɨɣ иɡ ваɠɧɵɯ ɩɪɨɛɥɟɦ в 

ɪаɡɪаɛɨɬɤɟ ɩɪɨɝɪаɦɦɧɨɝɨ ɨɛɟɫɩɟɱɟɧия и ɠиɡɧɟɧɧɨɦ ɰиɤɥɟ ɬɟɫɬиɪɨваɧия ɩɪɨɝɪаɦɦɧɨɝɨ ɨɛɟɫɩɟɱɟɧия. Ɉɛɴɟɤɬɨɦ иɫɫɥɟɞɨваɧия 
явɥяɟɬɫя ɩɪɨɰɟɫɫ ɨɰɟɧɤи ɬɪɭɞɨɟɦɤɨɫɬи agile ɬɟɫɬиɪɨваɧия ɞɥя ɦаɥɵɯ вɟɛ-ɩɪɨɟɤɬɨв. ɉɪɟɞɦɟɬɨɦ иɫɫɥɟɞɨваɧия явɥяɸɬɫя ɦɨɞɟɥи 
ɦɧɨɠɟɫɬвɟɧɧɨɣ ɪɟɝɪɟɫɫии ɞɥя ɨɰɟɧɤи ɬɪɭɞɨɟɦɤɨɫɬи agile ɬɟɫɬиɪɨваɧия ɞɥя ɦаɥɵɯ вɟɛ-ɩɪɨɟɤɬɨв. 

ɐɟɥь. Цɟɥь ɪаɛɨɬɵ – ɫɨɡɞаɧиɟ ɦɨɞɟɥи ɧɟɥиɧɟɣɧɨɣ ɪɟɝɪɟɫɫии ɞɥя ɨɰɟɧɤи ɬɪɭɞɨɟɦɤɨɫɬи agile ɬɟɫɬиɪɨваɧия ɞɥя ɦаɥɵɯ вɟɛ-
ɩɪɨɟɤɬɨв ɧа ɨɫɧɨвɟ ɦɧɨɝɨɦɟɪɧɨɝɨ ɧɨɪɦаɥиɡиɪɭɸɳɟɝɨ ɩɪɟɨɛɪаɡɨваɧия Дɠɨɧɫɨɧа. 

Ɇɟɬɨɞ. Мɨɞɟɥь, ɞɨвɟɪиɬɟɥьɧɵɟ иɧɬɟɪваɥɵ и иɧɬɟɪваɥɵ ɩɪɨɝɧɨɡиɪɨваɧия ɦɧɨɝɨɦɟɪɧɨɣ ɧɟɥиɧɟɣɧɨɣ ɪɟɝɪɟɫɫии ɞɥя ɨɰɟɧɤи 
ɬɪɭɞɨɟɦɤɨɫɬи agile ɬɟɫɬиɪɨваɧия ɞɥя ɦаɥɵɯ вɟɛ-ɩɪɨɟɤɬɨв ɩɨɫɬɪɨɟɧɵ ɧа ɨɫɧɨвɟ ɦɧɨɝɨɦɟɪɧɨɝɨ ɧɨɪɦаɥиɡиɪɭɸɳɟɝɨ ɩɪɟɨɛɪаɡɨваɧия 
Дɠɨɧɫɨɧа ɞɥя ɧɟɝаɭɫɫɨвɫɤиɯ ɞаɧɧɵɯ ɫ ɩɨɦɨɳьɸ ɫɨɨɬвɟɬɫɬвɭɸɳиɯ ɦɟɬɨɞɨв. Мɟɬɨɞɵ ɩɨɫɬɪɨɟɧия ɦɨɞɟɥɟɣ, ɭɪавɧɟɧиɣ, 
ɞɨвɟɪиɬɟɥьɧɵɯ иɧɬɟɪваɥɨв и иɧɬɟɪваɥɨв ɩɪɟɞɫɤаɡаɧия ɧɟɥиɧɟɣɧɵɯ ɪɟɝɪɟɫɫиɣ ɨɫɧɨваɧɵ ɧа ɦɧɨɝɨɤɪаɬɧɨɦ ɧɟɥиɧɟɣɧɨɦ 
ɪɟɝɪɟɫɫиɨɧɧɨɦ аɧаɥиɡɟ ɫ иɫɩɨɥьɡɨваɧиɟɦ ɦɧɨɝɨɦɟɪɧɵɯ ɧɨɪɦаɥиɡɭɸɳиɯ ɩɪɟɨɛɪаɡɨваɧиɣ. Раɫɫɦɨɬɪɟɧɵ ɫɨɨɬвɟɬɫɬвɭɸɳиɟ ɦɟɬɨɞɵ. 
Мɟɬɨɞɵ ɩɨɡвɨɥяɸɬ ɭɱиɬɵваɬь ɤɨɪɪɟɥяɰиɸ ɦɟɠɞɭ ɫɥɭɱаɣɧɵɦи вɟɥиɱиɧаɦи в ɫɥɭɱаɟ ɧɨɪɦаɥиɡаɰии ɦɧɨɝɨɦɟɪɧɵɯ ɧɟɝаɭɫɫɨвɫɤиɯ 
ɞаɧɧɵɯ. В ɨɛɳɟɦ, ɷɬɨ ɩɪивɨɞиɬ ɤ ɭɦɟɧьшɟɧиɸ ɫɪɟɞɧɟɣ вɟɥиɱиɧɵ ɨɬɧɨɫиɬɟɥьɧɨɣ ɩɨɝɪɟшɧɨɫɬи, шиɪиɧɵ ɞɨвɟɪиɬɟɥьɧɵɯ иɧɬɟɪваɥɨв 
и иɧɬɟɪваɥɨв ɩɪɟɞɫɤаɡаɧия ɩɨ ɫɪавɧɟɧиɸ ɫ ɥиɧɟɣɧɵɦи ɦɨɞɟɥяɦи и ɧɟɥиɧɟɣɧɵɦи ɦɨɞɟɥяɦи, ɩɨɫɬɪɨɟɧɧɵɦи ɫ иɫɩɨɥьɡɨваɧиɟɦ 
ɨɞɧɨɦɟɪɧɵɯ ɧɨɪɦаɥиɡɭɸɳиɯ ɩɪɟɨɛɪаɡɨваɧиɣ. 

Рɟзɭɥьɬаɬɵ. ɉɪɨвɟɞɟɧɨ ɫɪавɧɟɧиɟ ɩɨɫɬɪɨɟɧɧɨɣ ɦɨɞɟɥи ɫ ɥиɧɟɣɧɨɣ ɦɨɞɟɥьɸ и ɧɟɥиɧɟɣɧɵɦи ɪɟɝɪɟɫɫиɨɧɧɵɦи ɦɨɞɟɥяɦи ɧа 
ɨɫɧɨвɟ ɞɟɫяɬиɱɧɨɝɨ ɥɨɝаɪиɮɦа и ɨɞɧɨɦɟɪɧɨɝɨ ɩɪɟɨɛɪаɡɨваɧия Дɠɨɧɫɨɧа. 

Вɵвɨɞɵ. Мɨɞɟɥь ɧɟɥиɧɟɣɧɨɣ ɪɟɝɪɟɫɫии ɞɥя ɨɰɟɧɤи ɬɪɭɞɨɟɦɤɨɫɬи agile ɬɟɫɬиɪɨваɧия ɞɥя ɦаɥɵɯ вɟɛ-ɩɪɨɟɤɬɨв ɩɨɫɬɪɨɟɧа ɧа 
ɨɫɧɨвɟ ɦɧɨɝɨɦɟɪɧɨɝɨ ɩɪɟɨɛɪаɡɨваɧия Дɠɨɧɫɨɧа ɞɥя ɫɟɦɟɣɫɬва BS . Эɬа ɦɨɞɟɥь ɩɨ ɫɪавɧɟɧиɸ ɫ ɞɪɭɝиɦи ɪɟɝɪɟɫɫиɨɧɧɵɦи 
ɦɨɞɟɥяɦи (ɤаɤ ɥиɧɟɣɧɵɦи, ɬаɤ и ɧɟɥиɧɟɣɧɵɦи) иɦɟɟɬ ɦɟɧьшɟɟ ɡɧаɱɟɧиɟ ɫɪɟɞɧɟɣ вɟɥиɱиɧɵ ɨɬɧɨɫиɬɟɥьɧɨɣ ɩɨɝɪɟшɧɨɫɬи, ɦɟɧьшиɟ 
шиɪиɧɵ ɞɨвɟɪиɬɟɥьɧɵɯ иɧɬɟɪваɥɨв и иɧɬɟɪваɥɨв ɩɪɟɞɫɤаɡаɧия. ɉɟɪɫɩɟɤɬивɵ ɞаɥьɧɟɣшиɯ иɫɫɥɟɞɨваɧиɣ ɦɨɝɭɬ вɤɥɸɱаɬь 
ɩɪиɦɟɧɟɧиɟ ɞɪɭɝиɯ ɦɧɨɝɨɦɟɪɧɵɯ ɧɨɪɦаɥиɡɭɸɳиɯ ɩɪɟɨɛɪаɡɨваɧиɣ и ɧаɛɨɪɨв ɞаɧɧɵɯ ɞɥя ɩɨɫɬɪɨɟɧия ɦɨɞɟɥи ɧɟɥиɧɟɣɧɨɣ 
ɪɟɝɪɟɫɫии ɞɥя ɨɰɟɧɤи ɬɪɭɞɨɟɦɤɨɫɬи agile ɬɟɫɬиɪɨваɧия ɞɥя ɦаɥɵɯ вɟɛ-ɩɪɨɟɤɬɨв. 

ɄɅЮЧЕВЫЕ СɅОВА: agile ɬɟɫɬиɪɨваɧиɟ, ɨɰɟɧɤа, ɬɪɭɞɨɟɦɤɨɫɬь ɬɟɫɬиɪɨваɧия, Вɟɛ ɩɪɨɟɤɬ, ɦɨɞɟɥь ɦɧɨɠɟɫɬвɟɧɧɨɣ 
ɧɟɥиɧɟɣɧɨɣ ɪɟɝɪɟɫɫии, ɦɧɨɝɨɦɟɪɧɨɟ ɧɨɪɦаɥиɡɭɸɳɟɟ ɩɪɟɨɛɪаɡɨваɧия, ɧɟɝаɭɫивɫьɤи ɞаɧɧɵɟ. 
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ɦɨɞɟɥиɪɨваɧиɟ. – 2018. – Т. 40, № 6. – ɋ. 101–110. DOI: 10.15407/emodel.40.06.101 14. Prykhodko N. V. The non-linear regression model to estimate the software size of open source Java-based systems / N. V. Prykhodko, S. B. Prykhodko // Раɞіɨɟɥɟɤɬɪɨɧіɤа, 
іɧɮɨɪɦаɬиɤа, ɭɩɪавɥіɧɧя. – 2018. – № 3 (46). – ɋ. 158–166. DOI 10.15588/1607-3274-2018-3-17 15. Prykhodko S. Detecting Outliers in Multivariate Non-Gaussian Data on the basis of Normalizing Transformations / [S. Prykhodko, N. Prykhodko, L. Makarova et al.] // Electrical and Computer Engineering : the 2017 IEEE First Ukraine Conference (UKRCON) «Celebrating 25 Years of IEEE Ukraine Section», Kyiv, Ukraine, May 29 – June 2, 2017 : proceedings. – Kyiv : IEEE, 2017. – P. 846–849. DOI: 10.1109/UKRCON.2017.8100366 16. Mardia K.V. Measures of multivariate skewness and kurtosis with applications / K. V. Mardia // Biometrika. – 1970. – Vol. 57. – P. 519–530. DOI: 10.1093/biomet/57.3.519 
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ɆЕɌОȾ ОɐЕɇɄɂ ȾЕəɌЕɅЬɇОСɌɂ ОɉЕРАɌОРА 
АВɌОɆАɌɂɁɂРОВАɇɇОɃ СɂСɌЕɆЫ ɍɉРАВɅЕɇɂə 
ɌЕɏɇОɅОГɂЧЕСɄɂɆ ɉРОɐЕССОɆ ГАɁОȻЕɌОɇɇОГО 

ɉРОɂɁВОȾСɌВА 
 
Ʉаɦиɧɫɤая ɀ. Ʉ. – аɫɫиɫɬɟɧɬ ɤаɮɟɞɪɵ ɩɪɨɝɪаɦɦɧɵɯ ɫɪɟɞɫɬв, Заɩɨɪɨɠɫɤиɣ ɧаɰиɨɧаɥьɧɵɣ ɬɟɯɧиɱɟɫɤиɣ 

ɭɧивɟɪɫиɬɟɬ, Заɩɨɪɨɠьɟ, Уɤɪаиɧа. 
Сɟɪɞюɤ С. ɇ. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɞɨɰɟɧɬ ɤаɮɟɞɪɵ ɩɪɨɝɪаɦɦɧɵɯ ɫɪɟɞɫɬв, Заɩɨɪɨɠɫɤиɣ ɧаɰиɨɧаɥьɧɵɣ ɬɟɯ-

ɧиɱɟɫɤиɣ ɭɧивɟɪɫиɬɟɬ, Заɩɨɪɨɠьɟ, Уɤɪаиɧа. 
Ʉɭɥиɧич ɗ. Ɇ. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɞɨɰɟɧɬ ɤаɮɟɞɪɵ ɷɥɟɤɬɪɨɩɪивɨɞа и авɬɨɦаɬиɡаɰии ɩɪɨɦɵшɥɟɧɧɵɯ ɭɫɬа-

ɧɨвɨɤ, Заɩɨɪɨɠɫɤиɣ ɧаɰиɨɧаɥьɧɵɣ ɬɟɯɧиɱɟɫɤиɣ ɭɧивɟɪɫиɬɟɬ, Заɩɨɪɨɠьɟ, Уɤɪаиɧа.  
AɇɇОɌАɐɂə 

Аɤɬɭаɥьɧɨɫɬь. Раɫɫɦɨɬɪɟɧа ɩɪɨɛɥɟɦа ɤɨɥиɱɟɫɬвɟɧɧɨɣ ɨɰɟɧɤи ɞɟяɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа авɬɨɦаɬиɡиɪɨваɧɧɨɣ ɫиɫɬɟɦɵ 
ɭɩɪавɥɟɧия ɬɟɯɧɨɥɨɝиɱɟɫɤиɦ ɩɪɨɰɟɫɫɨɦ ɩɪɨиɡвɨɞɫɬва ɝаɡɨɛɟɬɨɧа. Аɤɬɭаɥьɧɨɫɬь ɞаɧɧɨɣ ɩɪɨɛɥɟɦɵ ɨɛɭɫɥавɥиваɟɬɫя ɧɟɨɛ-
ɯɨɞиɦɨɫɬьɸ ɭɱɟɬа ɱɟɥɨвɟɱɟɫɤɨɝɨ ɮаɤɬɨɪа ɩɪи ɪаɡɪаɛɨɬɤɟ ɫиɫɬɟɦ ɞаɧɧɨɝɨ ɬиɩа. Ɉɛɴɟɤɬ иɫɫɥɟɞɨваɧия – ɷɪɝɨɧɨɦиɱɟɫɤɨɟ и 
иɧɠɟɧɟɪɧɨ-ɩɫиɯɨɥɨɝиɱɟɫɤɨɟ ɨɛɟɫɩɟɱɟɧиɟ ɞɟяɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа авɬɨɦаɬиɡиɪɨваɧɧɨɣ ɫиɫɬɟɦɵ ɭɩɪавɥɟɧия ɬɟɯɧɨɥɨɝиɱɟ-
ɫɤиɦ ɩɪɨɰɟɫɫɨɦ ɝаɡɨɛɟɬɨɧɧɨɝɨ ɩɪɨиɡвɨɞɫɬва. ɉɪɟɞɦɟɬ иɫɫɥɟɞɨваɧия – ɦɨɞɟɥи, ɦɟɬɨɞɵ и ɫɪɟɞɫɬва ɩɨвɵшɟɧия ɷɮɮɟɤɬивɧɨ-
ɫɬи ɞɟяɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа ɝаɡɨɛɟɬɨɧɧɨɝɨ ɩɪɨиɡвɨɞɫɬва. 

ɐɟɥь ɪаɛɨɬɵ – ɪаɡɪаɛɨɬɤа ɦɟɬɨɞа, ɩɨɡвɨɥяɸɳɟɝɨ ɩɪɨвɟɫɬи ɷɪɝɨɧɨɦиɱɟɫɤɭɸ ɷɤɫɩɟɪɬиɡɭ ɞɟяɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа авɬɨ-
ɦаɬиɡиɪɨваɧɧɨɣ ɫиɫɬɟɦɵ ɭɩɪавɥɟɧия ɬɟɯɧɨɥɨɝиɱɟɫɤиɦ ɩɪɨɰɟɫɫɨɦ ɧа ɨɫɧɨвɟ ɤɨɥиɱɟɫɬвɟɧɧɵɯ ɩɨɤаɡаɬɟɥɟɣ ɞаɧɧɨɣ ɞɟяɬɟɥь-
ɧɨɫɬи, ɩɨɥɭɱɟɧɧɵɯ в ɪɟɡɭɥьɬаɬɟ иɦиɬаɰиɨɧɧɨɝɨ ɦɨɞɟɥиɪɨваɧия, а ɬаɤɠɟ вɟɪиɮиɤаɰия ɦɟɬɨɞа ɧа ɩɪиɦɟɪɟ аɧаɥиɡа ɞɟяɬɟɥь-
ɧɨɫɬи ɨɩɟɪаɬɨɪа авɬɨɦаɬиɡиɪɨваɧɧɨɣ ɫиɫɬɟɦɵ ɞɨɡиɪɨваɧия ɦаɬɟɪиаɥɨв ɞɥя иɡɝɨɬɨвɥɟɧия ɝаɡɨɛɟɬɨɧа ɧа ЗАɈ «Мɨɬɨɪ ɋиɱ» (ɝ. Заɩɨɪɨɠьɟ, Уɤɪаиɧа). 

Meɬɨɞ. ɉɪɟɞɥɨɠɟɧɨ ɪɟшɟɧиɟ ɪаɫɫɦаɬɪиваɟɦɨɣ ɩɪɨɛɥɟɦɵ в виɞɟ ɩɨɫɬɪɨɟɧия иɦиɬаɰиɨɧɧɨɣ ɦɨɞɟɥи ɩɪɨɰɟɫɫа ɮɭɧɤɰиɨ-
ɧиɪɨваɧия авɬɨɦаɬиɡиɪɨваɧɧɨɣ ɫиɫɬɟɦɵ ɩɪиɝɨɬɨвɥɟɧия ɝаɡɨɛɟɬɨɧа и вɡаиɦɨɞɟɣɫɬвия ɨɩɟɪаɬɨɪа ɫ аɧаɥиɡиɪɭɟɦɵɦ ваɪиаɧ-
ɬɨɦ ɱɟɥɨвɟɤɨ-ɦашиɧɧɨɝɨ иɧɬɟɪɮɟɣɫа. Ɉɰɟɧɤа ɞɟяɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа ɨɫɧɨвɵваɟɬɫя ɧа ɫɪавɧиɬɟɥьɧɨɦ аɧаɥиɡɟ ɪɟɡɭɥьɬаɬɨв 
ɷɤɫɩɟɪиɦɟɧɬа ɫ ввɟɞɟɧɧɨɣ в ɦɨɞɟɥь ɛаɬаɪɟɟɣ ɧɨɪɦаɬивɧɵɯ и ɩɪɟɞɟɥьɧɵɯ ɩɨɤаɡаɬɟɥɟɣ, ɯаɪаɤɬɟɪиɡɭɸɳиɯ ɞɟяɬɟɥьɧɨɫɬь ɨɩɟ-
ɪаɬɨɪа. В иɦиɬаɰиɨɧɧɨɣ ɦɨɞɟɥи ɱɟɥɨвɟɤɨ-ɦашиɧɧая ɫиɫɬɟɦа «ɨɩɟɪаɬɨɪ-авɬɨɦаɬиɡиɪɨваɧɧая ɫиɫɬɟɦа» ɩɪɟɞɫɬавɥɟɧа в виɞɟ 
ɫиɫɬɟɦɵ ɦаɫɫɨвɨɝɨ ɨɛɫɥɭɠиваɧия. 

Рɟзɭɥьɬаɬɵ. Раɡɪаɛɨɬаɧɵ ɦɟɬɨɞ и ɩɪɨɝɪаɦɦɧɨɟ ɨɛɟɫɩɟɱɟɧиɟ, ɩɨɡвɨɥяɸɳиɟ ɤɨɥиɱɟɫɬвɟɧɧɨ ɨɰɟɧиɬь ɞɟяɬɟɥьɧɨɫɬь ɨɩɟɪа-
ɬɨɪа авɬɨɦаɬиɡиɪɨваɧɧɨɣ ɫиɫɬɟɦɵ ɭɩɪавɥɟɧия ɬɟɯɧɨɥɨɝиɱɟɫɤиɦ ɩɪɨɰɟɫɫɨɦ ɝаɡɨɛɟɬɨɧɧɨɝɨ ɩɪɨиɡвɨɞɫɬва. 

Вɵвɨɞɵ. В ɪаɛɨɬɟ ɩɪɟɞɥɨɠɟɧ ɦɟɬɨɞ ɤɨɥиɱɟɫɬвɟɧɧɨɣ ɨɰɟɧɤи ɞɟяɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа ɝаɡɨɛɟɬɨɧɧɨɝɨ ɩɪɨиɡвɨɞɫɬва ɨɫɧɨ-
ваɧɧɵɣ ɧа ɫɬɨɯаɫɬиɱɟɫɤɨɣ ɤɨɦɛиɧиɪɨваɧɧɨɣ ɦɨɞɟɥи. Раɡɪаɛɨɬаɧɧая ɦɨɞɟɥь, явɥяɟɬɫя ɞаɥьɧɟɣшиɦ ɪаɡвиɬиɟɦ ɤɨɦɛиɧиɪɨ-
ваɧɧɨɣ ɦɨɞɟɥи, ɩɪɟɞɥɨɠɟɧɧɨɣ авɬɨɪаɦи ɪаɧɟɟ. В ɨɬɥиɱиɟ ɨɬ ɤɨɦɛиɧиɪɨваɧɧɨɣ ɦɨɞɟɥи, в ɫɬɨɯаɫɬиɱɟɫɤɨɣ ɤɨɦɛиɧиɪɨваɧɧɨɣ 
ɦɨɞɟɥи ɭɱɬɟɧɵ ɫɥɭɱаɣɧɵɟ вɨɡɞɟɣɫɬвия ɧа ɫиɫɬɟɦɭ «ɨɩɟɪаɬɨɪ-авɬɨɦаɬиɡиɪɨваɧɧая ɫиɫɬɟɦа» и ɮɨɪɦаɥиɡɨваɧɵ ɞɟɣɫɬвия 
ɨɩɟɪаɬɨɪа ɩɨ ɭɫɬɪаɧɟɧиɸ ɷɬиɯ вɨɡɞɟɣɫɬвиɣ. ɉɪɨвɟɞɟɧɧɵɟ ɷɤɫɩɟɪиɦɟɧɬɵ ɩɨɞɬвɟɪɞиɥи ɪаɛɨɬɨɫɩɨɫɨɛɧɨɫɬь ɩɪɟɞɥɨɠɟɧɧɨɝɨ 
ɦаɬɟɦаɬиɱɟɫɤɨɝɨ ɨɛɟɫɩɟɱɟɧия и ɩɨɡвɨɥяɸɬ ɪɟɤɨɦɟɧɞɨваɬь ɟɝɨ ɞɥя иɫɩɨɥьɡɨваɧия ɧа ɩɪаɤɬиɤɟ ɩɪи ɪɟшɟɧии ɡаɞаɱ ɨɰɟɧɤи 
ɫɩɨɫɨɛɨв ɭɩɪавɥɟɧия ɬɟɯɧɨɥɨɝиɱɟɫɤиɦ ɩɪɨɰɟɫɫɨɦ, ɪаɡɥиɱɧɵɯ ваɪиаɧɬɨв ɩɪɨɬɨɬиɩɨв ɱɟɥɨвɟɤɨ-ɦашиɧɧɨɝɨ иɧɬɟɪɮɟɣɫа ɫ 
ɰɟɥьɸ иɯ ɨɩɬиɦиɡаɰии ɞɥя ɞɨɫɬиɠɟɧия ɬɪɟɛɭɟɦɵɯ ɷɮɮɟɤɬивɧɨɫɬи и ɤаɱɟɫɬва ɞɟяɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа ɝаɡɨɛɟɬɨɧɧɨɝɨ ɩɪɨиɡ-
вɨɞɫɬва. 

ɄɅЮЧЕВЫЕ СɅОВА: иɦиɬаɰиɨɧɧая ɦɨɞɟɥь, ɦаɬɟɦаɬиɱɟɫɤая ɦɨɞɟɥь, ɨɩɟɪаɬɨɪ, ɝаɡɨɛɟɬɨɧ, ɱɟɥɨвɟɤɨ-ɦашиɧɧɵɣ иɧ-
ɬɟɪɮɟɣɫ, ɛаɬаɪɟя ɩɨɤаɡаɬɟɥɟɣ, ɤɨɷɮɮиɰиɟɧɬ ɡаɝɪɭɠɟɧɧɨɫɬи.   
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АȻȻРЕВɂАɌɍРЫ 

АɋУТɉ – авɬɨɦаɬиɡиɪɨваɧɧая ɫиɫɬɟɦа ɭɩɪавɥɟɧия 
ɬɟɯɧɨɥɨɝиɱɟɫɤиɦ ɩɪɨɰɟɫɫɨɦ; 
АФɈ – аɥɝɨɪиɬɦа ɮɭɧɤɰиɨɧиɪɨваɧия ɨɩɟɪаɬɨɪа; 
ИКВ – иɡвɟɫɬɤɨвɨ-ɤɪɟɦɧɟɡɟɦиɫɬɨ вяɠɭɳиɣ; 
ИМ – иɦиɬаɰиɨɧɧая ɦɨɞɟɥь; 
ɈɋМ – ɨɛɨɛɳɟɧɧɵɣ ɫɬɪɭɤɬɭɪɧɵɣ ɦɟɬɨɞ; 
ɈЭ – ɨɛɨɛɳɟɧɧая ɷɧɬɪɨɩия ɫиɫɬɟɦɵ; 
ɈНЭ – ɨɛɨɛɳɟɧɧая ɧɟɝɷɧɬɪɨɩия ɫиɫɬɟɦɵ; 
ɉУ – ɩɭɥьɬ ɭɩɪавɥɟɧия; 
ɋКМ – ɫɬɨɯаɫɬиɱɟɫɤая ɤɨɦɛиɧиɪɨваɧɧая ɦɨɞɟɥь; 
Тɉ – ɬɟɯɧɨɥɨɝиɱɟɫɤиɣ ɩɪɨɰɟɫɫ; 
ТФȿ – ɬиɩɨвая ɮɭɧɤɰиɨɧаɥьɧая ɟɞиɧиɰа; 
ЧМИ – ɱɟɥɨвɟɤɨ-ɦашиɧɧɵɣ иɧɬɟɪɮɟɣɫ; 
ЧМɋ – ɱɟɥɨвɟɤɨ-ɦашиɧɧая ɫиɫɬɟɦа; UI – иɧɬɟɪɮɟɣɫ ɩɨɥьɡɨваɬɟɥя.  

ɇОɆЕɇɄɅАɌɍРА 
AV(N)  – ɦɧɨɠɟɫɬвɨ ɩɪɟɞɟɥьɧɨ ɞɨɩɭɫɬиɦɵɯ ɡɧаɱɟ-

ɧиɣ ɩɨɤаɡаɬɟɥɟɣ ɨɩɟɪаɬɨɪɫɤɨɣ ɞɟяɬɟɥьɧɨɫɬи; 
base5  – ɫɪɟɞɧɟɟ вɪɟɦя (ɨɤɨɥɨ 150 ɦɫ), ɧɟɨɛɯɨɞи-

ɦɨɟ ɞɥя иɞɟɧɬиɮиɤаɰии ɩяɬиɛɭɤвɟɧɧɨɝɨ ɫɥɨва ɫ log10 
ɱаɫɬɨɬɵ 1,0; 

e  – ɨɫɧɨваɧиɟ ɧаɬɭɪаɥьɧɨɝɨ ɥɨɝаɪиɮɦа; 
freq  – ɡɧаɱɟɧиɟ log10 ɱаɫɬɨɬɵ вɫɬɪɟɱаɟɦɨɫɬи ɫɥɨва; 
H – иɧɮɨɪɦаɰиɨɧɧая ɷɧɬɪɨɩия ɫиɫɬɟɦɵ; 
Hi – ɤɨɥиɱɟɫɬвɨ иɧɮɨɪɦаɰии i-ɝɨ виɞа; 
Hаɩɪ – аɩɪиɨɪɧая ɷɧɬɪɨɩия ɫиɫɬɟɦɵ; 
Hɞɨɩ – ɷɧɬɪɨɩия ɞɨɩɨɥɧиɬɟɥьɧɨɣ иɧɮɨɪɦаɰии, иɫ-

ɩɨɥьɡɭɟɦɨɣ ɨɩɟɪаɬɨɪɨɦ; 
Hиɧɮ – ɷɧɬɪɨɩия ɫиɫɬɟɦɵ, ɩɨɥɭɱаɟɦая ɨɬ иɫɬɨɱɧиɤа 

ɫɨɨɛɳɟɧиɣ; 
Hɩɨɦ – ɷɧɬɪɨɩия иɧɮɨɪɦаɰии ɩɨɬɟɪяɧɧɨɣ вɫɥɟɞɫɬ-

виɟ ɩɨɦɟɯ; 
i  – вɨɡɦɨɠɧɵɟ ɫɨɫɬɨяɧия ɫиɫɬɟɦɵ; 
I  – ɤɨɥиɱɟɫɬвɨ иɧɮɨɪɦаɰии, ɩɨɥɭɱаɟɦɨɣ ɨɩɟɪаɬɨ-

ɪɨɦ ɨɬ иɫɬɨɱɧиɤа ɫɨɨɛɳɟɧиɣ; 
Iɩɨ  – ɤɨɥиɱɟɫɬвɨ иɧɮɨɪɦаɰии, ɩɟɪɟɪаɛаɬɵваɟɦɨɣ 

ɨɩɟɪаɬɨɪɨɦ; 
|K| – ɨɩɪɟɞɟɥиɬɟɥь ɤɨɪɪɟɥяɰиɨɧɧɨɣ ɦаɬɪиɰɵ; 
Kmax – ɦаɤɫиɦаɥьɧая ɞɥиɧа ɨɱɟɪɟɞи; 
Kɞɨɩ  – ɫɪɟɞɧɟɟ ɱиɫɥɨ ɫиɝɧаɥɨв в ɨɱɟɪɟɞи; 
length – ɞɥиɧа ɫɥɨва; 
m  – ɪаɡɦɟɪɧɨɫɬь ɧɨɪɦаɥьɧɨɝɨ вɟɤɬɨɪа Х; 
М  – ɦаɬɟɦаɬиɱɟɫɤɨɟ ɨɠиɞаɧиɟ; 
n  – ɱиɫɥɨ шаɝɨв ɩɨиɫɤа (ɱиɫɥɨ ɮиɤɫаɰиɣ вɡɝɥяɞа), 

ɡаɬɪаɱɟɧɧɵɯ ɞɥя ɧаɯɨɠɞɟɧия ɧɭɠɧɨɝɨ ɨɛɴɟɤɬа; 
N  – ɦɧɨɠɟɫɬвɨ ɧɨɪɦаɬивɧɵɯ ɤɨɥиɱɟɫɬвɟɧɧɵɯ ɩɨ-

ɤаɡаɬɟɥɟɣ ɨɩɟɪаɬɨɪɫɤɨɣ ɞɟяɬɟɥьɧɨɫɬи; 
ni  – i-ɣ ɧɨɪɦаɬивɧɵɣ ɤɨɥиɱɟɫɬвɟɧɧɵɣ ɩɨɤаɡаɬɟɥь 

ɨɩɟɪаɬɨɪɫɤɨɣ ɞɟяɬɟɥьɧɨɫɬи; 
N'  – ɦɧɨɠɟɫɬвɨ ɤɨɥиɱɟɫɬвɟɧɧɵɯ ɩɨɤаɡаɬɟɥɟɣ ɨɩɟ-

ɪаɬɨɪɫɤɨɣ ɞɟяɬɟɥьɧɨɫɬи, ɩɨɥɭɱɟɧɧɵɯ в ɪɟɡɭɥьɬаɬɟ 
ɩɪɨвɟɞɟɧия иɦиɬаɰиɨɧɧɨɝɨ ɷɤɫɩɟɪиɦɟɧɬа; 

n'i  – i-ɣ ɤɨɥиɱɟɫɬвɟɧɧɵɣ ɩɨɤаɡаɬɟɥь ɨɩɟɪаɬɨɪɫɤɨɣ 
ɞɟяɬɟɥьɧɨɫɬи, ɩɨɥɭɱɟɧɧɵɣ в ɪɟɡɭɥьɬаɬɟ ɩɪɨвɟɞɟɧия 
иɦиɬаɰиɨɧɧɨɝɨ ɷɤɫɩɟɪиɦɟɧɬа; 

Noɛɳ  – ɨɛɳɟɟ ɤɨɥиɱɟɫɬвɨ ɩɨɫɬɭɩившиɯ ɫиɝɧаɥɨв; 
Noɱ  – ɤɨɥиɱɟɫɬвɨ ɫиɝɧаɥɨв, ɨɛɪаɛɨɬаɧɧɵɯ в ɭɫɥɨ-

вияɯ ɨɱɟɪɟɞи ɧа ɨɛɫɥɭɠиваɧиɟ; 
Pi – вɟɪɨяɬɧɨɫɬь ɧаɯɨɠɞɟɧия ɫиɫɬɟɦɵ в i -ɦ ɫɨ-

ɫɬɨяɧии (ɩɨявɥɟɧиɟ ɫиɝɧаɥа i-ɝɨ ɬиɩа); 
SD – ɫɪɟɞɧɟɤваɞɪаɬиɱɧɨɟ ɨɬɤɥɨɧɟɧиɟ; 
t – вɪɟɦя иɧɮɨɪɦаɰиɨɧɧɨɝɨ ɩɨиɫɤа; 
T  – ɨɛɳɟɟ вɪɟɦя ɧаɯɨɠɞɟɧия ɨɩɟɪаɬɨɪа ɧа ɪаɛɨ-

ɱɟɦ ɦɟɫɬɟ; 
tFi  – вɪɟɦя i-ɣ ɮиɤɫаɰии вɡɨɪа; 
tRi  – вɪɟɦя ɫɱиɬɵваɧия i-ɝɨ ɫɥɨва (ɫɬɪɨɤи); 
tSi – вɪɟɦя i-ɝɨ ɩɟɪɟɦɟɳɟɧия вɡɨɪа (ɫаɤɤаɞɵ ɝɥаɡа); 
Тbus  – вɪɟɦя ɡаɧяɬɨɫɬи ɨɩɟɪаɬɨɪа; 
Тɡаɧ  – ɦаɤɫиɦаɥьɧɵɣ ɩɟɪиɨɞ ɡаɧяɬɨɫɬи ɨɩɟɪаɬɨɪа; 
tɧɪаɛ  – ɨɛɳɟɟ вɪɟɦя, в ɬɟɱɟɧиɟ ɤɨɬɨɪɨɝɨ ɨɩɟɪаɬɨɪ 

ɧɟ ɡаɧяɬ ɨɛɪаɛɨɬɤɨɣ иɧɮɨɪɦаɰии; 
x  – ɧɟɡавиɫиɦɨɟ ɫɥɭɱаɣɧɨɟ ɫɨɛɵɬиɟ; 
X  – ɦɧɨɝɨɦɟɪɧɵɣ ɧɨɪɦаɥьɧɵɣ вɟɤɬɨɪ; 
z – ɤɨɷɮɮиɰиɟɧɬɨɦ ɡаɝɪɭɠɟɧɧɨɫɬи ɨɩɟɪаɬɨɪа; 
vi – ɫɤɨɪɨɫɬь ɩɟɪɟɪаɛɨɬɤи иɧɮɨɪɦаɰии i-ɝɨ виɞа; 
α – ɥаɬɟɧɬɧɵɣ ɩɟɪиɨɞ ɪɟаɤɰии ɨɩɟɪаɬɨɪа ɧа ɫиɝɧаɥ (ɨɤɨɥɨ 0,2 ɫ); 
Δ – ɨɩɪɟɞɟɥиɬɟɥь ɧɨɪɦиɪɨваɧɧɨɣ ɤɨɪɪɟɥяɰиɨɧɧɨɣ 

ɦаɬɪиɰɵ; 
λ – иɧɬɟɧɫивɧɨɫɬь ɫɨɛɵɬиɣ; 
π  – ɤɨɧɫɬаɧɬа 3,14; 
ρi  – ɤɨɷɮɮиɰиɟɧɬ ɨɱɟɪɟɞи; 
σ – ɞиɫɩɟɪɫия ɤɨɦɩɨɧɟɧɬɨв ɫиɫɬɟɦɵ; 
τ  – вɪɟɦя ɪɟшɟɧия ɡаɞаɱ ɨɩɟɪаɬɨɪɨɦ.  

ВВЕȾЕɇɂЕ 
Эɮɮɟɤɬивɧɨɫɬь и ɤаɱɟɫɬвɨ ɪаɛɨɬɵ ɨɩɟɪаɬɨɪɨв 

АɋУТɉ вɨ ɦɧɨɝɨɦ ɨɩɪɟɞɟɥяɟɬɫя ɫɬɟɩɟɧьɸ ɭɱɟɬа ɱɟ-
ɥɨвɟɱɟɫɤɨɝɨ ɮаɤɬɨɪа ɩɪи ЧМИ. ɋɨвɪɟɦɟɧɧɵɟ ɬɟɯɧɨ-
ɥɨɝии ɩɪɨɟɤɬиɪɨваɧия ɤɨɦɩьɸɬɟɪɧɵɯ иɧɬɟɪаɤɬивɧɵɯ 
ɫиɫɬɟɦ ɨɩиɫаɧɵ в ɫɨɨɬвɟɬɫɬвɭɸɳиɯ ɪɭɤɨвɨɞɫɬваɯ и 
ɫɬаɧɞаɪɬаɯ, ɧаɩɪиɦɟɪ [1, 2]. Ɉɞɧɨɣ иɡ ɡаɞаɱ, ɤɨɬɨɪая 
ɪɟшаɟɬɫя ɧа ɩɪɟɞɩɪɨɟɤɬɧɨɣ ɫɬаɞии ɩɪɨɟɤɬиɪɨваɧия 
ЧМИ, явɥяɟɬɫя ɨɩɪɟɞɟɥɟɧиɟ ɧɨɦɟɧɤɥаɬɭɪɵ ɨɛɴɟɤɬɨв 
ɤɨɧɬɪɨɥя и ɭɩɪавɥɟɧия Тɉ и ɭɩɪавɥяɸɳиɯ ɮɭɧɤɰиɣ 
ɫиɫɬɟɦɵ ɭɩɪавɥɟɧия в виɞɟ «ɱɟɥɨвɟɤ-ɦашиɧа», ɫ 
ɞаɥьɧɟɣшиɦ иɯ ɩɟɪɟɪаɫɩɪɟɞɟɥɟɧиɟɦ ɦɟɠɞɭ ɱɟɥɨвɟ-
ɤɨɦ-ɨɩɟɪаɬɨɪɨɦ и авɬɨɦаɬиɤɨɣ. Дɥя ɷɬɨɝɨ ɩɨɫɥɟɞɨва-
ɬɟɥьɧɨ ɩɪиɦɟɧяɸɬ ɞва ɦɟɬɨɞа: ɦɟɬɨɞ ɮɭɧɤɰиɨɧаɥьɧɨ-
ɝɨ аɧаɥиɡа и ɪаɫɩɪɟɞɟɥɟɧия ɮɭɧɤɰиɣ и ɦɟɬɨɞ аɧаɥиɡа 
ɡаɞаɱ. Иɯ ɧɟɞɨɫɬаɬɤɨɦ явɥяɟɬɫя ɫɥишɤɨɦ ɨɛɳɟɟ, ɧɟ-
ɮɨɪɦаɥиɡɨваɧɧɨɟ ɨɩиɫаɧиɟ ɩɪɟɞɦɟɬɧɨɣ ɨɛɥаɫɬи. 
В ɪɟɡɭɥьɬаɬɟ, ɨɧи ɧɟ ɞаɸɬ ɨɬвɟɬ ɧа вɨɩɪɨɫ ɨ ɬɨɦ, ɤаɤ 
ɨɬ ɮɭɧɤɰиɣ ɩɟɪɟɣɬи ɤ ɡаɞаɱаɦ ɭɩɪавɥɟɧия [3], ɱɬɨ 
ɦɨɠɟɬ ɩɪивɟɫɬи ɤ ɧɟɨɛɨɫɧɨваɧɧɨɦɭ ɩɟɪɟɪаɫɩɪɟɞɟɥɟ-
ɧиɸ ɮɭɧɤɰиɣ и, ɬɟɦ ɫаɦɵɦ, ɤ иɧɮɨɪɦаɰиɨɧɧɨɣ ɩɟɪɟ-
ɝɪɭɡɤɟ ɨɩɟɪаɬɨɪа АɋУТɉ. 
Аɤɬɭаɥьɧɨɫɬь ɪаɡɪаɛɨɬɤи ɦɟɬɨɞɨв, ɩɨɡвɨɥяɸɳиɯ 

ɨɩɪɟɞɟɥиɬь ɤаɱɟɫɬвɨ ɪаɡɥиɱɧɵɯ ɦаɤɟɬɨв ЧМИ ɧа ɪаɧ-
ɧиɯ ɷɬаɩаɯ ɩɪɨɟɤɬиɪɨваɧия, ɨɛɭɫɥавɥиваɟɬɫя ɛɨɥь-
шиɦи вɪɟɦɟɧɧɵɦи и ɦаɬɟɪиаɥьɧɵɦи ɡаɬɪаɬаɦи ɩɪи 
ɬɟɫɬиɪɨваɧии ɤɨɧɟɱɧɨɝɨ ваɪиаɧɬа ЧМИ ɫ ɭɱаɫɬиɟɦ 
ɪɟаɥьɧɵɯ ɩɨɥьɡɨваɬɟɥɟɣ, а ɬаɤɠɟ ɨɪɝаɧиɡаɰиɨɧɧɵɦи 
ɫɥɨɠɧɨɫɬяɦи ɟɝɨ ɩɪɨвɟɞɟɧия. 
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Дɥя ɫɨɤɪаɳɟɧия ɫɪɨɤɨв ɪаɡɪаɛɨɬɤи ɨɩɟɪаɬɨɪɫɤиɯ 

иɧɬɟɪɮɟɣɫɨв ɫɨвɪɟɦɟɧɧɵɯ АɋУТɉ, ɩɪɨвɟɪɤи ɩɪа-
виɥьɧɨɫɬи ɪаɫɩɪɟɞɟɥɟɧия ɮɭɧɤɰиɣ и ɨɰɟɧɤи иɧɬɟɪаɤ-
ɬивɧɨɝɨ вɡаиɦɨɞɟɣɫɬвия ɨɩɟɪаɬɨɪа ɟɳɟ ɧа ɧаɱаɥьɧɵɯ 
ɷɬаɩаɯ иɯ ɩɪɨɟɤɬиɪɨваɧия, ɤɨɝɞа ɫɭɳɟɫɬвɭɟɬ ɥишь «ɛɭɦаɠɧɵɣ» ɩɪɨɬɨɬиɩ иɧɬɟɪɮɟɣɫа, ɦɨɠɟɬ ɛɵɬь иɫ-
ɩɨɥьɡɨваɧɨ иɦиɬаɰиɨɧɧɨɟ ɦɨɞɟɥиɪɨваɧиɟ ɞɟяɬɟɥьɧɨ-
ɫɬи ɨɩɟɪаɬɨɪа, ɫ иɫɩɨɥьɡɨваɧиɟɦ ɦɨɞɟɥɟɣ ɷɦɭɥиɪɭɸ-
ɳиɯ Тɉ [4]. 
Авɬɨɪаɦи ɩɪɟɞɥɨɠɟɧа [5] ɤɨɦɛиɧиɪɨваɧɧая (аɧа-

ɥиɬиɤɨ-иɦиɬаɰиɨɧɧая) ɦɨɞɟɥь ɩɪɨɰɟɫɫа авɬɨɦаɬиɡи-
ɪɨваɧɧɨɝɨ ɭɩɪавɥɟɧия Тɉ ɩɪиɝɨɬɨвɥɟɧия ɝаɡɨɛɟɬɨɧа, 
ɩɨɡвɨɥяɸɳая ɮɨɪɦаɥиɡɨваɬь ɤаɤ ɞɟяɬɟɥьɧɨɫɬь ɱɟɥɨ-
вɟɤа-ɨɩɟɪаɬɨɪа АɋУТɉ, ɬаɤ и ɩɪɨɰɟɫɫɵ ɩɪиɝɨɬɨвɥɟ-
ɧия ɫɦɟɫи ɝаɡɨɛɟɬɨɧа. Даɧɧая ɦɨɞɟɥь ɦɨɠɟɬ ɛɵɬь иɫ-
ɩɨɥьɡɨваɧа в ɤаɱɟɫɬвɟ ɷɦɭɥяɬɨɪа Тɉ ɩɪиɝɨɬɨвɥɟɧия 
ɝаɡɨɛɟɬɨɧа. Нɟɞɨɫɬаɬɤɨɦ ɤɨɦɛиɧиɪɨваɧɧɨɣ ɦɨɞɟɥи 
явɥяɟɬɫя ɬɨ, ɱɬɨ в ɧɟɣ, ɩɪаɤɬиɱɟɫɤи, ɨɬɫɭɬɫɬвɭɟɬ ɭɱɟɬ 
ɫɥɭɱаɣɧɵɯ вɨɡɞɟɣɫɬвиɣ ɧа ɫиɫɬɟɦɭ «ɨɩɟɪаɬɨɪ – 
АɋУТɉ». В ɧɟɣ ɭɱɬɟɧа ɬɨɥьɤɨ ɧаиɛɨɥɟɟ ɱаɫɬɨ вɫɬɪɟ-
ɱаɸɳаяɫя в ɯɨɞɟ Тɉ ɧɟиɫɩɪавɧɨɫɬь – ɡавиɫаɧиɟ ɦаɬɟ-
ɪиаɥа в ɛɭɧɤɟɪɟ ɫɭɯиɯ.  
Ɉɛɴɟɤɬɨɦ иɫɫɥɟɞɨваɧия явɥяɟɬɫя ɷɪɝɨɧɨɦиɱɟɫɤɨɟ 

и иɧɠɟɧɟɪɧɨ-ɩɫиɯɨɥɨɝиɱɟɫɤɨɟ ɨɛɟɫɩɟɱɟɧиɟ ɞɟяɬɟɥь-
ɧɨɫɬи ɨɩɟɪаɬɨɪа АɋУТɉ ɝаɡɨɛɟɬɨɧɧɨɝɨ ɩɪɨиɡвɨɞɫɬва. 
ɉɪɟɞɦɟɬɨɦ иɫɫɥɟɞɨваɧия явɥяɸɬɫя ɦɨɞɟɥи, ɦɟɬɨ-

ɞɵ и ɫɪɟɞɫɬва ɩɨвɵшɟɧия ɷɮɮɟɤɬивɧɨɫɬи ɞɟяɬɟɥьɧɨ-
ɫɬи ɨɩɟɪаɬɨɪа АɋУТɉ ɝаɡɨɛɟɬɨɧɧɨɝɨ ɩɪɨиɡвɨɞɫɬва. 
Цɟɥьɸ ɞаɧɧɨɣ ɪаɛɨɬɵ явɥяɟɬɫя ɪаɡɪаɛɨɬɤа ɦɟɬɨɞа, 

ɩɨɡвɨɥяɸɳɟɝɨ ɩɪɨвɟɫɬи ɷɪɝɨɧɨɦиɱɟɫɤɭɸ ɷɤɫɩɟɪɬиɡɭ 
ɞɟяɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа АɋУТɉ ɧа ɨɫɧɨвɟ ɤɨɥиɱɟɫɬ-
вɟɧɧɵɯ ɩɨɤаɡаɬɟɥɟɣ ɞаɧɧɨɣ ɞɟяɬɟɥьɧɨɫɬи, ɩɨɥɭɱɟɧ-
ɧɵɯ в ɪɟɡɭɥьɬаɬɟ иɦиɬаɰиɨɧɧɨɝɨ ɦɨɞɟɥиɪɨваɧия, а 
ɬаɤɠɟ вɟɪиɮиɤаɰия ɦɟɬɨɞа ɧа ɩɪиɦɟɪɟ аɧаɥиɡа ɞɟя-
ɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа АɋУТɉ ɞɨɡиɪɨваɧия ɦаɬɟɪиаɥɨв 
ɞɥя иɡɝɨɬɨвɥɟɧия ɝаɡɨɛɟɬɨɧа ɧа ЗАɈ «Мɨɬɨɪ ɋиɱ» (ɝ. Заɩɨɪɨɠьɟ, Уɤɪаиɧа). 

 
1 ɉОСɌАɇОВɄА ɁАȾАЧɂ 

АɋУТɉ ɞɨɡиɪɨваɧия ɦаɬɟɪиаɥɨв ɞɥя иɡɝɨɬɨвɥɟɧия 
ɝаɡɨɛɟɬɨɧа ɧа ЗАɈ «Мɨɬɨɪ ɋиɱ» ɩɪɟɞɧаɡɧаɱɟɧа ɞɥя 
вɵɩɨɥɧɟɧия ɨɩɟɪаɰиɣ ɞɨɡиɪɨваɧия и ɫɦɟшиваɧия 
ɤɨɦɩɨɧɟɧɬɨв ɝаɡɨɛɟɬɨɧɧɨɣ ɫɦɟɫи. В ɤаɱɟɫɬвɟ ɨɪɭɞия 
ɬɪɭɞа ɨɩɟɪаɬɨɪ АɋУТɉ иɫɩɨɥьɡɭɟɬ ЧМИ. 
Авɬɨɪаɦи ɛɵɥа ɪаɡɪаɛɨɬаɧа ɤɨɦɛиɧиɪɨваɧɧая ɦɨ-

ɞɟɥь [5], в ɤɨɬɨɪɨɣ вɫɟ ɟɦɤɨɫɬи ɪаɫɯɨɞɧɵɯ ɦаɬɟɪиаɥɨв 
ɫɱиɬаɥиɫь ɧɟɨɝɪаɧиɱɟɧɧɵɦи и ɧɟ ɭɱиɬɵваɥиɫь иɧɵɟ 
виɞɵ вɨɡɦɨɠɧɵɯ ɧɟиɫɩɪавɧɨɫɬɟɣ, ɤɪɨɦɟ вɵшɟɭɩɨɦя-
ɧɭɬɨɣ. Таɤиɦ ɨɛɪаɡɨɦ, ɦɨɠɧɨ ɝɨвɨɪиɬь ɨ ɪаɡɪаɛɨɬɤɟ 
ИМ ɧɟɤɨɟɝɨ «иɞɟаɥиɡиɪɨваɧɧɨɝɨ» ɩɪɨɰɟɫɫа ɮɭɧɤɰиɨ-
ɧиɪɨваɧия АɋУТɉ ɩɪиɝɨɬɨвɥɟɧия ɝаɡɨɛɟɬɨɧɧɨɣ ɫɦɟɫи.  
Дɥя ɩɨвɵшɟɧия аɞɟɤваɬɧɨɫɬи ɤɨɦɛиɧиɪɨваɧɧɨɣ 

ɦɨɞɟɥи ɰɟɥɟɫɨɨɛɪаɡɧɨ ɟɟ ɞаɥьɧɟɣшɟɟ ɪаɡвиɬиɟ ɧа ɨɫ-
ɧɨвɟ иɫɬɨɪиɱɟɫɤиɯ ɞаɧɧɵɯ ɨ ɧɟɩɨɥаɞɤаɯ, ɫɨɛɪаɧɧɵɯ в 
ɪɟɡɭɥьɬаɬɟ ɩɪɨиɡвɨɞɫɬвɟɧɧɨɝɨ ɷɤɫɩɟɪиɦɟɧɬа в 
АɋУТɉ ɞɨɡиɪɨваɧия ɦаɬɟɪиаɥɨв ɞɥя иɡɝɨɬɨвɥɟɧия 
ɝаɡɨɛɟɬɨɧа ɧа ЗАɈ «Мɨɬɨɪ ɋиɱ». Бɭɞɟɦ ɧаɡɵваɬь ɬа-
ɤɭɸ ɦɨɞɟɥь ɋКМ. 

Раɡɪаɛаɬɵваɟɦɵɣ ɦɟɬɨɞ ɨɰɟɧɤи ɞɟяɬɟɥьɧɨɫɬи ɨɩɟ-
ɪаɬɨɪа ɡаɤɥɸɱаɟɬɫя в ɬɨɦ, ɱɬɨ ɧа ɨɫɧɨвɟ ɞаɧɧɵɯ иɦи-
ɬаɰиɨɧɧɵɯ ɷɤɫɩɟɪиɦɟɧɬɨв, ɩɪɨвɨɞиɦɵɯ ɩɪи ɩɨɦɨɳи 
ɋКМ ɫ ɪаɡɥиɱɧɵɦи ваɪиаɧɬаɦи ЧМИ, ɦɨɠɧɨ ɩɪɨɝɧɨ-
ɡиɪɨваɬь ɷɮɮɟɤɬивɧɨɫɬь и ɤаɱɟɫɬвɨ ɩɪɨɰɟɫɫɨв ɭɩɪав-
ɥɟɧия Тɉ и ɩɪɨвɨɞиɬь ɷɪɝɨɧɨɦиɱɟɫɤɭɸ ɷɤɫɩɟɪɬиɡɭ 
ɞɟяɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа АɋУТɉ. Даɧɧɵɣ ɦɟɬɨɞ ɦɨɠ-
ɧɨ иɫɩɨɥьɡɨваɬь ɤаɤ ɞɥя ɩɪɨвɟɪɤи ɪɟаɥьɧɵɯ ЧМИ, ɬаɤ 
и ЧМИ, ɫɭɳɟɫɬвɭɸɳиɯ в виɞɟ «ɛɭɦаɠɧɵɯ» ɩɪɨɬɨɬи-
ɩɨв ɧа ɪаɧɧиɯ ɷɬаɩаɯ ɩɪɨɟɤɬиɪɨваɧия АɋУТɉ.  
Дɥя ɨɰɟɧɤи ɞɟяɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа АɋУТɉ вɨɡ-

ɦɨɠɧɨ иɫɩɨɥьɡɨваɬь ɧɨɦɟɧɤɥаɬɭɪɭ ɩɪɟɞɥɨɠɟɧɧɵɯ 
ɩɨɤаɡаɬɟɥɟɣ [6, 7]. Тɨɝɞа, ɡаɞаɱɟɣ ɩɪɨвɨɞиɦɨɣ ɷɤɫɩɟɪ-
ɬиɡɵ ɞɟяɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа АɋУТɉ явɥяɟɬɫя ɩɪɨ-
вɟɪɤа ɬɨɝɨ, ɱɬɨ  ).(' NAVni ∈∀  
Вɵɩɨɥɧɟɧиɟ ɞаɧɧɨɝɨ ɭɫɥɨвия явɥяɟɬɫя ɞɨɤаɡаɬɟɥь-

ɫɬвɨɦ ɬɨɝɨ, ɱɬɨ ɞɟяɬɟɥьɧɨɫɬь ɨɩɟɪаɬɨɪа ɫɨɨɬвɟɬɫɬвɭɟɬ 
ɷɪɝɨɧɨɦиɱɟɫɤиɦ ɬɪɟɛɨваɧияɦ, а иɫɩɨɥьɡɭɟɦɵɣ ɨɩɟɪа-
ɬɨɪɨɦ ЧМИ (иɥи ɟɝɨ «ɛɭɦаɠɧɵɣ» ɩɪɨɬɨɬиɩ) ɫɨɱɟɬа-
ɟɬɫя ɫ ɟɝɨ ɩɫиɯɨɮиɡиɨɥɨɝиɱɟɫɤиɦи вɨɡɦɨɠɧɨɫɬяɦи.  

2 ɅɂɌЕРАɌɍРɇЫɃ ОȻɁОР 
Ɉɛɡɨɪ иɡвɟɫɬɧɵɯ ɦɨɞɟɥɟɣ ɩɪɨɰɟɫɫа ɞɨɡиɪɨваɧия 

ɫɭɯиɯ и ɠиɞɤиɯ ɤɨɦɩɨɧɟɧɬɨв Тɉ ɩɪиɝɨɬɨвɥɟɧия ɝаɡɨ-
ɛɟɬɨɧа, иɯ ɧɟɞɨɫɬаɬɤи и ɩɭɬи ɞаɥьɧɟɣшиɯ иɫɫɥɟɞɨва-
ɧиɣ ɛɵɥ ɩɪɨвɟɞɟɧ авɬɨɪаɦи в [5]. 
АɋУТɉ ɞɨɡиɪɨваɧия ɦаɬɟɪиаɥɨв ɞɥя иɡɝɨɬɨвɥɟɧия 

ɝаɡɨɛɟɬɨɧа явɥяɟɬɫя ЧМɋ. Наɭɱɧɵɟ ɨɫɧɨвɵ иɫɫɥɟɞɨ-
ваɧия и ɩɪɨɟɤɬиɪɨваɧия ɞɟяɬɟɥьɧɨɫɬи ɱɟɥɨвɟɤа в 
ЧМɋ иɡɥɨɠɟɧɵ в ɪаɛɨɬаɯ ɨɬɟɱɟɫɬвɟɧɧɵɯ [8–15] и 
ɡаɪɭɛɟɠɧɵɯ ɭɱɟɧɵɯ [16]. Ɉɬɦɟɱаɟɬɫя [11, 15], ɱɬɨ ɫɭ-
ɳɟɫɬвɭɟɬ ɛɨɥьшɨɟ ɤɨɥиɱɟɫɬвɨ ɦɨɞɟɥɟɣ ɨɩиɫаɧия и 
ɤɨɥиɱɟɫɬвɟɧɧɨɣ ɨɰɟɧɤи ɩɪɨɰɟɫɫɨв ɮɭɧɤɰиɨɧиɪɨваɧия 
ЧМɋ, ɪаɡɪаɛɨɬаɧɧɵɯ ɪаɡɥиɱɧɵɦи ɧаɭɱɧɵɦи шɤɨɥа-
ɦи: ɪɟɝɪɟɫɫиɨɧɧɵɟ ɦɨɞɟɥи, ɦаɪɤɨвɫɤиɟ и ɩɨɥɭɦаɪ-
ɤɨвɫɤиɟ ɩɪɨɰɟɫɫɵ, ɦɨɞɟɥи ɬɟɨɪии ɦаɫɫɨвɨɝɨ ɨɛɫɥɭ-
ɠиваɧия, ɥɨɝиɱɟɫɤиɟ авɬɨɦаɬɵ, ɮɨɪɦаɥьɧɵɟ ɝɪаɦɦа-
ɬиɤи, ɫɟɬи ɉɟɬɪи, ɝɪаɮ-ɫɯɟɦɵ и ɫɯɟɦɵ аɥɝɨɪиɬɦɨв 
Ляɩɭɧɨва, ɥɨɝиɤɨ-ɥиɧɝвиɫɬиɱɟɫɤиɟ ɦɨɞɟɥи, ɫɟɬи GERT, PERT, ɮɭɧɤɰиɨɧаɥьɧɵɟ и ɮɭɧɤɰиɨɧаɥьɧɨ-
ɫɟɦаɧɬиɱɟɫɤиɟ ɫɟɬи, вɟɪɨяɬɧɨɫɬɧɨ-аɥɝɨɪиɬɦиɱɟɫɤиɟ 
ɮɭɧɤɰиɨɧаɥьɧɵɟ ɫɟɬи и ɧɟɱɟɬɤɨ-аɥɝɨɪиɬɦиɱɟɫɤиɟ 
ɦɨɞɟɥи. 
Ɉɞɧиɦ иɡ ɧаиɛɨɥɟɟ иɡвɟɫɬɧɵɯ ɦɟɬɨɞɨв аɩɪиɨɪɧɨɣ 

ɨɰɟɧɤи вɪɟɦɟɧи вɵɩɨɥɧɟɧия ɡаɞаɱ ɱɟɥɨвɟɤɨɦ ɫ ɨɪɭ-
ɞиɟɦ ɬɪɭɞа в виɞɟ ЧМИ, явɥяɟɬɫя ɦɟɬɨɞ GOMS [16] и GOMS – ɫɟɦɟɣɫɬвɨ: KLM-GOMS [17], CMN-GOMS [18], NGOMSL [19] и CPM-GOMS [20]. Раɡвиɬиɸ ɷɬиɯ 
ɦɟɬɨɞɨв ɩɨɫвяɳɟɧɵ ɛɨɥɟɟ ɫɨɬɧи иɫɫɥɟɞɨваɬɟɥьɫɤиɯ 
ɪаɛɨɬ, ɧаɩɪиɦɟɪ [21–23]. 
Ɉɞɧаɤɨ, ɦɟɬɨɞɵ GOMS «ɧɟɨɠиɞаɧɧɨ...ɧɟ ɩɨɥɭɱи-

ɥи шиɪɨɤɨɝɨ ɪаɫɩɪɨɫɬɪаɧɟɧия в ɤаɱɟɫɬвɟ иɧɫɬɪɭɦɟɧɬа 
ɩɪɨɟɤɬиɪɨваɧия в UI ɫɨɨɛɳɟɫɬвɟ» [22]. ɉɪиɱиɧɨɣ 
ɷɬɨɝɨ авɬɨɪɵ ɫɱиɬаɸɬ ɛɨɥьшиɟ ɬɪɭɞɨɡаɬɪаɬɵ ɧа ɨɛɭ-
ɱɟɧиɟ ɩɪɨɟɤɬиɪɨвɳиɤɨв и ɩɨɫɬɪɨɟɧиɟ ɤɨɪɪɟɤɬɧɵɯ 
ɦɨɞɟɥɟɣ. 

179



e-ISSN 1607-3274   Раɞіɨɟɥɟɤɬɪɨɧіɤа, іɧɮɨɪɦаɬиɤа, ɭɩɪавɥіɧɧя. 2019. № 2 p-ISSN 2313-688X  Radio Electronics, Computer Science, Control. 2019. № 2   

© Каɦиɧɫɤая ɀ. К., ɋɟɪɞɸɤ ɋ. Н., Кɭɥиɧиɱ Э. М.,  2019 DOI 10.15588/1607-3274-2019-2-19  
ɋɪавɧиɬɟɥьɧɵɣ аɧаɥиɡ ɩɪиɦɟɧɟɧия ɦɨɞɟɥɟɣ ɞиɫ-

ɤɪɟɬɧɵɯ ɩɪɨɰɟɫɫɨв ɮɭɧɤɰиɨɧиɪɨваɧия в ɩɪаɤɬиɤɟ 
ɩɪɨɟɤɬиɪɨваɧия ЧМɋ ɩɪɨвɟɞɟɧɧɵɣ в [13–15, 24], ɨɩ-
ɪɟɞɟɥиɥ вɵɛɨɪ авɬɨɪɨв в ɩɨɥьɡɭ ɮɭɧɤɰиɨɧаɥьɧɨ-
ɫɬɪɭɤɬɭɪɧɨɣ ɬɟɨɪии и ɈɋМ А. И. Ƚɭɛиɧɫɤɨɝɨ [11], ɤаɤ 
ɧаиɛɨɥɟɟ ɭɧивɟɪɫаɥьɧɵɯ. К ɧɟɞɨɫɬаɬɤаɦ ɈɋМ ɫɥɟɞɭ-
ɟɬ ɨɬɧɟɫɬи: ɩɪиɦɟɧиɦɨɫɬь ɬɨɥьɤɨ ɞɥя ɩɪɨɰɟɫɫɨв ɛɟɡ 
ɩɨɫɥɟɞɟɣɫɬвия и ɩɪи ɨɬɫɭɬɫɬвии ɡавиɫиɦɵɯ ɨɩɟɪаɰиɣ [5]; ɨɬɫɭɬɫɬвиɟ ɦɨɞɟɥɟɣ и ɦɟɬɨɞɨв ɨɩɬиɦаɥьɧɨɝɨ ɩɪɨɟɤ-
ɬиɪɨваɧия ЧМɋ ɧɟɩɨɫɪɟɞɫɬвɟɧɧɨ ɧа ɮɭɧɤɰиɨɧаɥьɧɵɯ 
ɫɟɬяɯ, а ɬаɤɠɟ ɨɬɫɭɬɫɬвиɟ ɫɬаɬиɫɬиɱɟɫɤиɯ ɦɨɞɟɥɟɣ, ɦɟ-
ɬɨɞɨв ɩɥаɧиɪɨваɧия и ɨɛɪаɛɨɬɤи ɪɟɡɭɥьɬаɬɨв иɫɩɵɬаɧиɣ 
ЧМɋ [14]. 
ɋɪавɧиɬɟɥьɧɵɣ аɧаɥиɡ ɫɟɦɟɣɫɬва ɦɨɞɟɥɟɣ GOMS 

ɫ ɦɟɬɨɞɨɦ ɈɋМ, ɩɨɤаɡаɥ ɫɥɟɞɭɸɳɟɟ. 
Ɉɛɳиɟ ɞɨɫɬɨиɧɫɬва: ɦɟɬɨɞɵ ɩɪиɦɟɧяɸɬɫя ɧа ɪаɧ-

ɧиɯ ɫɬаɞияɯ ɩɪɨɟɤɬиɪɨваɧия ЧМИ, ɤɨɝɞа ɟɳɟ ɨɬɫɭɬ-
ɫɬвɭɟɬ ɤɨɧɟɱɧɵɣ ɩɪɨɞɭɤɬ; ɞаɸɬ ɤɨɥиɱɟɫɬвɟɧɧɭɸ 
ɨɰɟɧɤɭ ɩɪɟɞɩɨɥаɝаɟɦɨɝɨ вɪɟɦя вɵɩɨɥɧɟɧия ɡаɞаɱи 
ɩɨɥьɡɨваɬɟɥɟɦ, ɱɬɨ ɩɨɡвɨɥяɟɬ ɩɪɨвɨɞиɬь ɫɪавɧɟɧиɟ 
аɥьɬɟɪɧаɬивɧɵɯ ваɪиаɧɬɨв; иɫɩɨɥьɡɭɸɬ иɟɪаɪɯиɸ 
ɰɟɥɟɣ.  
Ɉɛɳиɟ ɧɟɞɨɫɬаɬɤи: ɧɟ ɭɱиɬɵваɸɬ ɤваɥиɮиɤаɰиɸ и 

ɨɫɨɛɟɧɧɨɫɬи ɪаɛɨɬɵ ɨɬɞɟɥьɧɵɯ ɩɨɥьɡɨваɬɟɥɟɣ; ɧɟ 
ɭɱиɬɵваɸɬ ɤɨɧɬɟɤɫɬ иɫɩɨɥьɡɨваɧия (ɨɛɴɟɦ ɩɪɟɞɴяв-
ɥяɟɦɨɣ иɧɮɨɪɦаɰии, ɟɟ ɪɟɥɟваɧɬɧɨɫɬь и ɬ.ɞ.) 
Нɟɞɨɫɬаɬɤи ɫɟɦɟɣɫɬва GOMS: ɨɝɪаɧиɱɟɧɧɵɣ ɧа-

ɛɨɪ ɨɩɟɪаɬɨɪɨв ɦɨɞɟɥи, ɱɬɨ ɦɨɠɟɬ ɡɧаɱиɬɟɥьɧɨ ɫɧи-
ɡиɬь ɬɨɱɧɨɫɬь ɩɪɟɞɫɤаɡаɧия; ɡавиɫиɦɨɫɬь ɦɨɞɟɥи ɨɬ 
ɫɭɛɴɟɤɬивɧɵɯ ɨɰɟɧɨɤ ɫɩɟɰиаɥиɫɬа; ɬɪɭɞɧɨɫɬь ɨɩиɫа-
ɧия ɩаɪаɥɥɟɥьɧɵɯ ɩɪɨɰɟɫɫɨв. GOMS ɛаɡиɪɭɟɬɫя ɧа ɤɨɝɧиɬивɧɨɣ аɪɯиɬɟɤɬɭɪɟ, ɤɨ-
ɬɨɪая ɱаɫɬɨ ɫɨɞɟɪɠиɬ ɦɟɯаɧиɡɦɵ ɞɥя ɨɳɭɳɟɧиɣ, вɨɫ-
ɩɪияɬия и ɞɟɣɫɬвиɣ. Хɨɬя ɈɋM ɧɟ аɤɰɟɧɬиɪɨваɧ ɧа ɤɨɝ-
ɧиɬивɧɨɣ ɞɟяɬɟɥьɧɨɫɬи, вɫɟ ɨɩɟɪаɬɨɪɵ GOMS, ɦɨɝɭɬ 
ɛɵɬь ɩɪɟɞɫɬавɥɟɧɵ ɩɪи ɩɨɦɨɳи ТФȿ. Наɩɪиɦɟɪ, ɨɩɟɪа-
ɬɨɪɵ GOMS K, P, H, M и ɞɪɭɝиɟ, иɦɟɸɳиɟ вɪɟɦɟɧɧɭɸ 
ɨɰɟɧɤɭ, ɦɨɝɭɬ ɛɵɬь ɮɨɪɦаɥиɡɨваɧɵ в виɞɟ ТФȿ «Раɛɨ-
ɱая ɨɩɟɪаɰия» ɈɋМ. ТФȿ ɮɭɧɤɰиɨɧɟɪ «Aɥьɬɟɪɧаɬивɧая 
ɨɩɟɪаɰия» явɥяɟɬɫя ɩɪиɦɟɪɨɦ ɮɨɪɦаɥиɡаɰии ɛɨɥɟɟ 
ɫɥɨɠɧɨɝɨ ɷɥɟɦɟɧɬа ɤɨɝɧиɬивɧɨɣ ɞɟяɬɟɥьɧɨɫɬи ɱɟɥɨвɟɤа 
в ɈɋМ.  

3 ɆАɌЕРɂАɅЫ ɂ ɆЕɌОȾЫ 
Наɡɧаɱɟɧиɟ и ɫɨɫɬав ɤɨɦɩɥɟɤɫа ɞɨɡиɪɨвɨɱɧɨ-

ɫɦɟɫиɬɟɥьɧɨɝɨ ɨɬɞɟɥɟɧия ЗАɈ «Мɨɬɨɪ ɋиɱ» ɛɵɥ ɩɪи-
вɟɞɟɧ авɬɨɪаɦи в ɩɪɟɞɵɞɭɳɟɣ ɫɬаɬьɟ [5]. 
Ɉɫɨɛɟɧɧɨɫɬяɦи ɨɩɟɪаɬɨɪɫɤɨɣ ɞɟяɬɟɥьɧɨɫɬи явɥя-

ɟɬɫя ɬɨ, ɱɬɨ ɨɩɟɪаɬɨɪ ɧаɯɨɞиɬɫя ɧа ɭɞаɥɟɧии ɨɬ ɨɛɴ-
ɟɤɬɨв ɤɨɧɬɪɨɥя и ɭɩɪавɥɟɧия и ɨɫɭɳɟɫɬвɥяɟɬ ɫвɨɸ 
ɞɟяɬɟɥьɧɨɫɬь ɨɩɨɫɪɟɞɨваɧɧɨ ɩɪи ɩɨɦɨɳи иɧɮɨɪɦа-
ɰиɨɧɧɨɣ ɦɨɞɟɥи. В ɞаɧɧɨɦ ɫɥɭɱаɟ, в ɤаɱɟɫɬвɟ иɧɮɨɪ-
ɦаɰиɨɧɧɨɣ ɦɨɞɟɥи ɨɩɟɪаɬɨɪа АɋУТɉ ɞɨɡиɪɨваɧия 
ɦаɬɟɪиаɥɨв ɫɥɭɠиɬ ЧМИ, ɫɨɫɬɨяɳиɣ иɡ ɉУ, ɫ ɪаɡɦɟ-
ɳɟɧɧɵɦи ɧа ɧɟɦ ɫɪɟɞɫɬваɦи иɧɞиɤаɰии, ɨɪɝаɧаɦи 
ɭɩɪавɥɟɧия и ɧаɛɨɪа ɷɤɪаɧɧɵɯ ɮɨɪɦ, ɨɬɨɛɪаɠаɟɦɵɯ 
ɧа ɨɩɟɪаɬɨɪɧɨɣ ɩаɧɟɥи ɈР 177В. Эɬɨ ɫвиɞɟɬɟɥьɫɬвɭɟɬ 
ɨ ɬɨɦ, ɱɬɨ в ɨɩɟɪаɬɨɪɫɤɨɣ ɞɟяɬɟɥьɧɨɫɬи ɩɪɟɨɛɥаɞаɸɬ 

ɩɪɨɰɟɫɫɵ ɟɝɨ иɧɮɨɪɦаɰиɨɧɧɨɝɨ вɡаиɦɨɞɟɣɫɬвия ɫ 
ɭɩɪавɥяɟɦɨɣ ɫиɫɬɟɦɨɣ [25]. 
Раɡɪаɛɨɬɤа ɋКМ ɨɫɧɨваɧа ɧа ɪɟɤɨɦɟɧɞаɰияɯ [26] ɩɨ 

ɭɥɭɱшɟɧиɸ ɧаɞɟɠɧɨɫɬи ɫɨɫɬавɥɟɧия ɦɨɞɟɥɟɣ ɭɩɪавɥɟ-
ɧия Тɉ и ɨɩɬиɦаɥьɧɨɫɬи ɪɟшɟɧиɣ ɨɩɟɪаɬɨɪа, ɩɭɬɟɦ ввɟ-
ɞɟɧия ɤɪиɬɟɪиɟв ɈЭ и ɈНЭ (ɦɟɪа вɧɭɬɪɟɧɧɟɣ ɭɩɨɪяɞɨ-
ɱɟɧɧɨɫɬи ɫиɫɬɟɦɵ). 
Раɫɫɦаɬɪивая ɩɪиɧиɦаɟɦɭɸ ɨɩɟɪаɬɨɪɨɦ иɧɮɨɪɦа-

ɰиɸ ɤаɤ ɫɨвɨɤɭɩɧɨɫɬь ɫвɟɞɟɧиɣ, ɭɦɟɧьшаɸɳиɯ ɟɝɨ 
ɧɟɨɩɪɟɞɟɥɟɧɧɨɫɬь в вɵɛɨɪɟ ɪаɡɥиɱɧɵɯ вɨɡɦɨɠɧɨɫɬɟɣ 
ɩɨ ɭɩɪавɥɟɧиɸ Тɉ, в ɤаɱɟɫɬвɟ ɦɟɪɵ ɧɟɨɩɪɟɞɟɥɟɧɧɨɫɬи 
иɫɩɨɥьɡɭɟɦ ɩɨɧяɬиɟ иɧɮɨɪɦаɰиɨɧɧɨɣ ɷɧɬɪɨɩии H [27]. 
В ɬɟɨɪии иɧɮɨɪɦаɰии ɞɥя ɧɟɡавиɫиɦɵɯ ɫɥɭɱаɣ-

ɧɵɯ ɫɨɛɵɬиɣ x ɫ вɨɡɦɨɠɧɵɦи ɫɨɫɬɨяɧияɦи 
i = 1, 2,…n иɧɮɨɪɦаɰиɨɧɧая ɞвɨиɱɧая ɷɧɬɪɨɩия ɪаɫ-
ɫɱиɬɵваɟɬɫя ɩɨ ɮɨɪɦɭɥɟ Шɟɧɧɨɧа:  .log1 2∑

=
−=

n

i
ii PPH  (1) 

На иɡɦɟɧɟɧиɟ ɷɧɬɪɨɩии ɨɤаɡɵваɟɬ вɥияɧиɟ вɡаиɦ-
ɧая ɡавиɫиɦɨɫɬь ɷɥɟɦɟɧɬɨв ɫиɫɬɟɦɵ. ɉɭɫɬь ɨɩɟɪаɬɨɪ 
ɭɩɪавɥяɟɬ ɫиɫɬɟɦɨɣ, ɫɨɫɬɨяɧиɟ ɤɨɬɨɪɨɣ ɨɩɪɟɞɟɥяɟɬɫя 
ɦɧɨɝɨɦɟɪɧɵɦ ɧɨɪɦаɥьɧɵɦ вɟɤɬɨɪɨɦ Х. В ɷɬɨɦ ɫɥɭ-
ɱаɟ, иɧɮɨɪɦаɰиɨɧɧая ɷɧɬɪɨɩия ɨɩɪɟɞɟɥяɟɬɫя ɩɨ ɮɨɪ-
ɦɭɥɟ [28]:  

[ ] .)π2(log 2/1
KeH m=  (2) 

Дɥя ɫɥɭɱая, ɤɨɝɞа вɫɟ ɤɨɦɩɨɧɟɧɬɵ ɫиɫɬɟɦɵ иɦɟɸɬ 
ɨɞиɧаɤɨвɵɟ ɞиɫɩɟɪɫии σ, ɮɨɪɦɭɥа (2) ɩɪиɦɟɬ виɞ:  

[ ] .Δσ)π2(log 2/12mmeH =  (3) 
ɋ ɭвɟɥиɱɟɧиɟɦ ɡɧаɱɟɧиɣ ɤɨɷɮɮиɰиɟɧɬɨв ɤɨɪɪɟɥя-

ɰии ɦɟɠɞɭ ɤɨɦɩɨɧɟɧɬаɦи вɟɥиɱиɧа ɷɧɬɪɨɩии ɭɦɟɧь-
шаɟɬɫя Н → –∞. 
Маɤɫиɦаɥьɧая ɧɟɨɩɪɟɞɟɥɟɧɧɨɫɬь (ɷɧɬɪɨɩия) в ɫиɫ-

ɬɟɦɟ ɞɨɫɬиɝаɟɬɫя ɩɪи ɨɬɫɭɬɫɬвии вɡаиɦɨɫвяɡи ɦɟɠɞɭ 
ɤɨɦɩɨɧɟɧɬаɦи:   

[ ] .σπ2log 2/2 m
eH =  (4) 

Кɨɥиɱɟɫɬвɨ ɩɨɥɭɱаɟɦɨɣ ɨɩɟɪаɬɨɪɨɦ иɧɮɨɪɦаɰии 
ɨɬ иɫɬɨɱɧиɤа ɫɨɨɛɳɟɧия (иɧɮɨɪɦаɰиɨɧɧая ɦɨɞɟɥь, 
ɨɬɨɛɪаɠаɟɦая ЧМИ) ɨɩɪɟɞɟɥяɟɬɫя ɩɨ ɮɨɪɦɭɥɟ:  

I = Hаɩɪ – Hиɧɮ. (5) 
В ɩɪɨɰɟɫɫɟ ɪɟшɟɧия ɡаɞаɱ ɭɩɪавɥɟɧия, ɨɩɟɪаɬɨɪ 

ɦɨɠɟɬ ɬаɤɠɟ иɫɩɨɥьɡɨваɬь ɞɨɩɨɥɧиɬɟɥьɧɭɸ иɧɮɨɪ-
ɦаɰиɸ (ɧаɩɪиɦɟɪ, ɞаɧɧɵɟ иɡ ɫвɨɟɣ ɩаɦяɬи). Вɨɡɦɨɠ-
ɧɵ ɬаɤɠɟ ɩɨɬɟɪи иɧɮɨɪɦаɰии в ɩɪɨɰɟɫɫɟ ɟɟ ɩɟɪɟɞаɱи 
ɩɨ ɬɟɯɧиɱɟɫɤиɦ ɤаɧаɥаɦ АɋУТɉ иɥи ɠɟ ɫаɦиɦ ɨɩɟ-
ɪаɬɨɪɨɦ (ɧаɩɪиɦɟɪ, вɫɥɟɞɫɬвиɟ ɫвɨиɯ ɨшиɛɨɤ иɥи 
ɨɝɪаɧиɱɟɧɧɨɫɬи вɨɡɦɨɠɧɨɫɬɟɣ аɧаɥиɡаɬɨɪɨв ɱɟɥɨвɟ-
ɤа). Тɨɝɞа, ɨɛɳɟɟ ɤɨɥиɱɟɫɬвɨ иɧɮɨɪɦаɰии, ɩɟɪɟɪаɛа-
ɬɵваɟɦɨɟ ɨɩɟɪаɬɨɪɨɦ, ɨɩɪɟɞɟɥяɟɬɫя ɩɨ ɮɨɪɦɭɥɟ [27]:  

Iɩɨ = Hиɧɮ + Hɞɨɩ – Hɩɨɦ. (6)
180
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Кɨɥиɱɟɫɬвɨ ɩɟɪɟɪаɛаɬɵваɟɦɨɣ ɨɩɟɪаɬɨɪɨɦ иɧ-

ɮɨɪɦаɰии ɧɟɨɛɯɨɞиɦɨ ɞɥя ɪɟшɟɧия ɫɥɟɞɭɸɳиɯ ɷɪɝɨ-
ɧɨɦиɱɟɫɤиɯ ɡаɞаɱ [4]: ɨɩɪɟɞɟɥɟɧиɟ ɫɬɟɩɟɧи ɫɥɨɠɧɨ-
ɫɬи ɪɟшаɟɦɨɣ ɡаɞаɱи; ɨɩɪɟɞɟɥɟɧиɟ ɫɬɟɩɟɧи ɫɨɝɥаɫɨ-
ваɧɧɨɫɬи ɫɤɨɪɨɫɬи ɩɨɫɬɭɩɥɟɧиɟ иɧɮɨɪɦаɰии ɫ ɩɪɨɩɭ-
ɫɤɧɨɣ ɫɩɨɫɨɛɧɨɫɬьɸ ɨɩɟɪаɬɨɪа (ɟɝɨ ɩɫиɯɨɮиɡиɨɥɨɝи-
ɱɟɫɤиɦи вɨɡɦɨɠɧɨɫɬяɦи); ɨɩɪɟɞɟɥɟɧиɟ вɪɟɦɟɧи ɨɛɪа-
ɛɨɬɤи иɧɮɨɪɦаɰии. 
Вɪɟɦя ɪɟшɟɧия ɡаɞаɱ ɨɩɟɪаɬɨɪɨɦ ɩɪɨɩɨɪɰиɨɧаɥь-

ɧɨ ɤɨɥиɱɟɫɬвɭ ɩɟɪɟɪаɛаɬɵваɟɦɨɣ иɦ иɧɮɨɪɦаɰии. 
Ɉɩɟɪаɬɨɪ ɩɟɪɟɪаɛаɬɵваɟɬ ɪаɡɥиɱɧɵɟ виɞɵ иɧɮɨɪɦа-
ɰии ɫ ɪаɡɧɨɣ ɫɤɨɪɨɫɬьɸ [7]:  

∑
=

+=
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i
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ɉɪаɤɬиɱɟɫɤи, ɨɩɟɪаɬɨɪ АɋУТɉ ɝаɡɨɛɟɬɨɧɧɨɝɨ 
ɩɪɨиɡвɨɞɫɬва ɩɪиɧиɦаɟɬ иɧɮɨɪɦаɰиɸ, ɡаɤɨɞиɪɨваɧ-
ɧɭɸ аɥɮавиɬаɦи ɞвɭɯ ɦɨɞаɥьɧɨɫɬɟɣ – ɡɪиɬɟɥьɧɨɣ и 
ɫɥɭɯɨвɨɣ. Ɉɞɧаɤɨ, ɩɪиɦɟɧɟɧиɟ ɬɨɥьɤɨ ɬɟɨɪии иɧɮɨɪ-
ɦаɰии, ɩɪи ɪɟшɟɧии ɩɟɪɟɱиɫɥɟɧɧɵɯ вɵшɟ ɷɪɝɨɧɨɦи-
ɱɟɫɤиɯ ɡаɞаɱ, ɧɟ ɩɨɡвɨɥяɟɬ ɭɱɟɫɬь ɫɥɟɞɭɸɳиɟ ɨɫɨɛɟɧ-
ɧɨɫɬи [7]. 1. В ɩɪɨɰɟɫɫɟ ɩɟɪɟɪаɛɨɬɤи ɩɨɫɬɭɩаɸɳɟɣ ɡаɤɨɞи-
ɪɨваɧɧɨɣ иɧɮɨɪɦаɰии, ɨɩɟɪаɬɨɪ иɫɩɨɥьɡɭɟɬ ɫвɨɣ 
вɧɭɬɪɟɧɧиɣ аɥɮавиɬ, а ɟɝɨ ɫɭɛɴɟɤɬивɧɵɟ вɟɪɨяɬɧɨɫɬи 
ɫиɝɧаɥɨв ɦɨɝɭɬ ɨɬɥиɱаɬьɫя ɨɬ ɨɛɴɟɤɬивɧɵɯ. 2. Ɉɛɴɟɤɬɨɦ иɫɫɥɟɞɨваɧия ɬɟɨɪии иɧɮɨɪɦаɰии 
явɥяɸɬɫя ɫɬаɰиɨɧаɪɧɵɟ ɩɪɨɰɟɫɫɵ, в ɬɨ вɪɟɦя ɤаɤ ɯа-
ɪаɤɬɟɪиɫɬиɤи ɨɩɟɪаɬɨɪа иɡɦɟɧяɸɬɫя вɨ вɪɟɦɟɧи. 3. Тɟɨɪия иɧɮɨɪɦаɰии ɧɟ ɭɱиɬɵваɟɬ ɫɟɦаɧɬиɤɭ 
иɧɮɨɪɦаɰии, ɤɨɬɨɪая ɦɨɠɟɬ ɡɧаɱиɬɟɥьɧɨ ɩɨвɥияɬь ɧа 
ɪɟɡɭɥьɬаɬɵ ɞɟяɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа. 
Уɤаɡаɧɧɵɟ ɧɟɞɨɫɬаɬɤи ɪɟшаɸɬɫя в ɩɪɨɰɟɫɫɟ ɩɨ-

ɫɬɪɨɟɧия ɋКМ, ɤɨɬɨɪая явɥяɟɬɫя аɧаɥиɬиɤɨ-
иɦиɬаɰиɨɧɧɨɣ ɦɨɞɟɥьɸ. ɉɨɷɬɨɦɭ в ɧɟɣ, ɩɨ ɫɪавɧɟɧиɸ 
ɫ аɧаɥиɬиɱɟɫɤиɦи ɦɨɞɟɥяɦи [29], ɩɪɨɳɟ ɭɱɟɫɬь: иɡɦɟ-
ɧɟɧиɟ ɫɨɫɬɨяɧиɣ ɫиɫɬɟɦɵ ɩɪи ɫɥɭɱаɣɧɵɯ вɨɡɞɟɣɫɬви-
яɯ; ɧɟɥиɧɟɣɧɵɟ ɯаɪаɤɬɟɪиɫɬиɤи ɷɥɟɦɟɧɬɨв ɫиɫɬɟɦɵ; 
ɞиɫɤɪɟɬɧɵɣ и ɧɟɩɪɟɪɵвɧɵɣ ɯаɪаɤɬɟɪ ɷɥɟɦɟɧɬɨв и ɞɪ. 
Дɥя ɪɟшɟɧия ɡаɞаɱ ɭɩɪавɥɟɧия и ɤɨɧɬɪɨɥя ɨɩɟɪа-

ɬɨɪ ɨɫɭɳɟɫɬвɥяɟɬ иɧɮɨɪɦаɰиɨɧɧɵɣ ɩɨиɫɤ ɧɟɨɛɯɨɞи-
ɦɵɯ ɷɥɟɦɟɧɬɨв иɧɮɨɪɦаɰиɨɧɧɨɣ ɦɨɞɟɥи (ɦɧɟɦɨɫɯɟ-
ɦɵ, ɷɤɪаɧ ЧМИ). Ɉɛɳɟɟ вɪɟɦя иɧɮɨɪɦаɰиɨɧɧɨɝɨ ɩɨ-
иɫɤа ɨɩɪɟɞɟɥяɟɬɫя ɩɨ ɮɨɪɦɭɥɟ: )(1 Si

n

i
Fi ttt +=∑

=
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На ɧɟɤɨɬɨɪɵɯ шаɝаɯ ɫвɨɟɝɨ аɥɝɨɪиɬɦа ɮɭɧɤɰиɨ-
ɧиɪɨваɧия, ɨɩɟɪаɬɨɪ вɵɩɨɥɧяɟɬ ɨɩɟɪаɰии ɫɱиɬɵваɧия 
ɬɟɤɫɬɨвɨɣ иɧɮɨɪɦаɰии, ɧаɩɪиɦɟɪ ɧа шаɝаɯ 1, 16 [5]. 
В ɷɬɨɦ ɫɥɭɱаɟ вɦɟɫɬɨ вɪɟɦɟɧи i-ɣ ɮиɤɫаɰии вɡɨɪа tFi в 
ɮɨɪɦɭɥɭ (8) ɫɥɟɞɭɟɬ ɩɨɞɫɬавиɬь ɡɧаɱɟɧиɟ вɪɟɦɟɧи 
ɫɱиɬɵваɧия i-ɝɨ ɫɥɨва (ɫɬɪɨɤи) tRi. Дɥя ɟɝɨ ɪаɫɱɟɬа 
вɨɫɩɨɥьɡɭɟɦɫя ɪɟɡɭɥьɬаɬаɦи ɦɨɞɟɥиɪɨваɧия ɥɟɤɫиɱɟ-
ɫɤɨɣ иɞɟɧɬиɮиɤаɰии ɫ иɫɩɨɥьɡɨваɧиɟɦ ɫɬɪаɬɟɝии 
ɫɦɟɧɵ вɧиɦаɧия [30]. ɋɪɟɞɧɟɟ вɪɟɦя ɥɟɤɫиɱɟɫɤɨɣ 
иɞɟɧɬиɮиɤаɰии ɫɥɨва (ɱɬɟɧия), c ɰɟɧɬɪаɥьɧɨɣ ɮиɤɫа-

ɰиɟɣ вɡɨɪа и log10 ɱаɫɬɨɬɵ вɫɬɪɟɱаɟɦɨɫɬи ɫɥɨва ɪаɫ-
ɫɱиɬɵваɟɬɫя ɩɨ ɮɨɪɦɭɥɟ:  

tRi = base5 + 15(length – 5) + 40(1 – freq). (9) 
Раɫɱɟɬ вɪɟɦɟɧи ɱɬɟɧия tRi в ɮɨɪɦɭɥɟ (9) ɛɵɥ ɩɪɨ-

иɡвɟɞɟɧ иɫɯɨɞя иɡ ɫɥɟɞɭɸɳиɯ ɩɨɥɨɠɟɧиɣ. 1. Ɉɩɟɪаɬɨɪ ɧаɯɨɞиɬɫя ɧа ɪаɫɫɬɨяɧии 60–70 ɫɦ ɨɬ 
ɨɩɟɪаɬɨɪɧɨɣ ɩаɧɟɥи и ɦɟɧɸ ɷɤɪаɧɧɨɣ ɮɨɪɦɵ ɰɟɥиɤɨɦ 
ɧаɯɨɞиɬɫя в ɩɨɥɟ ɟɝɨ ɡɪɟɧия. 2. Дɥиɧа ɤаɠɞɨɣ ɫɬɪɨɤи (ɦɟɧɸ иɥи иɧɮɨɪɦаɰи-
ɨɧɧɨɝɨ ɫɨɨɛɳɟɧия) ɧɟ ɛɨɥɟɟ 20 ɫиɦвɨɥɨв, ɱɬɨ ɧɟ ɩɪɟ-
вɵшаɟɬ ɨɛɥаɫɬи вɨɫɩɪияɬия ɬɟɤɫɬа (ɮɭɧɤɰиɨɧаɥьɧɨɝɨ 
ɩɨɥя ɡɪɟɧия) вɨ вɪɟɦя ɮиɤɫаɰии. Фɭɧɤɰиɨɧаɥьɧɨɟ 
ɩɨɥɟ ɡɪɟɧия ɨɝɪаɧиɱɟɧɨ 3–4 ɛɭɤваɦи ɫɥɟва ɨɬ ɬɨɱɤи 
ɮиɤɫаɰии вɡɝɥяɞа и 14–15 ɛɭɤваɦи ɫɩɪава ɨɬ ɬɨɱɤи 
ɮиɤɫаɰии [31] иɥи ɞɨ 20 [30]. 3. Вɡɝɥяɞ ɮиɤɫиɪɨваɥɫя ɧа ɰɟɧɬɪɟ ɫɥɨва. 4. Вɨɡɦɨɠɧɨɫɬь ɪɟɮиɤɫаɰии вɡɝɥяɞа ɧɟ ɭɱиɬɵва-
ɥаɫь. 
ɋɬаɧɞаɪɬɧɨɟ ɨɬɤɥɨɧɟɧиɟ SD ɞɥя вɪɟɦɟɧи ɱɬɟɧия tRi 

ɨɩɪɟɞɟɥяɟɬɫя ɩɨ ɮɨɪɦɭɥɟ [30]:  
RitSD ×= 1,0 . (10) 

Ввɟɞɟɦ в ɦɨɞɟɥь ɛаɬаɪɟɸ ɩɨɤаɡаɬɟɥɟɣ [7, 12], ɯа-
ɪаɤɬɟɪиɡɭɸɳиɯ ɩɪɟɞɟɥьɧɨ ɞɨɩɭɫɬиɦɵɟ ɧɨɪɦɵ ɞɟя-
ɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа АɋУТɉ.  
Иɧɮɨɪɦаɰиɨɧɧая ɧаɝɪɭɡɤа ɨɩɟɪаɬɨɪа ɯаɪаɤɬɟɪиɡɭ-

ɟɬɫя ɤɨɷɮɮиɰиɟɧɬɨɦ ɡаɝɪɭɠɟɧɧɨɫɬи  
T

t
z ɧɪаɛ1−= . (11)

ȿɝɨ ɩɪɟɞɟɥьɧɨɟ ɡɧаɱɟɧиɟ ɧɟ ɞɨɥɠɧɨ ɛɵɬь ɛɨɥɟɟ 0,75 [7, 12]. 
Ɉɝɪаɧиɱɟɧиɟ ɧɟɩɪɟɪɵвɧɨɣ (ɛɟɡ ɩаɭɡ) ɪаɛɨɬɵ ɨɩɟ-

ɪаɬɨɪа, ɨɩɪɟɞɟɥяɟɬɫя ɩɨɤаɡаɬɟɥɟɦ ɦаɤɫиɦаɥьɧɵɣ ɩɟ-
ɪиɨɞ ɡаɧяɬɨɫɬи Тɡаɧ, ɤɨɬɨɪɵɣ ɧɟ ɞɨɥɠɟɧ ɩɪɟвɵшаɬь 15 
ɦиɧɭɬ [7]. 
Иɧɮɨɪɦаɰиɨɧɧая ɧаɝɪɭɡɤа ɨɩɟɪаɬɨɪа ɯаɪаɤɬɟɪиɡɭ-

ɟɬɫя, ɬаɤɠɟ, ɬаɤиɦ ɩɨɤаɡаɬɟɥɟɦ, ɤаɤ ɤɨɷɮɮиɰиɟɧɬ 
ɨɱɟɪɟɞи ρ, ɩɨɤаɡɵваɸɳиɦ ɤɨɥиɱɟɫɬвɨ ɫиɝɧаɥɨв, ɨɛ-
ɪаɛɨɬаɧɧɵɯ ɨɩɟɪаɬɨɪɨɦ в ɭɫɥɨвияɯ ɨɱɟɪɟɞи ɧа ɨɛ-
ɫɥɭɠиваɧиɟ:  .ρ

ɨɛɳ

.oɱ
N
N

=  (12)
Эɤɫɩɟɪиɦɟɧɬаɥьɧɵɦ ɩɭɬɟɦ ɨɩɪɟɞɟɥɟɧɨ, ɱɬɨ вɟɥи-

ɱиɧа ρ ɧɟ ɞɨɥɠɧа ɩɪɟвɵшаɬь 0,4 [7, 12]. Маɤɫиɦаɥьɧɨ 
ɞɨɩɭɫɬиɦая ɞɥиɧа ɨɱɟɪɟɞи ɨɩɪɟɞɟɥяɟɬɫя ɨɛɴɟɦɨɦ 
ɨɩɟɪаɬивɧɨɣ ɩаɦяɬи ɱɟɥɨвɟɤа и ɧɟ ɞɨɥɠɧа ɩɪɟвɵшаɬь 5–9 ɫиɝɧаɥɨв. Ɉɞɧаɤɨ ɪɟɤɨɦɟɧɞɭɟɬɫя [7, 12], ɱɬɨɛɵ 
ɫɪɟɞɧɟɟ ɱиɫɥɨ ɫиɝɧаɥɨв в ɨɱɟɪɟɞи Кɞɨɩ, ɨɞɧɨвɪɟɦɟɧɧɨ 
ɭɞɟɪɠиваɟɦɵɯ в ɩаɦяɬи ɨɩɟɪаɬɨɪа, ɧɟ ɩɪɟвɵшаɥɨ 3. 
В ɋКМ, в ɞɨɩɨɥɧɟɧиɟ ɤ ɤɨɦɩɥɟɤɫɧɨɣ ɦɨɞɟɥи, ввɟ-

ɞɟɧɵ АФɈ ɩɨ ɭɫɬɪаɧɟɧиɸ ɫɥɟɞɭɸɳиɯ виɞɨв ɧɟɩɨɥа-
ɞɨɤ в Тɉ иɥи ɨшиɛɨɤ ɨɩɟɪаɬɨɪа: ɨɬɫɭɬɫɬвиɟ ɦаɬɟɪиа-
ɥɨв в ɛɭɧɤɟɪаɯ ɫɭɫɩɟɧɡии, ɫɭɯиɯ ɦаɬɟɪиаɥɨв (ИКВ и 
ɰɟɦɟɧɬа); ɩɟɪɟɝɪɟв ɷɥɟɤɬɪɨɩɪивɨɞа шɧɟɤа; ɩɨɩаɞаɧиɟ 
в шɧɟɤ иɧɨɪɨɞɧɨɝɨ ɬɟɥа; ɩɨɩаɞаɧиɟ ɧа ɞɨɡаɬɨɪɵ ɩɨ-
ɫɬɨɪɨɧɧиɯ ɩɪɟɞɦɟɬɨв. 
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ɉɪивɟɞɟɦ АФɈ ɞɥя ɫɥɭɱая ɨɬɫɭɬɫɬвия ɦаɬɟɪиаɥа (ИКВ) в ɨɞɧɨɦ иɡ ɛɭɧɤɟɪɨв ɫɭɯиɯ, ɫ ɭɤаɡаɧиɟɦ ТФȿ, 

ɦɨɞɟɥиɪɭɸɳиɯ ɪɟаɥьɧɵɟ ɨɩɟɪаɰии, вɵɩɨɥɧяɟɦɵɟ 
ɨɩɟɪаɬɨɪɨɦ ɥиɧии ɩɪиɝɨɬɨвɥɟɧия ɝаɡɨɛɟɬɨɧɧɨɣ ɫɦɟɫи 
ЗАɈ «Мɨɬɨɪ ɋиɱ» ɩɪи ɩɨɦɨɳи ɉУ. В ɷɬɨɦ ɫɥɭɱаɟ ɧа 
ɧɟɦ ɞɨɥɠɧа ɦиɝаɬь ɤɧɨɩɤа «Аваɪия». ɋɬаɪɬɨвɵɣ ɷɤ-
ɪаɧ ɞɨɡиɪɨвɤи ɩɪɟɞɫɬавɥɟɧ ɧа ɪиɫ. 1.   

Риɫɭɧɨɤ 1 – ɋɬаɪɬɨвɵɣ ɷɤɪаɧ ɞɨɡиɪɨвɤи 
Дɥя ɭɫɬɪаɧɟɧия ɞаɧɧɨɣ ɧɟиɫɩɪавɧɨɫɬи ɨɩɟɪаɬɨɪ и 

ɨɛɨɪɭɞɨваɧиɟ ɞɨɥɠɧɵ вɵɩɨɥɧиɬь ɫɥɟɞɭɸɳиɟ ɨɩɟɪаɰии. 1) Наɱаɥɨ аɥɝɨɪиɬɦа (ɤɨɦɩɨɡиɰиɨɧɟɪ «ɋɬаɪ-
ɬɟɪ»). 2) ɉɪɨвɟɪɤа ɦиɝаɧия ɤɧɨɩɤи «Аваɪия» (ɤɨɧ-
ɬɪɨɥьɧая ɨɩɟɪаɰия К1). В ɫɥɭɱаɟ ɦиɝаɧия, ɩɟɪɟɯɨɞ ɧа 
ɩ.3, иɧаɱɟ ɩ. 33 «Кɨɧɟɰ». 3) ɋɱиɬɵваɧиɟ ɫɨɨɛɳɟɧия ɨɛ ɨшиɛɤɟ №13 «Ɉшиɛɤа ɧаɛɨɪа вɟɫа ɞɨɡаɬɨɪа ɫɭɯиɯ!» в ɩɨɥɟ ава-
ɪиɣɧɵɯ ɫɨɨɛɳɟɧиɣ-ɨшиɛɨɤ (ɪиɫ. 1) (ɪаɛɨɱая ɨɩɟɪа-
ɰия Р1). 4) Наɠаɬиɟ ɤɧɨɩɤи F14 ɧа ɨɩɟɪаɬɨɪɧɨɣ ɩаɧɟɥи, 
ɞɥя вɨɡвɪаɬа в ɨɫɧɨвɧɨɟ ɦɟɧɸ (ɪаɛɨɱая ɨɩɟɪаɰия Р2). 5) Заɞɟɪɠɤа ɧа вɪɟɦя ɨɬɤɪɵɬия ɮɨɪɦɵ «ɋɬаɪɬɨ-
вɵɣ ɷɤɪаɧ ɞɨɡиɪɨвɤи» (ɨɩɟɪаɰия ɡаɞɟɪɠɤа З1). 6) Вɵɛɨɪ ɞɨɡаɬɨɪа ɫɭɯиɯ ɩɨɫɪɟɞɫɬвɨɦ ɧаɠаɬия 
ɫɨɨɬвɟɬɫɬвɭɸɳɟɣ cɟɧɫɨɪɧɨɣ ɤɧɨɩɤи (ɪаɛɨɱая ɨɩɟɪа-
ɰия Р3). 7) Заɞɟɪɠɤа ɧа вɪɟɦя ɨɬɤɪɵɬия ɮɨɪɦɵ «Дɨɡаɬɨɪ 
ɫɭɯиɯ» (ɨɩɟɪаɰия ɡаɞɟɪɠɤа З2). 8) ɋɱиɬɵваɧиɟ ɫ ɮиɤɫаɰиɟɣ в ɩаɦяɬи/ɛɭɦаɝɟ ɩɨ-
ɤаɡаɧиɣ ɬɟɤɭɳɟɝɨ вɟɫа ɤɨɦɩɨɧɟɧɬɨв (ɪаɛɨɱая ɨɩɟɪа-
ɰия Р4). 9) Наɠаɬиɟ ɤɧɨɩɤи «ДȿБЛɈКИРɈВКА» ɧа ɉУ (ɪаɛɨɱая ɨɩɟɪаɰия Р5). 10) Наɠаɬиɟ ɤɧɨɩɤи «ɉУɋК» ɧа ɉУ ɞɥя ɩɨвɬɨɪа 
ɧаɛɨɪа ɤɨɦɩɨɧɟɧɬɨв (ɪаɛɨɱая ɨɩɟɪаɰия Р6). 11) ɉɪɨвɟɪɤа ɪаɛɨɬɵ (виɡɭаɥьɧɨ ɩɨ ɦɧɟɦɨɫɯɟɦɟ 
ɮɨɪɦɵ «Дɨɡаɬɨɪ ɫɭɯиɯ») в авɬɨɦаɬиɱɟɫɤɨɦ ɪɟɠиɦɟ 
ɡаɫɥɨɧɨɤ ɧа вɵɯɨɞɟ ɞɨɡаɬɨɪа ɫɭɯиɯ, шɧɟɤɨвɨɝɨ ɩиɬа-
ɬɟɥя иɥи ɩɨявɥɟɧия ɞɪɭɝиɯ ɨшиɛɨɤ в ɩɨɥɟ аваɪиɣɧɵɯ 
ɫɨɨɛɳɟɧиɣ (ɤɨɧɬɪɨɥьɧая ɨɩɟɪаɰия К2). ȿɫɥи ɡаɫɥɨɧɤа 

ɨɬɤɪɵɥаɫь, шɧɟɤ ɫɪаɛɨɬаɥ и ɧɟɬ ɞɪɭɝиɯ ɨшиɛɨɤ, ɬɨ 
ɩɟɪɟɯɨɞ ɧа ɩ.31. 12) ɉɪɨвɟɪɤа ɞавɥɟɧия ɫɠаɬɨɝɨ вɨɡɞɭɯа (ɤɨɧ-
ɬɪɨɥьɧая ɨɩɟɪаɰия К3). ȿɫɥи ɨɧɨ в ɧɨɪɦɟ, ɬɨ ɩɟɪɟɯɨɞ 
ɧа ɩ.13. Иɧаɱɟ ɩɨɡвɨɧиɬь в ɤɨɦɩɪɟɫɫɨɪɧɭɸ, ɞɨɠɞаɬь-
ɫя ɩɨɤа ɞавɥɟɧиɟ ɧɟ ɭвɟɥиɱиɬɫя (ɨɩɟɪаɰия ɡаɞɟɪɠɤа 
З3), ɩɟɪɟɯɨɞ ɧа ɩ.9. 13) ɉɟɪɟɤɥɸɱиɬь ɬɭɦɛɥɟɪ ɭɫɬаɧɨвɤи ɪɟɠиɦа 
ɭɩɪавɥɟɧия ɧа ɉУ в ɩɨɥɨɠɟɧиɟ «РУЧНɈɃ» (ɪаɛɨɱая 
ɨɩɟɪаɰия Р7). 14) Ɉɬɤɪɵɬь ɡаɫɥɨɧɤɭ ɧа вɵɝɪɭɡɤɭ ɩɨɫɪɟɞɫɬвɨɦ 
ɧаɠаɬия ɤɧɨɩɤи F6 ɧа ɨɩɟɪаɬɨɪɧɨɣ ɩаɧɟɥи (ɪаɛɨɱая 
ɨɩɟɪаɰия Р8). 15) Заɞɟɪɠɤа ɧа вɪɟɦя ɨɬɤɪɵɬия ɡаɫɥɨɧɤи (ɨɩɟ-
ɪаɰия ɡаɞɟɪɠɤи З4). 16) ȿɫɥи ɡаɫɥɨɧɤа ɨɬɤɪɵɥаɫь, ɬɨ ɩɟɪɟɯɨɞ ɧа ɩ.18, 
иɧаɱɟ ɧаɠаɬь ɤɧɨɩɤɭ F8 ɧа ɨɩɟɪаɬɨɪɧɨɣ ɩаɧɟɥи (ɪа-
ɛɨɱая ɨɩɟɪаɰия Р9) ɞɥя ɡаɤɪɵɬия ɡаɫɥɨɧɤи. 17) Вɵɡɨв ɦɟɯаɧиɤɨв ɞɥя ɨɫɦɨɬɪа/ɪɟɦɨɧɬа ɦɟɯа-
ɧиɡɦа (ɨɩɟɪаɰия ɡаɞɟɪɠɤи З5). ɉɨɫɥɟ ɭɫɬɪаɧɟɧия ɩɨ-
ɥɨɦɤи ɩɟɪɟɣɬи ɧа ɩ.14.  18) Вɤɥɸɱɟɧиɟ ɩɪивɨɞа шɧɟɤа ɩɨɫɪɟɞɫɬвɨɦ ɧа-
ɠаɬия и ɭɞɟɪɠиваɧия ɤɧɨɩɤи F2 ɧа ɨɩɟɪаɬɨɪɧɨɣ ɩа-
ɧɟɥи (ɪаɛɨɱая ɨɩɟɪаɰия Р10). 19) ɉɪɨвɟɪɤа ɪаɛɨɬɵ шɧɟɤа (виɡɭаɥьɧɨ ɩɨ ɦɧɟ-
ɦɨɫɯɟɦɟ ɮɨɪɦɵ «Дɨɡаɬɨɪ ɫɭɯиɯ») (ɤɨɧɬɪɨɥьɧая ɨɩɟ-
ɪаɰия К4). ȿɫɥи шɧɟɤ ɪаɛɨɬаɟɬ ɩɟɪɟɣɬи ɧа ɩ.20, иɧаɱɟ 
ɧаɠаɬь ɤɧɨɩɤи F4 (ɪаɛɨɱая ɨɩɟɪаɰия Р11) и F8 (ɪаɛɨ-
ɱая ɨɩɟɪаɰия Р12) ɧа ɨɩɟɪаɬɨɪɧɨɣ ɩаɧɟɥи, ɞɥя ɨɫɬа-
ɧɨвɤи шɧɟɤа и ɡаɤɪɵɬия ɡаɫɥɨɧɨɤ ɫɨɨɬвɟɬɫɬвɟɧɧɨ, 
ɩɟɪɟɣɬи ɤ ɩ.17. 20) ɋɱиɬɵваɧиɟ ɩɨɤаɡаɧиɣ ɬɟɤɭɳɟɝɨ вɟɫа ɤɨɦɩɨ-
ɧɟɧɬɨв (ɨɩɟɪаɰия ɡаɞɟɪɠɤи З6). ȿɫɥи вɟɫ ɧɟ ɪаɫɬɟɬ, ɬɨ 
ɩ. 21, иɧаɱɟ ɩ. 27. 21) Вɤɥɸɱɟɧиɟ ɩɧɟвɦɨɨɛɪɭшиɬɟɥɟɣ ɧаɠаɬиɟɦ 
ɫɟɧɫɨɪɧɨɣ ɤɧɨɩɤи «Ɉɛɪɭшɟɧиɟ» ɧа ɷɤɪаɧɧɨɣ ɮɨɪɦɟ «Дɨɡаɬɨɪ ɫɭɯиɯ» (ɪаɛɨɱая ɨɩɟɪаɰия Р13). 22) ɋɱиɬɵваɧиɟ ɩɨɤаɡаɧиɣ ɬɟɤɭɳɟɝɨ вɟɫа ɤɨɦɩɨ-
ɧɟɧɬɨв (ɨɩɟɪаɰия ɡаɞɟɪɠɤи З7). ȿɫɥи вɟɫ ɧɟ ɪаɫɬɟɬ, ɬɨ 
ɩ. 23, иɧаɱɟ ɩ. 27. 23) Наɠаɬиɟ ɤɧɨɩɨɤ F4 (ɪаɛɨɱая ɨɩɟɪаɰия Р14) и F8 (ɪаɛɨɱая ɨɩɟɪаɰия Р15) ɧа ɨɩɟɪаɬɨɪɧɨɣ ɩаɧɟɥи ɞɥя 
ɨɫɬаɧɨвɤи шɧɟɤа и ɡаɤɪɵɬия ɡаɫɥɨɧɨɤ. 24) Звɨɧɨɤ ɨɛɫɥɭɠиваɸɳɟɦɭ ɩɟɪɫɨɧаɥɭ ɞɥя ви-
ɡɭаɥьɧɨɣ ɩɪɨвɟɪɤи ɧаɥиɱия ɦаɬɟɪиаɥа в ɛɭɧɤɟɪɟ. 
Ɉɠиɞаɧиɟ ɨɬвɟɬа (ɨɩɟɪаɰия ɡаɞɟɪɠɤи З8). ȿɫɥи ɦаɬɟ-
ɪиаɥа ɧɟɬ, ɬɨ ɩ.26. 25) Лиɤвиɞаɰия ɨɛɫɥɭɠиваɸɳиɦ ɩɟɪɫɨɧаɥɨɦ ɡа-
виɫаɧия ɦаɬɟɪиаɥа в ɛɭɧɤɟɪɟ ɫɭɯиɯ ɦɟɯаɧиɱɟɫɤиɦ 
ɫɩɨɫɨɛɨɦ (ɨɩɟɪаɰия ɡаɞɟɪɠɤи З9), ɩɟɪɟɯɨɞ ɧа ɩ.14. 26) Заɩɨɥɧɟɧиɟ ɨɛɫɥɭɠиваɸɳиɦ ɩɟɪɫɨɧаɥɨɦ 
ɛɭɧɤɟɪа ɦаɬɟɪиаɥɨɦ (ɨɩɟɪаɰия ɡаɞɟɪɠɤи З10). ɉɨɫɥɟ 
ɩɨɞɬвɟɪɠɞɟɧия ɧаɥиɱия ɦаɬɟɪиаɥа ɩɟɪɟɯɨɞ ɧа ɩ.14. 27) Наɠаɬиɟ ɤɧɨɩɨɤ F4 (ɪаɛɨɱая ɨɩɟɪаɰия Р16) и F8 (ɪаɛɨɱая ɨɩɟɪаɰия Р17) ɧа ɨɩɟɪаɬɨɪɧɨɣ ɩаɧɟɥи ɞɥя 
ɨɫɬаɧɨвɤи шɧɟɤа и ɡаɤɪɵɬия ɡаɫɥɨɧɨɤ. 

ɉɨɥɟ вɵвɨɞа 
аваɪиɣɧɵɯ 
ɫɨɨɛɳɟɧиɣ 

ɋɟɧɫɨɪɧɵɟ 
ɤɧɨɩɤи 
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28) ɉɟɪɟɤɥɸɱиɬь ɬɭɦɛɥɟɪ ɭɫɬаɧɨвɤи ɪɟɠиɦа 

ɭɩɪавɥɟɧия ɧа ɉУ в ɩɨɥɨɠɟɧиɟ «АВТɈМАТ» (ɪаɛɨ-
ɱая ɨɩɟɪаɰия Р18). 29) Наɠаɬиɟ ɤɧɨɩɤи «ДȿБЛɈКИРɈВКА» ɧа ɉУ 
ɞɥя ɫɛɪɨɫа аваɪиɣɧɨɝɨ ɫɨɨɛɳɟɧия (ɪаɛɨɱая ɨɩɟɪаɰия 
Р19). 30) Наɠаɬиɟ ɤɧɨɩɤи «ɉУɋК» ɧа ɉУ ɞɥя ɩɨвɬɨɪа 
ɧаɛɨɪа ɤɨɦɩɨɧɟɧɬɨв (ɪаɛɨɱая ɨɩɟɪаɰия Р20). 31) ɉɪɨвɟɪɤа ɞиɧаɦиɤи иɡɦɟɧɟɧия вɟɫа ɤɨɦɩɨ-
ɧɟɧɬа в ɞɨɡаɬɨɪɟ ɩɨ ɩɨɤаɡаɧияɦ в ɫɨɨɬвɟɬɫɬвɭɸɳɟɦ 
ɩɨɥɟ ɦɧɟɦɨɫɯɟɦɵ ɮɨɪɦɵ «Дɨɡаɬɨɪ ɫɭɯиɯ» (ɨɩɟɪаɰия 
ɡаɞɟɪɠɤи З11). ȿɫɥи вɟɫ иɡɦɟɧяɟɬɫя ɭɞɨвɥɟɬвɨɪиɬɟɥь-
ɧɵɦ ɬɟɦɩɨɦ, ɬɨ ɩ. 33 «Кɨɧɟɰ». 32) Наɠаɬиɟ ɤɧɨɩɤи «ɉРȿРЫВАНИȿ» ɧа ɉУ (ɪаɛɨɱая ɨɩɟɪаɰия Р21) и ɩɟɪɟɯɨɞ ɧа ɩ.12. 33) Кɨɧɟɰ (ɤɨɦɩɨɡиɰиɨɧɟɪ «Фиɧишɟɪ»). 
ɋɭɬь ɈɋМ и ɩɪиɦɟɪ ɟɝɨ ɩɪиɦɟɧɟɧия ɞɥя ɮɨɪɦаɥи-

ɡаɰии АФɈ ɛɵɥи ɩɪɟɞɫɬавɥɟɧɵ авɬɨɪаɦи ɩɪи ɪаɡɪа-
ɛɨɬɤɟ ɤɨɦɩɥɟɤɫɧɨɣ ɦɨɞɟɥи, ɩɨɷɬɨɦɭ в ɞаɧɧɨɣ ɫɬаɬьɟ 
ɈɋМ ɧɟ ɪаɫɫɦаɬɪиваɥɫя. 
Таɤиɦ ɨɛɪаɡɨɦ, ɩɨɥɭɱɟɧа ɋКМ, ɮɨɪɦаɥиɡɭɸɳая 

ɩɪɨɰɟɫɫɵ ɞɨɡиɪɨваɧия и ɫɦɟшиваɧия, а ɬаɤɠɟ ɞɟя-
ɬɟɥьɧɨɫɬь ɨɩɟɪаɬɨɪа АɋУТɉ ɩɪиɝɨɬɨвɥɟɧия ɫɦɟɫи 
ɝаɡɨɛɟɬɨɧа ɫ ɭɱɟɬɨɦ вɟɪɨяɬɧɨɫɬɧɵɯ ɫɨɛɵɬиɣ.  

4 ɗɄСɉЕРɂɆЕɇɌЫ 
Иɦиɬаɰиɨɧɧɨɟ ɦɨɞɟɥиɪɨваɧиɟ ɞɟяɬɟɥьɧɨɫɬи ɨɩɟ-

ɪаɬɨɪа ɥиɧии ɩɪиɝɨɬɨвɥɟɧия ɝаɡɨɛɟɬɨɧɧɨɣ ɫɦɟɫи ЗАɈ «Мɨɬɨɪ ɋиɱ» ɩɪɨвɨɞиɥɨɫь ɫ иɫɩɨɥьɡɨваɧиɟɦ авɬɨɪ-
ɫɤɨɝɨ иɧɫɬɪɭɦɟɧɬаɪия. Нɟɨɛɯɨɞиɦая иɧɮɨɪɦаɰия ɨɛ 
иɧɫɬɪɭɦɟɧɬаɪии, ɫɩɨɫɨɛɟ ɦɨɞɟɥиɪɨваɧия и ɥиɧии 
ɩɪиɝɨɬɨвɥɟɧия ɝаɡɨɛɟɬɨɧɧɨɣ ɫɦɟɫи ɛɵɥа ɩɪɟɞɫɬавɥɟ-
ɧа в [5]. Иɫɯɨɞɧɵɦи ɞаɧɧɵɦи ɞɥя ɦɨɞɟɥиɪɨваɧия ɩɨ-
ɫɥɭɠиɥи иɫɬɨɪиɱɟɫɤиɟ ɞаɧɧɵɟ ɨɛ ɨшиɛɤаɯ и ɧɟиɫ-
ɩɪавɧɨɫɬяɯ в АɋУТɉ ɞɨɡиɪɨваɧия ɦаɬɟɪиаɥɨв ɞɥя 
иɡɝɨɬɨвɥɟɧия ɝаɡɨɛɟɬɨɧа ɧа ЗАɈ «Мɨɬɨɪ ɋиɱ» ɡа 2018 
ɝɨɞ, ɩɨɥɭɱɟɧɧɵɟ иɡ аɪɯивɨв и ɛɭɮɟɪɨв аваɪиɣɧɵɯ 
ɫɨɨɛɳɟɧиɣ. 
В ИМ ввɟɞɟɧɵ ɫɥɟɞɭɸɳиɟ, вɫɬɪɟɱаɸɳиɟɫя в ɯɨɞɟ 

Тɉ ɧɟиɫɩɪавɧɨɫɬи: ɩɟɪɟɝɪɟв ɷɥɟɤɬɪɨɩɪивɨɞа шɧɟɤа (ɩɨɫɬɭɩаɟɬ в ɦɨɞɟɥь в ɫɨɨɬвɟɬɫɬвии ɫ ɪаɫɩɪɟɞɟɥɟɧиɟɦ 
ɉɭаɫɫɨɧа ɫɨ ɫɪɟɞɧɟɣ иɧɬɟɧɫивɧɨɫɬьɸ λ = 3,47×10–5 
ɫɨɛɵɬиɣ/ɫ); ɩɨɩаɞаɧиɟ в шɧɟɤ иɧɨɪɨɞɧɨɝɨ ɬɟɥа (ɪаɫ-
ɩɪɟɞɟɥɟɧиɟ ɉɭаɫɫɨɧа, λ = 2,31×10–5 ɫɨɛɵɬиɣ/ɫ); ɩɨɩа-
ɞаɧиɟ ɧа ɞɨɡаɬɨɪɵ ɩɨɫɬɨɪɨɧɧиɯ ɩɪɟɞɦɟɬɨв (ɪаɫɩɪɟɞɟ-
ɥɟɧиɟ ɉɭаɫɫɨɧа, λ = 3,5×10–6 ɫɨɛɵɬиɣ/ɫ); ɫɨɛɵɬия «Ɉɬɫɭɬɫɬвиɟ ɦаɬɟɪиаɥа в ɛɭɧɤɟɪɟ» ɫɭɫɩɟɧɡии, ИКВ и 
ɫɭɯиɯ ɦаɬɟɪиаɥɨв ɩɪɨиɫɯɨɞяɬ ɫ вɟɪɨяɬɧɨɫɬяɦи 0,03. 
Вɪɟɦя ɫаɤɤаɞɵ ɝɥаɡа tSi = 0,15 ɫ. Вɟɥиɱиɧɵ, ɫɨɨɬ-

вɟɬɫɬвɭɸɳиɟ ɡаɞɟɪɠɤаɦ З1, З2, З4 ɛɵɥи ɞаɧɵ в [5]. 
Вɪɟɦя ɡаɞɟɪɠɟɤ З3, З5, З10,  ɪаɫɩɪɟɞɟɥɟɧɨ ɩɨ ɧɨɪɦаɥь-
ɧɨɦɭ ɡаɤɨɧɭ ɫ М и SD ɫɨɨɬвɟɬɫɬвɟɧɧɨ: 900 ɫ и 300 ɫ; 4920 ɫ и 4020 ɫ; 1200 ɫ и 60 ɫ. Вɪɟɦя ɡаɞɟɪɠɟɤ З6–З9, 
З11 ɪаɫɩɪɟɞɟɥɟɧɨ ɪавɧɨɦɟɪɧɨ ɫ М и SD ɫɨɨɬвɟɬɫɬвɟɧ-
ɧɨ: 10±2 c; 15±5 c; 240±60 c; 105±75 c и 15±5 c. 
В ɫɥɭɱаɟ, ɟɫɥи ɞɟɣɫɬвия ɨɩɟɪаɬɨɪа ɩɪи ɩɟɪɟɝɪɟвɟ 

ɷɥɟɤɬɪɨɩɪивɨɞа шɧɟɤа иɥи ɩɨɩаɞаɧия в шɧɟɤ иɧɨɪɨɞ-
ɧɨɝɨ ɬɟɥа ɧɟ ɞаɥи ɩɨɥɨɠиɬɟɥьɧɨɝɨ ɪɟɡɭɥьɬаɬа (вɟɪɨяɬ-

ɧɨɫɬь ɷɬɨɝɨ ɫɨɛɵɬия 0,02), ɨɧ ɨɛяɡаɧ вɵɡваɬь ɷɥɟɤɬɪиɤа 
ɞɥя иɯ ɥиɤвиɞаɰии. Вɪɟɦя вɵɡɨва ɷɥɟɤɬɪиɤа и ɥиɤви-
ɞаɰии ɧɟɩɨɥаɞɨɤ ɪаɫɩɪɟɞɟɥɟɧɨ ɪавɧɨɦɟɪɧɨ и ɫɨɫɬавɥя-
ɟɬ 90±30 c, 540±60 c и 1200±600 c ɫɨɨɬвɟɬɫɬвɟɧɧɨ.  

5 РЕɁɍɅЬɌАɌЫ 
ɋɬаɬиɫɬиɱɟɫɤиɟ ɞаɧɧɵɟ, ɩɨɥɭɱɟɧɧɵɟ в ɪɟɡɭɥьɬаɬɟ 

иɦиɬаɰиɨɧɧɨɝɨ ɦɨɞɟɥиɪɨваɧия Тɉ ɩɪи ɞвɭɯɫɦɟɧɧɨɣ 
ɪаɛɨɬɟ в ɬɟɱɟɧиɟ 30 ɪаɛɨɱиɯ ɞɧɟɣ ɞɥя ɪɟɰɟɩɬа №6, 
ɩɪивɟɞɟɧɵ ɧа ɪиɫ. 2. Ƚɪаɮиɤи иɡɦɟɧɟɧия ɤɨɷɮɮиɰи-
ɟɧɬа ɡаɝɪɭɠɟɧɧɨɫɬи ɨɩɟɪаɬɨɪа и ɫɪɟɞɧɟɣ ɞɥиɧɵ ɨɱɟ-
ɪɟɞи (ɞɥя ваɪиаɧɬа ɞиаɦɟɬɪа вɯɨɞɧɨɣ ɡаɫɥɨɧɤи ɞɨɡа-
ɬɨɪа ɫɭɯиɯ 150 ɦɦ) в ɬɟɱɟɧиɟ 30 ɪаɛɨɱиɯ ɞɧɟɣ, ɩɪивɟ-
ɞɟɧɵ ɧа ɪиɫ. 3 и ɪиɫ. 4 ɫɨɨɬвɟɬɫɬвɟɧɧɨ. В ɬаɛɥ. 1 
ɩɪɟɞɫɬавɥɟɧɵ иɬɨɝɨвɵɟ ɫɬаɬиɫɬиɱɟɫɤиɯ ɞаɧɧɵɟ, ɩɨ-
ɥɭɱɟɧɧɵɟ ɩɪи ɦɨɞɟɥиɪɨваɧии Тɉ ɥиɧии ɩɪиɝɨɬɨвɥɟ-
ɧия ɝаɡɨɛɟɬɨɧɧɨɣ ɫɦɟɫи ЗАɈ «Мɨɬɨɪ ɋиɱ» (ɞиаɦɟɬɪ 
вɯɨɞɧɨɣ ɡаɫɥɨɧɤи ɞɨɡаɬɨɪа ɫɭɯиɯ 150 ɦɦ) ɩɪи ɩɨɦɨ-
ɳи ɞвɭɯ ɦɨɞɟɥɟɣ – ɤɨɦɛиɧиɪɨваɧɧɨɣ ɦɨɞɟɥи, ɧɟ ɭɱи-
ɬɵваɸɳɟɣ ɩɨɬɨɤ ɧɟиɫɩɪавɧɨɫɬɟɣ в АɋУТɉ [5] и 
ɋКМ, ɩɪɟɞɫɬавɥɟɧɧɨɣ в ɞаɧɧɨɣ ɫɬаɬьɟ. Ɉɩɬиɦаɥьɧɵɟ 
иɥи ɩɪɟɞɟɥьɧɨ ɞɨɩɭɫɬиɦɵɟ ɡɧаɱɟɧия, ɯаɪаɤɬɟɪиɡɭɸ-
ɳиɟ ɞɟяɬɟɥьɧɨɫɬь ɨɩɟɪаɬɨɪа, ɩɪивɟɞɟɧɵ в ɫɤɨɛɤаɯ (ɬаɛɥ. 1).   

Риɫɭɧɨɤ 2 – Фɪаɝɦɟɧɬ ɪɟɡɭɥьɬаɬɨв ɦɨɞɟɥиɪɨваɧия  
6 ОȻСɍɀȾЕɇɂЕ 

Авɬɨɪаɦи ɛɵɥɨ ɞɨɤаɡаɧɨ [5], ɱɬɨ ɩɪиɦɟɧɟɧиɟ 
вɯɨɞɧɨɣ ɡаɫɥɨɧɤи ɞɨɡаɬɨɪа ɫɭɯиɯ ɞиаɦɟɬɪɨɦ 150 ɦɦ 
ɞɥя ɥиɧии ɩɪиɝɨɬɨвɥɟɧия ɝаɡɨɛɟɬɨɧɧɨɣ ɫɦɟɫи ЗАɈ «Мɨɬɨɪ ɋиɱ» явɥяɟɬɫя ɨɩɬиɦаɥьɧɵɦ. ɉɨɷɬɨɦɭ, ɷɤɫ-
ɩɟɪиɦɟɧɬɵ ɫ ɋКМ ɩɪɨвɨɞиɥиɫь ɞɥя ɪɟɰɟɩɬɨв ɝаɡɨɛɟ-
ɬɨɧɧɨɣ ɫɦɟɫи №1, №6 и №9 ɬɨɥьɤɨ ɫ ɡаɫɥɨɧɤɨɣ ɷɬɨɝɨ 
ɞиаɦɟɬɪа. 
Каɤ ɫɥɟɞɭɟɬ иɡ ɞаɧɧɵɯ ɬаɛɥ. 1, ɭɱɟɬ ɧɟиɫɩɪавɧɨ-

ɫɬɟɣ ɩɪивɟɥ ɤ ɨɠиɞаɟɦɨɦɭ ɭвɟɥиɱɟɧиɸ ɩɨɤаɡаɬɟɥɟɣ, 
ɯаɪаɤɬɟɪиɡɭɸɳиɯ вɟɥиɱиɧɭ иɧɮɨɪɦаɰиɨɧɧɨɣ ɧаɝɪɭɡ-
ɤи ɨɩɟɪаɬɨɪа. Наиɛɨɥɟɟ вɨɡɪɨɫ ɬаɤɨɣ ɩɨɤаɡаɬɟɥь, ɤаɤ 
ɤɨɷɮɮиɰиɟɧɬ ɨɱɟɪɟɞи ɫиɝɧаɥɨв ɧа ɨɛɪаɛɨɬɤɭ ɨɩɟɪа-
ɬɨɪɨɦ ρ. В ɫɨɨɬвɟɬɫɬвиɟ ɫ ɪиɫ. 2 ɛɵɥи ɩɨɥɭɱɟɧɵ ɫɥɟ-
ɞɭɸɳиɟ ɭɫɪɟɞɧɟɧɧɵɟ ɩɨɤаɡаɬɟɥи ɡа 30 ɪаɛɨɱиɯ ɞɧɟɣ: 
ɤɨɷɮɮиɰиɟɧɬ ɡаɝɪɭɠɟɧɧɨɫɬи ɨɩɟɪаɬɨɪа z = 0,1; ɤɨɷɮ-
ɮиɰиɟɧɬ ɨɱɟɪɟɞи ɧа ɨɛɪаɛɨɬɤɭ ɨɩɟɪаɬɨɪɨɦ ρ = 0,15; 
вɪɟɦя ɡаɧяɬɨɫɬи ɨɩɟɪаɬɨɪа Tbus = 2881,94 ɦиɧɭɬ; ɦаɤ-
ɫиɦаɥьɧɵɣ ɩɟɪиɨɞ ɡаɧяɬɨɫɬи ɨɩɟɪаɬɨɪа Тɡаɧ = 5,39 
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ɦиɧɭɬ; ɦаɤɫиɦаɥьɧая ɞɥиɧа ɨɱɟɪɟɞи Kmax = 4 ɫиɝɧаɥа; 
ɫɪɟɞɧяя ɞɥиɧа ɨɱɟɪɟɞи Кɞɨɩ = 0,95 ɫиɝɧаɥа; ɨɛɳɟɟ 
вɪɟɦя ɧаɯɨɠɞɟɧия ɫиɝɧаɥɨв в ɨɱɟɪɟɞи 1800,63 ɦиɧɭ-
ɬɵ; ɤɨɥиɱɟɫɬвɨ вɯɨɞɨв в ɨɱɟɪɟɞь ɫиɝɧаɥɨв 456; ɫɪɟɞ-
ɧɟɟ вɪɟɦя ɨɠиɞаɧия в ɨɱɟɪɟɞи 3,95 ɦиɧɭɬɵ; ɫɪɟɞɧɟɟ 
вɪɟɦя ɨɛɪаɛɨɬɤи ɫиɝɧаɥа ɨɩɟɪаɬɨɪɨɦ 0,03 ɦиɧɭɬɵ. 
Таɤиɦ ɨɛɪаɡɨɦ, ɬɨɥьɤɨ ɨɞиɧ ɩɨɤаɡаɬɟɥь – ɦаɤɫи-

ɦаɥьɧая ɞɥиɧа ɨɱɟɪɟɞи Kmax, ɩɪɟвɵɫиɥ ɪɟɤɨɦɟɧɞɭɟ-
ɦɨɟ, ɨɩɬиɦаɥьɧɨɟ ɞɥя ɨɩɟɪаɬɨɪа, ɡɧаɱɟɧиɟ в 3 ɫиɝɧа-
ɥа. Ɉɞɧаɤɨ, ɷɬɨ ɡɧаɱɟɧиɟ ɧɟ ɩɪɟвɵшаɟɬ ɦаɤɫиɦаɥьɧɨɟ 
ɞɨɩɭɫɬиɦɨɟ ɡɧаɱɟɧиɟ ɨɱɟɪɟɞи иɡ 5–9 ɫиɝɧаɥɨв. 
ɋ ɭɱɟɬɨɦ ɬɨɝɨ, ɱɬɨ ɭɫɬаɧɨвившиɣɫя ɩɪɨɰɟɫɫ ɪаɛɨ-

ɬɵ в ɦɨɞɟɥиɪɭɟɦɨɣ ɫиɫɬɟɦɟ ɧаɫɬɭɩиɥ, ɧаɱиɧая ɫ 3–4- ɝɨ ɞɧɟɣ, иɫɯɨɞя иɡ ɞаɧɧɵɯ ɪиɫ. 3, ɦɨɠɧɨ ɨɬɦɟɬиɬь, 
ɱɬɨ ɦаɤɫиɦаɥьɧая ɡаɝɪɭɠɟɧɧɨɫɬь ɨɩɟɪаɬɨɪа ɫɨɫɬавиɥа 
z = 0,15 в 29-ɣ ɞɟɧь ɦɨɞɟɥиɪɨваɧия (ɪɟɰɟɩɬ № 6), ɱɬɨ 
ɧɟ ɩɪɟвɵшаɟɬ ɞɨɩɭɫɬиɦɨɝɨ. Каɤ ɫɥɟɞɭɟɬ иɡ ɞаɧɧɵɯ 
ɪиɫ.4, иɡɦɟɧɟɧиɟ ɫɪɟɞɧɟɣ ɞɥиɧɵ ɨɱɟɪɟɞи ɫиɝɧаɥɨв, 
ɠɞɭɳиɯ ɨɛɪаɛɨɬɤи ɨɩɟɪаɬɨɪɨɦ, в ɰɟɥɨɦ, ɩɪɨɩɨɪɰиɨ-
ɧаɥьɧɨ ɡаɝɪɭɠɟɧɧɨɫɬи ɨɩɟɪаɬɨɪа. 
Рɟɡɭɥьɬаɬɵ ɩɪɨвɟɞɟɧɧɨɣ вɵшɟ ɷɤɫɩɟɪɬиɡɵ ɫвиɞɟ-

ɬɟɥьɫɬвɭɟɬ ɨɛ ɨɬɫɭɬɫɬвии иɧɮɨɪɦаɰиɨɧɧɵɯ ɩɟɪɟɝɪɭ-
ɡɨɤ ɨɩɟɪаɬɨɪа ɩɪи ɪаɛɨɬɟ ɫ ɞаɧɧɵɦ ваɪиаɧɬɨɦ ЧМИ 
АɋУТɉ ɝаɡɨɛɟɬɨɧɧɨɝɨ ɩɪɨиɡвɨɞɫɬва ЗАɈ «Мɨɬɨɪ 
ɋиɱ».    

Риɫɭɧɨɤ 3 – Ƚɪаɮиɤ иɡɦɟɧɟɧия ɤɨɷɮɮиɰиɟɧɬа ɡаɝɪɭɠɟɧɧɨɫɬи ɨɩɟɪаɬɨɪа   
Риɫɭɧɨɤ 4 – Ƚɪаɮиɤ иɡɦɟɧɟɧия ɫɪɟɞɧɟɣ ɞɥиɧɵ ɨɱɟɪɟɞи  
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Таɛɥиɰа 1 – ɉɨɤаɡаɬɟɥи, ɯаɪаɤɬɟɪиɡɭɸɳиɟ ɬɟɯɧɨɥɨɝиɱɟɫɤиɣ ɩɪɨɰɟɫɫ и ɞɟяɬɟɥьɧɨɫɬь ɨɩɟɪаɬɨɪа АɋУТɉ 

Бɟɡ ɭɱɟɬа ɧɟиɫɩɪавɧɨɫɬɟɣ ɋ ɭɱɟɬɨɦ ɧɟиɫɩɪавɧɨɫɬɟɣ  ɉɨɤаɡаɬɟɥь 
Рɟɰɟɩɬ 
№1 Рɟɰɟɩɬ 

№6 Рɟɰɟɩɬ 
№9 Рɟɰɟɩɬ 

№1 Рɟɰɟɩɬ 
№6 Рɟɰɟɩɬ 

№9 Ɉɩɬиɦаɥьɧɨɟ (ɩɪɟɞ-
ɟɥьɧɨɟ) ɡɧаɱɟɧиɟ 

Кɨɷɮɮиɰиɟɧɬ ɡаɝɪɭɠɟɧɧɨɫɬи 0,08 0,08 0,08 0,1 0,1 0,1 (0,75) 
Маɤɫиɦаɥьɧɵɣ ɩɟɪиɨɞ ɡаɧяɬɨɫɬи, ɦиɧ 1,31 2,33 2,03 5,32 5,39 5,13 (15 ÷ 20) 
ɋɪɟɞɧяя ɞɥиɧа ɨɱɟɪɟɞи 0,46 0,43 0,25 0,97 0,95 0,96 2 ÷ 3 
Маɤɫиɦаɥьɧая ɞɥиɧа ɨɱɟɪɟɞи 2 2 2 4 4 4 (5 ÷ 9) 
Кɨɷɮɮиɰиɟɧɬ ɨɱɟɪɟɞи 0,01 0,01 0,01 0,15 0,14 0,14 0,4 
ɉɟɪиɨɞ ɰиɤɥа Тɉ, ɫ 656 780 752 751 924 829 Диɪɟɤɬивɧɨɟ 

вɪɟɦя 1020  
К ɧɟɞɨɫɬаɬɤаɦ ɋКМ ɦɨɠɧɨ ɨɬɧɟɫɬи ɬɪɭɞɨɟɦɤɨɫɬь 

ɩɪɨɰɟɫɫɨв ɫɛɨɪа и ɨɛɪаɛɨɬɤи ɞаɧɧɵɯ, ɫ ɰɟɥьɸ ɨɩɪɟ-
ɞɟɥɟɧия вɟɪɨяɬɧɨɫɬɧɵɯ ɯаɪаɤɬɟɪиɫɬиɤ ɩɨявɥɟɧия ɫɨ-
ɛɵɬиɣ в АɋУТɉ, ɧɟɨɛɯɨɞиɦɨɫɬь ɩɨɥɭɱɟɧия ɱаɫɬи 
иɫɯɨɞɧɵɯ ɞаɧɧɵɯ иɡ ɡаɩɨɥɧяɟɦɨɝɨ вɪɭɱɧɭɸ ɷɤɫɩɥɭа-
ɬаɰиɨɧɧɨɝɨ ɠɭɪɧаɥа, а ɬаɤɠɟ иɡвɥɟɱɟɧиɟ иɡ ɨɛɫɥɭɠи-
ваɸɳɟɝɨ ɩɟɪɫɨɧаɥа ɷɤɫɩɟɪɬɧɵɯ ɡɧаɧиɣ ɨɛ аваɪиɣɧɵɯ 
ɫиɬɭаɰияɯ и ɨɩɵɬɟ иɯ ɪаɡɪɟшɟɧия ɡа ɞɥиɬɟɥьɧɵɣ ɩɟ-
ɪиɨɞ ɷɤɫɩɥɭаɬаɰии, ɱɬɨ ɬɪɟɛɭɟɬ ввɟɞɟɧия ɛɨɥɟɟ ɪаɡви-
ɬɵɯ ɦɟɯаɧиɡɦɨв иɯ ɮиɤɫаɰии, ɮɨɪɦаɥиɡаɰии, ɫɛɨɪа и 
ɯɪаɧɟɧия.  

ВЫВОȾЫ 
В ɪаɛɨɬɟ ɪɟшɟɧа аɤɬɭаɥьɧая ɡаɞаɱа ɩɨ ɪаɡɪаɛɨɬɤɟ 

ɦɟɬɨɞа ɤɨɥиɱɟɫɬвɟɧɧɨɣ ɨɰɟɧɤи ɞɟяɬɟɥьɧɨɫɬи ɨɩɟɪа-
ɬɨɪа АɋУТɉ ɝаɡɨɛɟɬɨɧɧɨɝɨ ɩɪɨиɡвɨɞɫɬва. Мɟɬɨɞ ɨɫ-
ɧɨваɧ ɧа ɪаɡɪаɛɨɬаɧɧɨɣ в ɞаɧɧɨɣ ɪаɛɨɬɟ ɋКМ, ɤɨɬɨ-
ɪая явɥяɟɬɫя ɞаɥьɧɟɣшиɦ ɪаɡвиɬиɟɦ ɤɨɦɛиɧиɪɨваɧ-
ɧɨɣ ɦɨɞɟɥи ɩɪɨɰɟɫɫа авɬɨɦаɬиɡиɪɨваɧɧɨɝɨ ɭɩɪавɥɟ-
ɧия Тɉ ɩɪиɝɨɬɨвɥɟɧия ɝаɡɨɛɟɬɨɧа [5]. Уɱɟɬ в ɋКМ 
ɫɥɭɱаɣɧɵɯ вɨɡɞɟɣɫɬвиɣ ɧа ɫиɫɬɟɦɭ «ɨɩɟɪаɬɨɪ – 
АɋУТɉ» ɩɨвɵɫиɥ аɞɟɤваɬɧɨɫɬь иɦиɬаɰиɨɧɧɨɣ ɦɨɞɟ-
ɥи и ɞɨɫɬɨвɟɪɧɨɫɬь ɩɨɥɭɱɟɧɧɵɯ ɪɟɡɭɥьɬаɬɨв ɦɨɞɟɥи-
ɪɨваɧия. 
Наɭɱɧɨɣ ɧɨвиɡɧɨɣ ɪаɛɨɬɵ, явɥяɟɬɫя ɩɪɟɞɥɨɠɟɧɧая 

ɋКМ, ɤɨɬɨɪая в ɨɬɥиɱиɟ ɨɬ ɤɨɦɛиɧиɪɨваɧɧɨɣ ɦɨɞɟɥи 
ɩɪɨɰɟɫɫа авɬɨɦаɬиɡиɪɨваɧɧɨɝɨ ɭɩɪавɥɟɧия ɬɟɯɧɨɥɨ-
ɝиɱɟɫɤиɦ ɩɪɨɰɟɫɫɨɦ ɩɪиɝɨɬɨвɥɟɧия ɝаɡɨɛɟɬɨɧа, ɩɨ-
ɡвɨɥяɟɬ ɮɨɪɦаɥиɡɨваɬь ɞɟяɬɟɥьɧɨɫɬь ɱɟɥɨвɟɤа-
ɨɩɟɪаɬɨɪа АɋУТɉ в ɭɫɥɨвияɯ ɫɥɭɱаɣɧɵɯ вɨɡɞɟɣɫɬвиɣ 
ɧа ɫиɫɬɟɦɭ «ɨɩɟɪаɬɨɪ – АɋУТɉ», ɱɬɨ ɩɨвɵшаɟɬ аɞɟɤ-
ваɬɧɨɫɬь иɦиɬаɰиɨɧɧɨɣ ɦɨɞɟɥи и ɞɨɫɬɨвɟɪɧɨɫɬь ɩɨ-
ɥɭɱɟɧɧɵɯ ɪɟɡɭɥьɬаɬɨв ɦɨɞɟɥиɪɨваɧия. 
ɉɪаɤɬиɱɟɫɤая ɰɟɧɧɨɫɬь ɪаɛɨɬɵ ɡаɤɥɸɱаɟɬɫя в ɬɨɦ, 

ɱɬɨ ɪаɡɪаɛɨɬаɧɧɵɣ ɦɟɬɨɞ и ɩɪɨɝɪаɦɦɧɨɟ ɨɛɟɫɩɟɱɟɧиɟ 
ɦɨɝɭɬ ɛɵɬь иɫɩɨɥьɡɨваɧɵ ɧа ɪаɧɧиɯ ɷɬаɩаɯ ɩɪɨɟɤɬи-
ɪɨваɧия АɋУТɉ, ɞɥя ɨɰɟɧɤи ɫɩɨɫɨɛɨв ɭɩɪавɥɟɧия 
Тɉ, ɪаɡɥиɱɧɵɯ ваɪиаɧɬɨв ɩɪɨɬɨɬиɩɨв ЧМИ ɫ ɰɟɥьɸ 
иɯ ɨɩɬиɦиɡаɰии ɞɥя ɞɨɫɬиɠɟɧия ɬɪɟɛɭɟɦɵɯ ɷɮɮɟɤ-
ɬивɧɨɫɬи и ɤаɱɟɫɬва ɞɟяɬɟɥьɧɨɫɬи ɨɩɟɪаɬɨɪа. 
ɉɟɪɫɩɟɤɬивɵ ɞаɥьɧɟɣшиɯ иɫɫɥɟɞɨваɧиɣ ɫɨɫɬɨяɬ в 

ɪаɡвиɬии ɩɪɟɞɥɨɠɟɧɧɨɝɨ ɦаɬɟɦаɬиɱɟɫɤɨɝɨ ɨɛɟɫɩɟɱɟ-
ɧия, ɫ ɰɟɥьɸ ɩɪиɦɟɧɟɧия в иɧɬɟɥɥɟɤɬɭаɥьɧɵɯ ɬɪɟɧа-
ɠɟɪаɯ ɞɥя ɩɨɞɝɨɬɨвɤи ɨɩɟɪаɬɨɪɨв ɝаɡɨɛɟɬɨɧɧɨɝɨ ɩɪɨ-
иɡвɨɞɫɬва иɥи ɩɪɨиɡвɨɞɫɬв ɫɨ ɫɯɨɞɧɵɦи ɮиɡиɱɟɫɤиɦи 
ɩɪɨɰɟɫɫаɦи (ɞиɫɤɪɟɬɧɨ-ɧɟɩɪɟɪɵвɧɨɟ ɩɪɨиɡвɨɞɫɬвɨ). 
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AɇОɌАɐІə 
Аɤɬɭаɥьɧіɫɬь. Рɨɡɝɥяɧɭɬɨ ɩɪɨɛɥɟɦɭ ɤіɥьɤіɫɧɨʀ ɨɰіɧɤи ɞіяɥьɧɨɫɬі ɨɩɟɪаɬɨɪа авɬɨɦаɬиɡɨваɧɨʀ ɫиɫɬɟɦи ɭɩɪавɥіɧɧя ɬɟɯɧɨ-

ɥɨɝіɱɧиɦ ɩɪɨɰɟɫɨɦ виɪɨɛɧиɰɬва ɝаɡɨɛɟɬɨɧɭ. Аɤɬɭаɥьɧіɫɬь ɞаɧɨʀ ɩɪɨɛɥɟɦи ɨɛɭɦɨвɥɸєɬьɫя ɧɟɨɛɯіɞɧіɫɬɸ вɪаɯɭваɧɧя ɥɸɞɫь-
ɤɨɝɨ ɮаɤɬɨɪа ɩɪи ɪɨɡɪɨɛɰі ɫиɫɬɟɦ ɞаɧɨɝɨ ɬиɩɭ. Ɉɛ’єɤɬ ɞɨɫɥіɞɠɟɧɧя – ɟɪɝɨɧɨɦіɱɧɟ ɬа іɧɠɟɧɟɪɧɨ-ɩɫиɯɨɥɨɝіɱɧɟ ɡаɛɟɡɩɟɱɟɧɧя 
ɞіяɥьɧɨɫɬі ɨɩɟɪаɬɨɪа авɬɨɦаɬиɡɨваɧɨʀ ɫиɫɬɟɦи ɭɩɪавɥіɧɧя ɬɟɯɧɨɥɨɝіɱɧиɦ ɩɪɨɰɟɫɨɦ ɝаɡɨɛɟɬɨɧɧɨɝɨ виɪɨɛɧиɰɬва. ɉɪɟɞɦɟɬ 
ɞɨɫɥіɞɠɟɧɧя – ɦɨɞɟɥі, ɦɟɬɨɞи і ɡаɫɨɛи ɩіɞвиɳɟɧɧя ɟɮɟɤɬивɧɨɫɬі ɞіяɥьɧɨɫɬі ɨɩɟɪаɬɨɪа ɝаɡɨɛɟɬɨɧɧɨɝɨ виɪɨɛɧиɰɬва. 

Ɇɟɬа ɪɨɛɨɬи – ɪɨɡɪɨɛɤа ɦɟɬɨɞɭ, яɤиɣ ɞɨɡвɨɥяє ɩɪɨвɟɫɬи ɟɪɝɨɧɨɦіɱɧɭ ɟɤɫɩɟɪɬиɡɭ ɞіяɥьɧɨɫɬі ɨɩɟɪаɬɨɪа авɬɨɦаɬиɡɨваɧɨʀ 
ɫиɫɬɟɦи ɭɩɪавɥіɧɧя ɬɟɯɧɨɥɨɝіɱɧиɦ ɩɪɨɰɟɫɨɦ ɧа ɨɫɧɨві ɤіɥьɤіɫɧиɯ ɩɨɤаɡɧиɤів ɞаɧɨʀ ɞіяɥьɧɨɫɬі, ɨɬɪиɦаɧиɯ в ɪɟɡɭɥьɬаɬі іɦі-
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ɬаɰіɣɧɨɝɨ ɦɨɞɟɥɸваɧɧя, а ɬаɤɨɠ вɟɪиɮіɤаɰія ɦɟɬɨɞɭ ɧа ɩɪиɤɥаɞі аɧаɥіɡɭ ɞіяɥьɧɨɫɬі ɨɩɟɪаɬɨɪа авɬɨɦаɬиɡɨваɧɨʀ ɫиɫɬɟɦи 
ɞɨɡɭваɧɧя ɦаɬɟɪіаɥів ɞɥя виɝɨɬɨвɥɟɧɧя ɝаɡɨɛɟɬɨɧɭ ɧа ЗАТ «Мɨɬɨɪ ɋіɱ» (Заɩɨɪіɠɠя, Уɤɪаʀɧа). 

Meɬɨɞ. Заɩɪɨɩɨɧɨваɧɨ ɪішɟɧɧя ɪɨɡɝɥяɧɭɬɨʀ ɩɪɨɛɥɟɦи ɭ виɝɥяɞі ɩɨɛɭɞɨви іɦіɬаɰіɣɧɨʀ ɦɨɞɟɥі ɩɪɨɰɟɫɭ ɮɭɧɤɰіɨɧɭваɧɧя 
авɬɨɦаɬиɡɨваɧɨʀ ɫиɫɬɟɦи ɩɪиɝɨɬɭваɧɧя ɝаɡɨɛɟɬɨɧɭ і вɡаєɦɨɞіʀ ɨɩɟɪаɬɨɪа ɡ ваɪіаɧɬɨɦ ɥɸɞиɧɨ-ɦашиɧɧɨɝɨ іɧɬɟɪɮɟɣɫɭ, ɳɨ 
аɧаɥіɡɭєɬьɫя. Ɉɰіɧɤа ɞіяɥьɧɨɫɬі ɨɩɟɪаɬɨɪа ɝɪɭɧɬɭєɬьɫя ɧа ɩɨɪівɧяɥьɧɨɦɭ аɧаɥіɡі ɪɟɡɭɥьɬаɬів ɟɤɫɩɟɪиɦɟɧɬɭ ɡ ввɟɞɟɧɨɸ в 
ɦɨɞɟɥь ɛаɬаɪɟєɸ ɧɨɪɦаɬивɧиɯ ɬа ɝɪаɧиɱɧиɯ ɩɨɤаɡɧиɤів, ɳɨ ɯаɪаɤɬɟɪиɡɭɸɬь ɞіяɥьɧіɫɬь ɨɩɟɪаɬɨɪа. В іɦіɬаɰіɣɧіɣ ɦɨɞɟɥі ɥɸ-
ɞиɧɨ-ɦашиɧɧа ɫиɫɬɟɦа «ɨɩɟɪаɬɨɪ-авɬɨɦаɬиɡɨваɧа ɫиɫɬɟɦа» ɩɪɟɞɫɬавɥɟɧа ɭ виɝɥяɞі ɫиɫɬɟɦи ɦаɫɨвɨɝɨ ɨɛɫɥɭɝɨвɭваɧɧя. 

Рɟзɭɥьɬаɬи. Рɨɡɪɨɛɥɟɧɨ ɦɟɬɨɞ і ɩɪɨɝɪаɦɧɟ ɡаɛɟɡɩɟɱɟɧɧя, ɳɨ ɞɨɡвɨɥяɸɬь ɤіɥьɤіɫɧɨ ɨɰіɧиɬи ɞіяɥьɧіɫɬь ɨɩɟɪаɬɨɪа авɬɨ-
ɦаɬиɡɨваɧɨʀ ɫиɫɬɟɦи ɭɩɪавɥіɧɧя ɬɟɯɧɨɥɨɝіɱɧиɦ ɩɪɨɰɟɫɨɦ ɝаɡɨɛɟɬɨɧɧɨɝɨ виɪɨɛɧиɰɬва. 

Виɫɧɨвɤи. В ɪɨɛɨɬі ɡаɩɪɨɩɨɧɨваɧɨ ɦɟɬɨɞ ɤіɥьɤіɫɧɨʀ ɨɰіɧɤи ɞіяɥьɧɨɫɬі ɨɩɟɪаɬɨɪа ɝаɡɨɛɟɬɨɧɧɨɝɨ виɪɨɛɧиɰɬва ɡаɫɧɨва-
ɧиɣ ɧа ɫɬɨɯаɫɬиɱɧіɣ ɤɨɦɛіɧɨваɧіɣ ɦɨɞɟɥі. Мɨɞɟɥь, ɳɨ ɪɨɡɪɨɛɥяɥаɫя, є ɩɨɞаɥьшиɦ ɪɨɡвиɬɤɨɦ ɤɨɦɛіɧɨваɧɨʀ ɦɨɞɟɥі, ɡаɩɪɨɩɨ-
ɧɨваɧɨʀ авɬɨɪаɦи ɪаɧішɟ. На віɞɦіɧɭ віɞ ɤɨɦɛіɧɨваɧɨʀ ɦɨɞɟɥі, в ɫɬɨɯаɫɬиɱɧіɣ ɤɨɦɛіɧɨваɧіɣ ɦɨɞɟɥі вɪаɯɨваɧі виɩаɞɤɨві 
вɩɥиви ɧа ɫиɫɬɟɦɭ «ɨɩɟɪаɬɨɪ-авɬɨɦаɬиɡɨваɧа ɫиɫɬɟɦа» ɬа ɮɨɪɦаɥіɡɨваɧі ɞіʀ ɨɩɟɪаɬɨɪа ɳɨɞɨ ɭɫɭɧɟɧɧя ɰиɯ вɩɥивів. ɉɪɨвɟ-
ɞɟɧі ɟɤɫɩɟɪиɦɟɧɬи ɩіɞɬвɟɪɞиɥи ɩɪаɰɟɡɞаɬɧіɫɬь ɡаɩɪɨɩɨɧɨваɧɨɝɨ ɦаɬɟɦаɬиɱɧɨɝɨ ɡаɛɟɡɩɟɱɟɧɧя і ɞɨɡвɨɥяɸɬь ɪɟɤɨɦɟɧɞɭваɬи 
ɣɨɝɨ ɞɥя виɤɨɪиɫɬаɧɧя ɧа ɩɪаɤɬиɰі ɩɪи виɪішɟɧɧі ɡавɞаɧь ɨɰіɧɤи ɫɩɨɫɨɛів ɭɩɪавɥіɧɧя ɬɟɯɧɨɥɨɝіɱɧиɦ ɩɪɨɰɟɫɨɦ ɬа ɪіɡɧиɯ 
ваɪіаɧɬів ɩɪɨɬɨɬиɩів ɥɸɞиɧɨ-ɦашиɧɧɨɝɨ іɧɬɟɪɮɟɣɫɭ ɡ ɦɟɬɨɸ ʀɯ ɨɩɬиɦіɡаɰіʀ ɞɥя ɞɨɫяɝɧɟɧɧя ɧɟɨɛɯіɞɧиɯ ɟɮɟɤɬивɧɨɫɬі ɬа 
яɤɨɫɬі ɞіяɥьɧɨɫɬі ɨɩɟɪаɬɨɪа ɝаɡɨɛɟɬɨɧɧɨɝɨ виɪɨɛɧиɰɬва. 

ɄɅЮЧОВІ СɅОВА: іɦіɬаɰіɣɧа ɦɨɞɟɥь, ɦаɬɟɦаɬиɱɧа ɦɨɞɟɥь, ɨɩɟɪаɬɨɪ, ɝаɡɨɛɟɬɨɧ, ɥɸɞиɧɨ-ɦашиɧɧиɣ іɧɬɟɪɮɟɣɫ, ɛаɬа-
ɪɟя ɩɨɤаɡɧиɤів, ɤɨɟɮіɰієɧɬ ɡаваɧɬаɠɟɧɨɫɬі. 
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THE METHOD OF OPERATOR’S ACTIVITY ESTIMATION FOR THE AUTOMATED CONTROL SYSTEM IN 

AERATED CONCRETE PRODUCTION 
Ʉaminska Zh. Ʉ. – Assistant of the Software Tools Department, Zaporizhzhia National Technical University, Zaporizhzhia, Ukraine. 
Serdiuk S. N. – PhD, Associate Professor, Software Tools Department, Zaporizhzhia National Technical University, Zaporizhzhia, Ukraine. 
Kulynych E. Ɇ. – PhD, Associate Professor, Electric Drive and Commercial Plant Automation Department, Zaporizhzhia Na-tional Technical University, Zaporizhzhia, Ukraine.  

ABSTRACT 
Context. The problem of quantitative estimation of the Automated Control System operator’s activity for aerated concrete pro-duction is considered. The relevance of the problem is determined by the need to take into account the human factor in the develop-ment of systems of this type. The research object is the ergonomic and psychological-engineering support in the activity of Auto-mated Control System operator for aerated concrete production. Models, methods and means for increasing the efficiency of the op-erator’s activity are the research subject for a type of the manufacturing considered. 
Objective. The method of conducting an ergonomic examination of the Automated Control System operator’s activity based on quantitative indicators of this activity was proposed as a solution. The quantitative indicators were obtained as the results of a simula-tion. The method verification took place by the example of the analysis of Automated Control System operator’s activity in dosing materials for manufacturing aerated concrete at JSC “Motor Sich” (Zaporizhzhia, Ukraine). 
Method. The solution offered includes the imitation model of Automated Control System operating process for the aerated con-crete preparation and operator’s interaction with the analyzed human-machine interface version. The estimation of the operator’s activity is based on a comparative analysis of the results of an experiment with a battery of regulating and marginal indicators intro-duced into the model as for characterizing the operator’s activities. The “operator-Automated Control System” human-machine sys-tem incorporated into the imitation model is presented as a queuing system. 
Results. The research resulted in software to realize the offered method of quantitative estimation of the Automated Control Sys-tem operator’s activity for aerated concrete production. 
Conclusions. The research proposes the method of quantitative estimation of operator’s activity for aerated concrete production based on a stochastic combined model. Offered model is a further development of the combined model proposed by the authors ear-lier. Unlike the combined model, the stochastic combined model takes into account random effects in the “operator-Automated Con-trol System” system and the operator’s activity formalization to eliminate such impacts. The conducted experiments have proved the operability of the software offered; such software can be recommended to be used while justifying the control methods, different human-machine interface prototypes variants to keep them optimized on criteria of the required efficiency and quality concerning the operator’s activity for aerated concrete production. 
KEYWORDS: imitation model, mathematical model, operator, aerated concrete, human-machine interface, battery of indicators, load factor.  
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ABSTRACT 
Context. A sufficient number of ways to implement vector control algorithms are very complex and in most cases tend to mismatch the vector of the resulting parameters of the control object. Therefore, there is a need to simplify complex non-linear vector control systems and apply linear dynamic models of a non-linear object with vector control for them. Currently, for a complex vector control system, there are no sufficiently accurate equivalent simple models. Development of reliable simple dynamic models will allow to design a vector control system with maximum use of linear methods of synthesis and analysis. 
Objective. The goal of the paper is development of linear dynamic model of a non-linear object with vector control, which reproduces its dynamics accurately enough for practice. 
Method. The following methods were used to solve the problems posed: the state space method for describing the operation of control systems; filtering theory, in particular, observers for estimation state vectors, uncertainties, and parameter identification; modal control methods for the synthesis of observers and regulators; numerical simulation method to illustrate the performance of synthesized control systems; vector control of a nonlinear object. 
Results. For the investigated robust vector control system of the object with a substantial non-linearity of properties and characteristics, simple linear equivalent mathematical models were compiled, rather accurately reproducing the operation of the original system in all modes of operation. Simplification of mathematical models is achieved by considering the dynamics of the entire system in a synchronous basis, robust methods for controlling parameters, and by neglecting really small errors in the work of regulators and observers. The synthesized models, as well as the original nonlinear system, have the property of robustness due to the use of combined control. 
Conclusions. The simplicity and linearity of the equivalent system allows us to synthesize the control laws of the original nonlinear system by well-developed linear methods with significantly less time spent on modeling. Numerical simulation of the dynamics of the original nonlinear and equivalent linear systems showed a good agreement between transient and stationary processes. 
KEYWORDS: model, linearity, control, observer, robustness. 

 
ABBREVIATIONS IM is an Induction Motor; VCis a Vector Control; HACS is High-tech Automated Control System; EMD is an Electric Motor Device; CD is a Converting Device; ACS is an Automatic Control System; EM is an Executive Device; CO is a control object; TS is a Technological System; PSS is a Power Supply System; S is a Source;  ES is an Elastic System; FC is a Frequency Converter; PWM is a Pulse-Width Modulation; CTC is a Combined Torque Controller; CCC is a Combined Current Controller. 

 
NOMENCLATURE 

αβi  is a vector of parameters of currents reduced to basis ),( βα ; αβu  is a vector of parameters of volteges reduced to basis ),( βα ; 
pi  is a program value of the current parameter; «^» is a symbol for evaluating the corresponding variables, 0ω  is a parameter of the vector velocity flux linkage ψ  in the bases ),( βα ; 
ϑ  is a rotation angle of the working body of the control object; 
ω  is a speed parameter; 

pω  is a program speed parameter; 0m  is a desired parameter of the electromagnetic moment of the control object; 
m  is a parameter of the electromagnetic moment of the control object; 

p
m  is a program parameter of the electromagnetic moment of the control object; 
dqpi
G  is a vector of the program current parameters written in synchronous basis ( ),d q ; 
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dqpuG  is a vectors of the program voltage parameters written in the synchronous basis ( ),d q ; 
pu  is a programmatic signal corresponding to the desired input parameters voltage of the control object; 

u  is a voltage parameter of the control object; 
ml is a load moment parameter of the control object; 
mf is a parameter of the friction point of the control object;  
I is a parameter of the rotor inertia moment of the control object; 

dψ  is a parameter of the vector flux module of the control object; 
n is a constructive parameter of the number pairs poles of the management object; 

sL  is a stator inductance parameters of the control object; 
rL  is a rotor inductance parameters of the control object; 
mL  is a parameters of the mutual inductance of the stator and the rotor of the control object; 
rT  is a rotor time constant parameter of the control object; 
sR  is a parameter of stator resistance of the control object; 
rR  is a parameter of rotor resistance of the control object; 0sR  is a parameter of the nominal value stator resistance of the control object; 0rR  is a parameter of the nominal value rotor resistance of the control object; 

ϑ  is a parameter of the rotor movement of the control object; 
р

ϑ  is a program parameter of the rotor movement of the control object; 
I0 is a deterministic part of the current parameter of the control object; 
m0 is a deterministic part of the electric moment parameter of the control object; 
Lm0 is a deterministic part of the mutual inductance parameter of the control object; 
Lr0 is a deterministic part of the rotor inductance parameter of the control object; 
Jδ is an unknown error of the moment inertia value of the control object; 
mδ is an unknown error of the electric moment value of the control object; 
Lmδ is an unknown error of the mutual inductance value of the control object; 
Lrδ is an unknown error of the rotor inductance value of the control object; 
σ  is a scattering coefficient;  
p  is a differentiation operator (subscript p indicates program value);  1k  is a transmission coefficient of FC wich taking into account changes in voltage parameters;  

Rsδ is a value error of the parameter stator resistance of the control object; 
k1δ is a transfer coefficient error; 

Lsδ is a value error of the stator inductance parameter of the control object; 
qG  is a vector of constant coefficients; 
ψ̂  is an estimation of the rotor flux vector of the control object; *ψ̂  is an estimation of the program rotor flux vector of the control object; 
αβ

e  is a projection EMF of the control object; 0e  is a nominal value of the stator EMF vector of the control object; 
δ

ê  is an error estimation of the stator emf vector of the control object; 
l
G  is a vector of constant transmission coefficients of the observer, defining its characteristics; 
ωsl is a sliding of the control object; 
α  is a temperature coefficient of the control object.  

 
INTRODUCTION The problem of control uncertain objects is one of the most common tasks of the control theory . A special place in the class of controlled systems is occupied by objects, the dynamic processes in which are described by nonlinear differential equations. Due to the large variety of nonlinear functions, included in the mathematical models of such objects, individual approaches are used in the design of control systems. For the most part, approaches and methods based on the direct Lyapunov method [1], the differential-geometric theory of differential equations [2–4] and the theory of constructing equivalent mathematical models are used to solve this problem, which makes it possible to transform the output nonlinear equations into simpler and sometimes even in linear [5]. This makes it possible to simplify the processes of analysis and synthesis of control systems, as well as to apply previously developed design methods. It is advisable to develop such models on the most complex non-linear objects of control, for example, IM [6, 7]. IM is the most common type of electric motors. Its application is most widely used in the control systems of elevators, industrial machines, machine tools, cranes, escalators, locomotives, etc. IM differs from other types of engines with ease of maintenance, low cost, high reliability, the ability to work in aggressive environments [6, 7]. IM, due to their complex dynamics, was originally intended for unregulated control. The development of electric power transformer and computer technology has created the prerequisites for the development of IM control systems, which potentially will not be yield to DC motors in terms of quality control. The behavior of IM is by nature very nonlinear [8], therefore, in order to ensure a high ratio of productivity and cost, it is necessary to develop advanced control methods [9]. New principles of control of IM, as an executive body, consider electromagnetic processes not in the traditional coordinate system, but in that which is associated with any physical 
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vector. Therefore, the principle of control is called “vector control” [10]. This control method allows using IM to obtain the same quality indices as DC motors. Achieved accuracy and dynamic characteristics of modern IM are provided due to complex nonlinear control algorithms, which complicates the control of complex objects. Under complex objects, for example, are understood mechanical systems consisting of solids with unknown mass-inertial characteristics, interconnected by elastic bonds, prone to external unknown effects [11]. Such systems may include antenna control systems for radars, metalworking machines, sighting systems for small arms, mounted on moving objects, etc. The development of complex object control systems is complicated by the interaction of two complex dynamic processes occurring in an object with VC and in a technological object. This complexity, first of all, is due to numerous nonlinearities in the mathematical model of the control object on the basis of VC. Therefore, the issue of developing simplified models of nonlinear objects, in particular IM, is an actual issue. 

The object of study is the process of vector control of an object with complex nonlinear interconnections of parameters and characteristics. 
The subject of study is a model of a non-linear object with vector control. 
The purpose of the work is to develop a linear dynamic model of a non-linear object with vector control, which reproduces its dynamics with an accuracy sufficient for practice.  

1 PROBLEM STATEMENT Generalized HACS is a complex set of structural non-linear elements: EMD, CD, ACS, ED, CO. HACS is intended to bring the working body of TS into motion and control this movement according to the prescribed law. Improving the quality and production of technological equipment is associated with the prevailing development and improvement of HACS and its controlnsystem [12]. At the same time, the properties of HACS (Fig. 1) are determined by the interrelated characteristics of the elements that form its subsystems (mechanical, electrical and magnetic) [13]. PSS includes the following derivative elements: power source, regulating and matching devices, rechargeable batteries or other alternative sources. The choice of S is carried out depending on the purpose of HACS in general, solved tasks in the technological process of automated production, the feasibility study of the choice of the S type at the stage of the technical proposal during designig of HACS. CD serves for converting electric current and voltage: alternating current into a constant, direct current into alternating; alternating current of one frequency in alternating current of another frequency; low constant voltage to high constant voltage.  
 Figure 1 – Generalized functional scheme of HACS construction  EMD serves to convert electrical energy into mechanical to influence the CO. In other words, the EMD must develop a driving force: a driving moment or a mechanical effort transmitted to the S, that is, to perform the functions of the ED for the movement of the working body in accordance with the prescribed law of control. Under OC it is necessary to understand the unit of technological equipment, as a result of which the shape of the initial workpiece changes, its position or physical properties. In the automated production, complex technological complexes are used to provide processing of the workpiece, dimensional control, transportation and storage of the product. This can involve various machines, automatic tool changers and products, automatic drives and specialized manipulation systems (including industrial robots). Each OC, in its turn, is a constructive module that provides the possibility of a necessary coordinate movement (for example, a cutting tool) with respect to the product being manufactured in ES of OC. Under ES of OC means a set of all nodes and mechanisms that make up the casing of the fixed part (carrier system) and EM drives. Executive mechanisms directly provide relative movements of working bodies, and their dynamic properties significantly affect the output characteristics of the HACS. The generalized structure of HACS (Fig. 1) is the basis for developing a linear dynamic model of an object with vector control. In this case, it is necessary to take into account the limitations imposed by EM and OC parameters on the operation of HACS and energy and technology parameters of OC.  

2 REVIEW OF THE LITERATURE In [14, 15], the general theoretical solution of VC algorithm synthesis by the moment and the flux parameter of IM is presented with an indirect orientation along the vector of the stator flux parameter of the stator, which guarantees global asymptotic testing of the moment parameter and the flux parameter of the stator IM. The control obtained on the basis of the principle of passivity is open with respect to the coordinates of the magnetic subsystem of the object determines its high sensitivity to parametric perturbations. 
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In [16,17], a criterion was proposed for maximizing the ratio of control parameters of current and moment of IM based on a mathematical model of the control object, which takes into account the nonlinearity properties of IM. Using of this criterion in vector control algorithms made it possible to ensure asymptotic testing of specified trajectories of current parameter changes with maximization of the ratio of current and moment parameters, regardless of the location of the operating point of the function, which reflects the nonlinearity of IM parameters. The well-known algorithm of indirect vector control with orientation on the rotor flux linkage vector [18–19] is based on the standard mathematical model of IM. This algorithm provides an asymptotic orientation along the vector of the rotor flux linkage parameter, and also guarantees the asymptotic refinement of a given trajectory of the torque parameter of the control object. For the operation of the algorithm, the necessary condition is to measure the output variables of IM, namely the parameters of the stator currents and the angular velocity of the rotor. The well-known algorithm vector control of IM moment based on the concept of dynamic linearization of feedback on the measured output in the conditions of direct (based on observers) field orientation [20–24]. This algorithm provides asymptotic testing of specified trajectories of IM moment parameter while maximizing the relationship between the torque parameters and IM current, improves efficiency and reduces losses in the control object. There is an algorithm for frequency control of the torque parameter of the control object of IM [25–27]. The control quality indicators of this algorithm are somewhat worse than in the previous two [25–27]. A sufficient number of ways to implement vector control algorithms are very complex and in most cases tend to mismatch the vector of the resulting parameters of the control object. Therefore, there is a need to simplify complex non-linear vector control systems and apply linear dynamic models of a non-linear object with vector control for them. Currently, for a complex vector control system, there are no sufficiently accurate equivalent simple models. Development of reliable simple dynamic models will allow to design a vector control system with maximum use of linear methods of synthesis and analysis.  

3 MATERIALS AND METHODS The basis is a generalized functional scheme of vector control, which is shown in Fig. 2.  Simplification of the scheme occurs due to the following blocks: «Optimizer» is a shaper of optimal program parameters, minimizes the resulting parameter of the economy of the control object. The regulator is also built on the combined principle and consists of an observer of uncertainty and the laws of the formation of the transient characteristics of the parameters of the control object.  
 Figure 2 – Functional scheme of the object with vector control  “Observers, identifiers” is the most complex and computationally voluminous block of the control system. In this block variables are calculated, which largely determine the properties and quality indicators of the control system. The equations of motion of the rotor and the formation of the parameter of the electromagnetic moment m [11] are considered.    ,l fI m m mϑ = + +��  (1)  ,m

d q
r

Lm n i
L

= ψ  (2)  .r d d m dT L iψ +ψ =�  (3)  In equation (1), т, mf , ml and Iϑ��  are non-linear (in the case when I is an unknown and variable reduced parameter of the inertia moment). From the expression (2) it can be seen that the same parameter of the electromagnetic moment can be created with a multitude of combinations dψ  and qi  that can cause the appearance of different values of the energy efficiency parameter. Among these combinations is the combination with the minimum value that should be used. In the well-known VC of IM schemes, automatic minimization of the energy efficiency parameter is not carried out, but constant adjustment is made to the most probable load parameter. As can be seen from expressions (2) and (3), the accuracy of the calculation m depends on the accuracy of knowledge of Lm, Lr and Tr. Since the inaccurately calculated value m is fed to the input of the torque parameter controller, the program parameter of the current 
iqp, and, consequently, the parameter of the electromagnetic moment are formed with an error. 

Note. PI-controller, that used in known systems, is able to compensate for only the constant components of the disturbances mf , ml included in equations (1). PI-controller is completely unable to compensate for errors in control, 
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which arise due to inaccuracies in the knowledge of the inertia moment parameter, and variable disturbances. Moreover, in case of positional control with PI-controller, the deviation of the inertia moment parameter from its calculated value can lead to instability of motion. It should be noted that, in the general case, all the parameters and effects on the rotor control object which entering into equations (1)–(3) are unknown. Below it is shown how, under the conditions of the specified uncertainty, it is possible to ensure high accuracy, preset indicators of the quality of transient processes and a minimum of the energy efficiency parameter. According to [11], to compensate for the influence of uncertainties, it is assumed that ml, mf, Tr are unknown, and the parameters of the system are not precisely known, and 0 00 0, ,, .m m m r r r

I I I m m m
L L L L L L

δ δ

δ δ

= + = +

= + = +
  (4)  For Lm0, Lr0, the values of the inductance parameter on the linear part of the nonlinear function are taken as nominal values. According to (2), (3) can be written   ( )1 .m r m d r d qm nL L L i T i−= − ψ�  (5)  A serious problem standing in the way of system optimization in dynamic modes is the large unknown time constant Tr in (3) and (5). For the purpose of compensation, as well as compensation for the influence of uncertainties, the nominal electromagnetic moment is taken as a parameter   2 10 0 0 .m r d qm nL L i i−=  (6)  In this case, taking into account (4)–(6), equation (1) can be given the form   0 0 ,mI m fϑ = +��  (7)  where the uncertainty is   ( )1 , , , , .m l f m r r d d qf m m m I f L L T i iδ δ δ δ= + + − ϑ+ ψ�� �  (8)  Equation (7) is an equation of a fully deterministic object with nominal parameters, subject to the total uncertainty fm. The task of ensuring the robustness and accuracy of the equation is to estimate the uncertainty of 

fm and its compensation at the expense of a special addend in the control law. Uncertainty estimated by observer   0 0( )z k z m kI= − + + ϑ�� , 0ˆ
mf z kI= + ϑ� . (9)  To compensate for the effect of uncertainty, a combined control law is specified in   0 00 ˆ .mm m f= −   (10) Substitution (10) in (7) gives   0 00 ˆ

m mI m f fϑ = + −�� .   (11) 
With a sufficiently accurate estimate f̂  of the uncertainty f, instead of equation (11), we can assume   0 00I mϑ =�� .         (12)  The law of positional control is given in the form   00 0 1 0( ) ( )p p pm k k I= − ϑ−ϑ − ϑ−ϑ + ϑ� � �� . (13)  When controlling only speed, the following control law is adopted:   00 0 1 0( ) ( )p p pm k k dt I= − ω−ω − ω−ω + ω∫ � , (14)  where ω= ϑ�  and p pω = ϑ� . The integral part in the regulator (14) is intended only for the formation of a given type of transient characteristic. Astatism of the system is provided by the compensating part m̂f  in the control law (10) When working with the limiting parameter of the stator current of the control object, a simplified control law is recommended to avoid overshooting.   00 0 0( )p pm k I= − ω−ω + ω� . (14′)  By determining the coefficients ko, k1, you can set the necessary indicators of the transients quality. From (6)–(8), (10), (12) it follows that the electromagnetic moment parameter is robust to all parameters included in (8), as well as to a change in the parameter of the rotor flux module. With an accurate assessment of variables and accurate formation of stator currents in accordance with their program values ( ,d dp q qpi i i i= = ) and in case of failure to achieve current and voltage parameters and their limitations, the system will behave as linear with given transient quality indicators regardless of disturbances and spread of electric drive parameters. By minimizing the energy efficiency parameter, the following expressions were found for the optimal (program) parameter values of the components of the stator current vector [9, 10]:  2 04 004 02 0 ,signs r mr

d p
s m

s
q p
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mR R Li
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mRi m
nLR R L

+
=

=
+

,          (15)  The parameters Rs i Rr, which are in (15), due to the temperature change can vary in wide limits. At the time when the time comes for changes in temperature and static resistance, proportions must be taken into account. Therefore, instead of the expression (15) you can imagine 
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 (16)  The optimality of the program values of the stator currents parameters is preserved with all the variations of other parameters. At the same time, the ratio between program currents is remarkable in simplicity:   2 0 001 sign ,d p r
mr

q p s

i RL m
i R

= +  (17)  from which it follows 1 constd p q pi i− = . The value of the program parameter of the magnetizing current d pi  is determined by the first expression in (24). Then the program parameter of the torque current iqp from the relation (6) is determined by the expression   0 02 0 .r
q p

m d p

m Li
nL i

=  (18)  Expressions (16), (18) are generally non-linear. For linearization, one has to optimize the energy efficiency parameter for one most typical case 0m  (this is done in all known vector control systems). In this case d pi  will be constant, and d pi  according to (18) it will have only one variable 0m , on which it will depend linearly. Fig. 3 shows a block diagram of an electromagnetic torque parameter controller and a shaper for program parameters of stator currents using a combined torque parameter controller.  Figure 3 – The block diagram of the parameter regulator of the electromagnetic moment and the program parameters shaper of the stator currents:  1 – block forming the type of transient response m00 (14), 2 – block forming the uncertainty observer m̂f  (9), 3 – block limiting the value of the parameter of the electromagnetic moment m0, 4-block extracting the square root, 5 – block forming the optimal program parameter of the magnetizing current (16 ), 6 – block forming of the numerator of expression (25), 7 – block forming of the program parameter of the torque current (18), 8 – block of switching according to the optimal parameter of magnetization to a predetermined program parameter of magnetization  
The upper key position is intended for operation in modes with fast and frequent changes in the rotor speed (with the key in the upper position, the program current is set constant). Blocks 1–2 serve to provide robustness, and blocks 3–7 are designed to minimize the energy efficiency parameter. Blok 8 switches the modes described above. Since the block 7 is non-linear when d pi  is changed, to eliminate non-linearity, we will consider the case when 

d pi = const. One of the main components of the described system and all known systems VC of IM is the chain of formation of program voltage parameters. The study of VC IM showed that in the dynamics of the system can distinguish slow and fast processes. Slow processes take place in control loops for speed, flow coupling, parameter identification, and engine speed estimation. Loops of control current parameters have fast dynamics . This gives grounds to investigate the contours of the currents, regardless of slow processes. A lot of works have been devoted to the design of current circuit regulators in IM. Currently, PI-regulators installed in parts of both contours of the current parameter vector (torque current and magnetization current) described by the equations in the synchronous basis related to the rotor flux coupling parameter are most widely used as current parameter regulators. In closed current circuits with PI-controllers, it is necessary to find a compromise between speed response, accuracy on the one hand, and overshoot on the other, with the result that the speed of current circuits is limited. Uncertainties of the control object significantly degrade the dynamic characteristics of current circuits with PI controllers. In addition, non-linear cross-links exist between the current circuits. In systems with PI-regulators, to eliminate the effect of cross-links, it is necessary to introduce compensating non-linear cross-links that impede the control algorithm. In [10], a new principle of current loop control was proposed and investigated, which is used by CCC, which provide independent optimization of speed and accuracy on the one hand, and overshoot on the other hand, in conditions of uncertainty parameters of control objects in the presence of uncertain crosslinks. The control objects in a synchronous basis with a sufficient degree of accuracy for this task can be described by an amplifying link with an unknown gain koeficient k1. The effect of unknown causes of changes in voltage parameters, the voltage drop across the transistors of FC, the delay in their opening and closing, as well as the effect of “dead” time can be taken into account by the deviation of k1 from its nominal value. As shown in [10], analog filters with compensators will well eliminate noise caused by PWM and do not distort the phases and amplitudes of the main harmonics. This means that when considering processes in a synchronous basis, the influence of filters will manifest itself only in the form of noise suppression. The operation of the control object in 
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the synchronous basis is described by the following nonlinear system of equations [11]:   ,r d d m dT p L iψ = −ψ +  (19) 0 ,s dq s dq s dq dqL p i R i L Ji e uσ = − − ω σ − +  (20)  0 ,m r m re L J L p= ω ψ + ψ  (21)  1 ,dq pu k u=  (22) 2, 1 , , ,, , ,0 0 1, .1 0m m sr
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(23)  Since r sT T ′>> , then in (20), (21) we can assume constψ = . Each matrix equation (19)–(22) corresponds to two scalar equations. Due to the skew-symmetric matrix J between these equations, there are cross-links that degrade the dynamics and complicate the synthesis of the control system. The resistances Rs and Rr, and, consequently, '
sT  and rT  as a result of a change in the temperature parameter of the control object can significantly change and assume unknown values, significantly influencing the dynamics of the contours. The components in equations (20), (21), proportional to J, make these equations nonlinear. System (19)–(22) does not take into account the influence of nonlinear blocks 2 and 8 for two reasons: 1) these blocks are described by algebraic equations, which do not give a delay for sufficiently small counting cycles, 2) possible inaccuracies of calculations in these blocks will be part of uncertainties and compensated with them.  

4 EXPERIMENTS In [11], a robust per-channel decomposed control system was synthesized, which has a large response rate compared to the system with PI-controllers in the absence of overshoot. Let be Rs0, k10, Ls0 – nominal values of the corresponding parameters, аnd   0 , 1 10 1 0, .s s s s s sR R R k k k L L Lδ δ δ− = − = − =   (24)  Following the works [8, 11], system (19)–(23) is represented as a nominal model, on which the uncertainty vector fi acts, namely,   001 ( ),= − + +
′ p i

s

pi i k u f
T

   (25)  10 10 0( ) ,sk k L −= σ  (26)  110 1 0( ).i p s s sf k k u e L Ji R i piL−
δ δ δ= − − ω σ − −  (27) All coefficients and variables in (25), (26) with the exception of pi and fi are considered known. 

The task is to clean the signal i from the ripples remaining after filtering due to PWM, estimate fi and compensate it in the controller. The scalar equations corresponding to the vector equation (25) are interconnected through fi. When compensating, the equations will be solved and the uncertainties will not affect the dynamics of the contours. An independent control is built for each current loop. Therefore, in the following, we will consider scalar equations for the parameters of the magnetization current and the moment current, which coincide in form with (25), namely,   10 0( ) ( )s p ipi T i k u f−′= − + +  (28)  with measurement  .y i=  (29)  The observer for evaluating i and fi is   10 0 1ˆˆ ˆ ˆ( ) ( ) ( ),s p ipi T i k u f l i i−′= − + + + −   (30)  2ˆ ˆ( ).ipf l i i= −  (31)  System (30), (31) is linear with constant coefficients, the speed of which can be set by any. The combined current loop controller will be presented in the form   1 1 10 0 0 1 2 ˆˆ( ) ( )( ) .p p s p p iu k pi k T i q q p i i f− − −′= + − + − −  (32)  
Note. The integral part in the regulator (32) is intended only for the formation of the desired type of transient response. The astatism of the system is provided by the compensating part fi. Substituting (32) into (28) with regard to the relations    ˆˆ , ,i i ii i i f f f= + = + ��  (33)  gives the dynamics equations of the controlled current loop 1 10 0 1 2( ) ( ) ( ) ( )( ) .p s p p ip i i T i i k q q p i i i f− −⎡ ⎤′− = − − − + − + −⎣ ⎦

��  (34)  With the right choice of observer parameters, the variables , ii f��  tend to zero over time. In this case, the equation of dynamics and current regulators take the form  1 10 0 1 2( ) ( ) ( ) ( ),p s pp i i T k q q p i i− −⎡ ⎤′− = − + + −⎣ ⎦  (35)      1 1 10 0 0 1 2( ) ( )( ).p p s p pu k pi k T i q q p i i− − −′= + − + −   (36)  Under the simplified control law and the exact work of the observer, analogous equations will have the form   10 0 1( ) ( ),s ppi T k q i i−⎡ ⎤′= − + −⎣ ⎦  (37)  10 0 1( ) ( ).p s p pu k T i q i i−′= − −  (38) 
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In the full system, taking into account the dynamics of the observer and the controller, equations (35), (37) are used to select controller parameters. In the developed linear system, these equations will describe the operation of the current loop. The transfer function of the complete system (35) is equal to one, the simplified system is   10 0 110 0 1( )( ) .( )s

p s

T k qiW p
i p T k q

−

−

′ +
= =

⎡ ⎤′+ +⎣ ⎦
 (39)  Attention should be paid to the fact that the operation of the current circuits does not depend on the imperfections included in the uncertainty vector (27), namely: 1) a sharp change in the voltage parameters of the supply network; 2) all errors of the frequency converter (resistances of keys, delays in their opening and closing, dead time); 3) cross-connections between the parameters of the torque and magnetizing current contours; 4) changes in parameters (including temperature) resistances of the circuits 5) changes in the parameters of the circuits inductances, due to the non-linearity of the control object. As shown by the numerical simulation of a complete non-linear model of current loop control systems as part of VC, taking into account the worst combination of uncertainties [8], models (35) and (37) reproduce the control process in both loops with high accuracy, ensuring the time of the transition process current parameters idp, 

iqp, which does not exceed 0.001–0.003 s. (Transition time can be set and guaranteed in advance). From the expression (6) follows: the nominal parameter of the electromagnetic moment m0 is proportional to the product idiq. To eliminate this non-linearity, it is customary to fix the values of the magnetizing current parameter by setting idp = const, as a result of which the torque program parameter of the current is determined by expression (18). Based on the above, id = idp = const will be relied upon. In a simplified system, which provides for the ideal work of observers of uncertainties and their compensation, equation (35), (37) describe the operation of a closed loop of current. With positional control, the displacement, by which the velocity can be calculated, is measured or calculated on a mandatory basis. In this case, the same method can be used to estimate the speed, both in the original nonlinear and in the equivalent linear system. The problem occurs when controlling speed in the absence of information about speed and movement. In the monograph [11], several methods for estimating velocities are considered. Unfortunately, among the known methods, no methods were found that could be used in the developed equivalent linear system. Therefore, in a linear system, the velocity will be considered known. In this regard, there is no need to estimate the parameters of the stator and rotor resistances. Therefore, the following are 
methods for estimating velocities and resistances used in the original nonlinear system. In a complete (non-linear) system, the synchronous speed parameter is estimated from the dependence [11]   o 2 2ˆ ˆˆ .ˆ ˆe eα β β α

α β

ψ −ψ
ω =

ψ +ψ
 (40)  The estimation of the flux linkage parameter is performed with the help of an observer recorded in a vector form in a winding basis [11]   ( )0 1ˆ ˆˆp e e l ∗

δψ = + + ψ − ψ , (41)  ( )2 ˆˆ .pe l ∗
δ = ψ −ψ  (42)  The rotor speed parameter is determined by the expression   0 s l
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ω = = . (44)  The stator resistance parameter is estimated using an observer with a transfer coefficient sl [8]   2 2 2 00 012 T
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⎡ ⎤⎛ ⎞= + σ − + +ω⎜ ⎟⎢ ⎥⎝ ⎠ ⎦⎣
� ,(45)  21ˆ 2s s s s dq pR z l L iδ = + σ , (46)  0 ˆs s sR R R δ= + . (47)  To estimate the rotor resistance parameter, we will use its connection with the stator resistance parameter, due to the interrelation of the rotor and stator temperature parameters, as indicated in [8].   ( )10 0ˆ ˆ .r r s sR R R R−=  (49)  In the proposed VC system, the present parameter of rotor resistance is included only in expression (45). Estimation of the temperature of the stator Tts and the rotor Ttr can be done by dependencies  ( )1 10 0ˆ ˆ ˆ ˆ1 ,ts s s tr tsT T R R T T− −= + − α = . (50)  Fig. 4 shows a block diagram of a linearized system of VC IM , which consists of the circuit of the torque current and the dynamics of the mechanical part of the system. Block 3 (Fig. 4) takes into account the limitations of the current parameter in the original system. The element in the feedback takes into account the possible time lag that occurs when estimating the speed in the original nonlinear system. The transfer function of the inertial link in a straight chain is equal to the function in (39). As can be seen in the figure 4, the block diagram of the linearized system VC IM is simpler than the block diagram of a DC motor of independent excitation (there is no EMF circuit).  
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 Figure 4 – Block diagram of the linearized system VC AD: 1 – block forming the type of transition characteristics m00 (14), 2 – block forming of uncertainty observer m̂f  (9), 3 – limiting block of electromagnetic moment parameter value m0,  The linearization of the original nonlinear indefinite system was carried out by applying robust control methods that compensate for uncertainties. Therefore, all the parameters of the scheme, except for the given moment of rotor inertia and the load, are reliably known and are set in advance. A simulation of a complete non-linear system of equations was carried out, which corresponds to Fig. 2, and the linear system of equations, corresponds to Fig. 4 using the graphic extension package MATLAB for system SimuLink. At achievement of steady speeds the load was put and removed. At positive speeds, IM worked in the motor mode, and at negative speeds – in the generator mode.  

5 RESULTS In Fig. 5–11, the processes obtained by simulating a complete non-linear system of equations (index n) and a linear system of equations (index l) are compared. As seen in Fig. 5 and Fig. 6, in all modes of operation: acceleration, stabilization of speed under load in the motor and generator modes and without load, reverse and stabilization of zero speed, the vector control system provides good tracking of a given trajectory. Fig. 7 shows the change in the parameters of the magnetizing and moment currents during the operation cyclogram corresponding to Fig. 5. Fig. 8 illustrates the zero-speed stabilization process with no load and under load from 0.25 s. to 3 seconds. At the time point of 1.25 s, the voltage dropped by 30%, and by 2 s. tension recovered. In Fig. 9 shows a fragment of the process shown in Fig. 8.  As follows from Fig. 5–9, overload, load shedding, failure and recovery of voltage only briefly violate the stabilization of a given speed. The system is astatic with respect to the specified actions. All of the above applies to the original nonlinear system. The linear model, operating independently, reproduces with high accuracy the change in both currents and speeds at all points in time, except for moments of voltage sudden change. The above confirms the ability to develop algorithms for vector management of IM with a nonlinear model, working with a linear model. Herewith you can use well-designed simple linear methods. Modeling processes using a linear model requires an order of magnitude less time than modeling a complete model. To predict the 
behavior of the nonlinear system when the reduced moment of rotor  inertia changes in Fig. 10 and 11, 3 simultaneously simulated processes are shown: with nominal moment of inertia (curves with index 1), 2 times larger (curves with index 2) and 2 times smaller (curves with index 3). The simulation results of the linear system indicate the robustness of the nonlinear system with respect to the change in the reduced moment of IM rotor inertia.  

 Figure 5 – Engine Speed  Figure 6 – Engine speed at acceleration up to 150 rad/s  
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Figure 7 – Magnetizing and torque currents  Figure 8 – Zero speed stabilization  Figure 9 – System reaction at the voltage drop at zero-velocity stabilization  

6 DISCUSSION For the system of VC AD with a non-linear mathematical model, a simple equivalent mathematical model is compiled that describes the operation of the initial system in all operating modes quite accurately. The equivalent system preserves the robustness of the original system with respect to the inaccuracy of knowing the parameters of the  reduced  
 Figure 10 – Motor speed at various moments of inertia  
 Figure 11 – Magnetizing motor currents at different moments of inertia 

 moment of rotor inertia, load, friction, resistance of the stator and rotor, inaccuracy formation of the electromagnetic moment, voltage spikes, all errors of the frequency converter (resistances of keys, delays of their opening and closing, dead time, nonlinearity of the equivalent characteristic), cross-links between the torque and magnetizing circuits of the current. The simplicity and linearity of the equivalent system allows us to synthesize the control laws of the original nonlinear system by well-developed linear methods with significantly less time spent on modeling. This is especially important when developing control systems for complex dynamic objects using induction motors. Numerical simulation of the dynamics of the original nonlinear and equivalent linear systems showed a good agreement between transient and stationary processes. Developed linear control methods with small modifications can be applied to control using DC motors and synchronous motors.  
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CONCLUSIONS 

1. The scientific novelty of obtained results: – for the robust system under study of vector control of an object with a substantial non-linearity of properties and characteristics, simple equivalent models were compiled that fairly accurately reproduce the operation of the original system in all modes of operation. Simplification of models is achieved by considering the dynamics of the entire system in a synchronous basis, robust methods of controlling the parameters of currents and by neglecting really small errors in the work of regulators and observers of current circuit; – synthesized models, as well as the original nonlinear system, have the property of robustness due to the use of combined control, as the whole drive, and current circuits. Due to this, equivalent systems, as well as the original, retain the robustness property in relation to – inaccuracies of parameters knowledge of the given moment of rotor inertia, load, friction; – inaccuracies in the formation of the electromagnetic moment; – to all errors of the frequency converter (resistances of keys, lateness of their opening and closing, dead time); – cross-connections between the torque and magnetizing circuits of currents; – changes (including temperature) resistance contours; – changes in the inductance of the circuits, due to the magnetization curve; – power surges. 
2. The practical significance of obtained results. The simplicity and linearity of the equivalent system allows us to synthesize the control laws of the original nonlinear system by well-developed linear methods with significantly less time spent on modeling. The obtained results confirm that the linearized vector-controlled object model can be used to control of IM.  
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АɇОɌАɐІə 

Аɤɬɭаɥьɧіɫɬь. Дɨɫɬаɬɧя ɤіɥьɤіɫɬь ɫɩɨɫɨɛів ɪɟаɥіɡаɰіʀ аɥɝɨɪиɬɦів вɟɤɬɨɪɧɨɝɨ ɤɟɪɭваɧɧя є ɞɭɠɟ ɫɤɥаɞɧиɦи ɬа ɭ ɛіɥьшɨɫɬі 
виɩаɞɤів ɦаɸɬь ɫɯиɥьɧіɫɬь ɞɨ ɧɟɡɛіɠɧɨɫɬі вɟɤɬɨɪɭ ɪɟɡɭɥьɬɭɸɱиɯ ɩаɪаɦɟɬɪів ɨɛ’єɤɬɭ ɤɟɪɭваɧɧя. Тɨɦɭ іɫɧɭє ɩɨɬɪɟɛа ɭ 
ɫɩɪɨɳɟɧɧі ɫɤɥаɞɧиɯ ɧɟɥіɧіɣɧиɯ ɫиɫɬɟɦи вɟɤɬɨɪɧɨɝɨ ɤɟɪɭваɧɧя ɬа ɡаɫɬɨɫɭваɧɧя ɞɥя ɧиɯ ɥіɧіɣɧиɯ ɞиɧаɦіɱɧиɯ ɦɨɞɟɥɟɣ 
ɧɟɥіɧіɣɧɨɝɨ ɨɛ’єɤɬа ɡ вɟɤɬɨɪɧиɦ ɤɟɪɭваɧɧяɦ. В ɞаɧиɣ ɱаɫ ɞɥя ɫɤɥаɞɧɨʀ ɫиɫɬɟɦи вɟɤɬɨɪɧɨɝɨ ɤɟɪɭваɧɧя віɞɫɭɬɧі ɞɨɫиɬь ɬɨɱɧі 
ɟɤвіваɥɟɧɬɧі ɩɪɨɫɬі ɦɨɞɟɥі. Рɨɡɪɨɛɤа ɧаɞіɣɧиɯ ɩɪɨɫɬиɯ ɞиɧаɦіɱɧиɯ ɦɨɞɟɥɟɣ ɞɨɡвɨɥиɬь ɩɪɨɟɤɬɭваɬи вɟɤɬɨɪɧɭ ɫиɫɬɟɦɭ 
ɤɟɪɭваɧɧя ɡ ɦаɤɫиɦаɥьɧиɦ виɤɨɪиɫɬаɧɧяɦ ɥіɧіɣɧиɯ ɦɟɬɨɞів ɫиɧɬɟɡɭ ɬа аɧаɥіɡɭ. 

Ɇɟɬа ɫɬаɬɬі – ɪɨɡɪɨɛɤа ɥіɧіɣɧɨʀ ɞиɧаɦіɱɧɨʀ ɦɨɞɟɥі ɧɟɥіɧіɣɧɨɝɨ ɨɛ’єɤɬа ɡ вɟɤɬɨɪɧиɦ ɤɟɪɭваɧɧяɦ, яɤа ɡ ɞɨɫɬаɬɧьɨɸ ɞɥя 
ɩɪаɤɬиɤи ɬɨɱɧіɫɬɸ віɞɬвɨɪɸє ɣɨɝɨ ɞиɧіɦіɤɭ. 

Ɇɟɬɨɞи ɞɨɫɥіɞɠɟɧɧя. Дɥя виɪішɟɧɧя ɩɨɫɬавɥɟɧиɯ ɡавɞаɧь виɤɨɪиɫɬаɧɨ ɬаɤі ɦɟɬɨɞи: ɦɟɬɨɞ ɩɪɨɫɬɨɪɭ ɫɬаɧів ɞɥя ɨɩиɫɭ 
ɪɨɛɨɬи ɫиɫɬɟɦ ɤɟɪɭваɧɧя; ɬɟɨɪія ɮіɥьɬɪаɰіʀ, ɡɨɤɪɟɦа, ɫɩɨɫɬɟɪіɝаɱів, ɞɥя ɨɰіɧɤи вɟɤɬɨɪів ɫɬаɧɭ, ɧɟвиɡɧаɱɟɧɨɫɬɟɣ ɬа 
іɞɟɧɬиɮіɤаɰіʀ ɩаɪаɦɟɬɪів; ɦɟɬɨɞи ɦɨɞаɥьɧɨɝɨ ɤɟɪɭваɧɧя ɞɥя ɫиɧɬɟɡɭ ɫɩɨɫɬɟɪіɝаɱів і ɪɟɝɭɥяɬɨɪів; ɦɟɬɨɞ ɱиɫɟɥьɧɨɝɨ 
ɦɨɞɟɥɸваɧɧя ɞɥя іɥɸɫɬɪаɰіʀ ɩɪаɰɟɡɞаɬɧɨɫɬі ɫиɧɬɟɡɨваɧиɯ ɫиɫɬɟɦ ɤɟɪɭваɧɧя; вɟɤɬɨɪɧɟ ɤɟɪɭваɧɧя ɧɟɥіɧіɣɧиɦ ɨɛєɤɬɨɦ. 

Рɟзɭɥьɬаɬи. Дɥя ɞɨɫɥіɞɠɭваɧɨʀ ɪɨɛаɫɬɧɨʀ ɫиɫɬɟɦи вɟɤɬɨɪɧɨɝɨ ɤɟɪɭваɧɧя ɨɛ’єɤɬɨɦ ɡ ɫɭɬɬєвɨɸ ɧɟɥіɧіɣɧіɫɬɸ 
вɥаɫɬивɨɫɬɟɣ ɬа ɯаɪаɤɬɟɪиɫɬиɤ ɫɤɥаɞɟɧі ɩɪɨɫɬі ɥіɧіɣɧі ɟɤвіваɥɟɧɬɧі ɦаɬɟɦаɬиɱɧі ɦɨɞɟɥі, ɳɨ ɞɨɫиɬь ɬɨɱɧɨ віɞɬвɨɪɸɸɬь 
ɪɨɛɨɬɭ виɯіɞɧɨʀ ɫиɫɬɟɦи ɭ вɫіɯ ɪɟɠиɦаɯ ɪɨɛɨɬи. ɋɩɪɨɳɟɧɧя ɦаɬɟɦаɬиɱɧиɯ ɦɨɞɟɥɟɣ ɞɨɫяɝаєɬьɫя шɥяɯɨɦ ɪɨɡɝɥяɞɭ ɞиɧаɦіɤи 
вɫієʀ ɫиɫɬɟɦи в ɫиɧɯɪɨɧɧɨɦɭ ɛаɡиɫі, ɪɨɛаɫɬɧиɯ ɦɟɬɨɞів ɤɟɪɭваɧɧя ɩаɪаɦɟɬɪаɦи, ɬа ɡа ɪаɯɭɧɨɤ ɧɟɯɬɭваɧɧя ɞіɣɫɧɨ ɦаɥиɦи 
ɩɨɯиɛɤаɦи ɪɨɛɨɬи ɪɟɝɭɥяɬɨɪів і ɫɩɨɫɬɟɪіɝаɱів. ɋиɧɬɟɡɨваɧі ɦɨɞɟɥі, ɬаɤ ɫаɦɨ, яɤ і виɯіɞɧа ɧɟɥіɧіɣɧа ɫиɫɬɟɦа, ɦаɸɬь 
вɥаɫɬивіɫɬь ɪɨɛаɫɬɧɨɫɬі ɡа ɪаɯɭɧɨɤ ɡаɫɬɨɫɭваɧɧя ɤɨɦɛіɧɨваɧɨɝɨ ɤɟɪɭваɧɧя. 

Виɫɧɨвɤи. ɉɪɨɫɬɨɬа ɬа ɥіɧіɣɧіɫɬь ɟɤвіваɥɟɧɬɧɨʀ ɫиɫɬɟɦи ɞɨɡвɨɥяɸɬь ɫиɧɬɟɡɭваɬи ɡаɤɨɧи ɤɟɪɭваɧɧя виɯіɞɧɨʀ ɧɟɥіɧіɣɧɨʀ 
ɫиɫɬɟɦи ɞɨɛɪɟ ɪɨɡɪɨɛɥɟɧиɦи ɥіɧіɣɧиɦи ɦɟɬɨɞаɦи ɡ іɫɬɨɬɧɨ ɦɟɧшиɦи виɬɪаɬаɦи ɱаɫɭ ɧа ɦɨɞɟɥɸваɧɧя. Чиɫɟɥьɧɟ 
ɦɨɞɟɥɸваɧɧя ɞиɧаɦіɤи виɯіɞɧɨʀ ɧɟɥіɧіɣɧɨʀ ɬа ɟɤвіваɥɟɧɬɧɨʀ ɥіɧіɣɧɨʀ ɫиɫɬɟɦ ɩɨɤаɡаɥɨ ɞɨɛɪиɣ ɡɛіɝ ɩɟɪɟɯіɞɧиɯ і ɫɬаɰіɨɧаɪɧиɯ 
ɩɪɨɰɟɫів. 
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АɇɇОɌАɐɂə 
Аɤɬɭаɥьɧɨɫɬь. ɉɪи ɞɨɫɬаɬɨɱɧɨɦ ɤɨɥиɱɟɫɬвɟ ɫɩɨɫɨɛɨв ɪɟаɥиɡаɰии аɥɝɨɪиɬɦɨв вɟɤɬɨɪɧɨɝɨ ɭɩɪавɥɟɧия, ɨɧи явɥяɸɬɫя 

ɨɱɟɧь ɫɥɨɠɧɵɦи, и в ɛɨɥьшиɧɫɬвɟ ɫɥɭɱаɟв иɦɟɸɬ ɫɤɥɨɧɧɨɫɬь ɤ ɧɟɫɯɨɞиɦɨɫɬи вɟɤɬɨɪа ɪɟɡɭɥьɬиɪɭɸɳиɯ ɩаɪаɦɟɬɪɨв ɨɛɴɟɤɬа 
ɭɩɪавɥɟɧия. ɉɨɷɬɨɦɭ ɫɭɳɟɫɬвɭɟɬ ɧɟɨɛɯɨɞиɦɨɫɬь в ɭɩɪɨɳɟɧии ɫɥɨɠɧɵɯ ɧɟɥиɧɟɣɧɵɯ ɫиɫɬɟɦ вɟɤɬɨɪɧɨɝɨ ɭɩɪавɥɟɧия и 
ɩɪиɦɟɧɟɧиɟ ɞɥя ɧиɯ ɥиɧɟɣɧɵɯ ɞиɧаɦиɱɟɫɤиɯ ɦɨɞɟɥɟɣ ɧɟɥиɧɟɣɧɨɝɨ ɨɛɴɟɤɬа ɫ вɟɤɬɨɪɧɵɦ ɭɩɪавɥɟɧиɟɦ. В ɧаɫɬɨяɳɟɟ вɪɟɦя 
ɞɥя ɫɥɨɠɧɨɣ ɫиɫɬɟɦɵ вɟɤɬɨɪɧɨɝɨ ɭɩɪавɥɟɧия ɨɬɫɭɬɫɬвɭɸɬ ɞɨɫɬаɬɨɱɧɨ ɬɨɱɧɵɟ ɷɤвиваɥɟɧɬɧɵɟ ɩɪɨɫɬɵɟ ɦɨɞɟɥи. Раɡɪаɛɨɬɤа 
ɧаɞɟɠɧɵɯ ɩɪɨɫɬɵɯ ɞиɧаɦиɱɟɫɤиɯ ɦɨɞɟɥɟɣ ɩɨɡвɨɥиɬ ɩɪɨɟɤɬиɪɨваɬь вɟɤɬɨɪɧɭɸ ɫиɫɬɟɦɭ ɭɩɪавɥɟɧия ɫ ɦаɤɫиɦаɥьɧɵɦ 
иɫɩɨɥьɡɨваɧиɟɦ ɥиɧɟɣɧɵɯ ɦɟɬɨɞɨв ɫиɧɬɟɡа и аɧаɥиɡа. 

ɐɟɥь ɫɬаɬьи. Раɡɪаɛɨɬɤа ɥиɧɟɣɧɨɣ ɞиɧаɦиɱɟɫɤɨɣ ɦɨɞɟɥи ɧɟɥиɧɟɣɧɨɝɨ ɨɛɴɟɤɬа ɫ вɟɤɬɨɪɧɵɦ ɭɩɪавɥɟɧиɟɦ, ɤɨɬɨɪая ɫ 
ɞɨɫɬаɬɨɱɧɨɣ ɞɥя ɩɪаɤɬиɤи ɬɨɱɧɨɫɬьɸ вɨɫɩɪɨиɡвɨɞиɬ ɟɝɨ ɞиɧиɦиɤɭ. 

Ɇɟɬɨɞɵ иɫɫɥɟɞɨваɧия. Дɥя ɪɟшɟɧия ɩɨɫɬавɥɟɧɧɵɯ ɡаɞаɱ иɫɩɨɥьɡɨваɧɵ ɫɥɟɞɭɸɳиɟ ɦɟɬɨɞɵ: ɦɟɬɨɞ ɩɪɨɫɬɪаɧɫɬва 
ɫɨɫɬɨяɧиɣ ɞɥя ɨɩиɫаɧия ɪаɛɨɬɵ ɫиɫɬɟɦ ɭɩɪавɥɟɧия; ɬɟɨɪия ɮиɥьɬɪаɰии, в ɱаɫɬɧɨɫɬи, ɧаɛɥɸɞаɬɟɥɟɣ, ɞɥя ɨɰɟɧɤи вɟɤɬɨɪɨв 
ɫɨɫɬɨяɧия, ɧɟɨɩɪɟɞɟɥɟɧɧɨɫɬɟɣ и иɞɟɧɬиɮиɤаɰии ɩаɪаɦɟɬɪɨв; ɦɟɬɨɞɵ ɦɨɞаɥьɧɨɝɨ ɭɩɪавɥɟɧия ɞɥя ɫиɧɬɟɡа ɧаɛɥɸɞаɬɟɥɟɣ и 
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ɪɟɝɭɥяɬɨɪɨв; ɦɟɬɨɞ ɱиɫɥɟɧɧɨɝɨ ɦɨɞɟɥиɪɨваɧия ɞɥя иɥɥɸɫɬɪаɰии ɪаɛɨɬɨɫɩɨɫɨɛɧɨɫɬи ɫиɧɬɟɡиɪɨваɧɧɵɯ ɫиɫɬɟɦ ɭɩɪавɥɟɧия; 
вɟɤɬɨɪɧɨɟ ɭɩɪавɥɟɧиɟ ɧɟɥиɧɟɣɧɵɦ ɨɛɴɟɤɬɨɦ. 

Рɟзɭɥьɬаɬɵ. Дɥя иɫɫɥɟɞɭɟɦɨɣ ɪɨɛаɫɬɧɨɣ ɫиɫɬɟɦɵ вɟɤɬɨɪɧɨɝɨ ɭɩɪавɥɟɧия ɨɛɴɟɤɬɨɦ ɫ ɫɭɬɬɸвɨɸ ɧɟɥиɧɟɣɧɨɫɬьɸ ɫвɨɣɫɬв 
и ɯаɪаɤɬɟɪиɫɬиɤ ɫɨɫɬавɥɟɧɵ ɩɪɨɫɬɵɟ ɥиɧɟɣɧɵɟ ɷɤвиваɥɟɧɬɧɵɟ ɦаɬɟɦаɬиɱɟɫɤиɟ ɦɨɞɟɥи, ɤɨɬɨɪɵɟ ɞɨɫɬаɬɨɱɧɨ ɬɨɱɧɨ 
вɨɫɩɪɨиɡвɨɞяɬ ɪаɛɨɬɭ иɫɯɨɞɧɨɣ ɫиɫɬɟɦɵ вɨ вɫɟɯ ɪɟɠиɦаɯ ɪаɛɨɬɵ. Уɩɪɨɳɟɧиɟ ɦаɬɟɦаɬиɱɟɫɤиɯ ɦɨɞɟɥɟɣ ɞɨɫɬиɝаɟɬɫя ɩɭɬɟɦ 
ɪаɫɫɦɨɬɪɟɧия ɞиɧаɦиɤи вɫɟɣ ɫиɫɬɟɦɵ в ɫиɧɯɪɨɧɧɨɦ ɛаɡиɫɟ, ɪɨɛаɫɬɧɵɯ ɦɟɬɨɞɨв ɭɩɪавɥɟɧия ɩаɪаɦɟɬɪаɦи, и ɡа ɫɱɟɬ 
ɩɪɟɧɟɛɪɟɠɟɧия ɞɟɣɫɬвиɬɟɥьɧɨ ɦаɥɵɦи ɩɨɝɪɟшɧɨɫɬяɦи ɪаɛɨɬɵ ɪɟɝɭɥяɬɨɪɨв и ɧаɛɥɸɞаɬɟɥɟɣ. ɋиɧɬɟɡиɪɨваɧɧɵɟ ɦɨɞɟɥи, ɬаɤ 
ɠɟ, ɤаɤ и иɫɯɨɞɧая ɧɟɥиɧɟɣɧая ɫиɫɬɟɦа, иɦɟɸɬ ɫвɨɣɫɬвɨ ɪɨɛаɫɬɧɨɫɬи ɡа ɫɱɟɬ ɩɪиɦɟɧɟɧия ɤɨɦɛиɧиɪɨваɧɧɨɝɨ ɭɩɪавɥɟɧия. 

Вɵвɨɞɵ. ɉɪɨɫɬɨɬа и ɥиɧɟɣɧɨɫɬь ɷɤвиваɥɟɧɬɧɨɣ ɫиɫɬɟɦɵ ɩɨɡвɨɥяɸɬ ɫиɧɬɟɡиɪɨваɬь ɡаɤɨɧɵ ɭɩɪавɥɟɧия иɫɯɨɞɧɨɣ 
ɧɟɥиɧɟɣɧɨɣ ɫиɫɬɟɦɵ ɯɨɪɨшɨ ɪаɡɪаɛɨɬаɧɧɵɦи ɥиɧɟɣɧɵɦи ɦɟɬɨɞаɦи ɫ ɫɭɳɟɫɬвɟɧɧɨ ɦɟɧьшиɦи ɡаɬɪаɬаɦи вɪɟɦɟɧи ɧа 
ɦɨɞɟɥиɪɨваɧиɟ. Чиɫɥɟɧɧɨɟ ɦɨɞɟɥиɪɨваɧиɟ ɞиɧаɦиɤи иɫɯɨɞɧɨɣ ɧɟɥиɧɟɣɧɨɣ и ɷɤвиваɥɟɧɬɧɨɣ ɥиɧɟɣɧɨɣ ɫиɫɬɟɦ ɩɨɤаɡаɥɨ 
ɯɨɪɨшɟɟ ɫɨвɩаɞɟɧиɟ ɩɟɪɟɯɨɞɧɵɯ и ɫɬаɰиɨɧаɪɧɵɯ ɩɪɨɰɟɫɫɨв. 

ɄɅЮЧЕВЫЕ СɅОВА: ɦɨɞɟɥь, ɥиɧɟɣɧɨɫɬь, ɭɩɪавɥɟɧиɟ, ɧаɛɥɸɞаɬɟɥь, ɪɨɛаɫɬɧɨɫɬь. 
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ABSTRACT 
Context. Methods for the synthesis of precision electro-hydraulic control systems using the principle of multiplication are proposed. Use of the principle of multiplication allows to create compact control systems of technological objects, having high rates of precision and operation speed. The problem of creating the unified basic software and hardware complex for precision automatic control systems and control of an optional technological object is considered.  On the basis of effective methods of the modern theory of optimal control, control algorithms have been developed that provide maximum compensation for all types of statistical and dynamic control errors. 
Objective. The urgency of the work is due to the need to improve the precision of control systems of technological objects and the development of software and hardware complex for these systems. 
Method. We have used the methods of optimal control, methods of structural synthesis. To confirm the validity of the developed models and principles, the method of experimental studies based on the operating equipment of test benches was used. To debug an experimental model of a basic software and hardware complex for testing the plain bearings of internal combustion engines, mathematical simulation of an electro-hydraulic drive was used. For the synthesis of a precision controller, the multiplication method was used. 
Results. A number of standard sizes of high-speed precision EHSS based on part-turn hydraulic motors with a torque moment of up to 40 kNm were developed, providing reproduction in the tracking mode of specified input effects with a bandwidth of up to 20 Hz, positioning accuracy of up to one angular minute and a control range of up to 104. Based on developed EHSS automated simulation dynamic stands were created and brought to practical use for testing mobile object guidance systems (Customer-Central Research Institute of Chemistry and Mechanics, Moscow) and the semi-axes transmission (Customer-JSC “КАМАZ”, Naberezhnye Chelny). Based on the results of the research, a basic software and hardware complex for testing equipment of agricultural, automotive and other industries was created. The high-speed precision regulator for controlling the position of steam turbine actuator valves has been synthesized to compensate for all the main types of static and dynamic errors and more than double the performance compared to the base variant while maintaining acceptable stability margins (the results are used in promising projects of the State Energy Company “Centrenergo”, National Nuclear Energy Generating Company “Energoatom”, as well as in the Institute of Control Problems of the National Academy of Sciences of Ukraine. 
Conclusions. The practical engineering methods for the synthesis of effective control laws of precision electro-hydraulic systems are proposed, as well as a number of effective regulators providing high characteristics of precision and operation speed. The principle of multiplicative control is proposed which allows to synthesize effective control algorithms for individual, autonomous, fully controlled and observable electro-hydraulic servo drive circuits based on third-order mathematical models. For selected autonomous control loops, effective control laws are obtained based on modal control methods and solving inverse problems of dynamics.  The proposed synthesis techniques are considered using the harmonic linearization method, the real nonlinear characteristics of the control signal power limitation, which allows determining the real rational ratios of the regulator parameters and real limiting precision and speed indicators, as well as preventing unwanted auto-oscillatory modes in the systems. In order to reduce the number of measured parameters used in the formation of the proposed control laws, on the basis of the well-known general principles of the synthesis of observing identification devices, the universal structures and formulas for calculating the parameters of standard models of autonomous control circuits of the EHSS were obtained. The method of autonomous testing and debugging of the EHSS control system using the electronic simulator of electro-hydraulic actuator has been improved which makes it possible to significantly reduce the time and cost involved in creating and engineering development a complex system. 
KEYWORDS: unification, electro-hydraulic drives, automatic control systems, precision, operation speed, control algorithms. 

 

ABBREVIATIONS BSHC is a basic software and hardware complex; EHD is a electro-hydraulic drive; ECM is a electronic computing machine (a computer); EHSS is a electro-hydraulic servo system; RW is a research work; EHA is a electro-hydraulic actuator. 
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NOMENCLATURE 

X is a displacement (linear or angular) of the hydraulic motor working member;  
I is a coefficient of inertial load (mass or moment of inertia of moving parts reduced to the output link of the hydraulic motor);  
D is a coefficient of dissipative load (the coefficient of speed friction of translational or rotary motion);  
P is a factor of the positional load (linear or torsional rigidity);  
q is a characteristic parameter of the hydraulic motor (effective area of the hydraulic cylinder or specific volume of the hydraulic motor);  
Δp is a differential pressure on the hydraulic motor;  
Kc, Kf, Kl is a coefficient of compressibility of the working fluid, flow rate coefficient of the control valve and leakage coefficient;  
Xcv is a displacement of the control valve of the servo valve; 
Uv is a control voltage;  
Kux is a transmission ratio of the electromechanical servo valve converter;  
To, ξo, Ta is a parameters of typical dynamic links (oscillatory and aperiodic), the serial connection of which describes the dynamic characteristic of the electromechanical servo valve converter; 

cv cvV Х= �  is a speed of the control valve; 
Fc is a effective area of the hydraulic cylinder; 
V is a volume of working cavities and connecting channels of the hydraulic motor; 
χ is a adiabatic module of the working fluid bulk elasticity; 
С is a position load factor; max 5vU B=  is a maximum control voltage in the input circuit of the servo valve; setX
G  is vector of setting effects; outX
G  is vector of output parameters; inX
G  is vector of internal parameters.  

INTRODUCTION Having emerged recently in various industries large demands in test equipment of various functional purposes led to the idea of a modular concept for constructing test complexes of precision automatic controllers, in particular, for automatic control systems [1] whose main goal is to minimize and unify technical solutions as well as the elemental base used to create the test equipment. One of such elements (modules) in the overall structure of this concept is the basic software and hardware complex (BSHC) designed to control the electro-hydraulic drives of imitation dynamic stands. The development of the BSHC was carried out with the cooperation of the authors with the scientific and production enterprise “Teploavtomat” under a contract with the Ministry of Machine-Building Industry of Ukraine within the 
framework of the state program “Instrument Engineering”. 

The object of study the automatic control system with an optional technological object of increased precision. 
The subject of study: the processes of providing the precision and operation speed of regulation systems. 
The purpose of the work creating the software and hardware complex for precision regulation and control systems, ensuring high precision and operation speed based on parametric synthesis and using multiplication methods.  

1 PROBLEM STATEMENT According to a vector of input (driving) effects setX
G  including the necessary set of kinematic ( set set set, ,X X X� �� ) and power characteristics ( set set,F P ) it is necessary to determine the law of control actions ɭ ( )U t

G  that ensures the minimum (permissible) deviation of the corresponding components of the output parameters vector out setX Xδ = −
G G  ( { }out out out out out out, , , ,X X X X F P

G � �� ) taking into account the technological and operational constraints vectors for input and internal parameters min maxout out outX X X≤ ≤
G G G , min maxin in inX X X≤ ≤

G G G . The optimization criterion can be the minimum of the integral of the product of the absolute error and the time 
( )minI t tdt= ε∫  which provides the optimal compromise between static and dynamic accuracy. 

 
2 REVIEW OF THE LITERATURE A large number of works of a number of scientific schools and groups both in Ukraine and in the near and far abroad are devoted to the developments and research of the EHSS. The initial scientific basis for the creation and study of EHSS should be considered the fundamental, universal work plan in the field of hydraulic drives, the theory of automatic control, technical cybernetics. Such works may include the works by G.I. Kaniuk [1, 2] in which the principles of creating high-speed precision electro-hydraulic tracking systems in relation to test benches are considered. Special attention is paid to the improvement of electric and electro-hydraulic control systems [3, 4], their optimization [5, 6] and the improvement of the energy efficiency of their work [7]. About 90–95% of the regulators that are currently in operation use PID algorithms. In this regard, attention is paid to the use and improvement of PID controllers [8, 9]. The parameters of the regulators are optimized in order to improve the quality of regulation [10]. Various modifications of regulators are being studied [11, 12]. The principle of robust control is successfully used, which allows improving the quality of regulation [13]. Studies are being conducted to improve the efficiency of management 
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systems in various areas of economic activity, for example, in railway transport [14] and in energy [15]. Nevertheless, despite the large number of diverse, interesting and useful works in this area, currently there is not a sufficiently systematized and universal theoretical base for creating and researching precision high-speed EHSS, which complicates and slows down the processes of their development and implementation. Existing methods are either general metatheories that require filling with specific applied methods, mathematical models and technical solutions, or are aimed at solving particular problems: typical design engineering, verification calculations, and parametric optimization of already existing or designed systems. In this regard, applied theories and methodologies that would encompass all stages of creating high-speed precision EHSS are necessary. 

 
3 MATERIALS AND METHODS The aim of this work is the general presentation of the results of theoretical and experimental studies dedicated to the creation of the unified software and hardware complex for the precise control of electro-hydraulic servo systems of various functional purposes. The BSHC includes the following main elements: a digital programmable set-point device which provides the formation of the required loading modes and emergency protection of the stand; a high-speed analog controller implementing efficient electro-hydraulic drive (EHD) control algorithms to provide the required dynamic characteristics of the test equipment; a personal computer that performs the functions of a top-level management system (coordination of several digital set-points in accordance with a specified test program, visual control, processing and registration of test results). The general functional diagram of the BSHC is presented in Fig. 1. Structurally the BSHC is a stand in which the following blocks are located: a microcontroller based on a single-chip microcomputer with an inter-module communication interface; blocks of analogue regulators; power unit; power amplifiers; power supplies; a network unit; a channel power transformer. In the research plan the main problem in the creation of the BSHC was the development of an optimal structure of precision high-speed regulators since they play a major role in providing the required dynamic characteristics of the drives. Taking into consideration quite high requirements to static and dynamic characteristics of electro-hydraulic drives, it was decided to use the following control algorithms in analogue controllers of the BSHC: – the algorithm of proportional-differential-integral control by error (a proportional integral differential controller – PID-controller); – the algorithm for state parameters of the EHD (a state controller) using the results of their direct measurements or the results of calculations based on the standard model (a state observer); – the algorithm based on the method of solving the inverse problem of the dynamics of the EHD. Comparative performance characteristics of various control algorithms of a standard size of the EHD of the simulation dynamic bench are presented in Fig. 2. The structure of analog regulators provides the possibility of use, if necessary, other types of control algorithms.   Figure 1 – The general functional diagram of the basic software and hardware control complex of electro-hydraulic drive test stands: 1 – upper-level control computer (personal computer); 2 – inter-module communication interface; 3 – digital programmable set-point device; 4 – unit for setting the operating modes of the EHD; 5 – block of the control, diagnostics and indication of operating modes of the EHD; 6 – digital-to-analog converter; 7 – block of analog regulators; 8 – electro-hydraulic drives (EHD); 9 – analog generator of special signals; 10 – sensor of adjustable parameters and diagnostic systems  
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  Figure 2 – Influence of various control laws on the dynamic characteristics of an electro-hydraulic drive: 1 – proportional regulator; 2 – PID controller;  3 – modal controller for three state parameters;  4 – regulator built on the principles of inverse dynamic problems  The general linearized mathematical model of the EHD including the executive hydraulic motor and the control servo valve can be represented as a system of usual differential equations of the sixth order [2]:   c c 'c ɡ ux' 'a ,2 2 ,2 ,.f v l
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 (1)  In this case, in order to ensure a set quality control in the high-frequency region, the control algorithms used in analog regulators must also have a minimum of sixth order. At the same time the procedures of theoretical synthesis and practical adjustment of regulators are significantly complicated. However, when proportional servo valves with a high pass-band are used in the EHD (Fig. 3), the control valve position is equipped with sensors, it is possible to reduce the order of the regulators by using the principle of multiplicative control (separate control of the positions of the control valve and hydraulic motor [2]). In this case separate circuits can operate from two autonomously adjusted regulators of the third (or, depending on the type of load and range of reproduced frequencies, and lower) of the order of one type or another. 
 

 Figure 3 – Amplitude-frequency characteristics of the servo valve УЭȽ-ɋВ-100: – Ɉ without correction, experiment; 1 – without correction, calculation (approximation by the vibrational link Т=1.67·10 s, 
ξ=0,7); 2 – correction with the help of PID-controller (K=300, 

Тd=0.07 ɫ, Тe=0.3 s) 
 

4 EXPERIMENTS Development and debugging of the experimental the BSHC sample were carried out using the mathematical and electronic model (simulator) of the electro-hydraulic drive of the test stand for testing the plain bearings of internal combustion engines of trucks. The EHD of such a stand is a hydraulic cylinder with a control servo valve designed to reproduce dynamic loads acting on the crankshaft main bearings. The range of reproducible loads is 50 tons, the required drive bandwidth is 100 Hz. Estimated calculations have shown that the main load is due to the rigidity of the test objects (thus, the load is mainly positional). Calculations showed that using the principle of multiplicative control, it is possible to reduce the dynamic distortion of the output parameter of the servo valve (this task was solved by including the PID controller in the autonomous regulation circuit of the control valve). Figure 4 presents the amplitude-frequency characteristics of the servo valve with a contour of autonomous correction of the control valve position and without it. It follows from the graphs that the dynamical characteristic of the servo valve in the required frequency range (up to 100 Hz) corrected by the PID-controller can be satisfactorily described by the oscillating link with the values of the time constant Tc and the relative damping factor ξk, respectively 1·10–3 s and 0.7. In this case, taking into consideration the positional character of the main load, the general mathematical model of the EHD in matrix form and taking into account the control voltage limit in the input circuit of the servo valve takes the form:  ux22
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 Figure 4 – Amplitude-frequency characteristic of the electro-hydraulic drive with the PID-controller: 1 – calculation, 2 – experiment  The load on the rod of the hydraulic cylinder: 

cH F P= Δ . The time constant and the static transmission ratio of the hydraulic motor: y2(0,5 ) /c
h c

c

FVT F K
F C

= +
χ

; 
ɯ y2 /h cK K F K= . Calculations showed that the use of a PID-controller with gain values, time constants of the differentiating and integrating link is 10 V/V respectively; 0.1 s and 5·10–3 s, it is possible to obtain the required bandwidth (about 100 Hz) for the adopted the EHP model (Fig. 4). After fabricating and debugging of the experimental BSHC sample, its functional and dynamic characteristics were verified by laboratory tests at the research-and-production enterprise “Teploavtomat” using an electronic model (simulator) of the EHD, the structure and parameters of which corresponded to the mathematical model. The test results confirmed the calculated bandwidth of the EHD.  

5 RESULTS Conducted studies have allowed us to obtain the following results: – a number of standard sizes of the high-speed precision EHSS based on incomplete rotating hydraulic motors with a torque range of up to 40 kNm was developed, ensuring the reproduction in the tracking mode of specified input effects with a bandwidth of up to 20 Hz, positioning precision of up to one corner minute and control range up to 104; – on the basis of the developed EHSS, automated simulated dynamic test stands for testing of guidance systems for mobile objects (the customer – Central Research Institute of Chemistry and Mechanics, Moscow) and for testing semi-axle transmissions (the customer – Publicly Traded Company “КАМАZ”, Naberezhnye Chelny) were created and brought to practical use. 
 

6 DISCUSSION As a result of a series of theoretical and experimental studies carried out within the framework of state budget 
research (the customer – Ministry of Education and Science of Ukraine) on the basis of solving the inverse problem of dynamics, the high-speed precision controller for the control loop of the position of the steam turbine actuator valves was synthesized, which compensates all major types of static and dynamic errors and more than a twofold increase in operation speed compared with the baseline while maintaining the permissible reserves of stability (the results of the work are used in long-term projects of the State energy company “Centrenergo” NNEGC “Energoatom” and “Institute of Control Problems of the National Academy of Sciences of Ukraine”. All developments and technical solutions have been tested experimentally (research tests and acceptance tests) and implemented at customer enterprises, which confirms the reliability and practical value of the scientific positions and results as well as determines the possibility of their further effective use when creating the high-speed precision EHSS for various fields of technology in order to increase the productivity and precision of technological equipment, increase energy – and resource indicators of production. Experimental studies and practical engineering confirmed that the developed scientific positions and the results of the work generally provide the effective practical results consisting in a significant reduction of the time and money spent on the creation and completion of new facilities due to the systematization and unification of the most responsible and knowledge-intensive stages of the design of the EHSS (a technical project and proposal). The results of the work were used in the implementation of a number of fundamental and applied research to create the high-speed precision EHSS of imitation dynamic stands for enterprises of the defense and engineering industries. 

 

CONCLUSIONS Based on the well-known general principles of the modern theory of optimal control, practical engineering techniques for synthesizing effective laws of controling the precision electro-hydraulic systems, as well as a number of effective regulators that provide high (approaching to the utmost in energy capabilities) characteristics of precision and operation speed are proposed. 
Scientific novelty: – the principle of multiplicative control is proposed, which makes it possible to synthesize effective control algorithms for the individual, autonomous, fully controllable and observable EHSS circuits based on third-order mathematical models; – for the selected autonomous control loops, effective control laws are obtained on the basis of modal control methods and solving inverse dynamic problems (including – calculation formulas for choosing optimal parameters of regulator parameters); – in contrast to the existing methods of the linear theory of optimal control, the proposed methods of synthesis take into account, with the help of the method of harmonic linearization, real nonlinear characteristics of the control 
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power limit, which allows to determine the real rational relations of the regulator parameters and the real limit values of precision and operation speed, and also to prevent the occurrence of undesirable self-oscillatory regimes in systems; – in order to reduce the number of measured parameters used in the formation of the proposed control laws, universal structures and formulas for calculating the parameters of reference models (state monitors) of autonomous EHSS control loops have been obtained on the basis of known general principles for the synthesis of observing identification devices. 

Practical value: The technique of autonomous testing and debugging of the EHSS control system using the electronic simulator EHA is improved, which allows to significantly reduce the time and money spent on the creation and completion of the complex system. 
Prospects for further research: The use of the proposed methods to create precision high-speed control systems of technological objects in various sectors of economic activity. 
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АɇОɌАɐІə 

Заɩɪɨɩɨɧɨваɧɨ ɦɟɬɨɞи ɫиɧɬɟɡɭ ɩɪɟɰиɡіɣɧиɯ ɟɥɟɤɬɪɨɝіɞɪавɥіɱɧиɯ ɫиɫɬɟɦ ɭɩɪавɥіɧɧя ɡ виɤɨɪиɫɬаɧɧяɦ ɩɪиɧɰиɩɭ ɦɭɥьɬиɩɥіɤаɰіʀ. 
Виɤɨɪиɫɬаɧɧя ɩɪиɧɰиɩɭ ɦɭɥьɬиɩɥіɤаɰіʀ ɞɨɡвɨɥяє ɫɬвɨɪɸваɬи ɤɨɦɩаɤɬɧі ɫиɫɬɟɦи ɭɩɪавɥіɧɧя ɬɟɯɧɨɥɨɝіɱɧиɦи ɨɛ’єɤɬаɦи, ɦаɸɬь 
виɫɨɤі ɩɨɤаɡɧиɤи ɬɨɱɧɨɫɬі і швиɞɤɨɞіʀ. 

Рɨɡɝɥяɧɭɬɨ ɡаɞаɱɭ ɫɬвɨɪɟɧɧя ɭɧіɮіɤɨваɧɨɝɨ ɛаɡɨвɨɝɨ ɩɪɨɝɪаɦɧɨ-ɬɟɯɧіɱɧɨɝɨ ɤɨɦɩɥɟɤɫɭ ɞɥя ɩɪɟɰиɡіɣɧиɯ ɫиɫɬɟɦ авɬɨɦаɬиɱɧɨɝɨ 
ɪɟɝɭɥɸваɧɧя ɬа ɤɟɪɭваɧɧя ɞɨвіɥьɧиɦ ɬɟɯɧɨɥɨɝіɱɧиɦ ɨɛ’єɤɬɨɦ. 

На ɨɫɧɨві ɟɮɟɤɬивɧиɯ ɦɟɬɨɞів ɫɭɱаɫɧɨʀ ɬɟɨɪіʀ ɨɩɬиɦаɥьɧɨɝɨ ɭɩɪавɥіɧɧя ɪɨɡɪɨɛɥɟɧі аɥɝɨɪиɬɦи ɭɩɪавɥіɧɧя, ɳɨ ɡаɛɟɡɩɟɱɭɸɬь 
ɦаɤɫиɦаɥьɧɭ ɤɨɦɩɟɧɫаɰіɸ вɫіɯ виɞів ɫɬаɬиɫɬиɱɧиɯ і ɞиɧаɦіɱɧиɯ ɩɨɦиɥɨɤ ɭɩɪавɥіɧɧя. 
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Оɛ’єɤɬ ɞɨɫɥіɞɠɟɧɧя: ɫиɫɬɟɦа авɬɨɦаɬиɱɧɨɝɨ ɪɟɝɭɥɸваɧɧя ɞɨвіɥьɧиɦ ɬɟɯɧɨɥɨɝіɱɧиɦ ɨɛ’єɤɬɨɦ ɩіɞвиɳɟɧɨʀ ɬɨɱɧɨɫɬі. 
ɉɪɟɞɦɟɬ ɞɨɫɥіɞɠɟɧɧя: ɩɪɨɰɟɫи ɡаɛɟɡɩɟɱɟɧɧя ɬɨɱɧɨɫɬі і швиɞɤɨɞіʀ ɫиɫɬɟɦ ɪɟɝɭɥɸваɧɧя. 
Ɇɟɬа: ɫɬвɨɪɟɧɧя ɩɪɨɝɪаɦɧɨ-ɬɟɯɧіɱɧɨɝɨ ɤɨɦɩɥɟɤɫɭ, ɞɥя ɩɪɟɰиɡіɣɧиɯ ɫиɫɬɟɦ ɪɟɝɭɥɸваɧɧя і ɭɩɪавɥіɧɧя, ɳɨ ɡаɛɟɡɩɟɱɭє виɫɨɤі 

ɩɨɤаɡɧиɤи ɬɨɱɧɨɫɬі і швиɞɤɨɞіʀ, ɧа ɨɫɧɨві ɩаɪаɦɟɬɪиɱɧɨɝɨ ɫиɧɬɟɡɭ і виɤɨɪиɫɬаɧɧя ɦɟɬɨɞів ɦɭɥьɬиɩɥіɤаɰіʀ. 
Аɤɬɭаɥьɧіɫɬь. Аɤɬɭаɥьɧіɫɬь ɪɨɛɨɬи ɨɛɭɦɨвɥɟɧа ɧɟɨɛɯіɞɧіɫɬɸ ɩіɞвиɳɟɧɧя ɬɨɱɧɨɫɬі ɫиɫɬɟɦ ɤɟɪɭваɧɧя ɬɟɯɧɨɥɨɝіɱɧиɦи 

ɨɛ’єɤɬаɦи і ɪɨɡɪɨɛɤи ɩɪɨɝɪаɦɧɨ-ɬɟɯɧіɱɧɨɝɨ ɤɨɦɩɥɟɤɫɭ ɞɥя ɰиɯ ɫиɫɬɟɦ. 
Ɇɟɬɨɞ. В ɪɨɛɨɬі виɤɨɪиɫɬɨвɭваɥиɫя ɦɟɬɨɞи ɨɩɬиɦаɥьɧɨɝɨ ɭɩɪавɥіɧɧя, ɦɟɬɨɞи ɫɬɪɭɤɬɭɪɧɨɝɨ ɫиɧɬɟɡɭ.  Дɥя ɩіɞɬвɟɪɞɠɟɧɧя 

ɞɨɫɬɨвіɪɧɨɫɬі ɪɨɡɪɨɛɥɟɧиɯ ɦɨɞɟɥɟɣ і ɩɪиɧɰиɩів, виɤɨɪиɫɬɨвɭвавɫя ɦɟɬɨɞ ɟɤɫɩɟɪиɦɟɧɬаɥьɧиɯ ɞɨɫɥіɞɠɟɧь ɧа ɛаɡі ɞіɸɱɨɝɨ 
ɨɛɥаɞɧаɧɧя виɩɪɨɛɭваɥьɧиɯ ɫɬɟɧɞів. Дɥя ɧаɥаɝɨɞɠɟɧɧя ɟɤɫɩɟɪиɦɟɧɬаɥьɧɨɝɨ ɡɪаɡɤа ɛаɡɨвɨɝɨ ɩɪɨɝɪаɦɧɨ-ɬɟɯɧіɱɧɨɝɨ ɤɨɦɩɥɟɤɫɭ ɞɥя 
виɩɪɨɛɭваɧь ɩіɞшиɩɧиɤів ɤɨвɡаɧɧя ɞвиɝɭɧів вɧɭɬɪішɧьɨɝɨ ɡɝɨɪяɧɧя виɤɨɪиɫɬɨвɭваɥɨɫя ɦаɬɟɦаɬиɱɧɟ іɦіɬаɰіɣɧɟ ɦɨɞɟɥɸваɧɧя 
ɟɥɟɤɬɪɨɝіɞɪавɥіɱɧɨɝɨ ɩɪивɨɞɭ. Дɥя ɫиɧɬɟɡɭ ɩɪɟɰиɡіɣɧɨɝɨ ɪɟɝɭɥяɬɨɪа виɤɨɪиɫɬɨвɭвавɫя ɦɟɬɨɞ ɦɭɥьɬиɩɥіɤаɰіʀ. 

Рɟзɭɥьɬаɬи. Рɨɡɪɨɛɥɟɧɨ ɪяɞ ɬиɩɨɪɨɡɦіɪів швиɞɤɨɞіɸɱиɯ ɩɪɟɰиɡіɣɧиɯ ȿȽɋɋ ɧа ɛаɡі ɧɟɩɨɥɧɨɩɨвɨɪɨɬɧиɟ ɝіɞɪɨɞвиɝɭɧів ɡ 
ɞіаɩаɡɨɧɨɦ ɤɪɭɬɧиɯ ɦɨɦɟɧɬів ɞɨ 40 ɤНɦ, ɳɨ ɡаɛɟɡɩɟɱɭɸɬь віɞɬвɨɪɟɧɧя в ɫɬɟɠиɬь ɪɟɠиɦі ɡаɞаɧиɯ вɯіɞɧиɯ вɩɥивів ɡ ɩɪɨɩɭɫɤɧɨɸ 
ɡɞаɬɧіɫɬɸ ɞɨ 20 Ƚɰ, ɬɨɱɧіɫɬɸ ɩɨɡиɰіɨɧɭваɧɧя ɞɨ ɨɞɧієʀ ɤɭɬɨвɨʀ ɯвиɥиɧи і ɞіаɩаɡɨɧɨɦ ɪɟɝɭɥɸваɧɧя ɞɨ 104. На ɛаɡі ɪɨɡɪɨɛɥɟɧиɯ  
ȿȽɋɋ ɫɬвɨɪɟɧі і ɞɨвɟɞɟɧі ɞɨ ɩɪаɤɬиɱɧɨɝɨ виɤɨɪиɫɬаɧɧя авɬɨɦаɬиɡɨваɧі іɦіɬаɰіɣɧі ɞиɧаɦіɱɧі ɫɬɟɧɞи ɞɥя виɩɪɨɛɭваɧɧя ɫиɫɬɟɦ 
ɧавɟɞɟɧɧя ɦɨɛіɥьɧиɯ ɨɛ’єɤɬів (ɡаɦɨвɧиɤ – ЦНІІХМ, ɦ. Мɨɫɤва) і ɞɥя виɩɪɨɛɭваɧɧя ɩіввіɫь ɬɪаɧɫɦіɫіɣ (ɡаɦɨвɧиɤ – АТ «КаɦАЗ», ɦ. 
Наɛɟɪɟɠɧі Чɟɥɧи). На ɨɫɧɨві ɪɟɡɭɥьɬаɬів виɤɨɧаɧиɯ ɞɨɫɥіɞɠɟɧь ɫɬвɨɪɟɧɨ ɛаɡɨвиɣ ɩɪɨɝɪаɦɧɨ-ɬɟɯɧіɱɧиɣ ɤɨɦɩɥɟɤɫ ɞɥя 
виɩɪɨɛɭваɥьɧɨɝɨ ɨɛɥаɞɧаɧɧя ɩіɞɩɪиєɦɫɬв ɫіɥьɫьɤɨɝɨɫɩɨɞаɪɫьɤɨʀ, авɬɨɦɨɛіɥьɧɨʀ ɬа іɧшиɯ ɝаɥɭɡɟɣ ɩɪɨɦиɫɥɨвɨɫɬі. ɋиɧɬɟɡɨваɧиɣ 
швиɞɤɨɞіɸɱиɣ ɩɪɟɰиɡіɣɧиɣ ɪɟɝɭɥяɬɨɪ ɤɨɧɬɭɪɭ ɭɩɪавɥіɧɧя ɫɬаɧɨвиɳɟɦ ɪɟɝɭɥɸɸɱиɯ ɤɥаɩаɧів ɩаɪɨвɨʀ ɬɭɪɛіɧи, ɳɨ ɡаɛɟɡɩɟɱɭє 
ɤɨɦɩɟɧɫаɰіɸ вɫіɯ ɨɫɧɨвɧиɯ виɞів ɫɬаɬиɱɧиɯ і ɞиɧаɦіɱɧиɯ ɩɨɦиɥɨɤ і ɛіɥьш ɧіɠ ɞвɨɪаɡɨвɟ ɩіɞвиɳɟɧɧя швиɞɤɨɞіʀ в ɩɨɪівɧяɧɧі ɡ 
ɛаɡɨвиɦ ваɪіаɧɬɨɦ ɩɪи ɡɛɟɪɟɠɟɧɧі ɞɨɩɭɫɬиɦиɯ ɡаɩаɫів ɫɬіɣɤɨɫɬі (ɪɟɡɭɥьɬаɬи ɪɨɛіɬ виɤɨɪиɫɬɨвɭɸɬьɫя в ɩɟɪɫɩɟɤɬивɧиɯ ɩɪɨɟɤɬаɯ 
Дɟɪɠавɧɨʀ ɟɧɟɪɝɟɬиɱɧɨʀ ɤɨɦɩаɧіʀ «Цɟɧɬɪɟɧɟɪɝɨ», НАȿК «ȿɧɟɪɝɨаɬɨɦ», а ɬаɤɨɠ в МȽɉ «Іɧɫɬиɬɭɬ ɩɪɨɛɥɟɦ ɭɩɪавɥіɧɧя НАН 
Уɤɪаʀɧи». 

Виɫɧɨвɤи. Заɩɪɨɩɨɧɨваɧɨ ɩɪаɤɬиɱɧі іɧɠɟɧɟɪɧі ɦɟɬɨɞиɤи ɫиɧɬɟɡɭ ɟɮɟɤɬивɧиɯ ɡаɤɨɧів ɭɩɪавɥіɧɧя ɩɪɟɰиɡіɣɧиɦи 
ɟɥɟɤɬɪɨɝіɞɪавɥіɱɧиɦи ɫиɫɬɟɦаɦи, а ɬаɤɨɠ ɪяɞ ɟɮɟɤɬивɧиɯ ɪɟɝɭɥяɬɨɪів, ɳɨ ɡаɛɟɡɩɟɱɭɸɬь виɫɨɤі ɯаɪаɤɬɟɪиɫɬиɤи ɬɨɱɧɨɫɬі і 
швиɞɤɨɞіʀ. Заɩɪɨɩɨɧɨваɧɨ ɩɪиɧɰиɩ ɦɭɥьɬиɩɥіɤаɬивɧɨɝɨ ɭɩɪавɥіɧɧя, ɳɨ ɞɨɡвɨɥяє ɫиɧɬɟɡɭваɬи ɟɮɟɤɬивɧі аɥɝɨɪиɬɦи ɭɩɪавɥіɧɧя 
ɨɤɪɟɦиɦи, авɬɨɧɨɦɧиɦи, ɩɨвɧіɫɬɸ ɤɟɪɨваɧиɦи і ɫɩɨɫɬɟɪɟɠɭваɧиɦи ɤɨɧɬɭɪаɦи ȿȽɋɉ ɧа ɨɫɧɨві ɦаɬɟɦаɬиɱɧиɯ ɦɨɞɟɥɟɣ ɬɪɟɬьɨɝɨ 
ɩɨɪяɞɤɭ. Дɥя виɞіɥɟɧиɯ авɬɨɧɨɦɧиɯ ɤɨɧɬɭɪів ɭɩɪавɥіɧɧя ɨɬɪиɦаɧі ɟɮɟɤɬивɧі ɡаɤɨɧи ɭɩɪавɥіɧɧя ɧа ɨɫɧɨві ɦɟɬɨɞів ɦɨɞаɥьɧɨɝɨ 
ɭɩɪавɥіɧɧя і ɪɨɡв’яɡɤɭ ɨɛɟɪɧɟɧиɯ ɡаɞаɱ ɞиɧаɦіɤи.У ɡаɩɪɨɩɨɧɨваɧиɯ ɦɟɬɨɞиɤаɯ ɫиɧɬɟɡɭ вɪаɯɨваɧі, ɡа ɞɨɩɨɦɨɝɨɸ ɦɟɬɨɞɭ 
ɝаɪɦɨɧіɣɧɨʀ ɥіɧɟаɪиɡаɰіʀ, ɪɟаɥьɧі ɧɟɥіɧіɣɧі ɯаɪаɤɬɟɪиɫɬиɤи ɨɛɦɟɠɟɧɧя ɩɨɬɭɠɧɨɫɬі ɤɟɪɭɸɱɨɝɨ ɫиɝɧаɥɭ, ɳɨ ɞɨɡвɨɥяє виɡɧаɱаɬи 
ɪɟаɥьɧі ɪаɰіɨɧаɥьɧі ɫɩіввіɞɧɨшɟɧɧя ɩаɪаɦɟɬɪів ɪɟɝɭɥяɬɨɪів і ɪɟаɥьɧі ɝɪаɧиɱɧі ɩɨɤаɡɧиɤи ɬɨɱɧɨɫɬі і швиɞɤɨɞіʀ, а ɬаɤɨɠ ɡаɩɨɛіɝаɬи 
виɧиɤɧɟɧɧɸ ɧɟɛаɠаɧиɯ авɬɨɤɨɥиваɥьɧиɯ ɪɟɠиɦів ɭ ɫиɫɬɟɦаɯ. З ɦɟɬɨɸ ɡɦɟɧшɟɧɧя ɤіɥьɤɨɫɬі виɦіɪɸваɧиɯ ɩаɪаɦɟɬɪів, 
виɤɨɪиɫɬɨвɭваɧиɯ ɩɪи ɮɨɪɦɭваɧɧі ɡаɩɪɨɩɨɧɨваɧиɯ ɡаɤɨɧів ɭɩɪавɥіɧɧя, ɧа ɨɫɧɨві віɞɨɦиɯ ɡаɝаɥьɧиɯ ɩɪиɧɰиɩів ɫиɧɬɟɡɭ 
ɫɩɨɫɬɟɪіɝаɸɬь ɩɪиɫɬɪɨʀв іɞɟɧɬиɮіɤаɰіʀ ɨɬɪиɦаɧі ɭɧівɟɪɫаɥьɧі ɫɬɪɭɤɬɭɪи і ɮɨɪɦɭɥи ɞɥя ɪɨɡɪаɯɭɧɤɭ ɩаɪаɦɟɬɪів ɟɬаɥɨɧɧиɯ ɦɨɞɟɥɟɣ 
авɬɨɧɨɦɧиɯ ɤɨɧɬɭɪів ɭɩɪавɥіɧɧя ȿȽɋɋ. Уɞɨɫɤɨɧаɥɟɧɨ ɦɟɬɨɞиɤɭ авɬɨɧɨɦɧиɯ виɩɪɨɛɭваɧь і ɧаɥаɝɨɞɠɟɧɧя ɫиɫɬɟɦи ɭɩɪавɥіɧɧя 
ȿȽɋɋ ɡ виɤɨɪиɫɬаɧɧяɦ ɟɥɟɤɬɪɨɧɧɨɝɨ іɦіɬаɬɨɪа ȿȽІМ, ɳɨ ɞɨɡвɨɥяє іɫɬɨɬɧɨ ɫɤɨɪɨɬиɬи виɬɪаɬи ɱаɫɭ і ɤɨшɬів ɧа ɫɬвɨɪɟɧɧя і 
ɞɨвɟɞɟɧɧя ɤɨɦɩɥɟɤɫɧɨʀ ɫиɫɬɟɦи. 

ɄɅЮЧОВІ СɅОВА: ɭɧіɮіɤаɰія, ɟɥɟɤɬɪɨɝіɞɪавɥіɱɧі ɩɪивɨɞи, ɫиɫɬɟɦи авɬɨɦаɬиɱɧɨɝɨ ɭɩɪавɥіɧɧя, ɬɨɱɧіɫɬь ɪɟɝɭɥɸваɧɧя, 
швиɞɤɨɞія, аɥɝɨɪиɬɦи ɭɩɪавɥіɧɧя.  
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Ʉаɧюɤ Г. ɂ. – ɞ-ɪ ɬɟɯɧ. ɧаɭɤ, ɩɪɨɮɟɫɫɨɪ, ɡавɟɞɭɸɳиɣ ɤаɮɟɞɪɨɣ ɬɟɩɥɨɷɧɟɪɝɟɬиɤи и ɷɧɟɪɝɨɫɛɟɪɟɝаɸɳиɯ ɬɟɯɧɨɥɨɝиɣ 
Уɤɪаиɧɫɤɨɣ иɧɠɟɧɟɪɧɨ-ɩɟɞаɝɨɝиɱɟɫɤɨɣ аɤаɞɟɦии, Хаɪьɤɨв, Уɤɪаиɧа. 

Ɇɟзɟɪя А. Ю. – ɤаɧɞ. ɬɟɯɧ. ɧаɭɤ, ɞɨɰɟɧɬ, ɞɨɰɟɧɬ ɤаɮɟɞɪɵ ɬɟɩɥɨɷɧɟɪɝɟɬиɤи и ɷɧɟɪɝɨɫɛɟɪɟɝаɸɳиɯ ɬɟɯɧɨɥɨɝиɣ Уɤɪаиɧɫɤɨɣ 
иɧɠɟɧɟɪɧɨ-ɩɟɞаɝɨɝиɱɟɫɤɨɣ аɤаɞɟɦии, Хаɪьɤɨв, Уɤɪаиɧа. 

Ʉɧязɟва В. ɇ. – аɫɩиɪаɧɬ ɤаɮɟɞɪɵ ɬɟɩɥɨɷɧɟɪɝɟɬиɤи и ɷɧɟɪɝɨɫɛɟɪɟɝаɸɳиɯ ɬɟɯɧɨɥɨɝиɣ Уɤɪаиɧɫɤɨɣ иɧɠɟɧɟɪɧɨ-ɩɟɞаɝɨɝиɱɟɫɤɨɣ 
аɤаɞɟɦии, Хаɪьɤɨв, Уɤɪаиɧа. 

ɏɨɪɨшɭɧ Ⱦ. Ɇ. – аɫɩиɪаɧɬ ɤаɮɟɞɪɵ ɬɟɩɥɨɷɧɟɪɝɟɬиɤи и ɷɧɟɪɝɨɫɛɟɪɟɝаɸɳиɯ ɬɟɯɧɨɥɨɝиɣ Уɤɪаиɧɫɤɨɣ иɧɠɟɧɟɪɧɨ-
ɩɟɞаɝɨɝиɱɟɫɤɨɣ аɤаɞɟɦии, Хаɪьɤɨв, Уɤɪаиɧа. 

Ɏɭɪɫɨва Ɍ. ɇ. – ɞɨɰɟɧɬ ɤаɮɟɞɪɵ ɬɟɩɥɨɷɧɟɪɝɟɬиɤи и ɷɧɟɪɝɨɫɛɟɪɟɝаɸɳиɯ ɬɟɯɧɨɥɨɝиɣ Уɤɪаиɧɫɤɨɣ иɧɠɟɧɟɪɧɨ-ɩɟɞаɝɨɝиɱɟɫɤɨɣ 
аɤаɞɟɦии, Хаɪьɤɨв, Уɤɪаиɧа. 

АɇɇОɌАɐɂə 
ɉɪɟɞɥɨɠɟɧɵ ɦɟɬɨɞɵ ɫиɧɬɟɡа ɩɪɟɰиɡиɨɧɧɵɯ ɷɥɟɤɬɪɨɝиɞɪавɥиɱɟɫɤиɯ ɫиɫɬɟɦ ɭɩɪавɥɟɧия ɫ иɫɩɨɥьɡɨваɧиɟɦ ɩɪиɧɰиɩа 

ɦɭɥьɬиɩɥиɤаɰии. Иɫɩɨɥьɡɨваɧиɟ ɩɪиɧɰиɩа ɦɭɥьɬиɩɥиɤаɰии ɩɨɡвɨɥяɟɬ ɫɨɡɞаваɬь ɤɨɦɩаɤɬɧɵɟ ɫиɫɬɟɦɵ ɭɩɪавɥɟɧия 
ɬɟɯɧɨɥɨɝиɱɟɫɤиɦи ɨɛɴɟɤɬаɦи, ɨɛɥаɞаɸɬ вɵɫɨɤиɦи ɩɨɤаɡаɬɟɥяɦи ɬɨɱɧɨɫɬи и ɛɵɫɬɪɨɞɟɣɫɬвия.  

Раɫɫɦɨɬɪɟɧа ɡаɞаɱа ɫɨɡɞаɧия ɭɧиɮиɰиɪɨваɧɧɨɝɨ ɛаɡɨвɨɝɨ ɩɪɨɝɪаɦɦɧɨ-ɬɟɯɧиɱɟɫɤɨɝɨ ɤɨɦɩɥɟɤɫа ɞɥя ɩɪɟɰиɡиɨɧɧɵɯ ɫиɫɬɟɦ 
авɬɨɦаɬиɱɟɫɤɨɝɨ ɪɟɝɭɥиɪɨваɧия и ɭɩɪавɥɟɧия ɩɪɨиɡвɨɥьɧɵɦ ɬɟɯɧɨɥɨɝиɱɟɫɤиɦ ɨɛɴɟɤɬɨɦ. 

На ɨɫɧɨвɟ ɷɮɮɟɤɬивɧɵɯ ɦɟɬɨɞɨв ɫɨвɪɟɦɟɧɧɨɣ ɬɟɨɪии ɨɩɬиɦаɥьɧɨɝɨ ɭɩɪавɥɟɧия ɪаɡɪаɛɨɬаɧɵ аɥɝɨɪиɬɦɵ ɭɩɪавɥɟɧия, 
ɨɛɟɫɩɟɱиваɸɳиɟ ɦаɤɫиɦаɥьɧɭɸ ɤɨɦɩɟɧɫаɰиɸ вɫɟɯ виɞɨв ɫɬаɬиɫɬиɱɟɫɤиɯ и ɞиɧаɦиɱɟɫɤиɯ ɨшиɛɨɤ ɭɩɪавɥɟɧия.  

Оɛɴɟɤɬ иɫɫɥɟɞɨваɧия: ɫиɫɬɟɦа авɬɨɦаɬиɱɟɫɤɨɝɨ ɪɟɝɭɥиɪɨваɧия ɩɪɨиɡвɨɥьɧɵɦ ɬɟɯɧɨɥɨɝиɱɟɫɤиɦ ɨɛɴɟɤɬɨɦ ɩɨвɵшɟɧɧɨɣ 
ɬɨɱɧɨɫɬи. 

ɉɪɟɞɦɟɬ иɫɫɥɟɞɨваɧия: ɩɪɨɰɟɫɫɵ ɨɛɟɫɩɟɱɟɧия ɬɨɱɧɨɫɬи и ɛɵɫɬɪɨɞɟɣɫɬвия ɫиɫɬɟɦ ɪɟɝɭɥиɪɨваɧия. 
ɐɟɥь: ɫɨɡɞаɧия ɩɪɨɝɪаɦɦɧɨ-ɬɟɯɧиɱɟɫɤɨɝɨ ɤɨɦɩɥɟɤɫа, ɞɥя ɩɪɟɰиɡиɨɧɧɵɯ ɫиɫɬɟɦ ɪɟɝɭɥиɪɨваɧия и ɭɩɪавɥɟɧия, 

ɨɛɟɫɩɟɱиваɸɳɟɝɨ вɵɫɨɤиɟ ɩɨɤаɡаɬɟɥи ɬɨɱɧɨɫɬи и ɛɵɫɬɪɨɞɟɣɫɬвия, ɧа ɨɫɧɨвɟ ɩаɪаɦɟɬɪиɱɟɫɤɨɝɨ ɫиɧɬɟɡа и иɫɩɨɥьɡɨваɧия ɦɟɬɨɞɨв 
ɦɭɥьɬиɩɥиɤаɰии. 

Аɤɬɭаɥьɧɨɫɬь. Аɤɬɭаɥьɧɨɫɬь ɪаɛɨɬɵ ɨɛɭɫɥɨвɥɟɧа ɧɟɨɛɯɨɞиɦɨɫɬьɸ ɩɨвɵшɟɧия ɬɨɱɧɨɫɬи ɫиɫɬɟɦ ɭɩɪавɥɟɧия 
ɬɟɯɧɨɥɨɝиɱɟɫɤиɦи ɨɛɴɟɤɬаɦи и ɪаɡɪаɛɨɬɤи ɩɪɨɝɪаɦɦɧɨ-ɬɟɯɧиɱɟɫɤɨɝɨ ɤɨɦɩɥɟɤɫа ɞɥя ɷɬиɯ ɫиɫɬɟɦ. 
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Ɇɟɬɨɞ. В ɪаɛɨɬɟ иɫɩɨɥьɡɨваɥиɫь ɦɟɬɨɞɵ ɨɩɬиɦаɥьɧɨɝɨ ɭɩɪавɥɟɧия, ɦɟɬɨɞɵ ɫɬɪɭɤɬɭɪɧɨɝɨ ɫиɧɬɟɡа. Дɥя ɩɨɞɬвɟɪɠɞɟɧия 

ɞɨɫɬɨвɟɪɧɨɫɬи ɪаɡɪаɛɨɬаɧɧɵɯ ɦɨɞɟɥɟɣ и ɩɪиɧɰиɩɨв, иɫɩɨɥьɡɨваɥɫя ɦɟɬɨɞ ɷɤɫɩɟɪиɦɟɧɬаɥьɧɵɯ иɫɫɥɟɞɨваɧиɣ ɧа ɛаɡɟ ɞɟɣɫɬвɭɸɳɟɝɨ 
ɨɛɨɪɭɞɨваɧия иɫɩɵɬаɬɟɥьɧɵɯ ɫɬɟɧɞɨв. Дɥя ɨɬɥаɞɤа ɷɤɫɩɟɪиɦɟɧɬаɥьɧɨɝɨ ɨɛɪаɡɰа ɛаɡɨвɨɝɨ ɩɪɨɝɪаɦɦɧɨ-ɬɟɯɧиɱɟɫɤɨɝɨ ɤɨɦɩɥɟɤɫа ɞɥя 
иɫɩɵɬаɧиɣ ɩɨɞшиɩɧиɤɨв ɫɤɨɥьɠɟɧия ɞвиɝаɬɟɥɟɣ вɧɭɬɪɟɧɧɟɝɨ ɫɝɨɪаɧия иɫɩɨɥьɡɨваɥɨɫь ɦаɬɟɦаɬиɱɟɫɤɨɟ иɦиɬаɰиɨɧɧɨɟ 
ɦɨɞɟɥиɪɨваɧиɟ ɷɥɟɤɬɪɨɝиɞɪавɥиɱɟɫɤɨɝɨ ɩɪивɨɞа. Дɥя ɫиɧɬɟɡа ɩɪɟɰиɡиɨɧɧɨɝɨ ɪɟɝɭɥяɬɨɪа иɫɩɨɥьɡɨваɥɫя ɦɟɬɨɞ ɦɭɥьɬиɩɥиɤаɰии.  

Рɟзɭɥьɬаɬɵ. Раɡɪаɛɨɬаɧ ɪяɞ ɬиɩɨɪаɡɦɟɪɨв ɛɵɫɬɪɨɞɟɣɫɬвɭɸɳиɯ ɩɪɟɰиɡиɨɧɧɵɯ ЭȽɋɋ ɧа ɛаɡɟ ɧɟɩɨɥɧɨɩɨвɨɪɨɬɧɵɯ 
ɝиɞɪɨɞвиɝаɬɟɥɟɣ ɫ ɞиаɩаɡɨɧɨɦ ɤɪɭɬяɳиɯ ɦɨɦɟɧɬɨв ɞɨ 40 ɤНɦ, ɨɛɟɫɩɟɱиваɸɳиɯ вɨɫɩɪɨиɡвɟɞɟɧиɟ в ɫɥɟɞяɳɟɦ ɪɟɠиɦɟ ɡаɞаɧɧɵɯ 
вɯɨɞɧɵɯ вɨɡɞɟɣɫɬвиɣ ɫ ɩɨɥɨɫɨɣ ɩɪɨɩɭɫɤаɧия ɞɨ 20 Ƚɰ, ɬɨɱɧɨɫɬьɸ ɩɨɡиɰиɨɧиɪɨваɧия ɞɨ ɨɞɧɨɣ ɭɝɥɨвɨɣ ɦиɧɭɬɵ и ɞиаɩаɡɨɧɨɦ 
ɪɟɝɭɥиɪɨваɧия ɞɨ 104. На ɛаɡɟ ɪаɡɪаɛɨɬаɧɧɵɯ ЭȽɋɋ ɫɨɡɞаɧɵ и ɞɨвɟɞɟɧɵ ɞɨ ɩɪаɤɬиɱɟɫɤɨɝɨ иɫɩɨɥьɡɨваɧия авɬɨɦаɬиɡиɪɨваɧɧɵɟ 
иɦиɬаɰиɨɧɧɵɟ ɞиɧаɦиɱɟɫɤиɟ ɫɬɟɧɞɵ ɞɥя иɫɩɵɬаɧия ɫиɫɬɟɦ ɧавɟɞɟɧия ɦɨɛиɥьɧɵɯ ɨɛɴɟɤɬɨв (ɡаɤаɡɱиɤ – ЦНИИХМ, ɝ. Мɨɫɤва) и 
ɞɥя иɫɩɵɬаɧия ɩɨɥɭɨɫɟɣ ɬɪаɧɫɦиɫɫиɣ (ɡаɤаɡɱиɤ – АɈ «КаɦАЗ», ɝ. Наɛɟɪɟɠɧɵɟ Чɟɥɧɵ). На ɨɫɧɨвɟ ɪɟɡɭɥьɬаɬɨв вɵɩɨɥɧɟɧɧɵɯ 
иɫɫɥɟɞɨваɧиɣ ɫɨɡɞаɧ ɛаɡɨвɵɣ ɩɪɨɝɪаɦɦɧɨ-ɬɟɯɧиɱɟɫɤиɣ ɤɨɦɩɥɟɤɫ ɞɥя иɫɩɵɬаɬɟɥьɧɨɝɨ ɨɛɨɪɭɞɨваɧия ɩɪɟɞɩɪияɬиɣ 
ɫɟɥьɫɤɨɯɨɡяɣɫɬвɟɧɧɨɣ, авɬɨɦɨɛиɥьɧɨɣ и ɞɪɭɝиɯ ɨɬɪаɫɥɟɣ ɩɪɨɦɵшɥɟɧɧɨɫɬи. ɋиɧɬɟɡиɪɨваɧ ɛɵɫɬɪɨɞɟɣɫɬвɭɸɳиɣ ɩɪɟɰиɡиɨɧɧɵɣ 
ɪɟɝɭɥяɬɨɪ ɤɨɧɬɭɪа ɭɩɪавɥɟɧия ɩɨɥɨɠɟɧиɟɦ ɪɟɝɭɥиɪɭɸɳиɯ ɤɥаɩаɧɨв ɩаɪɨвɨɣ ɬɭɪɛиɧɵ, ɨɛɟɫɩɟɱиваɸɳиɣ ɤɨɦɩɟɧɫаɰиɸ вɫɟɯ 
ɨɫɧɨвɧɵɯ виɞɨв ɫɬаɬиɱɟɫɤиɯ и ɞиɧаɦиɱɟɫɤиɯ ɨшиɛɨɤ и ɛɨɥɟɟ ɱɟɦ ɞвɭɤɪаɬɧɨɟ ɩɨвɵшɟɧиɟ ɛɵɫɬɪɨɞɟɣɫɬвия ɩɨ ɫɪавɧɟɧиɸ ɫ ɛаɡɨвɵɦ 
ваɪиаɧɬɨɦ ɩɪи ɫɨɯɪаɧɟɧии ɞɨɩɭɫɬиɦɵɯ ɡаɩаɫɨв ɭɫɬɨɣɱивɨɫɬи (ɪɟɡɭɥьɬаɬɵ ɪаɛɨɬ иɫɩɨɥьɡɭɸɬɫя в ɩɟɪɫɩɟɤɬивɧɵɯ ɩɪɨɟɤɬаɯ 
Ƚɨɫɭɞаɪɫɬвɟɧɧɨɣ ɷɧɟɪɝɟɬиɱɟɫɤɨɣ ɤɨɦɩаɧии «Цɟɧɬɪɷɧɟɪɝɨ», НАЭК «Эɧɟɪɝɨаɬɨɦ», а ɬаɤɠɟ в МȽɉ «Иɧɫɬиɬɭɬ ɩɪɨɛɥɟɦ ɭɩɪавɥɟɧия 
НАН Уɤɪаиɧɵ». 

Вɵвɨɞɵ. ɉɪɟɞɥɨɠɟɧɵ ɩɪаɤɬиɱɟɫɤиɟ иɧɠɟɧɟɪɧɵɟ ɦɟɬɨɞиɤи ɫиɧɬɟɡа ɷɮɮɟɤɬивɧɵɯ ɡаɤɨɧɨв ɭɩɪавɥɟɧия ɩɪɟɰиɡиɨɧɧɵɦи 
ɷɥɟɤɬɪɨɝиɞɪавɥиɱɟɫɤиɦи ɫиɫɬɟɦаɦи, а ɬаɤɠɟ ɪяɞ ɷɮɮɟɤɬивɧɵɯ ɪɟɝɭɥяɬɨɪɨв, ɨɛɟɫɩɟɱиваɸɳиɯ вɵɫɨɤиɟ ɯаɪаɤɬɟɪиɫɬиɤи ɬɨɱɧɨɫɬи и 
ɛɵɫɬɪɨɞɟɣɫɬвия. ɉɪɟɞɥɨɠɟɧ ɩɪиɧɰиɩ ɦɭɥьɬиɩɥиɤаɬивɧɨɝɨ ɭɩɪавɥɟɧия, ɩɨɡвɨɥяɸɳиɣ ɫиɧɬɟɡиɪɨваɬь ɷɮɮɟɤɬивɧɵɟ аɥɝɨɪиɬɦɵ 
ɭɩɪавɥɟɧия ɨɬɞɟɥьɧɵɦи, авɬɨɧɨɦɧɵɦи, ɩɨɥɧɨɫɬьɸ ɭɩɪавɥяɟɦɵɦи и ɧаɛɥɸɞаɟɦɵɦи ɤɨɧɬɭɪаɦи ЭȽɋɉ ɧа ɨɫɧɨвɟ ɦаɬɟɦаɬиɱɟɫɤиɯ 
ɦɨɞɟɥɟɣ ɬɪɟɬьɟɝɨ ɩɨɪяɞɤа. Дɥя вɵɞɟɥɟɧɧɵɯ авɬɨɧɨɦɧɵɯ ɤɨɧɬɭɪɨв ɭɩɪавɥɟɧия ɩɨɥɭɱɟɧɵ ɷɮɮɟɤɬивɧɵɟ ɡаɤɨɧɵ ɭɩɪавɥɟɧия ɧа 
ɨɫɧɨвɟ ɦɟɬɨɞɨв ɦɨɞаɥьɧɨɝɨ ɭɩɪавɥɟɧия и ɪɟшɟɧия ɨɛɪаɬɧɵɯ ɡаɞаɱ ɞиɧаɦиɤи. В ɩɪɟɞɥɨɠɟɧɧɵɯ ɦɟɬɨɞиɤаɯ ɫиɧɬɟɡа ɭɱɬɟɧɵ, ɩɪи 
ɩɨɦɨɳи ɦɟɬɨɞа ɝаɪɦɨɧиɱɟɫɤɨɣ ɥиɧɟаɪиɡаɰии, ɪɟаɥьɧɵɟ ɧɟɥиɧɟɣɧɵɟ ɯаɪаɤɬɟɪиɫɬиɤи ɨɝɪаɧиɱɟɧия ɦɨɳɧɨɫɬи ɭɩɪавɥяɸɳɟɝɨ 
ɫиɝɧаɥа, ɱɬɨ ɩɨɡвɨɥяɟɬ ɨɩɪɟɞɟɥяɬь ɪɟаɥьɧɵɟ ɪаɰиɨɧаɥьɧɵɟ ɫɨɨɬɧɨшɟɧия ɩаɪаɦɟɬɪɨв ɪɟɝɭɥяɬɨɪɨв и ɪɟаɥьɧɵɟ ɩɪɟɞɟɥьɧɵɟ 
ɩɨɤаɡаɬɟɥи ɬɨɱɧɨɫɬи и ɛɵɫɬɪɨɞɟɣɫɬвия, а ɬаɤɠɟ ɩɪɟɞɨɬвɪаɳаɬь вɨɡɧиɤɧɨвɟɧиɟ ɧɟɠɟɥаɬɟɥьɧɵɯ авɬɨɤɨɥɟɛаɬɟɥьɧɵɯ ɪɟɠиɦɨв в 
ɫиɫɬɟɦаɯ. ɋ ɰɟɥьɸ ɭɦɟɧьшɟɧия ɤɨɥиɱɟɫɬва иɡɦɟɪяɟɦɵɯ ɩаɪаɦɟɬɪɨв, иɫɩɨɥьɡɭɟɦɵɯ ɩɪи ɮɨɪɦиɪɨваɧии ɩɪɟɞɥɨɠɟɧɧɵɯ ɡаɤɨɧɨв 
ɭɩɪавɥɟɧия, ɧа ɨɫɧɨвɟ иɡвɟɫɬɧɵɯ ɨɛɳиɯ ɩɪиɧɰиɩɨв ɫиɧɬɟɡа ɧаɛɥɸɞаɸɳиɯ ɭɫɬɪɨɣɫɬв иɞɟɧɬиɮиɤаɰии ɩɨɥɭɱɟɧɵ ɭɧивɟɪɫаɥьɧɵɟ 
ɫɬɪɭɤɬɭɪɵ и ɮɨɪɦɭɥɵ ɞɥя ɪаɫɱɟɬа ɩаɪаɦɟɬɪɨв ɷɬаɥɨɧɧɵɯ ɦɨɞɟɥɟɣ авɬɨɧɨɦɧɵɯ ɤɨɧɬɭɪɨв ɭɩɪавɥɟɧия ЭȽɋɋ. Уɫɨвɟɪшɟɧɫɬвɨваɧа 
ɦɟɬɨɞиɤа авɬɨɧɨɦɧɵɯ иɫɩɵɬаɧиɣ и ɨɬɥаɞɤи ɫиɫɬɟɦɵ ɭɩɪавɥɟɧия ЭȽɋɋ ɫ иɫɩɨɥьɡɨваɧиɟɦ ɷɥɟɤɬɪɨɧɧɨɝɨ иɦиɬаɬɨɪа ЭȽИМ, 
ɩɨɡвɨɥяɸɳая ɫɭɳɟɫɬвɟɧɧɨ ɫɨɤɪаɬиɬь ɡаɬɪаɬɵ вɪɟɦɟɧи и ɫɪɟɞɫɬв ɧа ɫɨɡɞаɧиɟ и ɞɨвɨɞɤɭ ɤɨɦɩɥɟɤɫɧɨɣ ɫиɫɬɟɦɵ. 

ɄɅЮЧЕВЫЕ СɅОВА: ɭɧиɮиɤаɰия, ɷɥɟɤɬɪɨɝиɞɪавɥиɱɟɫɤиɟ ɩɪивɨɞɵ, ɫиɫɬɟɦɵ авɬɨɦаɬиɱɟɫɤɨɝɨ ɭɩɪавɥɟɧия, ɬɨɱɧɨɫɬь 
ɪɟɝɭɥиɪɨваɧия, ɛɵɫɬɪɨɞɟɣɫɬвиɟ, аɥɝɨɪиɬɦɵ ɭɩɪавɥɟɧия. 
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